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DETECTING TEXT USING STROKE WIDTH 
BASED TEXT DETECTION 

BACKGROUND 

The ability to easily capture and store digital photographs 
have made digital photographs a valuable source of informa 
tion. One area where such digital photographs have proven to 
be a valuable resource is in text detection. Text detection 
systems employ text detection algorithms. Text detection 
algorithms are used to identify areas in images such as Street 
sides that are most likely to contain text. The identified areas 
can then be processed by a text recognition algorithm (OCR). 
There are two advantages to using text detection prior to 
OCR. First, because conventional OCR algorithms are typi 
cally slow, it is computationally advantageous to identify 
areas that are likely to contain text So as to reduce the areas 
that the text recognition algorithm has to process Such that its 
computational workload is likewise reduced. Second, identi 
fying areas that are likely to contain text enables the pruning 
out of areas that do not contain text, which can reduce the 
error rate of an OCR algorithm. 

In some applications text detection can be beneficial even 
where there is no need to actually recognize the text. For 
example, as a part of the texturing of building models for 
services such as Microsoft Virtual EarthTM, there can be a 
need to Stitch several ground-level images into one unified 
texture to model a building façade. When doing so, it is 
beneficial to avoid stitching the images in the areas that 
include text (Such as shops signs), in order to prevent the 
generation of unreadable text in the final texture. 

Accordingly, detecting text in natural scenes (as opposed to 
scans of book pages, faxed documents, and business cards) is 
an important step for a number of applications. Other appli 
cations where Such functionality can be vital include comput 
erized aids for visually impaired persons, precise and auto 
matic geo-coding of businesses, automatic navigation in 
urban environments, recognition of goods on Store shelves, 
and the like. 

Natural images can include components that have a wide 
range of text fonts, language types, colors and illumination 
changes. Some conventional systems that are used to detect 
text in natural images rely on particular color contrast, hori 
Zontal and vertical features, windows of expected pixel height 
and boundaries. Because of their reliance on Such parameters, 
where a natural image includes the aforementioned wide 
range of text fonts, language types, colors and/or illumination 
changes, the reliable detection of text can prove problematic. 
Consequently, many conventional systems produce a large 
number of false detections (e.g., false positive detections) and 
are thus inadequate for many text detection applications. 

SUMMARY 

This Summary is provided to introduce a selection of con 
cepts in a simplified form that are further described below in 
the Detailed Description. This Summary is not intended to 
identify key features or essential features of the claimed sub 
ject matter, nor is it intended to be used as an aid in determin 
ing the scope of the claimed Subject matter. 
Many conventional systems for detecting text in images 

rely on particular color contrast, horizontal and Vertical fea 
tures, windows of expected pixel height and boundaries in the 
detection of text. Because of their reliance on Such param 
eters, where an image (such as natural images) includes a 
wide range of text fonts, language types, colors and/or illu 
mination changes, a reliable detection of text therein can be 
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2 
problematic. A methodology for detecting text in images 
using stroke width based text detection is disclosed that reli 
ably detects text in images that include a wide range of text 
fonts, language types, colors and/or illumination changes. As 
a part of the text detection methodology disclosed, a repre 
sentation of an image is generated that includes elements, 
Such as pixels, that are associated with a stroke width. Con 
nected components of the image are identified by filtering out 
portions of the elements using metrics related to stroke width 
such as the standard deviation of the stroke width of the 
connected component with which the elements are associ 
ated. Text is detected in the image based on the identified 
connected components. 

BRIEF DESCRIPTION OF THE DRAWINGS 

The accompanying drawings, which are incorporated in 
and form a part of this specification, illustrate embodiments 
and, together with the description, serve to explain the prin 
ciples of the embodiments: 

FIG. 1 shows an exemplary setting of a component for 
detecting text using stroke width based text detection accord 
ing to one embodiment. 

FIG. 2 shows a functional block diagram that shows the 
operation of a component for detecting text in a natural image 
based on Stroke width according to one embodiment. 

FIG. 3A shows the results of operations performed in the 
herein described text detection process according to one 
embodiment. 

FIG. 3B shows the results of operations performed in the 
herein described text detection process according to one 
embodiment. 

FIG. 3C shows the results of operations performed in the 
herein described text detection process according to one 
embodiment. 

FIG. 3D shows the results of operations performed in the 
herein described text detection process according to one 
embodiment. 

FIG. 3E shows the results of operations performed in the 
herein described text detection process according to one 
embodiment. 

FIG. 3F shows the results of operations performed in the 
herein described text detection process according to one 
embodiment. 

FIG. 3G shows the results of operations performed in the 
herein described text detection process according to one 
embodiment. 

FIG. 3H shows the results of operations performed in the 
herein described text detection process according to one 
embodiment. 

FIG. 3I shows the results of operations performed in the 
herein described text detection process according to one 
embodiment. 

FIG. 4A shows an input image that contains a white rect 
angle of size MXN on a black background according to one 
embodiment. 

FIG. 4B shows a stroke such as from detected text accord 
ing to one embodiment. 

FIG. 4C shows a component of an stroke width transform 
(SWT) that has an L-shaped corner according to one embodi 
ment. 

