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1
WORKPIECE INSPECTION AND DEFECT
DETECTION SYSTEM UTILIZING COLOR
CHANNELS

FIELD

This disclosure relates to workpiece inspection systems,
and more particularly to precision metrology systems for
inspecting workpieces and detecting defects.

BACKGROUND

Certain precision metrology systems such as machine
vision inspection systems (or “vision systems” for short)
may be utilized to obtain images of workpieces for inspec-
tion. Such systems may be utilized for various types of
applications (e.g., general workpiece inspection, metrology
applications for determining precise dimensional measure-
ments of workpieces, etc.) Some such systems may gener-
ally include a computer, a camera and optical system. In
certain configurations, a movement mechanism (e.g., a pre-
cision stage, a conveyor, etc.) may be included that moves
to allow workpiece traversal and inspection. One exemplary
prior art machine vision inspection system is the QUICK
VISION® series of PC-based vision systems and QVPAK®
software available from Mitutoyo America Corporation
(MACQ), located in Aurora, I11. The features and operation of
the QUICK VISION® series of vision systems and the
QVPAK® software are generally described, for example, in
the QVPAK 3D CNC Vision Measuring Machine User’s
Guide, published January 2003, which is hereby incorpo-
rated herein by reference in its entirety. This type of system
uses a microscope-type optical system and moves the stage
to provide inspection images of workpieces.

Such metrology systems have typically faced various
types of challenges for inspecting workpieces (e.g., due to
variations in the types of materials and/or surfaces of the
workpieces being inspected, changing inspection conditions,
etc.) A system that can provide improvements with respect
to such issues for certain types of inspection operations (e.g.,
for workpiece defect detection and/or improved accuracy for
detecting defects, etc.) would be desirable.

BRIEF SUMMARY

This summary is provided to introduce a selection of
concepts in a simplified form that are further described
below in the Detailed Description. This summary is not
intended to identify key features of the claimed subject
matter, nor is it intended to be used as an aid in determining
the scope of the claimed subject matter.

A workpiece inspection and defect detection system is
provided including a light source configuration, a lens
configuration, a camera configuration that receives imaging
light transmitted along the imaging optical path for provid-
ing workpiece images, one or more processors, and a
memory. The light source configuration is configured to
provide a plurality of color channels, with each color chan-
nel corresponding to a different color. The lens configuration
inputs image light arising from a surface of a workpiece
which is illuminated by the light source configuration, and
transmits the image light along an imaging optical path. The
camera configuration receives imaging light transmitted
along the imaging optical path for providing workpiece
images.

The memory is coupled to the one or more processors and
stores program instructions that when executed by the one or
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more processors cause the one or more processors to at least:
acquire training mode workpiece images for acquiring a
plurality of sets of training mode workpiece image data,
wherein each set of training mode workpiece image data
comprises first color channel training mode workpiece
image data corresponding to a first color channel, and
second color channel training mode workpiece image data
corresponding to a second color channel; train a defect
detection portion based at least in part on the plurality of sets
of training mode workpiece image data; acquire run mode
workpiece images for acquiring a plurality of sets of run
mode workpiece image data, wherein each set of run mode
workpiece image data comprises first color channel run
mode workpiece image data corresponding to the first color
channel, and second color channel run mode workpiece
image data corresponding to the second color channel; and
utilize the trained defect detection portion to perform analy-
sis that is based at least in part on the plurality of sets of run
mode workpiece image data to determine defect images that
include workpieces with defects.

In various implementations, the training of the defect
detection portion based at least in part on the plurality of sets
of training mode workpiece image data comprises, for each
set of training mode workpiece image data, utilizing the
corresponding first and second color channel training mode
workpiece image data to generate corresponding training
mode synthetic image data that is utilized to train the defect
detection portion; and the utilizing of the trained defect
detection portion to perform analysis that is based at least in
part on the plurality of sets of run mode workpiece image
data to determine defect images that include workpieces
with defects comprises, for each set of run mode workpiece
image data, utilizing the corresponding first and second
color channel run mode workpiece image data to generate
corresponding run mode synthetic image data that is ana-
lyzed by the trained defect detection portion.

In various implementations, for each set of training mode
workpiece image data, a plurality of ratios are determined
between the corresponding first and second color channel
training mode workpiece image data; and for each set of run
mode workpiece image data, a plurality of ratios are deter-
mined between the corresponding first and second color
channel run mode workpiece image data. In various imple-
mentations, the image data for each image as described
herein comprises a plurality of pixel values, with each pixel
value (e.g., comprising a brightness value) corresponding to
a pixel of the image. Pixels in a same location or otherwise
imaging a same surface point on a workpiece in different
images may be designated as corresponding pixels between
the images with different corresponding pixel values (e.g.,
for which the different corresponding pixel values may
result from the different color light utilized to illuminate the
workpiece for each image). In various implementations, the
determining of the plurality of ratios between the corre-
sponding first and second color channel training mode
workpiece image data comprises, for each pixel value of the
corresponding first color channel training mode workpiece
image data, determining a ratio between that pixel value and
a corresponding pixel value of the corresponding second
color channel training mode workpiece image data; and the
determining of the plurality of ratios between the corre-
sponding first and second color channel run mode workpiece
image data comprises, for each pixel value of the corre-
sponding first color channel run mode workpiece image
data, determining a ratio between that pixel value and a
corresponding pixel value of the corresponding second color
channel run mode workpiece image data. In various imple-
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mentations, the training of the defect detection portion based
at least in part on the plurality of sets of training mode
workpiece image data comprises, for each set of training
mode workpiece image data, utilizing the ratios of the pixel
values of the corresponding first and second color channel
training mode workpiece image data to determine corre-
sponding pixel values for corresponding training mode
synthetic image data that is utilized for training the defect
detection portion; and the utilizing of the trained defect
detection portion to perform analysis that is based at least in
part on the plurality of sets of run mode workpiece image
data to determine defect images that include workpieces
with defects comprises, for each set of run mode workpiece
image data, utilizing the ratios of the pixel values of the
corresponding first and second color channel run mode
workpiece image data to determine corresponding pixel
values for corresponding run mode synthetic image data that
is analyzed by the trained defect detection portion.

In various implementations, the light source configuration
comprises a first light source for providing first color light
for the first color channel and a second light source for
providing second color light for the second color channel,
for which the first and second color light correspond to
different wavelengths of light. In various implementations,
the first light source is a first light emitting diode and the
second light source is a second light emitting diode.

In various implementations, at least some workpieces that
are inspected include first and second materials for which a
presence of exposed second material in an image corre-
sponds to a defect that is detectable by the trained defect
detection portion.

In various implementations, at least some workpieces that
are inspected include first and second materials for which
the first and second materials have first and second reflec-
tance profiles such that a reflectance of the first material is
greater than a reflectance of the second material for a first
color light that corresponds to the first color channel, and the
reflectance of the second material is greater than or equal to
the reflectance of the first material for a second color light
that corresponds to the second color channel. The compo-
nents of the light source configuration may be selected to
provide the wavelengths of the first and second color light
based at least in part on the reflectance profiles of the first
and second materials. In various implementations, the light
source configuration is configured to provide the first and
second color light, and is also configured to provide a third
color light for a third color channel, for which: the first and
second color light is selected to be utilized and the third
color light is not selected to be utilized for inspecting
workpieces with the first and second materials based on the
reflectance profiles of the first and second materials. In
various implementations, the third color light is selected to
be utilized for inspecting workpieces with a third material
based on a reflectance profile of the third material which is
different than the first and second reflectance profiles.

In various implementations, for each set of training mode
workpiece image data, the corresponding first and second
color channel training mode workpiece image data are
produced by respective first and second camera image
planes; and for each set of run mode workpiece image data,
the corresponding first and second color channel run mode
workpiece image data are produced by respective first and
second camera image planes.

In various implementations, the program instructions
when executed by the one or more processors further cause
the one or more processors to: perform one or more metrol-
ogy operations using one or more defect images.
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In various implementations, a method (e.g., a computer-
implemented method operated under control of one or more
computing systems configured with executable instructions)
may be provided of operating a workpiece inspection and
defect detection system, the method comprising: acquiring
training mode workpiece images for acquiring a plurality of
sets of training mode workpiece image data, wherein each
set of training mode workpiece image data comprises first
color channel training mode workpiece image data corre-
sponding to a first color channel, and second color channel
training mode workpiece image data corresponding to a
second color channel; training a defect detection portion
based at least in part on the plurality of sets of training mode
workpiece image data; acquiring run mode workpiece
images for acquiring a plurality of sets of run mode work-
piece image data, wherein each set of run mode workpiece
image data comprises first color channel run mode work-
piece image data corresponding to the first color channel,
and second color channel run mode workpiece image data
corresponding to the second color channel; and utilizing the
trained defect detection portion to perform analysis that is
based at least in part on the plurality of sets of run mode
workpiece image data to determine defect images that
include workpieces with defects.

