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1
COUNTERFEIT IMAGE DETECTION

BACKGROUND

Vehicles can be equipped with computing devices, net-
works, sensors, and controllers to acquire and/or process
data regarding the vehicle’s environment and to operate the
vehicle based on the data. Vehicle sensors can provide data
concerning routes to be traveled and objects to be avoided in
the vehicle’s environment. Operation of the vehicle can rely
upon acquiring accurate and timely data regarding objects in
a vehicle’s environment while the vehicle is being operated
on a roadway.

BRIEF DESCRIPTION OF THE DRAWINGS

FIG. 1 is a diagram of an example vehicle.

FIG. 2 is a diagram of an example image.

FIG. 3 is a diagram of an example infrared image.

FIG. 4 is a diagram of an example infrared counterfeit
image.

FIG. 5 is a diagram of an example multispectral image.

FIG. 6 is a flowchart diagram of an example process to
determine counterfeit images.

DETAILED DESCRIPTION

Vehicles can be equipped with computing devices, net-
works, sensors, and controllers to acquire and/or process
data regarding the vehicle’s environment and to operate the
vehicle based on the data. Computing devices and sensors
included can be used for tasks other than operating the
vehicle. For example, a camera in a vehicle can be pro-
grammed to acquire an image of a human approaching the
vehicle and, upon determining the identity of the human
based on facial recognition software, unlock the vehicle’s
doors to permit the operator to enter the vehicle. Likewise,
cameras included in the interior of the vehicle can acquire
one or more images of a human and, upon determining the
identity of the operator based on facial recognition software,
accept commands from the human to operate the vehicle.

Facial recognition is a type of biometric authentication,
where human body measurements are used to determine an
identity of a human to perform access control. An example
of biometric authentication is facial recognition, where an
image of a person is acquired by a camera and the image is
processed to extract facial features that are then stored in a
computer memory as trained model. At a later time, a
computer can acquire a second image of a person with a
second camera and process the image using facial recogni-
tion software to extract a second set of facial features that
can be compared to the first set of facial features from the
trained model. If the two sets of facial features are deter-
mined to match, the person imaged by the second camera is
authenticated. Biometric authentication can be used to con-
trol access to physical spaces including buildings, homes, or
vehicles, etc., and can be used to grant permission to operate
computers, phones, or other devices. Biometric authentica-
tion software can be executed on a computing device
included in the location or device being accessed, or the
image data can be uploaded to a cloud-based server that
maintains a database of trained models for execution. The
results of performing the biometric authentication can be
downloaded to the device seeking authentication and per-
mission to operate a vehicle. Successful authentication can
be used to unlock a vehicle door or enable vehicle controls.
In other examples, successful authentication can be used for
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2

security applications such as access to a location or room by
unlocking a door, or yet further alternatively or additionally
access to a device such as a computer or a cell phone by
enabling input devices like a keyboard or mouse or granting
access to files.

As biometric authentication technology advances, tech-
niques for tampering with camera data to fool a biometric
authentication system into authenticating a counterfeit
image have advanced also. Causing a biometric authentica-
tion system to accept a counterfeit image as real in this
context is called “spoofing”. For example, counterfeit
images can be generated using neural network(s) pro-
grammed to generate “deep fake” images and videos. A deep
fake image or video is an image or video where an image of
one person’s likeness can be edited onto an image of another
person’s body, or a person’s image can be transplanted into
a scene they have never inhabited in real life. High-resolu-
tion images of people’s face have also been used create
counterfeit images used to fool biometric authentication
systems. To address this, three-dimensional (3D) depth
mapping systems have been implemented on smart phones
to prevent deep fakes and high-resolution images from being
used to spoof facial recognition systems. Life-like masks,
using high-resolution printing or molded latex technology
have recently been employed to fool facial recognition
system using 3D depth mapping. Sophisticated image pro-
cessing techniques requiring large amounts of computing
resources can be required to determine the difference
between a mask and a live human, and in examples where
high quality theatrical masks are used, even sophisticated
image processing can be unsuccesstul in determining coun-
terfeit images.

Techniques discussed herein detect image tampering, e.g.,
where a counterfeit image has been used, by first acquiring
an infrared image of the person to be enrolled in the
biometric authentication system in addition to a grayscale or
color image acquired using visible and near infrared (NIR).
The infrared image can then be stored in the trained model
along with the facial features extracted from the grayscale or
color image. At challenge time, when a second grayscale or
color light image is acquired from the person to be authen-
ticated, a second infrared image is acquired and compared to
the first infrared image stored in the trained model. Because
infrared images are based on thermal data emitted from a
person’s face, counterfeit images based on videos, photo-
graphs or masks cannot mimic the stored infrared image.
Techniques discussed herein improve biometric authentica-
tion by acquiring and comparing infrared images to stored
data to confirm that a live human rather than a counterfeit is
being imaged by the system. Acquiring and comparing an
infrared image does not require a 3D depth sensor and uses
fewer computing resources than existing techniques to suc-
cessfully determine that a live human subject and not a
counterfeit is being imaged. Following successful determi-
nation that a live human is being imaged, the grayscale or
color image of the human face can be output to a biometric
authentication system, where the grayscale or color image
can be processed using facial recognition software to deter-
mine whether the human face matches a previously stored
human face.

