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INTERESTINGNESS RECOMMENDATIONS 
IN A COMPUTING ADVICE FACILITY 

improved topical advice search capabilities adapted for use 
with natural language , and that provides for continuous 
content refinement . 

CROSS - REFERENCE TO RELATED 
APPLICATIONS SUMMARY 

[ 0007 ] The present disclosure provides a recommendation 
to a user through a computer - based advice facility , compris 
ing collecting topical information , wherein the collected 
topical information includes an aspect related to the extent 
to which a topic is interesting , or interestingness aspect ; 
filtering the collected topical information based on the 
interestingness aspect ; determining an interestingness rating 
from the collected topical information , wherein the deter 
mining is through the computer - based advice facility ; and 
providing a user with the recommendation related to the 
topical information based on the interestingness rating . 
[ 0008 ] These and other systems , methods , objects , fea 
tures , and advantages of the present invention will be 
apparent to those skilled in the art from the following 
detailed description of the preferred embodiment and the 
drawings . All documents mentioned herein are hereby incor 
porated in their entirety by reference . 

[ 0001 ] This application is a continuation of U.S. patent 
application Ser . No. 15 / 228,128 , filed on Aug. 4 , 2016 , 
which is a continuation of U.S. patent application Ser . No. 
14 / 609,267 filed on Jan. 29 , 2015 , which is a continuation of 
U.S. patent application Ser . No. 14 / 195,479 filed on Mar. 3 , 
2014 , which is a continuation of U.S. patent application Ser . 
No. 13 / 155,917 filed on Jun . 8 , 2011 , which is a continua 
tion - in - part of U.S. patent application Ser . No. 12 / 813,715 
filed on Jun . 11 , 2010 and U.S. patent application Ser . No. 
12 / 813,738 filed on Jun . 11 , 2010 , all of which are hereby 
incorporated by reference in their entirety . 
[ 0002 ] U.S. patent application Ser . No. 13 / 155,917 claims 
priority to U.S. Provisional Application Ser . No. 61 / 477,276 
filed on Apr. 20 , 2011 , U.S. Provisional Application Ser . No. 
61 / 438,684 filed on Feb. 2 , 2011 , and U.S. Provisional 
Application Serial No. 61 / 430,318 filed on Jan. 6 , 2011 , all 
of which are hereby incorporated by reference in their 
entirety . 
[ 0003 ] U.S. patent applications Ser . Nos . 12 / 813,738 and 
12 / 813,715 are continuation - in - parts of Ser . No. 12 / 483,768 
filed Jun . 12 , 2009 and claim priority to U.S. Provisional 
Application Ser . No. 61 / 233,326 filed Aug. 12 , 2009 , and 
U.S. Provisional Application Ser . No. 61 / 300,511 filed Feb. 
2 , 2010 , all of which are hereby incorporated by reference in 
their entirety . 
[ 0004 ] U.S. patent application Ser . No. 12 / 483,768 is a 
continuation - in - part of Ser . No. 12 / 262,862 filed Oct. 31 , 
2008 , which application claims priority to U.S. Provisional 
Application Ser . No. 61 / 097,394 filed Sep. 16 , 2008 , U.S. 
Provisional Application Ser . No. 60 / 984,948 filed Nov. 2 , 
2007 , and U.S. Provisional Application Ser . No. 61 / 060,226 
filed Jun . 10 , 2008 , all of which are hereby incorporated by 
reference in their entirety . 

BRIEF DESCRIPTION OF THE FIGURES 

[ 0009 ] The invention and the following detailed descrip 
tion of certain embodiments thereof may be understood by 
reference to the following figures : 
[ 0010 ] FIG . 1 depicts a list of topics in the system from 
which users may get decisions . 
[ 0011 ] FIG . 2 depicts an example question that the system 
may ask a user . 
[ 0012 ] FIG . 3 depicts an example picture question that the 
system may ask a user . 
[ 0013 ] FIG . 4 depicts an example of the type of informa 
tion the system may show the user when making a particular 
decision . 
[ 0014 ] FIG . 5 depicts an example of top lists for cameras . 
[ 0015 ] FIG . 6 depicts a second example of a top list for 
cameras . 

BACKGROUND 

Field 

[ 0005 ] The present invention is related to collective 
knowledge systems , and more specifically to providing 
natural language computer - based topical advice based on 
machine learning through user interaction . 

Description of the Related Art 
[ 0006 ] Online searching for topical advice represents a 
significant use of computer resources such as provided 
through the Internet . Computer users may currently employ 
a variety of search tools to search for advice on specific 
topics , but to do so may require expertise in the use of search 
engines , and may produce voluminous search results that 
take time to sift through , interpret , and compare . People may 
be accustomed to asking other people for advice in spoken 
natural language , and therefore it may be useful to have a 
computer - based advice tool that mimics more closely how 
people interact with each other . In addition , advice on topics 
may change in time , and any static database of advice may 
fall quickly out of date . Therefore , a need exists for 

[ 0016 ] FIG . 7 depicts an embodiment of a user home page . 
[ 0017 ] FIGS . 8 and 8A depict an embodiment of a user's 
remembered answers . 
[ 0018 ] FIG . 9 depicts choices that a user may contribute 
expertise . 
[ 0019 ] FIG . 10 depicts an example of a user question . 
[ 0020 ] FIGS . 11 and 11A depict an embodiment of an 
answer format . 
[ 0021 ] FIG . 12 depicts an example list of all decisions in 
a topic . 
[ 0022 ] FIG . 13 depicts an embodiment process flow for 
the present invention . 
[ 0023 ] FIG . 14 depicts an embodiment process flow for 
the present invention . 
[ 0024 ] FIG . 15 depicts an embodiment of a block diagram 
for the present invention . 
[ 0025 ] FIG . 16 depicts an embodiment contributor / expert 
interface home page . 
[ 0026 ] FIG . 17 depicts an embodiment objective question 
to a user looking for help in a decision . 
[ 0027 ] FIG . 18 depicts an embodiment of a decision result 
showing a particular recommended decision . 
[ 0028 ] FIG . 19 depicts an embodiment interface for users 
to set associations between attributes and decision results . 
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[ 0054 ] All documents referenced herein are hereby incor 
porated by reference . 

DETAILED DESCRIPTION 

[ 0029 ] FIG . 20 depicts an embodiment illustrating how a 
user may edit a decision result . 
[ 0030 ] FIG . 21 depicts an embodiment showing prior 
revisions to content and changes between two prior revi 
sions . 
[ 0031 ] FIG . 22 depicts an embodiment showing a question 
being edited by a user . 
[ 0032 ] FIG . 23 depicts an embodiment showing the revi 
sion history for attributes . 
[ 0033 ] FIG . 24 depicts an embodiment of a workshop 
interface where newly added areas of advice may be dis 
played . 
[ 0034 ] FIG . 25 depicts an embodiment where the system 
is asking the user a subjective question in order to learn the 
preferences of the user . 
[ 0035 ] FIG . 26 depicts an embodiment showing an activ 
ity feed of recent activity by contributors . 
[ 0036 ] FIG . 27 depicts an embodiment showing results 
based on multiple dimensions . 
[ 0037 ] FIG . 28 depicts an embodiment showing multiple 
question and answer results in response to a user's unstruc 
tured input . 
[ 0038 ] FIG . 29 depicts an embodiment showing an 
example question to the user , asking for their preference . 
[ 0039 ] FIG . 30 depicts a similarity profile of the news 
personality Glenn Beck as determined in embodiments of 
the present invention . 
[ 0040 ] FIG . 31 depicts a similarity profile of the person 
ality Martha Steward as determined in embodiments of the 
present invention . 
[ 0041 ] FIG . 32 depicts an embodiment for using a third 
party API to help learn about a user . 
[ 0042 ] FIG . 33 depicts an embodiment for using a third 
party API to help learn about a user and to target responses 
returned to the user from a user query . 
[ 0043 ] FIG . 34 depicts an embodiment for determining an 
unknown user's preferences through the use of Internet 
social interactive graphical representations . 
[ 0044 ] FIG . 35 depicts an embodiment for the improve 
ment of user taste and preference profiling . 
[ 0045 ] FIG . 36 depicts an embodiment of a web - based 
advice facility interfacing with a graph construct . 
[ 0046 ] FIG . 37 depicts an embodiment of an interesting 
ness recommendation process block diagram . 
[ 0047 ] FIG . 38 depicts an embodiment of a local discov 
ery application visual representation of recommendations to 

[ 0055 ] The present invention may ask the user 1314 
questions 1320 and based on the user's answers the system 
may offer a decision , such as a recommendation , a diagnosis , 
a conclusion , advice , and the like . Internally , the system may 
use machine learning to optimize which questions 1320 to 
ask and what decision 1310 to make at the end of the 
process . The system may learn through users giving feed 
back on the ultimate decision , whether the decision 1310 
was helpful or not . Helpful solutions may get reinforced and 
associated with the questions 1320 and answers 1322 that 
were asked along the way . When a user 1314 says that a 
decision 1310 was helpful the system may remember which 
questions 1320 it asked , what the answer 1322 to each 
question 1320 was , and may associate these questions 1320 
and answers 1322 with the ultimate decision . These asso 
ciations may be the basis of the machine learning that learns 
over time which question 1320 to ask the next time a user 
1314 comes to the system . 
[ 0056 ] For example a user 1314 may try to get advice 
picking a bar to visit . The system may ask the question 
“ How old are you ? ” and get the answer “ in my 30s ” . 
Ultimately , the system may show the user 1314 the decision 
“ Kelley's Irish Bar ” . Assume the user 1314 says this deci 
sion was helpful . The system will increase the association 
between the question " How old are you ? ” , the answer in 
my 30s ” and the decision “ Kelley's Irish Bar ” . The next time 
a user 1314 comes to the site looking for advice on a bar , the 
system will be more likely to ask the user 1314 the “ How old 
are you ? ” question 1320 since in the past this question 1320 
was useful in helping the user . If the user 1314 answers the 
question 1320 in the same way as the prior user 1314 ( saying 
“ in my 30s ” ) then the system will increase its belief that the 
ultimate decision is “ Kelley's Irish Pub ” . 
[ 0057 ] The system may build a profile of each user's 
tastes , aesthetic preferences , etc. and learn via feedback 
which decisions 1310 are liked by which types of people . 
Alternatively , an expert user may specify which kinds of 
decisions 1310 are liked by which kinds of people . Learning 
user's taste profiles may happen through a separate process 
from the dialog of questions 1320 and answers 1322 asked 
by the system in a specific topic . For example , a user 1314 
may separately tell the system about their taste choices 
through a different question and answer dialog designed 
specifically to understand the user's aesthetic preferences . 
[ 0058 ] A user 1314 may not want to spend the time to 
teach the system about all of their taste preferences , and so 
instead the system may learn , or an expert may specify , 
which of all the taste questions 1320 are the most important 
taste questions to ask in the context of the user 1314 making 
one specific decision 1310. Out of the universe of all 
questions the system may know about finding out about taste 
profiles , for instance the system may have learned there are 
three specific questions 1310 that are best for when the user 
1314 is trying to find a sedan under $ 25,000 . Alternately , 
there may be a completely different set of three taste 
questions to ask a user 1314 who is interested in a SUV over 
$ 45,000 . 
[ 0059 ] A user 1314 may also only tell the system about 
their taste preferences and not about any objective questions . 
In this case the system may provide a ranking of all the 

a user . 

[ 0048 ] FIG . 39 depicts an embodiment of a local discov 
ery application visual representation of linked detail for a 
recommendation to a user . 
[ 0049 ] FIG . 40 depicts an embodiment of a local discov 
ery application visual representation of recommendations to 
a user . 

[ 0050 ] FIG . 41 depicts an embodiment of a review of a 
restaurant . 
[ 0051 ] FIG . 42 depicts an embodiment of an interesting 
ness recommendation process flow diagram . 
[ 0052 ] FIG . 43 depicts an embodiment of a geographically 
localized recommendation process flow diagram . 
[ 0053 ] While the invention has been described in connec 
tion with certain preferred embodiments , other embodiments 
would be understood by one of ordinary skill in the art and 
are encompassed herein . 
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decisions 1310 in an area of advice based purely on taste . So 
instead of the user 1314 saying they want a $ 200 point - and 
shoot camera , effectively what the user 1314 would be doing 
is saying they want a camera that other urban 35 year old 
men who prefer computers to sports want . Users 1314 may 
indicate this preference by using search interface and 
choosing an area of advice that is explicitly labeled “ cam 
eras for urban men in their 30s " instead of the " which 
camera should I buy ” area of advice . Alternatively , users 
1314 may indicate their interest in making a decision 1310 
about cameras and then opt to not answer any of the 
questions in the Q & A dialog from the system and thus the 
system will only have subjective information about the user 
1314 to use in recommending cameras to the user 1314 . 
Alternatively , users 1314 may answer questions 1320 in the 
dialog that are both objective and subjective and the system 
may then recommend a camera based on the combined 
objective data about the camera and subjective data about 
the camera . 
[ 0060 ] Users may also enter new questions , answers , and 
ultimate decisions . The system may then try out the new 
questions 1320 with future users to see if the questions 1320 
turn out to be useful in helping those users . For example , a 
user 1314 of the bar recommendation service may contribute 
the question “ Do you want a loud place or a quiet intimate 
setting ? ” . The system may decide to ask this question 1320 
in a future use of the bar recommendation service and 
through the process outlined above observe correlation 
between the answers of this question 1320 and recommen 
dations that users find useful . On the other hand , a user 1314 
may contribute a question 1320 that has no value in helping 
users . For example , a user 1314 could contribute the ques 
tion “ Do you have a Canon camera ? ” . The system may try 
this question 1320 out on future users and fail to notice any 
correlation between the answers to this question 1320 and 
bar recommendations that users find helpful . In this case , the 
question 1320 may get asked less since it's not predictive of 
whether one recommendation or another recommendation is 
helpful . 
[ 0061 ] The system may keep asking questions 1320 until 
it feels it has a high confidence in a few possible decisions . 
The system may also stop sooner if it feels like it has already 
asked too many questions 1320 and risks annoying the user . 
The system may also ask at least a minimum number of 
questions 1320 to avoid the user 1314 feeling that the system 
couldn't possibly have asked enough to make an intelligent 
decision . 
[ 0062 ] The system may have a mechanism to tolerate 
incorrect answers from the user . Incorrect answers may 
result from the user 1314 not understanding the question , not 
understanding the answer 1322 or not knowing the answer 
1322 to the question . If the bulk of the answers given by the 
user 1314 support a particular decision , the system may 
make that decision 1310 even though not all the user's 
answers support that decision . 
[ 0063 ] In embodiments , the present invention may provide 
for at least one of questions 1320 and answers 1322 between 
the system and the user , decisions to users , and machine 
learning utilized to improve decisions . The system may 
provide for an improved way to generate questions 1320 and 
answers 1322 , an improved way to provide decisions to 
users , an improved way to utilize machine learning to 
improve questions 1320 and decisions provided by a system , 
and the like , where any of these capabilities may be sepa 

rately , or in combination , used as a standalone system or 
incorporated into a third party system as an improved 
capability . In embodiments , each of these improved capa 
bilities may utilize some form of machine learning as 
described herein . For example , the system may provide for 
an improved way to execute a question 1320 and answer 
1322 session with a user 1314 by learning under what 
circumstances the user 1314 is looking for certain informa 
tion . For instance , it may be learned by the system that the 
weather is a condition under which users have a differenti 
ated preference depending on the time of day and the 
weather conditions . When it's raining during the day , and a 
user 1314 searches for movies , the user 1314 may be more 
likely to be looking for movie tickets and locations where 
the movie is playing . When it's raining during the night , and 
the user 1314 searches for movies , the user 1314 may be 
more likely to be looking for a description of the movie . In 
another example , the system may provide for an improved 
way to provide decisions to users , such as learning that users 
prefer certain formats during the daytime versus during the 
evening , providing choices verses a single decision 1310 
based on age , prefer a greater number of questions 1320 
prior to presentation of the decision 1310 based on the user's 
geographic location , and the like . In another example , the 
system may provide for an improved way to learn what 
decision 1310 to choose for a user , such as utilizing greater 
expert information based on age and education , utilizing 
popular opinion more when the topic is fashion and the user 
1314 is young versus utilizing traditional practice more 
when the user 1314 is older , asking more questions 1320 
about the user's choices in friends when the topic is per 
sonal , and the like . 
[ 0064 ] In embodiments , the present invention may provide 
for combinations of question 1320 and answer , providing 
decisions , and learning what decisions to provide , where one 
of the elements may not be provided by the system , such as 
when that element is provided by a third party system . For 
example , a third party search engine web application may 
what to improve their capabilities for providing sorted lists 
from a user's search query , and so may want to utilize the 
present invention's facility for generating questions 1320 
and answers 1322 to augment their keyword search and sort 
algorithms . In this instance , the third party search engine 
provider may not be interested in the present invention's 
facility for generating decisions , because their service is in 
the business of providing sorted lists , not a limited set of 
decisions . However , the present invention may provide an 
important new capability to the search engine provider , in 
that the present invention's ability to constantly improve the 
questions 1320 and answers 1322 to users may enable the 
search engine provider to improve their sorting result to 
users based on the present invention's capabilities . 
[ 0065 ] In embodiments , the subject of the initial area of 
advice may be specified through a search interface . For 
example , a user 1314 searching for “ romantic honeymoons 
in Italy ” may get taken to a web page that helps the user 
1314 decide where to honeymoon in Italy instead of first 
asking the user questions about where they want to vacation , 
what type of vacation they were looking for etc. Or 
1314 could search for a specific location in Italy and be 
directed to a web page on that 1 ) helps the user 1314 decide 
if that specific location is a good one for their needs ( for 
example , showing things like “ this vacation is good for 
honeymooners and romantic getaways and bad for family 

user 
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vacations ” ) and 2 ) offers to start a dialog to help the user 
1314 find alternative and potentially better locations in Italy 
to vacation . Or a user 1314 could be searching for specific 
products and then enter into a dialog to narrow down which 
of those products are best for them . In both cases # 1 and # 2 
the information shown may be based how other users have 
answered questions in decision making dialogs and then 
given positive feedback to this decision . So if many people 
using the “ where should I go on vacation ” topic answered a 
question “ do you want a romantic vacation ” with “ yes ” and 
then gave positive feedback to “ Italy ” the system would 
display that Italy is a romantic destination to users 1314 
coming in via search engines . Alternatively , the users 1314 
who added the decision “ Italy ” or the question “ do you want 
a romantic vacation ” into the system could have explicitly 
indicated that the answer “ yes ” to the question “ do you want 
a romantic vacation ” should be associated with Italy and 
thus show that Italy is a romantic vacation to users 1314 
coming in via search engines . 
[ 0066 ] In embodiments , the present invention may provide 
other combinations of some subset of asking questions , 
making decisions , and learning to make better decisions , 
such as using the present invention's facilities for making 
better decisions , but only using input from experts ; not 
providing a question 1320 and answer 1322 session for a 
particular user , but rather utilize previous user 1314 inter 
actions with the system to provide decisions ; asking ques 
tions 1320 and answers 1322 to a user 1314 to allow the 
system to learn in association with future decisions , but 
providing rewards to the user 1314 rather than decisions ; 
asking question 1320 and answers and making a decision 
1310 without any learning , such as simply filtering down 
results ; utilizing the present invention's ability to learn how 
to make a better decision , but providing that capability to an 
expert system rather than to users through a question 1320 
and answer 1322 interface ; and the like . In embodiments , the 
system may provide for all the elements of a question 1320 
and answer 1322 user 1314 session , providing decisions to 
the user , and learning how to improve decisions . 
[ 0067 ] In embodiments , a user 1314 entering a question 
1320 may optionally specify dependencies and importances 
for the question . Dependencies may control when the ques 
tion can be asked . Importances may specify relative impor 
tances between different questions 1320 for weighing a 
user's 1314 answers . If the system has to make trade - offs 
because no one decision 1310 result matches all of the 
answers 1322 specified by a user 1314 , the system may try 
to recommend decision results that match high importance 
questions over lower importance questions . The system may 
also prioritize asking high importance questions over low 
importance questions . For example , a user 1314 entering a 
new question like “ Where in the United States do you want 
to vacation " set a dependency that requires an existing 
question such as “ Where in the world do you want to go ” to 
have been answered with “ The United States ” before the 
new question “ Where in the United States do you want to 
vacation " can be asked . 
[ 0068 ] In embodiments , the present invention may provide 
for a system with a user 1314 interface through which the 
user 1314 may interact with the facilities of the system . The 
system may include several parts , some of which may be the 
website , the supervisor , and a collection of widgets . Widgets 
may be collections of code that collect , process , and render 
a single piece of content on the website . The website may 

consist of interfaces for end - users , staff members , and 
registered users to get decisions , edit the decisions , and view 
reports on system performance . The supervisor may be a 
container for running widgets so that a widget can perform 
time - consuming data collection and processing ahead of 
user 1314 requests to render that content . 
[ 0069 ] For example , a widget might collect videos about 
decisions from the internet . The widget , in the supervisor , 
might crawl the web looking for videos about each decision 
1310 and store videos it finds in a database . When the user 
1314 comes to the website and gets a particular decision , the 
website may ask the video widget to render itself and display 
any videos it has previously found . 
[ 0070 ] A plurality of instances of the supervisor may be 
running on multiple computers in order to scale up the 
widget’s processing . Each widget may be running on its own 
computer . Similarly , many computers may be providing 
interfaces to the system through web - servers , instant mes 
saging , voice gateways , email , programmatic APIs , via 
being embedded in third party websites , and the like . 
[ 0071 ] In embodiments , attributes may be combinations of 
a question 1320 and one particular answer 1322 to that 
question . For example , if a question 1320 was “ How old are 
you ? ” and the answers to that question 1320 were “ under 
18 ” , “ 20-30 ” and “ over 30 ” , then an attribute would be 
“ How old are you ? Under 18 ” . The system may work by 
learning the relationship between attributes and decisions . 
When the system asks a question 1320 and the user 1314 
gives an answer 1322 then the system may take that attribute 
and see which decisions are associated with it . 
[ 0072 ] In embodiments , the system may understand that 
some attributes represent continuous values while others 
represent discrete values . When using continuous attributes , 
the system may be able to make more intelligent tradeoffs 
such as understanding that it is frequently acceptable to 
recommend a product that costs less than the user 1314 
asked for but rarely acceptable to offer a product that costs 
more than the user 1314 asked for . 
[ 0073 ] In embodiments , the relationships between attri 
butes and decisions may be learned from users , explicitly 
given to the system or some combination of the two , and the 
like . For example , a price attribute of “ How much do you 
want to spend ? Under $ 200 ” might be explicitly linked to 
cameras that fall into that price range based on data from 
experts , ecommerce sites / APIs , etc. The relationship 
between the attribute “ How will you use the camera ? On 
vacations ” and possible vacation destinations might be fully 
learned however . 
[ 0074 ] When entering new questions 1320 , answers 1322 , 
and results the user 1314 may optionally specify the rela 
tionships between attributes and decision results . For 
example , if a user 1314 were to enter the question “ how 
much do you want to spend ? ” in the “ which camera should 
I buy ” topic , the user 1314 may also specify to the system 
that the answer " under $ 200 ” should be associated with 
cameras X and Y but not camera Z. Then , if a future user 
were to use the " which camera should I buy ” topic and were 
to answer the “ how much do you want to spend ” question 
with the answer “ under $ 200 ” that user 1314 may have a 
higher chance of being recommended camera X and Y over 
camera Z. 
[ 0075 ] After seeking advice from the system and receiving 
a decision result , a user 1314 may also be given reasons from 
the system as to why that particular decision result was 
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recommended . This explanation may also allow the user 
1314 to change the attributes for the decision result if the 
user 1314 believes that the decision result was recom 
mended in error by the system . 
[ 0076 ] In general , the relationships learned may involve 
training from users , experts , employees , automated data 
feeds from third parties , or some combination . 
[ 0077 ] In embodiments , there may be various ways that 
the system can recommend a solution and select the next 
question 1320 to ask the user . Possible machine learning 
systems may be geometric systems like nearest neighbors 
and support vector machines , probabilistic systems , evolu 
tionary systems like genetic algorithms , decision trees , neu 
ral networks , associated with decision trees , Bayesian infer 
ence , random forests , boosting , logistic regression , faceted 
navigation , query refinement , query expansion , singular 
value decomposition and the like . These systems may be 
based around learning from complete game plays ( e.g. , all 
attributes given by a user 1314 before getting a decision ) , the 
answers to individual questions / subsets of game plays , only 
positive feedbacks , only negative feedbacks or some com 
bination of the two . Additionally , the system may take into 
account previous interactions the user 1314 had such as 
remembering previously answered questions , decisions that 
the user 1314 liked or did not like , which areas of advice the 
user 1314 previously sought advice in , etc. Additionally , the 
system may take into account factors that are implicitly 
provided by the user 1314 such as time of day and date the 
user 1314 used the system , the user's IP address , client type 
( e.g. , Firefox , IE , cell phone , SMS , and the like ) , and other 
such data . 

