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Description

[0001] The following disclosure relates generally to techniques for assessing road traffic conditions based on data
obtained from various data sources, such as by inferring traffic-related information for roads of interest based on data
samples that reflect actual travel on those roads.
[0002] As road traffic has continued to increase at rates greater than increases in road capacity, the effects of increasing
traffic congestion have had growing deleterious effects on business and government operations and on personal well-
being. Accordingly, efforts have been made to combat the increasing traffic congestion in various ways, such as by
obtaining information about current traffic conditions and providing the information to individuals and organizations. Such
current traffic condition information may be provided to interested parties in various ways (e.g., via frequent radio broad-
casts, an Internet Web site that displays a map of a geographical area with color-coded Information about current traffic
congestion on some major roads in the geographical area, information sent to cellular telephones and other portable
consumer devices, etc.).
[0003] One source for obtaining information about current traffic conditions includes observations supplied by humans
(e.g., traffic helicopters that provide general information about traffic flow and accidents, reports from drivers via cell-
phones, etc.), while another source in some larger metropolitan areas is networks of traffic sensors capable of measuring
traffic flow for various roads in the area (e.g., via sensors embedded in the road pavement). While human-supplied
observations may provide some value in limited situations, such information is typically limited to only a few areas at a
time and typically lacks sufficient detail to be of significant use.
[0004] Traffic sensor networks can provide more detailed information about traffic conditions on some roads in some
situations. However, various problems exist with respect to such information, as well as to information provided by other
similar sources. For example, many roads do not have road sensors (e.g., geographic areas that do not have networks
of road sensors and/or arterial roads that are not sufficiently large to have road sensors as part of a nearby network),
and even roads that have road sensors may often not provide accurate data, which greatly diminishes the value of the
data provided by the traffic sensors. One cause of inaccurate and/or unreliable data includes traffic sensors that are
broken, and therefore provide no data, intermittent data, or data readings that are incorrect. Another cause of inaccurate
and/or unreliable data includes temporary transmission problem in data from one or more sensors, resulting in intermittent
delivery, delayed delivery, or no delivery of data. In addition, many traffic sensors are not configured or designed to
report information about their operational status (e.g., whether they are functioning normally or not), and even if operational
status information is reported it may be incorrect (e.g. reporting that they are functioning normally when in fact they are
not), thus making it difficult or impossible to determine if data provided by the traffic sensors is accurate. Furthermore,
some traffic-related information may be available only in raw and/or disaggregated form, and therefore may be of limited
utility.
[0005] Thus, it would be beneficial to provide improved techniques for obtaining and assessing traffic-related infor-
mation, as well as to provide various additional related capabilities.
[0006] US2004034467 A1 discloses a system and method for maintaining a road network traffic status database
comprised of map segments with the network where vehicles’ locations and speeds with the network are wireless received
and used to update an average speed of the map segments and where an optimal route between a first and second
location is determined from the database.
[0007] W098/5468 discloses a system that generates map database information from the movement of vehicles by
passively geolocating and tracking at least one vehicle carrying a mobile transmitter. The generated information may
be stored in a database of location-sensitive data for other purposes. Custom travel-related information is provided to
a vehicle by passively geolocating the vehicle’s mobile transmitter selecting relevant travel-related information from a
database of location-sensitive data, and sending the selected information to the vehicle’s mobile receiver.
[0008] It is the object of the present invention to provide a method, system and computer-readable medium for an
improved assessment of data samples representing vehicles traveling on roads.
[0009] The object is solved by the subject matter of the independent claims.
[0010] Preferred embodiments of the present invention are defined by the dependent claims.
[0011] The invention will be described in more detail below, together with art related thereto.

BRIEF DESCRIPTION OF THE DRAWINGS

[0012]

Figure 1 is a block diagram illustrating data flow between components of an embodiment of a system for assessing
road traffic conditions based at least in part on data obtained from vehicles and other mobile data sources.
Figures 2A-2E illustrate examples of assessing road traffic conditions based at least in part on data obtained from
vehicles and other mobile data sources.
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Figure 3 is a block diagram illustrating a computing system suitable for executing an embodiment of the described
Data Sample Manager system.
Figure 4 is a flow diagram of an example embodiment of a Data Sample Filterer routine related to the present invention.
Figure 5 is a flow diagram of an example embodiment of a Data Sample Outlier Eliminator routine according to the
present invention.
Figure 6 is a flow diagram of an example embodiment of a Data Sample Speed Assessor routine related to the
present invention.
Figure 7 is a flow diagram of an example embodiment of Data Sample Flow Assessor routine related to the present
invention.
Figure 8 is a flow diagram of an example embodiment of a Mobile Data Source Information Provision routine related
to the present invention.
Figures 9A-9C illustrate examples of actions of mobile data sources in obtaining and providing information about
road traffic conditions.
Figures 10A-10B illustrate examples of rectifying data samples obtained from road traffic sensors.
Figure 11 is a flow diagram of an example embodiment of a Sensor Data Reading Error Detector routine related to
the present invention.
Figure 12 is a flow diagram of an example embodiment of a Sensor Data Reading Error Corrector routine related
to the present invention.
Figure 13 is a flow diagram of an example embodiment of a Sensor Data Reading Aggregator routine related to the
present invention.
Figure 14 is a flow diagram of an example embodiment of a Traffic Flow Estimator routine related to the present
invention.