FIG. 5 shows subcomponents of a component for detecting 
text in a natural image based on a stroke width transform 
according to one embodiment. 

FIG. 6 shows a flowchart of the steps performed in a 
method for detecting text using stroke width based text detec 
tion according to one embodiment. 
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FIG. 7 shows an exemplary computing device according to 
one embodiment. 
The drawings referred to in this description should not be 

understood as being drawn to scale except if specifically 
noted. 

DETAILED DESCRIPTION 

Reference will now be made in detail to various embodi 
ments, examples of which are illustrated in the accompanying 
drawings. While descriptions will be provided in conjunction 
with these embodiments, it will be understood that the 
descriptions are not intended to limit the scope of the embodi 
ments. On the contrary, the disclosure is intended to cover 
alternatives, modifications and equivalents, of these embodi 
ments. Furthermore, in the following description, numerous 
specific details are set forth in order to provide a thorough 
understanding of embodiments. In other instances, well 
known methods, procedures, components, and circuits have 
not been described in detail as not to unnecessarily obscure 
aspects of embodiments. 

Exemplary Network Setting of Component for 
Detecting Text Using Stroke Width Based Text 

Detection According to Embodiments 

FIG. 1 shows an exemplary setting of a component 115 for 
detecting text using stroke width based text detection accord 
ing to one embodiment. In one embodiment, component 115 
can reliably detect text in images that may involve a wide 
variety of different fonts, colors and illumination changes 
because text stroke width, upon which the text detection is 
based, is generally constant or varies in a limited manner. In 
contrast, methodologies that rely on font, color or illumina 
tion can be unreliable as these characteristics can vary widely 
between and within images. Component 115 can execute on 
an image capture device (e.g., cellphone, camera) or on com 
puter systems such as a server, desktop system, laptop etc. 
FIG. 1 shows image capture device 101, imaged scene 102, 
image 103, server 107, graphic interface 109, interface device 
111, geo-information system 113 and component 115. 

Referring to FIG. 1, image capture device 101 (e.g., cam 
era-phone, camera, etc.) generates an image 103 of an imaged 
scene 102 (e.g., original image) that can be subjected to text 
detection processes such as are described in detail herein. In 
one embodiment, text detection can be performed on image 
103 on image capture device 101 (shown as a camera-phone). 
Thereafter, the detected text can be identified to a user of 
image capture device 101. In another embodiment, text detec 
tion can be performed on image 103 on server 107. In this 
embodiment, image 103 can be uploaded to server 107 (such 
as from image capture device 101) and later can be requested 
by and presented to a user of geo-information system 113 for 
text detection thereon. In one embodiment image 103 can 
include but is not limited to digital representations of images 
of street sides and maps. In one embodiment, image 103 can 
include but is not limited to a natural image, an infra red 
image, a CT scan, a radar image, an X-Ray image, depth 
images, ultrasound and MRI. In one embodiment, image 103 
can be based on vector data. In one embodiment, image 103 
can be presented on a non-regular grid. 

Server 107 supports image related services for client 
coupled devices such as interface device 111 (e.g., desktop 
computer, laptop computer, cellular phone with internet 
accessing capability, etc.) in embodiments that involve the 
uploading of image 103 to server 107. In one embodiment, 
server 107 can provide storage for images 103 that can be 
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4 
accessed for text detection purposes. In one embodiment, 
geo-information system 113 resides on server 107. In one 
embodiment, a user can access geo-information system 113 
via graphic interface 109 which can be presented on interface 
device 111. 

In the FIG. 1 embodiment, geo-information system 113 
provides system users the capacity to browse images upon 
which text detection has or can be been performed. In one 
embodiment, as discussed above, system 113 can reside on 
server 107. In another embodiment, system 113 can reside on 
interface device 111. In yet another embodiment, compo 
nents of system 113 can reside on server 107 and other com 
ponents of system 113 can reside on interface device 111. In 
one embodiment, as discussed above, system 113 can be 
accessed through graphic interface 109 which can be associ 
ated with system 113. In one embodiment, thereby, a user can 
visually explore a location by browsing street sides inhabited 
by structures that can includebut are not limited to storefronts 
and local business upon which text is located (see FIG. 3A 
and accompanying discussions below). 
Component 115 directs stroke width based text detection of 

text in an image (e.g., 103) that is captured by image capture 
device 101. As discussed above, component 115 can reliably 
detect text in images that may involve a wide variety of 
different fonts, colors and illumination changes (e.g., natural 
images). This is because text stroke width, upon which the 
text detection is based, is generally constant or varies in a 
limited manner. In contrast, methodologies that rely on font, 
color or illumination can be unreliable as these characteristics 
can vary widely. In one embodiment, component 115 per 
forms operations that include but are not limited to: (1) gen 
erating an image using a stroke width transform (SWT) algo 
rithm, (2) finding letter candidates and (3) grouping letters 
into text lines. 

In one embodiment, the stroke width transform computes a 
stroke width for each pixel, based on the stroke that is likely 
to contain the pixel, which enables sets of pixels to be asso 
ciated with particular strokes based on similarity of computed 
stroke widths. In one embodiment, as used herein the term 
'stroke' is intended to refer to a contiguous part of an image 
that forms a band of nearly constant width. The strokes that 
are identified or “recovered through operation of the stroke 
width transform can include both strokes that do and do not 
constitute text. Further processing (discussed below) allows 
the identification of text that can be associated therewith. The 
stroke width transform is described herein below in detail 
with reference to FIGS. 4A-4D. 

