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(57) ABSTRACT

An apparatus and a method for a data learning server is
provided. The apparatus of the disclosure includes a com-
municator configured to communicate with an external
device, at least one processor configured to acquire a set
temperature set in an air conditioner and a current tempera-
ture of the air conditioner at the time of setting the tem-
perature via the communicator, and a generate or renew a
learning model using the set temperature and the current
temperature, and a storage configured to store the generated
or renewed learning model to provide a recommended
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temperature to be set in the air conditioner as a result of
generating or renewing the learning model. For example, the
data learning server of the disclosure may generate a learned
learning model to provide a recommended temperature
using a neural network algorithm, a deep learning algorithm,
a linear regression algorithm, or the like as an artificial
intelligence algorithm.
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1
DATA LEARNING SERVER AND METHOD
FOR GENERATING AND USING LEARNING
MODEL THEREOF

CROSS-REFERENCE TO RELATED
APPLICATION(S)

This application is a continuation application of prior
application Ser. No. 15/941,687, filed on Mar. 30, 2018,
which application is based on and claims priority under
U.S.C § 119 of a U.S. Provisional application No. 62/479,
207, filed on Mar. 30, 2017 in the U.S. Patent and Trademark
Office, and under U.S.C. § 119(a) of a Korean application
number 10-2017-0123239, filed on Sep. 25, 2017, in the
Korean Intellectual Property Office, the disclosure of which
is incorporated herein by reference in its entirety.

TECHNICAL FIELD

The disclosure relates to a method for generating a
learning model and a data learning server using the gener-
ated learning model.

BACKGROUND

In recent years, intelligent services that automatically
recognize data such as voice, image, moving picture and text
to provide information related to the data or services related
to the data have been used in various fields.

An artificial intelligence technology used in intelligent
services is a technology that implements human-level intel-
ligence. Unlike existing rule-based smart systems, the arti-
ficial intelligence technology allows machines to perform
learning and judgment and become smart of the machine’s
own accord. As the artificial intelligence technology is used,
a recognition rate is getting increased and users’ tastes may
be understood more accurately, such that the existing rule-
based technology is gradually being replaced by the artificial
intelligence technology.

The artificial intelligence technique includes machine
learning and element technologies that utilize the machine
learning.

The machine learning is an algorithm technique that
classifies/learns features of input data of its own accord. The
element technique is a technique that simulates functions
such as recognition and judgment of a human brain using
machine learning algorithms and includes technical fields
such as linguistic understanding, visual understanding,
inference/prediction, knowledge representation, and motion
control.

Applications of the artificial intelligence technology are
various as follows. The linguistic understanding is a tech-
nique for recognizing and applying/processing human lan-
guage/characters and includes natural language processing,
machine translation, dialogue system, query response,
speech recognition/synthesis, and the like. The visual under-
standing is a technique to recognize and process objects like
human vision and includes object recognition, object track-
ing, image search, human recognition, scene understanding,
spatial understanding, and image enhancement or the like.
The inference prediction is a technique for judging and
logically inferring and predicting information and includes
knowledge/probability based inference, optimization predic-
tion, preference based planning, recommendation, and the
like. The knowledge representation is a technique for auto-
mating human experience information into knowledge data
and includes knowledge construction (data generation/clas-

10

20

25

30

35

40

45

50

55

60

65

2

sification), knowledge management (data utilization), or the
like. The motion control is a technique for controlling
automatic driving of a vehicle and a motion of a robot, and
includes a motion control (navigation, collision, driving), an
operation control (behavior control), and the like.

The above information is presented as background infor-
mation only to assist with an understanding of the disclo-
sure. No determination has been made, and no assertion is
made, as to whether any of the above might be applicable as
prior art with regard to the disclosure.

SUMMARY

Exemplary embodiments of the disclosure overcome the
above disadvantages and other disadvantages not described
above. Also, the present invention is not required to over-
come the disadvantages described above, and an exemplary
embodiment of the disclosure may not overcome any of the
problems described above.

The disclosure is to set a temperature of an air conditioner
using an artificial intelligence technology.

Accordingly, the disclosure is to provide a method for
generating and using a learning model for setting the tem-
perature of the air conditioner.

In addition, the technical subject matters of the disclosure
are not limited to the above-described technical matters, and
other technical subject matters which are not mentioned may
be clearly understood to a person having ordinary skill in the
art to which the disclosure pertains from the following
description.

In accordance with an aspect of the disclosure, a data
learning server is provided. The data learning server
includes a communicator configured to communicate with
an external device, at least one processor configured to
acquire a set temperature set in an air conditioner and a
current temperature of the air conditioner at the time of
setting the temperature via the communicator, and generate
or renew a learning model using the set temperature and the
current temperature, and a storage configured to store the
generated or renewed learning model to provide a recom-
mended temperature to be set in the air conditioner as the
result of generating or renewing the learning model.

In accordance with another aspect of the disclosure, a data
learning server is provided. The data learning server
includes a storage configured to store a learned learning
model to provide a recommended temperature to be set to an
air conditioner, at least one processor configured to acquire
a current temperature of the air conditioner, and input the
current temperature to the learning model to acquire the
recommended temperature to be set in the air conditioner,
and a communicator configured to transmit the recom-
mended temperature to an external device.

In accordance with another aspect of the disclosure, a
network system is provided. The system includes an air
conditioner and a learning model server configured to gen-
erate a learning model using a learning data acquired from
the air conditioner, wherein the air conditioner includes a
temperature sensor configured to sense a current temperature
around the air conditioner, a blowing fan configured to
discharge cooling air to the outside based on the set tem-
perature set in the air conditioner, and an air conditioner
communicator configured to communicate with an external
device, and at least one air conditioner processor configured
to control the air conditioner communicator to transmit the
sensed current temperature and the set temperature to the
external device, and the learning model server includes at
least one server processor acquire the current temperature
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and the set temperature, and generate a learning model using
the acquired set temperature and the current temperature,
and a storage configured to store the generated learning
model to provide a recommended temperature of the air
conditioner as a result of generating the learning model.

In accordance with another aspect of the disclosure, a
network system is provided. The network system includes an
air conditioner and a learning model server configured to
provide a recommended temperature using a recognition
data acquired from the air conditioner, wherein the air
conditioner includes a temperature sensor configured to
sense a current temperature of the air conditioner, a blowing
fan configured to discharge cooling air generated from an air
purifier to the outside, and an air conditioner communicator
transmitting the current temperature to a first external
device, wherein the learning model server includes a storage
configured to store a learned learning model to provide a
recommended temperature of the air conditioner, at least one
server processor configured to acquire the current tempera-
ture, and input the current temperature to the learning model
to acquire the recommended temperature of the air condi-
tioner, and a server communicator configured to transmit the
recommended temperature to a second external device.

In accordance with another aspect of the disclosure, an air
conditioner is provided. The air conditioner includes a
blowing fan configured to discharge cooling air to the
outside, a temperature sensor configured to sense a current
temperature around the air conditioner, a communicator
configured to communicate with an external device, and at
least one processor configured to control the communicator
to transmit the current temperature to the external device,
control the communicator to receive a recommended tem-
perature, which is a result obtained by applying the current
temperature to a learning model, from the external device
depending on a transmission of the current temperature, and
set the received recommended temperature in the air con-
ditioner, wherein the learning model is a learning model
learned using a plurality of set temperatures previously set
in the air conditioner and a plurality of current temperatures.

In accordance with another aspect of the disclosure, a user
terminal is provided. The user terminal includes a display
configured to display a screen, a communicator configured
to communicate with an external device, an input configured
to receive a user input, and at least one processor configured
to control the communicator to transmit an artificial intelli-
gence operation request signal corresponding to an artificial
intelligence operation Ul to the air conditioner in response
to a user input signal depending on a user input selecting the
artificial intelligence operation Ul included in the screen
being received via the input, and control the display to
display the acquired recommended temperature in response
to the recommended temperature set in the air conditioner
being acquired, which is a result obtained by applying the
current temperature of the air conditioner to the learning
model depending on the artificial intelligence operation
request signal, via the communicator.

In accordance with another aspect of the disclosure, a
method for generating a learning model of a data learning
server is provided. The method includes acquiring a set
temperature set in an air conditioner and a current tempera-
ture of the air conditioner at the time of setting the tem-
perature, generating or renewing a learning model using the
set temperature and the current temperature, and storing the
generated or renewed learning model to provide a recom-
mended temperature to be set in the air conditioner as the
result of generating or renewing the learning model.
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In accordance with another aspect of the disclosure, a
method for using a learning model of a data learning server
is provided. The method includes storing a learned learning
model to provide a recommended temperature to be set to an
air conditioner, acquiring a current temperature of the air
conditioner, inputting the current temperature to the learned
learning model to acquire the recommended temperature to
be set in the air conditioner, and transmitting the recom-
mended temperature to an external device.

In accordance with another aspect of the disclosure, a
method for providing a recommended temperature of an air
conditioner is provided. The method includes sensing a
current temperature of the air conditioner, transmitting the
sensed current temperature to an external device, receiving
a recommended temperature, which is a result obtained by
applying the current temperature to a learning model, from
the external device depending on a transmission of the
current temperature, and setting the received recommended
temperature in the air conditioner, wherein the learning
model is a learning model learned using a plurality of set
temperatures previously set in the air conditioner and a
plurality of current temperatures.

In accordance with another aspect of the disclosure, a
method for controlling an air controller of a user terminal is
provided. The method includes receiving a user input signal
depending on a user input selecting an artificial intelligence
operation UL transmitting an artificial intelligence operation
request signal corresponding to the artificial intelligence
operation Ul to the air conditioner, acquiring a recom-
mended temperature set in the air conditioner which is a
result obtained by applying a current temperature of the air
conditioner to a learning model depending on the artificial
intelligence operation request signal, and displaying the
acquired recommendation temperature on a screen.

In accordance with another aspect of the disclosure, a
method for generating a learning model of a network system
including an air conditioner and a learning model server is
provided. The method includes receiving, by the air condi-
tioner, a user control signal setting a temperature, an opera-
tion of transmitting, by the air conditioner, the set tempera-
ture and a current temperature of the air conditioner to an
external device, generating, by the learning model server, a
learning model using the set temperature and the current
temperature, and storing, by the learning model server, the
generated learning model to provide the recommended tem-
perature of the air conditioner.

