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CLASSIFYING DIGITAL DOCUMENTS IN
MULTI-DOCUMENT TRANSACTIONS
BASED ON EMBEDDED DATES

CROSS REFERENCE TO RELATED
APPLICATIONS

This application is a continuation of commonly assigned
U.S. patent application Ser. No. 16/024,891, filed Jul. 1,
2018, which is hereby incorporated herein by reference.

BACKGROUND
1. Technical Field

This invention relates in general to computing systems
and more particularly to classifying digital documents in
multi-document transactions based on embedded dates in the
content of the documents.

2. Description of the Related Art

To assist an auditor in performing an audit, copies of
signed documents in a multi-document transaction are digi-
tized by scanning an image of each document and storing the
scanned image of each document, so that auditors review the
digital, scanned image of each document in a multi-docu-
ment transaction.

BRIEF SUMMARY

In one embodiment, a method is directed to categorizing,
by a computer system, a plurality of documents in one or
more transactions into a plurality of buckets each identified
by a separate category of a plurality of categories for an
expected time window based on a separate relative age of
each of the plurality of documents evaluated from one or
more dates identified in the plurality of documents. The
method is directed to training, by the computer system, a
document classifier with a model of the separate relative age
of each of the plurality of documents as a temporal charac-
teristic correlated with the respective category of a respec-
tive bucket of the plurality of buckets. The method is
directed to executing, by the computer system, the document
classifier on a plurality of input documents to classify each
of the plurality of input documents as a particular logical
type identified by a particular category from among a
plurality of logical types.

In another embodiment, a computer system comprises one
or more processors, one or more computer-readable memo-
ries, one or more computer-readable storage devices, and
program instructions, stored on at least one of the one or
more storage devices for execution by at least one of the one
or more processors via at least one of the one or more
memories. The stored program instructions comprise pro-
gram instructions to categorize a plurality of documents in
one or more transactions into a plurality of buckets each
identified by a separate category of a plurality of categories
for an expected time window based on a separate relative
age of each of the plurality of documents evaluated from one
or more dates identified in the plurality of documents. The
stored program instruction comprise program instructions to
train a document classifier with a model of the separate
relative age of each of the plurality of documents as a
temporal characteristic correlated with the respective cat-
egory of a respective bucket of the plurality of buckets. The
program instructions comprise program instructions to
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2

execute the document classifier on a plurality of input
documents to classify each of the plurality of input docu-
ments as a particular logical type identified by a particular
category from among a plurality of logical types.

In another embodiment, a computer program product
comprises a computer readable storage medium having
program instructions embodied therewith, wherein the com-
puter readable storage medium is not a transitory signal per
se. The program instructions are executable by a computer
to cause the computer to receive, by the computer, a docu-
ment. The program instructions are executable by a com-
puter to cause the computer to categorize, by the computer,
a plurality of documents in one or more transactions into a
plurality of buckets each identified by a separate category of
a plurality of categories for an expected time window based
on a separate relative age of each of the plurality of
documents evaluated from one or more dates identified in
the plurality of documents. The program instructions are
executable by a computer to cause the computer to train, by
the computer, a document classifier with a model of the
separate relative age of each of the plurality of documents as
a temporal characteristic correlated with the respective cat-
egory of a respective bucket of the plurality of buckets. The
program instructions are executable by a computer to cause
the computer to execute, by the computer, the document
classifier on a plurality of input documents to classify each
of the plurality of input documents as a particular logical
type identified by a particular category from among a
plurality of logical types.

BRIEF DESCRIPTION OF THE SEVERAL
VIEWS OF THE DRAWINGS

The novel features believed characteristic of one or more
embodiments of the invention are set forth in the appended
claims. The one or more embodiments of the invention itself
however, will best be understood by reference to the fol-
lowing detailed description of an illustrative embodiment
when read in conjunction with the accompanying drawings,
wherein:

FIG. 1 is a block diagram illustrating one example of a
system for classifying documents of a multi-document trans-
action in a document management system based on embed-
ded dates within the content of the documents;

FIG. 2 illustrates a block diagram of one example of a
document classifier generator for performing date-based
classification of digital documents;

FIG. 3 illustrates a block diagram of an example of a
document classifier for date-based categorization of a docu-
ment according to logical type as part of a multi-document
transaction;

FIG. 4 is a block diagram illustrating an example of an
expected timeline for a transaction with temporal character-
istics of categories of documents associated with context and
relative age of embedded dates;

FIG. 5 illustrates a block diagram of one example of
context associated with embedded dates for categorizing
different logical types of documents in a loan transaction;

FIG. 6 illustrates a block diagram of one example of
relative ages of different logical types of documents in a loan
transaction;

FIG. 7 illustrates a block diagram of one example of a
computer system in which one embodiment of the invention
is implemented;

FIG. 8 illustrates a high level logic flowchart of a process
and computer program for generating a date-based docu-
ment classifier;
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FIG. 9 illustrates a high level logic flowchart of a process
and computer program for classifying a document in a
multi-document transaction by applying a date-based docu-
ment classifier; and

FIG. 10 illustrates a high level logic flowchart of a process
and computer program for outputting results of a date-based
classification of a multi-document transaction.

DETAILED DESCRIPTION

In the following description, for the purposes of expla-
nation, numerous specific details are set forth to provide a
thorough understanding of the present invention. It will be
apparent, however, to one skilled in the art that the present
invention may be practiced without these specific details. In
other instances, well-known structures and devices are
shown in block diagram form to avoid unnecessarily obscur-
ing the present invention.

In addition, in the following description, for purposes of
explanation, numerous systems are described. It is important
to note, and it will be apparent to one skilled in the art, that
the present invention may execute in a variety of systems,
including a variety of computer systems and electronic
devices operating any number of different types of operating
systems.

FIG. 1 illustrates a block diagram of one example of a
system for classifying documents of a multi-document trans-
action in a document management system based on embed-
ded dates within the content of the documents.

In one or more business contexts, multiple documents are
executed or recorded at different times as a part of a
transaction or other type of workflow that occurs over a
period of time. For example, business contexts may include,
but are not limited to, financial transactions, insurance
transactions, and legal workflows. Each type of transaction
has an associated timeline of relative durations or time
windows expected for responses between one or more types
of documents typical in the type of transaction. The timeline
of relative durations or time windows expected for responses
is determined by one or more sets of rules such as, but not
limited to, financial rules and regulatory rules. One or more
of the documents in a transaction are dated within the
content of the document, such as on the face of the docu-
ment, to indicate relative temporal order of each document
within the sequence of documents of the transaction over a
period of time. In addition, one or more documents in a
transaction may include no date within the content of the
document itself.

For example, for a financial transaction, such as a loan,
the types of documents that accompany the loan over a
period of time may include, but are not limited to, originat-
ing documents, a primary note, an appraisal document,
financial statements, and additional documents. In one
example, one or more of the documents added as part of a
financial transaction are confirmed by one or more partici-
pants to the financial transaction through a signature on the
face of a paper version of a document or a digital signature
on an electronic version of a document. In one example, a
loan may be supported by hundreds or thousands of pages of
documentation. In addition, many documents added as part
of a financial transaction include one or more dates, from
one or more signers indicating the ordered, temporal posi-
tion of the document in the sequence of documents of a
financial transaction over a period of time. In addition, many
documents added as part of a financial transaction include
one or more documents added within time windows that are
predictable based on the expected timeline for documents,
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such as one type of document in the loan expected to be filed
within 30 days of another type of document in the loan.