In one embodiment, component 115 identifies letter can 
didates from the recovered strokes by: (A) identifying neigh 
boring pixels in such strokes or “components' whose SWT 
ratio (ratio of computed associated stroke widths) does not 
exceed a predetermined threshold. (B) computing the stan 
dard deviation of recovered stroke widths associated with 
strokes and excluding strokes that exhibit a standard devia 
tion that exceeds a predetermined value, (C) excluding (elimi 
nating from further consideration) components whose aspect 
ratio does not fall within a predetermined range, (D) exclud 
ing components where a bounding box of the component 
includes more than two other components, and (E) excluding 
components whose height is too large or too small. In one 
embodiment, parameters A-E (e.g., thresholds related to 
stroke width ratio, variance, etc.) can be learned automati 
cally from a Sufficiently big database of images that contains 
text and can be set manually if the application designer So 
chooses. The same holds for the parameters discussed in the 
next paragraph. 
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In one embodiment, component 115 groups identified let 
ters into text lines by determining if identified letters have: 
(A) similar stroke widths. (B) similar height widths, (C) simi 
lar letter widths and (D) similar space widths between iden 
tified words. Moreover, component 115 can identify indi 
vidual words by using a heuristic that computes a histogram 
of horizontal distances between consecutive letters and esti 
mates the distance threshold that separates intra-word letter 
distances from inter-word letter distance. 

In one embodiment, component 115 or Subcomponents 
thereof can be implemented on either image capture device 
101 (such as a camera-phone or camera), server 107 or inter 
face device 111 (e.g., either client or server sides of a net 
work). In one embodiment, an input to system 113 can 
include but is not limited to an image 103 such as of items 
located on a shelf in a store or a street side panorama that 
includes many buildings. 
Operation 

FIG. 2 shows a functional block diagram 200 that diagram 
matically describes the operation of component 115. FIG. 2 is 
described below in conjunction with FIGS. 3A-3I which 
show pictorially the results of operations performed in phases 
A-C that are a part of the herein described text detection 
methodology according to one embodiment. It should be 
appreciated that the below discussed phases and operations 
including the order in which they are presented are only 
exemplary and are used for purposes of clarity and brevity. In 
other embodiments, other phases and operations in other 
orders can be used. 
Generation of Stroke Width Transform 

In initial phase A, a stroke width transform (SWT) image 
205 is generated. As a part of the generation of SWT image 
205, natural image 201 (FIG. 3A) is provided as input to an 
edge detection algorithm which generates edge map 203 
(FIG.3B). Then, edge map 203 is provided as input to a SWT 
algorithm which generates SWT image 205 (FIG. 3C). 
The SWT algorithm is an image operator which computes 

the width of the most likely stroke that contains a pixel. 
Accordingly, associated stroke widths are computed for each 
pixel. The output of the SWT algorithm is SWT image 205 
which is of size equal to the size of the input image where each 
pixel is associated with the width of the stroke associated with 
the pixel. 

In one embodiment, as discussed above, a stroke is a con 
tiguous part of animage that forms aband of a nearly constant 
width. Through operation of the SWT algorithm, the width of 
the stroke is recovered and used to identify text as described 
herein below. 
Identifying of Letter Candidates 

In intermediate phase B, SWT image 205 (FIG. 3C) is 
provided as input into a process for finding letter candidates 
207. In one embodiment, the process for finding letter candi 
dates 207 can employ the use of a connected component 
algorithm that is modified to compare values of pixels of 
SWT image 205. In one embodiment, the modified connected 
component algorithm identifies areas of pixels SWT image 
205 that are associated with similar stroke widths. In one 
embodiment, neighboring pixels can be grouped if the ratio of 
their associated stroke widths does not exceed 3.0 (FIG. 3D). 
In other embodiments, the grouping of neighboring pixels can 
be based on other thresholds. In one embodiment, pixels may 
be considered whose stroke width is between some maximal 
and minimal stroke width values (parameters that depend on 
the size of the text that is expected to be present in a particular 
image). It should be appreciated that the threshold that is used 
is selected to ensure that strokes with Smoothly varying 
widths can be grouped together and that process for finding 
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6 
letter candidates 207 does not exclude strokes that are a part 
of letters having elaborate fonts and perspective distortions. 

Referring again to FIG. 2, after identifying “connected 
components' or the aforementioned areas of pixels that have 
similar SWT values (associated stroke widths), process for 
finding letter candidates 207 identifies the connected compo 
nents that may contain text. Process for finding letter candi 
dates 207 identifies connected components that may contain 
text by computing the standard deviation of the stroke width 
within each connected component and excluding the con 
nected components that are characterized by a standard devia 
tion that exceeds a predetermined threshold. In one embodi 
ment, the threshold can be half the average stroke width of a 
particular group. In other embodiments, other thresholds can 
be employed. 