In accordance with another aspect of the disclosure, a
method for providing a recommended temperature in a
network system including an air conditioner and a learning
model server is provided. The method includes transmitting,
by the air conditioner, a current temperature of the air
conditioner to an external device, acquiring, by the learning
model server, a recommended temperature of the air condi-
tioner by applying the current temperature to a learning
model, and transmitting, by the air conditioner, the recom-
mended temperature to the external device.

In accordance with another aspect of the disclosure, a
method for controlling an air conditioner of a network
system including an air conditioner and a user terminal is
provided. The method includes receiving, by the user ter-
minal, a user input signal depending on a user input selecting
an artificial intelligence operation Ul, transmitting, by the
user terminal, an artificial intelligence operation request
signal corresponding to the artificial intelligence operation
UT to the air conditioner, transmitting, by the air conditioner,
a current temperature of the air conditioner to an external
device if the artificial intelligence operation request signal is
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received, receiving, by the air conditioner, a recommended
temperature, which is a result obtained by applying the
current temperature to a learning model, from the external
device depending on a transmission of the current tempera-
ture, and setting, by the air conditioner, the received rec-
ommended temperature in the air conditioner, wherein the
learning model is a learning model learned using a plurality
of set temperatures previously set in the air conditioner and
a plurality of current temperatures.

According to an embodiment of the disclosure, as the
temperature set in the air conditioner is automatically rec-
ommended using the artificial intelligence technology, the
convenience of the user who controls the temperature may
be greatly improved. In particular, it is possible to provide
the user with the most ideal recommended temperature for
the user.

Further, according to the method for using a learning
model of the disclosure, the learning model may be con-
tinuously updated based on the user’s temperature setting
history which sets the air conditioner and the performance of
the learning model may be improved, such that as the
learning model according to the disclosure is used, the most
ideal recommended temperature may be provided to the
user.

That is, the learning model customized to each of the
users using the air conditioner may be generated, and thus
the optimum recommended temperature suitable for each of
the multiple users may be provided.

Further, the effects that may be acquired or expected by
various embodiments of the disclosure shall be directly or
implicitly disclosed in the detailed description of the dis-
closure. For example, various effects that may be expected
by the various embodiments of the disclosure shall be
disclosed in the detailed description to be described below.

Other aspects, advantages, and salient features of the
disclosure will become apparent to those skilled in the art
from the following detailed description, which, taken in
conjunction with the annexed drawings, discloses various
embodiments of the disclosure.

BRIEF DESCRIPTION OF THE DRAWING
FIGURES

The above and/or other aspects of the disclosure will be
more apparent by describing certain embodiments of the
disclosure with reference to the accompanying drawings, in
which:

FIGS. 1A and 1B are diagrams showing a network system
for generating and using a learning model according to an
embodiment of the disclosure;

FIGS. 2A and 2B are diagrams showing a configuration of
a data learning server according to an embodiment of the
disclosure;

FIGS. 3A and 3B are flow charts of a network system
according to an embodiment of the disclosure;

FIG. 4 is a table showing an example of a generation of
a learning model according to an embodiment of the dis-
closure;

FIG. 5 is a diagram showing an example of imparting a
weight to a learning data according to an embodiment of the
disclosure;

FIG. 6 is a diagram showing a structure of a cloud server
according to an embodiment of the disclosure;

FIGS. 7A and 7B are diagrams showing a procedure of
generating a learning model according to an embodiment of
the disclosure;
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FIG. 8 is a block diagram showing a configuration of an
air conditioner according to an embodiment of the disclo-
sure;

FIG. 9 is a block diagram showing a configuration of a
user terminal U according to an embodiment of the disclo-
sure;

FIGS. 10A and 10B are diagrams showing a screen of a
user terminal on which a recommended temperature is
displayed, according to an embodiment of the disclosure;

FIG. 11 is a flow chart showing a method for generating
a learning model of a data learning server according to an
embodiment of the disclosure;

FIG. 12 is a flow chart showing a method for using a
learning model of a data learning server according to an
embodiment of the disclosure;

FIG. 13 is a flow chart showing a method for providing a
recommended temperature of an air conditioner according to
an embodiment of the disclosure;

FIG. 14 is a flow chart showing a method for controlling
an air conditioner of a user terminal according to an embodi-
ment of the disclosure; and

FIG. 15 is a flow chart of a network system including a
user terminal and an air conditioner according to an embodi-
ment of the disclosure.

Throughout the drawings, like reference numerals will be
understood to refer to like parts, components, and structures.

DETAILED DESCRIPTION

The following description with reference to the accom-
panying drawings is provided to assist in a comprehensive
understanding of various embodiments of the disclosure as
defined by the claims and their equivalents. It includes
various specific details to assist in that understanding but
these are to be regarded as merely exemplary. Accordingly,
those of ordinary skill in the art will recognize that various
changes and modifications of the various embodiments
described herein can be made without departing from the
scope and spirit of the disclosure. In addition, descriptions of
well-known functions and constructions may be omitted for
clarity and conciseness.

Hereinabove, the disclosure is described based on an
exemplary method. Terms and words used herein are for
description and are not limited to the bibliographical mean-
ings, but, are merely used by the inventor to enable a clear
and consistent understanding of the disclosure. The disclo-
sure may be variously modified and changed according to
the above contents. Therefore, unless additionally men-
tioned, the disclosure may be freely practiced within a scope
of claims.

Various embodiments described in the specification and
configurations shown in the drawings are merely preferred
examples of the disclosure disclosed, and various modifi-
cations which can replace the various embodiments and
drawings of the present specification may be present at the
time of filing of the present application.

In addition, like reference numerals or symbols of each
drawing of the present specification denote parts or compo-
nents performing substantially the same functions.

In addition, terms used in the present specification are
used only in order to describe a specific embodiment rather
than limiting the disclosure disclosed. Singular forms used
herein are intended to include plural forms unless context
explicitly indicates otherwise. Throughout this specification,
it will be understood that the term “comprise” and variations
thereof, such as “comprising” and “comprises”, specify the
presence of features, numbers, steps, operations, compo-
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nents, parts, or combinations thereof, described in the speci-
fication, but do not preclude the presence or addition of one
or more other features, numbers, steps, operations, compo-
nents, parts, or combinations thereof.

In addition, terms including ordinals such as “first” and
“second” used herein may be used to describe various
components, but the components are not limited by the terms
and the terms are used only for the purpose of distinguishing
one component from other components. For example, a
“first’ component may be named a ‘second’ component and
the ‘second’ component may also be similarly named the
“first” component, without departing from the scope of the
disclosure. The term ‘and/or’ includes a combination of a
plurality of items or any one of a plurality of terms.

In addition, if any (for example: first) component is
“(functionally or communicatively) connected” or
“coupled” to another (for example: second) component, the
any component may be directly connected to another com-
ponent or may be connected to the another component via
another component (for example: third component).

Hereinafter, various embodiments of the disclosure will
be described in detail with reference to the accompanying
drawings.

FIGS. 1A and 1B are diagrams showing a network system
for generating and using a learning model according to an
embodiment of the disclosure.

Referring to FIG. 1A, a network system may include an
air conditioner A (Aa or Ab), a user terminal U (Ua or Ub),
and a cloud server C. The air conditioner A may be an
appliance for controlling a temperature or humidity of an
indoor environment. The air conditioner A may be divided
into a wall-mounted type like the air conditioner Aa, and a
stand type such as the air conditioner Ab.

The user terminal U may be a device for controlling the
air conditioner A remotely. Like the user terminal Ua, the
user terminal U may be a smart phone, a cellular phone, or
a tablet PC in which an air conditioner control application
(or app) is installed. Alternatively, like the user terminal Ub,
the user terminal U may be a remote controller (or remote
control) dedicated to the air conditioner. In addition, the user
terminal U may be a smart TV, a digital camera, a personal
digital assistant (PDA), a portable multimedia player (PMP),
a notebook computer, a desktop computer or the like, but is
not limited to the above-mentioned examples.

The user terminal U may control the air conditioner A
remotely. For example, the user terminal U may use RF
communication technologies such as ZigBee, WIFI, Blu-
etooth, mobile communications, local area network (LAN),
wide area network (WAN), infrared data association (IrDA),
UHF, and VHF to transmit a control command to the air
conditioner A.

The cloud server C may be connected or directly con-
nected to the air conditioner A via a third device (e.g., an
access point (AP), a repeater, a router, a gateway, a hub or
the like).

The cloud server C may include one or more server. For
example, the cloud server C may include at least one of a
bridge server BS, a smart home service server SS, and a data
learning server DS. In this case, two or more of the bridge
server BS, the smart home service server SS, and the data
learning server DS may be integrated into one server.
Alternatively, at least one of the bridge server BS, the smart
home service server SS, and the data learning server DS may
be separated into a plurality of sub-servers.

The bridge server BS (or a device status information
import server) may import status information of smart home
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appliances (for example, an air conditioner, a washing
machine, a refrigerator, a cleaner, an oven, or the like).

The bridge server BS may include a connectivity API BS1
and a device status data DB BS2.

The connectivity API BS1 may include an application
programming interface (hereinafter, referred to as API)
which serves as an interface between different devices
operating depending on heterogeneous protocols. The API
may be defined as a set of subroutines or functions that may
be called from any one protocol for any processing of
another protocol. That is, the API may provide the environ-
ment in which the operation of another protocol may be
performed in any one of the protocols.

The bridge server BS may import the status information
of' the air conditioner using the connectivity API BS1. Then,
the bridge server BS may store the imported status infor-
mation of the air conditioner in the device status data DB
BS2.

The smart home service server SS (or an external envi-
ronment information import server) may import external
environment information. The external environment infor-
mation may include, for example, at least one of outside
temperature and outside humidity as weather information
that an external contents server CP (for example, weather
station server, weather eye server, or the like) provides.

The data learning server DS may generate a learning
model and obtain learning model application results using
the learned generation model.