In various implementations, a workpiece inspection and
defect detection system may be provided that is configured
to: acquire training mode workpiece images for acquiring a
plurality of sets of training mode workpiece image data,
wherein each set of training mode workpiece image data
comprises first color channel training mode workpiece
image data corresponding to a first color channel, and
second color channel training mode workpiece image data
corresponding to a second color channel; train a defect
detection portion based at least in part on the plurality of sets
of training mode workpiece image data; acquire run mode
workpiece images for acquiring a plurality of sets of run
mode workpiece image data, wherein each set of run mode
workpiece image data comprises first color channel run
mode workpiece image data corresponding to the first color
channel, and second color channel run mode workpiece
image data corresponding to the second color channel; and
utilize the trained defect detection portion to perform analy-
sis that is based at least in part on the plurality of sets of run
mode workpiece image data to determine defect images that
include workpieces with defects.

BRIEF DESCRIPTION OF THE DRAWINGS

The foregoing aspects and many of the attendant advan-
tages of this invention will become more readily appreciated
as the same become better understood by reference to the
following detailed description, when taken in conjunction
with the accompanying drawings, wherein:

FIG. 1 is a diagram showing various components of one
implementation of a workpiece inspection and defect detec-
tion system.

FIG. 2 is a block diagram of a control system portion and
a vision components portion of a workpiece inspection and
defect detection system similar to that of FIG. 1 and includ-
ing certain features disclosed herein.

FIGS. 3A-3F are examples of images of portions of
workpieces that do not include defects, as may be acquired
using a workpiece inspection and defect detection system
similar to that of FIG. 1.
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FIGS. 4A-4E are examples of images of portions of
workpieces that include defects, as may be acquired using a
workpiece inspection and defect detection system similar to
that of FIG. 1.

FIGS. 5A-5D are examples of images of similar portions
of workpieces, with and without defects, as may be acquired
using a workpiece inspection and defect detection system
similar to that of FIG. 1.

FIG. 6 is a diagram illustrating utilization of one or more
video tools for performing metrology operations on an
image of a workpiece that includes a defect.

FIGS. 7A-7C are examples of images of a portion of a
workpiece that includes defects, as may be acquired using a
workpiece inspection and defect detection system similar to
that of FIG. 1; FIG. 7D is an example of a synthetic image
generated based on the images of FIGS. 7A-7C; and FIG. 7E
is an example of an image of a defect mask.

FIGS. 8A-8C are examples of images of portions of a
workpiece that includes defects, as may be acquired using a
workpiece inspection and defect detection system similar to
that of FIG. 1;

FIG. 8D is an example of a synthetic image generated
based on the images of FIGS. 8A-8C;

FIG. 8E is an example of an image of a defect mask; and

FIG. 8F is an example of a synthetic image generated
based on the images of FIGS. 8A and 8C.

FIG. 9 is a diagram illustrating utilization of one or more
video tools for performing metrology operations on an
image of a workpiece that includes a defect.

FIG. 10 shows a flow diagram of a method for operating
a workpiece inspection and defect detection system similar
to that of FIG. 1.

DETAILED DESCRIPTION

FIG. 1 is a block diagram of an exemplary workpiece
inspection and defect detection system 10. In the example of
FIG. 1, the workpiece inspection and defect detection sys-
tem 10 may include, be part of, or in some instances
alternatively be referenced as, a machine vision inspection
system. The workpiece inspection and defect detection sys-
tem 10 includes a vision inspection machine 12 that is
operably connected to exchange data and control signals
with a controlling computer system 14. The controlling
computer system 14 is further operably connected to
exchange data and control signals with a monitor or display
16, a printer 18, a joystick 22, a keyboard 24, and a mouse
26. The monitor or display 16 may display a user interface
suitable for controlling and/or programming the operations
of the workpiece inspection and defect detection system 10.
It will be appreciated that in various exemplary implemen-
tations, a touchscreen tablet and/or similar devices or the
like may be substituted for and/or redundantly provide the
functions of any or all of the elements 14, 16, 22, 24 and 26.

Those skilled in the art will appreciate that the controlling
computer system 14 and/or other control systems described
herein may generally be implemented using any suitable
computing system or device, including distributed or net-
worked computing environments, and the like. Such com-
puting systems or devices may include one or more general-
purpose or special-purpose processors (e.g., non-custom or
custom devices) that execute software to perform the func-
tions described herein. Software may be stored in memory,
such as random-access memory (RAM), read-only memory
(ROM), flash memory, or the like, or a combination of such
components. Software may also be stored in one or more
storage devices, such as optical-based disks, flash memory
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devices, or any other type of non-volatile storage medium
for storing data. Software may include one or more program
modules that include routines, programs, objects, compo-
nents, data structures, and so on that perform particular tasks
or implement particular abstract data types. In distributed
computing environments, the functionality of the program
modules may be combined or distributed across multiple
computing systems or devices and accessed via service calls,
either in a wired or wireless configuration.

The vision inspection machine 12 includes a moveable
workpiece stage 32 and an optical imaging system 34 with
a lens configuration that may include a zoom lens or
interchangeable objective lenses. The zoom lens or inter-
changeable objective lenses generally provide various mag-
nifications for the images provided by the optical imaging
system 34. Various exemplary implementations of the vision
inspection machine 12 are also described in U.S. Pat. Nos.
7,454,053; 7,324,682; 8,111,905; and 8,111,938, each of
which is hereby incorporated herein by reference in its
entirety.

As some examples of possible system components, the
camera configuration of the optical imaging system 34 of the
workpiece inspection and defect detection system 10 may
include a monochrome camera, with different respective
colored Light Emitting Diodes (LEDs) being utilized in the
system for different color channels. In other implementa-
tions, a Red, Green, Blue (RGB) camera, or a two or three
sensor camera may be utilized that is capable of distinguish-
ing/producing images for different wavelengths. In such
instances, rather than illuminating the workpiece at different
times with the different LEDs, a white light source may be
utilized (e.g., with a beam splitter and narrowband color
filters) for implementing the different color channels. In
some implementations, it may be desirable to produce the
images more quickly, for which a multiple image sensor
camera etc. may be advantageous (e.g., rather than capturing
each color image at a different time). In various implemen-
tations, a workpiece inspection and defect detection system
may include, utilize and/or receive data from multiple cam-
era configurations and/or other components as described
herein (e.g., as part of a single vision inspection machine or
multiple vision inspection machines or components thereof
and/or computer systems etc., as parts of the workpiece
inspection and defect detection system).

FIG. 2 is a block diagram of a control system portion 120
and a vision components portion 200 of a workpiece inspec-
tion and defect detection system 100 similar to the work-
piece inspection and defect detection system of FIG. 1,
including certain features disclosed herein. As will be
described in more detail below, the control system portion
120 is utilized to control the vision components portion 200.
The control system portion 120 may be arranged to
exchange data and control signals with the vision compo-
nents portion 200. The vision components portion 200
includes an optical assembly portion 205, light sources 220,
230, 240, 300, and a workpiece stage 210 having a central
transparent portion 212. The workpiece stage 210 is con-
trollably movable along x- and y-axes that lie in a plane that
is generally parallel to the surface of the stage where a
workpiece 20 may be positioned.

The optical assembly portion 205 includes a camera
configuration 260 (e.g., including one or more cameras
and/or various camera components) and a lens configuration
with an interchangeable objective lens 250. In some imple-
mentations, the lens configuration of the optical assembly
portion 205 may optionally include a variable focal length
(VFL) lens, e.g., a tunable acoustic gradient (TAG) such as
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that disclosed in U.S. Pat. No. 9,143,674, which is hereby
incorporated herein by reference in its entirety.

In various exemplary implementations, the lens configu-
ration of the optical assembly portion 205 may further
include a turret lens assembly 280 having lenses 286 and
288. As an alternative to the turret lens assembly, in various
exemplary implementations a fixed or manually inter-
changeable magnification-altering lens, or a zoom lens con-
figuration, or the like, may be included. In various exem-
plary implementations, the interchangeable objective lens
250 may be selected from a set of fixed magnification
objective lenses that are included as part of the variable
magnification lens portion (e.g., a set of objective lenses
corresponding to magnifications such as 0.5x, 1x, 2x or
2.5%, 5%, 10x, 20x or 25x%, 50x, 100x, etc.).