It should be appreciated that the processes described above 
enable the exclusion of areas Such as foliage that can be 
prevalent in natural images including both city and rural 
scenes and that can cause conventional text detecting systems 
to render falsely positive results. In one embodiment, foliage 
is readily excluded by the herein described methodology even 
though foliage is well known to be difficult to distinguish 
from text. 

In addition, as discussed with reference to FIG.1, it should 
be appreciated that many natural processes generate long and 
narrow components that can be mistaken for possible letters. 
In one embodiment, for selection as a possible letter, the 
aspect ratio of a connected component is limited to a value 
between 0.1 and 10. In other embodiments other aspect ratios 
can be employed. In addition, connected components that 
Surround text, such as sign frames can be excluded by ensur 
ing that the bounding box of a connected component includes 
not more than two other components (which is characteristic 
of italicized text). 

In one embodiment, components whose size is outside of a 
predetermined range can be excluded. In one embodiment, an 
acceptable font height can be between 12 and 300 pixels. The 
utilization of such a height measure enables the detection of 
connected Scripts. Such as handwriting and Arabic fonts and 
accommodates words that contain letters that have been unin 
tentionally connected due to aliasing and imperfections intro 
duced during a preceding edge detection process (e.g., Such as 
in Phase A discussed above). In one embodiment, letter height 
can be used rather than width to cut off non-text because 
letters can glue” together due to edge imperfections or con 
nected Scripts. As a result, connected components of any 
width (up to the width of the image) can be found that contain 
text. Height, however, can be limited, since letters may not 
“glue' vertically, and vertically connected scripts can be very 
rare. In one embodiment, connected components that are not 
excluded are considered to be letter candidates that can be 
agglomerated into words and lines of text in the concluding 
phase. 
Identifying Text Lines and Words 

In the concluding phase C, letter candidates are Subjected 
to processes for identifying text lines and words therefrom. 
Referring again to FIG. 2, in one embodiment, the processes 
can include but are not limited to filtering 209, text line 
aggregation 211, word detection 213 and masking 215. In one 
embodiment, because single letters may not usually appearin 
natural images, the identification of groups of letters, which is 
a function performed by filtering process 209, provides a 
filtering mechanism (by excluding components of the SWT 
that could not correspond to groups of letters). In one embodi 
ment, text line aggregation process 211 identifies components 
of SWT image 205 (FIG. 3C) that appear in linear form to 
detect text lines because a salient characteristic of text is that 
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it appears in a linear form. Moreover, text on a line is expected 
to have similarities, including similar stroke width, letter 
width, height and spaces between the letters and words. In one 
embodiment, these characteristics of text lines can be used by 
text line aggregation process 211 to readily identify text lines. 

For example, in one embodiment a lamp post next to a car 
wheel would not be mistaken for the combination of letters 
“O'” and “I” as the height of the lamp post is much greater than 
that of the wheel and thus the ratio of their heights would 
exceed a predetermined threshold. In one embodiment, each 
pair of letter candidates is considered for the possibility of 
belonging to the same text line. Two letter candidates should 
have similar stroke width (e.g., ratio between the averages 
less than two). In one embodiment, the height ratio of the 
letters may not exceed two (due to differences between capi 
taland lower case letters). In one embodiment, the horizontal 
differences between them must not exceed three times the 
width of the wider one. In one embodiment, the overlap in the 
vertical extent must be at least 50 percent of the letter height 
of the Smaller one. In one embodiment, this allows the algo 
rithm to accept text with rotation up to roughly 30 degrees. In 
other embodiments, other thresholds can be employed. 

In one embodiment, text line aggregation process 211 can 
construct a complete graph that contains nodes corresponding 
to the connected components that Survive filtering process 
209. Initially, every node in the graph is connected to all the 
others. Using the above mentioned rules, the connections 
between nodes that definitely can not belong to the same text 
line can be severed, leaving a number of connected Sub 
graphs where each of the connected Sub-graphs is a plausible 
text line. They all have similar characteristics, which can be 
utilized for creating a binary text mask 215 that will produce 
better OCR results if such is needed. In one embodiment, after 
finding Sub-graphs, the Sub-graphs can be examined to iden 
tify the ones that constitute plausible text locations. For 
example, a single letter 'A' hovering in the empty sky is not 
plausible. The examination can be based on a comparison of 
the aspect ratio of the bounding box to Some threshold, and a 
rejection of the text line candidates that are not elongated 
enough to represent actual text. 

Referring again to FIG. 2, word detection process 213 
separates text lines into separate words, using a heuristic that 
computes a histogram of horizontal distances between con 
secutive letters and estimates the distance threshold that sepa 
rates intra-word letter distances from inter-word letter dis 
tance. Subsequently, with the detected text outlined as is 
shown in FIG. 3E (see arrow “X” pointing to outlined text). 
FIGS. 3F-3I pictorially summarizes the above discussed 
methodology relative to a natural image that includes a statue 
amidst significant foliage: FIG.3F shows the original natural 
image 201, FIG. 3G shows the SWT image 205 after SWT 
processing, FIG.3H shows the image after filtering processes 
(where most of the foliage and components of the statue other 
than text has been eliminated), and FIG. 3I which shows the 
detected text outlined (see arrow X pointing to outlined text). 
It should be appreciated that in one embodiment the word 
detection process may be optional. In one embodiment the 
text detection processes can be terminated after text lines are 
detected. 