The data learning server DS includes a data import API
DS1, a data analytics engine DS2, an analytics DB (DS3),
and a data service API (DS4).

FIG. 1A shows a network system in which a data learning
server DS generates a learning model, and FIG. 1B shows a
network system in which the generated learning model of
the data learning server DS is used.

First, a procedure of a network system in which a data
learning server DS generates a learning model will be
described with reference to FIG. 1A.

In the operation @, the air conditioner A may transmit the
status information (for example, set temperature, current
temperature, and the like) of the air conditioner A to the
cloud server C via the third device (e.g., an access point AP,
a repeater, a router, a gateway, a hub, or the like). The bridge
server BS of the cloud server C may import the status
information of the air conditioner A, transmitted from the air
conditioner A using the connectivity API BS1 and store the
imported status information of the air conditioner A in the
device status data DB BS2.

The status information of the air conditioner A may
include the set temperature set in the air conditioner A and
the current temperature (for example, room temperature and
ambient temperature) of the air conditioner at the time of
setting the temperature, depending on the user’s desired
temperature.

The user’s desired temperature may generally be the same
as the set temperature set in the air conditioner A, but may
be the set temperature stepwise set by the air conditioner A
until the desired temperature is reached.

In addition, the current temperature (or room temperature
and ambient temperature) at the time of setting the tempera-
ture may include at least one of, for example, temperature
sensed by the air conditioner A at a temperature setting time
(e.g., time when an operation of a user of setting the
temperature of the air conditioner A is performed), tempera-
ture sensed by the air conditioner A within a certain time
(e.g., 10 minutes) after the temperature setting, and a recent
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temperature which is sensed in advance before the tempera-
ture setting and is being stored.

The status information of the air conditioner A may
include the operation mode information set in the air con-
ditioner A. The operation mode may include, for example, a
smart comfort mode, a tropical night sound sleep mode, a
no-wind tropical night sound sleep mode, a 2-step cooling
mode, or the like, but is not limited to the above-described
mode.

According various embodiments, time information at the
time of setting the temperature of the air conditioner A may
be also stored in the device status data DB BS2. The time
information at the time of setting a temperature includes, for
example, at least one of an operation time of a user who sets
a temperature, time when the bridge server BS receives the
set temperature, and time when the set temperature is stored
in the device status data DB BS2.

According to various embodiments, positional informa-
tion of the air conditioner A may be also stored in the device
status data DB BS2. In this case, the positional information
of the air conditioner A may be stored by being received at
the time of setting the temperature, or stored in advance.

In operation (2), the smart home service server SS may
import external environment information (or weather infor-
mation) every predetermined period (for example, between
5 minutes and 30 minutes) from the communicating external
contents server CP and store the imported external environ-
ment information in a weather data DB SS1.

The external environment information may include at
least one of an outdoor temperature, an outdoor humidity, a
dust concentration, a precipitation, and an amount of sun-
shine, but is not limited to the above-described example.

In the operations (3) and @', the data learning server DS
may use the data import API DS1 to acquire the status
information of the air conditioner A stored in the device
status data DB BS2 of the bridge server BS. In addition, the
data learning server DS may use the data import API DS1 to
acquire the external environment information stored in the
weather data DB SS1 of the smart home service server SS.

In this case, the external environment information is
external environmental information at the time of setting the
temperature of the air conditioner A, and may be information
searched from the weather data DB SS1 based on the time
information at the time of setting the temperature of the air
conditioner A stored in the device status data DB BS2.

Specifically, the external environment information at the
time of setting the temperature may include, for example, at
least one of external environmental information at time
when a user sets a temperature, external environment infor-
mation in a time zone (for example, morning/day/evening or
morning/afternoon) in which a user sets a temperature, and
external environment information in month or season when
a user sets a temperature.

In addition, the external environment information may be
weather information acquired based on the positional infor-
mation of the air conditioner A. For example, the external
environment information may be weather information
searched from the weather data DB SS1 based on the
positional information of the air conditioner A stored in the
device status data DB BS2.

In operation @, the data analytics engine DS2 of the data
learning server DS may generate the learning model using
the acquired status information of the air conditioner A and
the external environment information as the learning data.

According to various embodiments, the data analytics
engine DS2 of the data learning server DS may also generate
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the learning model using the time information at the time of
setting a temperature of the air conditioner A as the learning
data.

In addition, the data analytics engine DS2 may also
generate a plurality of learning model for each operation
mode of the air conditioner A at the time of setting the
temperature of the air conditioner A.

For example, the data analytics engine DS2 may generate
the learning model available in the smart comfort mode, the
learning model available in the tropical night sound sleep
mode, the learning model available in the no-wind tropical
night sound sleep mode, and the learning model available in
the two-step cooling mode, respectively.

In addition, the data learning server DS may be performed
in units of, for example, time, day, and month as a modeling
period during which the data learning server DS generates
the learning model (or updates the learning model) using the
learning data, or may be performed at a time of generating
an event, but the modeling period is not limited to the above
period.

The process for the data learning server DS to generate the
learning model will be described later in more detail with
reference to FIGS. 4, 5 and 7.

In operation @, the data learning server DS may store the
generated learning model in an analytic DB DS3. In this
case, the learning model may not be a generic learning
model, but may be a learning model configured or con-
structed to provide the recommended temperature of the air
conditioner A.

Referring to FIG. 1B, a procedure of a network system
using the learning model generated by the data learning
server DS will be described.

In operation @, the air conditioner A may receive a
control command requesting an execution (e.g., Al mode
ON) of an artificial intelligence function from the user
terminal U.

In the operation @, the air conditioner A may transmit the
status information (for example, current temperature, opera-
tion mode, and the like) of the air conditioner A to the cloud
server C via the third device (e.g., an access point AP). The
data learning server DS of the cloud server C may acquire
the status information of the air conditioner A using the data
service API DS4.

In operation , the data learning server DS may input the
acquired status information of the air conditioner A as the
learned learning model to provide the recommended tem-
perature of the air conditioner A stored in the analytic DB
DS3.

In operation @, the data learning server DS may acquire
the recommended temperature of the air conditioner A as a
result of applying the learning model.

In operation , the data learning server DS may trans-
mit the acquired recommended temperature of the air con-
ditioner A to the air conditioner A via the third device (for
example, the access point AP). Further, in step ', the data
learning server DS may transmit the acquired recommended
temperature of the air conditioner A to the user terminal U.

In operation \1 1), the air conditioner A which has received
the recommended temperature may set the temperature of
the air conditioner A as be the received recommended
temperature.

In addition, in operation @, the user terminal U having
received the recommended temperature may display the
received recommended temperature so that the user may
confirm the received recommended temperature. Alterna-
tively, as in the operation ', the user terminal U having
received the recommended temperature may display visual
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information indicating that the preferred recommended tem-
perature is adopted in comparison with the set temperature
history predetermined by the user.

FIGS. 2A and 2B are diagrams showing a configuration of
a data learning server according to an embodiment of the
disclosure.

The data learning server DS of FIG. 2A is a functional
block diagram for generating a learning model, and the data
learning server DS of FIG. 2B is a functional block diagram
using the generated learning model.

In FIGS. 2A and 2B, the data learning server DS may
include a communication unit 201, a storage 202, and a
processor 203.

The communication unit 201 may perform communica-
tion with an external device.

The external device may include at least one of the
external server (e.g., a bridge server, a smart home service
server, or the like) and the air conditioner A.

The communication unit 201 may perform communica-
tion with the external device in a wired or wireless com-
munication manner. The wireless communication may
include, for example, cellular communication, near field
communication, or global navigation satellite system
(GNSS) communication. The cellular communication may
include, for example, long-term evolution (LTE), LTE-
advance (LTE-A), code division multiple access (CDMA),
wideband CDMA (WCDMA), universal mobile telecommu-
nication system (UMTS), wireless broadband (WiBro),
global system for mobile communications (GSM), or the
like. The near field communication may include, for
example, wireless fidelity (WiFi), WiF1i direct, light fidelity
(LiF1), Bluetooth, Bluetooth low energy (BLE), Zigbee, near
field communication (NFC), magnetic secure transmission,
radio frequency (RF), and body area network (BAN). The
communication unit 201 may also be referred to as a
communicator.

The data learning server DS may include the storage 202.
The storage 202 may store the learning model generated by
the data learning server DS.

The storage 202 may include a volatile and/or non-
volatile memory. The volatile memory may include, for
example, a random access memory (RAM) (e.g., DRAM,
SRAM, or SDRAM). The non-volatile memory may
include, for example, a one-time programmable read-only
memory (OTPROM), a programmable read-only memory
(PROM), an erasable programmable read-only memory
(EPROM), an electrically erasable programmable read-only
memory (EEPROM), a mask ROM, a flash ROM, a flash
memory, a hard drive, or a solid status drive (SSD).

The processor 203 may include one or more of a central
processing unit, an application processor, a graphic process-
ing unit (GPU), a camera image signal processor, and a
communication processor (CP). According to an embodi-
ment, the processor 203 may be implemented as a system on
chip (SoC) or a system in package (SiP). The processor 203
may drive, for example, an operating system or an applica-
tion program to control at least one other component (e.g.,
hardware or software component) of the data learning server
(DS) connected to the processor 203 and may perform
various data processing and operations. The processor 203
may load a command or data received from other compo-
nents (e.g., communication unit 201) in the volatile memory
and process the loaded command or data and may store the
result data in the non-volatile memory.

FIGS. 2A and 2B are diagrams showing the configuration
of a data learning server according to the embodiment of the
disclosure.
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The data learning server DS of FIG. 2A is a functional
block diagram for generating a learning model, and the data
learning server DS of FIG. 2B is a functional block diagram
using the generated learning model.

Referring to FIGS. 2A and 2B, the data learning server DS
may include the communication unit 201, the storage 202,
and the processor 203.

The communication unit 201 may perform communica-
tion with the external device.

The external device may include at least one of the
external server (e.g., a bridge server, a smart home service
server, or the like) and the air conditioner A.