FIG. 1 is a diagram of a vehicle 110 including a comput-
ing device 115 and sensors 116. The computing device (or
computer) 115 includes a processor and a memory such as
are known. Further, the memory includes one or more forms
of computer-readable media, and stores instructions execut-
able by the processor for performing various operations,
including as disclosed herein. For example, the computing
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device 115 may include programming to operate one or
more of vehicle brakes, propulsion (e.g., control of accel-
eration in the vehicle 110 by controlling one or more of an
internal combustion engine, electric motor, hybrid engine,
etc.), steering, climate control, interior and/or exterior lights,
etc., as well as to determine whether and when the comput-
ing device 115, as opposed to a human operator, is to control
such operations.

The computing device 115 may include or be communi-
catively coupled to, e.g., via a vehicle communications bus
as described further below, more than one computing
devices, e.g., controllers or the like included in the vehicle
110 for monitoring and/or controlling various vehicle com-
ponents, e.g., a powertrain controller 112, a brake controller
113, a steering controller 114, etc. The computing device 115
is generally arranged for communications on a vehicle
communication network, e.g., including a bus in the vehicle
110 such as a controller area network (CAN) or the like; the
vehicle 110 network can additionally or alternatively include
wired or wireless communication mechanisms such as are
known, e.g., Ethernet or other communication protocols.

Via the vehicle network, the computing device 115 may
transmit messages to various devices in the vehicle and/or
receive messages from the various devices, e.g., controllers,
actuators, sensors, etc., including sensors 116. Alternatively,
or additionally, in cases where the computing device 115
actually comprises multiple devices, the vehicle communi-
cation network may be used for communications between
devices represented as the computing device 115 in this
disclosure. Further, as mentioned below, various controllers
or sensing elements such as sensors 116 may provide data to
the computing device 115 via the vehicle communication
network.

In addition, the computing device 115 may be configured
for communicating through a vehicle-to-infrastructure
(V-to-1) interface 111 with a remote server computer, e.g., a
cloud server, via a network, which, as described below,
includes hardware, firmware, and software that permits
computing device 115 to communicate with a remote server
computer via a network such as wireless Internet (WI-FI®))
or cellular networks. V-to-I interface 111 may accordingly
include processors, memory, transceivers, etc., configured to
utilize various wired and/or wireless networking technolo-
gies, e.g., cellular, BLUETOOTH®, Ultra-Wide Band
(UWB),® and wired and/or wireless packet networks. Com-
puting device 115 may be configured for communicating
with other vehicles 110 through V-to-I interface 111 using
vehicle-to-vehicle (V-to-V) networks, e.g., according to
Dedicated Short Range Communications (DSRC) and/or the
like, e.g., formed on an ad hoc basis among nearby vehicles
110 or formed through infrastructure-based networks. The
computing device 115 also includes nonvolatile memory
such as is known. Computing device 115 can log data by
storing the data in nonvolatile memory for later retrieval and
transmittal via the vehicle communication network and a
vehicle to infrastructure (V-to-]) interface 111 to a server
computer or user mobile device.

As already mentioned, generally included in instructions
stored in the memory and executable by the processor of the
computing device 115 is programming for operating one or
more vehicle 110 components, e.g., braking, steering, pro-
pulsion, etc. Using data received in the computing device
115, e.g., the sensor data from the sensors 116, the server
computer, etc., the computing device 115 may make various
determinations and/or control various vehicle 110 compo-
nents to operate the vehicle 110. For example, the computing
device 115 may include programming to regulate vehicle
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4

110 operational behaviors (i.e., physical manifestations of
vehicle 110 operation) such as speed, acceleration, decel-
eration, steering, etc., as well as tactical behaviors (i.e.,
control of operational behaviors typically in a manner
intended to achieve safe and efficient traversal of a route)
such as a distance between vehicles and/or amount of time
between vehicles, lane-change, minimum gap between
vehicles, left-turn-across-path minimum, time-to-arrival at a
particular location and intersection (without signal) mini-
mum time-to-arrival to cross the intersection.

The one or more controllers 112, 113, 114 for the vehicle
110 may include known electronic control units (ECUs) or
the like including, as non-limiting examples, one or more
powertrain controllers 112, one or more brake controllers
113, and one or more steering controllers 114. Each of the
controllers 112, 113, 114 may include respective processors
and memories and one or more actuators. The controllers
112, 113, 114 may be programmed and connected to a
vehicle 110 communications bus, such as a controller area
network (CAN) bus or local interconnect network (LIN)
bus, to receive instructions from the computing device 115
and control actuators based on the instructions.

Sensors 116 may include a variety of devices known to
share data via the vehicle communications bus. For example,
a radar fixed to a front bumper (not shown) of the vehicle
110 may provide a distance from the vehicle 110 to a next
vehicle in front of the vehicle 110, or a global positioning
system (GPS) sensor disposed in the vehicle 110 may
provide geographical coordinates of the vehicle 110. The
distance(s) provided by the radar and/or other sensors 116
and/or the geographical coordinates provided by the GPS
sensor may be used by the computing device 115 to operate
the vehicle 110.

