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A model compression method includes: performing a model pruning operation upon an original model
with deep neural network architecture to generate a compressed model, feeding a same test data into the
original model and the compressed model, estimating similarity between a first output data obtained from
processing the test data by the original model and a second output data obtained from processing the test
data by the compressed model, and determining how to further adjust the model pruning operation through

reinforcement learning that uses the similarity as a reward.
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A model compression method includes: performing a model pruning operation
upon an original model with deep neural network architecture to generate a
compressed model, feeding a same test data into the original model and the
compressed model, estimating similarity between a first output data obtained from
processing the test data by the original model and a second output data obtained from
processing the test data by the compressed model, and determining how to further
adjust the model pruning operation through reinforcement learning that uses the

similarity as a reward.
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