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(57) Abstract: The present invention relates to the
technical field of traffic flow prediction, and particu-
larly to a time and space related data mining-based
traftic flow prediction method. The method mainly
comprises establishment of a prediction model, time
and space related data mining, time and space related
data-based traftic flow prediction and the like. The
prediction model may adopt a multi-factor linear re-
gression model. The time and space related data min-
ing is automatically selecting data, related to a predic-
tion target, of a time and space related sensor based
on the multi-factor linear regression model by a
sparse representation optimization method. The time
and space related data-based tratfic flow prediction is
prediction using the data of the time and space related
sensor as the input of the prediction model. In the
present invention, the time and space related sensor
related to a sensor of a prediction target node is auto-
matically determined from the whole traftic network,
and the data of the time and space related sensor is
used as the input of the prediction model, and the pre-
diction performance of the prediction model is en-
hanced by the full automatic time and space related
data mining.
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