The optical assembly portion 205 is controllably movable
along a z-axis that is generally orthogonal to the x- and
y-axes by using a controllable motor 294 that drives an
actuator to move the optical assembly portion 205 along the
z-axis to change the focus of the image of the workpiece 20.
The controllable motor 294 is connected to an input/output
interface 130 via a signal line 296, to change the focus of the
image over a certain range. A workpiece 20 may be placed
on the workpiece stage 210. The workpiece stage 210 may
be controlled to move relative to the optical assembly
portion 205, such that the field of view of the interchange-
able objective lens 250 moves between locations on the
workpiece 20, and/or among a plurality of workpieces 20.

One or more of a stage light source 220, a coaxial light
source 230, and a surface light source 240 (e.g., a ring light)
may emit source light 222, 232, and/or 242, respectively, to
illuminate the workpiece or workpieces 20. For example,
during an image exposure, the coaxial light source 230 may
emit source light 232 along a path including a beam splitter
290 (e.g., a partial mirror). The source light 232 is reflected
or transmitted as workpiece light 255, and the workpiece
light used for imaging passes through the interchangeable
objective lens 250 and the turret lens assembly 280 and is
gathered by the camera configuration 260 (e.g., including a
camera). A workpiece image exposure which includes the
image of the workpiece(s) 20, is captured by the camera
configuration 260, and is output on a signal line 262 to the
control system portion 120.

In various implementations, one or more of the light
sources 220, 230, 240 or 300 may include a plurality of light
sources (e.g., as part of a light source configuration). For
example, in one implementation the light source 230 may
include two or three light sources (e.g., such as two or three
LEDs, such as red, green and/or blue LEDs), for which the
source light 232 may include light from whichever of the
light sources is currently turned on. As will be described in
more detail below, as part of such a light source configura-
tion, a first light source may correspond to a first color
channel (e.g., a blue LED may correspond to a blue color
channel) and a second light source may correspond to a
second color channel (e.g., a red LED may correspond to a
red color channel), etc., for which the different color chan-
nels may be utilized for producing different color channel
image data, etc.

Various light sources (e.g., the light sources 220, 230,
240, 300) may be connected to a lighting control interface
133 of the control system portion 120 through associated
signal lines (e.g., the busses 221, 231, 241, 331, respec-
tively). The control system portion 120 may control the
turret lens assembly 280 to rotate along axis 284 to select a
turret lens through a signal line or bus 281 to alter an image
magnification.
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As shown in FIG. 2, in various exemplary implementa-
tions, the control system portion 120 includes a controller
125, the input/output interface 130, a memory 140, a work-
piece program generator and executor 170, and a power
supply portion 190. Each of these components, as well as the
additional components described below, may be intercon-
nected by one or more data/control busses and/or application
programming interfaces, or by direct connections between
the various elements. The input/output interface 130
includes an imaging control interface 131, a motion control
interface 132, a lighting control interface 133, and the lens
control interface 134.

The lighting control interface 133 may include lighting
control elements 133a-133#, that control, for example, the
selection, power, and on/off switch for the various corre-
sponding light sources of the workpiece inspection and
defect detection system 100. The lighting control interface
133 also includes a lighting control element 133sip that, in
the illustrated embodiment, may work in conjunction with a
structured illumination pattern (SIP) generating portion 300
to provide structured illumination during image acquisitions.
In various implementations, a projected pattern may be
output from the SIP generating portion 300 to be input to the
beamsplitter 290, where it is directed as coaxial light
through the objective lens 250 to provide SIP structured light
232' to illuminate the field of view, and for which the SIP
structured light 232' is reflected from the workpiece 20 as
workpiece light 255'.

The memory 140 may include an image file memory
portion 141, a defect detection portion 140dp, a workpiece
program memory portion 142 that may include one or more
part programs, or the like, and a video tool portion 143. The
video tool portion 143 includes video tool portion 143a and
other video tool portions (e.g., 143%) that determine the
GUI, image-processing operation, etc., for each of the
corresponding video tools, and a region of interest (ROI)
generator 143roi that supports automatic, semi-automatic,
and/or manual operations that define various ROIs that are
operable in various video tools included in the video tool
portion 143. Examples of the operations of such video tools
for locating edge features and performing other workpiece
feature inspection operations are described in more detail in
certain of the previously incorporated references, as well as
in U.S. Pat. No. 7,627,162, which is hereby incorporated
herein by reference in its entirety.

The video tool portion 143 also includes an autofocus
video tool 143af that determines the GUI, image-processing
operation, etc., for focus height measurement operations. In
various exemplary implementations, the autofocus video
tool 143af may additionally include a high-speed focus
height tool that may be utilized to measure focus heights
with high speed using hardware, as described in more detail
in U.S. Pat. No. 9,143,674, which is hereby incorporated
herein by reference in its entirety. In various exemplary
implementations, the high-speed focus height tool may be a
special mode of the autofocus video tool 1434/ that may
otherwise operate according to conventional methods for
autofocus video tools, or the operations of the autofocus
video tool 143af may only include those of the high-speed
focus height tool. High-speed autofocus and/or focus posi-
tion determination for an image region or regions of interest
may be based on analyzing the image to determine a
corresponding quantitative contrast metric for various
regions, according to known methods. For example, such
methods are disclosed in U.S. Pat. Nos. 8,111,905; 7,570,
795; and 7,030,351, which are each hereby incorporated
herein by reference in their entirety.
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In the context of this disclosure, and as is known by one
of ordinary skill in the art, the term “video tool” generally
refers to a relatively complex set of automatic or pro-
grammed operations that a machine vision user can imple-
ment through a relatively simple user interface. For
example, a video tool may include a complex pre-pro-
grammed set of image-processing operations and computa-
tions that are applied and customized in a particular instance
by adjusting a few variables or parameters that govern the
operations and computations. In addition to the underlying
operations and computations, the video tool comprises the
user interface that allows the user to adjust those parameters
for a particular instance of the video tool. It should be noted
that the visible user interface features are sometimes referred
to as the video tool, with the underlying operations being
included implicitly.

One or more display devices 136 (e.g., the display 16 of
FIG. 1) and one or more input devices 138 (e.g., the joystick
22, keyboard 24, and mouse 26 of FIG. 1) may be connected
to the input/output interface 130. The display devices 136
and input devices 138 may be used to display a user interface
that may include various graphical user interface (GUI)
features that are usable to perform inspection operations,
and/or to create and/or modify part programs, to view the
images captured by the camera configuration 260, and/or to
directly control the vision components portion 200.

In various exemplary implementations, when a user uti-
lizes the workpiece inspection and defect detection system
100 to create a part program for the workpiece 20, the user
generates part program instructions by operating the work-
piece inspection and defect detection system 100 in a
training mode to provide a desired image-acquisition train-
ing sequence. For example, a training sequence may com-
prise positioning a particular workpiece feature of a repre-
sentative workpiece in the field of view (FOV), setting light
levels, focusing or autofocusing, acquiring an image, and
providing an inspection training sequence applied to the
image (e.g., using an instance of one of the video tools on
that workpiece feature). The training mode operates such
that the sequence(s) are captured or recorded and converted
to corresponding part program instructions. These instruc-
tions, when the part program is executed, will cause the
workpiece inspection and defect detection system to repro-
duce the trained image acquisition and cause inspection
operations to automatically inspect that particular workpiece
feature (i.e., that is the corresponding feature in the corre-
sponding location) on a run mode workpiece, or workpieces,
which matches the representative workpiece used when
creating the part program. In various exemplary implemen-
tations, certain types of training modes may also or alter-
natively be utilized (e.g., a training mode for training a
defect detection portion for detecting defects, a training
mode for training an anomaly detector portion to detect
anomalous images that are not acceptable for defect detec-
tion processes, etc.). In various implementations, a training
mode may also or alternatively be referenced as a learn
mode.

The video tool portion 143 also includes Z-height mea-
surement tools portion 143z, which provides various opera-
tions and features related to Z-height measurement opera-
tions. In one implementation, the Z-height measurement
tools portion 143z may include Z-height tools 143zz. The
Z-height tools 143z may include an autofocus tool 143af,
and a multipoint autofocus tool 143maf, for example. The
Z-height tools 143z¢ may govern certain aspects of image
stack acquisition and related illumination operations in
conjunction with the Z-height tools that are configured in a
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mode that determines best focus heights and/or Z-height
measurements. In general, the Z-height measurement tools
portion 143z may perform at least some operations similarly
to known Z-height measurement tools, for example, per-
forming operations in a training mode and/or run mode or
other mode, for generating all or part of a focus curve, and
finding its peak as a best focus position. For example, certain
known operations for Z-height measurement tools are
described in U.S. Pat. No. 10,520,301, which is hereby
incorporated herein by reference in its entirety.