For example, for an insurance transaction, the types of
documents that accompany the insurance transaction over a
period of time may include, but are not limited to, an
insurance application, inspection reports, claims, claims
reports, and payment confirmations. In one example, inspec-
tion reports and claims reports are expected to occur within
predictable time windows relative to the date of the insur-
ance application, within the sequence of documents of an
insurance transactions, such as occurring annually, however
claims documents are unpredictable and may occur at any
time.

For example, for a legal transaction, the types of docu-
ments that accompany the type of legal transaction over a
period of time may include a sequence of documents that
follow one or more of federal, state, and local rules regard-
ing types of filing documents and timelines for response.
The type of transaction and rules in place for the transaction,
determine the types of documents typical for the transaction
and the relative predictable time windows for certain types
of documents based on deadlines for response in the rules.

In an embodiment of the invention, in one example, a
reviewer, such as but not limited to, an auditor, reviews the
documents from a transaction for one or more purposes. In
one example, to aid a reviewer in reviewing the documents
recorded as part of a transaction, documents are stored for
review in a digital format in a document management
system 100. The party reviewing the documents then
accesses the documents in the digital format from document
management system 100.

In one example, many documents associated with a trans-
action are originally recorded on paper, such as paper
documents 110, but are stored in a classified document
database 140 of document management system 100 in a
digital format. In one example, to store paper documents in
a digital format, a converter 112 captures an image of paper
documents 110 and applies one or more types of readers to
electronically convert an image of a typed, handwritten, or
printed text into machine-encoded text in scanned digital
document files 114. In one example, the types of readers
applied by converter 112 to electronically convert an image
of paper documents 110 into machine-encoded text include,
but are not limited to, an optical character recognition
(OCR) reader, an optical word recognition reader, an intel-
ligent character recognition (ICR) reader, and an intelligent
word recognition (IWR) reader. In one example, converter
112 captures an image of paper documents 110 through one
or more image capturing devices including, but not limited
to, a scanner, a camera, and an imaging controller. In one
example, converter 112 identifies both text and images,
where the images are not readily convertible into text.

In an embodiment of the invention, different individual
transactions of a same type include similar predictable
sequences of logical types of documents and similar pre-
dictable relative timelines within the sequence of logical
types of documents, however the content or layout of the
documents of a same logical type may vary across different
providers and across different individual transactions. While
some documents that are part of a transaction may include
a textual label on the face of the document itself that matches
the logical type of the document, such as a document falling
under the logical type of “promissory note” with a textual
heading within the text of the document itself of “promis-
sory note”, many documents that are part of a transaction do
not include a textual label identifying or matching the
logical type of the document on the face of the document. As
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a result, while converter 112 scans an image of paper
documents 110 and converts the scanned image to text that
can be read and analyzed, converter 112 does not automati-
cally identify the logical type of each of paper documents
110 converted into scanned digital document files 114 from
reading the converted text of the document. In addition, in
one example, document management system 100 receives
electronically recorded digital document files 118, such as
an electronically signed digital document, that do not
include a textual label matching a logical type of electroni-
cally recorded digital document files 118 and do not include
a file name, metadata, or a file system attribute that identifies
a logical type of document.

In an embodiment of the invention, to facilitate review of
documents of a transaction, document management system
100 implements a document classifier 130 to automatically
classify each digital document file received for a transaction
into one or more categories, each associated with a different
logical type of document in a transaction. As illustrated,
document classifier 130 receives scanned digital document
files 114 that include at least a selection of documents of
unknown logical type and receives electronically recorded
digital document files 118 that include at least a selection of
documents of unknown logical type. Document classifier
130 determines, for each digital document file received, a
digital document 132 and a document classification 134
identifying at least one category associated with a logical
type from among multiple logical types of files. Document
management system 100 stores each digital document 132
with identified document classification 134 in classified
document database 140.

In an embodiment of the invention, document classifier
130 applies a date-based classification system that is trained
to identify a category associated with a logical type for each
document by scanning for dates embedded in the content of
digital documents and logically categorizing types of docu-
ments using the identified dates based on the temporal
characteristics of each logical type of document in a trans-
action. In particular, document classifier 130 applies a
date-based classification system that determines a category
of a document based on the relative age and context of
positions of dates identified in the content of a document
within a group of documents of a transaction. For example,
in a particular type of financial transaction, the date identi-
fying a relative age of a document temporally within
expected time windows of a transaction and context of
proximate to the position of one or more dates within a
document indicates, with a high probability, the logical type
of document within the sequential timeline of documents of
the particular type of financial transaction. Document clas-
sifier 130 is trained by a classification model to assign a
category to a document from scanned dates based on the
relative age of a document temporally within expected time
windows of a transaction timeline and context of the posi-
tions of the dates identified, or not identified, in the content
of a document. In one example, if document classifier 130
determines no date is identified embedded in the content of
a document, in one example, document classifier 130 clas-
sifies the document as not relevant for a date-based classi-
fication and applies other types of classification analysis.

In document classification 134, document classifier 130
identifies a logical type of document based on the category
and one or more dates applied for classifying the document.
In one example, document classification 134 represents
metadata added to digital document 132. In another
example, document classification 134 is stored as classifi-
cation data in a database entry for digital document 132 or
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in a separate file or file system attribute stored in classified
document database 140 in association with digital document
132.

In one example, an advantage of storing each document in
classified document database 140 with a separate logical
type based on a date-based classification category is that the
documents in classified document database 140 are search-
able by logical type, such that an auditor or other party may
more quickly sort and review selections from among large
volumes of digital document files in classified document
database 140, according to logical type. In one example, a
search interface 150 accessing a selection of documents for
one or more selected financial transactions 154 from clas-
sified document database 140 for one or more financial
transactions sorts the documents into a financial transaction
document timeline 152 of digital images of the documents
ordered according to logical types determined from date-
based classifications. In one example, an advantage of
identifying documents by logical types is that an auditor or
other party reviewing hundreds or thousands of documents
in a single transaction is enabled to quickly access only those
documents of a particular logical type that are relevant to an
audit on financial transaction document timeline 152.

In one example, an advantage of classifying financial
transaction documents based on logical types determined
from date-based classifications performed by document
classifier 130 is that the probability of accurately classifying
a document is increased by performing date-based classifi-
cations based on the sequential probability of expected time
windows between recordings of certain logical types of
documents and the probability that the predictability of the
context of the position of dates of certain logical types of
documents. As the probability of accurately classifying a
document increases, the need for human intervention to
re-train document classifier 130 or to correct incorrect
classifications by document classifier 130, decreases.

In an embodiment of the present invention, document
management system 100 also includes additional classifiers
or document classifier 130 trained to perform classifications
based on types of data in addition to date base classifica-
tions, such as a classifier trained to classify a document
based on the frequency that one or more words appear in the
text of the document, such as word clusters. Identifying the
frequency of a word in a document alone provides some
context for classifying a document, however for some types
of transactions, the same words may appear at similar
frequencies across different logical types of documents or
multiple logical types of documents may occur at a same
date but with different word frequency attributes, such that
by combining both dates-based classification with word
frequency classification, the probability of a correct classi-
fication of a document increases.