[ 0078 ] In embodiments , the present invention may provide 
for a machine learning system that goes well beyond the 
capabilities of collaborative filtering , such as through explic 
itly asking questions 1320 instead of implicitly learning 
based on a user's behavior , which may be much more 
powerful since the system is not left trying to infer the user's 
intent , mood , etc. Also , choosing the questions 1320 to ask 
the user 1314 based on what they've already answered may 
allow the present invention to zero in on nuances that would 
otherwise be missed . The present invention may have the 
ability to explain decisions , such as providing decisions 
beyond simple extrapolations form past behavior such as in , 
‘ other people who bought X , Y and Z also liked product A ’ . 
Instead , the present invention may be able to say the user 
1314 should do A because the user 1314 said they wanted 
X , liked Y and believed Z ' . In addition , the present invention 
may allow users to contribute new questions 1320 that may 
be useful , and then automatically learn under which con 
texts , if any , the question 1320 is helpful . In another area of 
difference , the present invention's machine learning tech 
nology may be able to provide decisions in a great variety of 
user 1314 interest areas , where collaborative filtering has 
difficulties being applied to non - product / media applications . 
For instance , collaborative filtering would not be easily 
applied to helping a user 1314 make a decision 1310 on a 
highly personal topic , such as whether they should get a 
tattoo , or a rare question 1320 such as whether a particular 
expense can be deducted on the user's tax return . The 
present invention may be capable of such applications . In 
embodiments , the present invention may be able to use 
pre - programmed expert advice inter - mixed with advice 
learned from a group of users to make decisions to users . 

[ 0079 ] In embodiments , the system may have a wiki web 
interface for editing all of the data on the system . The web 
interface may be used to edit / create / delete questions , 
answers , attributes , and solutions . Each solution may also 
have a variety of information associated with it , which may 
be shown on the decision page when that solution is rec 
ommended . For example , when recommending a vacation in 
Cancun the recommendation page might show videos about 
Cancun . All of this ancillary data about the solution may also 
be editable through the wiki . 
[ 0080 ] In embodiments , the wiki may be used to edit data 
collected by widgets running in the supervisor . This may 
allow the widgets to collect data ahead of time and then have 
a human quality assurance process to review and change the 
collected data . 
[ 0081 ] In embodiments , the system may maintain a history 
of all changes made by either the widgets or humans . For 
example , one use of this history may be to review the work 
done by hired contractors doing content quality assurance . 
Another use of this history may be making sure that the 
widgets do not undo work done by humans . For example , if 
the widgets collect a particular video and a human deletes 
that video because it is inappropriate , then the widget can 
use the history to not re - add that video again sometime in the 
future . Finally , if data is corrupted or incorrectly deleted the 
history may allow a means of recovery . 
[ 0082 ] In embodiments , when widgets find new content 
they may queue tasks to a human workflow for validating 
and editing that content . 
[ 0083 ] In embodiments , in order to learn , the system may 
sometimes make random or semi - random decisions in hopes 
of recommending something that the system wouldn't have 
expected to be useful , but which may turn out to be useful . 
If the system wants to use what it has already learned , then 
it may not make random choices in which questions 1320 it 
asks and which decision 1310 it makes . There may be a 
tradeoff between using what is already known , also referred 
to as exploitation , and potentially learning something new , 
also referred to as exploration . Exploitation may lead to a 
more satisfied user , while exploration may make the sys 
smarter . 
[ 0084 ] In embodiments , one way to make this trade - off 
when selecting questions 1320 to ask the user 1314 may be 
to ask questions 1320 that the system is confident are useful 
in making a decision 1310 and then picking a few random 
questions 1320 to ask . Another way to make the trade - off 
may be to have a fixed budget in every user 1314 interaction 
where a fixed set of questions 1320 are based on exploitation 
and the next set are based on exploration . 
[ 0085 ] In embodiments , decisions may also be explored or 
exploited . If the system wants to learn , it may show a 
random decision . Instead of showing a purely random deci 
sion , the system may also show a decision 1310 that meets 
some requirements specified by the user 1314 and is purely 
exploring within the remaining requirements . For example , 
instead of picking a random camera to show the user 1314 
the system could pick a random camera that meets the user's 
price requirements . This may result in more efficient training 
since the system may be less likely to show a decision 1310 
that has no chance of meeting the user's needs . Rather than 
showing a random decision 1310 when exploring , the sys 
tem may also show both the exploited decision 1310 and an 
explored solution and get feedback on each separately from 
the user . Alternatively , the system could inject a limited 
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would have been made had questions 1320 been answered 
differently , lists of awards / honors for this decision ( such as 
Consume Reports recommended ) , and the like . 
[ 0089 ] In embodiments , the system may allow users to 
navigate through the universe of decisions ( e.g. , cameras , 
vacation destinations , etc ) along dimensions that are not 
commonly available . For example , instead of being shown a 
camera and only letting the user 1314 say “ show me 
more / less expensive cameras ” the system may let the user 
1314 say “ show me cameras that are more liked by young 
people ” , “ show me a camera that is better for travel and less 
stylish ” , and the like . Dimensions like “ style ” , “ good for 
travel ” , “ bad for young people ” , and the like , may be 
generated as a side - effect by asking users questions 1320 and 
then learning what is a good decision 1310 given those 
answers . 

amount of randomness and pick a decision “ like ” what the 
system's best guess is . For example , the system may predict 
that the user 1314 will like one particular camera but could 
instead recommend another similar but not identical camera 
in order to balance making a reasonable decision 1310 and 
still learning new information from the user . In embodi 
ments , the system may identify to the user 1314 when it is 
asking questions 1320 or making decisions through explo 
ration vs. exploitation , or it may not . 
[ 0086 ] In embodiments , the system may be viewed as 
surveying users about the various things it is recommending . 
For example , the system may ask the user 10 questions 1320 
about the Canon SD1000 camera . This may provide a rich 
set of data about each camera allowing the system to start 
building lists of what kind of user 1314 is likely to like this 
camera . The system may build a ranked list of decisions for 
each attribute , such as from most likely to be liked to least 
likely to be liked , given that attribute . For example , the 
system may build a list of cameras in order likely to be liked 
by people who say “ How old are you ? Over 50 ” . This may 
be shown by the system as the top 10 cameras for users over 
50. Numerous of these top 10 lists may be constructed based 
on the system's data . These lists may also be combined to 
form new lists . For example , given the ranked lists of 
cameras for the attribute “ How old are you ? Over 50 ” and 
another list for the attribute “ Why are you buying a camera ? 
Travel ” , the system may construct a new ranked list of 
cameras for the “ Over 50 year old users who want a travel 
camera ” . These combinations of top lists may be pre 
generated , generated on - demand by incrementally asking 
the user 1314 to select new top lists , and the like . 
[ 0087 ] In embodiments , these “ top lists ” may be used for 
a variety of purposes . Some users may not want to answer 
a series of questions 1320 before receiving a decision . 
Instead , they may be able to browse through these lists and 
find a relevant decision . The system may have a large 
number of top lists , such as thousands or tens of thousands , 
each of which may have their own web page . In addition , 
these pages may contain a large amount of content that may 
be indexed by search engines and bring users to the system's 
website . Alternatively , users 1314 may use a search interface 
in the system itself to find the area of advice they want a 
decision in . Various top lists may be used to short - cut the 
dialog by implicitly answering some of the questions 1320 
in the dialog based on the toplist . For example , there could 
be an area of advice called “ vacations ” and a top list called 
“ romantic honeymoon vacations in Italy ” that servers as a 
short cut or gateway into the “ vacations ” topic with several 
questions 1320 from the " vacations ” dialog already 
answered : “ Where do you want to go ? Europe ” , “ Where in 
Europe do you want to go ? Italy ” , “ Are you traveling on a 
special occasion ? Yes ” , “ What is the special occasion ? 
honeymoon ” . This may serve as an alternate interface for the 
user 1314 to seek advice through a traditional search inter 
face without engaging in a question and answer dialog . 
[ 0088 ] In embodiments , various pages on the site may 
have self - contained displays of information called widgets . 
For example , the decision pages may have a widget that 
shows how other people who liked this question 1320 
answered various questions , videos / pictures about the deci 
sion , links to other web sites that have information about the 
decision , personalized pros and cons of this decision 1310 
based on how the user 1314 answered questions , lists of 
other decisions that a similar , lists of other decisions that 

[ 0090 ] In embodiments , navigating along alternative 
dimensions may be used as a starting point for the user 1314 , 
instead of the user 1314 selecting an area to seek advice in 
and then engaging in a dialog . The user 1314 may start 
interacting with the system by using a search interface or an 
external search engine to search for a specific decision 
result , such as a product name or travel destination . The 
system would then show the user information about that 
specific decision result and allow the user 1314 to navigate 
to other decision results , engage in a dialog to refine what the 
user 1314 is looking for , or show the user 1314 information 
that the system has learned ( through machine learning , 
expert advice or some combination ) about this specific 
decision result . For example , a user 1314 may use a search 
interface to navigate to a web page showing information on 
a Canon SD1100 camera . The system may show other 
cameras that people looking for a Canon SD1100 also like , 
allow the user 1314 to find similar cameras along non 
traditional feature dimensions such as a camera that is better 
for taking pictures of sporting events , as well as show what 
the system knows about the Canon SD1100 such as “ great 
for travel ” , “ not good for people learning photography ” , 
“ Available for under $ 200 ” , “ Preferred by people who are 
consider themselves design conscious ” , and the like . 
[ 0091 ] In embodiments , another possible interface may be 
to show users a list of decisions and display a simple 
explanation for why each decision 1310 is being made . For 
example , when recommending cameras the system may 
show three cameras and say that one is “ cheaper " , one has 
“ longer zoom ” and the other is “ better for travel ” . This may 
help the user 1314 see alternatives that they may not have 
otherwise seen based on how they answered the questions 
1320 leading up to the decision 1310 . 
[ 0092 ] In embodiments , users may be asked different 
types of questions , such as questions 1320 about the item 
being recommended ( price , color , etc ) , questions 1320 about 
themselves , and the like . The system may differentiate users 
along dimensions , such as psychographic dimensions , 
demographic dimensions , and the like . Properties of users 
that may be predictive may include the user's age , sex , 
marital status , whether they live in rural / urban areas , fre 
quencies of church attendance , political affiliation , aesthetic 
preferences , sense of irony / sense of humor , socio - economic 
background , taste , preference for neat or disorganized life 
style , degree to which they plan ahead of time , and the like . 
[ 0093 ] In embodiments , it may be difficult to directly ask 
questions 1320 and instead the system may try to measure 
things that are correlated instead . For example , instead of 
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asking about income , the system might ask where the user 
1314 prefers to shop ( e.g. , Wal - Mart , Target , Saks , etc ) . 
Aesthetics may be determined via showing pictures of art , 
living rooms , clothes , and the like , and asking which style 
the user 1314 prefers . In embodiments , pictures may take the 
place of the question ( and the answers may be about how 
you react to the picture ) or the picture can take the place of 
answers to questions 1320 such as “ Which of the following 
best resembles the clothes you like to wear ” . 
[ 0094 ] In embodiments , the system may group questions 
1320 by whether they are about the item being recom 
mended or about the user . The system may explain what type 
of questions 1320 it is asking in order to help the user 1314 
understand the value of otherwise surprising and potentially 
offensive questions 1320 being asked . The system may also 
display other types of messages to the user 1314 while 
asking questions , such as telling the user 1314 how many 
questions 1320 remain , taunting the user 1314 by saying the 
system can already guess what decision 1310 to make , and 
the like . 

[ 0095 ] In embodiments , instant messenger ( IM ) systems 
may provide a natural interface to the question 1320 and 
answer 1322 dialog of the system . For example , a user 1314 
may invite our system to their " buddy list ” and then initiate 
a dialog to get a decision 1310 over IM . The system may IM 
the first question 1320 to the user , the user 1314 may then 
IM their answer 1322 back , and the like , until eventually the 
system IM’ed the user 1314 a link to the decision , or directly 
IM'ed the name of the decision 1310 to the user . In embodi 
ments , other forms of communications may also be used , 
such as cell phones , SMS , email , and the like . 
[ 0096 ] In embodiments , the system , such as in the form of 
an application , may be embedded in third party web sites . 
For example , the system could be put on a website that sells 
cameras and offer to recommend relevant cameras to the 
user . Alternatively , after the user 1314 searched for cameras 
and had a list of potential cameras they were interested in , 
the system could ask questions 1320 to help the user 1314 
decide amongst the list of cameras . For example , if all of the 
cameras that the user 1314 was considering were good for 
travel the system would not ask about how the user 1314 
wanted to use the camera , but the system might realize that 
asking whether interchangeable lenses were desired could be 
used to recommend one camera over another . 
[ 0097 ] In embodiments , the system may make decisions in 
a plurality of topic areas , such as : products ( e.g. , cameras , 
TVs , GPS / navigation , home audio , laptops , bath & beauty , 
baby , garden / outdoor , automobiles , jewelry , watches , 
apparel , shoes , and the like ) , travel ( e.g. , where to go , where 
to stay , what region to visit , what to do there , and the like ) , 
financial ( e.g. , which mortgage , whether to refinance , which 
credit card , whether something is deductible on taxes , what 
type of IRA to save in , asset allocation for investments , and 
the like ) , gifts for various holidays and occasions , other 
date - based decisions ( what to dress up for Halloween , and 
the like ) , personality ( e.g. , about a user's personality , about 
their relationships , their career , and the like ) , recommending 
the right pet , drinks and other aspects of night - life , books , 
movies , film , / music , concerts , TV shows , video games , 
where to eat , what to order , celebrity related such as which 
celebrity the user 1314 is most similar to , recommending a 
gift , what neighborhood to live in , what to watch on tele 
vision , and the like . 

[ 0098 ] In embodiments , the system may be used to diag 
nose problems , such as in the areas of technology / IT ( e.g. , 
computer , software , printers , home networking , wireless , 
business networks , performance issues , and the like ) , medi 
cal / health , automotive , relationship or interpersonal prob 
lems , home and building problems , and the like . 
[ 0099 ] In embodiments , users of the system may be either 
anonymous or logged in users . A logged in user 1314 may 
be one that has created an account on the site . Logged in 
users may also have profile pages about them . Content on 
the profile page may include basic information about that 
user ( nickname , picture , etc ) , decisions they have received 
and liked , decisions the system predicts the user 1314 will 
like even though the user 1314 has not answered questions 
1320 in that topic area , lists of facts about the user 1314 that 
the user 1314 has given so that they do not need to be 
repeated each time the user 1314 uses the system for a 
decision ( e.g. , the user's age or their aesthetic preferences 
can be given once and remembered across different times the 
user uses the system ) , lists of tasks that the system thinks the 
user 1314 may be qualified and interested in doing via the 
wiki ( such as reviewing new user 1314 submitted content , 
fixing spelling errors in user 1314 submitted content , 
reviewing new content found by the widgets , etc ) , other 
users with similar answers to questions , and the like . 
[ 0100 ] In embodiments , users may also have various titles , 
ranks or levels which may affect what they can do on the 
system . For example , some users may be given the title of 
“ moderator ” in a particular topic which would allow those 
users to edit certain aspects of those topics . The ranks and 
titles may be assigned manually or by through automatic 
means including being based on how many decisions they 
have given , how many new questions 1320 or solutions they 
have contributed to the system , how many tasks they have 
accomplished using the wiki , how well they answer 1322 
certain questions 1320 in the various topics , and the like . 
[ 0101 ] In embodiments , non logged in users may not have 
the benefit of using the system with a large selection of 
aesthetic or taste - based preferences already entered into 
their profiles . Based on learning or manual training from 
logged in users 1314 , the system may select some aesthetic 
questions to ask in question dialogs when non - logged in 
users seek advice in particular topic areas . For example , 
based on logged in users answering taste questions about 
themselves and then giving feedback about which cars they 
like and don't like , the system may learn that a question 
1320 about whether the user enjoys gourmet dining is useful 
to ask non - logged in users trying to decide between a Toyota 
and a Lexus . Using the attribute associations learned or 
manually specified by logged in users , the system may then 
adjust whether it recommends the Toyota or the Lexus to the 
non - logged in user . 
[ 0102 ] In embodiments , the system may learn from users 
submitting feedback on decisions . Some users may either 
intentionally or unintentionally give incorrect feedback . For 
example , a vendor may try to game the system to make their 
product be highly recommended . Alternatively , a user 1314 
who does not know much about video games may recom 
mend a video game that in reality is not a good video game . 
The system may try to filter out feedback from these users 
by a variety of means . The system may throttle the number 
of feedbacks that a given user 1314 can submit ( and have a 
higher throttle limit if the user 1314 is logged in or has a high 
rank / title ) . The system may also throttle or weight feedback 
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buy their pet medicines . The latter topic area being one that 
may be expensive for the system to source traffic in due to 
expensive ad rates , while the former topic area may be 
relatively cheap , as few existing businesses may be com 
peting for customers who want advice on what type of dog 
to get . 

based on how well the user 1314 answers certain ' test 
questions 1320 during the question 1320 & answer 1322 
phase in order to test the user's knowledge of the subject and 
weigh feedback from knowledgeable users more than 
unknowledgeable users . The system may also require the 
user 1314 to pass a ' captcha ' ( Completely Automated Public 
Turing test to tell Computers and Humans Apart ) before 
their feedback is counted or they get a decision . The system 
may also look at the series of answers given by the user 1314 
and weight the user's feedback based on that series of 
answers . For example , if the user 1314 either always clicked 
the first answer 1322 or the user 1314 clicked in a very 
improbable way , then the system may weight that user's 
feedback lower . Finally , the system may change the weight 
of the user's feedback or decide to not show a decision 1310 
based on the history of previous game plays . For example , 
the 10th time a user 1314 tries to get a camera decision 1310 
the system may weight their feedback less than on the 9th 
time . 
[ 0103 ] In embodiments , the system may include search 
engine optimization ( SEO ) , the process of improving the 
system's website rankings within major search engines . This 
process may be broken down into several mostly - automated 
steps , such as discovering the keywords that users are 
searching for , understanding the competition in the search 
engines to have the site's page come up when users search 
for these words , understanding how search engines rank 
sites , understanding what changes to the system's website 
need to be made in order to increase the site's ranking for 
common searches , and the like . 
[ 0104 ] In embodiments , discovering keywords that users 
may be searching for may be found through different means , 
such as using keyword suggestion tools such as what Google 
and Yahoo provide , using data about historical searches 
licensed from third party data providers and crawling other 
websites to see what words they use , and the like . Once these 
keywords are found , the system may use the data in many 
ways , such as bidding on those words via search engine 
marketing ( SEM ) , developing content on the system's site 
about those keywords in hopes of getting search traffic in the 
future , looking at how our competitors are using those same 
keywords , and the like . 
[ 0105 ] In embodiments , the system may understand what 
other sites are doing and how they rank in the search engines 
by running keywords through the search engines and look 
ing at who is advertising on each keyword and what the top 
natural search results are for each keyword . The sites 
discovered through this process may be crawled to discover 
more potential keywords . The system may also decide to 
develop new content or avoid a market based on this 
competitive information . If there are few highly ranked sites 
in a content area , the system may develop content in that 

[ 0107 ] In embodiments , the system may understand how 
search engines rank their natural ( non - sponsored ) search 
results by studying the relationship between sites that come 
up when a search is done and factors of those sites . Possible 
factors that may be correlated between sites that come up 
with high ranking may be factors such as the content of the 
site , number and quality of other sites linking to the site , the 
type of content on those other linking sites , and the like . 
From the prior step , the system may generate a list of site 
factors , ranked by their ability to increase a sites ranking in 
the search engines , and the like . The system may then use 
this ranked list to make changes to the site to increase the 
probability that the site as a whole , or certain pages on the 
site , will be highly ranked in the search engines . 
[ 0108 ] Search engines may typically utilize a keyword 
index to find documents relevant to a user's query . In 
embodiments , the present invention may utilize a “ decision 
index ” , which may also map user - input to relevant docu 
ments . The index may be built automatically , experts may 
hand build the index , the index may be learned through 
feedback from different types of users who implicitly or 
explicitly decide to train the system , and the like . The results 
of the search utilizing the decision index , may be displayed 
as a list of documents , a single document , and the like . 
[ 0109 ] Referring to FIG . 1 , an embodiment for a list of 
topics 102 in the system from which users may get decisions 
is presented , including cameras , cell phones , coffee and 
espresso , drinks , favorite celebrity , GPS devices , grills , 
Halloween , laptops , personality , toe rings , TVs , vacations , 
video games , watches , and the like . In addition , there may be 
an indicator as to the number of decisions learned 104 from 
user ratings , such as learned from 43,921 user ratings . 
[ 0110 ] Referring to FIG . 2 , an embodiment of an example 
question 1320 that the system may ask a ser 1314 is 
provided . In this example the user 1314 is asking for a 
decision 1310 related to the purchase of a camera , and the 
question 1320 is “ How much are you willing to spend ? ” The 
user 1314 may now choose from the selection 204 , such as 
to select between less than $ 200 , up to $ 300 , up to $ 500 , 
more than $ 500 , I don't know , and the like . In addition , there 
may be an indication as to how many questions 1320 may be 
asked 202 , such as in “ In 10 questions or less , get camera 
decisions preferred by people like you . ” In embodiments , 
the user may also offer their own question , their own answer , 
their own decision , and the like , where the system may 
utilize this information in the current or future decision 
session . In embodiments , the user 1314 may choose to skip 
the question 208 , where the user 1314 may now be provided 
an alternate decision based on a reduced amount of infor 
mation available from the user , the system may ask the user 
alternate questions 1320 to make up for the skipped question 
208 , the question 1320 may have been a test question and 
will not affect the resulting decision 1310 , and the like . 
[ 0111 ] Referring to FIG . 3 , an embodiment of an example 
picture question 1320 that the system may ask a user 1314 . 
In this example , the system may be asking a question 1320 
whose answer 1322 may better enable the system to deter 
mine a personal characteristic of the user 1314. For instance , 

area . 