The communication unit 201 may perform communica-
tion with the external device in a wired or wireless com-
munication manner. The wireless communication may
include, for example, the cellular communication, the near
field communication, or the global navigation satellite sys-
tem (GNSS) communication. The cellular communication
unit may include, for example, long-term evolution (LTE),
LTE-advance (LTE-A), code division multiple access
(CDMA), wideband CDMA (WCDMA), universal mobile
telecommunication system (UMTS), wireless broadband
(WiBro), global system for mobile communications (GSM),
or the like. The near field communication may include, for
example, wireless fidelity (WiFi), WiFi direct, light fidelity
(LiF1), Bluetooth, Bluetooth low energy (BLE), Zigbee, near
field communication (NFC), magnetic secure transmission,
radio frequency (RF), and body area network (BAN).

The data learning server DS may include the storage 202.
The storage 202 may store the learning model generated by
the data learning server DS.

The storage 202 may include the volatile or non-volatile
memory. The volatile memory may include, for example, a
random access memory (RAM) (e.g., DRAM, SRAM, or
SDRAM). The nonvolatile memory may include, for
example, a one-time programmable read-only memory (OT-
PROM), a programmable read-only memory (PROM), an
erasable programmable read-only memory (EPROM), an
electrically erasable programmable read-only memory (EE-
PROM), a mask ROM, a flash ROM, a flash memory, a hard
drive, or a solid status drive (SSD).

The processor 203 may include one or more of a central
processing unit, an application processor, a graphic process-
ing unit (GPU), a camera image signal processor, and a
communication processor (CP). According to an embodi-
ment, the processor 203 may be implemented as a system on
chip (SoC) or a system in package (SiP). The processor 203
may drive, for example, an operating system or an applica-
tion program to control at least one other component (e.g.,
hardware or software component) of the data learning server
(DS) connected to the processor 203 and may perform
various data processing and operations. The processor 203
may load a command or data received from other compo-
nents (e.g., communication unit 201) in the volatile memory
and process the loaded command or data and may store the
result data in the non-volatile memory.

The processor 203 of FIG. 2A may be described as a
functional block diagram for generating a learning model.

In FIG. 2A, the processor 203 may include a learning data
acquisition unit 203a¢ and a model learning unit 2035.

The learning data acquisition unit 203 may acquire the
set temperature set in the air conditioner A and the current
temperature of the air conditioner A at the time of setting the
temperature through the communication unit 201. For
example, the learning data acquisition unit 203a¢ may
acquire the set temperature and the current temperature from
the bridge server BS communicatively connected to the air
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conditioner A. Alternatively, the learning data acquisition
unit 203¢ may also acquire the set temperature and the
current temperature from the air conditioner A or the third
device communicatively connected to the air conditioner A.

In addition, the learning data acquisition unit 203a may
further acquire the external environment information
through the communication unit 201. The external environ-
ment information may include at least one of an outside
temperature and an outside humidity. For example, the
learning data acquisition unit 2034 may acquire the external
environment information from the smart home service
server SS communicatively connected to an external con-
tents providing server CP.

The model learning unit 2035 may generate or update the
learning model using the acquired set temperature and
current temperature. When the learning data acquisition unit
203a further acquires the external environment information,
the model learning unit 2035 may generate or update the
learning model using the set temperature, the current tem-
perature, and the external environment information. In addi-
tion, when the learning data acquisition unit 203a further
acquires the time information at the time of setting the
temperature of the air conditioner A, the model learning unit
2035 may generate or update the learning model using the
set temperature, the current temperature, and the time infor-
mation.

The storage 202 may store the learned learning model to
provide the recommended temperature to be set in the air
conditioner A as the generation or update result of the
learning model.

On the other hand, when the model learning unit 2035
generates or updates a plurality of learning models for each
operation mode of the air conditioner A, the storage 202 may
store a plurality of learning models, respectively.

The processor 203 of FIG. 2B may be described as the
functional block diagram for using the learning model.

In FIG. 2B, the processor 203 may include a recognition
data acquisition unit 203¢ and a model applier 2034. In this
case, the storage 202 may store the learned learning model
to provide the recommended temperature to be set in the air
conditioner A.

In FIG. 2B, the recognition data acquisition unit 203¢ may
acquire the current temperature of the air conditioner A.

The model applier 2034 may input the acquired current
temperature to the learning model of the storage 202 and
acquire the recommended temperature to be set in the air
conditioner A.

When the recognition data acquisition unit 203¢ further
acquires the external environment information, the model
applier 2034 may input the current temperature and external
environment information to the learning model to acquire
the recommended temperature to be set in the air conditioner
A.

In addition, when the storage 202 stores a plurality of
learning models for each operation mode of the air condi-
tioner A, the model applier 2034 may set the current
temperature to the learning model corresponding to the
current operation mode of the air conditioner A to acquire
the recommenced temperature of the air conditioner A.

The communication unit 201 may transmit the acquired
recommended temperature to the external device. The exter-
nal device may be, for example, the air conditioner A or a
third device communicatively connected to the air condi-
tioner A.

FIGS. 3A and 3B are flow charts of a network system
according to an embodiment of the disclosure.
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The flow chart of the network system shows a data flow
procedure between the air conditioner A, the user terminal U
and the cloud server C.

Referring to FIGS. 3A and 3B, the flow chart of the
network system may include a data importing procedure 351
of importing the learning data, a procedure 352 of generating
a data model based on the learning data, a procedure 353 of
operating the artificial intelligence function, and a procedure
354 of setting preferred modes for each function.

In FIG. 3A, the air conditioner A may include a micro-
computer 301 and a near field communication module (e.g.,
Wi-Fi module) 302. The microcomputer 301 corresponds to
the processor 203 of FIGS. 2A and 2B, and the near field
communication module 302 may correspond to the commu-
nication unit 201 of FIGS. 2A and 2B. The air conditioner
A may communicate with the user terminal U and the cloud
server C via the network using the near field communication
module 302. In addition, the air conditioner A may receive
the recommended temperature recommended by the cloud
server C via the API call related to the near field commu-
nication module 302 and set the temperature of the air
conditioner A depending on the recommended temperature.

The user terminal U may include a mobile app (or mobile
application) 303. The mobile app 303 may set the artificial
intelligence function and the operation mode of the air
conditioner A and perform a function of displaying the
recommended temperature provided by the cloud server C
on the user terminal U.

The cloud server C may include the bridge server BS, the
DB server (304), and the data learning server DS. The DB
server 304 may be a part of the bridge server BS or a third
server physically separated from the bridge server BS.

First, at operation 311, the user terminal U may receive
user input to change (or set) the desired temperature via the
mobile app 303. The mobile app 303 may be, for example,
an app providing a user interface for controlling the air
conditioner A.

In operation 312, depending on the input of the user, the
user terminal U may transmit a control command to the
microcomputer 301 via the near field communication mod-
ule 302 to set the air conditioner A to be the desired
temperature.

Alternatively, at operation 311', the user may change the
desired temperature via the remote control device Ub. In
operation 312", the remote control device Ub may transmit
the control command for setting the air conditioner A to be
the desired temperature to the microcomputer 301 according
to the change input of the user.

In operation 313, the microcomputer 301 of the air
conditioner A may generate a desired temperature change
event in response to the desired temperature change request
of the user and transmit the generated desired temperature
change event to the bridge server BS via the near field
communication module 302. At this time, the desired tem-
perature change event may include event data. The event
data may include, for example, the status information of the
air conditioner A. The status information of the air condi-
tioner A may include a desired temperature (or set tempera-
ture) and a current temperature at the time of setting the
desired temperature.

In addition, the event data may include, for example, the
operation mode information and the time information of the
air conditioner A. The operation mode information may
include, for example, information indicating the operation
mode of the air conditioner A at the time of receiving the
control command of the user or the operation mode of the air
conditioner A at the time of generating the desired tempera-
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ture change event. The time information may include, for
example, the information on the time when the user receives
the control command or the information on the time when
the desired temperature change event is generated.

In operation 314, the bridge server BS may transmit the
event data to the DB server 304. In operation 315, the DB
server 304 may store the received event data.

In operation 316, the DB server 304 may transmit the
stored event data to the data learning server DS at regular
periods. For example, the DB server 304 may transmit event
data daily in a daily batch file form. At this time, the daily
batch file may include a plurality of event data. For example,
when the desired temperature change request of the user is
generated plural times a day, the plurality of event data may
be generated, which is in turn stored in the DB server 304.
The plurality of generated event data may be transmitted to
the data learning server DS by being included in the daily
batch file.

In operation 317, the data learning server DS may gen-
erate the learning model using the received event data as the
learning data. For example, the data learning server DS may
generate the learning model using at least one of the set
temperature of the air conditioner A, the current tempera-
ture, the external environment information, the operation
mode information, and the time information.

In the situation where the learning model has been gen-
erated, as in operation 318, the user terminal U may receive
a user input that turns on the artificial intelligence function
of the air conditioner A. Partial screen 318a shows a part of
a screen of the user terminal U including the user interface
for turning on the artificial intelligence function. In the
partial screen 318q, the user terminal U may receive a user
input that selects an ‘Al customized operation’ execution
object 3185 to turn on the Al function.

In operation 319, depending on the user’s input, the user
terminal U may transmit an artificial intelligence function
activation command to the microcomputer 301 via the near
field communication module 302 to turn on the Al function
of the air conditioner A.

Based on the artificial intelligence function activation
command, the microcomputer 301 may transmit the device
status information indicating that the artificial intelligence
function of the air conditioner A is activated to the user
terminal U via the near field communication module 302 as
in the operation 320. In this case, the status information of
the air conditioner A may be transmitted by being included
in a notification event.

Alternatively, as in the operation 321, the user terminal U
may transmit a device information request command
requesting the status information of the air conditioner A to
the microcomputer 301 via the near field communication
module 302. The device information request command may
be transmitted by being included in, for example, ‘GET
DEVICE’ message.

Based on the device information request command, the
microcomputer 301 may transmit the device information
response to the user terminal U via the near field commu-
nication module 302 as in operation 322. In this case, the
device information response may include the artificial intel-
ligence setting information indicating that the artificial intel-
ligence function of the air conditioner A is set to be turned
on as the status information of the air conditioner A.