Additional Implementation Details of the Text 
Detection Methodology According to One 

Embodiment 

In the discussion below additional details related to exem 
plary implementations of the text detection methodology dis 
closed herein are discussed. As a part of the discussion, the 
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8 
stroke width transform (SWT) and the role that it plays in 
initial letter segmentation is discussed. In addition, details of 
an exemplary voting mechanism for selecting letter candi 
dates and the geometric processes that are used for sifting out 
errors are discussed. Moreover, exemplary mechanisms for 
letter grouping, tests for the letter groups, and an algorithm 
for splitting sentences into words are discussed. 
The Stroke Width Transform 

In one embodiment, as discussed above, the first stage of 
the text detection process involves the use of an edge detec 
tion algorithm to process a natural image (e.g., 103 in FIG. 1 
and 201 in FIG. 2). It should be appreciated that the particular 
edge detection algorithm that is used does not affect results 
significantly. The output of the edge detection algorithm is 
termed an "edge map' (see FIG.3B). In one embodiment, the 
edge map is provided as input to a routine that computes a 
stroke width transform (see FIG. 3C). The SWT is an image 
of size equal to the size of the input image where each element 
is associated with the minimal distance between two approxi 
mately parallel edge segments that encase the element. 

For example, referring to FIG. 4A, which shows an input 
image I contains that contains a white rectangle 401 of size 
MXN (assume that M-N) on a black background 403, the 
matrix representing the SWT of image I will assign values M 
to the elements corresponding to the pixels of the white rect 
angle, and infinity elsewhere. In one embodiment, the text 
detection process can be performed twice, the second time on 
the inverted input image. 

FIG. 4B shows a typical stroke 420 in frames 410, 414 and 
416. It should be appreciated that pixels of strokes 420 shown 
in the FIG. 4B example are darker than the background pixels. 
Referring to FIG. 4B, pixel p is located on the edge of stroke. 
Directing a ray 424 in the direction of the gradient (a perpen 
dicular direction from a first edge of a stroke to an opposing 
second edge of a stroke) from pleads to pixel q, which is the 
corresponding pixel on the opposing side of the stroke. In one 
embodiment, each pixel along the ray is assigned based on the 
minimum of its current value and the ascertained width of the 
stroke 422. 

In order to compute a SWT (see FIG. 3C) of an input 
image, initially all the elements of the SWT matrix are ini 
tialized to infinity. Next, a ray is directed from each edge point 
p in the direction of the gradient. The ray contacts another 
edge point q with a roughly opposite gradient direction. In 
one embodiment, stroke widths up to a maximum of 70 are 
considered. In other embodiments, other maximal stroke 
widths can be used. If a matching pixel is not found the ray is 
discarded (e.g., not used in the computation, however, the 
pixels along this ray can still be assigned values by other rays, 
crossing those pixels from other directions). In one embodi 
ment, each element r of the SWT matrix corresponding to the 
pixels along the segment p-q is assigned the value of min 
(val (r), p-q), where val(r) is the previous value of the ele 
ment r. In other embodiments, other formulas for assigning 
pixel values based on stroke width can be employed. 

In Some cases, directing a single ray from an edge point can 
be inadequate. For example, FIG. 4C shows a component of 
an SWT that has an L-shaped corner. In this case, the utiliza 
tion of a single ray can result in the assignment of erroneous 
values to the pixels near the L-shaped corner 430. In one 
embodiment, to address such challenges in a computationally 
inexpensive manner, a plurality of rays from every point: a ray 
with direction d432 (the direction of the gradient at the point), 
and directions d--II/4434 and d-II/4436 can be used. In other 
embodiments, other numbers of rays can be used. 
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The Initial Segmentation Detection of Possible Letters 
(A) Pruning Out of Unreasonable Stroke Widths 
In one embodiment, strokes having stroke widths that are 

outside predetermined limits (considered to be unreasonable) 
are discarded. After the SWT of the edge map (see FIG.3B) 
has been computed an initial segmentation is performed. All 
pixels that have an SWT value that is between a minimal 
stroke width W and maximal stroke width W are marked 
white and all other pixels are marked black (see FIG. 3C). 
More specifically, in one embodiment, pixels may be consid 
ered whose stroke width is between some maximal and mini 
mal stroke width values (parameters that depend on the size of 
the text that is expected to be present in a particular image). 
This enables the identification of strokes that are too fine for 
reliable recognition or too wide to be considered valid text. 
The minimal and maximal stroke width are parameters that 
can be set a priori or learned from a learning set of images, 
taken, say at the streets of one city (for Street side text recog 
nition application). Next, a connected components analysis is 
performed on the obtained binary segmentation image (FIG. 
3D). Every detected connected component is a candidate to 
be a letter or a group of letters from the same word considered 
as possibly "glued together because of imperfections of edge 
detection. 