[ 0106 ] In embodiments , the system may understand that 
paid advertisements that bring users 1314 to the site are 
relatively cheap in one topic area of advice on the site and 
expensive in another . The system may therefore try to 
advertise for the low - cost traffic , help those users 1314 with 
their decision , and then recommend that those users 1314 
use the system in a topic area that is expensive to advertise 
and buy traffic in . For example , the system may run ads for 
people who want to figure out what dog breed they should 
buy , help those users 1314 decide what dog breed is right for 
them , and then direct them to figure out where they should 
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the question 1320 as illustrated asks “ Which of these causes 
you the most concern ? ” , where the picture choices 304 are 
indicative of certain topics , such as pollution , finances , 
national defense , health , and the like . This question 1320 
may be targeted to the current user or be inserted as an 
experimental question . In embodiments , the user 1314 may 
be informed that the question 1320 is an experimental 
question 302 , such as shown in FIG . 3 with the header that 
reads , “ Finally , please answer the experimental questions 
submitted by another user . ” 
[ 0112 ] Referring to FIG . 4 , an embodiment of an example 
of the type of information 402 the system may show the user 
1314 when making a particular decision 1310 is presented . 
For example , the decision 1310 may be for a certain camera , 
where information is provided about the camera , such as a 
description , who uses it , the best cost for the camera , how it 
compares 404 to other cameras , and the like . In embodi 
ments , other decisions 1310 may be provided , such as with 
a relative ranking 408 , by a score , by a percentage matching , 
and the like . The user 1314 may also be queried for feedback 
1312 , such as being asked if the decision 1310 is a good 
decision . In addition , the user 1314 may be provided with 
the opportunity to find out more about the decision 1310 , 
such as more about the product 410 , best price finder 412 , 
websites to more advice , and the like . 
[ 0113 ] Referring to FIG . 5 and FIG . 6 , the user 1314 may 
be provided with various top lists 502 associated with a topic 
as described herein , such as presented in association with a 
decision , in association with a user's request to view top 
ists , and the like . 
[ 0114 ] In embodiments , the present invention may provide 
users with a home page 700 including user 1314 identifica 
tion 702 , personal representation , past decisions made , 
future topics for consideration , decision 1310 to make today 
714 , and the like . FIG . 7 provides an example of a user home 
page 700 , such as what the user 1314 sees when they are 
logged into the system account . Here , there may be a display 
of recent decisions the system recommended , lists of popu 
lar topics 708 to get decisions in , a search interface 710 to 
find topics , status updates about the user 1314 getting 
benefits for contributing to the system , recent activity 704 , 
access to the user's profile 712 , and the like . 
[ 0115 ] FIGS . 8 and 8A provide an example of a user's 
profile 712 page showing information about them and their 
account . The user 1314 may manage user information 802 , 
such as a user's email address , password , and the like . They 
may also answer questions 1320 about themselves and have 
these answers remembered 810 and automatically used 
when they use decision making topics in the system . The 
user 1314 may also receive rewards 804 , such as “ badges ” , 
and see them displayed as received in response to helping 
other users , contributing to the system , and the like . Some of 
these rewards may be based on the quality of the user's 
contributions , on the quantity of contributions , and the like . 
In addition , users may be assigned a demographic group 808 
of people who answered questions 1320 about themselves 
similarly . 
[ 0116 ] In embodiments , users may be able to decide they 
want to contribute expertise 902 to the system , such as in a 
“ teach the system ' mode . FIG . 9 shows an example of 
various links / pages that may allow a user 1314 to contribute , 
such as giving the system training about various decisions , 
rating the quality of pictures and user - contributed prose , 

finding duplicate items and questions , contributing new 
decision making topics , contributing new questions 1320 to 
existing topics , and the like . 
[ 0117 ] In embodiments , the user , after choosing a topic for 
the system to make decisions for , may be asked questions . 
FIG . 10 provides an example of how a question 1320 may 
be presented 1000 to the user . As shown , the presentation of 
the question 1320 to the user 1314 may provide different 
elements , such as a topic heading 1002 , a picture or illus 
tration associated with the topic 1004 , a question , a set of 
answer choices , and the like . 
[ 0118 ] After answering questions , the user 1314 may be 
provided an answer 1322 or decision 1310 associated with 
the user's original question . FIGS . 11 and 11A show an 
example of how a decision 1310 may be presented 1100 to 
the user , and may include a primary decision , information 
summarizing the decision , alternate decisions , variations on 
the decision , and the like . In addition , the user 1314 may be 
provided with an opportunity to provide feedback 1312 to 
the system , such as whether the user 1314 agrees with the 
decision 1310 or not . The user 1314 may also be provided 
other suggested topics 1102 , such as based on the current 
topic , answers provide , history of answers , a user's profile , 
a user's history of questions , topics that other users found 
helpful , and the like . 
[ 0119 ] FIG . 12 shows an example list of decisions 1200 in 
a topic . For a product topic , such as shown , the “ decisions ” 
may be what product to buy . For other topics , the decision 
1310 might be “ yes , dump him ” or “ no , don't get a tattoo ” . 
The decisions may be ranked and ordered based on their 
relevancy to the user , based on how the user 1314 answered 
questions , based on how the user 1314 answered questions 
1320 in the topic , and the like . Additionally , the items may 
be ranked by price , by name , and the like . 
[ 0120 ] FIG . 16 shows an example of a contributor / expert 
interface home page 1600 , showing recent contributions to 
the system 1602 and other users making contributions 1604 . 
In upper right corner is a question for learning the user's 
taste preferences 1608 . 
[ 0121 ] FIG . 17 shows an example of a question in a dialog 
with the system asking an objective question 1700 , and in 
this instance , to a user looking for help deciding what to 
name their new puppy . 
[ 0122 ] FIG . 18 shows an example of a decision result 
showing the particular recommended decision 1800 ( in this 
instance , name your dog Rusty ) , reviews about this decision 
from other users 1802 ( where it may be ranked , such as by 
their similarity to the user ) , yes / no buttons 1804 ( such as for 
receiving feedback on this decision , showing other decision 
areas that the user might enjoy under , and the like ) , sug 
gested Topics 1808. In this example , the system's second 
and third best recommended decisions are listed under the 
# 2 tab 1810 and # 3 tab 1812. The system may also be 
engaging in exploration by also recommending a " wild 
card ” decision which may be a decision that was partly 
picked through randomness . The Suggested Topics 1808 
may be selected based on how relevant the system thinks 
these topics may be for the user and / or how much profit the 
system thinks it may be able to generate from the user using 
these other decision areas . 
[ 0123 ] FIG . 19 shows an example of an interface for users 
1900 to set the associations between attributes and decision 
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example , 

results . In this example , the decision result “ Rusty ” should 
be associated with the attribute “ Is this name for a female , 
or male dog ? Male ” . 
[ 0124 ] FIG . 20 shows an example of how a user may edit 
content in the system 2000. In this example the user is able 
to edit a decision result : it's name , description , URL for 
getting more information , etc. 
[ 0125 ] FIG . 21 shows an example of how content that is 
editable by users may also have an interface for seeing prior 
revisions 2100 to the content and showing the changes 
between two prior revisions . Users may also revert the 
changes made by other users if those changes are deemed to 
be irrelevant or unhelpful . In this case the example shows 
the difference between two revisions to a decision result 
where the description of the result has been changed . 
[ 0126 ] FIG . 22 shows an example showing a question 
being edited by a user 2200. New answers may be added , 
existing answers re - ordered , the question and answer text 
itself edited , and the like . Questions may be optionally 
“ locked to prevent other users from changing them , such as 
by indicated by the pad lock icon 2202 . 
[ 0127 ] FIG . 23 shows an example showing that edits to 
attributes may have revision histories like other editable 
content 2300. This example shows the difference between 
two revisions of the attribute associations between the 
decision result “ Rusty ” and the attributes “ How many syl 
lables do you want the name to have ? No more than 2 or 3 
or more is OK ” . 
[ 0128 ] FIG . 24 shows an example showing a ' workshop 
screen 2400 where newly added areas of advice may be first 
displayed . In embodiments , expert users may make addi 
tions here without regular users seeing the works - in - prog 
ress . Content that is deemed objectionable , irrelevant , or low 
quality may be voted on and removed from the system . 
[ 0129 ] FIG . 25 shows an example showing the system 
asking the user taste / subjective questions 2500 in order to 
learn taste and subjective preferences from the user . After 
answering these questions the system may show statistics on 
how other users answered the same question . 
[ 0130 ] FIG . 26 shows an example of an activity feed 2600 
of recent activity by contributors across the site showing 
newly added content and expert training . 
[ 0131 ] In embodiments , the present invention may provide 
a facility for providing an improved way to provide deci 
sions to a user 1314 with a question 1320 across a broad 
category of topics , including products , personal , health , 
business , political , educational , entertainment , the environ 
ment , and the like . For example , the system may provide 
decisions on everything from whether a user 1314 should 
break up with their boyfriend , to whether you should get a 
tattoo or not , to whether you can deduct something on your 
taxes in addition to product decisions , and the like . In 
embodiments , the system may provide decisions on any 
interest a user 1314 may have . 
[ 0132 ] In embodiments , the present invention may provide 
a decision system that is flexible and is capable of changing 
and growing . This may be partly enabled by the system's use 
of a dialog of questions 1320 and answers to make a 
decision , and then getting feedback from the user 1314 so 
the system can improve . In embodiments , this approach may 
be significantly more powerful since the system may ask any 
question 1320 and therefore get much better information 
from the user 1314 about their wants . In addition , users may 
be able to extend the system by entering their own questions 

1320 and answers for the system to ask , entering in new 
decisions for the system to make , and the like . The system 
may then automatically try out newly entered information to 
see if it is useful or helpful and use this new information to 
determine if it is useful , and possibly stop asking / using the 
questions / decisions that may not be as helpful to users . In 
embodiments , this approach may provide for building a 
wisdom - of - the - crowds based decision making expert system 
for potentially any topic . 
[ 0133 ] In embodiments , the present invention may also 
provide improved decision facility to the user 1314 by 
providing decisions by ranking across non - traditional fea 
ture dimensions . For example , instead of just ranking cam 
eras by price or size , the system may rank cameras based on 
how much they're liked by retired people , how sexy they 
look , and the like . The system may then help users navigate 
across these dimensions . For instance , instead of users just 
being able to say “ I like this camera , but want a cheaper one " 
the system may let them do things like say “ I like this camera 
but want one better for learning photography ” or “ I like this 
vacation , but want one with a more active social scene ” . 
[ 0134 ] In embodiments , the present invention may lend 
itself to a variety of different user interfaces , such as a web 
interface , instant messaging , voice , cell phone , SMS / instant 
messaging , third party use ( e.g. a widget on a third party , 
web service sold to a third party ) , and the like . For 
a voice interface may be well suited to the system since there 
may be a very limited vocabulary that the system must 
recognize , such as just the possible answers to each ques 
tion . In this way , if the system can't understand a user 
response it may just move on to another question 1320 
instead of annoying the user 1314 by asking them to repeat 
their answer over and over . In another example , the present 
invention may be integrated into a third party site , such as 
a search for a TV on an e - commerce website , where the 
present invention is a widget to help the user 1314 narrow 
down the results , or using the present invention as a widget 
in association with a real estate website to build an MLS 
query for the user 1314 to find a house that is a good match 
for them . In embodiments , the present invention may pro 
vide a user interface , both in regard to a physical interface 
and in the way questions , answers , and decisions are pre 
sented , that provides the user 1314 with a significantly 
improved way to obtain decisions on a great variety of 
topics . 
[ 0135 ] In embodiments , the present invention may be 
integrated into third party products in such as way as to 
improve the third party's user interface and user satisfaction . 
For example some website services provide predictions 
through past purchase history . In this case , the present 
invention may be able to explore a user's mood or intent , 
such as through asking explicit questions . In the case of 
search engines , the present invention may be able to detect 
when the user 1314 is trying to make a decision 1310 and 
then start to ask them follow on questions . In the case of 
forum sites , mailing lists , news groups , and the like , the 
present invention may provide improved access to decisions 
and decisions that were made by people similar to the user . 
For example , the present invention may be able to search 
through all the forum posts to find people who are in the 
same situation as the user , and providing what decision 1310 
the forum community recommended to them . 
[ 0136 ] In embodiments , the present invention may be able 
to extend e - commerce web application user interfaces . For 
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have a clear idea as to what keywords to include . For 
instance , the user 1314 might not know the key options for 
food and might not think to search for ‘ ethiopian food new 
york . ' The present invention may have the advantage of 
being able to figure out what question 1320 it should ask in 
order to narrow down the possibilities . In embodiments , the 
present invention may be able to aid in the building of a 

tion may search query . 

instance , a user 1314 may start a product search with a 
keyword search and then ask questions 1320 to narrow down 
the results to the best decision 1310 for the user . The present 
invention may be able to provide a Q & A interface for 
picking a product once the user 1314 clicks into a category 
page . For example , after clicking cameras on the website , 
the user 1314 might see a first question . The present inven 

be able to rank products along dimensions that are 
based on how users answer questions . For example , cameras 
might be ranked from best to worst ‘ travel camera ' based on 
how people answer 1322 the question “ What do you want a 
camera for ? ” Answer “ Travel ” and then whether they give 
positive or negative feedback to a particular camera . This 
may allow the e - commerce website to rank a list of camera 
keyword search results from best to worst travel cameras . 
[ 0137 ] In embodiments , the present invention may be able 
to provide an improved search engine capability , such as 
detecting when a user 1314 is trying to make a decision 1310 
and switching to a Q & A interface , based on the search 
results from a keyword search ask follow up questions 1320 
to narrow down or re - rank the results , ask questions 1320 in 
order to build a keyword search query or to refine a search 
query , learn feedback based on which links a user 1314 
clicks after being asked questions , and the like . In addition , 
the present invention may implicitly learn about the user 
1314 and alter rankings based on these implicit facts , such 
as what time of day they're using the system , where they are 
in the world , what type of browser they're using , weather 
where they are , and the like . 
[ 0138 ] In embodiments , the present invention may be able 
to provide a way for information to be gathered and utilized 
by users . For instance , Wikipedia is a way for users to 
contribute information such that the end user 1314 must , to 
some extent , self validate the accuracy of the information 
subsequently supplied to them . In a similar fashion , the 
present invention may be able to host a web application that 
utilizes user contributed content . For instance , instead of 
learning what the prices of cameras are , the web application 
could have users input the prices of cameras and then allow 
other users to self validate these claims . In this way , the 
scope of the contributed information may be allowed to 
grow organically as users interact with the system . 
[ 0139 ] In embodiments , some e - commerce applications 
may provide for products and / or services that are associated 
with personal preference , and so may benefit from the 
present invention . For instance , there are currently several 
movie rental web services , where the user 1314 selects 
movies for delivery to their home through the mail . Deci 
sions are also provided to the user 1314 based on what the 
user 1314 has selected in the past . However , choosing a 
movie may involve personal interests at the time of rental 
that cannot be determined by past selections , such as mood , 
intent , weather , are they going to be alone or with someone , 
their current personal relationships , and the like . These types 
of interests may be explored with the present invention 
through questioning , and as such , may provide a much more 
personalized match to the user's interests at the time of 
rental . 
[ 0140 ] In embodiments , local search applications may be 
improved through the use of the present invention . For 
example , if a user 1314 wanted a decision 1310 on where to 
eat dinner , they might search for " dinner in new york ” and 
find a website with suggestions targeted to the query . This 
interface however falls short when the user 1314 doesn't 

[ 0141 ] In embodiments , the present invention may provide 
for an improved way to match up users and experts , users 
and other knowledge based users , and the like . For instance , 
a service may be provided to collect users and experts on 
different topics . Users may then come to the web interface 
of the service and enter into a session of Q & A where the best 
match is determined . As a result of the questions , the system 
may provide a decision , where the profile of the expert or 
other user 1314 is provided , and where the user 1314 may 
be asked if they agree with the recommended individual . In 
embodiments , the user 1314 may be provided a home page 
where previous matches and communications may be kept , 
forwarded to friends , experts rated , and the like . 
[ 0142 ] In embodiments , the present invention may provide 
a platform for a community based question 1320 and answer 
1322 application . For instance , users may post questions 
1320 to the system , and other users may be allowed to 
respond . In such a system , a user 1314 may receive answers 
from a single user , multiple users , an automated system , and 
the like , where the user 1314 may be able to choose which 
answer 1322 they feel is correct . This answer 1322 may be 
kept private , posted for others to view , posted as the correct 
answer , provided to the system , and the like . In embodi 
ments , the system may use the questions 1320 and answers 
to further develop the system , provide more accurate 
answers to users , sort the answers provided to the user , filter 
the answers provided to the user , and the like . In addition , 
users of the system may provide feedback to answers 
provided by other users , contribute to filtering criteria for 
eliminating incorrect answers , and the like . 
[ 0143 ] In embodiments , the present invention may be used 
as entertainment , through machine learning capabilities as 
described herein . For instance , a user 1314 may provide an 
input or think of an idea , such as a topic , a keyword , a 
category , a question , a feeling , and the like , and the system 
may make a guess as to what it is through a series of 
questions 1320 and answers . For example , the user 1314 
may think of an object , such as baseball , and the system may 
utilize machine learning capabilities , such as geometric 
systems , to provide questions 1320 to the user . A typical 
question 1320 may relate to size , such as ‘ is it bigger than 
a toaster ? ' These questions 1320 may then be answered by 
the user , such as through multiple choice selection , fill in the 
blank , true / false , free response , and the like . The system may 
then continue the question 1320 and answer 1322 sequence 
until it has a guess , and provide this guess to the user . In 
embodiments , this process may continue for a fixed number 
of questions , a random number of questions , a user 1314 
specified number of questions , a system determined number 
of questions , a system specified number of questions , and 
the like . In embodiments , the system may provide the user 
1314 with a user interface , such as through the Internet via 
a website , through a stand - alone computational device , 
through a mobile computational device , through a phone 
service , through a voice interface , in association with an 
instant messaging service , through text messaging , and the 
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like . In embodiments , the system may be provided to a third 
party , such as a widget to another website , as an API to a 
third party application , and the like . In embodiments , the 
present invention may use non - neural networks for enter 
tainment applications , such as playing games . 
[ 0144 ] In embodiments , the present invention may provide 
a system to assist in the discovery of new drugs , where the 
system may provide an aid in the selection and combination 
of molecules in creating a new drug . For example , the 
system may ask the user 1314 about information associated 
with chemical parameters , such as solubility , reactivity , 
toxicity , and the like , and combine these with questions 1320 
to probe the user's expertise in recognizing molecular struc 
tures . As the question 1320 and answer 1322 sequence 
progresses , the system may provide the user 1314 with 
insights as to which molecular structures may be stable and 
synthesizable . In embodiments , the process may continue 
until the user 1314 has an improved sense for what molecu 
lar combinations may make for a new drug , until the choice 
of new exploratory routes are available for presentation to 
the user , until an new potential drug is identified , and the 
like . 
[ 0145 ] In embodiments , the present invention may provide 
for an image finder application , where the user 1314 may be 
assisted in identifying an image that fits some subjective 
criteria that is not necessarily explicitly known to the user . 
For example , a user 1314 may be involved in the develop 
ment of a brochure for a company , where they have the text 
for the brochure , but need to select an image to support the 
ideas and emotions that the text is trying to convey . The user 
1314 may in this instance have a subjective idea as to what 
type of photograph may be required , but not necessarily to 
the extent that they could specify a search with keywords . 
The user 1314 may instead first specify the source of the 
images , such as from a file , a database , a website service , 
from Google images , from an advertiser image bank , and the 
like . Then the user 1314 may be asked a series of questions , 
or be presented with a series of images to choose from . The 
answers and / or selections that the user 1314 chooses may 
then be utilized in refining the choices that are next pre 
sented to the user , and from which further questions 1320 
and / or image selections may be provided . In embodiments , 
this process may continue until the user 1314 finds an image 
to select as the final image . Additionally , the system may 
take the user's ‘ final selection and select a group of other 
similar images for presentation to the user , at which time the 
user 1314 may choose to continue the process of selection 
refinement . 
[ 014 ] In embodiments , the present invention may be used 
in a baby naming application , where the user 1314 may have 
only a vague sense of what names they might prefer . The 
user 1314 may be initially asked different types of questions 
1320 intended to provide the system with information to aid 
in the learning of the user's preferences , such as questions 
1320 about family , friends , education , heritage , geographic 
location , place of birth , hobbies , books read , movies 
watched , and the like . The system may then continue to learn 
through the presentation of questions 1320 associated with 
name preference in a plurality of ways , such as rating name , 
choosing from a list of names , answering questions 1320 
pertaining to name , and the like . In embodiments , this 
process may continue until the user 1314 finds a name to 
select as the final name . Additionally , the system may take 
the user's ‘ final selection’and select a group of other similar 

names for presentation to the user , at which time the user 
1314 may choose to continue the process of selection 
refinement . 