The vehicle 110 is generally a land-based vehicle 110
capable of operation and having three or more wheels, e.g.,
a passenger car, light truck, etc. The vehicle 110 includes
one or more sensors 116, the V-to-I interface 111, the
computing device 115 and one or more controllers 112, 113,
114. The sensors 116 may collect data related to the vehicle
110 and the environment in which the vehicle 110 is oper-
ating. By way of example, and not limitation, sensors 116
may include, e.g., altimeters, cameras, lidar, radar, ultrasonic
sensors, infrared sensors, pressure sensors, accelerometers,
gyroscopes, temperature sensors, pressure sensors, hall sen-
sors, optical sensors, voltage sensors, current sensors,
mechanical sensors such as switches, etc. The sensors 116
may be used to sense the environment in which the vehicle
110 is operating, e.g., sensors 116 can detect phenomena
such as weather conditions (precipitation, external ambient
temperature, etc.), the grade of a road, the location of a road
(e.g., using road edges, lane markings, etc.), or locations of
target objects such as neighboring vehicles 110. The sensors
116 may further be used to collect data including dynamic
vehicle 110 data related to operations of the vehicle 110 such
as velocity, yaw rate, steering angle, engine speed, brake
pressure, oil pressure, the power level applied to controllers
112, 113, 114 in the vehicle 110, connectivity between
components, and accurate and timely performance of com-
ponents of the vehicle 110.

FIG. 2 is a diagram of an example image 200 of a human
face 202; the image 200 could be grayscale or color but is
shown in black and white rendering pursuant to Patent Office
drawing rules. Image 200 can be acquired using a visible and
NIR light camera 204 having a field of view 206 that
includes a human face 202. The visible and NIR light camera
204 can be a video camera and the grayscale or color image
200 can be a frame from a video sequence, for example. The
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grayscale or color image 200 can be a monochrome image
or an image that include red, green, and blue (RGB) color
channels. Detection cameras used to acquire visible and NIR
light images operate in the 400 to 1000 nanometer (nm)
range to acquire visible and near infrared (NIR) light.
Visible and NIR light cameras 204 acquire data from illu-
mination reflected from objects in the field of view 206 of
the visible and NIR light camera 204. Visible and NIR light
images can be acquired based on emitting visible and NIR
light from a light source and acquiring reflected light.
Visible and NIR light cameras 204 can also acquire data
using ambient light. Cameras including CMOS image sen-
sors can be configured to acquire visible and NIR light and
can be mosaiced to permit red, green, blue and NIR light to
reach photo receptors included in the image sensor.

Grayscale or color image 200 can be processed using
facial recognition software executing on a computing device
115 to extract facial features from the image data. Example
image processing software that can be used to extract facial
features is included in Dlib, a toolkit containing machine
learning algorithms and tools for creating complex software
in C++. Dlib is available at Github.com and is available on
an open source license which permits its use free of charge.
For example, pixel values in an image can be processed
using a Dlib routine called SURF, for speeded-up robust
features, which can be used to detect particular shapes of
pixel values, such as edges and corners. Detected shapes in
adjacent or overlapping neighborhoods can be joined to
form features such as corners of eyes and corners of a mouth.
Features can be further processed to determine more com-
plex features. For example, a right eye corner and a left eye
corner can be combined to determine a location of an eye.
Facial features can include the inner and outer corners of
both eyes, the corners of the mouth, edges of the nose, etc.

At enrollment time, a grayscale or color image 200 that
includes a human face 202 can be acquired and facial
features extracted from the image. Enrollment in this context
means a time at which images of a person are acquired and
communicated to a computing device for the first time for
biometric authentication process. The extracted facial fea-
tures can be stored in memory included in the computing
device 115 in a trained model corresponding to the human
face 202. The trained model can also be uploaded to a
database included in a cloud-based server where it can be
distributed to locations so that images acquired during
enrollment phase can be used at multiple locations, for
example. Advantages of storing feature sets rather than
images include the much lower storage requirements of
features as opposed to images and faster processing because
feature extraction only has to be performed once at enroll-
ment time.

At enrollment time, techniques discussed herein can also
acquire an infrared image that includes the human face to be
enrolled. Cameras used to acquire infrared images include
liveness verification cameras, which acquire short wave
infrared light (SWIR) in the 1000 to 2500 nm wavelength
range or long wave infrared light (LWIR) in the 8000 to
14000 nm range as discussed in relation to FIG. 3, below.
LWIR images are acquired based on thermal photons emit-
ted from the subject e.g., a human face. SWIR images are
acquired based on reflected light emitted by an SWIR
illuminator. Images from the detection cameras can be used
to detect and identify human faces in the field of view.
Images from the liveness verification cameras can be pro-
cessed to determine a liveness infrared profile corresponding
to the human face included in the infrared image. For
example, a histogram can be formed based on the pixels of
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the infrared image or pixels determined to correspond to the
human face in the infrared image. The histogram can be
processed to determine statistical properties of the pixel
values in the histogram. Histogram-based statistics assume
the pixel values are Gaussian distributions and determine a
mean and variance of the distribution. The histogram sta-
tistics can be stored in less memory than a complete infrared
image, thereby making efficient use of computing resources.

Techniques described herein can also process images
acquired by SWIR detection cameras to extract and store
facial features from the acquired infrared images. The fea-
tures can be extracted using image processing software as
discussed above. For images acquired by LWIR liveness
verification cameras, the features can correspond to tem-
perature differentials caused by blood flow and facial fea-
tures that interrupt or cover the skin, e.g., eyes and hair. In
addition, the portion of the infrared image that corresponds
to the human face can be stored for later comparison with a
challenge infrared image. All of these techniques reduce
memory requirements over storing an entire infrared image
for comparision at a later time.