DETAILED DESCRIPTION

[0013] Techniques are described for assessing road traffic conditions in various ways based on obtained traffic-related
data, such as data samples from vehicles and other mobile data sources traveling on the roads and/or from road traffic
sensors (e.g., physical sensors that are embedded in or otherwise near to the roads). In addition, in at least some
embodiments the data samples from the mobile data sources may be supplemented with data from one or more other
sources, such as by obtaining data readings from physical sensors that are near or embedded in the roads. The as-
sessment of road traffic conditions based on obtained data samples (e.g., data readings from road traffic sensors,
individual or aggregated data points from mobile data sources, etc.) may include various filtering and/or conditioning of
the data samples and readings, and various inferences and probabilistic determinations of traffic-related characteristics
of interest.
[0014] As noted, in some embodiments obtained road traffic condition information data may include multiple data
samples provided by mobile data sources (e.g., vehicles), data readings from road-based traffic sensors (e.g., loop
sensors embedded in road pavement), and data from other data sources. The data may be analyzed in various manners
to facilitate determination of traffic condition characteristics of interest, such as estimated average traffic speed and
estimated total volume of vehicles for particular portions of roads of interest, and to enable such traffic condition deter-
minations to be performed in a realtime or near-realtime manner (e.g., within a few minutes of receiving the underling
data samples and/or readings). For example, obtained data may be conditioned in various ways in order to detect and/or
correct errors in the data. Obtained road traffic condition information data may further be filtered in various ways in
various embodiments in order to remove data from consideration if it is inaccurate or otherwise unrepresentative of
actual traffic condition characteristics of interest, including by identifying data samples that are not of interest based at
least in part on roads with which the data samples are associated and/or data samples that are statistical outliers with
respect to other data samples - in some embodiments, the filtering may further include performing the associating of the
data samples with particular roads. The filtered data samples may further include data samples that otherwise reflect
vehicle locations or activities that are not of interest (e.g., parked vehicles, vehicles circling in a parking lot or structure,
etc.) and/or data samples that are otherwise unrepresentative of actual vehicle travel on roads of interest. Assessing
obtained data may in at least some embodiments include determining traffic conditions (e.g., traffic flow and/or average
traffic speed) for various portions of a road network in a particular geographic area, based at least in part on obtained
data samples. The assessed data may then be utilized in order to perform other functions related to analyzing, predicting,
forecasting, and/or providing traffic-related information. In at least some embodiments, a data sample manager system
uses at least some of the described techniques to prepare data for use by traffic data clients, such as a predictive traffic
information provider system that generates multiple predictions of traffic conditions at multiple future times, as described
in greater detail below.
[0015] In some embodiments, the conditioning of obtained data samples may include rectifying erroneous data sam-
ples, such as by detecting and/or correcting errors present in the data in various ways (e.g., for data readings received
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from road traffic sensors). In particular, techniques are described for assessing the "health" of particular data sources
(e.g., road-based traffic sensors) in order to determine whether the data sources are operating correctly and reliably
providing accurate data samples, such as based on analysis of the data samples provided by those data sources. For
example, in some embodiments, current data readings provided by a given traffic sensor may be compared to past data
readings provided by that traffic sensor (e.g., historical average data) in order to determine whether the current traffic
data readings are significantly different than typical past data readings, such as may be caused by the traffic sensor
operating incorrectly and/or other problems in the data, and/or may instead reflect unusual current traffic conditions.
Such detection and analysis of possible errors with particular data sources and/or in current traffic data readings may
be performed in various ways in various embodiments, as discussed in greater detail below, including based at least in
part on classification techniques such as by using neural networks, Bayesian classifiers, decision trees, etc.
[0016] After detecting unreliable data samples, such as from broken data sources that are operating incorrectly, such
unreliable data samples (as well as missing data samples) may be corrected or otherwise rectified in various ways. For
example, missing and unreliable data samples for one or more data sources (e.g., traffic sensors) may be rectified in
some embodiments by using one or more other sources of related information, such as via contemporaneous data
samples from nearby or otherwise related traffic sensors that are operating correctly (e.g., by averaging data readings
provided by adjacent traffic sensors), via predictive information related to the missing and unreliable data samples (e.g.,
by determining expected data readings for the one or more data sources using predicted and/or forecast traffic condition
information for those data sources), via historical information for the one or more data sources (e.g., by utilizing historical
average data readings), via adjustments to incorrect data samples using information about consistent bias or other types
of errors causing errors that can be compensated for, etc. Additional details related to rectifying missing and unreliable
data samples are included below.
[0017] In addition, techniques are described for further estimating traffic condition information in various other ways,
such as in cases where currently available data may not allow rectification of data samples for a particular data source
(e.g., a particular traffic sensor) to be reliably performed. For example, the presence of multiple nearby unhealthy traffic
sensors that are operating incorrectly may result in there being insufficient data to assess traffic flow information with
sufficient confidence for individual ones of those traffic sensors. In such cases, traffic condition information may be
estimated in various other ways, including based on groups of related traffic sensors and/or other information related to
the structure of a road network. For example, as described in greater detail below, each road of interest may be modeled
or represented by the use of multiple road segments, each of which may have multiple associated traffic sensors and/or
available data from one or more other data sources (e.g., mobile data sources). If so, road traffic condition information
may be estimated for a particular road segment (or other group of multiple related traffic sensors) in various ways, such
as by using traffic condition information assessed for neighboring road segments, predicted information for the particular
road segment (e.g., that is generated for a limited future time period, such as three hours, based at least in part on
current and recent conditions at a time of the predicting), forecast information for the particular road segment (e.g., that
is generated for a longer future time period, such as two weeks or longer, in a manner that does not use some or all of
the current and recent condition information used for predicting), historical average conditions for the particular road
segment, etc. By utilizing such techniques, traffic condition information may be provided even in the presence of little
or no current traffic condition data for one or more nearby traffic sensors or other data sources. Additional details related
to such traffic condition information estimation are included below.
[0018] As previously noted, information about road traffic conditions may be obtained from mobile data sources in
various manners in various embodiments. In at least some embodiments, the mobile data sources include vehicles on
the road, which may each include one or more computing systems that provide data about movement of the vehicle.
For example, each vehicle may include a GPS ("Global Positioning System") device and/or other geo-location device
capable of determining the geographic location, speed, direction, and/or other data that characterizes or is otherwise
related to the vehicle’s travel, and one or more devices on the vehicle (whether the geo-location device(s) or a distinct
communication device) may from time to time provide such data (e.g., by way of a wireless link) to one or more systems
able to use the data (e.g., a data sample manager system, as described in more detail below). Such vehicles may
include, for example, a distributed network of vehicles operated by individual unrelated users, fleets of vehicles (e.g.,
for delivery companies, taxi and bus companies, transportation companies, governmental bodies or agencies, vehicles
of a vehicle rental service, etc.), vehicles that belong to commercial networks providing related information (e.g., the
OnStar service), a group of vehicles operated in order to obtain such traffic condition information (e.g., by traveling over
predefined routes, or by traveling over roads as dynamically directed, such as to obtain information about roads of
interest), vehicles with on-board cellphone devices (e.g., as built-in equipment and/or in the possession of a vehicle
occupant) capable of providing location information (e.g., based on GPS capabilities of the devices and/or based on
geo-location capabilities provided by the cellular network), etc.
[0019] In at least some embodiments, the mobile data sources may include or be based on computing devices and
other mobile devices of users who are traveling on the roads, such as users who are operators and/or passengers of
vehicles on the roads. Such user devices may include devices with GPS capabilities (e.g., cellphones and other handheld
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devices), or location and/or movement information may instead be produced in other manners in other embodiments.
For example, devices in vehicles and/or user devices may communicate with external systems that can detect and track
information about devices (e.g., for devices passing by each of multiple transmitters/receivers in a network operated by
the system), thus allowing location and/or movement information for the devices to be determined in various manners
and with various levels of detail, or such external systems may otherwise be able to detect and track information about
vehicles and/or users without interacting with devices (e.g., camera systems that can observe and identify license plates
and/or users’ faces). Such external systems may include, for example, cellular telephone towers and networks, other
wireless networks (e.g., a network of Wi-Fi hotspots), detectors of vehicle transponders using various communication
techniques (e.g., RFID, or "Radio Frequency Identification"), other detectors of vehicles and/or users (e.g., using infrared,
sonar, radar or laser ranging devices to determine location and/or speed of vehicles), etc.
[0020] The road traffic condition information obtained from the mobile data sources may be used in various ways,
whether alone or in combination with other road traffic condition information from one or more other sources (e.g., from
road traffic sensors). In some embodiments, such road traffic condition information obtained from mobile data sources
is used to provide information similar to that from road sensors but for roads that do not have functioning road sensors
(e.g., for roads that lack sensors, such as for geographic areas that do not have networks of road sensors and/or for
arterial roads that are not significantly large to have road sensors, for road sensors that are broken, etc.), to verify
duplicative information that is received from road sensors or other sources, to identify road sensors that are providing
inaccurate data (e.g., due to temporary or ongoing problems), etc. Moreover, road traffic conditions may be measured
and represented in one or more of a variety of ways, whether based on data samples from mobile data sources and/or
from traffic sensor data readings, such as in absolute terms (e.g., average speed; volume of traffic for an indicated period
of time; average occupancy time of one or more traffic sensors or other locations on a road, such as to indicate the
average percentage of time that a vehicle is over or otherwise activating a sensor; one of multiple enumerated levels of
road congestion, such as measured based on one or more other traffic condition measures; etc.) and/or in relative terms
(e.g., to represent a difference from typical or from maximum).
[0021] In some embodiments, some road traffic condition information may take the form of data samples provided by
various data sources, such as data sources associated with vehicles to report travel characteristics of the vehicles.
Individual data samples may include varying amounts of information. For example, data samples provided by mobile
data sources may include one or more of a source identifier, a speed indication, an indication of a heading or direction,
an indication of a location, a timestamp, and a status identifier. The source identifier may be a number or string that
identifies the vehicle (or person or other device) acting as a mobile data source. In some embodiments, the mobile data
source identifier may be permanently or temporarily (e.g., for the life of the mobile data source; for one hour; for a current
session of use, such as to assign a new identifier each time that a vehicle or data source device is turned on; etc.)
associated with the mobile data source. In at least some embodiments, source identifiers are associated with mobile
data sources in such a manner as to minimize privacy concerns related to the data from the mobile data sources (whether
permanently or temporarily associated), such as by creating and/or manipulating the source identifiers in a manner that
prevents the mobile data source associated with an identifier from being identified based on the identifier. The speed
indication may reflect the instant or average velocity of the mobile data source expressed in various ways (e.g., miles
per hour). The heading may reflect a direction of travel and be an angle expressed in degrees or other measure (e.g.,
in compass-based headings or radians). The indication of location may reflect a physical location expressed in various
ways (e.g., latitude/longitude pairs or Universal Transverse Mercator coordinates). The timestamp may denote the time
at which a given data sample was recorded by the mobile data source, such as in local time or UTC ("Universal Coordinated
Time") time. A status indicator may indicate the status of the mobile data source (e.g., that the vehicle is moving, stopped,
stopped with engine running, etc.) and/or the status of at least some of the sensing, recording, and/or transmitting devices
(e.g., low battery, poor signal strength, etc.).
[0022] In some embodiments, the network of roads in a given geographic region may be modeled or represented by
the use of multiple road segments. Each road segment may be used to represent a portion of a road (or of multiple
roads), such as by dividing a given physical road into multiple road segments (e.g., with each road segment being a
particular length, such as a one-mile length of the road, or with road segments being selected to reflect portions of the
road that share similar traffic condition characteristics) - such multiple road segments may be successive portions of the
road, or may alternatively in some embodiments be overlapping or have intervening road portions that are not part of
any road segments. In addition, a road segment may represent one or more lanes of travel on a given physical road.
Accordingly, a particular multi-lane road that has one or more lanes for travel in each of two directions may be associated
with at least two road segments, with at least one road segment associated with travel in one direction and with at least
one other road segment associated with travel in the other direction. In addition, multiple lanes of a single road for travel
in a single direction may be represented by multiple road segments in some situations, such as if the lanes have differing
travel condition characteristics. For example, a given freeway system may have express or high occupancy vehicle
("HOV") lanes that may be beneficial to represent by way of road segments distinct from road segments representing
the regular (e.g., non-HOV) lanes traveling in the same direction as the express or HOV lanes. Road segments may
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further be connected to or otherwise associated with other adjacent road segments, thereby forming a network of road
segments.
[0023] Figure 1 is a block diagram illustrating data flow between components of an embodiment of a Data Sample
Manager system. The illustrated data flow diagram is intended to reflect a logical representation of data flow between
data sources, components of an embodiment of a Data Sample Manager system, and traffic data clients. That is, actual
data flow may occur via a variety of mechanisms including direct flows (e.g., implemented by parameter passing or
network communications such as messages) and/or indirect flows via one or more database systems or other storage
mechanisms, such as file systems. The illustrated Data Sample Manager system 100 includes a Data Sample Filterer
component 104, a Sensor Data Conditioner component 105, a Data Sample Outlier Eliminator component 106, a Data
Sample Speed Assessor component 107, and a Data Sample Flow Assessor component 108, and an optional Sensor
Data Aggregator component 110.
[0024] In the illustrated embodiment, the components 104-108 and 110 of the Data Sample Manager system 100
obtain data samples from various data sources, including vehicle-based data sources 101, road traffic sensors 103, and
other data sources 102. Vehicle-based data sources 101 may include multiple vehicles traveling on one or more roads,
which may each include one or more computing systems and/or other devices that provide data about the travel of the
vehicle. As described in more detail elsewhere, each vehicle may include GPS and/or other geo-location devices capable
of determining location, speed, and/or other data related to the vehicle’s travel. Such data may be obtained by the
components of the described Data Sample Manager system by wireless data links (e.g., satellite uplink and/or cellular
network) or in other manners (e.g., via a physical wired/cabled connection that is made after a vehicle arrives at the
location with the physical location, such as when a fleet vehicle returns to its home base). Road traffic sensors 102 may
include multiple sensors that are installed in, at, or near various streets, highways, or other roads, such as loop sensors
embedded in the pavement that are capable of measuring the number of vehicles passing above the sensor per unit
time, vehicle speed, and/or other data related to traffic flow. Data may similarly be obtained from the road traffic sensors
102 via wire-based or wireless-based data links. Other data sources 103 may include a variety of other types of data
sources, including map services and/or databases that provide information regarding road networks such as the con-
nections between roads as well as traffic control information related to such roads (e.g., the existence and/or location
of traffic control signals and/or speed zones).
[0025] Although the illustrated data sources 101-103 in this example provide data samples directly to various compo-
nents 104-108 and 110 of the Data Sample Manager system 100, the data samples may instead be processed in various
ways in other embodiments prior to their provision to those components. Such processing may include organizing and/or
aggregating data samples into logical collections based on time, location, geographic region, and/or the identity of the
individual data source (e.g., vehicle, traffic sensor, etc.). In addition, such processing may include merging or otherwise
combining data samples into higher-order, logical data samples or other values. For example, data samples obtained
from multiple geographically co-located road traffic sensors may be merged into a single, logical data sample by way of
averaging or other aggregation. Furthermore, such processing may include deriving or otherwise synthesizing data
samples or elements of data samples based on one or more obtained data samples. For example, in some embodiments,
at least some vehicle-based data sources may each provide data samples that include only a source identifier and a
geographic location, and if so groups of multiple distinct data samples provided periodically over a particular time interval
or other time period can thereby be associated with one another as having been provided by a particular vehicle. Such
groups of data samples may then be further processed in order to determine other travel-related information, such as
a heading for each data sample (e.g. by calculating the angle between the position of a data sample and the position
of a prior and/or subsequent data sample) and/or a speed for each data sample (e.g., by calculating the distance between
the position of a data sample and the position of a prior and/or subsequent data sample, and by dividing the distance
by the corresponding time).
[0026] The Data Sample Filterer component 104 obtains data samples from the vehicle-based data sources 101 and
the other data sources 102 in the illustrated embodiment, and then filters the obtained data samples before providing
them to the Data Sample Outlier Eliminator component 106 and optionally to the Data Sample Flow Assessor component
108. As discussed in greater detail elsewhere, such filtering may include associating data samples with road segments
corresponding to roads in a geographic area and/or identifying data samples that do not correspond to road segments
of interest or that otherwise reflect vehicle locations or activities that are not of interest. Associating data samples with
road segments may include using the reported location and/or heading of each data sample to determine whether the
location and heading correspond to a previously defined road segment. Identifying data samples that do not correspond
to road segments of interest may include removing or otherwise identifying such data samples so that they will not be
modeled, considered, or otherwise processed by other components of the Data Sample Manager system 100 - such
data samples to be removed may include those corresponding to roads of certain functional road classes (e.g., residential
streets) that are not of interest, those corresponding to particular roads or road segments that are not of interest, those
corresponding to portions or sections of roads that are not of interest (e.g., ramps and collector/distributor lanes/roads
for freeways), etc. Identifying data samples that otherwise reflect vehicle locations or activities that are not of interest
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may include identifying data samples corresponding to vehicles that are in an idle state (e.g., parked with engine running),
that are driving in a parking structure (e.g., circling at a very low speed), etc. In addition, filtering may in some embodiments
include identifying road segments that are (or are not) of interest for presentation or further analysis. For example, such
filtering may include analyzing variability of traffic flow and/or level of congestion of various road segments within a
particular time period (e.g., hour, day, week), such as to exclude some or all road segments with low intra-time period
variability and/or low congestion (e.g., for road segments for which sensor data readings are not available or whose
functional road class otherwise indicates a smaller or less-traveled road) from further analysis as being of less interest
than other roads and road segments.
[0027] The Sensor Data Conditioner component 105 assists in rectifying erroneous data samples, such as by detecting
and correcting errors in readings obtained from the road traffic sensors 103. For example, data samples that are detected
by the Sensor Data Conditioner component as being unreliable are not forwarded on to other components for use (or
indications of the unreliability of particular data samples are provided so that the other components can handle those
data samples accordingly), such as to the Data Sample Outlier Eliminator component 106. If so, the Data Sample Outlier
Eliminator component may then determine whether sufficient reliable data samples are available, and initiate corrective
action if not. Alternatively, the Sensor Data Conditioner component may further perform at least some corrections to the
data samples, as discussed in greater detail below, and then provide the corrected data to the Sensor Data Aggregator
component 110 (and optionally to other components such as the Data Sample Outlier Eliminator component and/or the
Data Sample Flow Assessor component). Detecting erroneous data samples may use various techniques, including
statistical measures that compare the distribution of current data samples reported by a given road traffic sensor to the
historical distribution of data samples reported by that road traffic sensor during a corresponding time period (e.g., same
day-of-week and time-of-day). The extent to which the actual and historical distributions differ may be calculated by
statistical measures, such as the Kullback-Leibler divergence, which provides a convex measure of the similarity between
two probability distributions, and/or by statistical information entropy. In addition, some road sensors may report indica-
tions of sensor health, and such indications may also be utilized to detect errors in obtained data samples. If errors are
detected in obtained data samples, erroneous data samples may be rectified in various ways, including by replacing
such data samples with averages of adjacent (e.g., neighbor) data samples from adjacent/neighbor road sensors that
have not been determined to be erroneous. In addition, erroneous data samples may be rectified by instead using
previously or concurrently forecasted and/or predicted values, such as may be provided by a predictive traffic information
system. Additional details regarding predictive traffic information systems are provided elsewhere.
[0028] The Data Sample Outlier Eliminator component 106 in accordance with the present invention obtains filtered
data samples from the Data Sample Filterer component 104 and/or conditioned or otherwise rectified data samples from
the Sensor Data Conditioner component 105, and then identifies and eliminates from consideration those data samples
that are not representative of actual vehicle travel on the roads and road segments of interest. In the illustrated embod-
iment, for each road segment of interest, the component analyzes a group of data samples that were recorded during
a particular time period and associated with the road segment (e.g., by the Data Sample Filterer component 104) in
order to determine which, if any, should be eliminated. Such determinations of unrepresentative data samples may be
performed in various ways, including based on techniques that detect data samples that are statistical outliers with
respect to the other data samples in the group of data samples. Additional details regarding data sample outlier elimination
are provided elsewhere.
[0029] The Data Sample Speed Assessor component 107 obtains data samples from the Data Sample Outlier Elim-
inator component 106, such that the obtained data samples in the illustrated embodiment are representative of actual
vehicle travel on the roads and road segments of interest. The Data Sample Speed Assessor component 107 then
analyzes the obtained data samples to assess one or more speeds for road segments of interest for at least one time
period of interest based on a group of the data samples that have been associated with the road segment (e.g., by the
Data Sample Filterer component 104, or by readings from traffic sensors that are part of the road segment) and the time
period. In some embodiments, the assessed speed(s) may include an average of the speeds for multiple of the data
samples of the group, possibly weighted by one or more attributes of the data samples (e.g., age, such as to give greater
weight to newer data samples, and/or source or type of the data samples, such as to vary the weight for data samples
from mobile data sources or from road sensors so as to give greater weight to sources with higher expected reliability
or availability) or by other factors. More details regarding speed assessment from data samples are provided elsewhere.
[0030] The Data Sample Flow Assessor component 108 assesses traffic flow information for road segments of interest
for at least one time period of interest, such as to assess traffic volume (e.g., expressed as a total or average number
of vehicles arriving at or traversing a road segment over a particular amount of time, such as per minute or hour), to
assess traffic density (e.g., expressed as an average or total number of vehicles per unit of distance, such as per mile
or kilometer), to assess traffic occupancy (e.g., expressed as an average or total amount of time that vehicles occupy
a particular point or region over a particular amount of time, such as per minute or hour), etc. The assessment of the
traffic flow information in the illustrated embodiment is based at least in part on traffic speed-related information provided
by the Data Sample Speed Assessor component 107 and the Data Sample Outlier Eliminator component 106, and
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optionally on traffic data sample information provided by the Sensor Data Conditioner component 105 and the Data
Sample Filterer component 104. Additional details regarding data sample flow assessment are provided elsewhere.
[0031] If present, the Sensor Data Aggregator component 110 aggregates sensor-based traffic condition information
provided by the Sensor Data Conditioner component 105, such as after the Sensor Data Conditioner component has
removed any unreliable data samples and/or has rectified any missing and/or unreliable data samples. Alternatively, the
Sensor Data Aggregator component may instead perform any such removal and/or correction of missing and/or unreliable
data samples. In some cases, the Sensor Data Aggregator component 110 may provide traffic flow information for each
of various road segments by aggregating (e.g., averaging) Information provided by the multiple individual traffic sensors
associated with each of those road segments. As such, when present, the Sensor Data Aggregator component 110 may
provide information that is complementary to assessed traffic condition information provided by components such as
the Data Sample Speed Assessor component 107 and/or the Data Sample Flow Assessor component 108, or may
instead be used if data samples from mobile data sources are not available at all or in sufficient quantity of reliable data
samples to allow other components such as the Data Sample Speed Assessor component 107 and Data Sample Flow
Assessor component 108 to provide accurate assessed road traffic condition information.
[0032] The one or more traffic data clients 109 may obtain assessed road traffic condition information (e.g., speed
and/or flow data) provided by the Data Sample Speed Assessor component 107 and/or the Data Sample Flow Assessor
component 108, and may utilize such data in various ways. For example, traffic data clients 109 may include other
components and/or traffic information systems operated by the operator of the Data Sample Manager system 100, such
as a predictive traffic information provider system that utilizes traffic condition information in order to generate predictions
of future traffic conditions at multiple future times, and/or a realtime (or near-realtime) traffic information presentation or
provider system that provides realtime (or near-realtime) traffic condition Information to end-users and/or third-party
clients. In addition, traffic data clients 109 may include computing systems operated by third parties in order to provide
traffic information services to their customers. In addition, the one or more traffic data clients 109 may optionally in some
circumstances (e.g., in instances when insufficient data is available for the Data Sample Speed Assessor component
and/or Data Sample Flow Assessor component to perform accurate assessments, and/or if no data is available from
vehicle-based or other data sources) obtain road traffic condition information provided by the Sensor Data Aggregator
component 110, whether instead of or in addition to data from the Data Sample Speed Assessor component and/or
Data Sample Flow Assessor component.
[0033] For illustrative purposes, some embodiments and aspects related to the present invention are described below
in which specific types of road traffic conditions are assessed in specific ways, and in which such assessed traffic
information is used in various specific ways.
[0034] Figures 2A-2E illustrate examples of assessing road traffic conditions based on data obtained from vehicles
and other mobile data sources, such as may be performed by an embodiment of the described Data Sample Manager
system. In particular, Figure 2A illustrates an example of data sample filtering for an example area 200 with several
roads 201, 202, 203. and 204, and with a legend indication 209 indicating the direction of north. In this example, road
202 is a divided, limited access road such as a freeway or toll road, with two distinct groups of lanes 202a and 202b for
vehicle travel in the west and east directions, respectively. Lane group 202a includes an HOV lane 202a2 and multiple
other regular lanes 202a1, and lane group 202b similarity includes an HOV lane 202b2 and multiple other regular lanes
202b1. Road 201 is an arterial road with two lanes 201 a and 201 b for vehicle travel in the south and north directions,
respectively. Road 201 passes over road 202 (e.g., via an overpass or bridge), and road 204 is an on-ramp that connects
the northbound lane 201b of road 201 to the eastbound lane group 202b of road 202. Road 203 is a local frontage road
adjoining road 202.
[0035] The roads depicted in Figure 2A may be represented in various ways for use by the described Data Sample
Manager system. For example, one or more road segments may be associated with each physical road, such as to have
northbound and southbound road segments associated with the northbound lane 201 b and southbound lane 201b,
respectively. Similarly, at least one westbound road segment and at least one eastbound road segment may be associated
with the westbound lane group 202a and the eastbound lane group 202b of road 202, respectively. For example, the
portion of the eastbound lane group 202b east of road 201 may be a separate road segment from the portion of the
eastbound lane group 202b west of road 201, such as based on the road traffic conditions typically or often varying
between the road portions (e.g., due to a typically significant influx of vehicles to lane group 202b east of road 201 from
the on-ramp 204, such as that may typically cause greater congestion in lane group 202b to the east of road 201). In
addition, one or more lane groups may be decomposed into multiple road segments, such as if different lanes typically
or often have differing road traffic condition characteristics (e.g., to represent any given portion of lane group 202b as
a first road segment corresponding to lanes 202b1 based on those lanes sharing similar traffic condition characteristics,
and as a second road segment corresponding to HOV lane 202b2 due to its differing traffic condition characteristics) -
in other such situations, only a single road segment may be used for such a lane group, but some data samples (e.g.,
those corresponding to HOV lane 202b2) may be excluded from use (such as by a Data Sample Filterer component
and/or a Data Sample Outlier Eliminator component) when assessing road traffic conditions for the lane group. Alterna-
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tively, some embodiments may represent multiple lanes of a given road as a single road segment, even if the lanes are
used for travel in opposite directions, such as if the road traffic conditions are typically similar in both directions - for
example, frontage road 205a may have two opposing lanes of travel, but may be represented by a single road segment.
Road segments may be determined at least in part in a variety of other ways , such as to be associated with geographic
information (e.g., physical dimensions and/or heading(s)) and/or traffic-related information (e.g., speed limits).
[0036] Figure 2A further depicts multiple data samples 205a-k reported by multiple mobile data sources (e.g., vehicles,
not shown) traveling in the area 200 during a particular time interval or other time period (e.g. 1 minute, 5 minutes, 10
minutes, 15 minutes, etc.). Each of the data samples 205a-k is depicted as an arrow that indicates a heading for the
data sample, as reported by one of the multiple mobile data sources. The data samples 205a-k are superimposed upon
the area 200 in such a manner as to reflect locations reported for each of the data samples (e.g., expressed in units of
latitude and longitude, such as based on GPS readings), which may differ from the actual locations of the vehicle when
that data sample was recorded (e.g., due to an inaccurate or erroneous reading, or due to a degree of variability that is
inherent for the location sensing mechanism used). For example, data sample 205g shows a location that is slightly
north of the road 202b, which may reflect a vehicle that was pulled over off the north side of lane 202b2 (e.g., because
of a mechanical malfunction), or it instead may reflect an inaccurate location for a vehicle that was in fact traveling in
the eastbound direction in lane 202b2 or other lane. In addition, a single mobile data source may be the source of more
than one of the illustrated data samples, such as if both sample 205i and sample 205h were reported by a single vehicle
based on its travel eastbound along road 202 during the time period (e.g., via a single transmission containing multiple
data samples for multiple prior time points, such as to report data samples every 5 minutes or every 15 minutes). More
details regarding storing and providing multiple acquired data samples are included below.
[0037] The described Data Sample Manager system may filter the obtained data samples, such as to map data samples
to predefined road segments and/or identify data samples that do not correspond to such road segments of interest. A
data sample may be associated with a road segment if its reported location is within a predetermined distance (e.g., 5
meters) of the location of a road and/or lane(s) corresponding to the road segment and if its heading is within a prede-
termined angle (e.g., plus or minus 15 degrees) of the heading of the road and/or lanes(s) corresponding to the road
segment. Road segments may be associated with sufficient location-based information (e.g., heading of the road seg-
ment, physical bounds of the road segment, etc.) to make such a determination, although the association of data samples
to road segments may be also performed before the data samples are made available to the Data Sample Manager
system.
[0038] As an illustrative example, data sample 205a may be associated with a road segment corresponding to road
203, because its reported location falls within the bounds of road 203 and its heading is the same (or nearly the same)
as at least one of the headings associated with road 203. In some instances, when a single road segment is utilized to
represent multiple lanes some of which are traveling in opposite directions, the heading of a data sample may be
compared to both headings of the road segment in order to determine whether the data sample may be associated with
the road segment. For example, data sample 205k has a heading approximately opposite that of data sample 205a, but
it may also be associated with the road segment corresponding to road 203, if that road segment is utilized to represent
the two opposing lanes of road 203.
[0039] However, due to the proximity of road 203 and lane group 202a, it may also be possible that data sample 205k
reflects a vehicle traveling in lane group 202a, such as if the reported location of data sample 205k is within a margin
of error for locations of vehicles traveling in one or more of the lanes of lane group 202a, since the heading of data
sample 205k is the same (or nearly the same) as the heading of lane group 202a. In some instances, such cases of
multiple possible road segments for a data sample may be disambiguated based on other information associated with
the data sample - for example, in this case, an analysis of the reported speed of data sample 205k may be used to assist
in the disambiguation, such as if lane group 202a corresponds to a freeway with a 65mph speed limit, road 203 is a local
frontage road with a 30mph speed limit, and a reported speed of the data sample is 75mph (resulting in an association
with the freeway lane(s) being much more likely than an association with the local frontage road). More generally, if the
reported speed of data sample 205k is more similar to the observed or posted speed for road 203 than to the observed
or posted speed for lane group 202a, such information may be used as part of determining to associate the data sample
with road 203 and not lane group 202a. Alternatively, if the reported speed of data sample 205k is more similar to the
observed or posted speed for lane group 202a than to the observed or posted speed for road 203, it may be associated
with lane group 202a and not road 203. Other types of information may similarly be used as part of such disambiguation
(e.g., location; heading; status; information about other related data samples, such as other recent data samples from
the same mobile data source; etc.), such as part of a weighted analysis to reflect a degree of match for each type of
information for a data sample to a candidate road segment.
[0040] For example, with respect to associating data sample 205b to an appropriate road segment, its reported location
occurs at an overlap between lane 201 b and lane group 202a, and is near lane 201 a as well as other roads. However,
the reported heading of the data sample (approximately northbound) matches the heading of lane 201 b (northbound)
much more closely than that of other candidate lanes/roads, and thus it will likely be associated with the road segment
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corresponding to lane 201 b in this example. Similarly, data sample 205c includes a reported location that may match
multiple roads/lanes (e.g., lane 201 a, lane 201 b, and lane group 202a), but its heading (approximately westbound)
may be used to select a road segment for lane group 202a as the most appropriate road segment for the data sample.
[0041] Continuing with this example, data sample 205d may not be associated with any road segment, because its
heading (approximately eastbound) is in the opposite direction as that of lane group 202a (westbound) whose position
corresponds to the data sample’s reported location. If there are no other appropriate candidate road segments that are
near enough (e.g., within a predetermined distance) to the reported location of data sample 205d, such as if lane group
202b with a similar heading is too far way, this data sample may be excluded during filtering from subsequent use in
analysis of the data samples.
[0042] Data sample 205e may be associated with a road segment corresponding to lane group 202a, such as a road
segment corresponding to HOV lane 202a2, since its reported location and heading correspond to the location and
heading of that lane, such as if a location-based technique used for the location of the data sample has sufficient resolution
to differentiate between lanes (e.g., differential GPS, infrared, sonar, or radar ranging devices). Data samples may also
be associated with a particular lane of a multi-lane road based on factors other than location-based information, such
as if the lanes have differing traffic condition characteristics. For example, in some instances the reported speed of a
data sample may be used to fit or match the data sample to a particular lane by modeling an expected distribution (e.g.,
a normal or Gaussian distribution) of observed speeds (or other measures of traffic flow) of data samples for each such
candidate lane and determining a best fit for the data sample to the expected distributions. For example, data sample
205e may be associated with the road segment corresponding to HOV lane 202a2 because the reported speed of that
data sample is closer to an observed, inferred or historical average speed of vehicles traveling in HOV lane 202a2 than
to an observed, inferred or historical average speed for vehicles traveling in regular lanes 202a1, such as by determining
an observed or inferred average speed based on other data samples (e.g., using data readings provided by one or more
road traffic sensors) and/or analysis of other related current data.
[0043] In a similar manner, data samples 205f, 205h, 205i, and 205j may be associated with the road segments
corresponding to lane 201a, lanes 202b1, lanes 202b1, and ramp 204, respectively, because their reported locations
and headings correspond to the locations and headings of those roads or lanes.
[0044] Data sample 205g may be associated with a road segment corresponding to lane group 202b (e.g., a road
segment for HOV lane 202b2) even though its reported location is outside of the bounds of the illustrated road, because
the reported location may be within the predetermined distance (e.g., 5 meters) of the road. Alternatively, data sample
205g may not be associated with any road segment if its reported location is sufficiently far from the road. In some
instances, different predetermined distances may be used for data samples provided by different data sources, such as
to reflect a known or expected level of accuracy of the data source. For example, data samples provided by mobile data
sources that utilize uncorrected GPS signals may use a relatively high (e.g., 30 meters) predetermined distance, whereas
data samples provided by mobile data sources utilizing differential-corrected GPS devices may be compared using a
relatively low (e.g., 1 meter) predetermined distance.
[0045] In addition, data sample filtering may include identifying data samples that do not correspond to road segments
of interest and/or are unrepresentative of actual vehicle travel on the roads. For instance, some data samples may be
removed from consideration because they have been associated with roads that are not being considered by the Data
Sample Manager system. For example, in some instances data samples associated with roads of lesser functional road
classes (e.g., residential streets and/or arterials) may be filtered. Referring back to Figure 2A, for example, data samples
205a and/or 205k may be filtered because road 203 is a local frontage road that is of a sufficiently low functional
classification to not be considered by the Data Sample Manager system, or data sample 205j may be filtered because
the on-ramp is too short to be of interest separate from the freeway. Filtering may further be based on other factors,
such as inferred or reported activity of mobile data sources relative to the inferred or reported activity of other mobile
data sources on one or more road segments. For example, a series of data samples associated with a road segment
and provided by a single mobile data source that all indicate the same location likely indicates that the mobile data
source has stopped. If all other data samples associated with the same road segment indicate moving mobile data
sources, the data samples corresponding to the stopped mobile data source may be filtered out as being unrepresentative
of actual vehicle travel on the road segment, such as due to the mobile data source being a parked vehicle. Furthermore,
in some instances, data samples may include reported indications of the driving status of the vehicle (e.g., that the
vehicle transmission is in "park" with the engine running, such as a vehicle stopped to make a delivery), and if so such
indications may similarly be used to filter such data samples as being unrepresentative of actual traveling vehicles.
[0046] Figure 2B illustrates a graphical view of multiple data samples associated with a single road segment obtained
from multiple data sources during a particular time interval or other time period, with the data samples plotted on a graph
210 with time measured on the x-axis 210b and speed measured on the y-axis 210a. In this example, the illustrated
data samples have been obtained from multiple mobile data sources as well as one or more road traffic sensors associated
with the road segment, and are shown with differing shapes as illustrated in the displayed legend (i.e., with darkened
diamonds (" ♦ ") for data samples obtained from road traffic sensors, and with open squares ("K ") for data samples
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obtained from mobile data sources). The illustrated data samples from mobile data sources may have been associated
with the road segment as described with reference to Figure 2A.
[0047] Exemplary data samples include road traffic sensor data samples 211 a-c and mobile data source data samples
212a-d. The reported speed and recording time of a given data sample may be determined by its position on the graph.
For example, mobile data source data sample 212d has a reported speed of 15 miles per hour (or other speed unit) and
was recorded at a time of approximately 37 minutes (or other time unit) relative to some starting point. As will be described
in more detail below, some exemplary instances may analyze or otherwise process obtained data samples within particular
time windows during the time period being represented, such as time window 213. In this example, time window 213
contains data samples recorded during a 10-minute interval from time 30 minutes to time 40 minutes. In addition, some
exemplary instances may further partition the group of data samples occurring within a particular time window into two
or more groups, such as group 214a and group 214b. For example, it will be noted that the illustrated data samples
appear to reflect a bi-modal distribution of reported speeds, with the bulk of the data samples reporting speeds in the
range of 25-30 miles per hour or in the range of 0-8 miles per hour. Such a bi-modal or other multi-modal distribution of
speeds may occur, for example, because the underlying traffic flow patterns are nonuniform, such as due to a traffic
control signal that causes traffic to flow in a stop-and-go pattern, or to the road segment including multiple lanes of traffic
that are moving at different speeds (e.g., an HOV or express lane with relatively higher speeds than other non-HOV
lanes). In the presence of such multi-modal distributions of speed data, some exemplary instances may partition the
data samples into two or more groups for further processing, such as to produce improved accuracy or resolution of
processing (e.g., by calculating distinct average speeds that more accurately reflect the speeds of various traffic flows)
as well as additional information of interest (e.g., the speed differential between HOV traffic and non-HOV traffic), or to
identify a group of data samples to exclude (e.g., to not include HOV traffic as part of a subsequent analysis). While not
illustrated here, such distinct groups of data samples may be Identified in various ways, Including by modeling a distinct
distribution (e.g., a normal or Gaussian distribution) for the observed speeds of each group.
[0048] Figure 2C illustrates an example of performing data sample outlier elimination to filter or otherwise exclude
from consideration those data samples that are unrepresentative of vehicles traveling on a particular road segment,
which in this example is based on the reported speed for the data samples (although in other instances one or more
other attributes of the data samples could instead be used as part of the analysis, whether instead of or in addition to
the reported speeds). In particular, Figure 2C shows a table 220 that illustrates data sample outlier elimination being
performed on an example group of ten data samples (in actual use, the numbers of data samples being analyzed may
be much larger). The illustrated data samples may, for example, be all of the data samples occurring within a particular
time window (such as time window 213 of Figure 2B), or alternatively may include only a subset of the data samples of
a particular time window (such as those included in group 214a or 214b of Figure 2B) or may include all data samples
available for a larger time period.
[0049] In the present example, unrepresentative data samples are identified as being statistical outliers with respect
to other data samples in a determined group of data samples by determining the deviation of the speed of each data
sample in a group of data samples from the average speed of the other data samples in the group. The deviation of
each data sample may be measured, for example, in terms of the number of standard deviations difference from the
average speed of the other data samples In the group, with data samples whose deviations are greater than a prede-
termined threshold (e.g., 2 standard deviations) being identified as outliers and being excluded from further processing
(e.g., by being discarded).
[0050] Table 220 includes a heading row 222 that describes the contents of multiple columns 221a-f. Each row 223a-
j of table 220 illustrates a data sample outlier elimination analysis for a distinct one of the ten data samples, with column
221a indicating the data sample being analyzed for each row - as each data sample is analyzed, it is excluded from the
other samples of the group to determine the difference that results. The data sample of row 223a may be referred to as
the first data sample, the data sample of row 223b may be referred to as the second data sample, and so on. Column
221b contains the reported speed of each of the data samples, measured in miles per hour. Column 221 c lists the other
data samples in the group against which the data sample of a given row will be compared, and column 221d lists the
approximate average speed of the group of data samples indicated by column 221 c. Column 221 e contains the
approximate deviation between the speed of the excluded data simple from column 221b and the average speed listed
in column 221d of the other data samples, measured in number of standard deviations. Column 221f indicates whether
the given data sample would be eliminated, based on whether the deviation listed in column 221e is greater than 1.5
standard deviations for the purposes of this example. In addition, the averages speed 224 for all 10 data samples is
shown to be approximately 25.7 miles per hour, and the standard deviation 225 of all 10 data samples is shown to be
approximately 14.2.
[0051] Thus, for example, row 223a illustrates that the speed of data sample 1 is 26 miles per hour. Next, the average
speed of the other data samples 2-10 is calculated as approximately 25.7 miles per hour. The deviation of the speed of
data sample 1 from the average speed of the other data samples 2-10 is then calculated as being approximately .02
standard deviations. Finally, data sample 1 is determined to not be an outlier since its deviation is below the threshold
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of 1.5 standard deviations. Further, row 223c illustrates that the speed of data sample 3 is 0 miles per hour and that the
average speed of the other data samples 1-2 and 4-10 is calculated as approximately 28.6 miles per hour. Next, the
deviation of the speed of data sample 3 from the average speed of the other data samples 1-2 and 4-10 is calculated
as approximately 2.44 standard deviations. Finally, data sample 3 is determined to be eliminated as an outlier because
its deviation is above the threshold of 1.5 standard deviations.
[0052] More formally, given N data samples, ν0, ν1, ν2, ..., νn, recorded in a. given time period and associated with a
given road segment, a current data sample vi will be eliminated if 

where vi is speed of the current data sample being analyzed; νi is the average of the speed of the other data samples
(ν0, ..., νi-l, vi+l, ..., vn); σi is the standard deviation of the other data samples; and c is a constant threshold (e.g., 1.5).
In addition, as a special case to handle a potential division by zero, the current sample vi will be eliminated if the standard
deviation of the other data samples, σi, is zero and the speed of the current data sample is not equal to the average
speed of the other data samples, νi.
[0053] Note that for each vi, it is not necessary to iterate over all of the other data samples (ν0, ..., νi-1, vi+1, ..., νn) in
order to compute the average vi and the standard deviation σi. The average νi of the other data samples ν0, ..., νi-1,
νi+1, ..., νn may be expressed as follows:

and the standard deviation σi of the other data samples v0, ..., Vi-1, vi+1, ..., vn may be expressed as follows: 

where N is the total number of data samples (including the current data sample); ν is the average of all of the data
samples ν0, ν1, ν2, ..., νn; νi is the current data sample, and σ is the standard deviation of all of the data samples ν0, ν1.
ν2, ..., νn. By utilizing the above formulas, the averages and standard deviations may be efficiently calculated, and in
particular may be calculated in constant time. Since the above algorithm calculates an average and a standard deviation
for each data sample in each road segment, the algorithm runs in O(MN) time, where M is the number of road segments
and N is the number of data samples per road segment.
[0054] Other outlier detection and/or data elimination algorithms comprise techniques based on neural network clas-
sifiers, naïve Bayesian classifiers, and/or regression modeling, as well as techniques in which groups of multiple data
samples are considered together (e.g., if at least some data samples are not independent of other data samples).
[0055] Figure 2D illustrates an example of performing average speed assessment using data samples, and shows
example data samples similar to those depicted in Figure 2B for a particular road segment and period of time. The data
samples have been plotted on a graph 230, with time measured on the x-axis 230b and speed measured on the y-axis
230a. In some instances, the average speed for a given road segment may be computed on a periodic basis (e.g. every
5 minutes). Each computation may consider multiple data samples within a predetermined time window (or interval),
such as 10 minutes or 15 minutes. If average speeds are computed over such time windows, such as at or near the end
of the time windows, data samples within a time window may be weighted in various manners when aggregating the
speeds of the data samples, such as to take into account the age of data samples (e.g., to discount older data samples
based on the intuition and the expectation that they do not provide as accurate information as to the actual traffic
conditions at the end of the time window or other current time as younger data samples recorded relatively nearer the
current time due to changing traffic conditions). Similarly, other data sample attributes may be considered when weighting
data samples, such as a type of data source or a particular data source for a data sample (e.g., to weight data samples
more heavily if they come from a type of data source or a particular data source that is believed to be more accurate
than others or to otherwise provide better data than others), as well as one or more other types of weighting factors.
[0056] In the illustrated example, an average speed for the example road segment is computed every five minutes
over a 15-minute time window. The example depicts the relative weights of two illustrative data samples, 231 a and 231
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b, as they contribute to the computed average speed of each of two time windows, 235a and 235b. The time window
235a includes data samples recorded between times 30 and 45, and the time window 235b includes data samples
recorded between times 35 and 50. Data samples 231 a and 231 b both fall within both time windows 235a and 235b.
[0057] In the illustrated example, each data sample in a given time window is weighted in proportion to its age. That
is, older data samples weigh less (and therefore contribute less to the average speed) than younger data samples.
Specifically, the weight of a given data sample decreases exponentially with age in this example. This decaying weighting
function is illustrated by way of two weight graphs 232a and 232b corresponding to time windows 235a and 235b,
respectively. Each weight graph 232a and 232b plots data sample recording time on the x-axis (horizontal) against
weight on the y-axis (vertical). Samples recorded later in time (e.g., nearer the end of the time window) weigh more than
samples recorded earlier in time (e.g., nearer the beginning of the time window). The weight for a given data sample
may be visualized by dropping a vertical line downwards from the data sample in graph 230 to where it intersects with
the curve of the weight graph corresponding to the time window of interest. For example, weight graph 232a corresponds
to time window 235a, and in accordance with the relative ages of data samples 231a (older) and 231 b (younger), the
weight 233a of data sample 231 a is less than the weight 233b of data sample 231 b. In addition, weight graph 232b
corresponds to time interval 235b, and it similarly can be seen that the weight 234a of data sample 231a is less than
the weight 234b of data sample 231 b. In addition, it is evident that the weight of a given data sample decays over time
with respect to subsequent time windows. For example, the weight 233b, of data sample 231 b in time window 235a is
greater than the weight 234b of the same data sample 231b in the later time window 235b, because data sample 231
b is relatively younger during time window 235a compared to time window 235b.
[0058] More formally, the weight of a data sample recorded at time t with respect to a time ending at time T may be
expressed as follows: 

where e is the well-known mathematical constant and α is a variable parameter (e.g., 0.2). Given the above, a weighted
average speed for N data samples v0, v1, v2, ..., vn, in a time interval ending at time T may be expressed as follows,
with ti being the time which data sample vi represents (e.g., the time at which it was recorded): 