The defect detection portion 140dp performs various
defect detection operations, as will be described in more
detail below. In various implementations, the defect detec-
tion portion 140dp utilizes models that require training data
(e.g., training images). For example, the defect detection
portion 140dp may be trained using a set of training images
captured using specified imaging, lighting and workpiece
conditions. In various exemplary implementations, the mod-
els may be supervised (e.g., artificial intelligence (Al), etc.)
models. The defect detection portion 140dp processes image
data corresponding to labeled images of defects (e.g., as
labeled by a user and/or automated process) to train a
classification model, which in various implementations may
be an Al classification model.

In various exemplary implementations, the defect detec-
tion portion 140dp may implement a defect detection pro-
cess that is performed along with a metrology process. In
various implementations, it may be desirable to include the
defect detection portion 140dp in a workpiece inspection
and defect detection system similar to the workpiece inspec-
tion and defect detection system 100 of FIG. 1, which is
configured to perform a metrology process, because the
system can generate image data that are input to the defect
detection process implemented by the defect detection por-
tion 140dp. Accordingly, a single machine is configured to
perform both a metrology process and a defect detection
process, which can provide advantages over conventional
metrology systems. For example, if a defect is detected in a
workpiece while the defect detection process is performed,
there may be no reason to perform the metrology process on
the workpiece, which can save time. More specifically, if a
defect is detected in a workpiece while the defect detection
process is performed, it may not be necessary to measure a
clearly defective part. Thus, it may be advantageous to
perform the defect detection process prior to starting the
metrology process.

Also, some defects might warrant further metrology or
inspection to determine additional defect parameters. For
example, a 2D image could enable a likely defect to be
quickly recognized and enable an XY position of the defect
and an approximate XY area of the defect to be quickly
ascertained. If the 3D nature of a potential defect is impor-
tant, the defect detection portion 140dp may cause addi-
tional processing (e.g., metrology operations) to be per-
formed to determine whether the potential defect is an actual
defect. For example, if a scratch in a surface of a workpiece
must be deeper than a particular threshold value to be
considered a defect, the defect detection portion 140dp
could cause a more time consuming 3D point cloud of the
affected region to be acquired (e.g., utilizing a z-height
measurement tools portion 143z), to learn if the depth of the
scratch is sufficient to cause the part to be rejected. In
various implementations, different actions may be per-
formed (e.g., as may be programmed to automatically occur)
as a result of an initial defect classification, such as (1)
continue with a standard metrology process, (2) stop or
pause the defect detection process and perform a metrology
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process that includes more informative measures of the
potential defect (e.g., 3D, different lighting, touch probe
measurements such as surface roughness, etc.), (3) send the
workpiece to scrap (e.g., discard or recycle workpiece), (4)
send the workpiece for additional human inspection, (5)
provide feedback to a production line that indicates some-
thing may be wrong with the machinery or process, etc.

In various exemplary implementations, the defect detec-
tion portion 140dp of the memory 140 stores model data and
program instructions for various tools and algorithms of a
defect detection system that can be used to infer whether
various types of defects are present in an image of a
workpiece (i.e., as indicating a defect on a portion of the
workpiece surface that is included in the image). While the
workpiece inspection and defect detection system is oper-
ated in a training or learning mode, the defect detection
system uses image data from a set of training images
including defect and non-defect images for training the
defect detection portion 140dp. The set of training images is
captured using specified imaging, lighting, and workpiece
conditions. After the defect detection portion 140dp is
initially trained, the defect detection portion 140dp is oper-
ated in a run mode (e.g., utilizing the same specified
imaging, lighting, and workpiece conditions) to infer
whether a defect is included in new, previously unseen
workpiece image, and to correspondingly classify each
workpiece image as a defect or non-defect image.

As will be described in more detail below, FIGS. 3A-3F,
4A-4E, 5A-5D, 7A-7E, and 8A-8F show examples of some
workpiece images that may be acquired by the workpiece
inspection and defect detection system 100 and for which
the image data may in some implementations be utilized to
train the defect detection portion 140dp (e.g., as training
images and/or testing images) during a training mode (and/
or some of the images may be examples of workpiece
images that are later acquired by the workpiece inspection
and defect detection system 100 during a run mode and may
be analyzed by the trained defect detection portion 140dp).

In particular, the example workpiece images of FIGS.
3A-3F and 4A-4E are of different sections (i.e., at different
XY locations) on machined aluminum plates, and for which
FIGS. 3A-3F show examples of non-defect images and
FIGS. 4A-4E show examples of defect images (e.g., for
which a set of training images will typically include a
number of both defect and non-defect workpiece images), as
will be described in more detail below. The differences
between the images help illustrate in part why it may be
desirable to utilize a number of training images for training
the defect detection portion 140dp. More specifically, due in
part to different possible characteristics of different work-
piece images that may be acquired for inspecting a type of
workpiece (e.g., as illustrated by the differences between the
workpiece images FIGS. 3A-3F and 4A-4F for inspecting a
type of machined aluminum plate), the accuracy of the
defect detection portion 140dp for detecting defects may be
improved by utilizing a variety of workpiece images for the
training that may be similar to a variety of images that may
later be acquired during a run mode and/or that may other-
wise better enable detection of defects in such images. For
example, in specific regard to the examples of FIGS. 3A-3F,
4A-4E and 5A-5D, such training may help the defect detec-
tion portion 140dp distinguish between the defects (e.g.,
which in the illustrated examples may include a variety of
different types of scratch defects, etc.) and the features of
normal workpiece surfaces (e.g., which in the illustrated
examples may include a variety of different types of machin-
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ing marks formed on the plate surfaces which appear as a
hashed texture that normally varies across the surface, etc.)

As noted above, FIGS. 3A-3F and 4A-4E are examples of
workpiece images of sections of workpieces which are
relatively “flat” machined aluminum plates. Each image is
taken from a same angular view point (e.g., directly over-
head at a 90 degree angle to the plate) but each at a different
XY location on a plate. Each image shows a view that is
about 2.5 millimeters by 1.9 millimeters (XY) of a surface
of the plates. Accordingly, each image shows a magnified
view of a portion of a surface of a plate. Machining marks
formed on a plate surface create a hashed texture that
normally varies across the surface. In the images, at such a
magnified scale, the relatively flat plate may not appear to be
flat. In the current example, the height of some of the hashed
machining mark ridges may be approximately 5 microm-
eters or less.

The sections of the machined aluminum plates shown in
FIGS. 3A-3F do not include defects. In other words, FIGS.
3A-3F show examples of images of sections of the machined
aluminum plate that are “non-defect”. In contrast, FIGS.
4A-4E show examples of images of sections of workpieces
that include defects. The images shown in FIGS. 4A-4F are
similar to those shown in FIGS. 3A-3F, except that the
images of FIGS. 4A-4E include defects that are formed on
surfaces of machined aluminum plates. The defects in these
examples are scratches formed in the surfaces of the
machined aluminum plates. More specifically, FIG. 4A
illustrates scratch defects 402A1 and 402A2, FIG. 4B illus-
trates scratch defects 402B1 and 402B2, FIG. 4C illustrates
scratch defects 402C1 and 402C2, FIG. 4D illustrates a
scratch defect 402D, and FIG. 4E illustrates scratch defects
402E1 and 402E2. As noted above, the variety of charac-
teristics of the defects and workpiece surfaces illustrated in
FIGS. 3A-3F and 4A-4E helps illustrate in part why it may
be desirable to utilize a number of training images for
training the defect detection portion 140dp (e.g., for which
the set of training images will typically include a number of
defect and non-defect workpiece images).

FIGS. 5A-5D are examples of images of similar portions
of workpieces, with and without defects, as may be acquired
using a workpiece inspection and defect detection system
similar to that of FIG. 1. FIG. 5A shows an example section
of a plate that may be classified as “non-defect”. FIGS.
5B-5D show examples of images of similar sections of
similar plates that may be classified as “defect”, wherein
each of the images includes a scratch defect (e.g., including
the respective scratch defects 502B, 502C and 502D). In the
examples of FIGS. 5A-5D, the images are of similar por-
tions of workpieces (e.g., for which the types of machining
marks formed on the surfaces of the portions are similar or
nominally the same in each image and the primary difference
between the images is the characteristics of the respective
scratch defects 502B, 502C and 502D). In one example
implementation, the images of FIGS. 5A-5C may be
included as part of a training set of images for training the
defect detection portion 140dp.