At a time after enrollment, referred to herein as a chal-
lenge time, a visible and NIR light camera 204 can acquire
a second grayscale or color image of a person to be authen-
ticated by the computing device 115. Machine vision soft-
ware as discussed above can be used to extract a second set
of facial features from images acquired during identification
or verification phase. The second set of facial features can be
compared to the first set of facial features extracted from the
set of image acquired during enrollment phase by the
computing device 115 using facial identification software.
An example of facial identification software is Face Tracker.
Face Tracker is a facial recognition software library written
in C++ and available on facetracker.net under the MIT
software license. Facial identification software can perform
processing on the two sets of features to extract ratios of
distances between features and compare the ratios extracted
from the two sets of features. For example, as discussed
above, facial feature detection routines such as SURF in
Dlib can determine locations on a face corresponding to the
center of each eye and the center of a mouth. Ratios of the
distance between the centers of the eyes to distances
between the center of each eye and the center of the mouth
can be formed. Ratios between facial distances are constant
for a given person’s face regardless of the absolute size in
pixels. Ratios between feature distances can be determined
and stored in a computing device 115. During verification or
identification phase, a second image of a person’s face can
be acquired and used to identify the person by comparing the
determined ratios between facial features. If the ratios
between features match, the person is determined to be the
same person as in the previously acquired image. In this
fashion differences in absolute distances due to distances
from the first and second camera and differences in poses
between the two images can minimized. Successful authen-
tication based on matching of facial features between the
first and second facial feature sets results in access being
granted to the person in the second or challenge image.

The second liveness verification image can be used to
determine liveness of the subject presented for facial rec-
ognition in the grayscale or RGB color image. Techniques
for liveness determinination will depend upon the wave-
lengths of infrared light acquired by the infrared camera.
Histogram analysis can be used for SWIR images where
histogram statistics including mean and variance from the
enrollment livenenss verification image can be compared to
histogram statistics from the challenge liveness verification
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image. LWIR cameras can extract thermal data Successful
comparision between one or more of histogram-based pixel
value statistics, extracted facial features or template match-
ing can confirm subject liveness and permit facial recogni-
tion based on grayscale or RGB color images to proceed.
FIG. 3 is an infrared image 300 of a human face 302
acquired with an SWIR or LWIR liveness verification cam-
era. Techniques discussed herein acquire a second liveness
verifiation image with an SWIR or LWIR liveness verifica-
tion camera at the same time the challenge grayscale or RGB
color image is acquired by a detection camera. Each type of
infrared liveness verification camera has tradeoffs corre-
sponding to the resolution, sensitivity and cost of the cam-
era. SWIR cameras can determine histogram statistics that
can separate human faces from counterfeit images with high
preciscion. More expensive LWIR cameras with lower x, y
resolution can generate thermal images that can be used to
determine thermal maps of human faces based on emitted
infrared radiation. The particular infrared technology used
for a liveness verification camera can depend upon a cost/
benefit analysis determined based on the cost of the infrared
camera system and the benefits corresponding to the prob-
ability of encountering various types of counterfeit images.
Infrared image 300 can generated by an LWIR camera
306 acquiring photons of infrared light corresponding to
heat emitted by objects in the field of view 308 of the
infrared camera 306. To prevent a counterfeit image from
being used to spoof a biometric authentication system based
on facial recognition, the infrared image 300 can be pro-
cessed to determine that a live human face that emits
infrared light is included in the infrared image 300. Coun-
terfeit images do not emit infrared light at wavelengths in the
LWIR range because they do not include 98.6 degree blood
flow beneath the surface of skin that emits infrared light
corresponding to body heat. Photographs and latex masks do
not emit infrared radiation corresponding to body heat. Even
if a photograph or latex mask were heated to 98.6 degrees to
emit infrared radiation, the pattern of infrared emission
captured by an infrared camera would not match the pattern
of infrared light emitted by blood vessels beneath the surface
of facial skin. Infrared image 300 can be acquired using a
commercially available infrared camera 306. An example of
a commercially available infrared camera 306 is the LWTS
available from [.3Harris Technology, Melbourne FL. 32919.
LWIR cameras 306 acquire thermal photons emitted from
objects in the 2500-14000 nm wavelength range. This wave-
length range includes heat emitted by a human face gener-
ated by blood flow beneath the skin. As seen in infrared
image 300, exposed skin portions of a human face 302 emit
infrared radiation (light pixels), while portions of the human
face 302 face covered by facial hair and glasses, for
example, do not emit infrared radiation (dark pixels).
Infrared image 300 can also be acquired using an SWIR
camera 306. SWIR cameras can be constructed using indium
gallium arsenide to acquire infrared wavelengths in the 1000
to 2500 nm range. A corresponding grayscale or RGB color
image 200 can be processed using image processing soft-
ware as discussed above to determine the area of the infrared
image 300 occupied by the human face 302. A bounding box
304 can be constructed around the human face portion of the
image based on determining a bounding box 304 using a
grayscale or RGB color image acquired by a visible and NIR
light camera co-registered with the infrared image 300.
Co-registered means that the infrared camera that acquires
infrared images 300 and the visible and NIR light camera
that acquires a visible and NIR light image 200 are config-
ured to acquire images from the same field of view. Objects
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such as a human face will occur at the same location in
images acquire by co-registered sensors. The sensors can
have different numbers of pixels due to differing resolutions,
but objects will occur at the same size and locations relative
to the centers of the images in co-registered sensors.