In an embodiment of the present invention, document
management system 100 also includes additional analyzers
for determining categories of documents through an ana-
lyzer that extracts specific locations of a document and
versions of documents based on knowledge objects and
relationships to identify the category of document. In one
example, if document management system 100 only man-
ages documents received for a same type of financial trans-
action originating from a single financial provider where the
financial provider uses a same form for each financial
transaction, extracting a specific location within the docu-
ment where a particular label is expected to always appear
to identify a category of document may increase the effi-
ciency of categorizing documents, however, if document
management system 100 manages documents originating
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from different providers not all using the same form, date-
based classification allows document management system
100 to efficiently categorize multiple documents from a
same type of transaction that do not follow a form where a
particular label occurs in a same location in each form.

In an embodiment illustrated in FIG. 1, in outputting the
selected documents, search interface 150 highlights the
output of the embedded dates of the selected documents
used in the date-based document classifications as illustrated
at reference numeral 156. In one example, the types of
highlights of the date features include, but are not limited to,
graphical, tactile, and audio characteristics distinguishing
dates used in documents for classification from other text
and images within a document within the output interface.

FIG. 2 illustrates a block diagram of one example of a
document classifier generator for performing date-based
classification of digital documents.

In one embodiment of the invention, a generator 200
includes a category generator 210 for selecting multiple
logical type classification categories 212. In one example,
category generator 210 prompts a user to selectively enter
classification categories or select from among a list of
classification categories for identification with a particular
type of transaction. In one example, category generator 210
automatically create a selection of document classification
categories in logical type classification categories 212 from
an analysis of a selection of documents for a particular
transaction type that are already labeled according to type.

In one embodiment of the invention, category generator
210 also identifies, for each type of document to classify
under each of the categories in logical type classification
categories 212, one or more characteristics of the type and
position of dates within the content of the documents. In one
example, a user selectively identifies key embedded dates
and context elements relative to the key dates within the
content of a document. In one example, category generator
210 uses standard text extraction of each document to
identify key dates in the document or identify a lack of dates.
In one example, category generator 210 determines, for each
date identified, one or more context elements for the position
of the date in the content of the document including, but not
limited to, a page number or relative page position at the
start or end of the document containing the date, a section
header label relative to the date, whether the date is proxi-
mate to a signature or signature block, the roles of signers to
a signature block, the relation of table of headers to the
position of the date, and whether there are co-referenced
dates in the document, such as multiple dates entered by a
same period or inter-dependent people, such as an applicant
and a reviewer.

In one embodiment of the invention, category generator
210 determines the expected time windows of one type of
logical document on a timeline or compared to other logical
types of documents for a same transaction based on expected
dates for documents, expected duration between dates of
certain types of documents, deadlines between types of
documents, time periods provided for responses between
logical types of documents, and other time-dependent rules
of the predicted sequential timeline for a particular type of
transaction. In one example, a user specifies a selection of
rules for the predicted sequential timeline of different types
of documents for a particular transaction and category
generator 210 automatically determines the predictable time
windows for different logical types of documents based on
the selection of rules. In one example, category generator
210 analyzes the sequence of relative ages of documents for
multiple transactions of a same type to identify expected
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time windows for receiving documents relative to a date on
a particular logical type of document, such as an earlier date
on logical type of document of an originating document.

In one embodiment, category generator 210 updates logi-
cal type classification categories 212 with buckets of one or
more types of documents associated with each classification
category based on the relative age and document dates
associated with the document, along with identifying the
context for the positions of the dates in association with each
classification category.

In one example, a document classifier 130 builds a
date-based classifier model 216 based on logical type clas-
sification categories 212. In one example, document classi-
fier 130 represents any classifier, such as, but not limited to,
a bag-of-words classifier, and date-based classifier model
216 represents a model applicable for the type of classifier,
such as, but not limited to, a bag-of-words model, with
date-related features of logical type classification categories
212 appended. In one example, a bag-of-words model is a
representation also known as a vector space model, used in
natural language processing and information retrieval (IR),
where text is represented as a bag, or multiset, of its words,
disregarding grammar and word order, but maintaining
multiplicity. In one example, a bag-of-words model is used
in document classification where the frequency of occur-
rence of each word is used as a feature for training the
classifier. In the example, document classifier 130 generates
date-based classifier model 216 to classify words and
phrases scanned from the content of a document and
appends date-related features from logical type classification
categories 212 to classify dates scanned from the content of
the document.

In one example, document classifier 130 is trained with
date-based classifier model 216 and outputs logical type
labels for each classification category. In one example, by
training document classifier 130 with date-based classifica-
tion categories, for financial transaction documents or other
documents with logical types that are identifiable by pre-
dictable relative dates on a timeline and context proximate
to dates, document classifier 130 automatically, efficiently
classifies digital documents with a high probability of accu-
racy.

FIG. 3 illustrates a block diagram of an example of a
document classifier for date-based categorization of a docu-
ment according to logical type as part of a multi-document
transaction.

In an embodiment of the invention, document classifier
130 receives a digital document 310, where digital docu-
ment 310 represents a document file from among scanned
digital document files 114 or electronically recorded digital
document files 118. Digital document 310 includes one or
more pages.

In one embodiment, a date analyzer 320 of document
classifier 130 scans each page of digital document 310 to
identify and extract one or more key embedded dates
according to one or more rules in types of dates 322 and
outputs the extracted dates as dates 324. In one example,
rules in types of dates 322 specifies rules for identifying
dates in different formats, such as, but not limited to,
different numerical formats of “month/day/year”, “year/
month/day”, “year”-“mm”-“dd” and different word formats
such as the name of a month, numerical date, and numerical
year.

In addition, in one embodiment, date analyzer 320 also
identifies one or more context elements proximate to dates
324 within digital document 310 and outputs the associated
context elements as context 326 with each date in dates 324.
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In one example, context 326 includes, but is not limited to,
positions proximate to other dates in the document, positions
proximate to page numbers, positions proximate to section
headers, positions proximate to signature blocks, positions
proximate to selected signer roles, positions proximate to
co-referenced dates, positions proximate to a start of a
document, positions proximate to the end of a document,
positions proximate to table headers, and positions proxi-
mate to document style elements.

According to another aspect, in identifying context 326,
date analyzer 320 scans areas surrounding an image in a
document and the content around the image to identify
whether the image is a signature block in context 326. In one
example, date analyzer 320 determines that the content
around an image includes words or keywords indicating
“date” and identifies the image as a signature block in
context 326. In another example, date analyzer 320 deter-
mines that the content around a signature incudes a next line
or subsequent line with a name and identifies the image as
a signature block in context 326. In another example, date
analyzer 320 detects an image identifiable as a digital
signature and identifies the digital signature as a signature
block in context 326.

According to another aspect, in identifying context 326,
date analyzer 320 analyzes the locations and structures of
dates 324 to determine a type of date for the type of location
and proximate elements. In one example, date analyzer 320
applies additional heuristics applicable for date signing
requirements according to regulatory or financial rules for a
transaction to determine the nature of dates 324 and context
326.