[0059] Furthermore, an error estimate for the computed average speed may be computed as follows: 

where N is the number of data samples and σ is the standard deviation of the samples ν0, ν1, ν2, ..., νn from the average
speed. Other forms of confidence values may similarly be determined for computed or generated average speeds.
[0060] As noted, data samples may be weighted based on other factors, whether instead of or in addition to recency
of the data samples. For example, data samples may be time-weighted as described above but by utilizing different
weight functions (e.g., to have the weight of a data sample decrease linearly, rather than exponentially, with age). In
addition, data sample weighting may be further based on the total number of data samples in the time interval of interest.
For example, the variable parameter α described above may depend or otherwise vary based on the total number of
data samples, such that greater numbers of data samples result in higher penalties (e.g., lower weights) for older data
samples, to reflect the increased likelihood that there will be more low latency (e.g., younger) data samples available
for purposes of computing average speed. Furthermore, data samples may be weighted based on other factors, including
type of data source. For example, it may be the case that particular data sources (e.g., particular road traffic sensors,
or all traffic sensors of a particular network) are known (e.g., based on reported status information) or expected (e.g.,
based on historical observations) to be unreliable or otherwise inaccurate. In such cases, data samples obtained from
such road traffic sensors (e.g., such as data sample 211a of Figure 2B) may be weighted less than data samples obtained
from mobile data sources (e.g., data sample 212a of Figure 2B).
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[0061] Figure 2E facilitates an example of performing traffic flow assessment for road segments based on data samples,
such as may include inferring traffic volumes, densities, and/or occupancy. In this example, traffic volume of a given
road segment is expressed as a total number of vehicles flowing in a given time window over the road segment or a
total number of vehicles arriving at the road segment during the time window, traffic density of a given road segment is
expressed as a total number of vehicles per unit distance (e.g., miles or kilometers), and traffic occupancy is expressed
as an average amount of time that a particular road segment or point on the road segment is occupied by a vehicle.
[0062] Given a number of distinct mobile data sources observed to be traveling over a given road segment during a
given time window, and a known or expected percentage of total vehicles that are mobile data sources, it is possible to
infer a total traffic volume - the total number of vehicles (including the vehicles that are not mobile data sources) traveling
over the road segment during the time window. From the inferred total traffic volume, and assessed average speeds for
vehicles on the road segment, it is possible to further calculate traffic density as well as road occupancy.
[0063] An unsophisticated approach to estimating total traffic volume of a particular road segment during a particular
time window would be to simply divide the number of mobile data sample sources for that time window by the percentage
of actual vehicles expected to be mobile data sample sources - thus, for example, if mobile data samples are received
from 25 mobile data sources during the time window and 10% of the total vehicles on the road segment are expected
to be mobile data sample sources, the estimated total volume would be 250 actual vehicles for the amount of time of
the time window. However, this approach may lead to large variability of volume estimates for adjacent time windows
due to the inherent variability of arrival rates of vehicles, particularly if the expected percentage of mobile data sample
sources is small. As one alternative that provides a more sophisticated analysis, total traffic volume of a given road
segment may be inferred as follows. Given an observation of a certain number of distinct mobile data sources (e.g.,
individual vehicles), n, on a road segment of length l, during a given period of time τ, Bayesian statistics can be utilized
to infer an underlying mean rate of arrival of mobile data sources, λ. The arrival of mobile data sources on the stretch
of road corresponding to the road segment may be modeled as a random, discrete process in time, and therefore may
be described by Poisson statistics, such that: 

[0064] From the above formula, a likelihood that n mobile data sources will be observed may be calculated, given a
mean arrival rate λ and an observed number of vehicles n. For example, suppose a mean arrival rate of λ=10 (vehicles/
unit time) and an observation of n=5 vehicles. Substitution yields 

indicating a 3.8% likelihood of actually observing n=5 vehicles. Similarly, the likelihood of actually observing 10 vehicles
arriving (i.e., n=10) if the mean arrival rate is λ=10 (vehicles/unit time) is approximately 12.5%.
[0065] The above formula may be utilized in conjunction with Bayes Theorem in order to determine the likelihood of
a particular arrival rate λ given an observation of n. As is known, Bayes Theorem is: 

[0066] By substitution and constant elimination, the following may be obtained: 

[0067] From the above, a proportional or relative likelihood of an arrival rate λ, given an observation of n mobile data
sources, may be calculated, providing a probability distribution over possible values of λ given various observed values
for n. For a particular value of n, the distribution of likelihoods over various arrival rate values allows a single representative
arrival rate value to be selected (e.g., a mean or a median) and a degree of confidence in that value to be assessed.
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[0068] Furthermore, given a known percentage q of total vehicles on the road that are mobile data sources, also
referred to as the "penetration factor", the arrival rate volume of total traffic may be calculated as 

[0069] Total traffic volume for a road segment during a time period may alternatively be expressed as a total number
of vehicles k flowing in time τ over a length / of the road segment.
[0070] Figure 2E illustrates the probability distribution of various total traffic volumes given observed sample sizes,
given an example mobile data source penetration factor of q=0.014 (1.4%). In particular, Figure 2E depicts a three
dimensional graph 240 that plots observed number of mobile data sources (n) on the y-axis 241 against inferred traffic
arrival rate volume on the x-axis 242 and against likelihood of each Inferred traffic volume value on the z-axis 243. For
example, the graph shows that given an observed number of mobile data sources of n=0, the likelihood that the actual
traffic volume is near zero is approximately 0.6 (or 60%), as illustrated by bar 244a, and the likelihood that the actual
traffic volume is near 143 vehicles per unit time is approximately 0.1, as illustrated by bar 244b. Furthermore, given an
observed number of mobile data sources of n=28, the likelihood that the total actual traffic volume is near 2143 vehicles
per unit time (corresponding to approximately 30 mobile data sample sources per unit time, given the example penetration
factor) is approximately 0.1, as illustrated by bar 244c, which appears to be close to the median value for total actual
traffic volume.
[0071] In addition, average occupancy and density may be calculated using the inferred total traffic arrival rate volume
for a given road segment (representing a number of vehicles k arriving during time τ at the road segment), the assessed
average speed v, and an average vehicle length d, as follows: 

[0072] As previously described, the average speed v of vehicles on the road segment may be obtained by utilizing
speed assessment techniques, such as those described with reference to Figure 2D.
[0073] Figures 10A-10B illustrate examples of conditioning and otherwise rectifying erroneous data samples from
road traffic sensors, such as unreliable and missing data samples. In particular, Figure 10A shows a number of example
data readings obtained from multiple traffic sensors at various times, organized into a table 1000. The table 1000 includes
multiple data reading rows 1004a-1004y that each include a traffic sensor ID ("Identifier") 1002a that uniquely identifies
the traffic sensor that provided the reading, a traffic sensor data reading value 1002b that includes traffic flow information
reported by the traffic sensor, a time of traffic sensor data reading 1002c that reflects the time at which the data reading
was taken by the traffic sensor, and a traffic sensor state 1002d that includes an indication of the operational state of
the traffic sensor. In this example, only speed information is shown, although additional types of traffic flow information
may be reported by traffic sensors (e.g., traffic volume and occupancy), and values may be reported in other formats.
[0074] In the illustrated example, the data readings 1004a-1004y have been taken by multiple traffic sensors at various
times and recorded as represented in the table 1000. In some cases, data readings may be taken by traffic sensors on
a periodic basis (e.g., every minute, every five minutes, etc.) and/or reported by the traffic sensors on such a periodic
basis. For example, traffic sensor 123 takes data readings every five minutes, as shown by data readings 1004a-1004d
and 1004f-1004i that illustrate a number of data readings taken by traffic sensor 123 between 10:25AM and 10:40AM
on two separate days (in this example, 8/13/06 and 8/14/06).
[0075] Each illustrated data reading 1004a-1004y includes a data reading value 1002b that includes traffic flow infor-
mation observed or otherwise obtained by the data sensor. Such traffic flow information may include the speed of one
or more vehicles traveling at, near, or over a traffic sensor. For example, data readings 1004a-1004d show that traffic
sensor 123 observed, at four different times, vehicle speeds of 34 miles per hour (mph), 36 mph, 42 mph, and 38 mph,
respectively. In addition, traffic flow information may include total or incremental counts of vehicles traveling at, near, or
over a traffic, sensor, whether instead of or in addition to speed and/or other information. Total counts may be a cumulative
count of vehicles observed by a traffic sensor since the sensor was installed or otherwise activated. Incremental counts
may be a cumulative count of vehicles observed by a traffic sensor since the traffic sensor took a previous data reading.
Data readings 1004w-1004x show that traffic sensor 166 counted, at two different times, 316 cars and 389 cars, respec-
tively. In some cases, recorded data readings may not include data reading values, such as when a given traffic sensor
has experienced a sensor malfunction, such that it cannot make or record an observation or report an observation (e.g.,
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due to a network failure). For example, data reading 1004k shows that traffic sensor 129 was unable to provide a data
reading value at 10:25 AM on the day of 8/13/06, as indicated by a "--" in the data reading value column 1002b.
[0076] In addition, a traffic sensor state 1002d may be associated with at least some data readings, such as if a traffic
sensor and/or corresponding communications network provides an indication of the operational state of the traffic sensor.
Operational states may include indications that a sensor is functioning properly (e.g., OK), that a sensor is in a power-
off state (e.g. OFF), that a sensor is stuck reporting a single value (e.g., STUCK), and/or that a communications link to
the network is down (e.g., COM_DOWN), as illustrated in data readings 1004m, 1004k, 1004o, and 1004s, respectively.
In other instances, additional and/or different information related to the operational state of a traffic sensor may be
provided, or such operational state information may not be available. Other traffic sensors, such as traffic sensors 123
and 166 in this example, are not configured to provide indications of traffic sensor state, as indicated by a "--" in the
traffic sensor state column 1002d.
[0077] Rows 1004e, 1004j, 1004n, 1004q, 1004v, and 1004y and column 1002e indicate that additional traffic sensor
data readings may be recorded in some instances and/or that additional information may be provided and/or recorded
as part of each data reading. Likewise, less information than is shown may be utilized as a basis for the techniques
described herein.
[0078] Figure 10B illustrates examples of detecting errors in traffic sensor data readings that may be indicative of
unhealthy traffic sensors that are operating incorrectly. In particular, because many traffic sensors may not provide an
indication of traffic sensor state, and because in some cases such indications of traffic sensor state may be unreliable
(e.g., indicating that a sensor is not functioning properly when in fact it is, or indicating that a sensor is functioning properly
when in fact it is not), it may be desirable to utilize statistical and/or other techniques to detect unhealthy traffic sensors
based on reported data reading values.
[0079] For example, an unhealthy traffic sensor may be detected by comparing a current distribution of data readings
reported by a given traffic sensor during a time period (e.g., between 4:00PM and 7:29PM) on a particular day to a
historical distribution of data readings reported by the traffic sensor during the same time period over multiple past days
(e.g., the past 120 days). Such distributions may be generated by, for example, processing multiple data readings
obtained from a traffic sensor, such as those shown in Figure 10A.
[0080] Figure 10B shows three histograms 1020, 1030, and 1040 that each represents a data reading distribution
based on data readings obtained from traffic sensor 123 during a time period of interest. The data represented in
histograms 1020, 1030, and 1040 is discretized into 5 mile per hour intervals (e.g., 0 to 4 miles per hour, 5 to 9 miles
per hour, 10 to 14 miles per hour, etc.) and is normalized, such that each bar (e.g, bar 1024) represents a probability
between 0 and 1 that vehicle speeds within the 5 mile per hour bucket for that bar occurred during the time period (e.g.,
based on a percentage of data readings during the time period that fall within the bucket). For example, bar 1024 indicates
that vehicle speeds between 50 and 54 miles per hour were observed by traffic sensor 123 with a probability of approx-
imately 0.23, such as based on approximately 23% of the data readings obtained from traffic sensor 123 having reported
speeds between 50 and 54 miles per hour, inclusive. In other instances, one or more other bucket sizes may be used,
whether in addition to or instead of a 5 mph bucket. For example, a 1 mph bucket may provide a finer granularity of
processing, but may also cause high variability between adjacent buckets if sufficient data readings are not available
for the time period, while a 10 mph bucket would provide less variability but also less detail. Further, while the current
example uses average speed as the measure for analysis and comparison for data readings, one or more other measures
may be used, whether instead of or in addition to average speed. For example, traffic volume and/or occupancy may
similarly be used.
[0081] In this example, histogram 1020 represents a historical distribution of data readings taken by traffic sensor 123
between 9:00AM and 12:29PM on Mondays over the last 120 days. Histogram 1030 represents a distribution of data
readings taken by sensor 123 between 9:00AM and 12:29 on a particular Monday when traffic sensor 123 was functioning
properly. It can be visibly discerned that the shape of histogram 1030 resembles that of histogram 1020, given that traffic
patterns on a particular Monday would be expected to be similar to traffic patterns on Mondays in general, and the
degree of similarity may be computed in various ways, as discussed below. Histogram 1040 represents a distribution
of data readings taken by traffic sensor 123 between 9:00AM and 12:29 on a particular Monday when traffic sensor 123
was not functioning properly, and was instead outputting data readings that did not reflect actual traffic flows. The shape
of histogram 1040 differs markedly from that of histogram 1020, as is visibly discernible, reflecting the erroneous data
readings reported by traffic sensor 123. For example, a large spike in the distribution is visible at bar 1048, which may
be indicative of sensor 123 being stuck for at least some of the time between 9:00AM and 12:30PM and reporting a
substantial number of identical readings that were not reflective of actual traffic flows.
[0082] In some instances, the Kullback-Leibler divergence between two traffic sensor data distributions may be utilized
to determine the similarity between the two distributions, although similarities or differences between distributions may
be calculated in other manners. The Kullback-Leibler divergence is a convex measure of the similarity of two probability
distributions P and Q. It may be expressed as follows, 
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where Pi and Qi are values of the discretized probability distributions P and Q (e.g., each Pi and Qi is the probability that
speeds within the i-th bucket occurred). In the illustrated example, the Kullback-Leibler divergence ("DKL") 1036 between
the data reading distribution shown in histogram 1020 and the data reading distribution shown in histogram 1030 for the
healthy traffic sensor is approximately 0.076, while the Kullback-Leibler divergence 1046 between the data reading
distribution shown in histogram 1020 and the data reading distribution shown in histogram 1040 for the unhealthy traffic
sensor is approximately 0.568. As one might expect, the DKL 1036 is significantly smaller than the DKL 1046 (in this
case, approximately 13% of DKL 1046), reflecting the fact that histogram 1030 (e.g., representing the output of traffic
sensor 123 while it was functioning properly) is more similar to histogram 1020 (e.g., representing the average behavior
of traffic sensor 123) than histogram 1040 (e.g., representing traffic sensor 123 while it was malfunctioning) is similar to
histogram 1020.
[0083] In addition, some instances may use other statistical measures to detect erroneous data readings provided by
traffic sensors, such as statistical information entropy, whether instead of or in addition to a similarity measure such as
from the Kullback-Leibler divergence. The statistical entropy of a probability distribution is a measure of the diversity of
the probability distribution. Statistical entropy of a probability distribution P may be expressed as follows, 

where Pi is a value of the discretized probability distributions P (e.g., each Pi is the probability that speeds within the i-
th bucket of the histogram for P occurred). In the illustrated example, the statistical entropy 1022 of the distribution shown
in histogram 1020 is approximately 2.17, the statistical entropy 1032 of the distribution shown in histogram 1030 is
approximately 2.14, and the statistical entropy 1042 of the distribution shown in histogram 1040 is approximately 2.22.
As one might expect, the statistical entropy 1042 is greater than both the statistical entropy 1032 and the statistical
entropy 1022, reflecting the more chaotic output pattern exhibited by traffic sensor 123 while it was malfunctioning.
[0084] In addition, the difference between two statistical entropy measures may be measured by calculating the entropy
difference measure. The entropy difference measure between two probability distributions P and Q may be expressed as 