That is, by considering the situation where there are the
plurality of user terminals U for controlling the artificial
intelligence function of the air conditioner A, the air con-
ditioner A may notify the user terminal U of whether the
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artificial intelligence function of the air conditioner A is
activated periodically or upon the generation of the event.

As such, when the artificial intelligence function of the air
conditioner A is activated, the user terminal U may receive
the user input for setting the operation mode.

Referring to FIG. 3B, in operation 323, the user terminal
U may receive the user input requesting the execution of the
smart comfort mode.

In operation 324, depending on the input of the user, the
user terminal U may transmit the smart comfort control
command to the microcomputer 301 via the near field
communication module 302 to execute the smart comfort
mode of the air conditioner A.

Based on the smart comfort control command, the micro-
computer 301 may transmit the recommended temperature
(or preferred temperature) request command to the data
learning server DS via the near field communication module
302, as in operation 325. At this time, the recommended
temperature request command may include, for example, the
current temperature of the air conditioner A as the status
information of the air conditioner A. Alternatively, the
recommended temperature request command may further
include at least one of the operation mode information
indicating the current operation mode and the positional
information of the air conditioner A.

In operation 326, the data learning server DS may acquire
the recommended temperature of the air conditioner A as the
result of applying the learning model of the status informa-
tion of the air conditioner A. That is, the data learning server
DS may input the status information of the air conditioner A
to the learning model stored in the data learning server DS
to acquire the recommended temperature of the air condi-
tioner A.

In this case, the data learning server DS may apply the
status information of the air conditioner A to the learning
model corresponding to the operation mode of the air
conditioner A, based on the operation mode information of
the air conditioner A to acquire the recommended tempera-
ture of the air conditioner A. In the embodiment, the data
learning server DS may acquire the recommended tempera-
ture of the air conditioner A by applying the status infor-
mation of the air conditioner A to the learning model
corresponding to the smart comfort mode.

Once the recommended temperature is acquired, in opera-
tion 327, the data learning server DS may transmit the
acquired recommended temperature to the microcomputer
301 via the near field communication module 302.

In operation 328, the microcomputer 301 receiving the
recommended temperature may change the recommended
temperature to the set temperature. Then, the microcomputer
301 may control the air conditioner A depending on the
changed set temperature.

On the other hand, if there is no response from the data
learning server DS for a predetermined time (e.g., 30 sec-
onds) 329 after the microcomputer 301 requests the recom-
mended temperature to the data learning server DS, in
operation 330, the microcomputer 301 may maintain the
existing set temperature. The existing set temperature may
be, for example, a predetermined temperature before the
user input for requesting the execution of the smart comfort
mode, the predetermined temperature corresponding to the
current operation mode (e.g., smart comfort mode) or the
like.

FIG. 4 is a table showing an example of a generation of
a learning model according to an embodiment of the dis-
closure.
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Referring to FIG. 4, the data learning server DS may
perform a learning procedure 404 using different learning
data 403 depending on a type 401 of the air conditioner A
and a mode 402 of the air conditioner A. For example, the
type 401 of the air conditioner A may include a floor air
conditioner (FAC) type (or stand type air conditioner) and a
room air conditioner (wall-mounted type air conditioner)
(RAC) type. In this case, the data learning server DS may
generate the learning models corresponding to each of the
smart comfort mode, the tropical night sound sleep mode,
and the no-wind tropical night sound sleep mode as the
operation mode of the floor air conditioner. In addition, the
data learning server DS may generate the learning models
corresponding to each of the 2-step cooling mode, the
tropical night sound sleep mode, and the no-wind tropical
night sound sleep mode as the operation mode of the room
air conditioner.

If each learning model according to the learning proce-
dure 404 considering the type 401 of the air conditioner A
and the mode 402 of the air conditioner A is generated, the
data learning server DS may use the learning model to
acquire the recommended temperature. In this case, the
recommended temperature may be acquired in consideration
of'a setting range 405 for each operation mode. For example,
when the recommended temperature acquired by the data
learning server DS is out of the setting range 405, the
temperature in the setting range 405 closest to the recom-
mended temperature may be determined as the final recom-
mended temperature.

Describing an example of the procedure of generating the
learning model in the smart comfort mode 411 with refer-
ence to FIG. 4, the indoor temperature (or current tempera-
ture) and the desired temperature (or set temperature) may
be used. In this case, the room temperature may be a room
temperature measured at the time of changing the desired
temperature. In addition, as the learning data, data imported
during a specific period of time may be used. The specific
time period may be, for example, data imported in a specific
year, a specific month, or a specific season. The specific data
may be data imported based on the temperature setting
history information of the air conditioner of the unspecified
users who use the same or similar products as the air
conditioner A as well as the user of the air conditioner A. At
this time, the unspecified users may be limited to, for
example, a user in the same or similar area or the same or
similar environment as the air conditioner A.

In the smart comfort mode 411, the data learning server
DS may use the current temperature (or room temperature),
the outside temperature, the outside humidity, and the
desired temperature as the learning data.

In addition, the data learning server DS may use the
external environment information based on the local infor-
mation of the air conditioner A as the learning data. On the
other hand, when the data learning server DS may not
confirm the local information of the air conditioner A, the
data learning server may generate, learn, and renew the
learning model using the current temperature and the desired
temperature as the learning data.

The data learning server DS may acquire the recom-
mended temperature to be set in the air conditioner A by
using the generated, learned, and renewed learning models.

In this case, if the acquired recommended temperature is
out of the setting range of 22° C. to 26° C., the data learning
server DS may determine the final recommended tempera-
ture in consideration of the setting range.

For example, if the recommended temperature acquired
using the learning model is less than 22° C., the data learning
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server DS may determine the recommended temperature to
be 22° C. In addition, if the recommended temperature
acquired using the learning model is higher than or equal to
26° C., the data learning server DS may determine the
recommended temperature to be 26° C.

According to various embodiments, when generating the
learning model, the data learning server DS may further
assign a weight to learning data recently imported to gen-
erate the learning model.

FIG. 5 is a diagram showing an example of imparting a
weight to a learning data according to an embodiment of the
disclosure.

Referring to FIG. 5, the data learning server DS may
differently assign weights to the learning data imported for
1 day, 2 days, and 3 days, respectively, like 501, 502, and
503 in FIG. 5.

For example, in 501 of FIG. 5, the data learning server DS
may assign a weight of 0.8 to all data (e.g., data imported
from unspecified users) of the past year, and assign a weight
0f'0.2 to user’s personal data (user’s desired temperature and
current temperature, or the like) of the air conditioner A
which is imported on the first day. Similarly, in 502 of FIG.
5, the data learning server DS may assign a weight of 0.8 to
all data of the past year and the user’s personal data of the
air conditioner A which is imported on the first day, and a
weight of 0.2 to the user’s personal data of the air condi-
tioner A which is imported on the second day. In addition, in
503 of FIG. 5, the data learning server DS may assign a
weight of 0.8 to all data of the past year and the user’s
personal data of the air conditioner A which is imported on
the first day and the second day, and a weight of 0.2 to the
user’s personal data which is imported on the third day.

On the other hand, the above-mentioned weight value is
only an example, and the data learning server DS may be
preset to be different values by a manufacturer, a manager,
an operating system, an application provider or the like of
the data learning server DS. For example, in FIG. 5, instead
of a weight of 0.8 and a weight of 0.2, a weight of 0.9 and
a weight of 0.1 each may be used. As another example, in
FIG. 5, instead of a weight of 0.8 and a weight of 0.2, a
weight of 0.7 and a weight of 0.3 each may be used.

On the other hand, the above-mentioned weight may be a
variable type which is changed depending on the situation
rather than a predetermined fixed type.

In this case, the weight may be manually changed by the
administrator of the data learning server DS, the user of the
air conditioner or the like, or may be automatically changed
depending on the specific condition. For example, as a total
amount of imported learning data is increased, the weight of
the most recently imported personal data may also be
increased accordingly.

FIG. 6 is a diagram showing a structure of a cloud server
according to an embodiment of the disclosure.

The cloud server C may include a batcher 601, a contents
provider (CP) data collector 602, a CSV maker 603, a model
maker 604, and a learning temperature providing server API
605. Components 601 to 604 of the cloud server C described
above use and process the data stored in the storage (or,
database) of the cloud server C to generate the recom-
mended temperature suitable for the air conditioner A.

First, the cloud server C may store, in a device status
storage 651, the device status data including the status
information of the air conditioner A acquired depending on
the generation of the status change event of the air condi-
tioner A. The device status storage 651 may correspond to
the device status data DB BS2 of FIGS. 1A and 1B, for
example. The cloud server C may acquire the status infor-
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mation stored in the device status storage 651 every prede-
termined period (e.g., every day), and stores raw data
generated depending on a certain criterion (e.g., by date) in
an object storage 652.

The batcher 601 of the cloud server C may acquire and
filter the row data in the object storage 652 and store the
filtered data in a distributed environment data DB (e.g., Not
Only SQL DB, NoSQL DB) 653. The filtered data may be,
for example, data including the device status data of the air
conditioner A or the status information extracted from meta
data.

In addition, the CP data collector 602 may store weather
data including weather information imported from the exter-
nal content server CP in an object storage 654.

The CSV maker 603 of the cloud server C refines the data
acquired from the object distributed environment data DB
653 and the object storage 654 to generate data of a specific
format (e.g., CSV format) suitable for the generation of the
learning model and store the generated data in the object
storage 655.

The model maker 604 may acquire data of a specific
format from the object storage 655, generate the learning
model using the data, and store the generated learning model
in the object storage 656.

The cloud server C may temporarily store the learning
model stored in the object storage 655 in a cache 657 which
is a high-speed storing memory when the use of the learning
model is required.

Under the situation in which the use of the learning model
is required, the recommended temperature providing API
605 of the cloud server C may acquire the recommended
temperature of the air conditioner A by using the learning
model stored in the cache 657.

The cloud server C may transmit the recommended tem-
perature acquired through the acquired recommended tem-
perature providing API 605 to the mobile apps of the air
conditioner A and the user terminal U.