According to another aspect, in identifying context 326,
date analyzer 320 evaluates the position of dates 324 within
the document by page location, section, and area. In one
example, date analyzer 320 identifies a beginning and end of
a document, identifying whether each page includes one or
more dates within dates 324, whether dates 324 fall under a
particular textually labeled or graphically designated section
heading or area, and whether multiple dates occur in series.
In one example, date analyzer 320 evaluates the positions of
dates 324 proximate to page location, section and area to
identify context 326 according to regulatory or financial
rules for a transaction. In one example, date analyzer 230
builds a contextual prefix to dates 324 where a same line,
previous paragraph, and next line of paragraph context are
determined and applied to determine context 326.

In one embodiment, a date-based classifier 330, as trained
by date-based classifier model 216, sclects one or more
classification categories for dates 324 and context 326 in
view of temporal characteristics of categories of documents
in a transaction and outputs a logical type label associated
with the selected category, along with dates 324, as docu-
ment classification 334 for storage in a classified document
database 140.

FIG. 4 is a block diagram illustrating an example of an
expected timeline for a transaction with temporal character-
istics of categories of documents associated with context and
relative age of embedded dates.

In one example, a timeline 400 illustrates an expected
timeline of a sequence of different logical types of docu-
ments in a transaction used in training document classifier
130 for date-based classifications of documents. In one
example, timeline 400 includes one or more expected time
windows during which one or more documents are expected
to be dated, illustrated as an expected time window 402 and
an expected time window 404. In one example, a duration
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406 illustrates a predictable duration of time between
expected time window 402 and expected time window 404.

In one example, a document 410 includes a context 412
associated with one or more dates embedded in document
410, for a relative age of expected time window 402,
assigned a category 414. In addition, in one example,
document 410 includes a context 422 associated with one or
more dates embedded in document 420, for a relative age of
expected time window 402, assigned a category 424. In one
example, context 412 and context 422 identify different
types of context elements within a document, proximate to
dates, and category 414 and category 424 identify a same or
different categories from among categories for a transaction,
predicted to be dated within a same time window of
expected time window 402.

In one example, a document 430 includes a context 432
associated with one or more dates embedded in document
430, for a relative age of expected time window 404,
assigned a category 434. In one example, context 422 and
category 424 match context 432 and category 434, however
the relative age of document 430, as determined by an
embedded date in document 430, is within an expected time
window that is relatively older than the relative age of
document 420, as determined by an embedded date in
document 420, by a length of time of at least duration 406.

In one embodiment of the invention, by identifying the
date-based context characteristics of different categories of
documents in a transaction, in correlation with identifying
the expected sequential order of documents and expected
duration of time between documents, then a classifier model
can be trained to predict when expected time window 402
and expected time window 404 will occur. In one example,
expected time window 402 and expected time window 404
represent the initial deadline window for a document, along
with a grace period for the document before and after the
deadline. In addition, in one embodiment of the invention, as
additional documents are added to timeline 400 for a par-
ticular type of transaction, timeline 400 may include addi-
tional expected time windows of different lengths and over-
lapping expected time windows.

FIG. 5 illustrates a block diagram of one example of
context associated with embedded dates for categorizing
different logical types of documents in a loan transaction.

In one example, a financial transaction for a loan includes
one or more originating documents recorded at one or more
times. FIG. 5 illustrates an example of different context
elements of documents in the financial transaction reflecting
temporal characteristics by category applied by date-based
classifier 330.

In the example illustrated in FIG. 5, the context model
identified for a category of “originating document”, as
illustrated at reference numeral 510, includes an identifier
for a first page 514 illustrated as start 512, which may be
identified based on a first page number or other starting page
identifier, and identifier for one or more additional pages
516, which may be identified by page numbers or other
identifiers as middle pages of an originating document, and
an identifier for a last page 526 illustrated as end 524, which
may be identified based on a last page number in a sequence
or other last page identifier. In addition, as illustrated at
reference numeral 510, the context identified for the cat-
egory of “originating document”, as illustrated at reference
numeral 510, includes an identifier for a date 520 positioned
proximate to a signature line 518 in a relative page position
of near end 522 that is closer to end 524 than to start 512.

In one example, the financial transaction for the loan
includes additional context models for documents under the
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category of “originating document”, as illustrated at refer-
ence numeral 530. In the example illustrated in FIG. 5, the
context identified for the category of “originating docu-
ment”, as illustrated at reference numeral 530, includes an
identifier for a first page 534 illustrated as start 532, which
may be identified based on a first page number or other
starting page identifier, and identifier for one or more
additional pages 536, which may be identified by page
numbers or other identifiers as middle pages of an originat-
ing document, and an identifier for a last page 538 illustrated
as end 542, which may be identified based on a last page
number in a sequence or other last page identifier. In
addition, as illustrated at reference numeral 530, the context
identified for the category of “originating document”, as
illustrated at reference numeral 530, includes an identifier
for a date 540 positioned in a relative page position of end
542 that is proximate to the end of last page 538.

In one example, a timeline including the context models
for the category of “originating document™ illustrated at
reference numeral 510 and illustrated at reference numeral
530 includes both originating documents associated with
one or more of the same expected time windows. In another
example, the timeline including the context model for the
category of “originating document” illustrated at reference
numeral 510 and illustrated at reference numeral 530
includes one or more different time windows for each of the
context models.

In one example, the financial transaction for the loan
includes a context model for documents under the category
of “promissory note”, as illustrated at reference numeral
550. In the example illustrated in FIG. 5, the context model
identified for the category of “promissory note”, as illus-
trated at reference numeral 550, includes a section identifier
552 of “maturity statement”, proximate to a date 554. In one
example, the “maturity statement” represents one of mul-
tiple statements used to train document classifier 130 prior
to a signature block, such as, but not limited to, a statement
of “I (we) received a copy of this notice, which is part of
my/our credit application”. In addition, in the example in
FIG. 5, the context model identified for the category of
“promissory note”, as illustrated at reference numeral 550,
includes a signature 556 and a signature block 558 proxi-
mate to date 554, following section identifier 552. In one
example, signature 556 represents a handwritten or digital
signature. In one example, signature block 558 includes a
line or other signature indicator and a role of the signor, such
as role that indicates “borrower”. In one example, the
combination of section identifier 552 of “maturity state-
ment” preceding date 554 and date 554 identified proximate
to signature 556 and signature block 558, with signature
block 558 including a role of “borrower”, indicates a higher
probability of a correct classification of under the category
of “promissory note” than if the section identifier alone were
identified, since other documents may include the “maturity
statement”, but only the promissory note within the trans-
action includes a date in a signature block with a role of
“borrower” following a “maturity statement”

In one example, the financial transaction for the loan
includes a context model for documents under the category
of “appraisal document”, as illustrated at reference numeral
560. In the example illustrated in FIG. 5, the context model
identified for the category of “appraisal document”, as
illustrated at reference numeral 560, is identified as a cover
page 562, such as by a textual or graphic label of “cover
page”, proximate to a date 564 on the same page. In one
example the combination of date 564 on a page identified as
a “cover page”, along with a relative age of the document at
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the beginning of a transaction, identifies the document is
most likely classified under the category of “appraisal docu-
ment”.