where H(P) and H(Q) are the entropies of the probability distributions P and Q, respectively, as described above. In the
illustrated example, the entropy difference measure ("EM") 1034 between the distribution shown in histogram 1020 and
the distribution shown in histogram 1030 is approximately 0.0010, and the entropy difference measure 1044 between
the distribution shown in histogram 1020 and the distribution shown in histogram 1040 is approximately .0023. As one
may expect, the entropy difference measure 1044 is significantly larger than the entropy difference measure 1034 (in
this case, more than twice as large), reflecting the greater difference between the statistical entropy of the distribution
shown in histogram 1040 and the statistical entropy of the distribution shown in histogram 1020, compared to the
difference between the statistical entropy of the distribution shown in histogram 1030 and the statistical entropy of the
distribution shown in histogram 1020.
[0085] The statistical measures described above may be utilized in various ways in order to detect unhealthy traffic
sensors. In some instances, various information about a current data reading distribution is provided as input to a sensor
health (or data reading reliability) classifier, such as based on a neural network, Bayesian classifier, decision tree, etc.
For example, the classifier input information may include, for example, the Kullback-Leibler divergence between a
historical data reading distribution for the traffic sensor and the current data reading distribution for the traffic sensor,
and the statistical entropy of the current data reading distribution. The classifier then assesses the health of the traffic
sensor based on the provided inputs, and provides an output that indicates an unhealthy or healthy sensor. In some
cases, additional information may also be provided as input to the classifier, such as an indication of the time-of-day
(e.g., a time period from 5:00AM to 9:00AM), day or days of week (e.g., Monday through Thursday, Friday, Saturday or
Sunday) corresponding to the time-of-day and/or day-of-week to which the current and historical data reading distributions
correspond, size of the mph buckets, etc. Classifiers may be trained by utilizing actual prior data readings, such as those
that include indications of traffic sensor state, as illustrated in Figure 10A.
[0086] In other instances, unhealthy traffic sensors may be identified without the use of a classifier. For example, a
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traffic sensor may be determined to be unhealthy if one or more statistical measures are above a predetermined threshold
value. For instance, a traffic sensor may be determined to be unhealthy if the Kullback-Leibler divergence between a
historical data reading distribution for the traffic sensor and a current data reading distribution for the traffic sensor is
above a first threshold value, if the statistical entropy of the current data reading distribution is above a second threshold
value, and/or if the entropy difference measure between the current data reading distribution and the historical data
reading distribution is above a third threshold. In addition, other non-statistical information may be utilized, such as
whether the traffic sensor is reporting a sensor state that may be interpreted as healthy or unhealthy.
[0087] As previously noted, although the above techniques are described primarily in the context of traffic sensors
that report vehicle speed information, the same techniques may be utilized with respect to other traffic flow information,
including traffic volume, density, and occupancy.
[0088] Figure 3 is a block diagram illustrating an embodiment of a computing system 300 that is suitable for performing
at least some of the described techniques, such as by executing an embodiment of a Data Sample Manager system.
The computing system 300 includes a central processing unit ("CPU") 335, various input/output ("I/O") components 305,
storage 340, and memory 345, with the illustrated I/O components including a display 310, a network connection 315,
a computer-readable media drive 320, and other I/O devices 330 (e.g., keyboards, mice or other pointing devices,
microphones, speakers, etc.).
[0089] In the illustrated embodiment, various systems are executing in memory 345 in order to perform at least some
of the described techniques, including a Data Sample Manager system 350, a Predictive Traffic Information Provider
system 360, a Key Road Identifier system 361, a Road Segment Determiner system 362, an RT Information Provider
system 363, and optional other systems provided by programs 369, with these various executing systems generally
referred to herein as traffic information systems. The computing system 300 and its executing systems may communicate
with other computing systems via a network 380 (e.g., the internet, one or more cellular telephone networks, etc.), such
as various client devices 382, vehicle-based clients and/or data sources 384, road traffic sensors 386, other data sources
388, and third-party computing systems 390.
[0090] In particular, the Data Sample Manager system 350 obtains various information regarding current traffic con-
ditions and/or previous observed case data from various sources, such as from the road traffic sensors 386, vehicle-
based mobile data sources 384 and/or other mobile or non-mobile data sources 388. The Data Sample Manager system
350 then prepares the obtained data for use by other components and/or systems by filtering (e.g., eliminating data
samples from consideration) and/or conditioning (e.g., correcting errors) the data, and then assesses road traffic con-
ditions such as traffic flow and/or speed for various road segments using the prepared data. In this illustrated embodiment,
the Data Sample Manager system 350 includes a Data Sample Filterer component 352, a Sensor Data Conditioner
component 353, a Data Sample Outlier Eliminator component 354, a Data Sample Speed Assessor component 356; a
Data Sample Flow Assessor component 358, and an optional Sensor Data Aggregator component 355, with the com-
ponents 352-358 performing functions similar to those previously described for corresponding components of Figure 1
(such as the Data Sample Filterer component 104, the Sensor Data Conditioner component 105, the Data Sample Outlier
Eliminator component 106, the Data Sample Speed Assessor component 107, the Data Sample Flow Assessor com-
ponent 108, and the optional Sensor Data Aggregator component 110). In addition, in at least some embodiments the
Data Sample Manager system performs its assessment of road traffic conditions in a substantially realtime or near-
realtime manner, such as within a few minutes of obtaining the underlying data (which may be itself be obtained in a
substantially realtime manner from the data sources).
[0091] The other traffic information systems 360-363 and 369 and/or the third-party computing systems 390 may then
use data provided by the Data Sample Manager system in various ways. For example, the Predictive Traffic Information
Provider system 360 may obtain (either directly, or indirectly via a database or storage device) such prepared data to
generate future traffic condition predictions for multiple future times, and provide the predicted information to one or
more other recipients, such as one or more other traffic information systems, client devices 382, vehicle-based clients
384, and/or third-party computing systems 390. In addition, the RT Information Provider system 363 may obtain infor-
mation about assessed road traffic conditions from the Data Sample Manager system, and make the road traffic condition
information available to others (e.g., client devices 382, vehicle-based clients 384, and/or third-party computing systems
390) in a realtime or near-realtime manner - when the Data Sample Manager system also performs its assessment in
such a realtime or near-realtime manner, the recipients of the data from the RT Information Provider system may be
able to view and use information about current traffic conditions on one or more road segments based on contempora-
neous actual vehicle travel on those road segments (as reported by mobile data sources traveling on those road segments
and/or by sensors and other data sources providing information about actual vehicle travel on those road segments).
[0092] The client devices 382 may take various forms, and may generally include any communication devices and
other computing devices capable of making requests to and/or receiving information from the traffic information systems.
In some cases, the client devices may execute interactive console applications (e.g., Web browsers) that users may
utilize to make requests for traffic-related information (e.g., predicted future traffic conditions information, realtime or
near-realtime current traffic conditions information, etc.), while in other cases at least some such traffic-related information
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may be automatically sent to the client devices (e.g., as text messages, new Web pages, specialized program data
updates, etc.) from one or more of the traffic information systems.
[0093] The road traffic sensors 386 include multiple sensors that are installed in, at, or near various streets, highways,
or other roads, such as for one or more geographic areas. These sensors may include loop sensors that are capable of
measuring the number of vehicles passing above the sensor per unit time, vehicle speed, and/or other data related to
traffic flow. In addition, such sensors may include cameras, motion sensors, radar ranging devices, RFID-based devices,
and other types of sensors that are located adjacent to or otherwise near a road. The road traffic sensors 386 may
periodically or continuously provide measured data readings via wire-based or wireless-based data link to the Data
Sample Manager system 350 via the network 380 using one or more data exchange mechanisms (e.g., push, pull,
polling, request-response, peer-to-peer, etc.). In addition, while not illustrated here, one or more aggregators of such
road traffic sensor information (e.g., a governmental transportation body that operates the sensors) may instead obtain
the raw data and make that data available to the traffic information systems (whether in raw form or after it is processed).
[0094] The other data sources 388 include a variety of types of other sources of data that may be utilized by one or
more of the traffic information systems to provide traffic-related information to users, customers, and/or other computing
systems. Such data sources include map services and/or databases that provide information regarding road networks,
such as the connectivity of various roads to one another as well as traffic control information related to such roads (e.g.,
the existence and location of traffic control signals and/or speed zones). Other data sources may also include sources
of information about events and/or conditions that impact and/or reflect traffic conditions, such as short-term and long-
term weather forecasts, school schedules and/or calendars, event schedules and/or calendars, traffic incident reports
provided by human operators (e.g., first responders, law enforcement personnel, highway crews, news media, travelers,
etc.), road work information, holiday schedules, etc.
[0095] The vehicle-based clients/data sources 384 in this example may each be a computing system and/or commu-
nication system located within a vehicle that provides data to one or more of the traffic information systems and/or that
receives data from one or more of those systems. In some instances, the Data Sample Manager system 350 may utilize
a distributed network of vehicle-based mobile data sources and/or other user-based mobile data sources (not shown)
that provide information related to current traffic conditions for use by the traffic information systems. For example, each
vehicle or other mobile data source may have a GPS ("Global Positioning System") device (e.g., a cellular telephone
with GPS capabilities, a stand-alone GPS device, etc.) and/or other geo-location device capable of determining the
geographic location, and possibly other information such as speed, direction, elevation and/or other data related to the
vehicle’s travel, with the geo-location device(s) or other distinct communication devices obtaining and providing such
data to one or more of the traffic information systems (e.g., by way of a wireless link) from time to time. Such mobile
data sources are discussed in greater detail elsewhere.
[0096] Alternatively, some or all of the vehicle-based clients/data sources 384 may each have a computing system
and/or communication system located within a vehicle to obtain information from one or more of the traffic information
systems, such as for use by an occupant of the vehicle. For example, the vehicle may contain an in-dash navigation
system with an installed Web browser or other console application that a user may utilize to make requests for traffic-
related information via a wireless link from one of the traffic information systems, such as the Predictive Traffic Information
Provider system and/or RT information Provider system, or instead such requests may be made from a portable device
of a user in the vehicle. In addition, one or more of the traffic information systems may automatically transmit traffic-
related information to such a vehicle-based client device based upon the receipt or generation of updated information.
[0097] The third-party computing systems 390 include one or more optional computing systems that are operated by
parties other than the operator(s) of the traffic information systems, such as parties who receive traffic-related data from
one or more of the traffic information systems and who make use of the data in some manner. For example, the third-
party computing systems 390 may be systems that receive traffic information from one or more of the traffic information
systems, and that provide related information (whether the received information or other information based on the
received information) to users or others (e.g., via Web portals or subscription services). Alternatively, the third-party
computing systems 390 may be operated by other types of parties, such as media organizations that gather and report
traffic conditions to their consumers, or online map companies that provide traffic-related information to their users as
part of travel-planning services.
[0098] As previously noted, the Predictive Traffic Information Provider system 360 may use data prepared by the Data
Sample Manager system 350 and other components to generate future traffic condition predictions for multiple future
times. In some instances, the predictions are generated using probabilistic techniques that incorporate various types of
input data In order to repeatedly produce future time series predictions for each of numerous road segments, such as
In a realtime manner based on changing current conditions for a network of roads in a given geographic area. Moreover,
one or more predictive Bayesian or other models (e.g., decision trees) may be automatically created for use in generating
the future traffic condition predictions for each geographic area of interest, such as based on observed historical traffic
conditions for those geographic areas. Predicted future traffic condition information may be used in a variety of ways to
assist in travel and for other purposes, such as to plan optimal routes through a network of roads based on predictions
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about traffic conditions for the roads at multiple future times.
[0099] Furthermore, the Road Segment Determiner system 362 may utilize map services and/or databases that provide
information regarding road networks in one or more geographic areas in order to automatically determine and manage
information related to the roads that may be used by other traffic information systems. Such road-related information
may include determinations of particular portions of roads to be treated as road segments of interest (e.g., based on
traffic conditions of those road portions and other nearby road portions), as well as automatically generated associations
or relationships between road segments in a given road network and indications of other information of interest (e.g.,
physical locations of road traffic sensors, event venues, and landmarks; information about functional road classes and
other related traffic characteristics; etc.). In some instances, the Road Segment Determiner system 362 may execute
periodically and store the information it produces in storage 340 or a database (not shown) for use by other traffic
information systems.
[0100] In addition, the Key Road Identifier system 361 utilizes a road network representing a given geographic area
and traffic condition information for that geographic area to automatically identify roads that are of interest for tracking
and assessing road traffic conditions, such as for used by other traffic information systems and/or traffic data clients. In
some instances, the automatic identification of a road (or of one or more road segments of the road) as being of interest
may be based at least in part on factors such as the magnitude of peak traffic volume or other flow, the magnitude of
peak traffic congestion, intra-day variability of traffic volume or other flow, intra-day variability of congestion for the road,
inter-day variability of traffic volume or other flow, and/or inter-day variability of congestion for the road. Such factors
may be analyzed by way of, for example, principal components analysis, such as by first computing a covariance matrix
S of traffic condition information for all roads (or road segments) in a given geographic area, and then computing an
Eigen decomposition of the covariance matrix S. In descending order of Eigenvalue, the Eigenvectors of S then represent
the combinations of roads (or road segments) that independently contribute most strongly to the variance of the observed
traffic conditions.
[0101] In addition, a realtime traffic information provider or presenter system may be provided by the RT Information
Provider system, or instead by one or more of the other programs 369. The information provider system may utilize data
analyzed and provided by the Data Sample Manager system 350 and/or other components (such as the Predictive
Traffic Information Provider system 360) in order to provide traffic information services to consumers and/or business
entities that are operating or otherwise utilizing client devices 382, vehicle-based clients 384, third-party computing
systems 390, etc., such as to provide data in a realtime or near-realtime manner based at least in part on data samples
obtained from vehicles and other mobile data sources.
[0102] It will be appreciated that the illustrated computing systems are merely illustrative and are not intended to limit
the scope of the present invention. Computing system 300 may be connected to other devices that are not illustrated,
including through one or more networks such as the internet or via the Web. More generally, a "client" or "server"
computing system or device, or traffic information system and/or component, may comprise any combination of hardware
or software that can interact and perform the described types of functionality, including without limitation desktop or other
computers, database servers, network storage devices and other network devices, PDAs, cellphones, wireless phones,
pagers, electronic organizers, Internet appliances, television-based systems (e.g., using set-top boxes and/or personal/
digital video recorders), and various other consumer products that include appropriate inter-communication capabilities.
In addition, the functionality provided by the illustrated system components may be combined in fewer components or
distributed in additional components. Similarly, the functionality of some of the illustrated components may not be provided
and/or other additional functionality may be available.
[0103] In addition, while various items are illustrated as being stored in memory or on storage while being used, these
items or portions of them can be transferred between memory and other storage devices for purposes of memory
management and/or data integrity. Alternatively, some or all of the software components and/or modules may execute
in memory on another device and communicate with the illustrated computing system via inter-computer communication.
Some or all of the system components or data structures may also be stored (e.g., as software instructions or structured
data) on a computer-readable medium, such as a hard disk, a memory, a network, or a portable media article to be read
by an appropriate drive or via an appropriate connection. The system components and data structures can also be
transmitted as generated data signals (e.g., as part of a carrier wave or other analog or digital propagated signal) on a
variety of computer-readable transmission mediums, including wireless-based and wired/cable-based mediums, and
can take a variety of forms (e.g., as part of a single or multiplexed analog signal, or as multiple discrete digital packets
or frames). Such computer program products may also take other forms in other instances. Accordingly, the present
invention may be practiced with other computer system configurations.
[0104] Figure 4 is a flow diagram of an example embodiment of a Data Sample Filterer routine 400 related to the
present invention. The routine may be provided by, for example, execution of an embodiment of a Data Sample Filterer
component 352 of Figure 3 and/or Data Sample Filterer component 104 of Figure 1, such as to receive data samples
corresponding to roads in a geographic area and to filter data samples that are not of interest for later assessments.
The filtered data samples may then subsequently be used in various ways, such as to use the filtered data samples to
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calculate average speeds for particular road segments of interest and to calculate other traffic flow-related characteristics
for such road segments.
[0105] The routine begins in step 405, where a group of data samples is received for a geographic area for a particular
period of time. In step 410, the routine then optionally generates additional information for some or all of the data samples
based on other related data samples. For example, if a particular data sample for a vehicle or other mobile data source
lacks information of interest (such as speed and/or heading or orientation for the mobile data source), such information
may be determined in conjunction with one or both of the prior and subsequent data samples for the same mobile data
source. In addition, in at least some embodiments information from multiple data samples for a particular mobile data
source may be aggregated in order to assess additional types of information regarding the data source, such as to
assess an activity of the data source over a period of time that spans multiple data samples (e.g., to determine if a
vehicle has been parked for several minutes rather than temporarily stopped for a minute or two as part of the normal
flow of traffic, such as at a stop sign or stop light).
[0106] After step 410, the routine continues to steep 415 to attempt to associate each data sample with a road in the
geographic area and a particular road segment of that road, although in other embodiments this step may not be
performed or may be performed in other manners, such as if at least an initial association of a data sample to a road
and/or road segment is instead received in step 405, or instead if the entire routine is performed at a single time for a
single road segment such that all of the data samples received in step 405 as a group correspond to a single road
segment. In the illustrated embodiment, the association of a data sample to a road and road segment may be performed
in various ways, such as to make an initial association based solely on a geographic location associated with the data
sample (e.g., to associate the data sample with the nearest road and road segment). Furthermore, the association may
optionally include additional analysis to refine or revise that initial association - for example, if a location-based analysis
indicates multiple possible road segments for a data sample (such as multiple road segments for a particular road, or
instead multiple road segments for nearby but otherwise unrelated roads), such additional analysis may use other
information such as speed and orientation to affect the association (e.g., by combining location information and one or
more other such factors in a weighted manner). Thus, for example, if the reported location of a data sample is between
a freeway and a nearby frontage road, information about the reported speed of the data sample may be used to assist
in associating the data sample with the appropriate road (e.g., by determining that a data sample with an associated
speed of 70 miles per hour is unlikely to originate from a frontage road with a speed limit of 25 miles per hour). In addition,
in situations in which a particular stretch of road or other road portion is associated with multiple distinct road segments
(e.g., for a two-lane road in which travel in one direction is modeled as a first road segment and in which travel in the
other direction is modeled as a distinct second road segment, or instead a multi-lane freeway in which an HOV lane is
modeled as a separate road segment from one or more adjacent non-HOV lanes), additional information about the data
sample such as speed and/or orientation may be used to select the most likely road segment of the road for the data
sample.
[0107] After step 415, the routine continues to step 420 to filter any data samples that are not associated with road
segments that are of interest for later processing, including data samples (if any) that are not associated with any road
segment. For example, certain roads or portions of roads may not be of interest for later analysis, such as to exclude
roads of certain functional road classes (e.g., if the size of the road and/or its amount of traffic is not sufficiently large to
be of interest), or to exclude portions of roads such as a freeway ramp or feeder road or collector/distributor road since
the traffic characteristics of such road portions are not reflective of the freeway as a whole. Similarly, in situations in
which multiple road segments are associated with a particular portion of road, some road segments may not be of interest
for some purposes, such as to exclude an HOV lane for a freeway if only the behavior of the non-HOV lanes are of
interest for a particular purpose, or if only one direction of a two-way road is of interest. After step 420, the routine
continues to step 425 to determine whether to filter data samples based on activity of the data sources, although in other
embodiments such filtering may not be performed or may always be performed. In the illustrated embodiment, if the
filtering is to be performed based on the source activity, the routine continues to step 430 to perform such filtering, such
as to remove data samples corresponding to data sources whose behavior does not reflect the traffic flow activity of
interest to be measured (e.g., to exclude vehicles that are parked with their engines running for an extended period of
time, to exclude vehicles that are driving around in a parking lot or parking garage or other small area for an extended
period of time, etc.). After step 430, or if it was instead determined in step 425 to not filter based on data source activity,
the routine continues to step 490 to store the filtered data for later use, although in other embodiments the filtered data
could instead be provided directly to one or more clients. The routine then continues to step 495 to determine whether
to continue. If so, the routine returns to step 405, and if not continues to step 499 and ends.
[0108] Figure 5 is a flow diagram of an example embodiment of a Data Sample Outlier Eliminator routine 500 according
to the present invention. The routine may be provided by, for example, execution of an embodiment of a Data Sample
Outlier Eliminator component 354 of Figure 3 and/or Data Sample Outlier Eliminator component 106 of Figure 1, such
as to eliminate data samples for a road segment that are outliers with respect to the other data samples for the road
segment.
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[0109] The routine begins in step 505, where a set of data samples for a road segment and a time period are received.
The received data samples may be, for example, filtered data samples obtained from the output of the Data Sample
Filterer routine. In step 510, the routine then optionally separates the data samples into multiple groups to reflect distinct
parts of the road segment and/or distinct behaviors. For example, if multiple freeway lanes are included together as part
of a single road segment and the multiple lanes include at least one HOV lane and one or more non-HOV lanes, the
vehicles in the HOV lane(s) may be separated from vehicles in the other lanes if the traffic flow during the time period
is significantly different between the HOV and non-HOV lanes. Such grouping may be performed in various ways, such
as by fitting the data samples to multiple curves that each represent typical data sample variability within a particular
group of data samples (e.g., a normal or Gaussian curve). In other embodiments, such grouping may not be performed,
such as if the road segment is instead divided such that all of the data samples for the road segment reflect similar
behavior (e.g., if a freeway with an HOV lane and other non-HOV lanes is instead split into multiple road segments).
[0110] The routine next continues to step 515 to, for each of the one or more groups of data samples (with all of the
data samples being treated as a single group if the data sample separating of step 510 is not performed), calculate
average traffic condition characteristics for all of the data samples. Such average traffic condition characteristics may
include, for example, an average speed, as well as corresponding statistical information such as a standard deviation
from the mean. The routine then continues to step 520 to, for each of the one or more data sample groups, successively
perform a leave-one-out analysis such that a particular target data sample is selected to be provisionally left out and
average traffic condition characteristics are determined for the remaining traffic condition characteristics. The larger the
difference between the average traffic condition characteristics for the remaining data samples and the average traffic
condition characteristics for all data samples from step 515, the greater the likelihood that the left-out target data sample
is an outlier that does not reflect common characteristics of the other remaining data samples. In step 525, the routine
then optionally performs one or more additional types of outlier analysis, such as to successively leave out groups of
two or more target data samples in order to assess their joint effect, although in some embodiments such additional
outlier analysis may not be performed. After step 522, the routine continues to step 590 to remove data samples that
are identified as outliers in steps 520 and/or 525, and stores the remaining data samples for later use. In other embod-
iments, the routine may instead forward the remaining data samples to one or more clients for use. The routine then
continues to step 595 to determine whether to continue. If so, the routine returns to step 505, and if not the routine
continues to step 599 and ends.
[0111] Figure 6 is a flow diagram of an example embodiment of a Data Sample Speed Assessor routine 600 related
to the present invention. The routine may be provided by, for example, execution of the Data Sample Speed Assessor
component 356 of Figure 3 and/or the Data Sample Speed Assessor component 107 of Figure 1, such as to assess a
current average speed for a road segment during a period of time based on various data samples for the road segment.
In this example embodiment, the routine will perform successive calculations of average speed for the road segment
for each of multiple time intervals or windows during the period of time, although in other embodiments each invocation
of the routine may instead be for a single time interval (e.g., with multiple time intervals assessed via multiple invocations
of the routine). For example, if the time period is thirty minutes, a new average speed calculation may be performed
every five minutes, such as with 5-minute time intervals (and thus with each time interval not overlapping with prior or
successive time intervals), or with 10-minute time intervals (and thus overlapping with adjacent time intervals).
[0112] The routine begins at step 605, where an indication is received of data samples (e.g., data samples from mobile
data sources and physical sensor data readings) for a road segment for a period of time, or of insufficient data for a road
segment for a period of time, although in some embodiments only one of data samples from mobile data sources and
from sensor data readings may be received. The received data samples may be, for example, obtained from the output
of the Data Sample Outlier Eliminator routine. Similarly, the indication of insufficient data may be received from the Data
Sample Outlier Eliminator routine. In some cases, the indication of insufficient data may be based on having an insufficient
number of data samples, such as when there have been no data samples from mobile data sources associated with the
road segment for the period of time and/or when some or all sensor data readings for the road segment are missing or
have been detected to be erroneous (e.g., by the Sensor Data Conditioner component 105 of Figure 1). In this example,
the routine continues in step 610 to determine whether an indication of insufficient data has been received. If so, the
routine continues to step 615, and if not, the routine continues to step 625.
[0113] In step 615, the routine executes an embodiment of the Traffic Flow Estimator routine (described with reference
to Figure 14) in order to obtain estimated average traffic speed for the road segment for the period of time. In step 620,
the routine then provides an indication of the estimated average speed. In step 625, the routine selects the next time
interval or window for which an average speed is to be assessed, beginning with the first time interval. In step 630, the
routine then calculates a weighted average traffic speed for the data samples within the time interval, with the weighting
of the data samples being based on one or more factors. For example, in the illustrated embodiment, the weighting for
each data sample is varied (e.g., in a linear, exponential, or step-wise manner) based on the latency of the data sample,
such as to give greater weight to data samples near the end of the time interval (as they may be more reflective of the
actual average speed at the end of the time interval). In addition, the data samples may further be weighted in the
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illustrated embodiment based on the source of the data, such as to weight data readings from physical sensors differently
from data samples from vehicles and other mobile data sources, whether more or less heavily. In addition, in other
embodiments, various other factors could be used in the weighting, including on a per-sample basis - for example, a
data reading from one physical sensor may be weighted differently than a data reading from another physical sensor,
such as to reflect available information about the sensors (e.g., that one of the physical sensors is intermittently faulty
or has a less accurate data reading resolution than another sensor), and a data sample from one vehicle or other mobile
data source may similarly be weighted differently from that of another such vehicle or mobile data source based on
information about the mobile data sources. Other types of factors that in some embodiments may be used in the weightings
include confidence values or other estimates of the possible error in a particular data sample, a degree of confidence
that a particular data sample should be associated with a particular road segment, etc.
[0114] After step 630, the routine continues to step 635 to provide an indication of the average calculated traffic speed
for the time interval, such as to store the information for later use and/or to provide the information to a client. In step
640, the routine then optionally obtains additional data samples for the time period that have become available subsequent
to the receipt of information in step 605. It is then determined in step 645 whether more time intervals are to be calculated
for the time period, and if so the routine returns to step 625. If there are instead no more time intervals, or after step 620,
the routine continues to step 695 to determine whether to continue. If so, the routine returns to step 605, and if not
continues to step 699 and ends.
[0115] Figure 7 is a flow diagram of an example embodiment of a Data Sample Flow Assessor routine 700 related to
the present invention. The routine may be provided by, for example, execution of an embodiment of a Data Sample Flow
Assessor component 358 of Figure 3 and/or Data Sample Flow Assessor component 108 of Figure 1, such as to assess
traffic condition flow characteristics other than average speed for a particular road segment during a particular period
of time. In this example embodiment, the flow characteristics to be assessed include a total volume of vehicles (or other
mobile data sources) arriving at or present on a particular road segment during a period of time, and a percentage
occupancy for the road segment during the period of time to reflect the percentage of time that a point on or area of the
road segment is covered by a vehicle.
[0116] The routine begins at step 705, where an indication is received of data samples for a road segment for a period
of time and an average speed for the road segment during the period of time, or of insufficient data for a road segment
for a period of time. The data samples may be obtained from, for example, output of the Data Sample Outlier Eliminator
routine, and the average speed may be obtained from, for example, output of the Data Sample Speed Assessor routine.
The indication of insufficient data may be obtained from, for example, output of the Data Sample Outlier Eliminator
routine. In some cases, the indication of insufficient data may be based on having an insufficient number of data samples,
such as when there have been no data samples from mobile data sources associated with the road segment for the
period of time and/or when some or all sensor data readings for the road segment are missing or have been detected
to be erroneous (e.g., by the Sensor Data Conditioner component 105 of Figure 1). The routine then continues in step
706 to determine whether an indication of insufficient data has been received. If so, the routine continues to step 750,
and if not, the routine continues to step 710.
[0117] In step 750, the routine executes an embodiment of the Traffic Flow Estimator routine (described with reference
to Figure 14) in order to obtain estimated total volume and occupancy for the road segment for the period of time. In
step 755, the routine then provides an indication of the estimated total volume and occupancy.
[0118] In step 710, the routine determines a number of vehicles (or other mobile data sources) that provided the data
samples, such as by associating each data sample with a particular mobile data source. In step 720, the routine then
probabilistically determines the most likely arrival rate to the road segment of the vehicles providing the data samples,
based in part on the determined number of vehicles. In some embodiments, the probabilistic determination may further
use information about the a priori probability of the number of such vehicles and the a priori probability of a particular
arrival rate. In step 730, the routine then infers the total volume of all vehicles passing through the road segment during
the period of time, such as based on the determined number of vehicles and information about what percentage of the
total number of vehicles are vehicles that provide data samples, and further assesses a confidence interval for the
inferred total volume. In step 740, the routine then infers the percentage occupancy for the road segment during the
period of time based on the inferred total volume, the average speed, and an average vehicle length. Other types of
traffic flow characteristics of interest may similarly be assessed in other embodiments. In the illustrated embodiment,
the routine then continues to step 790 to provide indications of the inferred total volume and the inferred percentage
occupancy. After steps 755 or 790, if it is then determined in step 795 to continue; the routine returns to step 705, and
if not continues to step 799 and ends.
[0119] Figure 11 is a flow diagram of an example embodiment of a Sensor Data Reading Error Detector routine 1100
related to the present invention. The routine may be provided by, for example, execution of the Sensor Data Conditioner
component 353 of Figure 3 and/or the Sensor Data Conditioner component 105 of Figure 1, such as to determine the
health of one or more traffic sensors. In this example embodiment, the routine is performed at various times of day to
determine the health of one or more traffic sensors, based on traffic sensor data readings recently obtained during an
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indicated time period. In addition, data being output by a traffic sensor for one or more of various types of traffic conditions
measures may be analyzed by the routine In various embodiments, such as traffic speed, volume, occupancy, etc.
Furthermore, data for at least some of traffic conditions may be measured and/or aggregated in various ways, such as
at various levels of granularity (e.g., 5mph buckets of groups of data for speed information), and the routine may in some
embodiments analyze data for a particular traffic sensor at each of one or more levels of granularity (or other level of
aggregation) for each of one or more traffic conditions measures.
[0120] The routine begins at step 1105 and receives an indication of one or more traffic sensors and of a selected
time category (e.g., the most recent time category, if the routine executes after each time category to provide results in
a near-realtime manner, or one or more prior time categories selected for analysis), although in other embodiments
multiple time categories may instead be indicated. In some embodiments, time may be modeled by way of time categories
that each include a time-of-day category (e.g., 12:00AM to 5:29AM and 7:30PM to 11:59PM, 5:30AM to 8:59AM, 9:
00AM to 12:29PM, 12:30PM to 3:59PM, 4:00PM to 7:29PM, and 12:00AM to 11:59PM) and/or a day-of-week category
(e.g., Monday through Thursday, Friday, Saturday and Sunday, or instead with Saturday and Sunday grouped together).
Particular time categories may be selected in various ways in various embodiments, including to reflect time periods
during which traffic is expected to have similar characteristics (e.g., based on commuting times and patterns, or other
consistent activities that affect traffic), such as to group evening and early morning hours together if traffic is typically
relatively sparse during those times. In addition, in some embodiments time categories may be selected to differ for
different traffic sensors (e.g., by geographic area, road, individual sensor, etc.), whether manually or in an automated
manner by analyzing historical data to determine time periods that have similar traffic flow characteristics.
[0121] In steps 1110 to 1150, the routine then performs a loop in which it analyzes traffic sensor data readings from
each of the indicated one or more traffic sensors for the indicated time categories in order to determine the traffic sensor
health status of each of the traffic sensors during that time category. In step 1110, the routine selects the next traffic
sensor of the indicated one or more traffic sensors, beginning with the first, and selects the indicated time category (or,
if multiple time categories were instead indicated in step 1105, the next combination of traffic sensor and indicated time
category). In step 1115, the routine retrieves an average historical data reading distribution for the traffic sensor during
the selected time category. In some embodiments, the historical data reading distribution may be based on data readings
provided by the traffic sensor during the selected time category (e.g., between 4:00PM and 7:29PM on days of the week
that include Monday through Thursday) over an extended time period, such as the last 120 days or a recent 120 day
period).
[0122] In step 1120, the routine determines a target traffic sensor data distribution for the selected traffic sensor and
selected time category. In step 1125, the routine then determines the similarity of the target traffic sensor data reading
distribution and the historical traffic sensor data reading distribution. As described in more detail elsewhere, in some
embodiments, such a similarity measure may be determined by calculating the Kullback-Leibler divergence between
the target traffic sensor data reading distribution and the historical traffic sensor data reading distribution. In step 1130,
the routine next determines the information entropy of the target traffic sensor data reading distribution, as discussed
in greater detail elsewhere.
[0123] In step 1135, the routine next assesses the health of the selected traffic sensor for the selected time category
by using various information to perform a health classification (e.g., an indication of "healthy" or "unhealthy", or a value
on a "health" scale such as from 1 to 100), which in this example includes the determined similarity, determined entropy,
and the selected time category (e.g., the selected time-of-day category, such as 4:00PM to 7:29PM, and/or the selected
day-of-week category, such as Monday to Thursday). In other embodiments, other types of information could be used,
such as an indication of a degree of granularity of the data being measured (e.g., 5mph buckets of groups of data for
speed information). In one embodiment, a neural network may be used for the classification, while in other embodiments
various other classification techniques may be utilized, including decision trees, Bayesian classifiers, etc.
[0124] In step 1140, the routine then determines the traffic sensor health status for the selected traffic sensor and
selected time category (in this example as healthy or unhealthy) based on the assessed traffic sensor health and/or
other factors. In some embodiments, the health status for a traffic sensor may be determined to be healthy whenever
the traffic sensor health for the selected time category is assessed as healthy in step 1135. In addition, the health status
for the traffic sensor may be determined to be unhealthy whenever the traffic sensor health for the selected time category
is assessed as unhealthy (e.g., in step 1135), and the selected time category has an associated time-of-day category
that covers a sufficiently large time period (e.g., at least 12 or 24 hours). Furthermore, in some embodiments information
about related time categories (e.g., for one or more prior and/or subsequent time periods) may be retrieved and used,
such as to classify traffic sensor health over a longer period of time (e.g., a day). Such logic may reduce the risk of a
false negative determination of sensor health status (e.g., determining the traffic sensor health status as unhealthy when
in fact the traffic sensor is healthy) based on temporary unusual traffic patterns that the traffic sensor is accurately
reporting.
[0125] For example, false negative determinations may occur due to substantial intra-day variability in data readings
due to external factors (e.g., traffic accidents, weather incidents, etc.). An automobile accident occurring at or near a
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particular traffic sensor, for example, may result in that traffic sensor providing atypical and erratic data readings for a
relatively short time period (e.g., one to two hours). If a determination of sensor health status is solely based on data
readings obtained primarily during the time of the disturbance caused by the traffic accident, a false negative determination
will likely result. By basing the determination of unhealthy sensor status on data readings obtained over relatively larger
time periods (e.g., 12 or 24 hours) the risk of such false negative determinations may be reduced. On the other hand,
false positive determinations (e.g., determining the traffic sensor health as healthy when in fact it is unhealthy) may in
general be less likely, because malfunctioning traffic sensors are unlikely to provide data readings that are similar to
historical data readings (e.g., reflective of ordinary traffic patterns). As such, it may be appropriate to determine a traffic
sensor health status as healthy based on relatively smaller time periods.
[0126] Some embodiments may effect such differential logic by executing the illustrated routine multiple times per day
with time categories reflective of shorter time periods (e.g., executing the routine every three hours with a time category
having a time-of-day category extending over the previous three hours) and at least once per day with a time category
reflective of the entire previous day (e.g., executing the routine at midnight with a time category having a time-of-day
category extending over the previous 24 hours).
[0127] In addition, the determination of sensor health status may be based on other factors, such as whether a sufficient
number of data readings can be obtained for the selected time category (e.g., because the traffic sensor is intermittently
reporting data readings) and/or based on indications of sensor state provided by the traffic sensor (e.g., that the traffic
sensor is stuck).
[0128] In step 1145, the routine provides the determined traffic sensor health status. In some embodiments, the traffic
sensor health status may be stored (e.g., in a database or file system) for later use by other components (e.g., the
Sensor Data Aggregator component 110 of Figure 1) and/or directly provided to other components (e.g., a Data Sample
Outlier Eliminator component). In step 1150, the routine determines whether there are more traffic sensors (or combi-
nations of traffic sensors and time categories) to process. If so, the routine continues to step 1110 to continue, and if
not continues to step 1155 to perform other actions as appropriate. Such other actions may include, for example;
periodically (e.g., once per day, once per week, etc.) recalculating historical data reading distributions (e.g., for the last
120 days) for each of one or more time categories for each of multiple traffic sensors. By periodically recalculating
historical data reading distributions, the routine may continue to provide accurate traffic sensor health status determi-
nations in the face of gradually changing traffic conditions (e.g., due to the initiation or completion of road construction
projects). After step 1155, the routine continues to step 1199 and returns.
[0129] Figure 12 is a flow diagram of an example embodiment of a Sensor Data Reading Error Corrector routine 1200