The image of FIG. 5D may be an example of a run mode
image which may be analyzed by the defect detection
portion 140dp to determine if it should be classified as a
defect image or a non-defect image. In various implemen-
tations, the defect detection portion 140dp may have been
well trained for being able to properly classify the image of
FIG. 5D as a defect image (e.g., as having been trained by
the training images of FIGS. 5A-5C including the similar
portions of workpieces and scratch defects 502B and 502C
having certain similar characteristics as the scratch defect
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502D). In various implementations, certain additional pro-
cesses may be performed with respect to the example scratch
defect 502D. For example, one or more metrology processes
may be performed in conjunction with the defect detection
process, for which various dimensions or other characteris-
tics of the example scratch defect 502D may be determined,
as will be described in more detail below with respect to
FIG. 6.

FIG. 6 is a diagram illustrating utilization of one or more
video tools for performing metrology operations on an
image of a workpiece that includes a defect (e.g., for
determining dimensions of the defect, etc.) As illustrated, for
an image 601 (e.g., which may be similar or the same as the
image of FIG. 5D) that includes a scratch defect 602 (e.g.,
which may be similar or the same as the scratch defect
502D), a video box tool 606 includes scan lines 608 (e.g.,
which may also or alternatively be representative of video
point tools, etc.) which are utilized for determining the edge
locations, dimensions, and/or other aspects of the scratch
defect 602. In various exemplary implementations, the video
box tool 606 may be sized, positioned and rotated, until the
box tool 606 is indicative of, or defines, the region of interest
(e.g., the area within the box tool 606), and the arrows
shown in FIG. 6 (e.g., representative of scan lines, point
tools, etc.) may be utilized to determine the edge(s) of the
scratch defect 602. In various exemplary embodiments, the
video box tool 606 may generally use one or more conven-
tional edge gradient(s) along the edge(s) of the defect 602 in
the region of interest, and the edge(s) of the defect 602 may
be determined based on the local magnitudes of the edge
gradient(s) along the various scan lines 608, etc.

In various exemplary implementations, such metrology
operations may also include performing certain morphologi-
cal filtering or other filtering (e.g., to distinguish the edges
of the scratch from the machined pattern of the workpiece,
for which certain types of such filtering are described in U.S.
Pat. No. 7,522,763, which is hereby incorporated herein by
reference in its entirety). As shown in FIG. 6, in the display
area included in the image, the box tool 606 with the scan
lines 608 is utilized to determine the edge locations (e.g., the
outer edges or perimeter) of the scratch defect 602. Based on
such determinations, the video tool and/or other metrology
operations may include determining a dimension D1 of the
scratch defect (e.g., corresponding to a length or other
dimension of the scratch defect 602). In various exemplary
implementations, the box tool 606, scan lines 608 and/or
other video tools and/or metrology operations may be uti-
lized to determine other dimensions of the scratch defect 602
(e.g., width, depth, etc.) For example, as described above,
the video tool portion 143 may include a Z-height measure-
ment tools portion 143z, for which a corresponding video
tool or operations may be utilized for determining the
Z-height dimensions of the scratch defect (e.g., including
determining the depth of the scratch relative to other por-
tions or features of the workpiece surface, etc.).

As part of the general operations of the defect detection
portion, some defects that are detected may warrant further
metrology or inspection to determine additional defect
parameters. For example, as noted above, various types of
analysis and/or processing of the defect image that includes
the scratch defect 602 may enable determination of the XY
position and approximate XY area and/or other dimensions
of the defect 602 (e.g., utilizing video tools and/or other
operations as described above). If the 3D nature of the
potential defect is important (e.g., if a scratch must be deeper
than some value to be considered a defect), then the defect
detection portion 140dp may initiate a process for utilizing
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a Z-height measurement tool (e.g., of the Z-height measure-
ment tools portion 143z) or other 3D sensing process (e.g.,
for acquiring a 3D point cloud of the affected region to
determine the depth of the scratch, etc.).

In various implementations, the image data for each
image as described herein comprises a plurality of pixel
values (e.g., with each pixel value corresponding to a pixel
of the image). Descriptions herein of utilizing images (e.g.,
training mode images) for training the defect detection
portion 140dp indicate that the corresponding image data
(e.g., training mode image data corresponding to the training
mode images) is provided and utilized for training (e.g., and
conversely, descriptions herein of utilizing image data for
training indicate that the corresponding images are used for
training). Similarly, descriptions herein of the defect detec-
tion portion 140dp performing analysis on images (e.g., on
run mode images to determine defect images including
workpieces with defects) indicate that the corresponding
image data (e.g., run mode image data corresponding to the
run mode images) is provided and utilized for performing
the analysis (e.g., and conversely, descriptions herein of
utilizing image data for analysis during a run mode indicate
that the corresponding images are used for the analysis). As
will be described in more detail below, in some implemen-
tations for the training or analysis, the image data (e.g., the
raw image data obtained from the camera portion) may be
utilized to determine synthetic image data (e.g., correspond-
ing to synthetic images) which may be utilized for the
training or analysis.

In various implementations, the defect detection portion
140dp is configured to detect defects in a workpiece that
includes multiple layers formed from different materials,
wherein each defect may correspond to the imaging of a first
material where only a second material is expected to be
imaged. For example, a workpiece including an aluminum
substrate with a layer of copper formed over the top of the
aluminum substrate may be subjected to various types of
processing (e.g., drilling, etching, etc.) that may accidentally
remove too much of the copper and/or other issues may
occur (e.g., scratches such as illustrated in FIGS. 3A-3F,
4A-4E, and 5B-5D, etc.), such that the aluminum substrate
is exposed, which would correspond to a defect. In other
words, if the defect detection portion 140dp determines that
exposed aluminum is present/imaged in an area of a work-
piece that is expected to include only exposed copper, the
defect detection portion 140dp may determine that a defect
is present in that area. As another example, a workpiece may
include one or more portions on which a paint or coating is
applied, where chips or scratches in the paint or coating, or
problems with the painting or coating, may expose an
underlying material, for which such exposures may be
regarded as defects. In general, if the defect detection
portion 140dp determines that second material is present/
imaged in an area of a workpiece that is expected to include
only a first material (e.g., painting, coating, upper layering,
etc.), the defect detection portion 140dp may determine that
a defect is present in that area.

In various implementations, the defect detection portion
140dp may be configured to determine that a defect is
present in a workpiece based on processes which rely at least
in part on a plurality of different reflectance profiles of
different materials included in a workpiece. Different mate-
rials (e.g., copper, aluminum, gold, silver, etc.) are known to
have different reflectance profiles (e.g., reflectance versus
wavelength curves), and for which the reflectance of each of
the materials vary in accordance with corresponding wave-
lengths of light that are directed to the materials. For
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example, spectral reflectance profiles of different materials
(e.g., silver, copper, aluminum, and carbon steel) may be
included in a single graph, to facilitate comparison of the
spectral reflectance profiles for which a reflectance of each
material at specific wavelengths can be seen (e.g., as one
specific example of a graph including some spectral reflec-
tance profiles for comparison, see graph at https://www.re-
searchgate.net/figure/Spectral-reflectance-of-aluminum-
and-various-other-metals-O-Elsevier-Reprinted-
with_figl_283437763).

By way of example, in one specific implementation when
illuminated with blue light having a wavelength of approxi-
mately 450 nanometers (e.g., output from a blue LED), in
accordance with certain testing metrics, copper may have a
reflectance of around 50%, while aluminum may have a
reflectance of around 95%. When illuminated with green
light having a wavelength of around 570 nanometers (e.g.,
output from a green LED), copper may have a reflectance of
around 65% while aluminum may have a reflectance of
around 92%. When illuminated with red light having a
wavelength of approximately 700 nanometers (e.g., output
from a red LED), copper may have a reflectance of approxi-
mately 96%, while aluminum may have a reflectance of
approximately 90%. Other materials (e.g., gold, silver, etc.)
have different reflectance properties that may be indicated
by corresponding reflectance versus wavelength curves.