In one example, the financial transaction for the loan
includes a context model for documents under the category
of “financial statement”, as illustrated at reference numeral
570. In the example illustrated in FIG. 5, the context model
identified for the category of “financial statement”, as illus-
trated at reference numeral 570, is identified as a table
header 572, as identified by a textual label or graphic
indicator of a financial table, proximate to multiple dates,
such as a date 574 and a date 576. In one example, table
header 572 represent a table header for an operating state-
ment with date 574 heading a column for indicating cash
flow “for the year ended “Dec. 31, 2015” and date 576
heading a column for indicating cash flow “for the year
ended “Dec. 31, 2014”. In one example, the combination of
multiple dates, such as date 574 and date 576, within a table
header, followed by operating cash indicated by dollar
amounts 578 indicates that a document is most likely
classified under the category of “financial statement™ and the
relevant embedded date for classifying the financial state-
ment is the most recent date from among the two dates of
“Dec. 31, 2015™.

In one example, the financial transaction for the loan may
also include one or more documents that do not include a
date embedded in the content of the document. For example,
the financial transaction for the loan includes a context
model for documents that fall under the category of “other”,
as illustrated at 580, for documents that do not include a
date.

FIG. 6 illustrates a block diagram of one example of
relative ages of different logical types of documents in a loan
transaction.

In one example, a timeline 600 illustrates an example of
the relative ages of documents in a financial transaction by
category reflecting temporal characteristics applied by date-
based classifier 330. In one example, a first expected time
window of “year 1” is illustrated at reference numeral 610,
including three categories of documents, of a category A
“originating documents”, a category B “appraisal docu-
ment”, and a category C “promissory note”. In one example,
during “year 17, multiple documents of a logical type
“originating documents” are expected, such as the docu-
ments with context classified as “originating document”
illustrated at reference numeral 510 and illustrated at refer-
ence numeral 530. As illustrated in FIG. 6, during “year 17,
the loan originates with one category B “appraisal docu-
ment” and one category C “promissory note”.

In one example, a second expected time window of a
“year 2” is illustrated at reference numeral 620, including
three categories of documents, of a category D “annual
review”, a category E “memos”, and a category F “return”.
In one example, during “year 27, during the “early stage” of
the loan, one category D “annual review” occurs with a
category F “return”, followed by multiple category E
“memos” later in the year.

In one example, a third expected time window of a “year
3” is illustrated at reference numeral 630, including four
categories of documents, of category D “annual review”,
category E “memos”, category F “return”, and category G
“operating statement”. In one example, during “year 37,
during a stabilizing stage of the loan, one category D
“annual review” occurs with a category F “return” and
category G “operating system”, along with one or more
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category E “memos” later in the year. In one example, fewer
category E “memos” are expected during “year 3” than
during “year 2”.

In one example, a fourth expected time window of a “year
4” is illustrated at reference numeral 640 and a fifth expected
time window of a “year 5” is illustrated at reference numeral
650, each including three categories of documents, of cat-
egory D “annual review”, category F “return”, and category
G “operating statement”. In one example, during each of
“year 4” and “year 57, the loan is in a stead state, with annual
reporting of category D “annual review”, category F
“return”, and category G “operating statement”, but other-
wise little other relevant documentation.

FIG. 7 illustrates a block diagram of one example of a
computer system in which one embodiment of the invention
is implemented. An embodiment of the present invention is
performed in a variety of systems and combinations of
systems, made up of functional components, such as the
functional components described with reference to a com-
puter system 700 and communicatively connected to a
network, such as network 702.

Computer system 700 includes a bus 722 or other com-
munication device for communicating information within
computer system 700, and at least one hardware processing
device, such as processor 712, coupled to bus 722 for
processing information. Bus 722 preferably includes low-
latency and higher latency paths that are connected by
bridges and adapters and controlled within computer system
700 by multiple bus controllers. According to one aspect,
when implemented as a server or node, computer system 700
include multiple processors designed to improve network
servicing power.

In one embodiment, processor 712 is at least one general-
purpose processor that, during normal operation, processes
data under the control of software 750, which includes at
least one of application software, an operating system,
middleware, and other code and computer executable pro-
grams accessible from a dynamic storage device such as
random access memory (RAM) 714, a static storage device
such as Read Only Memory (ROM) 716, a data storage
device, such as mass storage device 718, or other data
storage medium. According to one aspect, software 750
includes, but is not limited to, code, applications, protocols,
interfaces, and processes for controlling one or more sys-
tems within a network including, but not limited to, an
adapter, a switch, a server, a cluster system, and a grid
environment.

In one embodiment, computer system 700 communicates
with a remote computer, such as server 740, or a remote
client. In one example, server 740 is connected to computer
system 700 through any type of network, such as network
702, through a communication interface, such as network
interface 732, or over a network link that may be connected,
for example, to network 702.

In the example, multiple systems within a network envi-
ronment are communicatively connected via network 702,
which is the medium used to provide communications links
between various devices and computer systems communi-
catively connected. According to one aspect, network 702
includes permanent connections such as wire or fiber optics
cables and temporary connections made through telephone
connections and wireless transmission connections, for
example, and may include routers, switches, gateways and
other hardware to enable a communication channel between
the systems connected via network 702. According to one
aspect, network 702 represents one or more of packet-
switching based networks, telephony based networks,
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broadcast television networks, local area and wire area
networks, public networks, and restricted networks.

In one embodiment, network 702 and the systems com-
municatively connected to computer 700 via network 702
implement one or more layers of one or more types of
network protocol stacks which may include one or more of
a physical layer, a link layer, a network layer, a transport
layer, a presentation layer, and an application layer. For
example, according to one aspect, network 702 implements
one or more of the Transmission Control Protocol/Internet
Protocol (TCP/IP) protocol stack or an Open Systems Inter-
connection (OSI) protocol stack. In addition, according to
another aspect, network 702 represents the worldwide col-
lection of networks and gateways that use the TCP/IP suite
of protocols to communicate with one another. In one
example, network 702 implements a secure HTTP protocol
layer or other security protocol for securing communications
between systems.

In the example, network interface 732 includes an adapter
734 for connecting computer system 700 to network 702
through a link and for communicatively connecting com-
puter system 700 to server 740 or other computing systems
via network 702. Although not depicted, network interface
732 may include additional software, such as device drivers,
additional hardware and other controllers that enable com-
munication. When implemented as a server, according to
one aspect, computer system 700 includes multiple commu-
nication interfaces accessible via multiple peripheral com-
ponent interconnect (PCI) bus bridges connected to an
input/output controller, for example. In this manner, in one
example, computer system 700 allows connections to mul-
tiple clients via multiple separate ports and each port also
supports multiple connections to multiple clients.

In one embodiment, the operations performed by proces-
sor 712 control the operations of flowchart of FIGS. 8-10
and other operations described herein. In one embodiment,
operations performed by processor 712 are requested by
software 750 or other code or the steps of one embodiment
of the invention might be performed by specific hardware
components that contain hardwired logic for performing the
steps, or by any combination of programmed computer
components and custom hardware components. In one
embodiment, one or more components of computer system
700, or other components, integrated into one or more
components of computer system 700, contains hardwired
logic for performing the operations of flowcharts in FIGS.
8-10.