[ 0147 ] In embodiments , the present invention may provide 
decisions for a plurality of topics including , but not limited 
to , video games , laptops , vacations , cameras , general per 
sonality , drinks , cell phones , televisions , grills , watches , 
coffee machines , toe rings , Halloween , GPS devices , hottest 
celebrity , your personal hero , presidential election , baby 
toys , blogs , camcorders , cars , which star wars character are 
you , credit cards , hair care , skin care , sex and the city , should 
I get a tattoo , professions , how much allowance , city to live 
in , dog breeds , fragrance , New York , neighborhood chooser , 
software , desktop computers , DVD players and recorders , 
cigars , charities , Broadway shows , speakers , home theater 
systems , MP3 players , computer networking devices , head 
phones , memory cards , magazines , books , Oprah picks , 
books , The New York Times bestsellers , business casual 
clothing , franchises , cookware , toys , toys - educational , ath 
letic apparel , espresso machines , should I go Greek , should 
I come out to my parents , should I ask for a raise , do I have 
a drinking problem , should I medicate my add / ADHD child , 
vacuum cleaners , clothes washers and dryers , is working at 
a startup right for me , humidifiers , are you a good friend , risk 
of developing diabetes , which foreign language should I 
learn , microwaves , car audio , what kind of customer are 
you , wine , should I join the military , which military branch 
should I join , what kind of art will I enjoy , baby and toddler 
car seats , baby strollers , baby travel accessories , natural and 
organic beauty products , makeup , home audio receivers and 
amplifiers , copiers and fax machines , printers , breakup with 
my boyfriend / girlfriend , which Greek god are you , what 
game show would I enjoy , computer accessories , which 
superpower should you have , college , online degree pro 
grams , choose a major for college , identity theft prevention , 
should I hire a personal trainer , should I buy or lease a car , 
should I have laser eye surgery , what should I do about 
losing my hair , should I start my own business , should my 
child start kindergarten , how to entertain my family visiting 
NYC , OTC pain relievers , do I need a living will , miles or 
cash for my next flight , best way to whiten my teeth , should 
I let my daughter wear makeup , is hypnosis likely to cure my 
bad habit , ED options , sleep aids , OTC allergy pills , how 
much money to spend on a wedding gift , should I buy the 
extended warranty , is it better to take the SAT or ACT , 
personal audio accessories , coffee / espresso drink would I 
enjoy , video game consoles , jeans , downloadable PC games , 
snacks , vitamins and supplements , which superhero am I , 
sunglasses , kitchen gadgets , pillows , beauty accessories , 
beauty bags and cases , sporting goods , which musical instru 
ment is right for me , should I hire a decorator , electronic 
readers , where do you belong in a shopping mall , power 
washers , small business , phone system , how much to tip , 
should I try Botox , should I get liposuction , risk of skin 
cancer , should I refinance my home , car services ( NYC ) , 
microbrewery beer , gourmet chocolates , am I saving enough 
for retirement , entertainment centers / TV stands , cookbooks , 
electric shavers , keep sending nieces / nephews bday gifts , 
luggage , computer projectors , energy / workout bars , razors , 
gourmet ice creams , online dating , newscasts , makeup , tools 
and brushes , beauty mirrors and compacts , business books , 
how soon to call after a first date , places to retire , external 
hard drives , universal remote controls , walking shoes , 
should I sell my life insurance policy , how green are you , do 
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I have an eating disorder , baby cribs , diets and diet books , 
cell phone plans , wedding and engagement rings , am I 
assertive enough , does my child play video games too much , 
tax preparation ( personal return ) , should I get a reverse 
mortgage , cancel plans with friends for a date , children's TV 
shows , kitchen countertops , bathing supplies , insect repel 
lents , cancer specialist , hospitals , national chain restaurants , 
cereal , should I have kids now , should I hire a nanny , 
movies , beef cuts , target calories per day , do I have OCD , 
home air purifiers , auto air fresheners and purifiers , i - phone 
applications , gay / lesbian vacations , is it ok to ask my 
co - worker on a date , is my pre - teen ready to babysit , 
sports / energy drinks , TV shows , office furniture , motor 
cycles , reward a child for a good report card , lawn trimmers 
and edgers , am I too stressed , religion , do you make a good 
first impression , do you spend too much time online , should 
I get a new hairstyle , should I home - school my child , diaper 
bags , should I use cloth or disposable diapers , dog toys , is 
my partner cheating on me , classic books should my elderly 
parent stop driving , am I over my ex , is it lust or love , 
pedometers and heart rate monitors , chewing gum , weather 
devices , will gas additives help my car , Orlando theme 
parks , how big of a turkey should I buy , popular music 
new releases , self tanner , tax and money management , 
software , baby bottles and Sippy cups , baby high chairs and 
booster seats , baby tethers , toasters and toaster ovens , com 
forters sheets and bed linens , flatware sets , pet carriers and 
kennels , cheese , kitchen faucets , casual shoes , dress shoes , 
beauty electronics , am I saving enough for retirement , 
mutual fund chooser , steak cuts , what is my D & D alignment , 
acne and pimple medication , bathroom faucets , home exte 
rior lighting , landscape lighting , lawn mowers , aperitif , 
cognac , gin , rum , scotch , tequila vodkas , whiskeys , Las 
Vegas shows , sunscreen , running shoes , US MBA programs , 
patio and outdoor furniture , kitchen knives , are you a true 
fan , auto insurance , personal legal services , should I hire a 
financial advisor , indoor plant selector , delivery services , 
can I deduct it , pool heaters , sofas , house numbers , contact 
lenses , birthday gifts , has my career peaked , electronic 
books , doorknobs & lock sets , snow removal equipment , 
green home improvement , kids clothing & swimwear , 
motorcycle helmets , bicycle helmets , juicers , golf clubs , 
refrigerators , wine coolers , ranges and ovens , air condition 
ers , Christmas gifts , breakup phrases , cold sore medication , 
diabetes monitoring devices , smoking cessation , what do I 
do about the hair on my back , hormones to counteract 
menopause , hiking backpacks , school backpacks , get a 
website / domain , e - mail services , web hosting , carpets , 
power tools , tile , water heaters , outdoor paint , window 
treatments , fireplace screens , indoor lamps , small business 
legal services , brunch recipes , ceiling fans , mattresses , Las 
Vegas hotels and casinos , salsas , love quiz for valentines , 
how much to spend on client gifts , anniversary gifts , out 
doors outerwear , casual outerwear , camping tents , sleeping 
bags , tires , adventure vacations , music downloads , video 
downloads , wedding dresses , wedding themes , Manhattan 
gyms , budget hotel chains , golf courses , ski vacations , US 
spas , ETF funds , designer handbags , should I declare bank 
ruptcy , 401k as down payment on home , should I see a 
psychiatrist , self defense , dishware , dishwashers , political 
parties , new year's resolutions , cruise lines , family vaca 
tions , baby food , baby health care products , should I shave 
my head , t - shirts , online photo services , buy a class gradu 
ation ring , summer job / internship , where to volunteer , home 

alarm systems , diagnose your relationship issues , is she / he 
hot for me , should I adopt , should my aging parents be 
driving , online bank accounts , BBQ sauces , frozen pizza , 
recipe finder , should I re - gift it , bodybuilding supplements , 
home workout equipment , how many hours of sleep do I 
need , should I consider plastic surgery , risk of arthritis , risk 
of heart disease , risk of osteoporosis , do I have a gambling 
problem , best dance to learn , bicycles , cat food , dog food , 
hobby recommender , martial arts , poster art , outdoor flower 
selector , which Muppet are you , activities for kids , how 
ethical are you , should I baptize my child , Miami hotels , US 
national parks , motor oils , automotive video , blouses , coats , 
dresses , glasses frames , hosiery , interview clothes , jackets , 
negligee , pants , shirts , skirts , hats , phones - land lines , steak 
houses , which birth method is right for you , summer camp 
recommender , march madness bracket chooser , baby for 
mula , New York bakeries , fractional jet ownership , how self 
confident am I , digital photo frames , do I need an accoun 
tant , does my child have ADD / ADHD , document shredders , 
baby monitors , green home improvement , conference 
phones , and the like . 
[ 0148 ] In embodiments , and as depicted in FIG . 13 , the 
present invention may help a user 1314 make a decision 
1310 through the use of a machine learning facility 1302 . 
The process may begin with an initial question 1320 being 
received 1304 by the machine learning facility 1318 from 
the user 1314. The user 1314 may then be provided with a 
dialog 1308 consisting of questions 1320 from the machine 
learning facility 1318 and answers 1322 provided by the 
user 1314. The machine learning facility 1318 may then 
provide a decision 1310 to the user based on the dialog 1308 
and pertaining to the initial question 1304 , such as a rec 
ommendation , a diagnosis , a conclusion , advice , and the 
like . In embodiments , future questions 1320 and decisions 
1310 provided by the machine learning facility 1318 may be 
improved through feedback 1312 provided by the user 1314 . 
[ 0149 ] In embodiments , the initial question 1304 posed by 
the user 1314 may be an objective question , a subjective 
question , and the like . A question 1320 may be provided 
from amongst a broad category of topics , such as topics 
pertaining to a product , personal information , personal 
health , economic health , business , politics , education , enter 
tainment , the environment , and the like . The questions 1320 
may be in the form of a multiple choice question , a yes - no 
question , a rating , a choice of images , a personal question , 
and the like . The questions 1320 may be about the user 1314 , 
provided by another user , provided by an expert , and the 
like . The questions 1320 may be based on a previous answer , 
such as from the current dialog 1308 with the user 1314 , 
from a stored previous dialog 1308 with the user 1314 , from 
a stored previous dialog 1308 with another user . The ques 
tion 1320 may be a pseudo random question , such as a test 
question , an exploration question 1320 that helps select a 
pseudo random decision 1310 on the chance that the pseudo 
random decision 1310 turns out to be useful , and the like . 
The questions 1320 may include at least one image as part 
of the question . The questions 1320 may be along psycho 
graphic dimensions . In embodiments , the questions 1320 
may not be asked directly to the user 1314 , but rather 
determined from contextual information , such as through an 
IP address , the location of the user , the weather at the user's 
location , a domain name , related to path information , related 
to a recent download , related to a recent network access , 
related to a recent file access , and the like . 
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[ 0150 ] In embodiments , the dialog 1308 may continue 
until the machine learning facility 1318 develops a high 
confidence in a reduced set of decisions , such as a reduced 
set of decisions presented to the user , a single decision 1310 
presented to the user . The decision 1310 provided by the 
machine learning facility 1318 may be independent of the 
order of questions in the dialog 1308. The decision 1310 
may provide an alternate decision 1310 when at least one 
question 1320 in the dialog is omitted , where the alternate 
decision 1310 may be different based on the machine 
learning facility 1318 having less information from the user 
1314. The decision 1310 may display a ranking of decision 
choices , such as ranking decisions across non - traditional 
feature dimensions . The decision 1310 may display at least 
one image related to the decision 1310. The decision 1310 
may be a pseudo random decision on the chance that the 
pseudo random decision 1310 turns out to be useful , such as 
the pseudo random decision being part of a system of 
exploration , where the system of exploration may improve 
the effectiveness of the system , the machine learning facility 
1318 may learn from exploration , and the like . 
[ 0151 ] In embodiments , the feedback 1312 provided may 
be related to , or derived from , how the user 1314 answers 
questions 1320 in the dialog 1308 , how the user 1314 
responds to the decision 1310 provided by the machine 
learning facility 1318 , and the like . In embodiments , the 
feedback 1312 may be solicited from the user 1314 . 
[ 0152 ] In embodiments , users 1314 may extend the learn 
ing of the machine learning facility 1318 by entering new 
information , where the new information may be their own 
topic , question , answer , decision , and the like . The machine 
learning facility 1318 may use the new information to 
determine whether the new information is helpful to users . 
[ 0153 ] In embodiments , a user interface may be provided 
for user interaction with the machine learning facility 1318 , 
such as associated with a web interface , instant messaging , 
a voice interface , a cell phone , with SMS , and the like . 
[ 0154 ] In embodiments , the present invention may help a 
user make a decision 1310 through the use of a machine 
learning facility 1318. The process may begin with an initial 
question 1304 being received by the machine learning 
facility 1318 from the user 1314 , where the initial question 
1304 may be associated with one of a broad category of 
topics , such as product , personal , health , business , political , 
educational , entertainment , environment , and the like . The 
user 1314 may then be provided with a dialog 1308 con 
sisting of questions 1320 from the machine learning facility 
1318 and answers 1322 provided by the user 1314. The 
machine learning facility 1318 may then provide a decision 
1310 to the user 1314 based on the dialog 1308 and 
pertaining to the initial question 1304 , such as a recommen 
dation , a diagnosis , a conclusion , advice , and the like . In 
embodiments , future questions 1320 and decisions 1310 
provided by the machine learning facility 1318 may be 
improved through feedback 1312 provided by the user 1314 . 
[ 0155 ] In embodiments , and as depicted in FIG . 14 , the 
present invention may help a user make a decision 1310 
through the use of a computing facility 1402. The process 
may begin with an initial question 1304 being received by 
the computing facility 1418 from the user 1314. The user 
1314 may then be provided with a dialog 1408 consisting of 
questions 1320 from the computing facility 1418 and 
answers 1322 provided by the user 1314. The computing 
facility 1418 may then provide a decision 1310 to the user 

1314 based on an aggregated feedback 1428 from the 
feedback from a plurality of users 1412. In embodiments , 
the computer facility 1418 may improve future questions 
1320 and decisions 1310 provided by the computing facility 
1418 based on receiving feedback 1412 from the user . 
[ 0156 ] In embodiments , the present invention may help a 
user make a decision 1310 through the use of a machine 
learning facility 1318. The process may begin with an initial 
question 1304 being received by the machine learning 
facility 1318 from the user 1314. The user 1314 may then be 
provided with a dialog 1308 consisting of questions 1320 
from the machine learning facility 1318 and answers 1322 
provided by the user 1314 , where the number of questions 
1320 and answers 1322 provided through the dialog 1308 
may determine the quality of the decision 1310. The 
machine learning facility 1318 may then provide a decision 
1310 to the user based on the dialog 1308 and pertaining to 
the initial question 1304 , such as a recommendation , a 
diagnosis , a conclusion , advice , and the like . In embodi 
ments , future questions 1320 and decisions 1310 provided 
by the machine learning facility 1318 may be improved 
through feedback 1312 provided by the user . In embodi 
ments , the quality may be high when the number of ques 
tions 1320 and answers 1322 large , such as greater than 10 
questions , greater than 15 questions , greater than 10 ques 
tions , and the like . In embodiments , the quality may be good 
quality when the number of questions 1320 and answers 
1322 is small , such as less than 10 questions , less than 5 
questions , less than 3 questions , one question , and the like . 
[ 0157 ] In embodiments , and as depicted in FIG . 15 , the 
present invention may make a decision 1310 through the use 
of a machine learning facility 1318. The system may include 
a machine learning facility 1318 that may receive an initial 
question 1304 from the user 1314 , a dialog facility 1502 
within the machine learning facility 1318 providing the user 
1314 with questions 1320 and accepting answers 1322 from 
the user , the machine learning facility 1318 providing a 
decision 1310 from a decision facility 1504 to the user 1314 , 
and the like . In embodiments , the decision 1310 provided to 
the user 1314 may be based on the exchange of dialog 1308 
between the user 1314 and the machine learning facility 
1318 , and pertain to the initial question 1304. Further , the 
machine learning facility 1318 may receive feedback 1312 
through a feedback facility 1508 from the user 1314 to 
improve future questions 1320 and decisions 1310 provided 
by the machine learning facility 1318 . 
[ 0158 ] In embodiments , the present invention may help a 
user 1314 make a decision 1310 through the use of a 
machine learning facility 1318. The process may begin with 
an initial question 1304 being received by the machine 
learning facility 1318 from the user 1314 through a third 
party , such as a search application , a social network appli 
cation , a service provider , a comparison shopping engine , a 
media company's web environment , and the like . The user 
1314 may then be provided with a dialog 1308 consisting of 
questions 1320 from the machine learning facility 1318 and 
answers 1322 provided by the user 1314. The machine 
learning facility 1318 may then provide a decision 1310 to 
the user 1314 based on the dialog 1308 and pertaining to the 
initial question 1304 , such as a recommendation , a diagno 
sis , a conclusion , advice , and the like . In embodiments , 
future questions 1320 and decisions 1310 provided by the 
machine learning facility 1318 may be improved through 
feedback 1312 provided by the user 1314 . 
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[ 0159 ] In embodiments , the present invention may help a 
user 1314 make a decision 1310 through the use of a 
machine learning facility 1318. The process may begin with 
an initial question 1304 being received by the machine 
learning facility 1318 from the user 1314 through a third 
party search application , where the user 1314 begins with a 
keyword search on the third party search application and 
then is provided a dialog 1308 consisting of questions 1320 
from the machine learning facility 1318 and answers 1322 
provided by the user 1314. The machine learning facility 
1318 may then provide a decision 1310 to the user 1314 
based on the dialog 1308 and pertaining to the initial 
question 1304 , where the decision 1310 may be provided 
back to the third party search application , such as in the form 
of a sorted list . 

[ 0160 ] In embodiments , the present invention may help a 
user 1314 make a decision 1310 through the use of a 
machine learning facility 1318. The process may begin with 
an initial question 1304 being received by the machine 
learning facility 1318 from the user 1314. The user 1314 
may then be provided with a dialog 1308 consisting of 
questions 1320 from the machine learning facility 1318 and 
answers 1322 provided by the user 1314 , where the machine 
learning facility 1318 may utilize third party information , 
functions , utilities , and the like . The machine learning 
facility 1318 may then provide a decision 1310 to the user 
1314 based on the dialog 1308 and pertaining to the initial 
question 1304 , such as a recommendation , a diagnosis , a 
conclusion , advice , and the like . In embodiments , third party 
information , functions , utilities , and the ke , may include an 
application programming interface ( API ) enabling the col 
lection of cost information , product information , personal 
information , topical information , and the like . 
[ 0161 ] In embodiments , the present invention may help a 
user 1314 make a decision 1310 through the use of a 
machine learning facility 1318. The process may begin with 
an initial question 1304 being received by the machine 
learning facility 1318 from the user 1314 through a third 
party search application , where the user 1314 begins with a 
keyword search on the third party search application and 
then is provided a dialog 1308 consisting of questions 1320 
from the machine learning facility 1318 and answers 1322 
provided by the user 1314 The machine learning facility 
1318 may then provide a decision 1310 to the user 1314 
based on the dialog 1308 and pertaining to the initial 
question 1304 , such as a recommendation , a diagnosis , a 
conclusion , advice , and the like . In embodiments , the deci 
sion 1310 may be provided back to the third party search 
application based at least in part on collaborative filtering . 
[ 0162 ] In embodiments , the present invention may help a 
user 1314 make a decision 1310 through the use of a 
machine learning facility 1318. The process may begin with 
an initial question 1304 being received by the machine 
learning facility 1318 from the user 1314. The user 1314 
may then be provided with a dialog 1308 consisting of 
questions 1320 from the machine learning facility 1318 and 
answers 1322 provided by the user 1314. The machine 
learning facility 1318 may then provide at least one image 
with the decision 1310 to the user 1314 based on the dialog 
1308 and pertaining to the initial question 1304 , such as a 
recommendation , a diagnosis , a conclusion , advice , and the 
like . In embodiments , the image may be a photograph , a 
drawing , a video image , an advertisement , and the like . 

[ 0163 ] In embodiments , the present invention may help a 
user 1314 make a decision 1310 through the use of a 
machine learning facility 1318. The process may begin with 
an initial question 1304 being received by the machine 
learning facility 1318 from the user 1314. The user 1314 
may then be provided with a dialog 1308 consisting of 
questions 1320 from the machine learning facility 1318 and 
answers 1322 provided by the user 1314 where the questions 
1320 may be determined at least in part from learning from 
other users of the machine learning facility 1318. The 
machine learning facility 1318 may then provide a decision 
1310 to the user 1314 based on the dialog 1308 and 
pertaining to the initial question 1304 , such as a recommen 
dation , a diagnosis , a conclusion , advice , and the like . In 
embodiments , the decision 1310 may be based at least in 
part on learning from decisions 1310 provided by other users 
of the machine learning facility 1318 . 
[ 0164 ] In embodiments , the present invention may help a 
user 1314 make a decision 1310 through the use of a 
machine learning facility 1318. The process may begin with 
an initial question 1304 being received by the machine 
learning facility 1318 from the user 1314. The user 1314 
may then be provided with a dialog 1308 consisting of 
questions 1320 from the machine learning facility 1318 and 
answers 1322 provided by the user 1314. The machine 
learning facility 1318 may then provide a decision 1310 to 
the user 1314 based on the dialog 1308 and pertaining to the 
initial question 1304 , such as a recommendation , a diagno 
sis , a conclusion , advice , and the like . In embodiments , the 
decision 1310 may be based at least in part on collaborative 
filtering . 
[ 0165 ] In embodiments , the present invention may help a 
user 1314 make a decision 1310 through the use of a 
machine learning facility 1318. The process may begin with 
an initial question 1304 being received by the machine 
learning facility 1318 from the user 1314. The user 1314 
may then be provided with a dialog 1308 consisting of 
questions 1320 from the machine learning facility 1318 and 
answers 1322 provided by the user 1314. The machine 
learning facility 1318 may then provide a decision 1310 to 
the user 1314 based on the dialog 1308 and pertaining to the 
initial question 1304 , such as a recommendation , a diagno 
sis , a conclusion , advice , and the like . In embodiments , the 
decision 1310 may be based at least in part on collaborative 
filtering whose context is provided through the dialog 1308 , 
such as at least one question providing the context for the 
collaborative filtering . 
[ 0166 ] In embodiments , the present invention may help a 
user 1314 make a decision 1310 through the use of a 
machine learning facility 1318. The process may begin with 
an initial question 1304 being received by the machine 
learning facility 1318 from the user 1314. The user 1314 
may then be provided with a dialog 1308 consisting of 
questions 1320 from the machine learning facility 1318 and 
answers 1322 provided by the user 1314. The machine 
learning facility 1318 may then provide a decision 1310 to 
the user 1314 based on the dialog 1308 and pertaining to the 
initial question 1304 , such as a recommendation , a diagno 
sis , a conclusion , advice , and the like . In embodiments , the 
decision 1310 may be based only on information gathered 
through a plurality of user 1314s of the machine learning 
facility 1318 and pertaining to the initial question 1304 , 
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where at least one of the plurality of user 1314s of the 
machine learning facility 1318 may be the user 1314 asso 
ciated with the dialog 1308 . 
[ 0167 ] In embodiments , the present invention may help a 
user 1314 make a decision 1310 through the use of a 
machine learning facility 1318. The process may begin with 
an initial question 1304 being received by the machine 
learning facility 1318 from the user 1314. The user 1314 
may then be provided with a dialog 1308 consisting of 
questions 1320 from the machine learning facility 1318 and 
answers 1322 provided by the user 1314. The machine 
learning facility 1318 may then provide a decision 1310 to 
the user 1314 based on the dialog 1308 and pertaining to the 
initial question 1304 , and with limited initial machine learn 
ing facility 1318 knowledge on the subject matter of the 
initial question 1304. In embodiments , the limited initial 
machine learning facility 1318 knowledge may be seed 
knowledge , may be limited to basic knowledge associated 
with the subject matter of the initial question 1304 , may 
limited to basic knowledge associated with the subject 
matter of the initial question 1304 where the basic knowl 
edge may be expert knowledge . 
[ 0168 ] In embodiments , the present invention may help a 
user 1314 make a decision 1310 through the use of a 
machine learning facility 1318. The process may begin with 
an initial question 1304 being received by the machine 
learning facility 1318 from the user 1314. The user 1314 
may then be provided with a dialog 1308 consisting of 
questions 1320 from the machine learning facility 1318 and 
answers 1322 provided by the user 1314. The machine 
learning facility 1318 may then provide a decision 1310 to 
the user 1314 based on the dialog 1308 and pertaining to the 
initial question 1304 , such as a recommendation , a diagno 
sis , a conclusion , advice , and the like , where the decision 
1310 may be based on learning from a combination of expert 
and user inputs . 
[ 0169 ] In embodiments , the present invention may help a 
user 1314 make a decision 1310 through the use of a 
machine learning facility 1318. The process may begin with 
an initial question 1304 being received by the machine 
learning facility 1318 from the user 1314. The user 1314 
may then be provided with a dialog 1308 consisting of 
questions 1320 from the machine learning facility 1318 and 
answers 1322 provided by the user 1314. The machine 
learning facility 1318 may then provide a category - based 
decision 1310 to the user 1314 based on the dialog 1308 and 
pertaining to the initial question 1304 , such as a recommen 
dation , a diagnosis , a conclusion , advice , and the like . 
[ 0170 ] In embodiments , the present invention may help a 
user 1314 make a decision 1310 through the use of a 
machine learning facility 1318. The process may begin with 
an initial question 1304 being received by the machine 
learning facility 1318 from the user 1314. The user 1314 
may then be provided with a dialog 1308 consisting of 
questions 1320 from the machine learning facility 1318 and 
answers 1322 provided by the user 1314. The machine 
learning facility 1318 may then provide a decision 1310 to 
the user 1314 where the machine learning facility 1318 may 
utilize responses from a plurality of user 1314s of the 
machine learning facility 1318 to categorize and provide 
decisions 1310 along at least one of psychographic and 
demographic dimensions . 
[ 0171 ] In embodiments , the present invention may provide 
a user 1314 with a response through the use of a machine 