Defect detection systems according to various embodi-
ments of the present disclosure may advantageously utilize
different reflectance profiles for two or more different mate-
rials included in a workpiece that is to be analyzed. For
example, two wavelengths (i.e., colors) of light may be
selected for illuminating a workpiece that includes two
different materials while different color channel image data
is acquired, wherein the two wavelengths are selected such
that a difference in the values of the reflectance curves for
the two different materials for at least one of the wavelengths
is relatively large (e.g., approaching a maximum difference
within the practical limits of the system) and/or such that a
ratio of the differences for the two wavelengths is relatively
large. For example, in accordance with the testing metrics
noted above, a blue light having a wavelength of approxi-
mately 450 nanometers (e.g., output from a blue LED) may
be selected to be utilized for which copper may have a
reflectance of around 50% and aluminum may have a
reflectance of around 95%, for which the difference between
50% and 95% is relatively large and may approach a
maximum difference between the reflectance curves (e.g.,
for wavelengths and other components that may be utilized
within the practical limitations of the system). In such an
example, for the second wavelength, a red light having a
wavelength of approximately 700 nanometers (e.g., output
from a red LED) may be selected to be utilized for which
copper may have a reflectance of approximately 96% and
aluminum may have a reflectance of approximately 90%, for
which the blue/red ratio for the reflectance for copper may
be approximately 50%/96%=0.52 and for the reflectance of
aluminum may be approximately 95%/90%=1.05 (e.g., with
the copper ratio far below 1 and the aluminum ratio near or
above 1), which is a relatively large ratio difference. As will
be described in more detail below, by inputting such differ-
ent color channel image data to the defect detection portion
140dp, the ability to detect defects may be improved. In one
implementation, determining ratios between the different
color channel image data may provide particularly advan-
tageous characteristics for enabling defects to be detected,
for example, as noted below with respect to FIG. 8F.
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In various implementations, a monochrome camera may
offer the highest XY resolution (e.g., as compared to a color
camera for which each color image may include only some
of the pixels of the camera that are designated for that color,
such as when a Bayer filter is utilized). In some implemen-
tations, red, green, and/or blue LEDs are used to capture
monochrome images of a workpiece (e.g., for which the
LEDs may be selected according to specific desired wave-
lengths as noted above). As a specific example, different blue
LEDs may be available that provide different blue wave-
lengths within a blue light range, such as one that corre-
sponds to 430 nanometers, another that corresponds to 440
nanometers, and another that corresponds to 450 nanome-
ters. In accordance with the above example, the blue LED
corresponding to 450 nanometers may be selected for utili-
zation in the system in order to achieve the desired ratios
and/or other characteristics of the system, etc. in accordance
with the reflectance profile values for the copper and alu-
minum at 450 nanometers (e.g., which may approach and/or
otherwise approximately correspond to a maximum differ-
ence between the reflectance curves, as opposed to 430
nanometers or 440 nanometers which may correspond to
smaller relative differences between the reflectance of cop-
per and aluminum). Similarly, different red LEDs may be
available that provide different red wavelengths within the
red light range, such as one that corresponds to 650 nano-
meters, another that corresponds to 675 nanometers, and
another that corresponds to 700 nanometers, for which in
accordance with the above example the red LED corre-
sponding to 700 nanometers may be selected for utilization
in the system in order to achieve the desired ratios, etc.

In regard to such examples, it will be appreciated that in
some implementations LEDs and/or other light sources may
be characterized by a single wavelength but may output a
spectrum with a corresponding spectral bandwidth (e.g., in
some instances of less than 60 nanometers, etc.) For
example, certain LEDs may be relatively narrowband emit-
ters which output a spectrum with an approximately Gauss-
ian shape. In various implementations, the single wave-
length that is used to characterize such light sources may be
based on a characterizing wavelength, such as a peak
wavelength of the corresponding spectrum, a center wave-
length of the corresponding spectrum, a centroid wavelength
of the corresponding spectrum, or a dominant wavelength of
the corresponding spectrum, etc. It will be appreciated that
in such instances, the light source outputs light with the
characterizing wavelength, and also outputs light with the
other wavelengths of the corresponding surrounding spec-
trum.

In operation, each monochrome image may be captured
while one of the red, green, or blue LEDs outputs light. Such
monochrome images may be used to generate a synthetic
RGB image of the workpiece, wherein the image data of the
synthetic RGB image includes a plurality of red pixel values
corresponding to a monochrome image captured while the
workpiece is illuminated by only the red LED, a plurality of
green pixel values corresponding to a monochrome image
captured while the workpiece is illuminated by only the
green LED, and a plurality of blue pixel values correspond-
ing to a monochrome image captured while the workpiece is
illuminated by only the blue LED. In some implementations,
only the blue and red LEDs are used to capture monochrome
images for producing a synthetic monochrome image of a
workpiece, wherein the image data of the synthetic mono-
chrome image may correspond to a plurality of pixels having
values that are based on a ratio of pixel values of a
monochrome image captured while the workpiece is illumi-
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nated by only the blue LED and pixel values of a mono-
chrome image captured while the workpiece is illuminated
by only the red LED. In various implementations, a defect
mask image may be drawn or otherwise determined (e.g., on
a synthetic image) to identify defects for training of the
defect detection portion 140dp.

In one or more implementations, the light source 230 of
the vision components portion 200 of the workpiece inspec-
tion and defect detection system 100 includes a plurality of
LEDs that respectively output light having a plurality of
different colors (i.e., wavelengths) corresponding to a plu-
rality of color channels, wherein each color channel corre-
sponds to a different color. In various implementations, each
of'the LEDs may have a wavelength range of greater than 25
nanometers but less than 60 nanometers (e.g., such as a
wavelength range of 50 nanometers). For example, the light
source 230 may comprise a light source configuration that
includes a first LED that provides a first color light, a second
LED that provides a second color light, and a third LED that
provides a third color light. Although the light source 230 is
configured to provide the first color light, second color light,
and third color light, a subset thereof may be selected based
on the reflectance profiles (e.g., spectral reflectance curves)
of materials included in workpieces. For example, the first
color light and second color light may be selected to be
utilized and the third color light may not selected to be
utilized for inspecting workpieces with first and second
materials based on the reflectance profiles of the first and
second materials. The first color light and second color light
may be selected to obtain a relatively large difference
between the values and/or ratios for the different materials
for the first color light and second color light. In that regard,
as noted above it may be desirable to select the wavelengths
of light that are utilized for illumination of a workpiece
including different materials, with respect to reflectance
versus wavelength data for the particular materials included
in the workpiece to be inspected, in order to select two colors
(i.e., wavelengths) that will provide a desired large differ-
ence between the values and/or ratios for the different
materials for the first color light and second color light.
Additionally, the third color light may be selected to be
utilized for inspecting workpieces with a third material
based on a reflectance profile of the third material which is
different than the first and second reflectance profiles. For
example, the first color light and the second color light may
be selected for a workpiece including a first material and a
second material, and the first color light and the third color
light may be selected for a workpiece including the first
material and a third material.

As described above, a multilayer workpiece may include
a plurality of materials, wherein each material may have a
different spectral reflectance profile. Accordingly, each
material may reflect light differently depending on the
wavelength (i.e., color) of light that illuminates the material.
Thus, if a multilayer workpiece including an aluminum
substrate covered by a layer of copper, for example, is
imaged while illuminated with light having a wavelength at
which aluminum has a relatively high reflectance and copper
has a relatively low reflectance, a resulting image would
have pixels with relatively high values in each area in which
aluminum is exposed, if any. For example, if aluminum and
copper are illuminated by blue light having a wavelength
between 450 and 495 nanometers, in accordance with certain
testing metrics aluminum may have a relative reflectance of
approximately 80% and copper may have a relative reflec-
tance of less than 40% (e.g., for which aluminum may have
approximately twice the reflectance of copper). As will be
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described in more detail below, in various implementations,
if color image data including blue image data and red image
data are captured, a ratio of the blue image data to the red
image data may be more sensitive to the presence of a defect
than the color image data itself.

In some implementations, a camera configuration includ-
ing a camera may be utilized with different color planes for
producing a multicolor image. As defined herein, such
different color planes of a camera may each correspond to a
different color image with corresponding different color
channel image data. More specifically, a camera that pro-
duces a blue color plane, green color plane, and a red color
plane, may be defined herein as producing a blue color
image, a green color image and a red color image, each with
its corresponding color channel image data. In some imple-
mentations, the different color planes may each be described
or otherwise defined as an image plane, for which each such
image plane is considered herein to correspond to a different
color image with corresponding color channel image data
that is produced. Accordingly, for each of a plurality of sets
of training mode workpiece image data, corresponding first
color channel training mode workpiece image data (e.g.,
corresponding to an image similar to the image shown in
FIG. 8A) and corresponding second color channel training
mode workpiece image data (e.g., corresponding to an
image similar to the image shown in FIG. 8C) may be
produced by respective first and second camera image
planes. Additionally, for each of a plurality of sets of run
mode workpiece image data, corresponding first color chan-
nel run mode workpiece image data (e.g., corresponding to
an image similar to the image shown in FIG. 8A) and
corresponding second color channel run mode workpiece
image data (e.g., corresponding to an image similar to the
image shown in FIG. 8C) may be produced by the respective
first and second camera image planes.

In various implementations, an RGB color camera, which
generates red image data, green image data, and blue image
data (i.e., RGB image data), may be used to image a
workpiece. For example, the RGB camera may capture a
first image of the workpiece while the workpiece is illumi-
nated with blue light output from a blue LED, and then
capture a second image of the workpiece while the work-
piece is illuminated with red light output from a red LED. As
noted above, the particular blue and red LEDs that are used
may be selected such that the light output from the blue LED
and the light output from the red LED achieve desired ratios
and/or other characteristics of the system. Such implemen-
tations take into consideration the reflectance spectras of
copper and aluminum in visible wavelengths of light. In
some implementations, the light output from the blue LED
and the light output from the red LED are approximately as
short and as long, respectively, as the sensitivity of the RGB
camera permits.