Image processing software as discussed above can deter-
mine a histogram of pixel values in the infrared image 300.
Portions of the infrared image that include a live human face
will typically include pixels having histogram values pre-
viously determined based on an enrollment infrared image
300 to include light radiated at 12 microns. Using a bound-
ing box surrounding the human face portion of the image
based on pixel values can permit a subset of the image data
to be stored in memory thereby reducing the amount of
storage required. At challenge time, a second infrared image
300 of a human face to be authenticated is acquired by the
computing device 115 and processed using a bounding box
304 determined based on a visible and NIR image 200 that
includes the second human face 302. The second infrared
image 300 can be processed to determine whether a bound-
ing box 304 includes a live human face by comparing the
pixel values in the bounding box 304 to the pixel values in
the previously acquired bounding box 304. Histogram-based
pixel value statistics including mean and variance can be
determined based on the enrollment image 300 and the
challenge image 300 and compared. The mean and variance
of the pixel values in the histogram can be compared, and
when they are equal within an empricially determined
tolerance, the infrared image 300 is determined to include a
live human face. When it is determined that the infrared
image 300 includes a live human face, a grayscale or color
image 200 corresponding to the infrared image 300 can be
acquired by a visible and NIR light camera and output to a
facial recognition process executing on the computing
device 115 to identify the person in the grayscale or color
image 200.

In examples where a plurality of human faces have been
enrolled in a biometric authorization system, a visible and
NIR image 200 of the person secking authentication can be
acquired. An identity of the human face in the visible and
NIR image 200 can be determined by processing the visible
and NIR image 200 using facial recognition software as
discussed above. The identity of the person can be used to
determine which infrared enrollment image 300 data to use
to determine liveness based on a challenge infrared image
300. A plurality of sets of enrollment data including histo-
gram-based pixel value statistics, facial features or templates
based on enrollment infrared images 300 can be stored in a
computing device 115 or a cloud-based server computer in
communication with computing device 115 via V-to-I inter-
face 111. An identity of a person seeking authorization can
be used to select the infrared image 300 data to be used to
determined liveness. In examples where an SWIR or LWIR
image 300 is used to determine liveness, generic infrared
data can be used based on acquiring a plurality of real
infrared images 300 and spoofed infrared images 400. For
histogram-based pixel value statistics, differences between
individuals is not significant compared to differences
between live images 300 and spoofed images 400.

Facial recognition would be used to determine which
enrolled profile to compare against. In examples where
thermal profiles are used, a generic set of templates may be
used because of the large differences between images of live
human faces and spoofed human faces. E.g. a classifier
could be trained on general live human faces and cropped
images of spoofed human faces to determine a liveness
score. In this fashion liveness determineation can be suc-



US 11,967,184 B2

9

cessfully de-coupled from a facial recognition process.
facial recognition would be used to determine which
enrolled profile to compare against. A template matching
process could be done for either LWIR imaging or SWIR
imaging, where a similarity score is generated from the
challenge vs expected template. SWIR analysis would
depend more on skin reflectance of 1100-1400 nm light than
blood flow. A determination as to which infrared camera to
use will depend upon camera cost and difficulties with
resolution management and image co-registration.

In addition to determining liveness by comparing histo-
gram-based statistics, a previously acquired bounding box
304 from the first infrared image 300 can be recalled from
memory and compared to the second bounding box 304
from the second or challenge image to determine similarity
of the challenge and enrolled images. Comparing the chal-
lenge infrared image 300 to an enrolled and stored infrared
image can prevent spoofing by heating the object used to
create the counterfeit image up to human body temperature.
A counterfeit image formed by acquiring an infrared image
300 from a picture or a mask heated up to 98.6 degrees
Fahrenheit can have the same average pixel values as a live
human face but would not have the certain image details as
a live human face corresponding to blood flow beneath the
surface. Pixel values in an infrared image of a live human
face includes image detail corresponding to blood flow,
diffusion of the heat from the blood flow into surrounding
tissue and differential cooling due to differences in tissue
shape and density. An infrared image 300 of a live human
face can include detail corresponding to blood flow, diffu-
sion and cooling that cause patterns that persist for a given
person and can be used to identify the person by comparing
a first infrared image, i.e., an enrollment infrared image,
with a second infrared image, i.e., a challenge infrared
image acquired at a later time.

The comparison can be performed using template match-
ing, where one or more of the bounding boxes 304 are
resized to make them similarly sized and located in the
infrared image 300 and then subtracted. As discussed above,
a generic template based on a plurality of real infrared
images 300 can also be determined. If the residual following
the subtraction is lower than an empirically determined
threshold, the two images are determined to match. More
sophisticated techniques including image correlation can
also be used to compensate for differences in absolute pixel
values, for example. Thermal images can be matched by
performing image to image correlation with an enrollment
infrared image 300 to determine whether a challenge infra-
red image 300 is real or counterfeit. A “fakeness™ score F,
where a score greater than 0.5 can indicate a counterfeit and
a score less than 0.5 can indicate a real human face corre-
sponding to the enrollment image can be determined accord-
ing to the equation:

F=1-axp(profile,challenge) (€8]

Where o is an arbitrary scaling factor and p(profile, chal-
lenge) is a function that determines a correlation coeflicient
between the profile, which is the data in the bounding box
304 from the first infrared image 300 stored in memory at
enrollment time and challenge, which is the data in the
bounding box 304 from the second infrared image 300
acquired to authenticate the person. Scaling factor o can be
determined based on a plurality of real and counterfeit
images to optimally separate them.