(B) Pruning Out of Unreasonable Letters 
In one embodiment, the herein described component for 

detecting text in a natural image based on a stroke width 
transform (e.g., 115 in FIG. 1) can apply a set of geometric 
tests to each identified connected component. The geometric 
tests can include but are not limited to test that analyze the 
height and aspect ratio of a bounding box of the connected 
component, the constancy of stroke width value in the pixels 
bounded by it and the relationship between its perimeter and 
the square root of its area. All thresholds for the geometric 
tests can be parameters that can be learned on a fully anno 
tated training set. In one embodiment, the parameters can be 
set Such that each one of them separately accepts a predeter 
mined percentage of the connected components in the marked 
bounding boxes of the words on the training set. In one 
embodiment, the parameters can be set so that each one of 
them separately accepts 95% of the connected components in 
the marked bounding boxes of the words on the training set. In 
other embodiments, the parameters can be set so that each one 
of them separately accepts other percentages of the connected 
components in the marked bounding boxes of the words on 
the training set. 
Grouping Letters Into Text Lines 

It should be appreciated that in one embodiment the iden 
tified connected components can be either letters or groups of 
connected letters. In one embodiment possible text lines are 
constructed from these connected components. In one 
embodiment, to construct possible text lines from connected 
components a graph is fashioned that contains nodes that 
represent the connected components. Initially, the graph takes 
the form of an undivided representation of the connected 
components: every node that represents a connected compo 
nent is connected to all the others. Subsequently, the connec 
tions between nodes that are strongly implicated as not 
belonging to the same text line are severed. The criteria for 
this decision can include but are not limited to: (1) distance in 
the Vertical direction (text lines are assumed to be approxi 
mately horizontal), (2) amount of intersection in the horizon 
tal direction (edges between connected components that over 
lap too much or are too far apart are eliminated), (3) the 
difference in average stroke width between connected com 
ponents (e.g., connected components in the same text line 
should have similar average stroke width value). 
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10 
In one embodiment, after the severing of connections 

between nodes that do not belong to the same text line is 
completed, the connected Sub-graphs in the graph are identi 
fied. In one embodiment, each Sub-graph in the graph can 
correspond to a separate text line, and bounding boxes for 
each Sub-graph are computed. As discussed above, in one 
embodiment, after finding Sub-graphs, the Sub-graphs can be 
examined to determine which ones can be plausible text loca 
tions. In one embodiment, the examination of Sub-graphs can 
be based on a comparison of the aspect ratio of the bounding 
box to some threshold, where the text line candidates that are 
not elongated enough to represent actual text are rejected. 
Separating Lines Into Words 

Finally, the component for detecting text in a natural image 
based on a stroke width transform (e.g., 115 in FIG. 1) sepa 
rates text lines into separate words, using a simple heuristic 
that computes a histogram of horizontal distances between 
consecutive letters and estimates the distance threshold that 
separates intra-word letter distances from inter-word letter 
distances. 

It should be appreciated that exemplary embodiments can 
be employed in the detection of business signs in terrestrial 
images and in the identification of text areas in natural images 
undergoing mosaicing to facilitate the avoidance of texture 
mosaicing in identified text areas. In addition, embodiments 
can be employed in performing image searches and in the 
identification of products in shops images. 

Component for Detecting Text Using Stroke Width 
Based Text Detection According to Embodiments 

FIG. 5 shows subcomponents of a component 115 for 
detecting text in a natural image using stroke width based text 
detection according to one embodiment. In one embodiment, 
component 115 implements an algorithm for detecting text in 
an image based on a stroke width transform. In the FIG. 2 
embodiment, component 115 includes stroke width trans 
form generator 501, connected component identifier 503 and 
text identifier 505. 

It should be appreciated that aforementioned Subcompo 
nents of component 115 can be implemented in hardware or 
software or in a combination of both. In one embodiment, 
components and operations of component 115 can be encom 
passed by components and operations of one or more com 
puter programs (e.g. program on board a server or interface 
device). In another embodiment, components and operations 
of component 115 can be separate from the aforementioned 
one or more computer programs but can operate coopera 
tively with components and operations thereof. 

Referring to FIG. 5, stroke width transform generator 501 
generates stroke width transforms of images. In one embodi 
ment, stroke width transform generator 501 generates the 
stroke width transforms based on an edge map of an image 
that is provided as input. In one embodiment, the stroke width 
transform is a representation of the image that includes ele 
ments that are associated with identified image components 
or strokes that have stroke widths that can be determined. 

Connected component identifier 503 identifies connected 
components from the generated stroke width transforms. In 
one embodiment, connected component identifier 503 filters 
out elements of the aforementioned stroke width transform by 
using predetermined metrics related to stroke width to 
exclude the elements and to identify connected components. 
These metrics are discussed herein in detail with reference to 
FIG. 1 and FIG. 2. 

Text identifier 505 identifies text in an accessed image 
based on the aforementioned connected components. In one 
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embodiment, to construct possible text lines from connected 
components identified by connected component identifier 
503 a graph is built that contains nodes that represent the 
connected components. Initially, the graph is an intact string 
of nodes: every node is connected to all the others. After that, 
the connections between nodes that are identified as not 
belong to the same text line are severed. The criteria for this 
decision can include but is not limited to: (1) distance in the 
Vertical direction (text lines are assumed to be approximately 
horizontal), (2) amount of intersection in the horizontal direc 
tion (edges between connected components that overlap too 
much or are too far apart are cut), (3) the difference in average 
stroke width between connected components (e.g., connected 
components in the same text line should have similar average 
stroke width value). 