In various implementations, the sensitivity of the defect
detection portion 140dp may be optimized by choosing a red
LED that outputs red light with a characterizing wavelength
centered at a point where the reflectance of copper and
aluminum are approximately the same (i.e., isosbestic
point). Also, a blue LED may be chosen that outputs blue
light with a characterizing wavelength that maximizes the
difference between the reflectance of copper and aluminum
(e.g., while staying within the wavelengths passed by a blue
filter in an RGB Bayer filter machine vision camera and/or
otherwise within the practical limits/limitations of the sys-
tem).

In various implementations, it is desirable to select color
lights that correspond to each of a plurality of different color
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channels according to wavelengths that produce the greatest
or otherwise desirable ratios or other characteristics between
the two color channels (e.g., blue and red color channels) so
that the two materials (e.g., copper and aluminum) can be
best distinguished from one another in run mode images, so
as to enable the defect detection portion 140dp to be best
trained and also have the best possible capabilities for
identifying defects as part of the run mode process (e.g.,
where similar blue and red images are produced for obtain-
ing the color ratios). Once the two different color wave-
lengths are determined that provide the desired/best ratios,
different configurations may be utilized for achieving the
system with the different color wavelengths for the different
color channels. With respect to color channels as defined
herein, such may be produced through utilization of different
color light sources (e.g., separate LEDs for each color), or
different filters, or any other known techniques that may be
utilized for producing or filtering different color light such as
may be utilized for different color channels in accordance
with principles as described herein.

For example, as part of a manufacturing process, LEDs or
other light sources may be selected and included that pro-
duce the desired wavelengths for the desired ratios for the
images. As another example, different color filters may be
selected that pass the desired wavelengths for the corre-
sponding color channels. In some instances, such filters may
be tunable or otherwise adjustable, in order to achieve the
desired wavelengths. In some implementations, different
filters that may be available may be rotated or otherwise
inserted in the system for selecting the desired wavelengths.
For example, in some implementations, each such color
filter may pass a spectral bandwidth of less than 40 nano-
meters, or less than 20 nanometers, etc., for determining the
wavelengths for the respective color channels.

In various implementations, a monochrome camera that
generates monochrome image data may be used to image a
workpiece. For example, using a step and repeat procedure,
the camera may step to a location, settle at the location,
capture two images including a first image while the work-
piece is illuminated by red light (e.g., from a red LED) and
a second image while the workpiece is illuminated by blue
light (e.g., from a blue LED), and then repeat the procedure.
The defect detection portion 140dp then utilizes the images
for training and/or run mode analysis (e.g., for which ratios
of the image data of the two images may be determined,
etc.). Such implementations utilizing monochrome images
may have the advantage of better spatial resolution, com-
pared to implementations that use a Bayer filter. Also,
greater light gathering may be achieved compared to imple-
mentations that use a Bayer filter, however, this effect may
be relatively small compared to implementations that use a
Bayer filter along with two narrow band LEDs that are well
within the Bayer filter’s pass wavelengths. While implemen-
tations in which a Bayer filter is not used may be constrained
by the sensitivity of the camera, they are not constrained by
a Bayer filter’s pass wavelengths, which advantageously
maximizes freedom to choose desired wavelengths (e.g., in
accordance with reflectance profiles of workpiece materials,
etc.). However, image acquisition time in such implemen-
tations may in some instances be slower (e.g., approximately
two times slower in some instances) due to additional time
required at each location in order to acquire two different
images for the two color channels.

In order to improve image acquisition time, in various
implementations a monochrome camera that includes two
image sensors may be used to image a workpiece. For
example, the monochrome camera may be a multi-sensor
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prism-based multispectral area scan camera (e.g., such as is
commercially available from JAI Corporation), which may
include predefined configurations of visible and near-infra-
red (NIR) wavebands, or a configuration tailored to appli-
cation requirements with two or three custom wavebands. In
various implementations, utilization of such a monochrome
camera may provide full resolution and also enable custom
color pass wavelengths to be selected. Additionally, using
such a monochrome camera may enable fast image acqui-
sition in that two images (e.g., for two color channels) may
be captured close together in time, including a first image
while the workpiece is illuminated by a first color light (e.g.,
red light from a red LED) and a second image while the
workpiece is illuminated by a second color light (e.g., blue
light from a blue LED). In such implementations (e.g., or in
other implementations utilizing different camera configura-
tions), in the event of movement of the workpiece relative to
the system between the acquisition times of the two images
(e.g., the workpiece moving on a conveyor relative to the
system, etc.) the defect detection portion 140dp may be
configured to offset the images so that the pixel data overlaps
based on the XYZ positions of each image (e.g., wherein
regions of the images that lack overlapping data may be
ignored, and for which the overlapping data may be regarded
as corresponding to a common field of view between the
images).

In various implementations, RGB images may be cap-
tured (e.g., for which the image data for the red, green and
blue pixels may be regarded as corresponding to respective
red, green and blue color channel images), and the defect
detection portion 140dp may be configured to use the image
data of the RGB images to create a synthetic image with the
same resolution or with half of the height and width dimen-
sions (e.g., as will be described in more detail below). Also,
the defect detection portion 140dp may be configured to
transform each RGB pixel value to a ratio of monochrome
pixel values. Additionally, the defect detection portion
140dp may be configured to transform each RGBG quad
pixel to a single ratio mono pixel (e.g., as will be described
in more detail below).

The defect detection portion 140dp may be configured to
apply various kernels in order to generate synthetic images.
Table 1 below shows an example of raw image data includ-
ing four RGBG quad pixels. More specifically, the raw
image data includes a first RGBG quad pixel with pixels R1,
G1, B1, G1; a second RGBG quad pixel with pixels R2, G2,
B2, G2; a third RGBG quad pixel with pixels R3, G3, B3,
(3; and a fourth RGBG quad pixel with pixels R4, G4, B4,
G4. In various implementations, the red pixels R1, R2, R3
and R4 may be regarded as corresponding to a red color
channel image, the green pixels G1, G2, G3 and G4 may be
regarded as corresponding to a green color channel image,
and the blue pixels B1, B2, B3 and B4 may be regarded as
corresponding to a blue color channel image.

TABLE 1
R1 G1 R2 G2
G1 Bl G2 B2
R3 G3 R4 G4
G3 B3 G4 B4

Table 2 below shows an example of coarse resolution
synthetic ratio data with four pixels values, which are
generated based on the raw image data shown in Table 1.
More specifically, the coarse resolution synthetic ratio data
includes a first pixel having a value based on B1/R1, a
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second pixel having a value based on B2/R2, a third pixel
having a value based on B3/R3, and a fourth pixel having a
value based on B4/R4. In various implementations, for the
synthetic ratio data the actual values of each of the pixels
may be based on a further calculation that utilizes the
respective ratios such as B1/R1, etc. (e.g., such as applying
a scaling factor to obtain a value in a range of 0-255 and/or
other processes) as will be described in more detail.

TABLE 2

B1/R1
B3/R3

B2/R2
B4/R4

Table 3 below shows an example of fine resolution
synthetic ratio data with four pixels values, which are
generated based on the raw data shown in Table 1. More
specifically, the fine resolution synthetic ratio data includes
a first pixel having a value based on (B1+B2+B3+B4)/
(4*R1), a second pixel having a value based on (B2+B4)/
(R2+4R1), a third pixel having a value based on (B3+B4)/
(R1+R3), and a fourth pixel having a value based on
4*B4/(R1+R2+R3+R4). In various implementations, for the
synthetic ratio data the actual values of each of the pixels
may be based on a further calculation that utilizes the
respective ratios such as (B1+B2+B3+B4)/(4*R1), etc. (e.g.,
such as applying a scaling factor to obtain a value in a range
0f'0-255 and/or other processes) as will be described in more
detail.

TABLE 3

(Bl + B2 + B3 + B4)/(4*R1)
(B3 + B4)/(R1 + R3)

(B2 + B4)/(R2 + R1)
4*B4/(R1 + R2 + R3 + R4)

In various implementations, a Synthetic White Illumina-
tion (SWI) may be created and used during illumination of
workpieces, wherein the SWI is a combination of red, green,
and blue LED illumination values intended to create white
light with a desired color balance. Additionally, a custom-
ized SWI may be created and used during illumination of
workpieces, wherein the customized SWI is a combination
of only red and blue LED illumination values for illuminat-
ing the workpieces while they are imaged using a color
camera (e.g., a color machine vision camera), and for which
the wavelengths and/or ratio of red and blue illumination is
chosen according to principles as disclosed herein. Simi-
larly, a Synthetic Red Blue Illumination (SRBI) may be
created and used during illumination of workpieces. In some
implementations, a user may utilize a graphical user inter-
face for selecting one of the above color options and/or other
color options for illuminating workpieces with a light source
configuration (e.g., utilizing the light source 230, etc.).