FIG. 4 is diagram of a counterfeit infrared image 400.
Counterfeit infrared image 400 includes a human wearing a
latex mask 402, surrounded by a bounding box 404 that
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identifies the facial portion of counterfeit image 400. Coun-
terfeit infrared image 400 illustrates the difference in infra-
red radiation emitted from a human face 302 in infrared
image 300 and the same person’s face covered by a latex
mask 402. Correlating the thermal profile data in bounding
box 404 from counterfeit image 400 would yield a higher
difference for a template match and a lower correlation
coeflicient when correlated against a previously acquired
thermal profile included in a bounding box 304 that included
a live human subject than a bounding box 304 that included
thermal profile from an infrared image 300 that included a
live human subject.

FIG. 5 is a diagram of a multispectral image 500. A
grayscale or color image 200 and an infrared image 300 can
be combined to form a multispectral image 500. Image 500
can be determined by acquiring a grayscale or color image
200 with a visible and NIR light camera 204 and acquiring
an infrared image 300 with an infrared camera 306 and
adding the two images according to the equation:

Lo o, &)

Where 1 is the multispectral image 500, I, is the grayscale or
color image 200, I, is the infrared image 300, o, is an
empirically determined constant multiplied times the pixels
of image I, and ¢, is an empirically determined constant
multiplied times the pixels of image I,. Following pixel-wise
multiplication by constants ., and «,, and before adding,
images I, and I, can be co-registered by detecting faces in
each image using facial feature detection routines from the
Dlib image processing library as discussed above in relation
to FIG. 2. Co-registering means that the image data from one
or more of the images I, amd I, can be translated and rotated
to bring the facial features of the two images into alignment
thereby making the facial feature in the two images align
before pixel-wise addition. The constants o, and a, can be
selected to permit the two images to be combined while
preserving details from both by acquiring a plurality of
grayscale or color images 200 and infrared images 300 and
combining them using different values of «,, and a,. Com-
bining grayscale or color images 200 and infrared images
300 using equation 2 can permit processing the single
multispectral image 500 to perform both liveness and facial
identification process on a single image, thereby saving
memory space in computing device 115.

The techniques discussed herein regarding counterfeit
image detection can be subject to reinforcement learning.
Reinforcement learning is performed by keeping statistics
regarding the number of correct and incorrect results
achieved by a counterfeit image detection system in use and
using the statistical results to re-train the counterfeit image
detection system. For example, assume a counterfeit image
detection system is used as input to a biometric authorization
system used to unlock a vehicle, building, or device when
approached by a valid user. A valid user is a user with
prearranged permission to use the vehicle, building, or
device. In an example where the counterfeit image detection
system fails to correctly verify a camera and unlock the
vehicle, the user can be forced to unlock the vehicle manu-
ally with a key or fob, or use a 2-factor authorization system
such as entering a code sent to a cell phone number. When
a user is forced to unlock the vehicle manually, the coun-
terfeit image detection system can store data regarding the
incorrect camera source data including the image of the user.

Determining what to do with data regarding the incorrect
counterfeit image detection can be based on a reward
system. A reward system retrains the counterfeit image
detection system corresponding to the counterfeit image



US 11,967,184 B2

11

detection data depending upon the outcome of the failure to
authenticate. If the potential user fails to gain access to the
vehicle, it is assumed that the failed attempt was an
attempted spoof, and the data is appended to a training
dataset of likely spoof data. If the potential user gains access
using one of the manual approaches, for example keys, fobs,
or 2-factor authorization, the data is appended to a training
dataset of false negatives to be corrected in the training
process. The authentication system can be retrained based on
the updated training dataset periodically or when the number
of new counterfeit image detection datasets added to the
training dataset exceeds a user-determined threshold.
Retraining can be applied to both deterministic authentica-
tion systems based on Gaussian parameters and deep neural
network-based systems.

Data regarding failure to verify counterfeit image detec-
tion can be federated or shared among a plurality of vehicles.
The data regarding failure to verify counterfeit image detec-
tion can be uploaded to a cloud-based server that includes a
central repository of training datasets. The uploaded verify
a camera source datasets and corresponding outcomes can
be aggregated in updated training datasets and results of
retraining based on the new data can be compared to results
for the previous training. If the new training dataset
improves performance, the new trained model can be pushed
or downloaded to vehicles using the counterfeit image
detection system. Note that no personal data regarding
users’ identities needs to be uploaded to the cloud-based
servers, only camera source verification datasets and out-
comes. By federating new trained models based on training
data uploaded from a plurality of locations, performance of
a counterfeit image detection system can be continuously
improved over the lifetime of the system.