Meanwhile, in FIG. 6, for convenience of explanation,
object storages 652, 654, 655, and 656 are denoted by
different reference numerals, but the object storages 652,
654, 655, and 656 may denote the same object storage or
may mean two or more distributed object storages.

FIGS. 7A and 7B are diagrams showing a procedure of
generating a learning model according to an embodiment of
the disclosure.

The learning model may be generated using the artificial
intelligence algorithm. For example, the learning model may
be generated using a decision tree algorithm, a support
vector machine algorithm, a linear discrimination analysis
algorithm, a genetic algorithm, or a neural network algo-
rithm that simulates neurons in a human neural network. The
neural network algorithm may include a plurality of network
nodes having weights. The plurality of network nodes may
each establish a connection relationship so that neurons
simulate synaptic activity of transmitting and receiving
signals through synapses. Also, the learning model may be
generated using a deep learning algorithm developed in the
neural network algorithm. In the deep learning algorithm,
the plurality of network nodes may transmit and receive data
depending on the convolution connection relationship while
being located at different depths (or layers). The learning
model may include models such as deep neural network
(DNN), a recurrent neural network (RNN), and a bidirec-
tional recurrent deep neural network (BRDNN) may be
provided, but is not limited to the above-mentioned
example.
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For convenience of description, the disclosure describes a
method for providing a recommended temperature using a
linear regression as an algorithm used for the generation of
the learning model.

The data learning server DS may derive the learning
model such as the following Equation 1 according to the
linear regression algorithm

Y=aota ¥ +axxo+azXs Equation 1

In the above Equation 1, y is a variable related to the set
temperature set in the air conditioner A, and a,, a,, a,, and
a, are constant values. In addition, x, is a variable related to
the current temperature, x, is a variable related to the
outdoor temperature, and x, is a variable related to the
outdoor humidity.

In order to facilitate understanding, the learning model in
the case in which the number of learning variables (or
learning elements) in the above Equation 1 is two is
expressed by the following Equation 2.

y=ap+a;x; Equation 2

In this case, the table of FIG. 7A shows the set tempera-
ture (e.g., user’s setting temperature) 712 depending on the
current temperature (or, ambient temperature, room tem-
perature) 711 of the air conditioner.

Based on the linear regression algorithm, the data learning
server DS may derive a learning model which is a calcula-
tion expression that expresses the relationship of the set
temperature 712 depending on the current temperature 711.

This is shown in a graph as shown in FIG. 7B.

Referring to FIG. 7B, the current temperature 711 and the
set temperature 712 in FIG. 7A may correspond to mark ‘X’
on the graph when they are plotted on x and y axes.

In this case, a linear regression line 721 using a linear
regression algorithm may be acquired so that a sum of errors
of the plurality of ‘X’ markers is small. That is, in the above
Equation 2, the constant values a, and a, having the smallest
difference between the set temperature 712 of the air con-
ditioner A and the predicted temperature may be calculated.

An example of the linear regression model that reflects the
calculated constant value is as follows.

$=29.91840623+(-0.3717125)x, Equation 3

Accordingly, the data learning model DS may provide the
air conditioner A with the recommended temperature
according to the recommended temperature request com-
mand of the air conditioner A based on the following
Equation 3.

For example, when the current room temperature around
the air conditioner A is 26° C., the recommended tempera-
ture provided by using the learning model of the above
Equation 3 may be 19° C.

According to various embodiments, the learning model
may be continuously renewed (or updated).

To this end, the data learning server DS may further
include a model renewer (not shown). The model renewer
may determine whether the learning model is renewed
analyzing the relevance between the basic learning data used
in the learning model that has been constructed in advance
and the newly inputted learning data. At this time, the
relevance may be determined based on the area and time in
which the learning data is generated, the time, the model of
the air conditioner that provides the learning data, and the
like.

For example, the model renewer may continuously renew
the already constructed learning model by using the user’s
temperature setting history for setting the temperature of the
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air conditioner A, the user’s change history for the recom-
mended temperature, or the like as the learning data.

According to various embodiments, the learning model
may be stored in the storage of the air conditioner A, not in
a separate server. In this case, the learning model con-
structed in the data learning server DS may be transmitted to
the air conditioner A periodically or upon the generation of
the event.

When the learning model is provided in the air condi-
tioner A, the air conditioner A may acquire the recom-
mended temperature using the stored learning model. For
example, the air conditioner A may acquire the recom-
mended temperature by inputting the sensed current tem-
perature to the learning model. In this case, the air condi-
tioner A may acquire the recommended temperature using
the sensed current temperature without user intervention,
and may automatically set the temperature of the air condi-
tioner A depending on the recommended temperature.

FIG. 8 is a block diagram showing a configuration of an
air conditioner according to the embodiment of the disclo-
sure.

Referring to FIG. 8, the air conditioner A may include a
temperature sensor 810, a blowing fan 820, a communica-
tion unit 830, a storage 840, and a processor 850. In various
embodiments, the air conditioner A may omit at least one of
the components described above, or may additionally
include other components.

The temperature sensor 810 may sense the temperature of
the room around the air conditioner A.

The blowing fan 820 may discharge cooling air to the
outside through an opening/closing portion (not shown).
Alternatively, in the no-wind mode, the blowing fan 820 can
discharge cooling air to the outside through a plurality of
micro-holes (not shown) at a predetermined flow rate or less.
At this time, the predetermined flow rate may be 0.25 m/s or
less, preferably 0.15 m/s or less.

The communication unit 830 may perform communica-
tion with the external device. At this time, the external
device may include at least one of the cloud server C, the
data learning server DS and the user terminal U. The
communication of the communication unit 830 with an
external device may include communicating with the exter-
nal device via the third device or the like. For example, the
communication unit 830 may receive a remote control signal
for controlling the air conditioner A from the user terminal
U.

The communication unit 830 may communicate with an
external device via wired communication or wireless com-
munication. For example, the communication unit 830 may
communicate with a control terminal device via a cellular
communication, near field communication, and an Internet
network as well as a port to be connected via a cable, and
perform communication according to standards such as
universal serial bus (USB) communication, a Wi-Fi, Blu-
etooth, Zigbee, infrared data association (IrDA), RF such as
UHF and VHF, and ultra-wide band (UWB) communication.

The storage 840 stores various software and programs for
performing the function of the air conditioner A. Specifi-
cally, the storage 840 may store a temperature control
algorithm according to a plurality of operation modes. The
temperature control algorithm may include the change in the
set temperature, the intensity of the wind speed, the direction
of the wind speed or the like depending on a predetermined
period for each operation mode. Further, according to the
disclosure, the storage 840 may store the learned learning
model based on the set temperature and the current tem-
perature.
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The processor 850 may read the program or the like stored
in the storage 840. Specifically, in order to perform the
function of the air conditioner A, the processor 850 may read
programs including a series of readable instructions and
perform the air conditioning according to the set tempera-
ture.

The processor 850 may sense the pressure and/or the
temperature of the refrigerant in the indoor heat exchanger
(not shown) to sense whether the air conditioning is nor-
mally performed. For example, the processor 850 may sense
whether the pipe of the indoor heat exchanger is damaged or
is covered with frost and whether water generated by
condensation of vapor in the air is appropriately removed.

The processor 850 may control a speed of the blowing fan
820. Specifically, the processor 850 may control the current
temperature measured by the temperature sensor 810 and the
speed at which the blowing fan 820 rotates depending on the
set temperature. Specifically, the processor 850 may control
the speed at which the blowing fan 820 rotates depending on
the difference between the current temperature and the set
temperature. For example, if the difference between the
current temperature and the set temperature is large, the
rotation speed of the blowing fan 820 is controlled to be
quick to reach the set temperature quickly, and if the
difference between the room temperature and the set tem-
perature is small or the room temperature reaches the set
temperature, the room temperature excessively too drops,
the rotation speed of the blowing fan 820 may be slow so
that a compressor of an outdoor unit is not turned off. For
example, the processor 850 may control the rotating speed
of the blowing fan 820 between 500 RPM and 900 RPM.

The processor 850 may control the communication unit
830 to transmit the current temperature and the set tempera-
ture sensed by the temperature sensor 810 to an external
device.

In addition, the processor 850 may control the commu-
nication unit 830 to receive the recommended temperature
received from the external device and control the recom-
mended temperature acquired through the communication
unit 830 to be set in the air conditioner A as the set
temperature.

In addition, the processor 850 may control the commu-
nication unit 830 to transmit the current temperature sensed
by the temperature sensor 810 to the external device, and
may receive the recommended temperature depending on
the transmission of the current temperature from the external
device and set the received recommended temperature in an
air conditioner. In this case, the recommended temperature
may be a result of applying the current temperature sensed
by the temperature sensor 810 to the learned learning model
using a plurality of set temperatures and a plurality of
current temperatures set in the air conditioner A. In this case,
the external device may include at least one of the cloud
server C, the learning model server DS, and the third device
communicatively connected to the cloud server C or the
learning model server DS.

According to various embodiments, there may be the
network system that includes the air conditioner A and the
learning model server DS generating the learning model
using the learning data acquired from the air conditioner A.

In this case, the air conditioner A of the network system
may include the temperature sensor 810 sensing the current
temperature, the blowing fan 820 discharging cooling air to
the outside, and the communication unit 830 capable of
communicating with an external device. The air conditioner
A may include the processor 850 which controls the com-
munication unit 830 to transmit the set temperature set in the
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air conditioner A and the current temperature sensed by the
temperature sensor 810 to an external device.

In this case, the external device may include at least one
of the cloud server C, the learning model server DS, and the
third device communicatively connected to the cloud server
C or the learning model server DS.

In addition, the learning model server DS of the network
system may include the learning data acquisition unit (e.g.,
learning data acquisition unit 203a¢ of FIG. 2A) which
acquires the current temperature and the set temperature
transmitted from the air conditioner A, the model learning
unit (e.g., model learning unit 20356 of FIG. 2A) which
generates the learning model using the set temperature and
the current temperature, and the storage (e.g., storage 202 of
FIG. 2A) which stores the learned learning model to provide
the recommended temperature of the air conditioner A as the
result of generating the learning model.