In addition, in one embodiment, computer system 700
includes multiple peripheral components that facilitate input
and output. These peripheral components are connected to
multiple controllers, adapters, and expansion slots, such as
input/output (I/O) interface 726, coupled to one of the
multiple levels of bus 722. For example, input device 724
includes, for example, a microphone, a video capture device,
an image scanning system, a keyboard, a mouse, or other
input peripheral device, communicatively enabled on bus
722 via I/O interface 726 controlling inputs. In addition, for
example, output device 720 communicatively enabled on
bus 722 via /O interface 726 for controlling outputs
includes, for example, one or more graphical display
devices, audio speakers, and tactile detectable output inter-
faces, but may also include other output interfaces. In
alternate embodiments of the present invention, additional
or alternate input and output peripheral components may be
added.

With respect to FIG. 7, one or more embodiments of the
present invention include a system, a method, and/or a
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computer program product. In one embodiment, the com-
puter program product includes a computer readable storage
medium (or media) having computer readable program
instructions thereon for causing a processor to carry out
aspects of the present invention.

In one embodiment, the computer readable storage
medium is a tangible device that can retain and store
instructions for use by an instruction execution device.
According to one aspect, the computer readable storage
medium is, for example, but is not limited to, an electronic
storage device, a magnetic storage device, an optical storage
device, an electromagnetic storage device, a semiconductor
storage device, or any suitable combination of the foregoing.
A non-exhaustive list of more specific examples of the
computer readable storage medium includes the following:
a portable computer diskette, a hard disk, a random access
memory (RAM), a read-only memory (ROM), an erasable
programmable read-only memory (EPROM or Flash
memory), a static random access memory (SRAM), a por-
table compact disc read-only memory (CD-ROM), a digital
versatile disk (MD), a memory stick, a floppy disk, a
mechanically encoded device such as punch-cards or raised
structures in a groove having instructions recorded thereon,
and any suitable combination of the foregoing. A computer
readable storage medium, as used herein, is not to be
construed as being transitory signals per se, such as radio
waves or other freely propagating electromagnetic waves,
electromagnetic waves propagating through a waveguide or
other transmission media (e.g., light pulses passing through
a fiber-optic cable), or electrical signals transmitted through
a wire.

In one embodiment, computer readable program instruc-
tions described herein are downloaded to respective com-
puting/processing devices from a computer readable storage
medium or to an external computer or external storage
device via a network, for example, the Internet, a local area
network, a wide area network and/or a wireless network.
According to one aspect, the network comprises copper
transmission cables, optical transmission fibers, wireless
transmission, routers, firewalls, switches, gateway comput-
ers and/or edge servers. A network adapter card or network
interface in each computing/processing device receives
computer readable program instructions from the network
and forwards the computer readable program instructions for
storage in a computer readable storage medium within the
respective computing/processing device.

In one embodiment, computer readable program instruc-
tions for carrying out operations of the present invention
include, but are not limited to, assembler instructions,
instruction-set-architecture (ISA) instructions, machine
instructions, machine dependent instructions, microcode,
firmware instructions, state-setting data, or either source
code or object code written in any combination of one or
more programming languages, including an object oriented
programming language such as Smalltalk, C++ or the like,
and conventional procedural programming languages, such
as the “C” programming language or similar programming
languages. According to one aspect, the computer readable
program instructions execute entirely on the user’s com-
puter, partly on the user’s computer, as a stand-alone soft-
ware package, partly on the user’s computer and partly on a
remote computer or entirely on the remote computer or
server. In the latter scenario, according to one aspect, the
remote computer is connected to the user’s computer
through any type of network, including a local area network
(LAN) or a wide area network (WAN), or the connection
may be made to an external computer (for example, through
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the Internet using an Internet Service Provider). In some
embodiments, electronic circuitry including, for example,
programmable logic circuitry, field-programmable gate
arrays (FPGA), or programmable logic arrays (PLA) may
execute the computer readable program instructions by
utilizing state information of the computer readable program
instructions to personalize the electronic circuitry, in order to
perform aspects of the present invention.

Aspects of the present invention are described herein with
reference to flowchart illustrations and/or block diagrams of
methods, apparatus (systems), and computer program prod-
ucts according to embodiments of the invention. It will be
understood that each block of the flowchart illustrations
and/or block diagrams, and combinations of blocks in the
flowchart illustrations and/or block diagrams, can be imple-
mented by computer readable program instructions.

These computer readable program instructions may be
provided to a processor of a general purpose computer,
special purpose computer, or other programmable data pro-
cessing apparatus to produce a machine, such that the
instructions, which execute via the processor of the com-
puter or other programmable data processing apparatus,
create means for implementing the functions/acts specified
in the flowchart and/or block diagram block or blocks. These
computer readable program instructions may also be stored
in a computer readable storage medium that can direct a
computer, a programmable data processing apparatus, and/
or other devices to function in a particular manner, such that
the computer readable storage medium having instructions
stored therein comprises an article of manufacture including
instructions which implement aspects of the function/act
specified in the flowchart and/or block diagram block or
blocks.

The computer readable program instructions may also be
loaded onto a computer, other programmable data process-
ing apparatus, or other device to cause a series of operational
steps to be performed on the computer, other programmable
apparatus or other device to produce a computer imple-
mented process, such that the instructions which execute on
the computer, other programmable apparatus, or other
device implement the functions/acts specified in the flow-
chart and/or block diagram block or blocks.

The flowchart and block diagrams in the Figures illustrate
the architecture, functionality, and operation of possible
implementations of systems, methods, and computer pro-
gram products according to various embodiments of the
present invention. In this regard, each block in the flowchart
or block diagrams may represent a module, segment, or
portion of instructions, which comprises one or more
executable instructions for implementing the specified logi-
cal function(s). In some alternative implementations, the
functions noted in the block may occur out of the order noted
in the figures. For example, two blocks shown in succession
may, in fact, be executed substantially concurrently, or the
blocks may sometimes be executed in the reverse order,
depending upon the functionality involved. It will also be
noted that each block of the block diagrams and/or flowchart
illustration, and combinations of blocks in the block dia-
grams and/or flowchart illustration, can be implemented by
special purpose hardware-based systems that perform the
specified functions or acts or carry out combinations of
special purpose hardware and computer instructions.

Those of ordinary skill in the art will appreciate that the
hardware depicted in FIG. 7 may vary. Furthermore, those of
ordinary skill in the art will appreciate that the depicted
example is not meant to imply architectural limitations with
respect to the present invention.
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FIG. 8 illustrates a high level logic flowchart of a process
and computer program for generating a date-based docu-
ment classifier.

In one example, the process and program start at block
800 and thereafter proceeds to block 802. Block 802 illus-
trates creating document classification categories for a trans-
action. Next, block 804 illustrates identifying one or more
dates in one or more documents of a transaction using
standard text extraction. Thereafter, block 806 illustrates
determining whether any dates are identified in each docu-
ment. At block 806, if no dates are identified in a particular
document, then for that particular document the process
passes to block 812. At block 806, if one or more dates are
identified in one or more documents, then the process passes
to block 808.