In one embodiment, after the severing of connections 
between nodes that do not belong to the same text line has 
been completed, text identifier 505 marks the connected sub 
graphs in the graph. In one embodiment, each Sub-graph in 
the graph corresponds to a separate text line, and the bound 
ing boxes for each Sub-graph are computed. Moreover, as 
described in detail herein text identifier 505 can separate text 
lines into separate words, using a simple heuristic that com 
putes a histogram of horizontal distances between consecu 
tive letters and estimates the distance threshold that separates 
intra-word letter distances from inter-word letter distances. 

Exemplary Operations of Method for Detecting Text 
Using Stroke Width Based Text Detection According 

to Embodiments 

FIG. 6 shows a flowchart 600 of the steps performed in a 
method for detecting text using stroke width based text detec 
tion according to one embodiment. The flowchart includes 
processes that, in one embodiment can be carried out by 
processors and electrical components under the control of 
computer-readable and computer-executable instructions. 
Although specific steps are disclosed in the flowcharts. Such 
steps are exemplary. That is the present invention is well 
Suited to performing various other steps or variations of the 
steps recited in the flowcharts. Within various embodiments, 
it should be appreciated that the steps of the flowcharts can be 
performed by software, by hardware or by a combination of 
both. 

Referring to FIG. 6, at 601 an image (e.g., a natural image, 
etc.) is accessed. In one embodiment the image can be 
accessed from camera-phone data storage or from a server 
Such as in conjunction with the operation of a geo-informa 
tion system. 

At 603, an edge map is generated from the image accessed 
at 601. In one embodiment, the edge map is generated using 
an edge detection algorithm. 

At 605, a stroke width transform is generated from the edge 
map. In one embodiment, stroke width transform generator 
501 generates the stroke width transforms based on an edge 
map of animage that is provided as input. In one embodiment, 
the stroke width transform is a representation of the image 
that includes elements that are associated with strokes with 
stroke widths that can be recovered. 
At 607, connected components are identified. In one 

embodiment, connected component identifier 503 filters out 
elements of the aforementioned stroke width by using prede 
termined metrics related to stroke width to exclude the ele 
ments and to identify connected components. These metrics 
are discussed herein in detail with reference to FIG. 1 and 
FIG 2. 
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12 
At 609, text is identified from connected components. In 

one embodiment, possible text lines from connected compo 
nents can be identified using a graph that contains nodes that 
represent the connected components. In one embodiment, 
text lines can be separated into separate words, using a simple 
heuristic that computes a histogram of horizontal distances 
between consecutive letters and estimates the distance thresh 
old that separates intra-word letter distances from inter-word 
letter distances. 

It should be appreciated that exemplary embodiments 
present a fast and reliable text detector, that is tolerant to a 
wide range of different fonts, colors, and illumination 
changes that exist In images such as natural images. More 
over, exemplary embodiments, take advantage of fact that 
fonts tend to have a constant or a limited varying stroke width, 
which facilitates the distinguishing of text from other objects 
in the image. Such as Vegetation. 

Exemplary Hardware Operating Environment of 
Component for Detecting Text Using Stroke Width 

Based Text Detection According to One 
Embodiment 

FIG. 7 shows an exemplary computing device 700 accord 
ing to one embodiment. Referring to FIG. 7, computing 
device 700 can be included as a part of a server (e.g., server 
107 in FIG.1) and/or an interface device (interface device 111 
in FIG. 1) in accordance with one embodiment. Computing 
device 700 typically includes at least some form of computer 
readable media. Computer readable media can be any avail 
able media that can be accessed by computing device 700 and 
can include but is not limited to computer storage media. 

In its most basic configuration, computing device 700 typi 
cally includes processing unit 701 and system memory 703. 
Depending on the exact configuration and type of computing 
device 700 that is used, system memory 703 can include 
volatile (such as RAM) and non-volatile (such as ROM, flash 
memory, etc.) elements or some combination of the two. In 
one embodiment, as shown in FIG. 7, a text detection com 
ponent 115 (see description of component 115 for detecting 
text based on stroke width made with reference to FIG. 1) can 
reside in system memory 703. 

Additionally, computing device 700, especially the version 
that can be a part of server 107 in FIG. 1, can include mass 
storage systems (removable 705 and/or non-removable 707) 
Such as magnetic or optical disks or tape. Similarly, comput 
ing device 700 can include input devices 711 and/or output 
devices 709 (e.g., Such as a display). Additionally, computing 
device 700 can include network connections 713 to other 
devices, computers, networks, servers, etc. using either wired 
or wireless media. As all of these devices are well known in 
the art, they need not be discussed in detail. 