learning facility 1318. The user 1314 may be provided with 
a dialog 1308 consisting of questions 1320 from the machine 
learning facility 1318 and answers 1322 provided by the 
user 1314 , where the questions 1320 from the machine 
learning facility 1318 may be related to an application , such 
as an entertainment application , a drug discovery applica 
tion , a baby name application , and the like . The machine 
learning facility 1318 may then provide the response to the 
user 1314 based on the dialog 1308 and pertaining to the 
initial question 1304 , such as a recommendation , a diagno 
sis , a conclusion , advice , and the like . In embodiments , 
future questions 1320 and decisions 1310 provided by the 
machine learning facility 1318 may be improved through 
feedback 1312 provided by the user 1314 . 
[ 0172 ] In embodiments , the present invention may provide 
results based on multiple dimensions , such as a result based 
on a textual match from a user input , based on the user's 
taste profile , and the like . FIG . 27 shows an example search 
interface showing search results for the user query “ fios ” . In 
this example , the rankings are based on first finding deci 
sions and decision results ( recommendations ) that are a good 
textual match for the user query and then second ranking the 
decision results by the knowledge the system has about the 
user's taste profile . In this example , “ fios ” is a good textual 
match for the decision results “ Verizon FIOS ” as the rec 
ommendation to " Which ISP should I use ” 2702 and “ What 
US satellite / cable service provider should I get ” 2704 and 
both are this users # 1 ranked result based on the user's taste 
preferences . 
[ 0173 ] In embodiments , the present invention may provide 
multiple question and answer ‘ results ’ in response to a user's 
unstructured input . For example , FIG . 28 shows a case 
where the user's query is ‘ suv ' . The first result is for the 
topic “ What new car should I buy ? ' 2802 but with the 
question ' what type of car do you want ? ' already answered 
with ' suv ’ . This may provide a bridge between unstructured 
search and the structured Q & A data that the system stores . 
Further , as shown in the example , the user's top 3 results are 
displayed personalized based on their taste profiles . Effec 
tively , the user has done a keyword search and gotten results 
without explicitly answering any questions via the tradi 
tional Q & A interface , such as for the other questions pro 
vided as examples shown , ‘ Which BMW should I buy ? ' 
2804 , “ What late model used car should I buy ? ' 2808 , and 
“ What tires should I use on my car or truck ? ' 2810 . 
[ 0174 ] In embodiments , the present invention may ask the 
user to express their preferences when they have given 
answers to questions that either contradict each other , are 
mutually exclusive , or which each individually have a 
dramatic affect on the rankings of results for the user . For 
example , the user may start the “ What new car should I buy ” 
topic and answered that they want a SUV that is under 
$ 18,000 and is more practical than extravagant . The system 
may want to get the user's preference as to what is more 
important that the vehicle be an SUV or under $ 18,000 . 
FIG . 29 shows an example question to the user , asking for 
their preference . 
[ 0175 ] In embodiments , the system may learn a set of 
question importances that are per - user , per - decision - result , 
per - question’s - answer - per - decision - result , and the like . For 
example , the system may learn that user A cares more about 
weight than price when it comes to buying small cameras , 
but cares more about price than anything else when it comes 
to buying cars . 
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[ 0176 ] In embodiments , users may extend the system by 
adding new decision results . Those new decision results may 
optionally include links to web pages to read more about the 
decision result . The system may automatically convert those 
links to affiliate links such that the system receives com 
missions from the site that the link points to . Further , based 
on the link submitted by the user , the system may recognize 
what kind of link it is and understand how to parse out 
information such as price for products , such as from Ama 
zon.com , or parse out product codes so that vendor - specific 
API calls can be made to look up product information based 
on the product codes . 
[ 0177 ] In embodiments , users may be clustered into 
groups using dimension reduction techniques such as sin 
gular value decomposition ( SVD ) , eigenvector , and other 
like based approaches . The system may display information 
about why a group of users were clustered together . One way 
to do this is to find the top X dimensions in the low 
dimension space that the cluster as a whole differs most on 
from the population average . The divergence of the cluster's 
distribution of answers from the general population's dis 
tribution in each dimension in the sub - space may be used to 
rank dimensions in terms of how well they explain what is 
unique about each cluster . 
[ 0178 ] In embodiments , the dimensions in the sub - space 
may not be easily described or interpreted due to their being 
composed of many different features such as how people 
answered questions or which decision results they like . One 
way to explain what each dimension means may be to find 
questions and answers that are most correlated with the 
different extremes of the dimension and label the dimension 
with these questions / answers . 
[ 0179 ] In embodiments , one way to cluster users may be 
to pick an initial random grouping of users and iteratively 
move users between clusters to minimize how much users 
differ from each other in their own cluster . After some 
number of iterations the process may be stopped or the 
process may continue until a threshold amount of error has 
been reached 
[ 0180 ] In embodiments , the present invention may facili 
tate matching by user similarity . Given a username , email 
address , numeric user id , and the like , provide a list of other 
users who are similar or dissimilar in some way . For 
example , given a Facebook username provide a ranked list 
of other Facebook users who have similar tastes over all or 
in some specific way , such as in electronics . In addition , this 
list may be optionally restricted , such as to other users being 
one degree away in the social graph from the first user ( e.g , 
rank my friends on Facebook by their similarity to me so that 
I can ask the one most like me a question ) . In embodiments , 
user similarity may be computed via asking a user questions 
about themselves , looking at their social graph , using con 
text like their location , IP address , time , and the like . The 
social graph may be used by mapping users in the social 
graph to known users in other data sets based on heuristics 
on username , email address , first name , last name , birthday , 
address , sex , and other like information . Adjacent people 
may be searched in the social graph to bring more people 
into consideration even if they are more removed from the 
person you are trying to ' triangulate ’ in on . For example , 
combining a social graph from Facebook with users who 
have written reviews on Amazon to find users on Facebook 
who are most like me and then look at what laptops they tend 
to like on Amazon in order to give me a laptop recommen 

dation . In another example , reviews may be filtered on a site 
such as Yelp , Tripadvisor , Amazon , and the like , based on 
people similar to you . This information may then be used to 
help the user , such as reco commending users to “ friend ” on 
Facebook , to ' follow ' on Twitter , and the like . FIGS . 30 and 
31 provide examples of similarity profiles as may be pro 
vided by the present invention . 
[ 0181 ] In embodiments , the present invention may provide 
a level of indirection between recommendations by instead 
recommending people who in turn like dislike things . The 
present invention may recommend things to buy based on 
what similar users bought on Amazon , places to eat based on 
similar users on Yelp , Zagat , Foursquare , and the like , things 
to click on in Google search results based on what similar 
people clicked on , and the like . For example , consider the 
problem of recommending which users a new user to Twitter 
should follow . The present invention may look at all the 
users on Twitter and who follows them , and match some of 
those followers to the data set of the present invention 
knowing things about each user based on the questions they 
have answered about themselves . This could also match the 
followers to other users , such as Amazon users , Yelp users , 
and the like , to learn other things about them . Based on this , 
the present invention may make inferences about the fol 
lowers of a particular user , such at a Twitter user . Now , a new 
user may be asked about themselves and find which existing 
user's followers this new user is most like . A recommenda 
tion may then be generated for the new Twitter user to follow 
the existing Twitter user whose followers are most like the 
new user . 

[ 0182 ] In embodiments , the present invention may facili 
tate real - time personalization , such as making recommen 
dations that immediately reflect new information from a 
user , immediately use their social graph , new facts about 
them , their context such as changing location etc. to re - rank 
recommendations or otherwise improve results . 
[ 0183 ] In embodiments , the present invention may match 
based on context , such as location , time , weather , social 
graph , and the like , such as implicitly using location to show 
nearby places a user might like to eat , drink , sites they might 
like to see , things to do , etc. For example , this process may 
then be used in a mobile application that has access to 
location data via GPS . Optionally , the recommendation may 
be informed by other parts of the user's context , such as the 
current weather ( e.g. don't recommend a place that people 
only like because of the patio if it's raining ) , current time 
( e.g. don't recommend nightclubs at 10 am ) , calendar ( e.g. 
know when user is busy and where they have to be in the 
future ) , social graph ( e.g. recommend places that the user's 
friends are at all else being equal ) , and the like . 
[ 0184 ] In embodiments , the present invention may provide 
for a natural language question and answer interface , such as 
to allow freeform or structured input from a user about a 
decision or recommendation they want help with . The input 
may be categorized either by asking the user , having other 
users review the question , using automated techniques like 
natural language processing ( i.e. , " is this question about 
electronics , travel , cars or some other topic ? ” ) , and the like . 
[ 0185 ] In embodiments , the present invention may find 
similar users to the requesting user who has expertise in the 
category of the question . For example , the user may want 
advice about hotels in L.A. from people who have similar 
taste in hotels AND know something about L.A. hotels ( such 
as either self - described knowledge or demonstrated knowl 
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edge based on their actions ) . For example , the present 
invention may then alert those similar users to the new 
question and requesting their help in solving it . Consider 
ation may be given to how many prior questions / alerts they 
have been sent , how many they have already responded to , 
how helpful their responses have been , and the like . Similar 
users may be allowed to engage in a dialog with the 
requesting user to help inform the requesting user's decision 
or recommendation problem . The resulting dialog may be 
stored for others to use and encourage the similar users to 
index the dialog into a structured form to aid later recall by 
other requesting users . 
[ 0186 ] The present invention may provide third - party sites 
with the ability to learn about their users , finding similar 
users , and making recommendations , such as independently 
of direct user interaction with the system . In embodiments , 
the present invention may provide a taste and preference API 
that third parties , such as third parties hosting their own web 
sites , may use to learn about the tastes , preferences , likes , 
dislikes , and other attributes of a user , where the user is not 
engaged in a dialog or interacting directly with the comput 
ing facility of the present invention . For example , a user may 
go to a website such as Amazon.com and make an inquiry 
about a product . In this instance , Amazon may have an API 
of the present invention that enables the creation or enhance 
ment of a taste and preference profile of a user so as to better 
determine the user's tastes , preferences , and the like , and so 
enable the third - party to better target meaningful responses 
back to the user with regard to the user inquiry . In embodi 
ments , the third - party may use the API to determine the 
tastes , preferences , and the like of the user without user 
interaction , such as by determining their tastes and prefer 
ences through previous interactions with the user , where 
these previous interactions may be from previous interac 
tions while on the third - party site , such as Amazon in this 
example , or from previous interactions with other websites 
hosting a similar API or through direct interaction with a 
facility of the present invention . In embodiments , the API 
may be used by a plurality of users such that interactions 
with the users may be used to identify other similar users , 
and so use the choices , decisions , selection , recommenda 
tions , and the like , of these other similar users to aid in the 
selection of recommendations to the present user . In 
embodiments , these other similar users may be associated 
with the third - party hosting the API , or from another host 
API site , or from a facility of the present invention . In 
embodiments , the use of an API of the present invention 
hosted by a third - party site may provide a significant advan 
tage to the third - party site with regard to recommendations 
that are relevant to the tastes , preferences , likes , dislikes , 
attributes , and the like , of the user . 
[ 0187 ] In embodiments , tastes and preferences of a user 
may be determined or augmented though other users , such 
as other similar users , other users that are connected to the 
user in a social network , other users that are associated 
through a personal or professional activity , other users that 
are friends or family , and the like . In embodiments , this may 
be done without the need to ask questions of the user . For 
instance , a user may have an existing taste and preference 
profile as established through the present invention , and that 
profile may be improved by collecting or inferring informa 
tion about other users in their social network , family , place 
of business , and the like . In embodiments , the user's profile 
may be improved through inferring additional tastes and 

preferences from other similar users , or users shown to have 
some connection to the user , such as through a social 
network . In embodiments , the user's profile may be 
improved through choices made by other similar users , such 
as in a product selection , recommendation , and the like . In 
embodiments , the system may learn about a known user's 
taste profile though their rating things they like and don't 
like , or through the use of natural language processing , such 
as inferring a taste profile by analyzing how the user tags 
their user profile . 
[ 0188 ] Referring to FIG . 32 , in embodiments the present 
invention may provide for a computer program product 
embodied in a computer readable medium that , when 
executing on one or more computers , helps a third - party 
website to learn about a user through the use of a computer 
facility 3202 by performing the steps of : ( 1 ) providing a user 
preference learning API to the third - party website 3220 to 
determine preferences of the user 3218 as applied to a 
market of the third - party , wherein the preference learning 
API is executing as an extension of the computer facility 
3204 ; ( 2 ) receiving third - party information related to the 
market of the third - party 3208 ; ( 3 ) collecting the preferences 
of the user 3218 and storing them as a user preference profile 
3210 ; ( 4 ) receiving a query from the user at the third - party 
website 3220 associated with the market of the third - party 
3212 ; and ( 5 ) supplying a recommendation to the third - party 
based on the user preference profile and the third - party 
information to aid the third - party in the answering of the 
received query 3214. In embodiments , the determining 
preferences may be through the use of natural language 
processing . The computing facility may be a machine learn 
ing facility . The third - party information may consist of at 
least one of product information from product manufactur 
ers , product information from web merchants , pricing infor 
mation from other websites , availability information from 
other websites , pricing information from merchants , avail 
ability information from merchants , a review , comments , 
and ratings . The preference learning API may enable the 
collection of at least one of cost information , product 
information , personal information , and topical information . 
Further , user profile preferences may be additionally based 
on information inferred from a user's social network , where 
the user may not receive additional dialog between the user 
and the computer facility . 
[ 0189 ] Referring to FIG . 33 , the present invention may 
provide for the use of a taste and preference API to target 
responses returned to a user , such as for targeting advertis 
ing , show reviews from similar users , recommend products 
or services , show similar people on social networks , to rank 
search results based on which results similar users clicked 
on most , and the like . In embodiments , the present invention 
may provide for a computer program product embodied in a 
computer readable medium that , when executing on one or 
more computers , helps target responses returned to a user 
through the use of a computer facility 3302 by performing 
the steps of : ( 1 ) providing a user preference learning API to 
a third - party website 3320 to determine preferences of a user 
as related to a market of a third - party , wherein the preference 
learning API is executing as an extension of the computer 
facility 3304 ; ( 2 ) receiving third - party information related to 
the market of the third - party 3308 ; ( 3 ) collecting the pref 
erences of the user 3318 and storing them as a user prefer 
ence profile 3310 ; ( 4 ) receiving a query from the user 3318 
at the third - party web site 3312 ; and ( 5 ) using in the user 
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preference learning API the third - party information related 
to the market of the third - party , and the preferences of the 
user 3318 as stored in the user preference profile to provide 
a response back to the user that relates to the query from the 
user 3314. In embodiments , the computing facility may be 
a machine learning facility . 
[ 0190 ] The response may be providing an advertisement to 
the user , where the advertisement may be based on the 
preferences of the user as stored in the user preference 
profile . The advertisement is provided by the computer 
facility , provided through the third - party and enabled 
through preferences provided to the third - party from the 
computer facility , delivered to other users in a user's social 
network , and the like . The response may provide a recom 
mendation of a product , service , and the like related to the 
market of the third - party . Collecting the preferences of at 
least a second user may form a user preference profile for the 
second user , determining the second user to be similar to the 
user based on a comparison of preference profiles . The 
response may be providing a recommendation made by the 
second user . The collecting of preferences for the second 
user may be taken from an internet based social construct , 
and the response provides information to the user that shows 
the second user as a similar person on the construct , where 
the internet based social construct may be a social network . 
The collecting of preferences for the at least second user 
may include search result selections , the query may be a 
search request , and the response may be a search result 
ranked according to the search result selections of the at least 
second user . The collecting may be from recommendations , 
purchases , and search result choices made by the user . The 
collecting may be from sources that reveal location behav 
iors of the user . The source may be a user location infor 
mation , such as from the web services foursquare , yelp , 
Google , Gowalla , Facebook , and the like . The source may be 
user location information from a service provider . The 
third - party information may consist of at least one of prod 
uct information from product manufacturers , product infor 
mation from web merchants , pricing information from other 
websites , availability information from other websites , pric 
ing information from merchants , availability information 
from merchants , a review , comments , and ratings . The 
determining preferences may be through the use of natural 
language processing . The API may enable the collection of 
cost information , product information , personal information , 
topical information , and the like . The collecting may be from 
a user's interactions as represented in an Internet based 
social interactive construct , where the internet based social 
interactive construct may be a social network . The response 
may be a list of reviews sorted by a review author's 
similarity to the user reading the reviews . Collecting the 
preferences of the user may be through third party websites . 
The collecting may be through crawling third party web 
sites . 
[ 0191 ] In embodiments , the present invention may utilize 
a taste and preference API that third parties may use to target 
advertising to a user based on the user's preferences , where 
the user is not engaged in a dialog or interacting directly 
with the computing facility of the present invention . For 
instance , a user may have previously undergone a dialog of 
questions and answers with the system , and through that 
dialog the system may have developed a taste and preference 
profile for the user . In embodiments , the dialog may have 
been provided directly with a facility of the present inven 

tion , or through a third - party API provided by the present 
invention . Alternately , the user may have never interacted 
with a facility of the present invention , where the user's taste 
and preference profile may be created and updated through 
the user's interactions , responses , recommendations , 
reviews , and the like . In embodiments , the system may learn 
about a known user's taste profile though their rating things 
they like and don't like , or through the use of natural 
language processing , such as inferring a taste profile by 
analyzing how the user tags their user profile . The taste and 
preference profile for the user may then be used to target 
advertising to the user , such as advertising that is matched to 
the user's tastes and preferences . For example , a third - party 
taste and preference API may be associated with an outdoor 
store website , such as L.L. Bean , REI , EMS , and the like , 
where the outdoor store is trying to improve their targeting 
of advertising to their customers . A customer may then visit 
the outdoor store website and make a query for a product , 
such as for hiking boots . The taste and preference API may 
then enable a look up of the user's tastes and preference in 
order to establish a match for an advertisement placement to 
the user's browser . In this example , the user's taste and 
preference profile may indicate that the user enjoys traveling 
to New England , likes to camp , has a family with children , 
and the like . As a result , the advertisement facility associated 
with the website may select an advertisement that utilizes 
the information in the user query , in this instance hiking 
boots , and information from their taste and preference 
profile . An advertisement in this case may be for lodging in 
the White Mountains , which combines the user's hiking boot 
query with their preference for travel in New England . 
Further , the lodging may be a family lodging because of the 
user likes to travel as a family , and with attributes that mirror 
the user's preferences . In embodiments , the third - party taste 
and preference API may enable a third - party to improve 
their targeting of advertisements to users such that they are 
able to increase revenue made on a given advertisement 
placement from an advertisement sponsor . In embodiments , 
the user taste and preference profile may be developed in 
real - time as focused on their immediate query . Tastes and 
preferences may be gleaned so as to better target advertise 
ments to the user , such as during subsequent refinement of 
product search , at the point of purchase , and the like . 
[ 0192 ] In embodiments , advertising may be targeted to a 
user or a group of individuals associated with the user based 
on taste and preferences inferred though the user's social 
network . For instance , a taste and preference API used by a 
third - party may be used to establish taste and preferences for 
a group , node cluster , and the like , such as in a user's social 
network . In embodiments , the tastes and preferences 
inferred from the social network may utilize taste and 
preference profiles previously formed , such as though third 
part sites or through a facility directly associated with the 
present invention . These taste and preferences may then be 
used to better target advertisements to the user or to mem 
bers of the user's social network . In an example , a third 
party may want to target advertisement to a user , where the 
user has an established taste and preference profile stored in 
a facility of the present invention . The third - party may then 
use information in the user's profile to target advertisements . 
Alternately , the third - party may additionally use information 
inferred from a social network that the user is part of , such 
as information pertaining to the topics of the social network , 
common interests of users associated with the user in the 
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social network , and the like . For instance , the user may have 
a taste and preference profile that indicates they are middle 
aged , politically conservative , rural , and the like , and is 
associated with users in a social network that have hunting 
as a dominate interest . In this instance , the third - party may 
target advertisements for hunting equipment , hunting trips , 
and the like , where the advertisement has been selected 
based on the user's existing taste and preference profile plus 
inferences from the user's social network . In embodiments , 
this may be done without the need to engage the user in a 
dialog as described herein , but rather indirectly through the 
user's interactions , such as on the third - party web site , 
through third - party supplied information , on other websites 
where the present invention has a third - party API , and the 
like . In embodiments , the third - party may also utilize the 
taste and preferences from the user to target advertisements 
to other members of the user's social network . 
[ 0193 ] In embodiments , advertising to a user may be 
targeted based on the product choices , recommendations , 
and the like , of users with similar tastes and preferences . For 
example , a first user may have similar tastes and preferences 
to a second user , where the first user has an existing taste and 
preference profile and has made certain product choices , 
recommendations , and the like . Advertisements may then be 
targeted to the second user based on the decisions of the first 
user . For example , a first user may have a profile that 
indicates they are older , retired , lives in California , enjoys 
travel , and the like , where they have previously made a 
product choice for luggage . A second user may then be 
provided a recommendation for similar luggage based on the 
similarity of the tastes and preferences of two users . In 
embodiments , this may be executed without the need to 
engage either of the users in a dialog . 
[ 0194 ] In embodiments , the present invention may provide 
for a computer program product embodied in a computer 
readable medium that , when executing on one or more 
computers , helps target advertising to a user through the use 
of a computer facility by performing the steps of : ( 1 ) 
providing a user preference learning API to a third - party 
website to determine preferences of the user as applied to a 
market of a third - party , wherein the preference learning API 
is executing as an extension of the computer facility ; ( 2 ) 
receiving third - party information related to the market of the 
third - party ; ( 3 ) collecting the preferences of the user and 
store them as a user preference profile ; ( 4 ) receiving a query 
from the user at the third - party website associated with the 
market of the third - party ; and ( 5 ) providing an advertise 
ment to the user , wherein the advertisement is based on the 
ascertained preferences of the user . In embodiments , the 
determining preferences may be through the use of natural 
language processing . The advertisement may be provided by 
the computer facility . The advertisement may be provided 
through the third - party and enabled through preferences 
provided to the third - party from the computer facility . The 
API may enable the collection of at least one of cost 
information , product information , personal information , and 
topical information . The decision may be also based on 
information inferred from a user's social network . An adver 
tisement may be delivered to other users associated with the 
user , such as through a social network . 
[ 0195 ] In embodiments , the present invention may provide 
a taste and preference API that third parties may use to 
provide users with reviews from similar users , where the 
user and similar users may not have engaged in a dialog or 

interacting directly with the computing facility of the present 
invention . For instance , the taste and preference API may 
enable the present invention to collect taste and preference 
information for the user , provide the third - party with taste 
and preference information for the user from a previously 
established taste and preference profile , provide the third 
party with taste and preference information for the user 
based on near - term actions of the user , and the like . In 
embodiments , the user may have never interacted with a 
facility of the present invention , where a user's taste and 
preference profile may be created and updated through the 
user's interactions , responses , recommendations , reviews , 
and the like . In embodiments , the system may learn about a 
known user's taste profile though their rating things they like 
and don't like , or through the use of natural language 
processing , such as inferring a taste profile by analyzing how 
the user tags their user profile . In this case , similar users may 
have a previously established taste and preference profile , 
and as such may have a taste and preference profile that may 
be matched to the user . In addition , these similar users may 
have reviews associated with their profile . The system may 
now match the user to a similar user , and then provide the 
user with the associated review . For instance , a user may 
have an existing taste and preference profile with the system , 
such as directly with the computer facility or though at least 
one third - party API , and may want to know what other 
similar users thought of some product , service , person , 
event , and the like . The system may then search the taste and 
preference profiles for similar users on the subject the 
present user has interest in . In this way , the system may now 
be able to provide reviews and such to the present user from 
similar users , and thus helping the present user determine 
what they may want to do based on their tastes and prefer 