Block 808 illustrates noting the context for each date,
such as a page number, section header, signature block
proximity, table header proximity, and co-referenced dates
in the document. Next, block 810 illustrates detecting the
relative age of each document compared to other documents
for the same transaction. Thereafter, block 812 illustrates
categorizing the documents into buckets of classification
categories by expected time window based on relative ages.
Next, block 814 illustrates building a date-based classifica-
tion model with date-based context and relative age of
expected time windows on a timeline temporal characteris-
tics correlated with classification categories. Thereafter,
block 816 illustrates training a document classifier with the
date-based document classification model. In one embodi-
ment, the document classifier is an existing classifier for
applying classification based on embedded context in addi-
tion to dates. Next, block 818 illustrates executing the
classifier on a set of documents for a transaction. Thereafter,
block 820 illustrates that for classifications returned by the
classifier with a confidence below a threshold, outputting the
classification for manual assessment, and additional classi-
fier training, and the process ends.

FIG. 9 illustrates a high level logic flowchart of a process
and computer program for classifying a document in a
multi-document transaction by applying a date-based docu-
ment classifier.

In one example, a process and computer program product
start at block 900 and thereafter proceed to block 902. Block
902 illustrates a determination whether a document from a
transaction is received. At block 902, if a document from a
transaction is received, then the process passes to block 904.
Block 904 illustrates analyzing the document to identify
embedded dates and context of one or more positions of
embedded dates in the document. Next, block 906 illustrates
evaluating each embedded date based on the context of the
positions within the document and the relative age of the
embedded dates in view of temporal characteristics of
categories of documents in a transaction. Thereafter, block
908 illustrates classifying the document within the transac-
tion as a particular logical type identified by the particular
category evaluated for the embedded dates. Next, block 910
illustrates storing the document with a record of the par-
ticular logical type and the embedded dates evaluated for the
classification, and the process ends.

FIG. 10 illustrates a high level logic flowchart of a process
and computer program for outputting results of a date-based
classification of a multi-document transaction.

In one example, a process and computer program product
start at block 1000 and thereafter proceed to block 1002.
Block 1002 illustrates a determination whether a request is
received to review one or more documents of a transaction.
At block 1002, if a request is received to review one or more
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documents of a transaction, then the process passes to block
1004. Block 1004 illustrates accessing the documents stored
for the transaction from a classified document database.
Next, block 1006 illustrates displaying the documents on a
timeline ordered according to the embedded dates recorded
with classifications of each document and distinguished by
logical type. Thereafter, block 1008 illustrates highlighting
the embedded dates used in the classification, and the
process ends.

The flowchart and block diagrams in the Figures illustrate
the architecture, functionality, and operation of possible
implementations of systems, methods and computer pro-
gram products according to various embodiments of the
present invention. In this regard, each block in the flowchart
or block diagrams may represent a module, segment, or
portion of code, which comprises one or more executable
instructions for implementing the specified logical
function(s). It should also be noted that, in some alternative
implementations, the functions noted in the block may occur
out of the order noted in the figures. For example, two blocks
shown in succession may, in fact, occur substantially con-
currently, or the blocks may sometimes occur in the reverse
order, depending upon the functionality involved. It will also
be noted that each block of the block diagrams and/or
flowchart illustration, and combinations of blocks in the
block diagrams and/or flowchart illustration, can be imple-
mented by special purpose hardware-based systems that
perform the specified functions or acts, or combinations of
special purpose hardware and computer instructions.

The terminology used herein is for the purpose of describ-
ing particular embodiments only and is not intended to be
limiting of the invention. As used herein, the singular forms
“a”, “an” and “the” are intended to include the plural forms
as well, unless the context clearly indicates otherwise. It will
be further understood that the terms “comprises” and/or
“comprising”, when used in this specification specify the
presence of stated features, integers, steps, operations, ele-
ments, and/or components, but not preclude the presence or
addition of one or more other features, integers, steps,
operations, elements, components, and/or groups thereof.

The corresponding structures, materials, acts, and equiva-
lents of all means or step plus function elements in the
claims below are intended to include any structure, material,
or act for performing the function in combination with other
claimed elements as specifically claimed. The description of
the one or more embodiments of the invention has been
presented for purposes of illustration and description, but is
not intended to be exhaustive or limited to the invention in
the form disclosed. Many modifications and variations will
be apparent to those of ordinary skill in the art without
departing from the scope and spirit of the invention. The
embodiment was chosen and described to best explain the
principles of the invention and the practical application, and
to enable others of ordinary skill in the art to understand the
invention for various embodiments with various modifica-
tions as are suited to the particular use contemplated.

The foregoing description is just an example of embodi-
ments of the invention, and variations and substitutions.
While the invention has been particularly shown and
described with reference to one or more embodiments, it will
be understood by those skilled in the art that various changes
in form and detail may be made therein without departing
from the spirit and scope of the invention.

What is claimed is:

1. A method comprising:

categorizing, by a computer system, a plurality of docu-

ments in one or more transactions into a plurality of
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buckets each identified by a separate category of a
plurality of categories for an expected time window
based on a separate relative age of each of the plurality
of documents evaluated from one or more dates iden-
tified in the plurality of documents;

training, by the computer system, a document classifier

with a model of the separate relative age of each of the
plurality of documents as a temporal characteristic
correlated with the respective category of a respective
bucket of the plurality of buckets; and

executing, by the computer system, the document classi-

fier on a plurality of input documents to classify each
of the plurality of input documents as a particular
logical type identified by a particular category from
among a plurality of logical types.

2. The method according to claim 1, wherein categorizing,
by the computer system, the plurality of documents in one
or more transactions into the plurality of buckets each
identified by the separate category of the plurality of cat-
egories for the expected time window based on the separate
relative age of each of the plurality of documents evaluated
from the one or more dates identified in the plurality of
documents further comprises:

creating, by the computer system, the plurality of catego-

ries within the transaction;

identifying, by the computer system, the one or more

dates in content of the plurality of documents using
standard text extraction;

identifying, by the computer system, a separate context of

one or more positions of each separate date of the one
or more dates; and

detecting, by the computer system, the separate relative

age of each of a selection of the plurality of documents
in a same transaction from among the one or more
transactions.

3. The method according to claim 1, further comprising:

receiving, by the computer system, a digital scan of each

of the plurality of documents;

converting, by the computer system, content of each of

the plurality of documents in the digital scan from an
image into text; and

analyzing, by the computer system, the text to identify the

one or more dates in the content of the document at one
or more positions in the document.

4. The method according to claim 1, wherein training, by
the computer system, the document classifier with the model
of the separate relative age of each of the plurality of
documents as the temporal characteristic correlated with the
respective category of the respective bucket of the plurality
of buckets further comprises:

building, by the computer system, the model with the

separate relative age of each of the plurality of docu-
ments and a context of one or more positions of each of
the one or more dates within each of the plurality of
documents correlated with the respective category of
the respective bucket of the plurality of buckets.

5. The method according to claim 4, wherein building, by
the computer system, the model with the separate relative
age of each of the plurality of documents and the context of
the one or more positions of each of the one or more dates
within each of the plurality of documents correlated with the
respective category of the respective bucket of the plurality
of buckets further comprises:

identifying, by the computer system, the context of each

of'the one or more positions within each of the plurality
of documents in view of the one or more dates com-
prising a location relative to a signature line near the
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end of a plurality of pages of a particular document
from among the plurality of documents.