related to the present invention. The routine may be provided by, for example, execution of the Sensor Data Conditioner
component 353 of Figure 3 and/or the Sensor Data Conditioner component 105 of Figure 1, such as to determine
corrected data readings for one or more traffic sensors associated with a road segment. In the illustrated example
embodiment, this routine may be executed periodically (e.g., every 5 minutes) to correct data readings for traffic sensors
that have been identified as unhealthy by the Sensor Data Reading Error Corrector routine. In other embodiments, the
routine may be executed on demand, such as by the Sensor Data Aggregator routine, in order to obtain corrected data
readings for a particular road segment, or instead may not be used in various circumstances. For example, data analysis
and correction may be performed more generally by determining if all data samples (e.g., from multiple data sources,
such as of multiple types that may include traffic sensors and one or more distinct types of mobile data sources) for a
particular road segment provide sufficient data to analyze traffic flow conditions for that road segment, and if so to not
perform correction of data from individual traffic sensors.
[0130] The routine begins at step 1205, where it receives an indication of a road segment with which one or more
traffic sensors are associated (e.g., based on results from the Sensor Data Reading Error Detector routine that one or
more of the associated traffic sensors have been classified as unhealthy), and optionally of one or more time categories
to be processed (e.g., time categories during which at least one of the associated traffic sensors have been classified
as at least potentially being unhealthy). In other embodiments, one or more traffic sensors of interest may be indicated
in other manners, such as by directly receiving indications of one or more traffic sensors. In steps 1210 to 1235, the
routine performs a loop in which it processes unhealthy traffic sensors in the indicated road segment to determine and
provide corrected data readings for those traffic sensors during one or more time categories (e.g., the time categories
indicated in step 1205).
[0131] In step 1210, the routine selects the next unhealthy traffic sensor in the indicated road segment, beginning with
the first. The routine also selects a time category to use, such as one of one or more time categories indicated in step
1205, by selecting one of one or more time categories during which the traffic sensor was previously designated to be
unhealthy, etc. In step 1215, the routine determines whether there are sufficient other traffic sensors in the indicated
road segment that are healthy and may be used to assist in the correction of the readings for the unhealthy traffic sensor
for the selected time category. This determination may be based on whether there are at least a predetermined number
(e.g., at least two) and/or a predetermined percentage (e.g., at least 30%) of healthy traffic sensors in the indicated road
segment during the selected time category, and may further consider the relative location of the healthy traffic sensors
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in the indicated road segment (e.g., neighboring or otherwise nearby traffic sensors may be preferred to traffic sensors
that are farther away from the unhealthy traffic sensor). If it is determined in step 1215 that there are sufficient healthy
traffic sensors, the routine continues to step 1220, where it determines a corrected data reading for the unhealthy traffic
sensor based on data readings from other healthy traffic sensors in the road segment for the selected time category. A
corrected data reading may be determined in various ways, such as by calculating the average of two or more data
readings obtained from healthy traffic sensors in the indicated road segment for the selected time category. In some
embodiments, all healthy traffic sensors may be used for the averaging, while in other embodiments only selected healthy
traffic sensors may be used. For example, if a predetermined percentage (e.g., at least 30%) of traffic sensors in the
indicated road segment are healthy during the selected time category, all healthy traffic sensors may be used for the
averaging, and otherwise only a predetermined number (e.g., at least two) of the nearest healthy traffic sensors may be
used.
[0132] If it is instead determined in step 1215 that there are not sufficient healthy traffic sensors in the indicated road
segment for the selected time category, the routines continues to step 1225, where it attempts to determine a corrected
data reading for the unhealthy traffic sensor based on other information related to the traffic sensor and/or the road
segment. For example, such information may include predicted traffic condition information for the road segment and/or
unhealthy traffic sensor, forecast traffic condition information for the road segment and/or unhealthy traffic sensor, and/or
historical average traffic condition information for the road segment and/or the unhealthy traffic sensor. Various logic
may be implemented to reflect the relative reliability of various types of information. For example, in some embodiments,
predicted traffic condition information may be used in preference to (e.g., so long as it is available) to forecast traffic
condition information, which may in turn be used in preference to historical average traffic condition information. Additional
details related to predicting and forecasting future traffic flow conditions are available in U.S. Patent Application No.
11/367,463, filed March 3, 2006 and entitled "Dynamic Time Series Prediction Of Future Traffic Conditions," which is
hereby incorporated by reference in its entirety. In other embodiments, steps 1215 and 1225 may not be performed,
such as if the data reading correction in step 1220 is always performed based on the best data that is available from
other healthy traffic sensors during the selected time category and/or related time categories. For example, the data
reading correction may be based on all wealthy traffic sensors in the indicated road segment for the selected time
category if at least a predetermined percentage (e.g., at least 30%) of those traffic sensors are healthy, or otherwise on
the nearest neighbor healthy traffic sensors in the indicated and/or nearby road segments during the selected time
category and/or related time categories.
[0133] After steps 1220 or 1225, the routine proceeds to step 1230 and provides the determined traffic sensor data
reading for use as a corrected reading for the traffic sensor during the selected time category. In some embodiments,
the determined traffic sensor data reading may be stored (e.g., in a database or file system) for later use by other
components (e.g., the Sensor Data Aggregator component 110 of Figure 1). In step 1235, the routine determines whether
there are additional combinations of traffic sensor and time category to process. If so, the routine returns to step 1210,
and if not proceeds to step 1299 and returns.
[0134] Figure 13 is a flow diagram of an example embodiment of a Sensor Data Reading Aggregator routine 1300
related to the present invention. The routine may be provided by, for example, execution of the Sensor Data Aggregator
component 355 of Figure 3 and/or the Sensor Data Aggregator component 110 of Figure 1, such as to determine and
provide traffic condition information for multiple traffic sensors during a particular time category or other time period,
such as for multiple traffic sensors associated with a particular road segment. In the illustrated example embodiment,
the routine is performed for particular road segments, but in other embodiments may aggregate information from other
types of groups of multiple traffic sensors. In addition, this routine may provide traffic condition information that is
complementary to information provided by other routines that perform assessments of traffic condition information (e.g.,
the Data Sample Flow Assessor routine), such as to provide traffic condition information in situations in which other
routines cannot provide accurate assessments (e.g., due to insufficient data).
[0135] The routine begins at step 1305 and receives an indication of one or more road segments and of one or more
time categories or other time periods. In step 1310, the routine selects the next road segment of the one or more indicated
road segments, beginning with the first. In step 1315, the routine obtains some or all available traffic sensor data readings
taken during the indicated time period(s) by all traffic sensors associated with the road segment. Such information may
be obtained from, for example, the Sensor Data Conditioner component 105 of Figure 1 and/or the Sensor Data Con-
ditioner component 353 of Figure 1. In particular, the routine may in some cases obtain traffic sensor data readings for
traffic sensors determined to be healthy and/or corrected traffic sensor data readings for traffic sensors determined to
be unhealthy, such as those provided or determined by the Sensor Data Reading Error Corrector routine of Figure 12.
[0136] In step 1320, the routine then aggregates the obtained data readings In one or more of various ways, such as
to determine average speed, volume, and/or occupancy for the road segment during the indicated time period(s). The
average speed may, for example, be determined by averaging data readings that reflect the speed of vehicles passing
over one or more traffic sensors. The traffic volume may be determined with reference to data readings that report vehicle
counts. For example, given a loop sensor that reports a cumulative number of vehicles that have passed over the sensor
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since the sensor was activated, a traffic volume may be inferred simply by subtracting two data readings obtained during
the indicated time period and dividing the result by the time interval between the data readings. In addition, the density
may be determined based on the determined average speed, volume, and an average vehicle length, as described in
more detail elsewhere. In some cases, data readings may be weighted In various ways (e.g., by age), such that more
recent data readings have a greater impact than older data readings on an average flow determination.
[0137] In step 1325, the routine then determines whether there are more road segments (or other groups of multiple
traffic sensors) to process. If so, the routine returns to step 1310, and otherwise proceeds to step 1330 to provide the
determined traffic flow information. In some embodiments, the determined flow information may be stored (e.g., in a
database or file system) for later provision to traffic data clients 109 of Figure 1 and/or the RT Information Provider
system 363 of Figure 3. Next, the routine continues to step 1339 and returns.
[0138] Figure 14 is a flow diagram of an example embodiment of a Traffic Flow Estimator routine 1400 related to the
present invention. The routine may be provided by, for example, execution of a Traffic Flow Estimator component (not
shown), such as to estimate various types of traffic flow information for a road segment in various ways. In this example
embodiment, the routine may be Invoked by the Data Sample Speed Assessor routine of Figure 6 to obtain estimates
of average speed and/or by the Data Sample Flow Assessor routine of Figure 7 to obtain estimates of volume and/or
occupancy, such as in situations when those routines are unable to obtain sufficient data for otherwise accurately
performing their respective assessments.
[0139] The routine begins at step 1405 and receives an indication of a road segment, one or more time categories or
other time periods, and of one or more types of traffic flow information, such as speed, volume, density, occupancy, etc.
In step 1410, the routine determines whether to estimate the indicated type of traffic flow information based on one or
more related road segments, such as based on whether such road segments have accurate information for the one or
more types of traffic flow information during the one or more indicated time periods. Related road segments may be
identified in various ways. For example, in some cases, information about road segments may include information about
relationships between road segments, such as a first road segment typically having similar traffic patterns to a second
(e.g., neighboring) road segment, such that traffic flow information for the second road segment may be utilized to
estimate traffic flow on the first road segment. In some cases, such relationships may be determined automatically, such
as based on a statistical analysis of the respect traffic flow patterns on the two road segments (e.g., in a manner similar
to that discussed previously with respect to identifying similar data distributions for a given traffic sensor at different
times, but instead analyzing similarity between two or more different traffic sensors, such as at the same time), whether
an analysis that was previously and/or dynamically performed. Alternatively, one or more neighboring road segments
may be selected as being related for an indicated road segment without any determination of a particular relationship
between road segments having been performed, If it is determined to estimate traffic flow information based on related
road segments, the routine proceeds to step 1415 and estimates value(s) for the indicated type(s) of traffic flow information
based on the same type(s) of traffic flow information for the one or more related road segments. For example, average
speed of the road segment may be determined based on the average traffic speed of one or more neighboring road
segments (e.g., by using the traffic speed from one neighboring road segment, or averaging the traffic speeds from two
or more neighboring road segments).
[0140] If it is instead determined in step 1410 not to estimate traffic flow information for the indicated road segment
based on related road segments, the routine continues to step 1420 and determines whether to estimate traffic flow
information for the indicated road segment during the one or more indicated time periods based on predicted information
for the indicated road segment and indicated time periods. In some embodiments, such predicted information may only
be available under certain conditions, such as if predictions are repeatedly made for multiple future times (e.g. every 15
minutes for the next three hours) while accurate current data is available. As such, if accurate input data for generating
predictions becomes available for an extended time (e.g., for more than three hours), it may not be possible to obtain
future traffic condition information predictions that may be utilized by this routine. Alternatively, in some embodiments
such predicted future traffic condition information may not be available for other reasons, such as due to not being used
in that embodiment, If it is determined in step 1420 to estimate traffic flow information based on predicted information,
the routine proceeds to step 1425 and estimates the indicated type(s) of traffic flow information for the indicated road
segment and indicated time period(s) based on predicted information obtained from, for example, the Predictive Traffic
Information Provider system 360 of Figure 3. Additional details related to predicting and forecasting future traffic flow
conditions are available in U.S. Patent Application No. 11/367,463, filed March 3, 2006 and entitled "Dynamic Time
Series Prediction Of Future Traffic Conditions," which is hereby incorporated by reference in its entirety.
[0141] If it is instead determined in step 1420 not to estimate traffic flow information for the indicated segment based
on predicted information (e.g., due to that information not being available), the routine continues to step 1430 and
determines whether to estimate traffic flow information for the indicated road segment during the one or more indicated
time periods based on forecast information for that road segment and time period(s). In some embodiments, traffic
conditions may be forecast for future times beyond those for which traffic conditions are predicted, such as in a manner
that does not use at least some current condition information. As such, if predicted information is not available (e.g.,
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because accurate input data for generating predictions has not been available for more than three hours), it still may be
possible to utilize forecast information, such as information generated significantly in advance. If it is determined in step
1430 to estimate traffic flow information based on forecast information, the routine proceeds to step 1435 and estimates
the indicated type(s) of traffic flow information for the indicated road segment and time period(s) based on forecast
information obtained from, for example, the Predictive Traffic Information Provider system 360.
[0142] If it is instead determined in step 1430 not to estimate traffic flow information for the indicated road segment
based on forecast information (e.g., due to the information not being available), the routine continues to step 1440 and
estimates the indicated type(s) of traffic flow information for the indicated road segments and time period(s) based on
historical average flow information for the indicated road segment (e.g., for the same or corresponding time periods,
such as based on time categories that include a time-of-day category and/or day-of-week category). For example, if
forecast information is unavailable (e.g., because input data has been unavailable for longer than the period for which
the most recent prediction and forecast was generated, such that neither new predictions nor new forecasts can be
generated), the routine may use historical average flow information for the indicated road segment. Additional details
related to generating historical average flow information are available in U.S. Patent Application No. (Attorney Docket
Number 480234.410P1), filed concurrently and entitled "Generating Representative Road Traffic Flow Information From
Historical Data," which is hereby incorporated by reference in its entirety.
[0143] After steps 1415, 1425, 1435, or 1440, the routine proceeds to step 1445 and provides estimated traffic flow
information of the indicated type(s) for the indicated road segment and indicated time period(s). The provided information
may, for example, be returned to a routine (e.g., the Data Sample Flow Assessor routine) that called the routine and/or
be stored (e.g., in a database or file system) for later utilization. After step 1445, the routine continues to step 1499 and
returns.
[0144] Figures 9A-9C illustrate examples of actions of mobile data sources in obtaining and providing information
about road traffic conditions. Information about road traffic conditions may be obtained from mobile devices (whether
vehicle-based devices and/or user devices) in various ways, such as by being transmitted using a wireless link (e.g.,
satellite uplink, cellular network, WI-FI, packet radio, etc.) and/or physically downloaded when the device reaches an
appropriate docking or other connection point (e.g., to download information from a fleet vehicle once it has returned to
its primary base of operations or other destination with appropriate equipment to perform the information download).
While information about road traffic conditions at a first time that is obtained at a significantly later second time provides
various benefits (e.g., verifying predictions about the first time, for use as observed case data in later improving a
prediction process, etc.), such as may be the case for information that is physically downloaded from a device, such
road traffic condition information provides additional benefits when obtained in a realtime or near-realtime manner.
Accordingly, in at least some embodiments mobile devices with wireless communication capabilities may provide at
least some acquired information about road traffic conditions on a frequent basis, such as periodically (e.g., every 30
seconds, 1 minute, 5 minutes, etc.) and/or when a sufficient amount of acquired information is available (e.g., for every
acquisition of a data point related to road traffic condition information; for every N acquisitions of such data, such as
where N is a configurable number; when the acquired data reaches a certain storage and/or transmission size; etc.). In
some embodiments, such frequent wireless communications of acquired road traffic condition information may further
be supplemented by additional acquired road traffic condition information at other times (e.g., upon a subsequent physical
download from a device, via less-frequent wireless communications that contain a larger amount of data, etc.), such as
to include additional data corresponding to each data point, to include aggregated information about multiple data points,
etc.
[0145] While various benefits are provided by obtaining acquired road traffic condition information from mobile devices
in a realtime or other frequent manner, in some embodiments such wireless communications of acquired road traffic
condition information may be restricted in various ways. For example, in some cases the cost structure of transmitting
data from a mobile device via a particular wireless link (e.g., satellite uplink) may be such that transmissions occur at
less-frequent intervals (e.g., every 15 minutes), or the mobile devices may have been pre-programmed to transmit at
such intervals. In other cases, a mobile device may temporarily lose an ability to transmit data over a wireless link, such
as due to a lack of wireless coverage in an area of the mobile device (e.g., due to no nearby cellphone receiver station),
due to other activities being performed by the mobile device or a user of the device, or due to a temporary problem with
the mobile device or an associated transmitter.
[0146] Accordingly, in some embodiments at least some such mobile devices may be designed or otherwise configured
to store multiple data samples (or to cause such multiple data samples to be stored on another associated device) so
that at least some information for the multiple data samples may be transmitted together during a single wireless trans-
mission. For example, in some embodiments at least some mobile devices are configured to store acquired road traffic
condition information data samples during periods when the mobile device is unable to transmit data over a wireless
link (e.g., such as for a mobile device that typically transmits each data sample individually, such as every 30 seconds
or 1 minute), and to then transmit those stored data samples together (or a subset and/or aggregation of those samples)
during the next wireless transmission that occurs. Some mobile devices may also be configured to perform wireless
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transmissions periodically (e.g., every 15 minutes, or when a specified amount of data is available to be transmitted),
and in at least some embodiments may further be configured to acquire and store multiple data samples of road traffic
condition information (e.g., at a predetermined sampling rate, such as 30 seconds or a minute) over the time interval
between wireless transmissions and to then similarly transmit those stored data samples together (or a subset and/or
aggregation of those samples) during the next wireless transmission. As one example, if a wireless transmission of up
to 1000 units of information costs $0.25 and each data sample is 50 units in size, it may be advantageous to sample
every minute and send a data set comprising 20 samples every 20 minutes (rather than sending each sample individually
each, minute). In such embodiments, while data samples may be delayed slightly (in the example of the periodic trans-
missions, by on average half of the time period between transmissions, assuming regular acquisitions of the data
samples), the road traffic condition information obtained from the transmissions still provides near-realtime information.
Moreover, in some embodiments additional information may be generated and provided by a mobile device based on
multiple stored data samples. For example, if a particular mobile device is able to acquire only information about a current
instant position during each data sample, but is not able to acquire additional related information such as speed and/or
direction, such additional related information may be calculated or otherwise determined based on multiple subsequent
data samples.
[0147] In particular, Figure 9A depicts an example area 955 with several interconnected roads 925, 930, 935 and 940,
and a legend indication 950 indicates the direction of North for the roads (with roads 925 and 935 running in a north-
south direction, and with roads 930 and 940 running in an east-west direction). While only a limited number of roads are
indicated, they may represent a large geographic area, such as interconnected freeways over numerous miles, or a
subset of city streets spanning numerous blocks. In this example, a mobile data source (e.g., a vehicle, not shown) has
traveled from location 945a to 945c over a period of 30 minutes, and is configured to acquire and transmit a data sample
indicating current traffic condition each 15 minutes. Accordingly, as the mobile data source begins to travel, it acquires
and transmits a first data sample at location 945a (as indicated in this example by an asterisk "*"), acquires and transmits
a second data sample 15 minutes later at location 945b, and acquires and transmits a third data sample a total of 30
minutes later at location 945c. In this example, each data sample includes an indication of current position (e.g., in GPS
coordinates), current direction (e.g., northbound), current speed (e.g., 30 miles per hour), and current time, as represented
for the 945a transmission using data values Pa, Da, Sa and Ta, and may optionally include other information as well
(e.g., an identifier to indicate the mobile data source). While such acquired and provided current traffic conditions infor-
mation provides some benefit, numerous details cannot be determined from such data, including whether the route from
location 945b to 945c occurred in part along road 930 or along 940. Moreover, such sample data does not allow, for
example, portions of road 925 between locations 945a and 945b to be treated as distinct road segments for which distinct
traffic conditions can be reported and predicted.
[0148] In a manner similar to Figure 9A, Figure 9B depicts an example 905 with a mobile data source traveling over
the interconnected roads 925, 930, 935 and 940 from location 945a to 945c over a period of 30 minutes, and with the
mobile data source transmitting information about traffic conditions each 15 minutes (as indicated by the asterisks shown
at locations 945a, 945b and 945c). However, in this example the mobile data source is configured to acquire and store
data samples every minute, with a subsequent transmission including data from each of the data samples during the
prior 15 minutes. Accordingly, as the mobile data source travels between location 945a and 945b, the mobile data source
acquires a set 910b of 15 data samples 910b1-910b15, with each data sample indicated in this example with an arrow
pointed in the direction of the mobile data source at the time of the data sample. In this example, each data sample
similarly includes an indication of current position, current direction, current speed, and current time, and the subsequent
transmission at location 945b includes those data values for each of the data samples 910b. Similarly, as the mobile
data source travels between location 945b and 945c, the mobile data source acquires 15 data samples 910c1-910c15,
and the subsequent transmission at location 945c includes the acquired data values for each of those 15 data samples.
By providing such additional data samples, various additional information may be obtained. For example, it is now easily
determined that the route from location 945b to 945c occurred in part along road 930 rather than road 940, allowing
corresponding traffic condition information to be attributed to road 930. In addition, particular data samples and their
adjacent data samples may provide various information about smaller sections of roads, such as to allow road 925
between locations 945a and 945b to be represented as, for example, up to 15 distinct road segments (e.g., by associating
each data sample with a distinct road segment) that each has potentially distinct road traffic conditions. For example, it
can be visually observed that the average speed for data samples 910b1-910b6 is approximately static (since the data
samples are approximately equally spaced), that the average speed increased for data samples 910b7 and 910b8 (since
the data samples correspond to locations that are farther part, reflecting that greater distance was traveled during the
given 1-minute interval between data samples for this example), and that the average speed decreased for data samples
910b11-910b15. While the data samples in this example provide information about such speed directly, in other embod-
iments such speed information may be derived from data sample information that includes only current position.
[0149] Figure 9C depicts a third example 990 with a mobile data source traveling over a portion of the interconnected
roads from location 965a to 965c over a period of 30 minutes, and with the mobile data source transmitting information
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about traffic conditions each 15 minutes (as indicated by the asterisks shown at locations 965a, 965b and 965c). As in
Figure 9C, the mobile data source is configured in this example to acquire and store data samples every minute, with
a subsequent transmission including data from each of at least some of the data samples during the prior 15 minutes.
Accordingly, as the mobile data source travels between location 965a and 965b, the mobile data source acquires a set
960b of 15 data samples 960b1-960b15. However, as is illustrated by co-located data samples 960b5-b13 (with circles
used in this instance rather than arrows because no movement was detected for these data samples, but shown separately
rather than on top of each other for the purposes of clarity), in this example the mobile data source has stopped for
approximately 9 minutes at a location to the side of road 925 (e.g., to stop at a coffee shop). Accordingly, when the next
transmission at location 965b occurs, the transmission may in some embodiments include all of the information for all
of the data samples, or may instead omit at least some such information (e.g., to omit information for data samples
960b6-960b12, since in this situation they do not provide additional useful information if it is known that the mobile data
source remained immobile between data samples 960b5 and 960b13). Moreover, while not illustrated here, in other
embodiments in which the information for one or more such data samples is omitted, the subsequent transmission may
be delayed until 15 data samples to be transmitted are available (e.g., if the periodic transmissions are performed based
on amount of data to send rather than time). Moreover, as the mobile data source travels between location 965b and
965c, the mobile data source acquires data samples 960c13 and 960c14 in an area in which wireless communications
are not currently available (as indicated in this example, with open circles rather than arrows). In other embodiments in
which each data sample is individually transmitted when acquired but is not otherwise saved, these data samples would
be lost, but in this example are instead stored and transmitted along with the other data samples 960c1-960c12 and
960c15 at location 965c. While not shown here, in some situations a mobile data source may further temporarily lose
the ability to obtain one or more data samples using a primary means of data acquisition (e.g., if a mobile data source
loses the ability to obtain GPS readings for a few minutes) - if so, the mobile data source may in some embodiments
report the other obtained data samples without further action (e.g., such as to allow the recipient to interpolate or otherwise
estimate those data samples if so desired), while in other embodiments may attempt to obtain data samples in other
manners (e.g., by using a less accurate mechanism to determine location, such as cellphone tower triangulation, or by
estimating current location based on a prior known location and subsequent average speed and heading, such as via
dead reckoning), even if those data samples have less precision or accuracy (e.g., which may be reflected by including
a lesser degree of confidence or higher degree of possible error to those data samples, or by otherwise including an
indication of how those and/or other data samples were generated).
[0150] While the example data samples in each of Figures 9B and 9C are illustrated for a single vehicle or other mobile
data source for the purposes of clarity, in other embodiments the multiple data samples for a particular mobile data
source may not be used to determine a particular route taken by that mobile data source, and more generally may not
even be associated with each other (e.g., if the source of each mobile data sample is anonymous or otherwise undiffer-
entiated from other sources). For example, if multiple data samples from a particular mobile data source are not used
by a recipient to generate aggregate data related to those data samples (e.g., to generate speed and/or direction
information based on successive data samples that provide only location information), such as when such aggregate
data is included with each data sample or is not used, such a recipient may not be provided in some embodiments with
identifying data related to the source of the mobile data samples and/or with indications that the multiple data samples
are from the same mobile data source (e.g., based on a design decision to increase privacy related to the mobile data
sources).
[0151] Instead, in at least some such embodiments, multiple mobile data sources are used together to determine road
condition information of interest, such as to use multiple data samples from all mobile data sources for a particular road
segment (or other portion of a road) to determine aggregate information for that road segment. Thus, for example, during
a period of time of interest (e.g., 1 minutes, 5 minutes, 15 minutes, etc.), numerous unrelated mobile data sources may
each provide one or more data samples related to their own travel on a particular road segment during that time period,
and if each such data sample includes speed and direction information (for example), an average aggregate speed may
be determined for that time period and that road segment for all mobile data sources that are generally moving in the
same direction, such as in a manner similar to a road sensor that aggregates information for multiple vehicles passing
the sensor. A particular data sample may be associated with a particular road segment in various ways, such as by
associating the data sample location with the road (or road segment) having the nearest location (whether for any road,
or only for roads meeting specified criteria, such as being of one or more indicated functional road classes) and then
selecting the appropriate road segment for that road, or by using an indication provided by a mobile data source along
with a data sample of an associated road (or road segment). In addition, in at least some embodiments roads other than
1-way roads will be treated as distinct roads for the purposes of assigning data samples to roads and for other purposes
(e.g., to treat the northbound lances of a freeway as being a distinct road from the southbound lanes of the freeway),
and if so the direction for a mobile data sample may further be used to determine the appropriate road with which the
data sample is associated - in other embodiments, however, roads may be modeled in other manners, such as to treat
a two-way city street as a single road (e.g., with average traffic conditions being reported and predicted for vehicles
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moving in both directions), to treat each lane of a multiple lane freeway or other road as a distinct logical road, etc.
[0152] In some embodiments, to facilitate the use of multiple mobile data sources to determine road condition infor-
mation of interest, fleet vehicles may be configured in various ways to provide data samples of use. For example, if a
large fleet of vehicles will each leave the same origination point at a similar time each day, various of the fleet vehicles
may be configured differently regarding how soon and how often to begin providing data samples, such as to minimize
a very large number of data points all near the single origination point and/or to provide variability in when data samples
will be acquired and transmitted. More generally, a mobile data source device may be configured in various ways
regarding how and when to acquire data samples, including based on total distance covered since a starting point (e.g.,
an origination point for a group of fleet vehicles), distance covered since a last data sample acquisition and/or transmission,
total time elapsed since a starting time (e.g., a departure time of a fleet vehicle from an origination point), time elapsed
since a last data sample acquisition and/or transmission, an indicated relationship having occurred with respect to one
or more indicated locations (e.g., passing by, arriving at, departing from, etc.), etc. Similarly, a mobile data source device
may be configured in various ways regarding how and when to transmit or otherwise provide one or more acquired data
samples, such as when predefined conditions are satisfied, including based on total distance covered since a starting
point, distance covered since a last data sample acquisition and/or transmission, total time elapsed since a starting time,
time elapsed since a last data sample acquisition and/or transmission, an indicated relationship having occurred with
respect to one or more indicated locations, an indicated number of data samples having been gathered, an indicated
amount of data having been gathered (e.g., an amount such as to fill or substantially fill a cache used to store the data
samples on the mobile device, or an amount such as to fill or substantially fill an indicated amount of time for a trans-
mission), etc.
[0153] Figure 8 is a flow diagram of an example embodiment of a Mobile Data Source information Provision routine
800 related to the present invention, such as may be provided by, for example, operation of a mobile data source device
for each of one or more of the vehicle-based data sources 384 of Figure 3 and/or other data sources 388 (e.g., user
devices) of Figure 3 and/or vehicle-based data sources 101 of Figure 1 and/or other data sources 102 of Figure 1. In
this example, the routine acquires data samples for a particular mobile data source to indicate current traffic conditions,
and stores the data samples as appropriate such that a subsequent transmission may include information for multiple
data samples.
[0154] The routine begins at step 805, where parameters are retrieved that will be used as part of the data sample
acquisition and providing, such as configurable parameters to indicate when data samples should be acquired and when
transmissions should occur with information corresponding to one or more data samples. The routine continues to step
810 to wait until it is time to acquire a data sample, such as based on the retrieved parameters and/or other information
(e.g., an indicated amount of time having passed since a prior data sample acquisition, an indicated distance having
been traveled since a prior data sample acquisition, an indication to acquire data samples in a substantially continuous
manner, etc.). The routine then continues to step 815 to acquire a data sample based on the current location and
movement of the mobile data source, and stores the data sample in step 820. If it is determined in step 825 that it is not
yet time to transmit data, such as based on the retrieved parameters and/or other information (e.g., an indicated amount
of time having passed since a prior transmission, an indicated distance having been traveled since a prior transmission,
an.indication to transmit data samples as soon as they become available or in a substantially continuous manner, etc.),
the routine returns to step 810.
[0155] Otherwise, the routine continues to step 830 to retrieve and select any stored data samples since the prior
transmission (or since startup, for the first transmission). The routine then optionally in step 835 generates aggregated
data based on multiple of the selected data samples (e.g., an overall average speed for all of the data samples, an
average speed and a direction for each data sample if the acquired information provides only location information, etc.),
although in other embodiments such aggregated data generation may not be performed. In step 840, the routine then
optionally removes some or all of the acquire information for some or all of the data samples from the selected set of
data samples (e.g., to transmit only selected types of data for each data sample, to remove data samples that appear
to be outliers or otherwise erroneous, to remove data samples that do not correspond to actual movement of the mobile
data source, etc.), although in other embodiments such information removal may not be performed. In step 845, the
routine then transmits the current information in the current set of data samples and any aggregated information to a
recipient that will use the data in an appropriate manner. In step 895, the routine determines whether to continue (e.g.,
whether the mobile data source continues to be in use and mobile), and if so returns to step 810. Otherwise, the routine
continues to step 899 and ends. In embodiments and situations in which a mobile data source is not able to transmit
data, whether due to temporary conditions or instead to reflect configuration of or limitations of the mobile data source,
the steps 830-845 may not be performed until such time as the mobile data source is able to transmit or otherwise
provide (e.g., via physical download) some or all of the data samples that have been acquired and stored since a prior
transmission.
[0156] As previously noted, once information about road traffic conditions has been obtained, such as from one or
more mobile data sources and/or one or more other sources, the road traffic conditions information may be used in
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various ways, such as to report current road traffic conditions in a substantially realtime manner, or to use past and
current road traffic condition information to predict future traffic conditions at each of multiple future times. In some
embodiments, the types of input data used to generate predictions of future traffic conditions may include a variety of
current, past, and expected future conditions, and outputs from the prediction process may include the generated pre-
dictions of the expected traffic conditions on each of multiple target road segments of interest for each of multiple future
times (e.g., every 5, 15 or 60 minutes in the future) within a pre-determined time interval (e.g., three hours, or one day),
as discussed in greater detail elsewhere. For example, types of input data may include the following: information about
current and past amounts of traffic for various target road segments of interest in a geographic area, such as for a
network of selected roads in the geographic area; information about current and recent traffic accidents; information
about current, recent and future road work; information about current, past and expected future weather conditions (e.g.,
precipitation, temperature, wind direction, wind speed, etc.); information about at least some current, past and future
scheduled events (e.g., type of event, expected start and end times of the event, and/or a venue or other location of the
event, etc., such as for all events, events of indicated types, events that are sufficiently large, such as to have expected
attendance above an indicated threshold (for example, 1000 or 5000 expected attendees), etc.); and information about
school schedules (e.g., whether school is in session and/or the location of one or more schools). In addition, while in
some embodiments the multiple future times at which future traffic conditions are predicted are each points in time, in
other embodiments such predictions may instead represent multiple time points (e.g., a period of time), such as by
representing an average or other aggregate measure of the future traffic conditions during those multiple time points.
Furthermore, some or all of the input data may be known and represented with varying degrees of certainty (e.g., expected
weather), and additional information may be generated to represent degrees of confidence in and/or other metadata for
the generated predictions. In addition, the prediction of future traffic conditions may be initiated for various reasons and
at various times, such as in a periodic manner, (e.g., every five minutes), when any or sufficient new input data is received,
in response to a request from a user, etc.
[0157] Some of the same types of input data may be used to similarly generate longer-term forecasts of future traffic
conditions (e.g., one week in the future, or one month in the future) in some embodiments, but such longer-term forecasts
may not use some of the types of input data, such as information about current conditions at the time of the forecast
generation (e.g., current traffic, weather, or other conditions). In addition, such longer-term forecasts may be generated
less-frequently than shorter-term predictions, and may be made so as to reflect different future time periods than for
shorter-term predictions (e.g., for every hour rather than every 15 minutes).
[0158] The roads and/or road segments for which future traffic condition predictions and/or forecasts are generated
may also be selected in various manners in various embodiments. In some embodiments, future traffic condition pre-
dictions and/or forecasts are generated for each of multiple geographic areas (e.g., metropolitan areas), with each
geographic area having a network of multiple inter-connected roads - such geographic areas may be selected in various
ways, such as based on areas in which current traffic condition information is readily available (e.g., based on networks
of road sensors for at least some of the roads in the area) and/or in which traffic congestion is a significant problem. In
some such embodiments, the roads for which future traffic condition predictions and/or forecasts are generated include
those roads for which current traffic condition information is readily available, while in other embodiments the selection
of such roads may be based at least in part on one or more other factors (e.g., based on size or capacity of the roads,
such as to include freeways and major highways; based on the role the roads play in carrying traffic, such as to include
arterial roads and collector roads that are primary alternatives to larger capacity roads such as freeways and major
highways; based on functional class of the roads, such as is designated by the Federal Highway Administration; etc.).
In other embodiments, future traffic condition predictions and/or forecasts may be made for a single road, regardless of
its size and/or inter-relationship with other roads. In addition, segments of roads for which future traffic condition predic-
tions and/or forecasts are generated may be selected in various manners, such as to treat each road sensor as a distinct
segment; to group multiple road sensors together for each road segment (e.g., to reduce the number of independent
predictions and/or forecasts that are made, such as by grouping specified numbers of road sensors together); to select
road segments so as to reflect logically related sections of a road in which traffic conditions are typically the same or
sufficiently similar (e.g., strongly correlated), such as based on traffic condition information from traffic sensors and/or
from other sources (e.g., data generated from vehicles and/or users that are traveling on the roads, as discussed in
greater detail elsewhere); etc.
[0159] In addition, future traffic condition prediction and/or forecast information may be used in a variety of ways in
various embodiments, as discussed in greater detail elsewhere, including to provide such information to users and/or
organizations at various times (e.g., in response to requests, by periodically sending the information, etc.) and in various
ways (e.g., by transmitting the information to cellular telephones and/or other portable consumer devices; by displaying
information to users, such as via Web browsers and/or application programs; by providing the information to other
organizations and/or entities that provide at least some of the information to users, such as third parties that perform
the information providing after analyzing and/or modifying the information; etc.). For example, in some embodiments,
the prediction and/or forecast information is used to determine suggested travel routes and/or times, such as an optimal
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route between a starting location and an ending location over a network of roads and/or an optimal time to perform
indicated travel, with such determinations based on predicted and/or forecast information at each of multiple future times
for one or more roads and/or road segments.
[0160] In addition, various embodiments provide various mechanisms for users and other clients to interact with one
or more of the traffic information systems (e.g., the Data Sample Manager system 350, RT information Provider system
363, and/or Predictive Traffic information Provider system 360 of Figure 3, etc.). For example, some embodiments may
provide an interactive console (e.g. a client program providing an interactive user interface, a Web browser-based
interface, etc.) from which clients can make requests and receive corresponding responses, such as requests for infor-
mation related to current and/or predicted traffic conditions and/or requests to analyze, select, and/or provide information
related to travel routes. In addition, some embodiments provide an API ("Application Programmer Interface") that allows
client computing systems to programmatically make some or all such requests, such as via network message protocols
(e.g., Web services) and/or other communication mechanisms.
[0161] From the foregoing it will be appreciated that, although specific embodiments according to the present invention
and further aspects related to the present invention have been described herein for purposes of illustration, various
modifications may be made without deviating from the scope of the invention. Accordingly, the invention is not limited
except as by the appended claims and the elements recited therein. In addition, while certain aspects of the invention
are discussed in certain claim forms, the inventors contemplate the various aspects of the invention in any available
claim form. For example, while only some aspects of the invention may currently be recited as being embodied in a
computer-readable medium, other aspects may likewise be so embodied.