In other examples, other types of cameras and illumina-
tion could be used with techniques discussed herein. For
example, ultraviolet (UV) cameras could be used for anti-
spoofing applications as discussed herein. A UV illuminator
can produce a singular precise burst of UV light that could
be used to determine a spoof challenge image while main-
taining eye safety. Similarly, time of flight cameras and
LIDAR can be used to generate enrollment and challenge
images to determine liveness. UV illuminators and cameras,
along with time of flight cameras and LIDAR all have the
problem of being expensive for a given resolution but could
be used as counterfeit detection systems.

FIG. 6 is a diagram of a flowchart, described in relation
to FIGS. 1-5, of a process 600 for determining subject
liveness using infrared images. Process 600 can be imple-
mented by a processor of a computing device such as a
computing device 115, taking as input information from
sensors, and executing commands, and outputting object
information, for example. Process 600 includes multiple
blocks that can be executed in the illustrated order. Process
600 could alternatively or additionally include fewer blocks
or can include the blocks executed in different orders.

Process 600 begins at block 602, where a computing
device 115 acquires a grayscale or color image 200 using a
visible and NIR light camera 204. The visible and NIR light
camera 204 can be a sensor 116 included in a vehicle, for
example.

At block 604 the computing device 115 acquires an
infrared image 300 using an infrared camera 306. The
infrared camera 306 can be a sensor 116 included in a
vehicle, for example. The grayscale or color image 200 and
the infrared image 300 can be acquired by cameras having
overlapping fields of view and the two images can be
acquired at about the same time, within 100 milliseconds for
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example, to permit a human face that appears in both images
to occupy approximately the same percentage of the image
within +/-10% at about the same position, or +/-25 pixels,
for example. The amount of overlap and the tolerance on
misalignment is determined by the alignment accuracy of
the two images required by the facial recognition software.
In examples where the accuracy of the alignment is not
sufficient to support accurate facial recognition on the com-
bined images, additional processing can be performed to
determine and align the human faces in the two images.

At block 606 the computing device 115 the computing
device 115 compares the thermal profile included in the
acquired infrared image 300, or infrared challenge image,
with a thermal profile of a human face from previously
acquired infrared image 300, the infrared enrollment image.
As discussed above in relation to FIG. 3, a fakeness score
can be determined by correlating the thermal profile from
the infrared challenge image with the thermal profile from
the infrared enrollment image using equation (1), above.

At block 608, the fakeness score is compared to an
empirically determined threshold. The threshold can be
determined by acquiring a plurality of infrared images of
real and counterfeit human faces and determining fakeness
scores using equation (1). A threshold can be selected that
distinguishes between real and counterfeit human faces. If
the fakeness score exceeds the threshold, the thermal profile
from the challenge image is determined to be real human
face and process 600 passes to block 610. If the fakeness
score is less than or equal to the threshold, the thermal
profile from the challenge image is determined to be coun-
terfeit and process 600 passes to block 612.

At block 610, the grayscale or color image 200 acquired
at block 602 is determined to correspond to a live human
face; therefore the grayscale or color image 200 can be
output to a process executing on a computing device 115 that
performs biometric authentication using facial recognition
software as discussed above. Following successful facial
recognition, computing device 115 can determine that the
person in the grayscale or color image has been authenti-
cated. Based on the authentication, computing device 115
can grant access to a user to a vehicle by opening a door or
grant permission to operate a vehicle by enabling controls,
for example. In other examples, based on the authentication,
computing device 115 can grant access to a room by
unlocking a door or grant access to a computer or computer
files. Following block 610, process 500 ends.

At block 612, the grayscale or color image 200 acquired
at block 602 is determined to not correspond to a live human
face, and therefore is not output to a process executing on
computing device 115 to perform biometric authentication
using facial recognition software. In this example, the user
corresponding to the grayscale or color image 200 would be
denied access to a vehicle or room and would not be granted
permission to access computer files or operate a vehicle.
Following block 512, process 500 ends.

Computing devices such as those discussed herein gen-
erally each includes commands executable by one or more
computing devices such as those identified above, and for
carrying out blocks or steps of processes described above.
For example, process blocks discussed above may be
embodied as computer-executable commands.

Computer-executable commands may be compiled or
interpreted from computer programs created using a variety
of programming languages and/or technologies, including,
without limitation, and either alone or in combination,
Java™, C, C++, Python, Julia, SCALA, Visual Basic, Java
Script, Perl, HIML, etc. In general, a processor (e.g., a
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microprocessor) receives commands, e.g., from a memory, a
computer-readable medium, etc., and executes these com-
mands, thereby performing one or more processes, including
one or more of the processes described herein. Such com-
mands and other data may be stored in files and transmitted
using a variety of computer-readable media. A file in a
computing device is generally a collection of data stored on
a computer readable medium, such as a storage medium, a
random access memory, etc.

A computer-readable medium includes any medium that
participates in providing data (e.g., commands), which may
be read by a computer. Such a medium may take many
forms, including, but not limited to, non-volatile media,
volatile media, etc. Non-volatile media include, for example,
optical or magnetic disks and other persistent memory.
Volatile media include dynamic random access memory
(DRAM), which typically constitutes a main memory. Com-
mon forms of computer-readable media include, for
example, a floppy disk, a flexible disk, hard disk, magnetic
tape, any other magnetic medium, a CD-ROM, DVD, any
other optical medium, punch cards, paper tape, any other
physical medium with patterns of holes, a RAM, a PROM,
an EPROM, a FLASH-EEPROM, any other memory chip or
cartridge, or any other medium from which a computer can
read.