6. The method according to claim 1, further comprising:

receiving, by the computer system, a separate confidence

value of a plurality of confidence values of each
classification of each of the plurality of input docu-
ments as the particular logical type from the document
classifier; and

responsive to a particular confidence value of the plurality

of confidence values less than a threshold, outputting,
by the computer system, a particular classification
associated with the particular confidence value to a user
interface.

7. The method according to claim 1, further comprising:

storing, by the computer system, the plurality of input

documents in a database with a record specifying a
respective logical type from the classifier and a respec-
tive date;

receiving, by the computer system, a request to review a

particular transaction;

accessing, by the computer system, a selection of docu-

ments for the particular transaction from among the
plurality of input documents stored in the database with
the respective logical type from the classifier and the
respective date; and

graphically displaying, by the computer system, the selec-

tion of documents on a timeline ordered according to a
selection of dates of the respective date recorded with
the respective logical type of each document in the
selection of documents and distinguished by the respec-
tive logical type.

8. A computer system comprising one or more processors,
one or more computer-readable memories, one or more
computer-readable storage devices, and program instruc-
tions, stored on at least one of the one or more storage
devices for execution by at least one of the one or more
processors via at least one of the one or more memories, the
stored program instructions comprising:

program instructions to categorize a plurality of docu-

ments in one or more transactions into a plurality of
buckets each identified by a separate category of a
plurality of categories for an expected time window
based on a separate relative age of each of the plurality
of documents evaluated from one or more dates iden-
tified in the plurality of documents;

program instructions to train a document classifier with a

model of the separate relative age of each of the
plurality of documents as a temporal characteristic
correlated with the respective category of a respective
bucket of the plurality of buckets; and

program instructions to execute the document classifier on

a plurality of input documents to classify each of the
plurality of input documents as a particular logical type
identified by a particular category from among a plu-
rality of logical types.

9. The computer system according to claim 8, wherein the
program instructions to categorize the plurality of docu-
ments in one or more transactions into the plurality of
buckets each identified by the separate category of the
plurality of categories for the expected time window based
on the separate relative age of each of the plurality of
documents evaluated from the one or more dates identified
in the plurality of documents further comprise:

program instructions to create the plurality of categories

within the transaction;
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program instructions to identify the one or more dates in
content of the plurality of documents using standard
text extraction;

program instructions to identify a separate context of one

or more positions of each separate date of the one or
more dates; and

program instructions to detect the separate relative age of

each of a selection of the plurality of documents in a
same transaction from among the one or more trans-
actions.

10. The computer system according to claim 8, the stored
program instructions further comprising:

program instructions to receive a digital scan of each of

the plurality of documents;

program instructions to convert content of each of the

plurality of documents in the digital scan from an
image into text; and

program instructions to analyze the text to identify the one

or more dates in the content of the document at one or
more positions in the document.

11. The computer system according to claim 8, wherein
the program instructions to train the document classifier with
the model of the separate relative age of each of the plurality
of documents as the temporal characteristic correlated with
the respective category of the respective bucket of the
plurality of buckets further comprise:

program instructions to build the model with the separate

relative age of each of the plurality of documents and
a context of one or more positions of each of the one or
more dates within each of the plurality of documents
correlated with the respective category of the respective
bucket of the plurality of buckets.

12. The computer system according to claim 11, wherein
the program instructions to build the model with the separate
relative age of each of the plurality of documents and the
context of the one or more positions of each of the one or
more dates within each of the plurality of documents cor-
related with the respective category of the respective bucket
of the plurality of buckets further comprise:

program instructions to identify the context of each of the

one or more positions within each of the plurality of
documents in view of the one or more dates comprising
a location relative to a signature line near the end of a
plurality of pages of a particular document from among
the plurality of documents.

13. The computer system according to claim 8, the stored
program instructions further comprising:

program instructions to receive a separate confidence

value of a plurality of confidence values of each
classification of each of the plurality of input docu-
ments as the particular logical type from the document
classifier; and

program instructions, responsive to a particular confi-

dence value of the plurality of confidence values less
than a threshold, to output a particular classification
associated with the particular confidence value to a user
interface.

14. The computer system according to claim 8, the stored
program instructions further comprising:

program instructions to store the plurality of input docu-

ments in a database with a record specifying a respec-
tive logical type from the classifier and a respective
date;

program instructions to receive a request to review a

particular transaction;

program instructions to access a selection of documents

for the particular transaction from among the plurality
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of input documents stored in the database with the
respective logical type from the classifier and the
respective date; and

program instructions to graphically display the selection

of documents on a timeline ordered according to a
selection of dates of the respective date recorded with
the respective logical type of each document in the
selection of documents and distinguished by the respec-
tive logical type.

15. A computer program product comprises a computer
readable storage medium having program instructions
embodied therewith, wherein the computer readable storage
medium is not a transitory signal per se, the program
instructions executable by a computer to cause the computer
to:

categorize, by the computer, a plurality of documents in

one or more transactions into a plurality of buckets
each identified by a separate category of a plurality of
categories for an expected time window based on a
separate relative age of each of the plurality of docu-
ments evaluated from one or more dates identified in
the plurality of documents;

train, by the computer, a document classifier with a model

of the separate relative age of each of the plurality of
documents as a temporal characteristic correlated with
the respective category of a respective bucket of the
plurality of buckets; and

execute, by the computer, the document classifier on a

plurality of input documents to classify each of the
plurality of input documents as a particular logical type
identified by a particular category from among a plu-
rality of logical types.

16. The computer program product according to claim 15,
further comprising the program instructions executable by a
computer to cause the computer to:

create, by the computer, the plurality of categories within

the transaction;

identify, by the computer, the one or more dates in content

of the plurality of documents using standard text
extraction;

identify, by the computer, a separate context of one or

more positions of each separate date of the one or more
dates; and

detect, by the computer, the separate relative age of each

of a selection of the plurality of documents in a same
transaction from among the one or more transactions.

17. The computer program product according to claim 15,
further comprising the program instructions executable by a
computer to cause the computer to:

receive, by the computer, a digital scan of each of the

plurality of documents;

convert, by the computer, content of each of the plurality

of documents in the digital scan from an image into
text; and

analyze, by the computer, the text to identify the one or

more dates in the content of the document at one or
more positions in the document.

18. The computer program product according to claim 15,
further comprising the program instructions executable by a
computer to cause the computer to:

build, by the computer, the model with the separate

relative age of each of the plurality of documents and
a context of one or more positions of each of the one or
more dates within each of the plurality of documents
correlated with the respective category of the respective
bucket of the plurality of buckets.
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19. The computer program product according to claim 18,
further comprising the program instructions executable by a
computer to cause the computer to:
identify, by the computer, the context of each of the one
or more positions within each of the plurality of docu-
ments in view of the one or more dates comprising a
location relative to a signature line near the end of a
plurality of pages of a particular document from among
the plurality of documents.
20. The computer program product according to claim 15,
further comprising the program instructions executable by a
computer to cause the computer to:
receive, by the computer, a separate confidence value of
a plurality of confidence values of each classification of
each of the plurality of input documents as the particu-
lar logical type from the document classifier; and

responsive to a particular confidence value of the plurality
of confidence values less than a threshold, output, by
the computer, a particular classification associated with
the particular confidence value to a user interface.
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