Claims

1. A computer-implemented method for assessing data samples representing vehicles traveling on roads, the method
comprising:

receiving indications of one or more segments of one or more roads, each road segment having multiple asso-
ciated data samples that each reflect a reported speed of a vehicle on the road segment; and
for each of at least one of the road segments, automatically analyzing the multiple associated data samples for
the road segment so as to determine one or more of those data samples that are unrepresentative of actual
vehicle travel on the road segment, the one or more data samples being statistical outliers with respect to other
of the multiple associated data samples; and
providing one or more indications to exclude the determined data samples from later use so that the other data
samples are available for use in facilitating travel on the road segment;
wherein the determining of the one or more data samples is performed based on an outlier analysis that includes:

determining an average traffic condition characteristic for all of the multiple associated data samples; and
for each of the multiple associated data samples, determining an average traffic condition characteristic for
all the multiple associated data samples other than the data sample,
identifying a difference between the determined average traffic condition characteristic for all the multiple
associated data samples other than the data sample and the determined average traffic condition charac-
teristic for all of the multiple associated data samples, and
determining, based on the identified difference, whether the data sample is a statistical outlier.

2. The method of claim 1 wherein, for one or more of the at least one road segments, the providing of the indications
to exclude the determined data samples from later use further includes analyzing the associated data samples for
the road segment other than the determined data samples in order to determine an average speed of vehicles
traveling on the road segment, and includes indicating the determined average speed for use in facilitating travel of
other vehicles on the road segment.

3. The method of claim 1 wherein, for one or more of the at least one road segments, the providing of the indications
to exclude the determined data samples from later use includes analyzing the associated data samples for the road
segment other than the determined data samples in order to determine traffic flow of vehicles traveling on the road
segment, and includes indicating the determined traffic flow for use in facilitating travel of other vehicles on the road
segment.

4. The method of claim 1 wherein, for each of the at least one road segments, the determining of the average traffic
condition characteristic for the multiple data samples other than the one or more data samples includes determining
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an average speed and a standard deviation for all of the multiple data samples for the road segment, and wherein
the identifying of the difference between the determined average traffic condition characteristic and the second
average traffic condition characteristic includes, for each of the determined one or more data samples for the road
segment,
determining an average speed and a standard deviation for all other of the multiple data samples for the road
segment based on the determined average speed and standard deviation for all of the multiple data samples for
the road segment;
determining a difference between the reported speed for the data sample and the determined average speed for
all other of the multiple data samples for the road segment;
determining a threshold based at least in part on the determined standard deviation for all other of the multiple data
samples for the road segment; and
identifying the data sample as a statistical outlier based on the determined difference exceeding the determined
threshold.

5. The method of claim 1 wherein, for each of the at least one road segments, the determining of the average traffic
condition characteristic for all the multiple associated data samples other than the data sample is based at least in
part on the reported speed of all the multiple associated data samples other than the data sample.

6. The method of claim 1 wherein, for each of the at least one road segments, the determining that the one or more
data samples are unrepresentative of actual vehicle travel on the road segment based on at least one of the deter-
mined data samples being a statistical outlier with respect to other of the multiple data samples associated with the
road segment is performed in a substantially realtime manner.

7. The method of claim 1 wherein, for one or more of the at least one road segments, the determining of the one or
more data samples for the road segment that are unrepresentative of actual vehicle travel on the road segment
includes assessing an activity of each vehicle whose reported speed is reflected by at least one of the determined
data samples and determining that the assessed activity of each of the vehicles does not correspond to actual
vehicle travel on the road segment.

8. The method of claim 7 wherein the assessed activity of at least one of the vehicles corresponds to a parked vehicle.

9. The method of claim 7 wherein the assessed activity of at least one of the vehicles based on one or more determined
data samples corresponds to travel on a road segment other than a road segment with which the one or more
determined data samples are associated.

10. The method of claim 1 further comprising, for each of multiple distinct periods of time, receiving multiple associated
data samples for one of the road segments that each reflect a reported speed of a vehicle at a reported time on the
one road segment during the period of time, and wherein the automatic analyzing is performed for the one road
segment for each of the periods of time based on the data samples whose reported times are during the period of time.