For example , a user may go to a product website that 
utilizes the taste and preference API of the present invention , 
and is interested in reviews for digital cameras . The third 
party may now find similar users , and then search for digital 
camera reviews by those similar users and provide the 
reviews to the current user . In embodiments , the reviews 
may be resident at a third - party facility , at another third 
party facility , at a facility of the present invention , and the 
like . In embodiments , the ability to show reviews of similar 
users may allow the user to access more relevant reviews in 
a more time efficient manner , and the third - party user of the 
API may be able to provide more targeted and relevant 
support to their users . 
[ 0196 ] In embodiments , the present invention may provide 
a taste and preference API that third parties may use to 
provide users with reviews from similar users , where the 
users are determined to be similar without the similar users 
participating in a dialog through the present invention . For 
instance , the similar user may be identified as being similar 
through a social network , friend , family , work , and the like . 
In an example , a user may be associated with a second user 
though a social network , and through this association , deter 
mined to be ‘ similar ' , such as though age , interests , and the 
like . The similar user may then provide a review , such as for 
a product , an activity , and the like . This review may then be 
provided to the user as relevant though the similarity to the 
other user . In embodiments , similar users may be determined 
through similar recommendations on other topics , such as in 
combination with other factors , where the other factors may 
be a social association . 

ences . 
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[ 0197 ] In embodiments , the present invention may provide 
for a computer program product embodied in a computer 
readable medium that , when executing on one or more 
computers , helps a user find reviews of similar users through 
the use of a computer facility by performing the steps of : ( 1 ) 
providing a user preference learning API to a third - party 
website to determine preferences of the user , wherein the 
preference learning API is executing as an extension of the 
computer facility ; ( 2 ) collecting preferences of a plurality of 
users , wherein the plurality of users includes the user , ( 3 ) 
storing the preferences of the user in a taste and preference 
database which contains a plurality of taste and preference 
profiles ; ( 4 ) receiving a request from the user through a 
third - party taste and preference learning API for a topical 
review from a user who has similar taste and preferences ; ( 5 ) 
matching the preferences of the user to at least one other 
user's preference in the taste and preference database ; ( 6 ) 
searching for a review related to the request for the topical 
review from amongst the matched other users ; and ( 7 ) 
providing the review to the user . In embodiments , the 
determining preferences may be through the use of natural 
language processing . The review may be found within the 
computer facility , a facility of the third - party , and the like . 
The computing facility may be a machine learning facility . 
The preference learning API may enable the collection of 
cost information , product information , personal information , 
topical information and the like . The review may be pro 
vided by a similar user that has no taste and preference 
profile , where the user may be similar as determined though 
a social association , where the social association may be a 
social network . 

[ 0198 ] In embodiments , the present invention may provide 
a taste and preference API that third parties may use to 
recommend products , services , and the like . For instance , a 
user may come to a third - party web site in search of a 
recommendation for a product , and the third - party may then 
utilize the taste and preference API to better understand what 
the user typically prefers , and from that preference , suggest 
a product . In an example , the user may come to an audio 
store website looking for a recommendation for an audio 
system for playing music from their iPhone . The third - party 
may then utilize existing taste and preferences for the user 
through the API . In this example , the tastes and preferences 
of the user may indicate that they are a collage student and 
often on the run in their social life . From this information , 
the third - party may now make recommendations , such as 
recommendations for audio systems that are portable , small , 
powerful , and the like . Alternately , the third - party may use 
the taste and preference API to determine their taste and 
preferences at the time of the user inquiry , such as targeted 
to the inquiry , content of the third - party , for the user in 
general , and the like . The third - party may use this new taste 
and preference information alone , or in combination with 
previous tastes and preference profiles through the present 
invention , to make the recommendations . The taste and 
preferences as established through the third - party may now 
be stored in a facility of the present invention , such as to be 
used again or in combination with new taste and preference 
profiles generated through other third - party APIs or directly 
through a facility of the present invention . In embodiments , 
the ability to use the taste and preference API may improve 
the recommendations for products , services , and the like that 
are made through third - party sites . 

[ 0199 ] In embodiments , the present invention may provide 
a taste and preference API that third parties may use to 
recommend products , services , and the like , to a user based 
on the actions of similar users . For instance , two users may 
have previously established taste and preference profiles 
with the present invention , where one of the users has 
selected a product , service , or the like , and where third - party 
may now provide a recommendation to the other user based 
on their similarity , such as determined through their profiles . 
In an example , two users may have been determined to be 
similar through their taste and preference profiles , such as by 
their age , location , political views , social activities , and the 
like . The first user may then select a product , such as a car . 
In the event that the second similar user should indicate an 
interest in a car , such as through searching , advertisement 
selection , explicit question to the present invention , and the 
like , the present invention may provide the car selection to 
the second user as a potential fit because of their similarities . 
In embodiments , this may be done without a dialog provided 
to one or both users . 
[ 0200 ] In embodiments , the present invention may provide 
for a computer program product embodied in a computer 
readable medium that , when executing on one or more 
computers , helps a user find a recommendation through the 
use of a computer facility by performing the steps of : ( 1 ) 
providing a user preference learning API to a third - party 
website to determine preferences of the user as applied to the 
products and services of the third - party , wherein the pref 
erence learning API is executing as an extension of the 
computer facility ; ( 2 ) receiving third - party information 
related to the products and services of the third - party ; ( 3 ) 
collecting the preferences of the user and storing them as a 
user preference profile , wherein the source of the collecting 
is from user interactions on the Internet ; ( 4 ) receiving a 
query from the user at the third - party website associated 
with at least one of products and services of the third - party ; 
and ( 5 ) providing a recommendation for at least one of the 
product and service to the user from the computing facility , 
wherein the recommendation is based on the query and the 
ascertained preferences of the user . In embodiments , the 
determining of preferences may be through the use of 
natural language processing . The collecting may be from the 
third - party website on the Internet ; a plurality of third - party 
websites on the Internet ; at least one of recommendations , 
purchases , and search result choices made by the user , and 
the like . The computing facility may be a machine learning 
facility . The third - party information may consist of product 
information from product manufacturers , product informa 
tion from web merchants , pricing information from other 
websites , availability information from other websites , pric 
ing information from merchants , availability information 
from merchants , a review , comments , ratings , and the like . 
The API may enable the collection of cost information , 
product information , personal information , topical informa 
tion , and the like . The preferences may be derived from an 
action of a second similar user , where the similarity may be 
determined through a taste and preference profile for the 
user and second similar user . The action of a second similar 
user may be a selection of at least one of product and service . 
[ 0201 ] In embodiments , the present invention may provide 
a taste and preference API that third - party social network 
sites may use to show a user people that are similar to them 
on the social network . These similar people may be shown 
as a list , as photos , by region , by age , by gender , and the like . 
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For instance , the user may come to a social network site and 
ask to see or be connected to people who are similar to them . 
The social network site may then utilize the taste and 
preference API to provide the user with a dialog to determine 
their tastes and preferences , such as in general , to social 
situations , to social networking , to activities , to music , to 
personality , and the like . Alternately , the user may already 
have a taste and preferences profile as determined directly 
by a facility of the present invention , through another 
third - party API , though the social network site , and the like . 
The social network may then use this information to match 
the user to other people on the social network , such as 
through taste and preference profiles of the other people as 
previously determined , through information available about 
the other people as available through the social network , and 
the like . For example , the user's taste and preference may 
indicate that they are young and enjoy going to clubs in the 
NYC . The social networking site may now be able to match 
the user to similar people on the social network , such as by 
list , photograph , by category , by region of the city , and the 
like . In embodiments , the taste and preference API with a 
social network may provide an enhanced matching experi 
ence to the user who is trying to find other similar people to 
be social with . 
[ 0202 ] In embodiments , the present invention may provide 
for a computer program product embodied in a computer 
readable medium that , when executing on one or more 
computers , helps a user find other similar users on a social 
networking site through the use of a computer facility by 
performing the steps of : ( 1 ) receiving an initial request from 
a user through a third - party social networking site API , 
wherein the initial request is to find other similar users to 
them on the social network ; ( 2 ) ascertaining preferences of 
the user through the social networking site API ; ( 3 ) match 
ing the user preferences to other users on the social network 
with users with similar preferences ; and ( 4 ) providing a 
matching result to the user that includes the other users that 
match user's preference . In embodiments , the ascertaining 
of preferences may be through the use of natural language 
processing . The matching result may be presented to the user 
as a list of the similar users . The matching result may be 
presented to the user as a profile of the similar users . The 
matching result may be presented to the user as links to the 
similar users within the social network . The computing 
facility may be a machine learning facility . 
[ 0203 ] In embodiments , the present invention may provide 
a taste and preference API that third - party searching facili 
ties may use to rank search results based on which results 
similar users selected the most . For instance , the searching 
facility may offer users the opportunity to improve the 
relevancy of how the search results are listed through a tastes 
and preference profile , as provided through the taste and 
preference API of the present invention . A taste and prefer 
ence profile database or the like may then be accumulated 
and maintained , from which the searching facility may rank 
search results for the user to previously selected results by 
other similar users . In an example , a user may have a taste 
and preference profile that shows a retired male who likes to 
sail and is a bit adventurous . When the user searches for 
Caribbean vacation destinations the searching facility may 
rank the search results with these taste and preference 
attributes listed first , such as for sailboat rental packages in 
the islands , hiking in the islands , off - beat destinations , and 
the like . In embodiments , the use of a taste and preference 

API provided to a searching facility may improve the 
relevancy of ranked search results to the user . 
[ 0204 ] In embodiments , the present invention may provide 
for a computer program product embodied in a computer 
readable medium that , when executing on one or more 
computers , helps rank search results through the use of a 
computer facility by performing the steps of : ( 1 ) receiving a 
search request from a user through a third - party searching 
facility ; ( 2 ) ascertaining preferences of the user , wherein the 
ascertained preferences from the user creates a taste and 
preference profile for the user and is stored in a taste and 
preference storage facility which includes a plurality of 
other user taste and preference profiles , where the profiles 
also contain a history of search results selected by the other 
users in previous searches ; ( 3 ) matching the user to other 
users with similar taste and preference profiles ; ( 4 ) deter 
mining a search result set for the user's search request ; ( 5 ) 
matching the search result set to the history of search results 
selected by the other users with similar taste and preference 
profiles ; and ( 6 ) providing the search results to the user , 
wherein the search results are ranked according to the 
matched results selected by the other users with similar taste 
and preference profiles . In embodiments , the ascertaining of 
preferences may be through the use of natural language 
processing . The computing facility may be a machine learn 
ing facility . The searching facility may be a search engine . 
[ 0205 ] Referring to FIG . 34 , the present invention may 
utilize social graphs to infer the taste and preferences for an 
unknown user by finding paths through an Internet based 
social interactive cons uct people with known taste 
preferences . In this way , the present invention may provide 
a way to get data for a user that the system has never heard 
of before . In embodiments , the present invention may pro 
vide for a computer program product embodied in a com 
puter readable medium that , when executing on one or more 
computers , helps determine an unknown user's preferences 
through the use of internet based social interactive graphical 
representations on a computer facility 3402 by performing 
the steps of : ( 1 ) ascertaining preferences of a plurality of 
users who are part of an internet based social interactive 
construct , wherein the plurality of users become a plurality 
of known users 3404 ; ( 2 ) determining the internet based 
social interactive graphical representation 3412 for the plu 
rality of known users 3408 ; and ( 3 ) inferring the preferences 
of an unknown user present in the internet based social 
interactive graphical representation 3412 of the plurality of 
known users based on the interrelationships between the 
unknown user and the plurality of known users within the 
graphical representation 3410. In embodiments , the Internet 
based social interactive graphical representation may be a 
social network , a social graph , a social diagram , and the like . 
The unknown user may be three degrees , five degrees , and 
the like away from the closest known user in the internet 
based social interactive graphical representation . The 
inferred preferences of the unknown user may make the 
unknown user a new known user , and the new known user 
may be used to contribute to the inferring of the preferences 
of a second unknown user . The preferences may include 
personal information , topical information , and the like 
related to interactions of the user , where the interactions may 
be through the internet based social interactive graphical 
representation . The interactions may be through an API 
provided to a third - party website . The inferring may be 
provided in conjunction with other known users that are 
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related to the user in the user's internet based social inter 
active construct . The ascertaining of preferences may be 
through the use of natural language processing . The com 
puting facility may be a machine learning facility . The 
inferred preferences may be used to target advertising to the 
unknown user , to share reviews with the unknown user . The 
inferred preferences may be used to recommend products , 
services , and the like to the unknown user . The inferred 
preferences may be used to aid in ranking search results for 
the unknown user . Known users that are in close proximity 
to the unknown user may carry more weight in an inferring 
algorithm . The inferred preferences may be refined by 
information from other sources , where the other sources may 
include third party sources , recommendations made by the 
plurality of known users , search queries by the plurality of 
known users , search result selections one of the plurality of 
known users , personal tastes as determined through web 
interactions by at least one of the plurality of known users , 
and the like . The other sources may include a third - party 
preference learning API . 
[ 0206 ] In embodiments , the present invention may utilize 
social network graphs , diagrams , graphical representations , 
and the like , to infer the taste and preferences for an 
unknown user by finding paths through a social network to 
people with known taste , or visa versa . Social diagrams are , 
generally speaking , the mapping of a plurality of users and 
how they are related . By using the social diagram , a taste and 
preference of a known and unknown user may be deter 
mined from their interrelation within the diagram . For 
instance , a user with a known taste and preference profile 
may be directly associated with a plurality other users , such 
as represented in a social diagram . To a first approximation , 
it may be assumed that these plurality of other users are 
similar to the user , and so have similar taste and preferences . 
These other users may then be provided refined services that 
take advantage of knowing a users ' taste and preference , 
such as described herein . For example , provided with a user 
with a known taste and preference profile indicating they are 
a rock climber , it may be assumed that users within a first 
link of the user's social diagram are also rock climbers . In 
reality , this may prove to be too general an assumption . 
However , it may be a good assumption that the user does 
have associations with other rock climbers , and so the 
system may go out through the social diagram searching for 
other known users that enjoy rock climbing . In this example , 
it may be found there is another known user , such as three 
links away , that also enjoys rock climbing , and this user is 
found in a cluster that connects to the first user . From this it 
may be a good assumption that this cluster is a group of rock 
climbers , and rock climbers may all share a set of similar 
tastes and preferences with each other . In embodiments , 
tastes and preferences may be inferred from associations 
within a social network diagram , and as such , may be 
provided benefits from the present invention as described 
herein . 
[ 0207 ] In embodiments , the present invention may provide 
for a computer program product embodied in a computer 
readable medium that , when executing on one or more 
computers , helps determine an unknown user's tastes and 
preference through the use of social network graphical 
representations on a computer facility by performing the 
steps of : ( 1 ) ascertaining preferences of the user , wherein the 
user becomes a known user ; ( 2 ) determine the social net 
work graphical representation for the known user ; ( 3 ) deter 

mine the presence to other known users within the known 
user's social network graphical representation ; and ( 4 ) infer 
the preferences of an unknown user present in the known 
user's social network graphical representation based on the 
interrelationships between the unknown user and the known 
user and other known users within the network graphical 
representation . In embodiments , the ascertaining of prefer 
ences may be through the use of natural language process 
ing . The social network graphical representation may be a 
social graph , a social diagram , and the like . The computing 
facility may be a machine learning facility . 
[ 0208 ] In embodiments , the present invention may com 
bine the tastes and preferences of a user as determined 
through two or more third - party API to improve recommen 
dations provided through the two or more third - party API . 
For instance , there may be taste and preference profiles 
being established through more than a single third - party 
API , and by combining these different tastes and preference 
profiles by the present invention , a combined taste and 
preference profile may be generated . Further , as additional 
taste and preference profiles are created through third - party 
API , they may be used to continuously update the combined 
taste and preference profile for a user . The third parties may 
then utilize the combined taste and preference profile to 
improve their recommendations . This may especially be the 
case when different third parties focus taste and preference 
profiling on different areas , such as products , personal 
relationships , services , celebrities , and the like . It can be 
appreciated that combining a number of more specific 
profiles into a combined profile may provide a richer taste 
and preference profile then could be generated through any 
one of the more specific profiles . In addition , a user may 
change their tastes and preferences over time , and so com 
bining more recent user profile interactions on one third 
party API may benefit another third - party that the user has 
not interacted with in recent time , but where the other 
third - party wants to keep their user profiles up to date . 
[ 0209 ] Referring to FIG . 35 , in embodiments the present 
invention may provide for a computer program product 
embodied in a co er readable medium that , when 
executing on one or more computers , provides improved 
taste and preference profiling through the use of a computer 
facility 3502 by performing the steps of : ( 1 ) creating a first 
taste and preference profile of a user 3512 through the user's 
interactions with a first third - party web site 3514 through a 
first preference learning third - party API 3504 ; ( 2 ) collecting 
additional user interaction information through a second 
third - party website 3514 through a second third - party API 
3508 ; and ( 3 ) combining the additional user interaction 
information with the taste and preference profile to improve 
the taste and preference profile 3510. In embodiments , 
creating a first taste and preference profile may be through 
the ascertaining of user preferences through the use of 
natural language processing . The computing facility may be 
a machine learning facility . The API may enable the collec 
tion of at least one of cost information , product information , 
personal information , and topical information . 
[ 0210 ] Referring to FIG . 36 , in embodiments , graph con 
structs 3620 may be developed and / or utilized by a web 
based advice facility 3602 , such as to aid in providing 
recommendations to users 3608 through a dialog with the 
user 3608 across the Internet 3604 , with a minimized 
amount of dialog with a user , to provide recommendations 
to users where the graph constructs augment the process that 
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leads to the recommendation , where the use of the graph 
construct eliminates the need to carry on a dialog with the 
user to form recommendations to users , and the like . In 
embodiments , graph constructs may be developed through 
information from third - party sites 3610. In embodiments , 
there may be a plurality of types of nodes 3612 in the graph , 
such as people , entities , tags , and the like . For instance , 
people may be users of websites , applications , mobile 
devices , shoppers in a store , anonymous web browsers 
represented purely by a unique cookie id , and the like . 
Entities may be things that people like , dislike , buy , search 
for , research , and the like . Tags may be short textual 
descriptions of entities , people , and the like . In embodi 
ments , nodes in the graph may be connected by a plurality 
of types of edges 3614 , such as for preference data , tagging 
data , and the like . For instance , entities may be connected to 
people nodes by preference edges that express the degree to 
which a person likes or dislikes that entity . Tags may be 
connected to people and entity nodes by whether those 
people or entities are tagged with those tags . 
[ 0211 ] In embodiments , graph data may be explicitly 
given by users ( e.g. user ‘ A ’ says they like thing ‘ B ' ) , 
crawled from publicly available web sites , provided by 
third - party sources , and the like . Once data is received , the 
system may attempt to " alias ” it to existing data in the 
system . For example , if the data tells the system that user ‘ A ’ 
likes restaurant ' B ' , then the system attempts to identify 
what , if anything , is already known about restaurant ' B ' 
through things like matching names , addresses , phone num 
bers , and other information . This may allow the system to 
aggregate data , such as training data , from multiple sources 
all against the same entity representing restaurant ‘ B ’ . The 
system may perform aliasing against users . For example , 
user jsmith99 might be the same user as john_smith on two 
different websites . The system may use similarity of user 
names , email addresses , pictures , full first and last names , 
geographic location , and the like to correlate users across 
different web sites and identity systems . 
[ 0212 ] In embodiments , nodes in the graph may have a 
" taste profile " , such as with a numerical quantity . A person 
may be predicted to like or dislike an entity or tag based on 
their taste profiles . Similarly , two people may be predicted 
to be similar or dissimilar based on their taste profiles . 
Entities may also be compared to see how similar they are 
to each other using their taste profiles . The system's graph 
may initially have taste profiles assigned to some nodes and 
then propagate those taste profiles to the nodes that don't 
have taste profiles . This propagation may be an iterative 
process that “ flows ” taste profiles from nodes that have 
profiles into nodes that do not have profiles . Alternatively , 
the iteration may update the profile of nodes that already 
have a profile based on neighboring nodes ' profiles . New 
data may be incorporated into the graph by adding new 
nodes or edges and then updating the new or changed node 
purely using neighboring nodes ' profiles . Alternatively , the 
system may run multiple iterations of updates across the 
entire graph . 
[ 0213 ] Many different kinds of data may be fit into being 
viewed as a “ like ” or “ dislike ” . For example , viewing a web 
page can be represented in the graph as an edge with a weak 
connection between the person viewing the web page and an 
entity representing the web page . Someone buying a book 
can be represented by an edge making a strong connection 
between the person buying the book and the book itself . 