All terms used in the claims are intended to be given their
plain and ordinary meanings as understood by those skilled
in the art unless an explicit indication to the contrary in made
herein. In particular, use of the singular articles such as “a,”
“the,” “said,” etc. should be read to recite one or more of the
indicated elements unless a claim recites an explicit limita-
tion to the contrary.

The term “exemplary” is used herein in the sense of
signifying an example, e.g., a reference to an “exemplary
widget” should be read as simply referring to an example of
a widget.

The adverb “approximately” modifying a value or result
means that a shape, structure, measurement, value, determi-
nation, calculation, etc. may deviate from an exactly
described geometry, distance, measurement, value, determi-
nation, calculation, etc., because of imperfections in mate-
rials, machining, manufacturing, sensor measurements,
computations, processing time, communications time, etc.

In the drawings, the same reference numbers indicate the
same elements. Further, some or all of these elements could
be changed. With regard to the media, processes, systems,
methods, etc. described herein, it should be understood that,
although the steps or blocks of such processes, etc. have
been described as occurring according to a certain ordered
sequence, such processes could be practiced with the
described steps performed in an order other than the order
described herein. It further should be understood that certain
steps could be performed simultaneously, that other steps
could be added, or that certain steps described herein could
be omitted. In other words, the descriptions of processes
herein are provided for the purpose of illustrating certain
embodiments, and should in no way be construed so as to
limit the claimed invention.

The invention claimed is:

1. A computer, comprising:

a processor; and

a memory, the memory including instructions executable

by the processor to:

acquire a first image with a visible and near infrared
(NIR) light camera that acquires both visible light
and NIR light to generate the first image based on
both the visible light and the NIR light;
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acquire a second image with an infrared camera,
wherein the infrared camera has a lower x, y reso-
lution than the visible and NIR light camera;

extract first features from the second image;

evaluate the second image to determine that the second
image includes one of a real human face and a
counterfeit human face that is a spoofed human face
by comparing the first features extracted from the
second image with second features extracted from a
previously acquired enrollment image of a person
enrolled in a biometric identification system
acquired with the infrared camera; and

when the second image includes the human face as
determined by evaluation of the second image, out-
put the first image to the biometric identification
system.

2. The computer of claim 1, wherein the visible and NIR
light camera is configured to detect visible and NIR light
reflected by the human face.

3. The computer of claim 2, wherein the visible and NIR
light camera is configured to detect light at one or more
wavelengths in a 400 to 1000 nanometer range.

4. The computer of claim 1, wherein the infrared camera
is configured to detect infrared light emitted by the human
face.

5. The computer of claim 4, wherein the infrared camera
is configured to detect light at one or more short wave
infrared light in a 1000 to 2500 nanometer range.

6. The computer of claim 4, wherein the infrared camera
is configured to detect light at one or more long wave
infrared light in an 8000 to 14000 nanometer range.

7. The computer of claim 1, wherein the first image and
the second image are co-registered whereby the first and
second image can be combined to form a multispectral
image.

8. The computer of claim 1, the instructions further
including instructions to compare the second image with the
enrollment image based on one or more of histogram-based
statistics and a correlation coefficient.

9. The computer of claim 8, the instructions further
including instructions to determine a fakeness score based
on multiplying the correlation coefficient by a scaling factor.

10. The computer of claim 1, the instructions including
further instructions to determine an identity of a human face
by processing the first image using facial recognition soft-
ware.

11. The computer of claim 10, the instructions further
including instructions to operate a vehicle based on the
identity of the human face.

12. The computer of claim 10, the instructions further
including instructions to grant access to at least one of a
computer, a cell phone, or a physical space based on the
identity of the human face.

13. A method comprising:

acquiring a first image with a visible and near infrared

(NIR) light camera that acquires both visible light and
NIR light to generate the first image based on both the
visible light and the NIR light;

acquiring a second image with an infrared camera,

wherein the infrared camera has a lower x, y resolution
than the visible and NIR light camera;

extracting first features from the second image;

evaluating the second image to determine that the second

image includes one of a real human face and a coun-
terfeit human face that is a spoofed human face by
comparing the first features extracted from the second
image with second features extracted from a previously
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acquired enrollment image of a person enrolled in a
biometric identification system acquired with the infra-
red camera; and

when the second image includes the human face as

determined by evaluation of the second image, output
the first image to the biometric identification system.

14. The method of claim 13, wherein the visible and NIR
light camera configured to detect visible and NIR light
reflected by the human face.

15. The method of claim 14, wherein the visible and NIR
light camera is configured to detect visible and NIR light at
one or more wavelengths in a 400 to 700 nanometer range.

16. The method of claim 13, wherein the infrared camera
is configured to detect infrared light emitted by the human
face.

17. The method of claim 16, wherein the infrared camera
is configured to detect infrared light at one or more short
wave infrared light in a 1000 to 2500 nanometer range.

18. The method of claim 16, wherein the infrared camera
is configured to detect light at one or more long wave
infrared light in an 8000 to 14000 nanometer range.

19. The method of claim 13, wherein the first image and
the second image are co-registered whereby the first and
second image can be combined to form a multispectral
image.

20. The method of claim 13, further comprising compar-
ing the second image with the enrollment image based on
one or more of histogram-based statistics and a correlation
coeflicient.
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