According to various embodiments, there may be the
network system that includes the air conditioner A and the
learning model server DS providing the recommended tem-
perature using the recognition data acquired from the air
conditioner A.

In this case, the air conditioner A of the network system
includes the temperature sensor 810 sensing the current
temperature, the blowing fan 820 discharging the cooling air
to the outside, the communication unit 830 capable of
communicating with the external device, and the processor
850 controlling the communication unit 830 to transmit the
current temperature sensed by the temperature sensor 810 to
the external device.

In this case, the external device may include at least one
of the cloud server C, the learning model server DS, and the
third device communicatively connected to the cloud server
C or the learning model server DS.

In addition, the learning model server DS may include the
storage (e.g., storage 202 of FIG. 2B) storing the learned
learning models to provide the recommended temperature of
the air conditioner A, the recognition data acquisition unit
(e.g., recognition data acquisition unit 203¢ of FIG. 2B)
acquiring the current temperature of the air conditioner A,
and the model applier (e.g., the model applier 2034 of FIG.
2B) acquiring the recommended temperature of the air
conditioner A by inputting the current temperature as the
learning model, and a communication unit (e.g., communi-
cation unit 201 of FIG. 2B) transmitting the acquired rec-
ommended temperature to the external device. The external
device may include the air conditioner A or the third device
communicatively connected to the air conditioner A. In
addition, the external device may include the user terminal
U or the third device communicatively connected to the user
terminal U to transmit the recommended temperature.

FIG. 9 is a block diagram showing a configuration of a
user terminal according to an embodiment of the disclosure.

Referring to FIG. 9, the user terminal U may include a
display 910, a communication unit 920, an input 930, a
storage 940, and a processor 950.

The display 910 may visually provide information to the
user of the user terminal U. For example, the display 910
may display a screen including the artificial intelligence
operation UI under the control of the processor 950.

The communication unit 920 may establish a wired or
wireless communication unit channel between the user ter-
minal U and the external device, and support the commu-
nication performance through the established communica-
tion channel. The external device may include at least one
of, for example, the cloud server C, the learning model
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server DS, and the third device communicatively connected
to the cloud server C or the learning model server DS.

The communication unit 920 may communicate with the
external device through the near field communication net-
works (e.g., Bluetooth, WiFi direction, or infrared data
association (IrDA) or the like) or the remote communication
networks (e.g., cellular network, Internet, or computer net-
work (e.g., LAN or WAN) or the like) using the wireless
communication modules (e.g., cellular communication mod-
ule, local area wireless communication module, and global
navigation satellite system (GNSS) communication module)
or the wired communication module (e.g., local area net-
work (LAN) communication module or power line commu-
nication module). Several kinds of communication modules
described above may be implemented as a single chip or
may each be implemented as a separate chip.

The input 930 may receive commands or data to be used
for the components (e.g., processor 950) of the user terminal
U from the outside (e.g., user) of the user terminal U. The
input 930 may include, for example, a button, a microphone,
a touch panel, or the like. The input 930 may transmit the
user input signal generated depending on the user input for
controlling the user terminal U to the processor 950.

The storage 940 may store various data used by at least
one component (e.g., processor 950) of the user terminal U,
for example, software (e.g., a program) and may store the
input data or the output data for the command associated
therewith. The storage 940 may include the volatile and/or
non-volatile memory.

The program is software stored in the storage 940, and
may include, for example, an operating system, middleware,
or an application.

The processor 950 may drive, for example, software (e.g.,
program) stored in the storage 940 to control at least one
other components (e.g., hardware or software components)
of the user terminal U connected to the processor 950, and
perform various data processing and operations. The pro-
cessor 950 may load a command or data received from other
components (e.g., communication unit 920) in the volatile
memory and process the loaded command or data and may
store the result data in the non-volatile memory. According
to an embodiment, the processor 950 may include main
processors (e.g., a central processing unit or an application
processor), and sub-processors (e.g., a graphic processor, an
image signal processor, a sensor hub processor, or a com-
munication processor) which are operated independently of
the main processor and additionally or alternatively use
lower power than the main processor or are specialized to
the designated functions. The sub-processor may be oper-
ated separately from the main processor or may be operated
while being embedded.

According to various embodiments, if the user input
signal depending on the user input selecting the artificial
intelligence operation Ul included in the screen provided by
the display 910 is received via the input 930, the processor
950 may control the communication unit 920 to transmit the
artificial intelligence operation request signal corresponding
to the artificial intelligence operation Ul to the air condi-
tioner A. If the recommended temperature set in the air
conditioner A depending on the artificial intelligence opera-
tion request signal is acquired through the communication
unit 920, the processor 950 may control the display 910 to
display the acquired recommended temperature. At this
time, the recommended temperature may be acquired as a
result obtained by allowing the air conditioner A to apply the
current temperature of the air conditioner A to the learning
model. In this case, the processor 950 may control the
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display 910 so that the user displays the set temperature,
which is set in the air conditioner A in the past, at the current
temperature, together with the recommended temperature.

According to various embodiments, there may be a net-
work system including the air conditioner A and the user
terminal U controlling the air conditioner A.

In this case, if the user input signal depending on the user
input selecting the artificial intelligence operation Ul
included in the screen provided by the display 910 of the
user terminal U is received via the input 930, the processor
950 may control the communication unit 920 to transmit the
artificial intelligence operation request signal corresponding
to the artificial intelligence operation Ul to the air condi-
tioner A.

If the air conditioner A receives the artificial intelligent
operation request through the communication unit 830 of the
air conditioner A, the processor 850 of the air conditioner A
may control the communication unit 830 to transmit the
current temperature of the air conditioner A to the external
device. The processor 850 of the air conditioner A may
control the communication unit 830 to receive the recom-
mended temperature depending on the transmission of the
current temperature from the external device. The processor
850 may set the recommended temperature received through
the communication unit 830 in the air conditioner A. In this
case, the recommended temperature may be the result
obtained by applying the current temperature to the learned
learning model based on the plurality of set temperatures
previously set in the air conditioner A and the plurality of
current temperatures. In this case, the external device may
include at least one of the cloud server C, the learning model
server DS, and the third device communicatively connected
to the cloud server C or the learning model server DS.

FIGS. 10A and 10B are diagrams showing a screen of a
user terminal on which a recommendation temperature is
displayed, according to an embodiment of the disclosure.

Referring to FIG. 10A, the user terminal U may display an
air conditioner control screen 1010 by executing an appli-
cation capable of controlling the air conditioner A.

The air conditioner control screen 1010 may include a Ul
1011 turning on/off the air conditioner A, a UI 1012 select-
ing an operation mode of the air conditioner A, current
temperature information 1013, information on whether arti-
ficial intelligence mode operates 1014, a wind door setting
UT 1015, a wind intensity setting Ul 1016, a no wind
operation Ul 1017, an Ul about whether air cleaning opera-
tion 1018, an artificial intelligence setting UI 1019, a res-
ervation setting Ul 1020, and the like.

In this case, when the air conditioner control screen 1010
is out of the viewport range of the display of the user
terminal Ul, the user may display the air conditioner control
screen 1110, which is out of the viewport range, in the
viewport range through a drag gesture.

Referring to FIGS. 10A and 10B, in this situation, if the
user input for selecting the artificial intelligence setting Ul
1019 is received, the user terminal U may display the
artificial intelligence control screen 1020 in the operation
mode (e.g., smart comfort mode) of the air conditioner A as
shown in FIG. 10B. The artificial intelligence control screen
1020 may include the artificial intelligence operation Ul
1021 for the artificial intelligence mode operation of the air
conditioner A and the artificial intelligence operation infor-
mation 1022 indicating the artificial intelligence mode
operation of the air conditioner A.

In this case, if the user input for selecting the artificial
intelligence operation UI 1021 is received, the user terminal
U may acquire the recommended temperature set in the air
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conditioner based on the user input. For example, the user
terminal U may acquire the recommended temperature via
the third device (e.g., access point (AP)) communicatively
connected to the cloud server C.

Then, the user terminal U may display the recommended
temperature 1023 on the artificial intelligence control screen
1020. At this time, the recommended temperature 1023 may
be acquired as the result obtained by allowing the air
conditioner A to apply the current temperature of the air
conditioner A to the learning model server DS, based on the
user input selecting the artificial intelligence operation Ul
1021.

The user terminal U may display not only the recom-
mended temperature 1023 on the artificial intelligence con-
trol screen 1020, but also the set temperature 1024 that the
user of the air conditioner A directly sets in the air condi-
tioner A in the past. In this case, the recommended tempera-
ture 1023 and the set temperature 1034 may be displayed on
the graph together to be comparable with each other.

FIG. 11 is a flow chart showing a method for generating
a learning model of a data learning server according to an
embodiment of the disclosure.

Referring to FIG. 11, in operation 1101, the data learning
server DS may acquire the set temperature set in the air
conditioner A and the current temperature of the air condi-
tioner A at the time of setting the temperature. Further, the
data learning server DS may further acquire the external
environment information of the air conditioner A.

At this time, the data learning server DS may acquire the
set temperature and the current temperature from the bridge
server BS communicatively connected to the air conditioner
A, and acquire the external environment information from
the smart home service server SS communicatively con-
nected to the external contents providing server (CP).

Further, the data learning server DS may further acquire
the time information at the time of setting the temperature in
the air conditioner A.

In operation 1103, the data learning server DS may
generate or renew the learning model using the acquired set
temperature and current temperature.

When the data learning server DS further acquires the
external environment information, the data learning server
DS may generate or renew the learning model using the
acquired set temperature, the current temperature, and the
external environment information.

In addition, when the data learning server DS further
acquires the time information at the time of setting the
temperature, the data learning server DS may generate or
renew the learning model using the acquired set temperature,
the current temperature, and the time information.

In operation 1105, the data learning server DS may store
the learned learning model to provide the recommended
temperature to be set in the air conditioner A as the result of
generating and renewing the learning model.

Meanwhile, the data learning server DS may generate or
renew the plurality of learning models for each operation
mode of the air conditioner A. In this case, the data learning
server DS may store the plurality of learning models.