With reference to exemplary embodiments thereof, detect 
ing text using stroke width based text detection is disclosed. 
As a part of the text detection, a representation of an image is 
generated that includes pixels that are associated with the 
stroke widths of components of the image. Connected com 
ponents of the image are identified by filtering out portions of 
the pixels using metrics related to stroke width. Text is 
detected in the image based on the identified connected com 
ponents. 
The foregoing descriptions of specific embodiments have 

been presented for purposes of illustration and description. 
They are not intended to be exhaustive or to limit the subject 
matter to the precise forms disclosed, and obviously many 
modifications and variations are possible in light of the above 
teaching. The embodiments were chosen and described in 
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order to best explain the principles of the disclosed subject 
matter and its practical application, to thereby enable others 
skilled in the art to best utilize the disclosed subject matter 
and various embodiments with various modifications as are 
suited to the particular use contemplated. It is intended that 
the scope of the disclosed subject matter be defined by the 
Claims appended hereto and their equivalents. 
What is claimed is: 
1. A method for detecting text using stroke width based text 

detection, comprising: 
generating a representation of an image taken from an 
imaged scene that includes pixels that are associated 
with stroke widths of components of said image: 

identifying connected components of said image by filter 
ing out portions of said pixels using metrics related to 
stroke width to exclude said portions of said pixels; and 

detecting text in said image by building a graph that con 
tains nodes that represent identified connected compo 
nents, 

wherein, initially, said graph is an intact string of nodes in 
which each node is connected to all other nodes, and 

wherein connections between nodes that are identified as 
not belonging to a same text line are severed, based on: 
distance in a vertical direction; 
an amount of intersection in a horizontal direction; and 
a difference in average stroke width between connected 

components. 
2. The method of claim 1, wherein said image is selected 

from the group that includes natural image, infrared image, 
CT scan and radar. 

3. The method of claim 2, wherein said image is based on 
vector data. 

4. The method of claim 2, wherein said image is presented 
on a non-regular grid. 

5. The method of claim 1, wherein said filtering comprises 
eliminating components that cannot be recognized or are not 
considered associated with valid text. 

6. The method of claim 1, wherein said filtering comprises 
determining whether adjacent pixels are associated with the 
same stroke width. 

7. The method of claim 1, wherein said filtering comprises 
eliminating components with an associated stroke width 
whose standard deviation exceeds a predetermined threshold. 

8. A method of associating pixels with the width of image 
components for detecting text in images, comprising: 

determining image components of an image taken from an 
imaged scene that are characterized by opposing ele 
ments; 

projecting lines between said opposing elements on both 
sides of a stroke; 

associating pixels along said lines with widths of particular 
image components: 

identifying connected components of said image by filter 
ing out portions of said pixels using metrics related to the 
widths of said particular image components to exclude 
said portions of said pixels; and 

detecting text in said image based on identified connected 
components by building a multi-nodal graph that is, 
initially, a string of nodes in which each node is con 
nected to all other nodes and in which connections 
between nodes that are identified as not belonging to a 
same line of text are severed. 

9. The method of claim 8, wherein said opposing elements 
on both sides of a stroke are represented by edges in said 
image. 
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10. The method of claim 8, wherein said image is selected 

from the group consisting of natural image, infrared image, 
CT scan, radar, depth image, MRI, X-Ray and UltraSound. 

11. The method of claim8, wherein said image is based on 
vector data. 

12. The method of claim8, wherein said image is presented 
on a non-regular grid. 

13. The method of claim8, wherein said filtering comprises 
eliminating components that cannot be recognized or that are 
not considered to be associated with valid text. 

14. The method of claim8, wherein said filtering comprises 
determining whether adjacent pixels are associated with the 
same stroke width. 

15. The method of claim8, wherein said filtering comprises 
eliminating components with an associated stroke width 
whose standard deviation exceeds a predetermined threshold. 

16. The method of claim 8, wherein the connections 
between nodes that are identified as not belonging to a same 
line of text are severed based on a distance in a vertical 
direction. 

17. The method of claim 16, wherein the connections 
between nodes that are identified as not belonging to a same 
line of text are severed based on an amount of intersection in 
a horizontal direction. 

18. The method of claim 17, wherein the connections 
between nodes that are identified as not belonging to a same 
line of text are severed based on a difference in average stroke 
width between connected components. 

19. A computer usable storage device encoded with pro 
cessing instructions that, when executed, cause the execution 
of a method comprising: 

generating a representation of an image taken from an 
imaged scene that includes elements that are associated 
with the stroke widths of components of said image: 

identifying connected components of said image by filter 
ing out portions of said elements using metrics related to 
stroke width to exclude said portions of said elements: 
and 

detecting text in said image based on said identifying said 
connected components by building a graph that contains 
nodes that represent identified connected components, 

wherein, initially, said graph is an intact string of nodes in 
which each node is connected to all other nodes, and 

wherein connections between nodes that are identified as 
not belonging to a same text line are severed, based on: 
distance in a vertical direction; 
an amount of intersection in a horizontal direction; and 
a difference in average stroke width between connected 

components. 
20. The device of claim 19, wherein said image is selected 

from the group that includes a natural image, an infra red 
image, a CT scan, a depth image, an UltraSound, MRI, and 
radar. 

21. The device of claim 19, wherein said image is based on 
vector data. 

22. The device of claim 19, wherein said image is presented 
on a non-regular grid. 

23. The device of claim 19, wherein said filtering com 
prises determining whether adjacent elements are associated 
with the same stroke width. 

24. The device of claim 19, wherein the stroke width is a 
distance between a pixel at a first edge of a stroke and a second 
pixel at an opposing edge of the stroke, the pixels being 
mutually located so that a ray in a direction of a gradient from 
one pixel leads to the other pixel. 
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