Someone answering a question that has three mutually 
exclusive answers can be represented as an edge between the 
person and an entity representing the answer they gave as 
well as two negative edges to the two answers the user did 
not give . 
[ 0214 ] In embodiments , methods and systems may pro 
vide for recommendations to users based on the degree to 
which a recommendation may be new , interesting , and the 
like , which will herein be referred to as ' interestingness ' . In 
embodiments , interestingness may be a combination of 
being an interesting subject , topic , product , and the like , as 
well as how new or revived the idea is . In an illustrative 
example , the user may live in the U.S. and be interested in 
cooking Italian food , and so the system may provide cooking 
recommendations to the user . In this instance , recommend 
ing a “ new cheese flavor to try as Parmesan Cheese may 
have a low interestingness , because the use of Parmesan 
Cheese in the U.S. may not be new at all , and even be rather 
over used . Alternatively , Pecorino cheese is an Italian cheese 
made from sheep's milk , and can be used instead of Par 
mesan cheese on pasta dishes and is sometimes preferable if 
a sharper taste is desired . As such , a recommendation to 
substitute Parmesan with Pecorino may be considered to 
have a high interestingness , at least in a relative sense to that 
of Parmesan . Interestingness may be determined relative to 
what is standard or typical , relative to a past recommenda 
tion , relative to a novel factor , and the like . In this instance , 
the interestingness of Pecorino may be rated high relative to 
the interestingness of Parmesan . 
[ 0215 ] In embodime interestingness may be correlated 
to a known taste profile and fresh to the user , where fresh 
may mean new ( such as new to the world ) , absent from a 
user's own past experience ( such as by reference to a known 
history of the user ) , and the like . Alternately , ‘ fresh ' may not 
necessarily be new to the world or to the user , but be a new 
fact or story associated with something that makes it inter 
esting anew . For example , " Chipotle on 21st street ” may not 
be new or interesting , but someone provides a recommen 
dation to “ Get a burrito at Chipotle where Oprah gets her 
burritos ” then it's interesting . The system may encourage 
this by requiring users to write a reason as to why they are 
recommending something . Interestingness may be deter 
mined as related to the ratio of users rating the item , to the 
item being “ saved ” by users . For instance , if there is a 
bookmark , save for later , add to wish list , and the like 
functionality ( e.g. a star rating functionality ) , it may be seen 
that there is a correlation between highly rated items that are 
‘ low saved items as not being interesting . In this instance , 
it could be that everyone knows about the items , so they can 
rate them , but they're not worth saving for later , thus not 
interesting . Alternately , an item that is highly rated and often 
saved by users may be considered interesting , because the 
item is both highly regarded ( i.e. highly rated ) and worth 
saving for further consideration . Interestingness may be an 
acceleration of social activity . For example , there may be a 
restaurant that has been around forever , and that the user 
knows about , but which on a sunny weekend suddenly starts 
getting a lot more foursquare.com check - ins . This may be a 
sign there's something interesting going on there now . In 
embodiments , the advice facility may also determine that 
something is new or new to the user by looking at release 
dates of books , movies , albums , products , and the like , and 
take the earliest date the item is found on the Internet to 
determine its interestingness ; look at the date of the first 
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review written for something on the web ; look at events such 
as movie releases , concerts , author talks , and the like , that 
may be considered inherently new ; and the like . The advice 
facility may also ask the user to rate things they already 
know about , where the system may assume that items user's 
haven't rated are new to them . The advice facility may have 
a ' save ' feature to encourage users to use when they don't 
know about something yet but want to check it out . 
[ 0216 ] Thus it will be understood that “ interestingness ' as 
that term is used herein may include ( or more concretely , be 
quantitatively evaluated according to ) relevance in the con 
ventional sense , particularly as it relates to the relationship 
between a user's profile ( or taste profile ) and new content . 
A wide variety of analytical , mathematical , rule - based , and / 
or heuristic techniques are known for evaluating relevance , 
any of which may be usefully adapted to determining 
relevance ( and more generally interestingness ) as contem 
plated herein . However , interestingness additionally 
includes dynamic relationships between a user and content 
based on , e.g. , time , location , user history , and so on . 
[ 0217 ] Time , for example , may be important simply as a 
measure of newness , such as where a current statistic is more 
interesting than an older measurement of the same statistic . 
Conversely , where a user expresses interest in a particular 
point in time or period in history , older statistics , facts , 
opinions , and the like having an explicit time ( as determined 
by metadata , content , chronology , or the like ) may be more 
interesting . Newness — that is , a measure of how recent an 
item is may be particularly important to interestingness 
where there are numerous diverging items of information on 
a topic and there is a measurable increase in the current 
popularity of or interest in particular ones of the diverging 
items . This type of popularity may be measured in numerous 
ways such as passive measurements of blogging activity , 
newly indexed web content , or any other Internet - based 
measurement of user interest , as well as active measure 
ments of hits , traffic , or other activity at web servers , as well 
as group or individual monitoring of client activity . Time 
may also be important to interestingness of an item in other 
contexts , such as where time is explicit or implicit in a user 
inquiry , e.g. , things to do this weekend , movies showing this 
evening , etc. 
[ 0218 ] Location may also significantly impact interesting 
ness . This may include simple geographic proximity using 
any suitable location - aware technologies , and may incorpo 
rate other aspects of a user profile such as an interest in 
particular venues ( e.g. , food , art , entertainment ) or a current 
activity associated with a user . However , it will be under 
stood that this may also include location - related items such 
as inferences about the convenience of adjacent locations 
through various transportation alternatives available to the 
user ( e.g. , a car , public transportation , etc. ) , as well as a 
user's available budget for immediate or extended travel 
planning . In addition , the context of a location and its 
corresponding interestingness may depend on other dynamic 
location attributes such as the location of friends within a 
social network , and the proximity to or distance from 
geographic concentrations of the same . 
[ 0219 ] User history may also be used to parameterize 
interestingness . For example , where a new item is respon 
sive to a user inquiry or well matched to a user profile , but 
highly distinct from previous content obtained by a user , this 
distinctiveness may make the item more quantitatively inter 
esting even if the calculated relevance is equal to or less than 

relevance of other results . Thus in one aspect , interesting 
ness may depend concurrently on measures of similarity ( or 
relevance , or the like ) and dissimilarity , or more specifically , 
characteristics that make an item dissimilar to previous 
content in a user's history . Alternatively , an item of infor 
mation may rank poorly on a general measure of relevance 
that is de - emphasized based on other aspects of the user's 
current context . Thus interestingness may provide a measure 
of relevance to a user based on any suitable similarity or 
matching metric that is further augmented by a newness to 
a user , as explicitly measured through a dissimilarity to 
information in a user's history , or any objective basis for 
adapting relevance scoring based on the user's context . In 
one aspect , interestingness may be objectively measured as 
relevance based on a user's profile along with dissimilarity 
to a user's history and one or more aspects of a user's current 
context such as time or location . As measured in this 
manner , many objectively highly relevant items may not be 
particularly interesting to a user , while marginally relevant 
items may be highly interesting . 
[ 0220 ] Referring to FIG . 37 , recommendations may be 
provided through a recommendation facility 3704 as part of 
a web - based advice facility 3702. In embodiments , the 
recommendation facility may utilize interestingness filtering 
3708 in the process of generating recommendations to a user 
3722. Recommendations sources may include friends 3718 , 
similar users 3714 , influential people 3720 , source websites 
3712 , and the like . Recommendations may be provided to 
the user through the Internet 3710 , through a telecommuni 
cations facility 3724 ( e.g. cell phone network ) , and the like . 
[ 0221 ] In embodiments , the determination of interesting 
ness may be related to “ social activity of other individuals 
( e.g. friends , famous people , an authoritative person ) , the 
“ born on ' date of a product , place , event ( e.g. the opening of 
a restaurant , the release of a movie , a new product ) , and the 
like . The social activity of other individuals may be related 
to individuals influential to the user , such as friends highly 
rating a topic , friends with similar tastes highly rating a 
topic , non - friends who are influential highly rating a topic , 
non - friends who have similar tastes in this topic highly 
rating it , and the like . These other individuals may fall into 
different categories , such as friends ; people the user doesn't 
necessarily know but whom have similar tastes in this topic ; 
people who don't necessarily have the same tastes as the 
user but who are famous , prolific , well - known ; critics in this 
topic ( e.g. movie reviewers ) ; and the like . The system may 
also note which of the user's friends have similar tastes to 
them in this specific topic . For example , if Ted has similar 
restaurant tastes to the user , but Alice does not , then a 
restaurant may be interesting to the user if Ted likes it but not 
necessarily interesting if Alice likes it . Other reasons that 
something may be considered interesting for the user are if 
a friend has saved the recommendation for later , if friends 
are commenting and discussing the recommendation 
actively , and the like . 
[ 0222 ] In embodiments , recommendations may be pro 
vided to users through email , social networks , third - party 
sites , when the user requests , as a data feed , as a push 
service , on a periodic basis , in association with a search 
topic , related to a current geographic location , to a home 
computer , to a mobile computer , to a mobile communica 
tions facility ( e.g. cell phone , smart phone , PDA ) , and the 
like . For example , the user may be provided interestingness 
recommendations to their mobile phone based on their 
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current geographic location , such as product recommenda 
tions to stores in the area ( e.g. products on sale , new 
products , products that are difficult to get ) , places to see , 
restaurants to try , and the like , where the recommendations 
are based on interestingness . In this way , the user doesn't 
just receive recommendations , but rather a more interesting 
set of recommendations , which may increase the chances 
that the user will be interested in the recommendation , such 
as in a ' discovery’of a new idea , place , product , and the like . 
And when the discovery is associated with a particular 
genre , becomes a ‘ local discovery ' , a ‘ restaurant discovery ' , 
a technology discovery ' , a ' cooking discovery ' , and the 
like . 
[ 0223 ] In embodiments , the present invention may provide 
‘ local discovery ' to a user , where local discovery may 
include providing new and interesting things to the user 
instead of relying on the user typing something into a search 
box or otherwise “ pulling ” search results to them . This may 
be especially useful for mobile devices where typing is more 
difficult , such as when a device input is input constrained 
( e.g. small keyboard , small display , the user being mobile 
( walking , driving ) , and the like ) . Although the description of 
local discovery herein is provided primarily with respect to 
a mobile device application , one skilled in the art will 
appreciate that it may be implemented on any computing 
facility , such as a laptop , desktop , navigation device , or the 
like . Local discovery functionality may also be available 
through a web interface , through emails of “ new stuff " for 
the user , through Twitter , through posting to blogging plat 
forms ( e.g. Wordpress , Tumblr , etc ) , and the like . Further , 
local discovery content may be provided to a user upon 
request , transmitted to the user ( e.g. email ) to push new 
interesting things to a user ( e.g. weekly ) , and the like . 
[ 0224 ] In embodiments , a mobile device local discovery 
application may show the user places nearby , such as that 
they've rated in the application in the past , that their friends 
have rated , that people with similar taste as the user have 
rated , that authoritative sources have rated , that famous 
people have rated , and the like , where ‘ rating ' may be an 
inferred recommendation from behaviors ( e.g. online or 
off - line ) of the person . In embodiments , the places that get 
shown may be restaurants , bars , boutiques , hotels , and the 
like . There may also be a navigational element to let the user 
filter down to narrower lists , such as for example , “ Italian 
Restaurants ” that are nearby or at a specified location , such 
as recommended by others . 
[ 0225 ] Besides showing places , local discovery may also 
show the user items to buy , events to go to , things to look at 
( such as if they have some time to kill ) , and the like . For 
example , local discovery might provide a list of recom 
mended books the user might want to read and optionally 
show where to buy them locally . Local discovery might 
select the items , provide recommendations , and the like , 
based on machine learning , such as what the user's friends 
have liked recently , what people with similar tastes in books 
have liked recently , what popular / prominent critics have 
liked recently , and the like , or just what is popular overall or 
popular near the user . Similarly , this also applies to other 
kinds of products , events to go to , and the like . 
[ 0226 ] In embodiments , local discovery may find people 
with similar tastes in each area ( restaurants , books , etc ) and 
then let the user follow the things they rate . When using the 
mobile application , local discovery may use the user's 
location to filter down lists of things people similar to the 

user like near by . Local discovery may determine whether 
another person has similar taste as the user through machine 
learning , asking both to rate various places and things , 
asking both to answer questions to gauge similarity , and the 
like . Local discovery , such as though the advice facility , may 
then try to validate similarity between the user and another 
person , such as based on liking obscure things in common , 
disliking popular things in common , showing written 
reviews that the other person has written , describing the 
other person's traits ( demographics , location , etc ) , showing 
how many other people follow the other user , and the like . 
[ 0227 ] In embodiments , instead of producing a list of 
recommended places , things , or events for a given area , local 
discovery may also produce a “ discovery ” feed of interest 
ing stuff for the user , such as with a high interestingness 
rating . This may mean that instead of seeing the same ten 
restaurants recommended every time the user looks near 
their office , they may see a few different results each day 
show up . Ideally these new restaurants may be showing up 
based on the user's friends or people with similar tastes 
liking some new place near you , but it may also be a partially 
editorial process where staff members associated with the 
implementation of a local discovery application are con 
stantly finding new places and sending them out to the user 
base . 
[ 0228 ] In embodiments , the user may also save things to 
a “ wish list ” , “ to do list ” , and the like , for using later . This 
saved list of products , places , events , and the like , may then 
also be used to alert the user about deals , availability , new 
reviews , and the like , about those products , places and 
events so as to only alert the user about stuff they're 
interested in . For example , it might be annoying if the user's 
phone vibrated to tell them some shoes were available at a 
store they were walking by unless they had previously 
indicated they wanted those shoes on their “ wishlist ” . 
[ 0229 ] In embodiments , the user interface for a local 
discovery application may be a map , a textual list , a " cover 
flow ” like interface for flipping through ( such as in Apple 
Computer's implementation of cover flow ) , and the like . The 
interface may also send alerts to the user when a friend or 
someone with similar taste likes something nearby , likes 
something that the user has saved to their wish list , and the 
like . 
[ 0230 ] In embodiments , a local discovery application may 
be associated with the weather , where the application may in 
part determine recommendations based on actual or pre 
dicted weather in the area the person wants a recommenda 
tion in . For example , the application may recommend places 
with great outdoor seating when the weather is warm and not 
raining , recommend things to do outdoors when the weather 
is good , provide more weight to recommendations for going 
to a museum when the weather is bad , and the like . 
[ 0231 ] In embodiments , a local discovery application may 
be associated with the time of day , such as taking the hours 
of operation and the distance to the place into account when 
making recommendations . For example , if the person wants 
a place to eat now , the system may not recommend a place 
that is closed or about to close . Similarly , the system 
wouldn't recommend things to do that have sold out already , 
that will not be reachable in time using estimated transpor 
tation time to reach them , and the like . 
[ 0232 ] In embodiments , a local discovery application may 
be associated with taste , such as using a person's taste when 
making recommendations instead of just showing what's 
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popular among users nearby . In embodiments , taste may be 
inferred through the things the user likes , the people they 
follow on social networks , and the like , such as described 
herein . 
[ 0233 ] In embodiments , a local discovery application may 
be associated with location , such as using the person's 
location when making recommendations , use their location 
when offering the user a list of topics they can get a 
recommendation in , and the like . For example , if there are 
no hair salons near by , the system would not offer the user 
the choice of getting recommendations about hair salons . 
Similarly , if there are no Mexican restaurants or video game 
stores , the system would not offer the choice of recommen 
dations in those topics . If the user's location is inside a store , 
the system wouldn't offer recommendations about topics the 
store is out of or does not sell . 
[ 0234 ] In embodiments , a local discovery application may 
be associated with social activity , such as showing recom 
mendations that have received some amount of activity from 
friends , from respected authorities in the topic , from people 
with similar tastes as the user , and the like . 
[ 0235 ] In embodiments , a local discovery application may 
be associated with recommendations that are interesting in 
that they are new , newly popular , have received social 
activity , have an indication that they are not new but also not 
popular enough that the user is likely to already know about 
them , and the like , such has described herein in terms of 
interestingness . 
[ 0236 ] In embodiments , a local discovery application may 
be associated with what items a user saves on their mobile 
device , such as when a person using a mobile application 
may “ save for later ” interesting recommendations as well as 
things they see in stores or while out walking around . For 
example , if they see a book they like in a book store , they 
may scan the bar code and save it for later . If they see a 
restaurant they like they may take a picture and capture their 
location , such as via GPS , and save it for later . Saved content 
may then be the basis of recommendations used in a mobile 
application later on , or the content may be sent to the user 
through other channels , such as a weekly email reminder , 
through a web application , and the like . Saving may also be 
used by the system as a social indicator , such as to indicate 
that something is interesting content for other users . 
[ 0237 ] In embodiments , a local discovery application may 
be associated with what items a user saves on the Internet . 
This may be similar to saving on a mobile device itself , 
where the user may save content they find on the web and 
then use it later through their mobile application . For 
instance , if the user sees a book review and saves it for later 
they may then be reminded about it later when they use their 
mobile device to look for book recommendations . Similarly 
they may save a restaurant or thing to do and later be 
reminded about it on their mobile device . 
[ 0238 ] In embodiments , a local discovery application may 
be associated with displaying topics to offer recommenda 
tions in , such as displaying a grid of pictures when the 
mobile application first starts representing the topics that 
recommendations are available in . The choice may be based 
on the user's location , their historic use of the application , 
and the like , where the application predicts what the user is 
interested in . For example , there might be pictures of 
restaurants , iPhone apps and video games among others 
when the application starts based on their being recom 
mended restaurants near the user and the application's belief 

that the user is interested in iPhone apps and video games . 
The actual pictures may be picked based on the application's 
knowledge of the user . For example , the picture for the 
restaurants topic may be a picture of a restaurant nearby that 
the application predicts the user may like . The size and 
sorting of the pictures may be based on how interested the 
application predicts the user will be in that topic so that the 
user's most frequently used topics are at the top of the list 
and shown with the biggest picture , such as shown in FIG . 
38. The user may then select one of the recommendations , 
and be linked to more detailed information associated with 
the recommendation , such as shown in FIG . 39 . 
[ 0239 ] In embodiments , recommendations may be dis 
played as the images with an ordering as a function of 
interest to the user , such as in an irregular grid where the 
left - right top - to - bottom ordering is based on how much the 
system thinks the user will be interested in each recommen 
dation or each topic . For example , as shown in FIG . 40 the 
system has predicted that the user is more interested in 
restaurants than coffee shops and so the restaurants tile is 
listed before the coffee shop tile . Also , the content of each 
tile is a recommendation in that topic that the user may like . 
So the restaurant tile shows a restaurant the user may like 
that is near them , the movie tile shows a movie the music 
may like , etc. 
[ 0240 ] In embodiments , a local discovery application may 
be associated with determining a radius to get recommen 
dations from , such as the application has to pick a radius of 
how far from the user's location recommendations will be 
returned in . The radius may be selected by the user , based on 
the population density of the area around the user , and the 
like . For example , in NYC the radius might be 0.025 miles 
while in rural SC the radius might be 60 miles . 
[ 0241 ] In embodiments , a local discovery application may 
be associated with determining which people to show 
reviews from , such as when recommendations are shown in 
the application they may be accompanied by reviews , rat 
ings or other recommendations from people . The application 
may choose which people to show based on whether they 
have similar taste as the person using the application , 
whether they are friends of the user , whether they are 
authoritative critics , and the like , such as shown in FIG . 41 . 
[ 0242 ] Referring to FIG . 42 , methods and systems may 
provide a recommendation to a user through a computer 
based advice facility 4202 , comprising collecting topical 
information , wherein the collected topical information 
includes an aspect related to the extent to which a topic is 
interesting , or an interestingness aspect ; filtering the col 
lected topical information based on the interestingness 
aspect 4204 ; determining an interestingness rating from the 
collected topical information , wherein the determining is 
through the computer - based advice facility 4208 ; and pro 
viding a user with the recommendation related to the topical 
information based on the interestingness rating 4210. In 
embodiments , the interestingness aspect may be derived at 
least in part from social activity of another individual that 
indicates a recommendation for a topic . The other individual 
may be a friend , a famous person , an authoritative person , or 
and the like . The other individual may have similar tastes to 
the user , either in general , or with respect to a particular 
category or type of interest . The social activity may be 
saving a recommendation . The social activity may be at least 
one of commenting and discussing a recommendation 
actively . The social activity may be collected from activity 
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of the other individual with respect to sources on the 
Internet , such as social networking activity . The interesting 
ness aspect of the topical information may also be deter 
mined based upon an indication that the topical information 
has some aspect of freshness or newness . The newness may 
be an indication that the topical information is new topical 
information over a predetermined period of time . The new 
ness may be an indication that the topical information is 
newly popular . Status as newly popular may be determined 
from an activity level on the web . Newness may be general , 
such as the emergence of a newly popular topic within a 
social network , or it may be particular to a user , such as 
when an older topic is first exposed to a user , making it new 
to the user , if not to the social network as a whole . The 
interestingness aspect of the topical information may be 
based at least in part from at least one of a review , a 
recommendation , a blog entry , a tweet , an authoritative 
source , a news source , an e - publication , a purchase , a view , 
a time viewed or and the like . Without limitation , the 
interestingness aspect may be based on time data . The time 
data may be a release date , such as a movie , a product , and 
the like . The time data may be an event opening , such as a 
restaurant opening , a cultural event opening , and the like . 
The interestingness aspect may be frequency data , such as 
relating to how frequently the topical information is refer 
enced in online sources . The interestingness aspect may be 
related to a user interaction with a computer device . The user 
interactions may be interpreted by a machine learning facil 
ity as user behavior that indicates a preference level for the 
topical information by the user . The user interaction may be 
selection of a web link . The user interaction may be at least 
one of tapping , touching , and clicking on the computer 
device screen . The computer - based advice facility may 
include a machine - learning facility . The computer - based 
advice facility may include a recommendation facility . The 
filtering may be collaborative filing . Recommendations may 
be sent to a user's mobile communications facility to pro 
vide recommendations in the user's current geographic area . 
There may be a graphical user interface on the mobile 
communications facility that provides the user with the 
ability to refine provided recommendations to the user . The 
recommendations may show the user at least one of items to 
buy , events to go to , things to see , and the like . The 
recommendation may be related to a local store . The rec 
ommendation may be related to a local restaurant . The 
recommendation may be related to a local bar . The recom 
mendation may be related to entertainment . Recommenda 
tions may be further filtered to the user based on interest 
ingness specific to the geographic area . A recommendation 
feed may be sent to the user for the current geographic area 
the user is located in . Recommendations may only be sent to 
the user that meet a threshold in confidence and in how much 
the system predicts the user will like the recommendation . 
The threshold in confidence may be related to the interest 
ingness rating . The threshold in confidence may be deter 
mined by a machine learning facility based on past behavior 
of the user as related to previous recommendations provided 
by the system . The user may be able to save recommenda 
tions to storage on the mobile communications facility . The 
user may be able to save recommendations to storage with 
the computer - based advice facility . 
[ 0243 ] Referring to FIG . 43 , methods and systems may 
provide a geographically localized recommendation to a 
user through a computer - based advice facility 4302 , com 