11. The method of claim 1 wherein, for one or more of the at least one road segments, the determining of one or more
data samples for the road segment that are unrepresentative of actual vehicle travel on the road segment includes
identifying multiple data samples that are reported by a single vehicle traveling on the road segment, determining
an activity of the single vehicle over time based on the identified data samples, and determining that the identified
data samples are unrepresentative of actual vehicle travel on the road segment based on the determined activity.

12. The method of claim 1 wherein, for one or more of the at least one road segments, the determining of one or more
data samples for the road segment that are unrepresentative of actual vehicle travel on the road segment includes
identifying expected values for the multiple data samples associated with the road segment and determining that
the determined data samples do not fit the identified expected values.

13. The method of claim 1 wherein, for one or more of the at least one road segments, the determining of one or more
data samples for the road segment that are unrepresentative of actual vehicle travel on the road segment includes
determining a statistical distribution for the multiple data samples associated with the road segment and determining
that the determined data samples do not fit the determined statistical distribution.

14. The method of claim 1 wherein, for one or more of the at least one road segments, the determining of one or more
data samples for the road segment that are unrepresentative of actual vehicle travel on the road segment includes
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identifying multiple distinct data curves for the road segment, each of the data curves reflecting a distinct subset of
vehicle travel on at least a portion of the road segment, and wherein the determined data samples fit at least one
of the data curves that reflects a subset of vehicle travel that is not of interest.

15. The method of claim 14 wherein at least one of the identified data curves is a Gaussian curve.

16. The method of claim 1 wherein, for one or more of the at least one road segments, the multiple associated data
samples for the road segment each further reflect a reported time corresponding to the reported speed of the vehicle
for the data sample, the automatic analyzing of the multiple associated data samples for the road segment further
corresponding to a predetermined period of time such that the actual vehicle travel on the road segment is travel
during the predetermined period of time.

17. The method of claim 16 wherein, for each of the one or more road segments, the determining of the one or more
data samples for the road segment that are unrepresentative of actual vehicle travel on the road segment includes
identifying that the reported time for each of the determined data samples is not within the predetermined period of
time for the road segment.

18. The method of claim 1 wherein at least some of the multiple data samples associated with at least some of the road
segments are acquired by and reported from vehicles traveling on those road segments, the reporting of the at least
some data samples occurring in a substantially realtime manner after acquisition of one or more of the at least some
data samples.

19. A computing system configured to assess data samples representing traveling vehicles, comprising:

a first component that is configured to, for each of multiple roads, receive an indication of multiple data samples
for the road that each reflect a reported speed of a vehicle traveling on the road; and
a data sample outlier eliminator component that is configured to, for each of the multiple roads, automatically
determine one or more of the multiple data samples for the road that are statistical outliers with respect to other
of the multiple data samples for the road and
provide one or more indications of the multiple data samples for the road other than the determined data samples
so that the indicated data samples are available for use in facilitating travel on the road; and
wherein the data sample outlier component is further configured to determine the one or more data samples
based on an outlier analysis that includes:

determining an average traffic condition characteristic for all of the multiple data samples;
for each of the multiple data samples, determining an average traffic condition characteristic for all the
multiple data samples other than the data sample, identifying a difference between the determined average
traffic condition characteristic for all the multiple data samples other than the data sample and the determined
average traffic condition characteristic for all the multiple data samples; and
determining, based on the identified difference, whether the data sample is a statistical outlier.

20. The computing system of claim 19 wherein, for each of at least one of the multiple roads, the determining of the
data samples for the road that are statistical outliers includes performing the outlier analysis in a substantially realtime
manner, and wherein the providing of the indications of the data samples for the road includes analyzing the data
samples to determine average speed of vehicles traveling on the road and indicating the determined average speed
for use in facilitating travel of other vehicles on the road.

21. The computing system of claim 19 wherein the first component and the data sample outlier eliminator component
each include software instructions for execution in memory of the computing system.

22. A computer-readable medium whose contents enable a computing device to assess data samples representing
traveling vehicles, by performing a method comprising:

receiving an indication of multiple data samples that each reflect reported travel characteristics of one of multiple
vehicles traveling on one or more roads, the reported travel characteristics for the data samples reflecting
locations of the vehicles;
automatically determining whether one or more of the multiple data samples are unrepresentative of actual
vehicle travel of interest on the one or more roads, the determining being based at least in part on the travel
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characteristics; and
providing one or more indications of the data samples that are not determined to be unrepresentative so that
the indicated data samples are available for use in facilitating travel on the one or more roads; and
wherein the determining whether one or more of the multiple data samples are unrepresentative is performed
on an outlier analysis that includes:

determining an average traffic condition characteristic for all of the multiple data samples; and
for each of the multiple data samples, determining an average traffic condition characteristic for all the
multiple data samples other than the data sample, identifying a difference between the determined average
traffic condition characteristic for all the multiple data samples other than the data sample and the determined
first average traffic condition characteristic for all the multiple data samples, and determining, based on the
identified difference, whether the data sample is a statistical outlier.

23. The computer-readable medium of claim 22 wherein the reported travel characteristics of each data sample include
a reported location of the vehicle to which the data sample corresponds, and wherein the determining of whether
one or more data samples are unrepresentative of actual vehicle travel of interest on the one or more roads includes
determining that the one or more data samples are unrepresentative based at least in part on the reported vehicle
locations of those data samples not corresponding to locations for actual vehicle travel on the one or more roads.

24. The computer-readable medium of claim 23 wherein the determining that the one or more data samples are unrep-
resentative based at least in part on the reported vehicle locations of those data samples not corresponding to the
locations for actual vehicle travel on the one or more roads includes determining that the reported vehicle locations
of those data samples do not correspond to predetermined locations of interest for the one or more roads.

25. The computer-readable medium of claim 22 wherein the contents are instructions that when executed cause the
computing device to perform the method.

26. The computer-readable medium of claim 22 wherein the reported travel characteristics of each data sample include
a reported heading of travel of the vehicle to which the data sample corresponds, and wherein the determining of
whether one or more data samples are unrepresentative of actual vehicle travel of interest on the one or more roads
includes determining that the one or more data samples are unrepresentative based at least in part on the reported
vehicle travel headings of those data samples not corresponding to one or more headings for actual vehicle travel
on the one or more roads.

27. The computer-readable medium of claim 26 wherein the determining that the one or more data samples are unrep-
resentative based at least in part on the reported vehicle travel headings of those data samples not corresponding
to the one or more headings for actual vehicle travel on the one or more roads includes determining that the reported
vehicle travel headings of those data samples do not correspond to predetermined travel headings of interest for
the one or more roads.

28. The computer-readable medium of claim 22 wherein the determining of whether one or more data samples are
unrepresentative of actual vehicle travel of interest on the one or more roads includes identifying one or more
activities in which one or more vehicles are engaged based on the reported travel characteristics from at least one
data sample for each of those one or more vehicles and determining that the at least one data samples are unrep-
resentative based at least in part on the identified activities being activities that are not of interest.

29. The computer-readable medium of claim 22 wherein the computer-readable medium is a memory of a computing
device.

30. The computer-readable medium of claim 22 wherein the computer-readable medium is a data transmission medium
that transmits a generated data signal containing the contents.

Patentansprüche

1. Computerimplementiertes Verfahren, mit dem Daten-Abtastwerte bewertet werden, die auf Straßen fahrende Fahr-
zeuge repräsentieren, wobei das Verfahren umfasst:
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Empfangen von Anzeigen eines Segmentes oder mehrerer Segmente einer oder mehrerer Straße/n, wobei
jedes Straßensegment mehrere dazugehörige Daten-Abtastwerte hat, die jeweils eine gemeldete Geschwin-
digkeit eines Fahrzeugs auf dem Straßensegment widerspiegeln; und
für jedes von wenigstens einem der Straßensegmente automatisches Analysieren der mehreren zugehörigen
Daten-Abtastwerte für das Straßensegment, um einen oder mehrere derjenigen Daten-Abtastwerte zu bestim-
men, die nicht repräsentativ für tatsächliche Fahrzeugfahrt auf dem Straßensegment sind, wobei der eine oder
die mehreren Daten-Abtastwert/e statistische Ausreißer in Bezug auf andere der mehreren zugehörigen Daten-
Abtastwerte ist/sind; und
Bereitstellen einer oder mehrerer Anzeige/n zum Ausschließen der bestimmten Daten-Abtastwerte von späte-
rem Gebrauch, so dass die anderen Daten-Abtastwerte zur Verwendung bei der Erleichterung von Fahrt auf
dem Straßensegment verfügbar sind;
wobei das Bestimmen des einen Daten-Abtastwertes oder der mehreren Daten-Abtastwerte auf Basis einer
Ausreißer-Analyse durchgeführt wird, die einschließt:

Bestimmen einer durchschnittlichen Verkehrsbedingungs-Charakteristik für alle der mehreren zugehörigen
Daten-Abtastwerte; und
für jeden der mehreren zugehörigen Daten-Abtastwerte Bestimmen einer durchschnittlichen Verkehrsbe-
dingungs-Charakteristik für alle anderen der mehreren zugehörigen Daten-Abtastwerte als den Daten-
Abtastwert, Identifizieren einer Differenz zwischen der bestimmten durchschnittlichen Verkehrsbedingungs-
Charakteristik für alle anderen der mehreren zugehörigen Daten-Abtastwerte als den Daten-Abtastwert
und der bestimmten durchschnittlichen Verkehrsbedingungs-Charakteristik für alle der mehreren zugehö-
rigen Daten-Abtastwerte, und
auf Basis der identifizierten Differenz Feststellen, ob der Daten-Abtastwert ein statistischer Ausreißer ist.

2. Verfahren nach Anspruch 1, wobei für ein oder mehrere von dem wenigstens einen Straßensegment das Bereitstellen
der Anzeigen zum Ausschließen der bestimmten Daten-Abtastwerte von späterer Verwendung des Weiteren ein-
schließt, dass die anderen zugehörigen Daten-Abtastwerte für das Straßensegment als die bestimmten Daten-
Abtastwerte analysiert werden, um eine durchschnittliche Geschwindigkeit von Fahrzeugen zu bestimmen, die auf
dem Straßensegment fahren, und es einschließt, dass die bestimmte durchschnittliche Geschwindigkeit zur Ver-
wendung bei der Erleichterung von Fahrt anderer Fahrzeuge auf dem Straßensegment angezeigt wird.

3. Verfahren nach Anspruch 1, wobei für ein oder mehrere von dem wenigstens einen Stra-ßensegment das Bereit-
stellen der Anzeigen zum Ausschließen der bestimmten Daten-Abtastwerte von späterer Verwendung einschließt,
dass die anderen zugehörigen Daten-Abtastwerte für das Straßensegment als die bestimmten Daten-Abtastwerte
analysiert werden, um Verkehrsfluss von Fahrzeugen zu bestimmen, die auf dem Straßensegment fahren, und es
einschließt, dass der bestimmte Verkehrsfluss zur Verwendung bei der Erleichterung von Fahrt anderer Fahrzeuge
auf dem Straßensegment angezeigt wird.

4. Verfahren nach Anspruch 1, wobei für jedes von dem wenigstens einen Straßensegment das Bestimmen der durch-
schnittlichen Verkehrsbedingungs-Charakteristik für die anderen mehreren Daten-Abtastwerte als den einen oder
die mehreren Daten-Abtastwert/e einschließt, das eine durchschnittliche Geschwindigkeit und eine Standardabwei-
chung für alle der mehreren Daten-Abtastwerte für das Straßensegment bestimmt werden, und das Identifizieren
der Differenz zwischen der bestimmten durchschnittlichen Verkehrsbedingungs-Charakteristik und der zweiten
durchschnittlichen Verkehrsbedingungs-Charakteristik für jeden von dem bestimmten einen Abtastwert oder den
bestimmten mehreren Abtastwerten für das Straßensegment einschließt:

Bestimmen einer durchschnittlichen Geschwindigkeit und einer Standardabweichung für alle anderen der meh-
reren Daten-Abtastwerte für das Straßensegment auf Basis der bestimmten durchschnittlichen Geschwindigkeit
und der Standardabweichung für alle der mehreren Daten-Abtastwerte für das Straßensegment;
Bestimmen einer Differenz zwischen der gemeldeten Geschwindigkeit für den Daten-Abtastwert und der be-
stimmten durchschnittlichen Geschwindigkeit für alle anderen der mehreren Daten-Abtastwerte für das Stra-
ßensegment;
Bestimmen eines Schwellenwertes, der wenigstens teilweise auf der bestimmten Standardabweichung basiert,
für alle anderen der mehreren Daten-Abtastwerte für das Straßensegment; und
Identifizieren des Daten-Abtastwertes als einen statistischen Ausreißer basierend darauf, dass die bestimmte
Differenz den bestimmten Schwellenwert übersteigt.

5. Verfahren nach Anspruch 1, wobei für jedes von dem wenigstens einen Straßensegment das Bestimmen der durch-
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schnittlichen Verkehrsbedingungs-Charakteristik für alle anderen mehreren zugehörigen Daten-Abtastwerte als den
Daten-Abtastwert wenigstens teilweise auf der gemeldeten Geschwindigkeit aller anderen mehreren zugehörigen
Daten-Abtastwerte als den Daten-Abtastwert basiert.

6. Verfahren nach Anspruch 1, wobei für jedes von dem wenigstens einen Straßensegment das Bestimmen, dass der
eine oder die mehreren Datenabtastwert/e nicht repräsentativ für tatsächliche Fahrzeugfahrt auf dem Straßenseg-
ment ist/sind, basierend darauf, dass wenigstens einer der bestimmten Daten-Abtastwerte ein statistischer Ausreißer
in Bezug auf andere zu dem Straßensegment gehörige mehrere Daten-Abtastwerte ist, im Wesentlichen in Echtzeit
durchgeführt wird.

7. Verfahren nach Anspruch 1, wobei für ein oder mehrere von dem wenigstens einen Straßensegment das Bestimmen
des einen Datenabtastwertes oder der mehreren Daten-Abtastwerte für das Straßensegment, die nicht repräsentativ
für tatsächliche Fahrzeugfahrt auf dem Straßensegment sind, einschließt, dass eine Aktivität jedes Fahrzeugs
bewertet wird, dessen gemeldete Geschwindigkeit durch wenigstens einen der bestimmten Daten-Abtastwerte re-
flektiert wird, und bestimmt wird, dass die bewertete Aktivität jedes der Fahrzeuge nicht tatsächlicher Fahrzeugfahrt
auf dem Straßensegment entspricht.

8. Verfahren nach Anspruch 7, wobei die bewertete Aktivität wenigstens eines der Fahrzeuge einem geparkten Fahr-
zeug entspricht.

9. Verfahren nach Anspruch 7, wobei die bewertete Aktivität wenigstens eines der Fahrzeuge basierend auf einem
oder mehreren bestimmten Abtastwert/en Fahrt auf einem anderen Straßensegment als einem Straßensegment
entspricht, zu dem der eine oder die mehreren bestimmten Daten-Abtastwert/e gehört/gehören.

10. Verfahren nach Anspruch 1, das des Weiteren für jeden von mehreren separaten Zeiträumen Empfangen mehrerer
zugehöriger Daten-Abtastwerte für eines der Straßensegmente umfasst, die jeweils eine gemeldete Geschwindigkeit
eines Fahrzeugs zu einem gemeldeten Zeitpunkt auf dem einen Straßensegment während des Zeitraums reflek-
tieren, und wobei das automatische Analysieren für das eine Straßensegment für jeden der Zeiträume auf Basis
der Daten-Abtastwerte durchgeführt wird, deren gemeldete Zeitpunkte in dem Zeitraum liegen.

11. Verfahren nach Anspruch 1, wobei für ein oder mehrere von dem wenigstens einen Straßensegment das Bestimmen
eines Daten-Abtastwertes oder mehrerer Daten-Abtastwerte für das Straßensegment, die nicht repräsentativ für
tatsächliche Fahrzeugfahrt auf dem Straßensegment sind, einschließt, dass mehrere Daten-Abtastwerte identifiziert
werden, die von einem einzelnen Fahrzeug gemeldet werden, das auf dem Straßensegment fährt, eine Aktivität
des einzelnen Fahrzeugs im Verlauf der Zeit auf Basis der identifizierten Daten-Abtastwerte bestimmt wird, und auf
Basis der bestimmten Aktivität bestimmt wird, dass die identifizierten Daten-Abtastwerte nicht repräsentativ für
tatsächliche Fahrzeugfahrt auf dem Straßensegment sind.

12. Verfahren nach Anspruch 1, wobei für ein oder mehrere von dem wenigstens einen Straßensegment das Bestimmen
eines Daten-Abtastwertes oder mehrerer Daten-Abtastwerte für das Straßensegment, der/die nicht repräsentativ
für tatsächliche Fahrzeugfahrt auf dem Straßensegment ist/sind, einschließt, dass erwartete Werte für die mehreren
Daten-Abtastwerte identifiziert werden, die zu dem Straßensegment gehören, und bestimmt wird, dass die bestimm-
ten Daten-Abtastwerte nicht mit den identifizierten erwarteten Werten übereinstimmen.

13. Verfahren nach Anspruch 1, wobei für ein oder mehrere von dem wenigstens einem Straßensegment das Bestimmen
eines Daten-Abtastwertes oder mehrerer Daten-Abtastwerte für das Straßensegment, der/die nicht repräsentativ
für tatsächliche Fahrzeugfahrt auf dem Straßensegment ist/sind, einschließt, dass eine statistische Verteilung für
die mehreren Daten-Abtastwerte bestimmt wird, die zu dem Straßensegment gehören, und bestimmt wird, dass die
bestimmten Daten-Abtastwerte nicht mit der bestimmten statistischen Verteilung übereinstimmen.

14. Verfahren nach Anspruch 1, wobei für ein oder mehrere von dem wenigstens einen Straßensegment das Bestimmen
eines Daten-Abtastwertes oder mehrerer Daten-Abtastwerte für das Straßensegment, der/die nicht repräsentativ
für tatsächliche Fahrzeugfahrt auf dem Straßensegment ist/sind, einschließt, dass mehrere separate Datenkurven
für das Straßensegment identifiziert werden, wobei jede der Datenkurven eine separate Teilgruppe von Fahrzeug-
fahrt auf wenigstens einem Abschnitt des Straßensegments reflektiert, und die bestimmten Daten-Abtastwerte mit
wenigstens einer der Datenkurven übereinstimmen, die eine Teilgruppe von Fahrzeugfahrt reflektiert, die nicht von
Interesse ist.
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15. Verfahren nach Anspruch 14, wobei wenigstens eine der identifizierten Datenkurven eine Gauß-Kurve ist.

16. Verfahren nach Anspruch 1, wobei für ein oder mehrere von dem wenigstens einen Straßensegment die mehreren
zugehörigen Daten-Abtastwerte für das Straßensegment jeweils des Weiteren einen gemeldeten Zeitpunkt reflek-
tieren, der der gemeldeten Geschwindigkeit des Fahrzeugs für den Daten-Abtastwert entspricht, das automatische
Analysieren der mehreren zugehörigen Daten-Abtastwerte für das Straßensegment des Weiteren einem vorgege-
benen Zeitraum entspricht, so dass die tatsächliche Fahrzeugfahrt auf dem Straßensegment Fahrt während des
vorgegebenen Zeitraums ist.

17. Verfahren nach Anspruch 16, wobei für jedes von dem einen oder den mehreren Straßensegment/en das Bestimmen
des einen Daten-Abtastwertes oder der mehreren Daten-Abtastwerte für das Straßensegment, der/die nicht reprä-
sentativ für tatsächliche Fahrzeugfahrt auf dem Straßensegment ist/sind, einschließt, dass identifiziert wird, dass
der gemeldete Zeitpunkt für jeden der bestimmten Daten-Abtastwerte nicht innerhalb des vorgegebenen Zeitraums
für das Straßensegment liegt.

18. Verfahren nach Anspruch 1, wobei wenigstens einige der mehreren Daten-Abtastwerte, die zu wenigstens einigen
der Straßensegmente gehören, durch Fahrzeuge erfasst und gemeldet werden, die auf diesen Straßensegmenten
fahren, und das Berichten der wenigstens einigen Daten-Abtastwerte im Wesentlichen in Echtzeit nach Erfassung
eines oder mehrerer von den wenigstens einigen Daten-Abtastwerten stattfindet.

19. Computersystem, das so konfiguriert ist, dass es Daten-Abtastwerte bewertet, die fahrende Fahrzeuge repräsen-
tieren, wobei das System umfasst:

eine erste Komponente, die so konfiguriert ist, dass sie für jede von mehreren Straßen eine Anzeige mehrerer
Daten-Abtastwerte für die Straße empfängt, die jeweils eine gemeldete Geschwindigkeit eines auf der Straße
fahrenden Fahrzeugs reflektiert; und
eine Einrichtung zum Eliminieren von Daten-Abtastwert-Ausreißern, die so konfiguriert ist, dass sie für jede der
mehreren Straßen automatisch einen oder mehrere der mehreren Daten-Abtastwerte für die Straße bestimmt,
die statistische Ausreißer in Bezug auf andere der mehreren Daten-Abtastwerte für die Straße sind, und eine
oder mehrere Anzeige/n anderer der mehreren Daten-Abtastwerte für die Straße als die bestimmten Daten-
Abtastwerte bereitstellt, so dass die angezeigten Daten-Abtastwerte zur Nutzung bei Erleichterung von Fahrt
auf der Straße verfügbar sind; und
wobei die Komponente für Daten-Abtastwert-Ausreißer so konfiguriert ist, dass sie den einen oder die mehreren
Daten-Abtastwert/e auf Basis einer Ausreißer-Analyse bestimmt, die einschließt:

Bestimmen einer durchschnittlichen Verkehrsbedingungs-Charakteristik für alle der mehreren Daten-Ab-
tastwerte; und
für jeden der mehreren Daten-Abtastwerte Bestimmen einer durchschnittlichen Verkehrsbedingungs-Cha-
rakteristik für alle anderen der mehreren Daten-Abtastwerte als den Daten-Abtastwert, Identifizieren einer
Differenz zwischen der bestimmten durchschnittlichen Verkehrsbedingungs-Charakteristik für alle anderen
der mehreren Daten-Abtastwerte als den Daten-Abtastwert und der bestimmten durchschnittlichen Ver-
kehrsbedingungs-Charakteristik für alle der mehreren Daten-Abtastwerte, und
auf Basis der identifizierten Differenz Feststellen, ob der Daten-Abtastwert ein statistischer Ausreißer ist.

20. Computersystem nach Anspruch 19, wobei für jede von wenigstens einer der mehreren Straßen das Bestimmen
der Daten-Abtastwerte für die Straße, die statistische Ausreißer sind, einschließt, dass die Ausreißer-Analyse im
Wesentlichen in Echtzeit durchgeführt wird, und das Bereitstellen der Anzeigen der Daten-Abtastwerte für die Straße
einschließt, dass die Daten-Abtastwerte analysiert werden, um die durchschnittliche Geschwindigkeit auf der Straße
fahrender Fahrzeuge zu bestimmen, und dass die bestimmte durchschnittliche Geschwindigkeit zur Verwendung
bei der Erleichterung von Fahrt anderer Fahrzeuge auf der Straße angezeigt wird.

21. Computersystem nach Anspruch 19, wobei die erste Komponente und die Komponente zum Eliminieren von Daten-
Abtastwert-Ausreißern jeweils Software-Befehle zur Ausführung im Speicher des Computersystems enthalten.

