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TeLe] 2Fo FEE F k. dE o], AAdENA AHEE FH B FAP8AE, dE 5o, ==
AA, ZEEH, AlU(arithmetic logic unit), YAY 4% X2 M A (digital signal processor), ®lo]ZZH
FE, FPGA(field programmable gate array), PLU(programmable logic unit), Flo]AZIZAAM, L= WHH
(instruction)& APt FHFE ¢ A& thE ouwg FX o} o], st o] WHE HAFH T S+ 54
AFEE ol &3t 8= & Advk. A7 A= G AAS) 2 A7) D AA GelA FAEE sk ol
o] AxEo] &g AoldE FAT ATk, EIH, AP FAE nZESo]Y Hddo| Bl dHolE
A, A, 27, A7 2 AT Atk olFe] HE fEt, A FAE= st AHEEHE Zifli
AgE Aee JARE, e 2=, AE XJ’VP g4 e AHE 84
F g k. A& Eof, AY AA
"F =5 Tk, ¥y Z2AA

1&1 o>_l

(]
(processing element) /%= %
_‘:_ _t_é_/\ 7H‘04 ﬁi/\ﬂi

0T
(parallel processor)9} Z+

)

AT EQ Y= AFEH ZT 21 (computer program), FE=(code), W#H (instruction), X ol F 3 o]
23 23 o, dske dE sAstEE Ay FAE AU SHAoR e Ao
(collectively) A& ZA& WHEE + U} /\:‘IE"]‘H /% oy, A Fxle oste] A=A
Azl Axlo] M m dolHE AEs ] 95k, oWl §39] 7|4, AR % (component), E8]& A, 7}
FA| (virtual equipment), HAFH AG wix] e FXlo] FA S (embody)E + ATF. A2ZEojs HELHA
2 A% AFEH A=y Aol BatE oA, BabE o R AFEHAY AdgE Sty AXES e 9 fo]
HE sl oo HAFH = b 715 uiAel] AdE

=

iy
E

AAlde] wE B kst AFEH Fis Fek FdE ¢ e TEaH HE FJHE Fdyo] IS 3
5 7k viAe 7152 5 o, Y] HFE @5 b wAE Z2a9 BE, dely #d, by & F
& W=EoR TE Xyete] 23T & Adrk. V] wiAel VEHE T2 HHe AANdE st 5Eb
AAFEL FAAE AEIAY AFEH -/C'ng?ﬂoi FAAPA A FAH o] ALE TheE A = . AFH @
= % 29 t23 9 27] "ozt 2 7] v A (magnetic media),

CD-ROM, DVD®} 2 37|15 vwiAl(optical media), ZFEIZ T X=A(floptical disk)$F 2 A7|-3F wiA
(magneto-optical media), ¥ F(ROM), RAD, Z|WA #WEY 53 22 =239 HHS A4t Tt
2 Eds TAE stedo] AX7F 23R, ZEa9 wEo doe Amdeld o mEolxAE &2
ZIAle] mEERE ofyE QIHEZYH FE& AREEA FASFHEHC oA AdE F de aF Aol I=E

olgat el AAelEe]l % WY A} wHe] o8 APsYort, Y skl
Ak 4719 AARRE FE £4 R WPel Abssith. AE Hol, A1

%_]_ [e) R 7% [eRnuY [e]
SE AR FRAAY, B/EE AE AL, T2, 4, 92 Sl PAesEel HgR Bk ve o
B 4% Bt 2REAY, B Phes EE #5E ool gAHAY Aadde 448 297 94
4 5 e,
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Algorithm 1 Model training with labelad target domain

Input: labeled target domain: *+

, trainable modules: (F , P), non-

trainable module: (C, D) total iterations N, 8 5 ' parameters of each

module.

Ttforn=11to Ndo

2 Ti < PF (x))

a3 L. = with target labels

4 L iass < L togs {Lees 11 via ranking loss

5 optimize three modules F |, and P in tumn:

OF —8F —nVe, (L)
GF: <—9|11 -HVs) { Lioss)
6: end for
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Algarithm 2 Modsl training with unlabeled target domain

Input! labeled source domain: Xs , unlabeled target domain: Xi , trainable
modules: (F, P, D), non-trainable module: C, total iterations N.

B{F

14
15:
16:

17

.. o)+ barameters of each module, ¥ © intervals for pseudo labeling.

Obtain models trained by Stage 1

forn=11c Ndo
if n% 7 == 10 then
get pseudo labels using Eq. (2)
end if

d; < DIF (. xs))
| = F(F {xt ))
lg7¢ L. with target pseudo labels

* Lim < Lent* &L class_ai via Eq. (6)
: Lgg— — logld;) — loa(t — d;) via Eq. (3)

Lagv < —L s Via Eq. (4)
Lo < LIosslG.T 1, ) + A Lagv via Eq. (5)

optimize three modules F , P, and D in turn:
OF <OF — NVer (Lim + L aa)

Op <O p — N7, (Lon)

Bp <O p— N, (Lais)

end far
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ili)

Algerithm 3 Query selaction

Input: unlabeled target domain: ¥y, , non—trainable modules: (F , P),
annotation budget: B
Output: set of queries Q(X)

1: L=1[1]// initialize a predicted loss set
2:Q=1[1]//intialize an active sample set
3:fori=1toN, do

T = P{F(xL )

4

SLeLUT

6. end for
Tifori=1toBdo
8 Q+ QU argminx! (L)
gL\

10 end for
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