prising collecting a recommendation from an Internet 
source , wherein the recommendation is determined to have 
an interestingness aspect . The recommendation may further 
be determined based on a geographic location aspect 4304 . 
Further options may include comparing the collected rec 
ommendation to a derived user taste and the user's current 
geographic location 4308 , determining at least one recom 
mendation for the user based on processing on the compari 
son 4310 , and delivering at least one recommendation to a 
user's mobile communications device , wherein the user is 
enabled to at least one of view , save , and share the recom 
mendation , such as via an application at least in part resident 
on the computer - based advice facility 4312 . 
[ 0244 ] In embodiments , the computer - based advice facil 
ity may be a mobile communications device . The mobile 
communications device may be a smart - phone . The viewing 
may include providing source information from the Internet 
source . The source information may include the original 
recommendation , a rating , an image associated with the 
Internet source , or the like . The image may be a photo of an 
individual who provided the recommendation , or another 
indication , such as an icon , representative of such an indi 
vidual . The source information may include a visual indictor 
of an extent of similarity to the tastes of at least one 
individual who made the recommendation . The indication 
may be qualitative ( e.g. , “ this individual has tastes highly 
similar to yours ” ) or quantitative , such as expressing a 
metric that measures relative similarity ( e.g. , “ you share 10 
interests out of 20 categories with this individual ” ) . The 
source information may include a visual indicator of an 
extent of similarity to the tastes of more than individual who 
made a recommendation . The visual indicator may indicate 
a sorting of individuals based on the extent of taste simi 
larity . Individuals may be listed in decreasing order of 
similarity . 
[ 0245 ] In embodiments , the interestingness aspect may be 
topical information that is new , such as determined by a date 
of emergence of the information within a domain , such as an 
Internet domain , a collection of Internet news sources , an 
enterprise network , a social network , or the Internet as a 
whole . 
[ 0246 ] The interestingness aspect may be topical informa 
tion that is deemed by the advice facility to be new to the 
user , such as by comparison to past content reviewed by the 
user , accessed by the user , or the like , as reflected by a user's 
browsing history , by tracking the user's activities on one or 
more devices , or the like . 
[ 0247 ] In embodiments the interestingness aspect may be 
topical information that has a new aspect to an existing 
topic , such as an update to a news item in which the user has 
shown interest in the past , such as reflected by user feedback 
or by a user's activities , such as access to the item , time 
spent reviewing it , or the like . 
[ 0248 ] The interestingness aspect may be determined as 
related to the ratio of users rating the item , or to the item 
being saved by users . 
[ 0249 ] In embodiments the interestingness aspect may be 
determined by an acceleration of social activity associated 
with the topical information . 
[ 0250 ] In embodiments the interestingness aspect may be 
determined based on information having more than one 
aspect , such as the information being determined to be 
similar to a user's profile ( e.g. , similar to items in which the 
user has shown past interest , matching a category of the 
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user's interest , showing relevance or interest to other users 
who have similar tastes , or the like ) while at the same time 
being dissimilar to a user's history ( i.e. , being new to this 
user in one of the ways noted above ) . Thus , for example , a 
user who has expressed a past in a particular celebrity might 
be expected to have very high interest in a breaking news 
item with respect to that celebrity . 
[ 0251 ] In embodiments , the interestingness aspect may be 
further determined based on a user's current location and a 
temporal factor , where the temporal factor is based on 
topical information that is new as determined by one of the 
factors noted in this disclosure , such as being new to a 
domain ( up to an including the entire Internet , but optionally 
being based on being new with respect to a domain that has 
a link to the user's current location ) , based on topical 
information that is deemed by the advice facility to be new 
to the user , based on topical information that has a new 
aspect to an existing topic , determined as related to the ratio 
of users rating the item , based on the item being saved by 
users , determined by an acceleration of social activity asso 
ciated with the topical information , and the like . The geo 
graphical aspect may be a geographical location associated 
with the topical information , where the geographical loca 
tion may be the location of an event , the location of a store , 
the location of restaurant , the location of point - of - interest , at 
least one product location , and the like . 
[ 0252 ] In various embodiments the derived user taste may 
be based on a rating , where the rating may be provided by 
the user , friends of the user , people with similar taste as the 
user , an authoritative source , a famous person , inferred from 
user behavior , on machine learning with respect to user 
online behavior , and the like . The user behavior may be 
online behavior , including buying behaviors , browsing 
behavior , social networking behavior , location - based behav 
iors , and the like . The recommendation may be items to buy , 
places to visit , events to attend , places to eat , and the like . 
The recommendation may be based on one of ratings and 
recommendations of at least one other user with similar 
tastes to the user from the current geographic location of the 
user . The similar tastes may be determined by machine 
learning through at least one of ratings from the other user 
and online behavior of the other user . The recommendation 
may be provided as part of a feed of local discovery 
recommendations . The recommendation may be saving of a 
recommendation saving to a list , where the list may be a 
wish list , to - do list , an events list , a deals list , and the like . 
A saved recommendation may be shown to the user through 
the local discovery application when the geographic location 
aspect of the saved recommendation matches the current 
location of the user . A recommendation may be forwarded to 
a user based on a recommendation from at least one other 
user , where the advice facility determines an applicability 
radius around the user's current location for use of the other 
user's recommendation . The application may be a local 
discovery application , where the local discovery application 
correlates at least one of new and saved recommendations 
with the weather , at least one of new and saved recommen 
dations with the time of day , at least one of new and saved 
recommendations with the user's social activity , and the 
like . The local discovery application may display images 
based on how much the advice facility thinks the user will 
be interested in at least one of each recommendation and 
each topic . The displayed images may be displayed in an 
irregular grid where the left - right top - to - bottom ordering 

may be based on how much the advice facility thinks the 
user will be interested in at least one of each recommenda 
tion an each topic . 
[ 0253 ] The methods and systems described herein may be 
deployed in part or in whole through a machine that executes 
computer software , program codes , and / or instructions on a 
processor . The present invention may be implemented as a 
method on the machine , as a system or apparatus as part of 
or in relation to the machine , or as a computer program 
product embodied in a computer readable medium executing 
on one or more of the machines . The processor may be part 
of a server , client , network infrastructure , mobile computing 
platform , stationary computing platform , or other computing 
platform . A processor may be any kind of computational or 
processing device capable of executing program instruc 
tions , codes , binary instructions and the like . The processor 
may be or include a signal processor , digital processor , 
embedded processor , microprocessor or any variant such as 
a co - processor ( math co - processor , graphic co - processor , 
communication co - processor and the like ) and the like that 
may directly or indirectly facilitate execution of program 
code or program instructions stored thereon . In addition , the 
processor may enable execution of multiple programs , 
threads , and codes . The threads may be executed simulta 
neously to enhance the performance of the processor and to 
facilitate simultaneous operations of the application . By way 
of implementation , methods , program codes , program 
instructions and the like described herein may be imple 
mented in one or more thread . The thread may spawn other 
threads that may have assigned priorities associated with 
them ; the processor may execute these threads based on 
priority or any other order based on instructions provided in 
the program code . The processor may include memory that 
stores methods , codes , instructions and programs as 
described herein and elsewhere . The processor may access a 
storage medium through an interface that may store meth 
ods , codes , and instructions as described herein and else 
where . The storage medium associated with the processor 
for storing methods , programs , codes , program instructions 
or other type of instructions capable of being executed by the 
computing or processing device may include but may not be 
limited to one or more of a CD - ROM , DVD , memory , hard 
disk , flash drive , RAM , ROM , cache and the like . 
[ 0254 ] A processor may include one or more cores that 
may enhance speed and performance of a multiprocessor . In 
embodiments , the process may be a dual core processor , 
quad core processors , other chip - level multiprocessor and 
the like that combine two or more independent cores ( called 
a die ) . 
[ 0255 ] The methods and systems described herein may be 
deployed in part or in whole through a machine that executes 
computer software on a server , client , firewall , gateway , hub , 
router , or other such computer and / or networking hardware . 
The software program may be associated with a server that 
may include a file server , print server , domain server , 
internet server , intranet server and other variants such as 
secondary server , host server , distributed server and the like . 
The server may include one or more of memories , proces 
sors , computer readable media , storage media , ports ( physi 
cal and virtual ) , communication devices , and interfaces 
capable of accessing other servers , clients , machines , and 
devices through a wired or a wireless medium , and the like . 
The methods , programs or codes as described herein and 
elsewhere may be executed by the server . In addition , other 
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devices required for execution of methods as described in 
this application may be considered as a part of the infra 
structure associated with the server . 
[ 0256 ] The server may provide an interface to other 
devices including , without limitation , clients , other servers , 
printers , database servers , print servers , file servers , com 
munication servers , distributed servers and the like . Addi 
tionally , this coupling and / or connection may facilitate 
remote execution of program across the network . The net 
working of some or all of these devices may facilitate 
parallel processing of a program or method at one or more 
location without deviating from the scope of the invention . 
In addition , any of the devices attached to the server through 
an interface may include at least one storage medium 
capable of storing methods , programs , code and / or instruc 
tions . A central repository may provide program instructions 
to be executed on different devices . In this implementation , 
the remote repository may act as a storage medium for 
program code , instructions , and programs . 
[ 0257 ] The software program may be associated with a 
client that may include a file client , print client , domain 
client , interne client , intranet client and other variants such 
as secondary client , host client , distributed client and the 
like . The client may include one or more of memories , 
processors , computer readable media , storage media , ports 
( physical and virtual ) , communication devices , and inter 
faces capable of accessing other clients , servers , machines , 
and devices through a wired or a wireless medium , and the 
like . The methods , programs or codes as described herein 
and elsewhere may be executed by the client . In addition , 
other devices required for execution of methods as described 
in this application may be considered as a part of the 
infrastructure associated with the client . 
[ 0258 ] The client may provide an interface to other 
devices including , without limitation , servers , other clients , 
printers , database servers , print servers , file servers , com 
munication servers , distributed servers and the like . Addi 
tionally , this coupling and / or connection may facilitate 
remote execution of program across the network . The net 
working of some or all of these devices may facilitate 
parallel processing of a program or method at one or more 
location without deviating from the scope of the invention . 
In addition , any of the devices attached to the client through 
an interface may include at least one storage medium 
capable of storing methods , programs , applications , code 
and / or instructions . A central repository may provide pro 
gram instructions to be executed on different devices . In this 
implementation , the remote repository may act as a storage 
medium for program code , instructions , and programs . 
[ 0259 ] The methods and systems described herein may be 
deployed in part or in whole through network infrastruc 
tures . The network infrastructure may include elements such 
as computing devices , servers , routers , hubs , firewalls , cli 
ents , personal computers , communication devices , routing 
devices and other active and passive devices , modules 
and / or components as known in the art . The computing 
and / or non - computing device ( s ) associated with the network 
infrastructure may include , apart from other components , a 
storage medium such as flash memory , buffer , stack , RAM , 
ROM and the like . The processes , methods , program codes , 
instructions described herein and elsewhere may be 
executed by one or more of the network infrastructural 
elements . 

[ 0260 ] The methods , program codes , and instructions 
described herein and elsewhere may be implemented on a 
cellular network having multiple cells . The cellular network 
may either be frequency division multiple access ( FDMA ) 
network or code division multiple access ( CDMA ) network . 
The cellular network may include mobile devices , cell sites , 
base stations , repeaters , antennas , towers , and the like . The 
cell network may be a GSM , GPRS , 3G , EVDO , mesh , or 
other networks types . 
[ 0261 ] The methods , programs codes , and instructions 
described herein and elsewhere may be implemented on or 
through mobile devices . The mobile devices may include 
navigation devices , cell phones , mobile phones , mobile 
personal digital assistants , laptops , palmtops , netbooks , pag 
ers , electronic books readers , music players and the like . 
These devices may include , apart from other components , a 
storage medium such as a flash memory , buffer , RAM , ROM 
and one or more computing devices . The computing devices 
associated with mobile devices may be enabled to execute 
program codes , methods , and instructions stored thereon . 
Alternatively , the mobile devices may be configured to 
execute instructions in collaboration with other devices . The 
mobile devices may communicate with base stations inter 
faced with servers and configured to execute program codes . 
The mobile devices may communicate on a peer to peer 
network , mesh network , or other communications network . 
The program code may be stored on the storage medium 
associated with the server and executed by a computing 
device embedded within the server . The base station may 
include a computing device and a storage medium . The 
storage device may store program codes and instructions 
executed by the computing devices associated with the base 
station . 
[ 0262 ] The computer software , program codes , and / or 
instructions may be stored and / or accessed on machine 
readable media that may include : computer components , 
devices , and recording media that retain digital data used for 
computing for some interval of time ; semiconductor storage 
known as random access memory ( RAM ) ; mass storage 
typically for more permanent storage , such as optical discs , 
forms of magnetic storage like hard disks , tapes , drums , 
cards and other types ; processor registers , cache memory , 
volatile memory , non - volatile memory ; optical storage such 
as CD , DVD ; removable media such as flash memory ( e.g. 
USB sticks or keys ) , floppy disks , magnetic tape , paper tape , 
punch cards , standalone RAM disks , Zip drives , removable 
mass storage , off - line , and the like ; other computer memory 
such as dynamic memory , static memory , read / write storage , 
mutable storage , read only , random access , sequential 
access , location addressable , file addressable , content 
addressable , network attached storage , storage area network , 
bar codes , magnetic ink , and the like . 
[ 0263 ] The methods and systems described herein may 
transform physical and / or or intangible items from one state 
to another . The methods and systems described herein may 
also transform data representing physical and / or intangible 
items from one state to another . 
( 0264 ] The elements described and depicted herein , 
including in flow charts and block diagrams throughout the 
figures , imply logical boundaries between the elements . 
However , according to software or hardware engineering 
practices , the depicted elements and the functions thereof 
may be implemented on machines through computer execut 
able media having a processor capable of executing program 
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instructions stored thereon as a monolithic software struc 
ture , as standalone software modules , or as modules that 
employ external routines , code , services , and so forth , or any 
combination of these , and all such implementations may be 
within the scope of the present disclosure . Examples of such 
machines may include , but may not be limited to , personal 
digital assistants , laptops , personal computers , mobile 
phones , other handheld computing devices , medical equip 
ment , wired or wireless communication devices , transduc 
ers , chips , calculators , satellites , tablet PCs , electronic 
books , gadgets , electronic devices , devices having artificial 
intelligence , computing devices , networking equipments , 
servers , routers and the like . Furthermore , the elements 
depicted in the flow chart and block diagrams or any other 
logical component may be implemented on a machine 
capable of executing program instructions . Thus , while the 
foregoing drawings and descriptions set forth functional 
aspects of the disclosed systems , no particular arrangement 
of software for implementing these functional aspects 
should be inferred from these descriptions unless explicitly 
stated or otherwise clear from the context . Similarly , it will 
be appreciated that the various steps identified and described 
above may be varied , and that the order of steps may be 
adapted to particular applications of the techniques disclosed 
herein . All such variations and modifications are intended to 
fall within the scope of this disclosure . As such , the depic 
tion and / or description of an order for various steps should 
not be understood to require a particular order of execution 
for those steps , unless required by a particular application , or 
explicitly stated or otherwise clear from the context . 
[ 0265 ] The methods and / or processes described above , 
and steps thereof , may be realized in hardware , software or 
any combination of hardware and software suitable for a 
particular application . The hardware may include a general 
purpose computer and / or dedicated computing device or 
specific computing device or particular aspect or component 
of a specific computing device . The processes may be 
realized in one or more microprocessors , microcontrollers , 
embedded microcontrollers , programmable digital signal 
processors or other programmable device , along with inter 
nal and / or external memory . The processes may also , or 
instead , be embodied in an application specific integrated 
circuit , a programmable gate array , programmable array 
logic , or any other device or combination of devices that 
may be configured to process electronic signals . It will 
further be appreciated that one or more of the processes may 
be realized as a computer executable code capable of being 
executed on a machine readable medium . 
[ 0266 ] The computer executable code may be created 
using a structured programming language such as C , an 
object oriented programming language such as C ++ , or any 
other high - level or low - level programming language ( in 
cluding assembly languages , hardware description lan 
guages , and database programming languages and technolo 
gies ) that may be stored , compiled or interpreted to run on 
one of the above devices , as well as heterogeneous combi 
nations of processors , processor architectures , or combina 
tions of different hardware and software , or any other 
machine capable of executing program instructions . 
[ 0267 ] Thus , in one aspect , each method described above 
and combinations thereof may be embodied in computer 
executable code that , when executing on one or more 
computing devices , performs the steps thereof . In another 
aspect , the methods may be embodied in systems that 

perform the steps thereof , and may be distributed across 
devices in a number of ways , or all of the functionality may 
be integrated into a dedicated , standalone device or other 
hardware . In another aspect , the means for performing the 
steps associated with the processes described above may 
include any of the hardware and / or software described 
above . All such permutations and combinations are intended 
to fall within the scope of the present disclosure . 
[ 0268 ] While the invention has been disclosed in connec 
tion with the preferred embodiments shown and described in 
detail , various modifications and improvements thereon will 
become readily apparent to those skilled in the art . Accord 
ingly , the scope of the present invention is not to be limited 
by the foregoing examples , but is to be understood in the 
broadest sense allowable by law . 
[ 0269 ] All documents referenced herein are hereby incor 
porated by reference . 
What is claimed is : 
1. A method of providing a geographically localized 

recommendation to a user through a computer - based advice 
facility , comprising : 

collecting a recommendation from an Internet source , the 
recommendation being determined to have an interest 
ingness aspect and a geographic location aspect , the 
interestingness aspect being topical information that is 
new as determined by a date ; 

comparing the collected recommendation to a derived 
user taste and the user's current geographic location ; 

determining at least one recommendation for the user 
based on the comparison ; and 

delivering , using one or more processors , the at least one 
recommendation to a device , wherein a user of the 
device is enabled to at least one of view , save , or share 
the determined recommendation via an application at 
least in part resident on the computer - based advice 
facility . 

2. The method of claim 1 , wherein the viewing includes 
providing source information from the Internet source . 

3. The method of claim 2 , wherein the source information 
includes a visual indictor of an extent of similarity to tastes 
of at least one individual who made the collected recom 
mendation . 

4. The method of claim 1 , wherein the source information 
includes a visual indictor of an extent of similarity to tastes 
of at least one individual who made the collected recom 
mendation . 
5. The method of claim 1 , wherein the interestingness 

aspect is determined by an acceleration of social activity 
associated with topical information . 
6. The method of claim 1 , wherein the interestingness 

aspect is further determined to be at least one of relevant to 
the user's current location and a temporal factor . 

7. The method of claim 1 , wherein the interestingness 
aspect is further based on topical information that is new as 
determined by a date of emergence on the Internet . 

8. The method of claim 1 , wherein the interestingness 
aspect is further determined as related to the ratio of users 
rating the item , to the item being saved by users . 

9. The method of claim 1 , wherein the geographic location 
aspect is a geographical location associated with topical 
information . 

10. The method of claim 1 , wherein the geographic 
location aspect is a location of an event . 
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11. The method of claim 1 , wherein the geographic 
location aspect is a location of a store , a restaurant , a 
point - of - interest , or a product location . 

12. The method of claim 1 , wherein the derived user taste 
is based on a rating . 

13. The method of claim 12 , wherein the rating is pro 
vided by at least one of : 

the user ; 
a friend of the user ; 
a person having similar tastes as the user ; 
an authoritative source ; or 
a famous person . 
14. The method of claim 12 , wherein the rating is inferred 

from user behavior . 
15. The method of claim 14 , wherein the user behavior is 

online behavior , including at least one of buying behaviors , 
browsing behavior , social networking behavior , and loca 
tion - based behaviors . 

16. The method of claim 1 , herein the determined rec 
ommendation is at least one of items to buy , places to visit , 
events to attend , and places to eat . 

17. The method of claim 1 , wherein the application is a 
local discovery application . 

18. The method of claim 17 , wherein the local discovery 
application displays images based on a determination by the 
advice facility of the user's inferred interest in at least one 
of each recommendation and each topic . 

19. A non - transitory machine - readable storage medium 
comprising instructions that , when executed by one or more 
processors of a machine , cause the machine to perform 
operations comprising : 

collecting a recommendation from an Internet source , the 
recommendation being determined to have an interest 
ingness aspect and a geographic location aspect , the 
interestingness aspect being topical information that is 
new as determined by a date ; 

comparing the collected recommendation to a derived 
user taste and the user's current geographic location ; 

determining at least one recommendation for the user 
based on the comparison ; and 

delivering , using one or more processors , the at least one 
recommendation to a device , wherein a user of the 
device is enabled to at least one of view , save , or share 
the determined recommendation via an application at 
least in part resident on the computer - based advice 
facility . 

20. A system comprising 
a computer - based advice facility , comprising one or more 

processors , configured to : 
collecting a recommendation from an Internet source , 

the recommendation being determined to have an 
interestingness aspect and a geographic location 
aspect , the interestingness aspect being topical infor 
mation that is new as determined by a date ; 

comparing the collected recommendation to a derived 
user taste and the user's current geographic location ; 

determining at least one recommendation for the user 
based on the comparison ; and 

delivering , using one or more processors , the at least 
one recommendation to a device , wherein a user of 
the device is enabled to at least one of view , save , or 
share the determined recommendation via an appli 
cation at least in part resident on the computer - based 
advice facility . 