FIG. 12 is a flow chart showing a method for using a
learning model of a data learning server according to an
embodiment of the disclosure.

Referring to FIG. 12, in operation 1201, the data learning
server DS may store the learned learning model to provide
the recommended temperature to be set in the air conditioner
A.

In a situation where the learned learning model is stored,
in operation 1203, the data learning server DS may acquire



US 12,013,134 B2

27

the current temperature of the air conditioner A. In this case,
the data learning server DS may further acquire the external
environment information of the air conditioner A.

In operation 1205, the data learning server DS may input
the acquired current temperature to the learned learning
model to acquire the recommended temperature to be set in
the air conditioner A.

In addition, when the data learning server DS further
acquires the external environment information, the data
learning server DS may input the acquired recommended
temperature and external environment information to the
learning model to acquire the recommended temperature to
be set in the air conditioner A.

Meanwhile, the data learning server DS may store the
plurality of learning models for each operation mode of the
air conditioner A. In this case, the data learning server DS
may input the acquired current temperature to the learning
model corresponding to the current operation mode of the air
conditioner A and input the acquired current temperature to
the learning model corresponding to the current operation
mode of the air conditioner A to acquire the recommended
temperature to be set in the air conditioner A.

In operation 1207, the data learning server DS may
transmit the acquired recommended temperature to the
external device. The external device may be, for example,
the air conditioner A or the third device communicatively
connected to the air conditioner A to transmit the recom-
mended temperature. In addition, the external device may be
the user terminal U or the third device communicatively
connected to the user terminal U to transmit the recom-
mended temperature.

FIG. 13 is a flow chart showing a method for providing a
recommended temperature of an air conditioner A according
to an embodiment of the disclosure.

Referring to FIG. 13, in operation 1301, the air condi-
tioner A may sense the current temperature of the air
conditioner A.

Next, in operation 1303, the air conditioner A may trans-
mit the sensed current temperature to the external device.
For example, the air conditioner A may transmit the sensed
current temperature to at least one of the cloud server C, the
learning model server DS, and the third device communi-
catively communicating with the cloud server C or the
learning model server DS.

In operation 1305, the air conditioner A may receive the
recommended temperature, which is the result of applying
the current temperature to the learning model, from the
external device depending on the transmission of the current
temperature. In this case, the recommended temperature
may be the result obtained by applying the current tempera-
ture to the learned learning model based on the plurality of
set temperatures previously set in the air conditioner A and
the plurality of current temperatures.

In operation 1307, the air conditioner A may set the
received recommended temperature in the air conditioner.

FIG. 14 is a flow chart showing a method for controlling
an air conditioner of a user terminal according to an embodi-
ment of the disclosure.

Referring to FIG. 14, in operation 1401, the user terminal
U may receive the user input signal depending on the user
input selecting the artificial intelligence operation Ul.

In operation 1403, the user terminal U may transmit the
artificial intelligence operation request signal corresponding
to the artificial intelligence operation Ul to the air condi-
tioner A in response to the user input signal.

In operation 1405, the user terminal U may acquire the
recommended temperature set in the air conditioner A as the
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result of applying the current temperature of the air condi-
tioner A to the learning model depending on the artificial
intelligence operation request signal.

In operation 1407, the user terminal U may display the
acquired recommended temperature on the screen. In this
case, the user terminal U may display the set temperature
that the user previously sets in the air conditioner A together
with the recommended temperature, at the current tempera-
ture.

FIG. 15 is a flow chart of a network system including a
user terminal and an air conditioner according to an embodi-
ment of the disclosure.

Referring to FIG. 15, in operation 1501, the user terminal
U may receive the user input signal depending on the user
input selecting the artificial intelligence operation Ul.

In operation 1503, the user terminal U may transmit the
artificial intelligence operation request signal corresponding
to the artificial intelligence operation Ul to the air condi-
tioner A.

In operation 1505, the air conditioner A may sense the
current temperature of the air conditioner A.

Next, in operation 1507, the air conditioner A may trans-
mit the sensed current temperature to an external device
1500. The external device may include at least one of the
cloud server C, the learning model server DS, and the third
device communicatively connected to the cloud server C, or
the learning model server DS.

In operation 1509, the air conditioner A may receive the
recommended temperature, which is the result of applying
the current temperature to the learning model, from the
external device 1500 depending on the transmission of the
current temperature. In this case, the learning model may be
the learning model learned using the plurality of set tem-
peratures previously set in the air conditioner A and the
plurality of current temperatures.

In operation 1511, the air conditioner A may set the
received recommended temperature in the air conditioner.

The disclosed embodiments may be implemented as a
S/W program that includes instructions stored on a com-
puter-readable storage medium.

The computer is an apparatus which calls stored instruc-
tions from the storage medium and can be operated accord-
ing to the disclosed embodiment depending on the called
instructions, and may include the data learning server
according to the disclosed embodiments or the external
server communicatively connected to the data learning
server. Alternatively, the computer may include the air
conditioner or the external server communicatively con-
nected to the air conditioner, according to the disclosed
embodiments.

The computer-readable storage medium may be provided
in the form of a non-transitory storage medium. The ‘non-
transitory’ means that the storage medium does not include
a signal and a current, and is tangible, but the ‘non-
transitory’ does not distinguish whether data are semi-
permanently or temporarily stored in the storage medium.
By way of example, the non-transitory storage medium may
be temporarily stored media such as register, cache, and
buffer as well as non-transitory readable recording media
such as CD, DVD, hard disk, Blu-ray disk, USB, internal
memory, memory card, ROM, and RAM.

Furthermore, the method according to the disclosed
embodiments may be provided as a computer program
product.
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The computer program product may include a S/W pro-
gram, a computer-readable storage medium in which the
S/W program is stored, or a product traded between a seller
and a purchaser.

For example, a computer program product may include a
product (e.g., downloadable app) in the form of the software
program electronically distributed via the data learning
server, the manufacturer of the air conditioner or the elec-
tronic market (e.g., Google Play store, AppStore). For the
electronic distribution, at least a part of the software pro-
grams may be stored on a storage medium or may be
generated temporarily. In this case, the storage medium may
be a manufacturer or a server of an electronic market, or a
storage medium of a relay server.

Although embodiments of the disclosure have been illus-
trated and described, the disclosure is not limited to the
above-mentioned specific embodiment, but may be vari-
ously modified by those skilled in the art to which the
disclosure pertains without departing from the spirit and
scope of the disclosure as claimed in the claims. In addition,
such modifications should also be understood to fall within
the scope of the disclosure.

While the disclosure has been shown and described with
reference to various embodiments thereof, it will be under-
stood by those skilled in the art that various changes in form
and details may be made therein without departing from the
spirit and scope of the disclosure as defined by the appended
claims and their equivalents.

What is claimed is:

1. An air conditioner, comprising:

a blowing fan configured to discharge cooling air to an

outside;
a temperature sensor configured to sense a current tem-
perature around the air conditioner;
a display; and
at least one processor configured to:
obtain a recommended temperature, which is a result
obtained by applying the current temperature of the
air conditioner at a time of setting one of a plurality
of operation modes of the air conditioner, to a
learning model corresponding to a set operation
mode of the air conditioner,

control the display to display the obtained recom-
mended temperature, and

set the obtained recommended temperature in the air
conditioner,

wherein the learning model is a learning model learned to
identify the recommended temperature based on a
plurality of set temperatures previously set in the set
operation mode of the air conditioner and a plurality of
current temperatures previously sensed in the set opera-
tion mode of the air conditioner.

2. The air conditioner as claimed in claim 1, further

comprising:

a storage configured to store a plurality of learning models
for each operation mode of the air conditioner to
provide the recommended temperature to be set to an
air conditioner.

3. The air conditioner as claimed in claim 1, wherein the

at least one processor is further configured to:

acquire external environment information, and

input the external environment information to the learning
model to acquire the recommended temperature to be
set in the air conditioner.

4. A method for controlling of an air conditioner, the

method comprising:
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obtaining, by at least one processor, a recommended
temperature, which is a result obtained by applying a
current temperature of the air conditioner at a time of
setting one of a plurality of operation modes of the air
conditioner, to a learning model corresponding to a set
operation mode of the air conditioner;

displaying, on a display, the obtained recommended tem-
perature; and

setting, by the at least one processor, the obtained rec-
ommended temperature in the air conditioner,

wherein the learning model is a learning model learned to
identify the recommended temperature based on a
plurality of set temperatures previously set in the set
operation mode of the air conditioner and a plurality of
current temperatures previously sensed in the set opera-
tion mode of the air conditioner.

5. The method as claimed in claim 4,

wherein the air conditioner further comprises a plurality
of learning models for each operation mode of the air
conditioner to provide the recommended temperature
to be set to an air conditioner; and

wherein the obtaining of the recommended temperature
comprises:
acquiring a current temperature of the air conditioner
through a temperature sensor.

6. The method as claimed in claim 4, wherein the obtain-
ing of the recommended temperature comprises:

acquiring external environment information; and

inputting the external environment information to the
learning model to acquire the recommended tempera-
ture to be set in the air conditioner.

7. A user terminal controlling an air conditioner, the user
terminal comprising:
a display configured to display a screen;

a communicator configured to communicate with an
external device;

an input receiver configured to receive a user input; and
at least one processor configured to:

control the communicator to transmit an artificial intel-
ligence operation request signal corresponding to an
artificial intelligence operation UI to the air condi-
tioner in response to a user input signal depending on
a user input selecting the artificial intelligence opera-
tion Ul included in the screen being received via the
input receiver, and

control the display to display a recommended tempera-
ture in response to the recommended temperature set
in the air conditioner, which is a result obtained by
applying a current temperature of the air conditioner
at a time of setting one of a plurality of operation
modes of the air conditioner, to a learning model
corresponding to a set operation mode of the air
conditioner, depending on the artificial intelligence
operation request signal, being acquired via the
communicator.

8. The user terminal as claimed in claim 7, wherein the at
least one processor is further configured to control the
display to display temperature previously set in the air
conditioner at the current temperature, together with the
recommended temperature.
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