22. Computerlesbares Medium, dessen Inhalt eine Computervorrichtung befähigt, Daten-Abtastwerte zu bewerten, die
fahrende Fahrzeuge repräsentieren, indem sie ein Verfahren durchführt, das umfasst:

Empfangen einer Anzeige mehrerer Daten-Abtastwerte, die jeweils gemeldete Fahrt-Charakteristiken eines



EP 1 938 296 B1

40

5

10

15

20

25

30

35

40

45

50

55

von mehreren Fahrzeugen reflektieren, die auf einer oder mehreren Straße/n fahren, wobei die gemeldeten
Fahrt-Charakteristiken für die Daten-Abtastwerte Standorte der Fahrzeuge reflektieren;
automatisches Bestimmen, ob einer oder mehrere der mehreren Daten-Abtastwerte nicht repräsentativ für
tatsächliche Fahrzeugfahrt von Interesse auf der einen oder den mehreren Straße/n ist/sind, wobei das Be-
stimmen wenigstens teilweise auf den Fahrt-Charakteristiken basiert; und
Bereitstellen einer oder mehrerer Anzeige/n der Daten-Abtastwerte, für die nicht festgestellt wird, dass sie nicht
repräsentativ sind, so dass die angezeigten Daten-Abtastwerte zur Verwendung bei Erleichterung von Fahrt
auf der einen oder den mehreren Straße/n verfügbar sind; und
wobei das Bestimmen, ob einer oder mehrere der mehreren Daten-Abtastwerte nicht repräsentativ ist/sind,
basierend auf einer Ausreißer-Analyse durchgeführt wird, die einschließt:

Bestimmen einer durchschnittlichen Verkehrsbedingungs-Charakteristik für alle der mehreren Daten-Ab-
tastwerte; und
für jeden der mehreren Daten-Abtastwerte Bestimmen einer durchschnittlichen Verkehrsbedingungs-Cha-
rakteristik für alle anderen der mehreren Daten-Abtastwerte als den Daten-Abtastwert, Identifizieren einer
Differenz zwischen der bestimmten durchschnittlichen Verkehrsbedingungs-Charakteristik für alle anderen
der mehreren Daten-Abtastwerte als den Daten-Abtastwert und der bestimmten ersten durchschnittlichen
Verkehrsbedingungs-Charakteristik für alle der mehreren Daten-Abtastwerte, und
auf Basis der identifizierten Differenz Feststellen, ob der Daten-Abtastwert ein statistischer Ausreißer ist.

23. Computerlesbares Medium nach Anspruch 22, wobei die gemeldeten Fahrt-Charakteristiken jedes Daten-Abtast-
wertes einen gemeldeten Standort des Fahrzeuges enthalten, dem der Daten-Abtastwert entspricht, und das Be-
stimmen, ob ein oder mehrere Daten-Abtastwert/e nicht repräsentativ für tatsächliche Fahrzeugfahrt von Interesse
auf der einen oder den mehreren Straße/n ist/sind, einschließt, dass wenigstens teilweise auf Basis der gemeldeten
Fahrzeug-Standorte derjenigen Daten-Abtastwerte, die Standorten für tatsächliche Fahrzeugfahrt auf der einen
oder den mehreren Straße/n nicht entsprechen, bestimmt wird, dass der eine oder die mehreren Daten-Abtastwert/e
nicht repräsentativ ist/sind.

24. Computerlesbares Medium nach Anspruch 23, wobei das Bestimmen, dass der eine oder die mehreren Daten-
Abtastwert/e nicht repräsentativ ist/sind, wenigstens teilweise auf Basis der gemeldeten Fahrzeug-Standorte der-
jenigen Daten-Abtastwerte, die den Standorten für tatsächliche Fahrzeugfahrt auf der einen oder den mehreren
Straße/n nicht entsprechen, einschließt, dass bestimmt wird, dass die gemeldeten Fahrzeug-Standorte dieser Daten-
Abtastwerte nicht vorgegebenen Standorten von Interesse für die eine oder die mehreren Straße/n entsprechen.

25. Computerlesbares Medium nach Anspruch 22, wobei der Inhalt aus Befehlen besteht, die, wenn sie ausgeführt
werden, die Computervorrichtung veranlassen, das Verfahren durchzuführen.

26. Computerlesbares Medium nach Anspruch 22, wobei die gemeldeten Fahrt-Charakteristiken jedes Daten-Abtast-
wertes eine gemeldete Fahrtrichtung des Fahrzeugs enthalten, dem der Daten-Abtastwert entspricht, und das Be-
stimmen, ob ein oder mehrere Daten-Abtastwert/e nicht repräsentativ für tatsächliche Fahrzeugfahrt von Interesse
auf der einen oder den mehreren Straße/n ist/sind, einschließt, dass wenigstens teilweise auf Basis der gemeldeten
Fahrtrichtungen von Fahrzeugen, deren Daten-Abtastwerte nicht einer oder mehreren Richtung/en für tatsächliche
Fahrzeugfahrt auf der einen oder den mehreren Straße/n entsprechen, bestimmt wird, dass der eine oder die
mehreren Daten-Abtastwert/e nicht repräsentativ sind.

27. Computerlesbares Medium nach Anspruch 26, wobei das Bestimmen, dass der eine oder die mehreren Daten-
Abtastwert/e nicht repräsentativ sind, wenigstens teilweise basierend auf den gemeldeten Fahrzeug-Fahrtrichtungen
derjenigen Daten-Abtastwerte, die der einen oder den mehreren Richtung/en für tatsächliche Fahrzeugfahrt auf der
einen oder den mehreren Straße/n nicht entsprechen, einschließt, dass bestimmt wird, dass die gemeldeten Fahr-
zeug-Fahrtrichtungen dieser Daten-Abtastwerte vorgegebenen Fahrtrichtungen von Interesse für die eine oder die
mehreren Straße/n nicht entsprechen.

28. Computerlesbares Medium nach Anspruch 22, wobei Bestimmen, ob ein oder mehrere Daten-Abtastwert/e nicht
repräsentativ für tatsächliche Fahrzeugfahrt von Interesse auf der einen oder den mehreren Straße/n ist/sind, ein-
schließt, dass eine oder mehrere Aktivität/en, in die ein oder mehrere Fahrzeug/e involviert ist/sind, auf Basis der
gemeldeten Fahrt-Charakteristik aus wenigstens einem Daten-Abtastwert jedes von diesem einen oder diesen
mehreren Fahrzeug/en identifiziert wird/werden und wenigstens teilweise basierend darauf, dass die identifizierten
Aktivitäten Aktivitäten sind, die nicht von Interesse sind, bestimmt wird, dass der wenigstens eine Daten-Abtastwert
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nicht repräsentativ ist.

29. Computerlesbares Medium nach Anspruch 22, wobei das computerlesbare Medium ein Speicher einer Computer-
vorrichtung ist.

30. Computerlesbares Medium nach Anspruch 22, wobei das computerlesbare Medium ein Datenübertragungsmedium
ist, das ein erzeugtes Datensignal überträgt, das den Inhalt enthält.

Revendications

1. Procédé mis en oeuvre par ordinateur pour évaluer des échantillons de données représentant des véhicules circulant
sur des routes, procédé comprenant :

la réception d’indications d’un ou plusieurs segments d’une ou de plusieurs routes, chaque segment de route
comprenant de multiples échantillons de données associés reflétant chacun une vitesse rapportée d’un véhicule
circulant sur un segment de route ; et
pour chacun des segments de route, l’analyse automatique des multiples échantillons de données associés
pour le segment de route de façon à déterminer un ou plusieurs des échantillons de données qui sont non
représentatifs d’un trajet effectif de véhicule sur le segment de route, le ou les échantillons de données étant
des valeurs statistiques aberrantes par rapport à d’autres échantillons parmi les multiples échantillons de don-
nées associés ; et
la fourniture d’une ou plusieurs indications d’exclusion de l’utilisation ultérieure des échantillons de données
déterminés de sorte que les autres échantillons de données puissent être utilisés pour faciliter la circulation sur
le segment de route ;
dans lequel la détermination du ou des échantillons de données est effectuée sur la base d’une analyse de
valeur aberrante qui comprend :

la détermination d’une caractéristique de condition de circulation moyenne pour tous les multiples échan-
tillons de données associés ; et
pour chacun des multiples échantillons de données associés, la détermination d’une caractéristique de
condition de circulation moyenne pour tous les multiples échantillons de données associés autres que
l’échantillon de données, l’identification d’une différence entre la caractéristique de condition de circulation
moyenne déterminée pour tous les multiples échantillons de données associés autres que l’échantillon de
données et la caractéristique de condition de circulation moyenne déterminée pour tous les multiples échan-
tillons de données associés, et
la détermination, sur la base de la différence identifiée, si l’échantillon de données est ou non une valeur
statistique aberrante.

2. Procédé conformément à la revendication 1, dans lequel, pour un ou plusieurs desdits segments de route, la
fourniture des indications d’exclusion de l’utilisation ultérieure des échantillons de données déterminés comprend
en outre l’analyse des échantillons de données associés pour le segment de route autres que les échantillons de
données déterminés afin de déterminer une vitesse moyenne des véhicules circulant sur le segment de route, et
comprend l’indication de la vitesse moyenne déterminée à utiliser pour faciliter la circulation d’autres véhicules sur
le segment de route.

3. Procédé conformément à la revendication 1, dans lequel, pour un ou plusieurs desdits segments de route, la
fourniture des indications d’exclusion de l’utilisation ultérieure des échantillons de données déterminés comprend
l’analyse des échantillons de données associés pour le segment de route autres que les échantillons de données
déterminés afin de déterminer l’écoulement de circulation de véhicules circulant sur le segment de route, et comprend
l’indication de l’écoulement de circulation déterminé à utiliser pour faciliter la circulation d’autres véhicules sur le
segment de route.

4. Procédé conformément à la revendication 1, dans lequel, pour chacun desdits segments de route, la détermination
de la caractéristique de condition de circulation moyenne pour les multiples échantillons de données autres que le
ou les échantillons de données comprend la détermination d’une vitesse moyenne et d’une déviation standard pour
tous les multiples échantillons de données pour le segment de route, et dans lequel l’identification de la différence
entre la caractéristique de condition de circulation moyenne déterminée et la seconde caractéristique de condition
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de circulation moyenne comprend, pour chacune desdits échantillons de données déterminés pour le segment de
route,
la détermination d’une vitesse moyenne et d’une déviation standard pour tous les autres échantillons parmi les
multiples échantillons de données pour le segment de route en fonction de la vitesse moyenne déterminée et de la
vitesse standard pour tous les multiples échantillons de données pour le segment de route ;
la détermination d’une différence entre la vitesse rapportée pour l’échantillon de données et la vitesse moyenne
déterminée pour tous les autres échantillons parmi les multiples échantillons de données pour le segment de route ;
la détermination d’un seuil sur la base, au moins en partie, de la déviation standard déterminée pour tous les autres
échantillons parmi les multiples échantillons de données pour le segment de route ; et
l’identification de l’échantillon de données en tant que valeur statistique aberrante sur la base de la différence
déterminée excédant le seuil déterminé.

5. Procédé conformément à la revendication 1, dans lequel, pour chacun desdits segments de route, la détermination
de la caractéristique de condition de circulation moyenne pour tous les multiples échantillons de données associés
autres que l’échantillon de données est basée, au moins en partie, sur la vitesse rapportée de tous les multiples
échantillons de données associés autres que l’échantillon de données.

6. Procédé conformément à la revendication 1, dans lequel, pour chacun desdits segments de route, la détermination
que lesdits échantillons de données sont non représentatifs d’un trajet effectif de véhicule sur le segment de route
sur la base d’au moins l’un des échantillons de données déterminés en tant que valeur statistique aberrante par
rapport à d’autres échantillons parmi les multiples échantillons de données associés au segment de route est
effectuée sensiblement en temps réel.

7. Procédé conformément à la revendication 1, dans lequel, pour un ou plusieurs desdits segments de route, la
détermination desdits échantillons de données pour le segment de route qui sont non représentatifs d’un trajet
effectif de véhicule sur le segment de route comprend l’évaluation d’une activité de chaque véhicule dont la vitesse
rapportée est reflétée par au moins l’un des échantillons de données déterminés et la détermination que l’activité
évaluée de chacun des véhicules ne correspond pas à un trajet effectif de véhicule sur le segment de route.

8. Procédé conformément à la revendication 7, dans lequel l’activité évaluée d’au moins l’un des véhicules correspond
à un véhicule garé.

9. Procédé conformément à la revendication 7, dans lequel l’activité évaluée d’au moins l’un des véhicules sur la base
d’un ou de plusieurs échantillons de données déterminés correspond à un trajet sur un segment de route autre
qu’un segment de route auquel le ou les échantillons de données déterminés est/sont associé(s).

10. Procédé conformément à la revendication 1 comprenant en outre, pour chacune de multiples périodes de temps
distinctes, la réception de multiples échantillons de données associés pour l’un des segments de route reflétant
chacun une vitesse rapportée d’un véhicule à un temps rapporté sur le segment de route au cours de la période de
temps, et dans lequel l’analyse automatique est effectuée pour le segment de route pour chacune des périodes de
temps sur la base des échantillons de données dont les temps rapportés sont compris dans la période de temps.

11. Procédé conformément à la revendication 1, dans lequel, pour un ou plusieurs desdits segments de route, la
détermination d’un ou plusieurs échantillons de données pour le segment de route qui est/sont non représentatif(s)
d’un trajet effectif de véhicule sur le segment de route comprend l’identification de multiples échantillons de données
qui sont rapportés par un véhicule unique circulant sur le segment de route, la détermination d’une activité du
véhicule unique au fil du temps sur la base des échantillons de données identifiés, et
la détermination que les échantillons de données identifiés sont non représentatifs d’un trajet effectif de véhicule
sur le segment de route en fonction de l’activité déterminée.

12. Procédé conformément à la revendication 1, dans lequel, pour un ou plusieurs desdits segments de route, la
détermination d’un ou plusieurs échantillons de données pour le segment de route qui sont non représentatifs d’un
trajet effectif de véhicule sur le segment de route comprend l’identification de valeurs prévues pour les multiples
échantillons de données associés au segment de route et la détermination que les échantillons de données déter-
minés ne correspondent pas aux valeurs prévues identifiées.

13. Procédé conformément à la revendication 1, dans lequel pour un ou plusieurs desdits segments de route, la déter-
mination d’un ou plusieurs échantillons de données pour le segment de route qui sont non représentatifs d’un trajet
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effectif de véhicule sur le segment de route comprend la détermination d’une distribution statistique pour les multiples
échantillons de données associés au segment de route et la détermination que les échantillons de données déter-
minés ne correspondent pas à la distribution statistique déterminée.

14. Procédé conformément à la revendication 1, dans lequel pour un ou plusieurs desdits segments de route, la déter-
mination d’un ou plusieurs échantillons de données pour le segment de route qui sont non représentatifs d’un trajet
effectif de véhicule sur le segment de route comprend l’identification de multiples courbes de données distinctes
pour le segment de route, chacune des courbes de données reflétant un sous-ensemble distinct d’un trajet du
véhicule sur au moins une partie du segment de route, et dans lequel les échantillons de données déterminés
correspondent à au moins l’une des courbes de données qui reflètent un sous-ensemble de trajet de véhicule qui
ne présente pas d’intérêt.

15. Procédé conformément à la revendication 14, dans lequel au moins l’une des courbes de données identifiées est
une courbe gaussienne.

16. Procédé conformément à la revendication 1, dans lequel, pour ou un ou plusieurs desdits segments de route, les
multiples échantillons de données associés pour le segment de route reflètent en outre chacun un temps rapporté
correspondant à la vitesse rapportée du véhicule pour l’échantillon de données, l’analyse automatique des multiples
échantillons de données associés pour le segment de route correspondant en outre à une période de temps prédéfinie
de sorte que le trajet effectif de véhicule sur le segment de route est un trajet se déroulant dans la période de temps
prédéfinie.

17. Procédé conformément à la revendication 16, dans lequel pour chacun desdits segments de route, la détermination
desdits échantillons de données pour le segment de route qui sont non représentatifs d’un trajet effectif de véhicule
sur le segment de route comprend l’identification que le temps rapporté pour chacun des échantillons de données
déterminés n’est pas compris dans la période de temps prédéfinie du segment de route.

18. Procédé conformément à la revendication 1, dans lequel au moins quelques multiples échantillons de données
associés à au moins quelques segments de route sont acquis par les véhicules circulant sur lesdits quelques
segments de route et rapportés à partir de ces derniers, l’établissement du rapport desdits quelques échantillons
de données survenant sensiblement en temps réel après l’acquisition d’un ou plusieurs desdits quelques échantillons
de données.

19. Système informatique conçu pour évaluer des échantillons de données représentant des véhicules qui circulent
comprenant :

un premier élément qui est conçu, pour chacune des multiples routes, pour la réception d’une indication de
multiples échantillons de données pour la route reflétant chacun une vitesse rapportée d’un véhicule circulant
sur la route ; et
un élément d’élimination de valeur aberrante d’échantillon de données qui est conçu, pour chacune des multiples
routes, pour la détermination automatique d’un ou de plusieurs des multiples échantillons de données pour la
route qui sont des valeurs statistiques aberrantes par rapport à d’autres échantillons parmi les multiples échan-
tillons de données pour la route et la fourniture d’une ou de plusieurs indications des multiples échantillons de
données pour la route autres que les échantillons de données déterminés de sorte que les échantillons de
données indiqués puissent être utilisés pour faciliter la circulation sur la route ; et
dans lequel l’élément de valeur aberrante d’échantillon de données est en outre conçu pour déterminer le ou
les échantillons de données sur la base d’une analyse de valeur aberrante qui comprend :

la détermination d’une caractéristique de condition de circulation moyenne pour tous les multiples échan-
tillons de données ;
pour chacun des multiples échantillons de données, la détermination d’une caractéristique de condition de
circulation moyenne pour tous les multiples échantillons de données autres que l’échantillon de données,
l’identification d’une différence entre la caractéristique de condition de circulation moyenne pour tous les
multiples échantillons de données autres que l’échantillon de données et la caractéristique de condition de
circulation moyenne déterminée pour tous les multiples échantillons de données ; et
la détermination, sur la base de la différence identifiée, si l’échantillon de données est ou non une valeur
statistique aberrante.
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20. Système informatique conformément à la revendication 19, dans lequel, pour chacune d’au moins une des multiples
routes, la détermination des échantillons de données pour la route qui sont des valeurs statistiques aberrantes
comprend la mise en oeuvre de l’analyse de valeur aberrante sensiblement en temps réel, et dans lequel la fourniture
des indications des échantillons de données pour la route comprend l’analyse des échantillons de données pour
déterminer la vitesse moyenne de véhicules circulant sur la route et pour indiquer la vitesse moyenne déterminée
à utiliser pour faciliter la circulation d’autres véhicules sur la route.

21. Système informatique conformément à la revendication 19, dans lequel le premier élément et l’élément d’élimination
de valeur aberrante d’échantillon de données comprennent chacun des instructions de logiciel destinées à être
exécutées dans la mémoire du système informatique.

22. Support lisible par ordinateur dont les contenus permettent à un dispositif informatique d’évaluer des échantillons
de données représentant des véhicules qui circulent, par l’exécution d’un procédé comprenant :

la réception d’une indication de multiples échantillons de données reflétant chacun des caractéristiques de
trajet rapportées d’un véhicule parmi de multiples véhicules circulant sur une ou plusieurs routes, les caracté-
ristiques de trajet rapportées pour les échantillons de données reflétant les positions des véhicules ;
la détermination automatique si un ou plusieurs des multiples échantillons de données est/sont non représentatif
(s) ou non d’un trajet effectif de véhicule présentant un intérêt sur la ou les routes, la détermination étant basée,
au moins en partie, sur les caractéristiques de trajet ; et
la fourniture d’une ou plusieurs indications des échantillons de données qui ne sont pas déterminés comme
étant non représentatifs de sorte que les échantillons de données indiqués puissent être utilisés pour faciliter
la circulation sur la ou les routes ; et
dans lequel la détermination si un ou plusieurs des multiples échantillons de données est/sont non représentatif
(s) ou non est effectuée à partir d’une analyse de valeur aberrante qui comprend :

la détermination d’une caractéristique de condition de circulation moyenne pour tous les multiples échan-
tillons de données ; et
pour chacun des multiples échantillons de données, la détermination d’une caractéristique de condition de
circulation moyenne pour tous les multiples échantillons de données autres que l’échantillon de données,
l’identification d’une différence entre la caractéristique de condition de circulation moyenne déterminée
pour tous les multiples échantillons de données autres que l’échantillon de données et la première carac-
téristique de condition de circulation moyenne déterminée pour tous les multiples échantillons de données,
et la détermination, sur la base de la différence identifiée, si l’échantillon de données est ou non une valeur
statistique aberrante.

23. Support lisible par ordinateur conformément à la revendication 22, dans lequel les caractéristiques de trajet rappor-
tées de chaque échantillon de données comprennent une position rapportée du véhicule à laquelle correspond
l’échantillon de données, et dans lequel la détermination si un ou plusieurs échantillons de données est/sont non
représentatif(s) ou non d’un trajet effectif de véhicule présentant un intérêt sur la ou les routes comprend la déter-
mination que le ou les échantillons de données est/sont non représentatif(s) sur la base, au moins en partie, des
positions de véhicule rapportées des échantillons de données ne correspondant pas à des positions pour un trajet
effectif de véhicule sur la ou les routes.

24. Support lisible par ordinateur conformément à la revendication 23, dans lequel la détermination que le ou les
échantillons de données est/sont non représentatif(s), sur la base, au moins en partie, des positions de véhicule
rapportées des échantillons de données qui ne correspondent pas aux positions pour le trajet effectif de véhicule
sur la ou les routes comprend la détermination que les positions de véhicule rapportées de ces échantillons de
données ne correspondent pas à des positions d’intérêt prédéfinies pour la ou les routes.

25. Support lisible par ordinateur conformément à la revendication 22, dans lequel les contenus sont des d’instructions,
lesquelles, lorsqu’elles sont exécutées, amènent le dispositif informatique à exécuter le procédé.

26. Support lisible par ordinateur conformément à la revendication 22, dans lequel les caractéristiques de trajet rappor-
tées de chaque échantillon de données comprennent une destination de trajet rapportée du véhicule à laquelle
l’échantillon de données correspond, et dans lequel la détermination si un ou plusieurs échantillons de données
est/sont non représentatif(s) ou non d’un trajet effectif de véhicule sur la ou les routes comprend la détermination
que le ou les échantillons de données est/sont non représentatif(s) sur la base, au moins en partie, des destinations
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de trajet de véhicule rapportées des échantillons de données ne correspondant pas à une ou plusieurs destinations
pour le trajet effectif de véhicule sur la ou les routes.

27. Support lisible par ordinateur conformément à la revendication 26, dans lequel la détermination que le ou les
échantillons de données est/sont non représentatif(s) sur la base, au moins en partie, des destinations de trajet de
véhicule rapportées des échantillons de données ne correspondant pas à la ou les destinations pour le trajet effectif
de véhicule sur la ou les routes comprend la détermination que les destinations de trajet de véhicule rapportées de
ces échantillons de données ne correspondent pas aux destinations de trajet d’intérêt prédéfinies pour la ou les
routes.

28. Support lisible par ordinateur conformément à la revendication 22, dans lequel la détermination si un ou plusieurs
échantillons de données est/sont non représentatif(s) ou non du trajet effectif de véhicule présentant un intérêt sur
la ou les routes comprend l’identification d’une ou plusieurs activités dans lesquelles un ou plusieurs véhicules est/
sont engagé(s) sur la base des caractéristiques de trajet rapportées à partir d’au moins un échantillon de données
pour chacun de ces véhicules et la détermination que le ou les échantillons de données est/sont non représentatif
(s) sur la base, au moins en partie, des activités identifiées, lesquelles ne présentent pas d’intérêt.

29. Support lisible par ordinateur conformément à la revendication 22, dans lequel le support lisible par ordinateur est
une mémoire d’un dispositif informatique.

30. Support lisible par ordinateur conformément à la revendication 22, dans lequel le support lisible par ordinateur est
un support de transmission de données qui transmet un signal de données généré comprenant les contenus.



EP 1 938 296 B1

46



EP 1 938 296 B1

47



EP 1 938 296 B1

48



EP 1 938 296 B1

49



EP 1 938 296 B1

50



EP 1 938 296 B1

51



EP 1 938 296 B1

52



EP 1 938 296 B1

53



EP 1 938 296 B1

54



EP 1 938 296 B1

55



EP 1 938 296 B1

56



EP 1 938 296 B1

57



EP 1 938 296 B1

58



EP 1 938 296 B1

59



EP 1 938 296 B1

60



EP 1 938 296 B1

61



EP 1 938 296 B1

62



EP 1 938 296 B1

63



EP 1 938 296 B1

64



EP 1 938 296 B1

65

REFERENCES CITED IN THE DESCRIPTION

This list of references cited by the applicant is for the reader’s convenience only. It does not form part of the European
patent document. Even though great care has been taken in compiling the references, errors or omissions cannot be
excluded and the EPO disclaims all liability in this regard.

Patent documents cited in the description

• US 2004034467 A1 [0006]
• WO 985468 A [0007]

• US 36746306 A [0132] [0140]


	bibliography
	description
	claims
	drawings