FIGS. 7A-7C are examples of images of a portion of a
workpiece that includes defects, as may be acquired using a
workpiece inspection and defect detection system similar to
that of FIG. 1. The workpiece shown in FIGS. 7A-7C has an
aluminum substrate with a layer of copper formed over the
top of the aluminum substrate. The workpiece shown in
FIGS. 7A-7C includes defects 702, 704, 706, and 708, which
are encircled for illustrative purposes. In one example, each
of the defects 702, 704, 706 and 708 may correspond to
exposed aluminum in the corresponding image of the work-
piece surface. More specifically, in certain implementations,
various types of processing (e.g., drilling, etching, etc.) may
accidentally remove too much of the covering copper and/or
other issues may occur (e.g., scratches, etc.), such that the
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aluminum substrate may be exposed, which may be
regarded as corresponding to a defect.

The images shown in FIGS. 7A-7C are a set of mono-
chrome images of a workpiece obtained under different
lighting conditions and corresponding to a same field of
view. More specifically, FIG. 7A is a monochrome image of
a portion of the workpiece captured by a monochrome
camera while the workpiece is illuminated with blue light,
for example, emitted by a blue LED. FIG. 7B is a mono-
chrome image of the portion of the workpiece captured by
the monochrome camera while the workpiece is illuminated
with green light, for example, emitted by a green LED. FIG.
7C is a monochrome image of the portion of the workpiece
captured by the monochrome camera while the workpiece is
illuminated with red light, for example, emitted by a red
LED.

As can be seen from a comparison of the images of FIGS.
7A, 7B and 7C, certain features within each of the images
may appear lighter or darker (e.g., for which the reflectivity
of the copper, aluminum, etc. is different in each image in
accordance with the color of the light that is utilized to
illuminate the workpiece for each image). In various imple-
mentations, the image data for each image as described
herein comprises a plurality of pixel values, with each pixel
value (e.g., comprising a brightness value) corresponding to
a pixel of the image. Pixels in a same location or otherwise
imaging a same surface point on a workpiece in different
images may be designated as corresponding pixels between
the images with different corresponding pixel values (e.g.,
for which the different corresponding pixel values may
result from the different color light utilized to illuminate the
workpiece for each image).

FIG. 7D is an example of a synthetic image (e.g., gener-
ated based on the image data of the images of FIGS. 7A-7C).
More specifically, FIG. 7D is a synthetic color image that is
based on image data including red, green, and blue color
information (e.g., wherein the red color information may
correspond to the monochrome image shown in FIG. 7C, the
green color information may correspond to the monochrome
image shown in FIG. 7B), and the blue color information
may correspond to the monochrome image shown in FIG.
7A). Synthetic color images such as the synthetic color
image shown in FIG. 7D may be useful to a user, for
example, to aid in the viewing and/or inspecting of portions
of the workpiece, etc.

FIG. 7E is an example of an image of a defect mask that
may be based on the synthetic image of FIG. 7D (e.g., and/or
may be based on one or more of the images of FIGS. 7A-7C,
etc.) In various implementations, the defect mask may be
hand drawn (e.g., as will be described in more detail below)
and/or otherwise provided by a user or by automatic pro-
cesses for identifying defects. The image shown in FIG. 7E
is an example of one of a plurality of images including
image data that may be used to train a model utilized by the
defect detection portion 140dp to determine whether a
workpiece includes a defect. In various implementations, in
order to train the model, the user may classify each training
image included in a set of training images as non-defect or
defect. Accordingly, any of the images shown in FIGS.
7A-7D may be classified as defect (e.g., for which the
workpiece surface in the image includes one or more
defects).

As part of a hand drawing process, the user may mark
pixels (e.g., using a selector of a user interface) that corre-
spond to each defect in the image (e.g., marking pixels of a
transparent layer overlaid on the original image using paint-
like tools to create an image whose colored pixels corre-



US 11,756,186 B2

23

spond to the matching defect pixels in the original image,
such as illustrated in the example of FIG. 7E). For example,
as part of the image data, the user sets values of pixels
included in each of the defects 702, 704, 706, and 708 in the
image shown in FIG. 7E to a predetermined value (e.g., 255)
in order mark the pixels that correspond to each defect. The
user then causes the defect detection portion 140dp to utilize
image data corresponding to each of the training images in
the training mode (e.g., including any defect masks) for
training the defect detection portion 14045, for example, by
making one or more selections using a graphic user inter-
face. After the defect detection portion 140db has been
trained using the image data from the set of training images
(e.g., including the image shown in FIG. 7E), the user may
cause the defect detection portion 140dp to operate in the run
mode in order to detect defects included in a set of run mode
images generated under similar conditions (e.g., same light-
ing conditions and/or synthetic image generation process,
etc.) as the set of training mode images used to train the
defect detection portion 140dp.

The images shown in FIGS. 7A-7E may be regarded as
examples of both training mode and run mode images. In
one example implementation, the image data for some or all
of the images shown in FIGS. 7A-7E may be included as
part of a set of training mode image data for training the
defect detection portion 140dp (e.g., for which a set of image
data may comprise image data from images corresponding
to a same field of view of a workpiece, etc.). Also, some or
all of the images of FIGS. 7A-7D may be regarded as
examples of run mode images which may be analyzed by the
defect detection portion 140dp to determine if each image
should be classified as a defect image or a non-defect image.

FIGS. 8A-8C are examples of images of portions of a
workpiece that includes defects, as may be acquired using a
workpiece inspection and defect detection system similar to
that of FIG. 1. The workpiece shown in FIGS. 8 A-8C has an
aluminum substrate with a layer of copper formed over the
top of the aluminum substrate. The workpiece shown in
FIGS. 8A-8C includes defects 802, 804, and 806, which are
encircled for illustrative purposes (e.g., for which each of the
defects may correspond to exposed aluminum, similar to the
examples of FIG. 7A-7C).

The images shown in FIGS. 8A-8C are a set of mono-
chrome images of a workpiece obtained under different
lighting conditions and corresponding to a same field of
view. More specifically, FIG. 8A is a monochrome image of
a portion of the workpiece captured by a monochrome
camera while the workpiece is illuminated with blue light,
for example, emitted by a blue LED. FIG. 8B is a mono-
chrome image of the portion of the workpiece captured by
the monochrome camera while the workpiece is illuminated
with green light, for example, emitted by a green LED. FIG.
8C is a monochrome image of the portion of the workpiece
captured by the monochrome camera while the workpiece is
illuminated with red light, for example, emitted by a red
LED.

In one example, the images shown FIGS. 7A-7C include
defects in a first portion of a workpiece, and the images
shown FIGS. 8A-8C include defects in a second portion of
the workpiece. In another example, the images shown FIGS.
7A-7C include defects in a portion of a first workpiece, and
the images shown FIGS. 8A-8C include defects in a portion
of a second workpiece. As noted above, in various imple-
mentations, the image data for each image as described
herein comprises a plurality of pixel values (e.g., with each
pixel value corresponding to a pixel of the image, and for
which pixels in a same location or otherwise imaging a same
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surface point on a workpiece in different images may be
designated as corresponding pixels between the images with
different corresponding pixel values).

FIG. 8D is an example of a synthetic image (e.g., gener-
ated based on the image data of the images of FIGS. 8A-8C).
More specifically, FIG. 8D is a synthetic color image that is
based on image data including red color information, green
color information, and blue color information (e.g., wherein
the red color information may correspond to the mono-
chrome image shown in FIG. 8C, the green color informa-
tion may correspond to the monochrome image shown in
FIG. 8B, and the blue color information may correspond to
the monochrome image shown in FIG. 8A). Color images
such as the color image shown in FIG. 8D may be useful to
a user, for example, to aid in the viewing and/or inspecting
of portions of the workpiece, etc.

FIG. 8E is an example of an image of a defect mask that
is based on the synthetic image shown in FIG. 8D or the
synthetic image shown in FIG. 8F (e.g., and/or may be based
on one or more of the images of FIGS. 8A-8C, etc., similar
to the defect mask of FIG. 7E). The image shown in FIG. 8E
is an example of one of many images including image data
that may be used to train a model utilized by the defect
detection portion 140dp to determine whether a workpiece
includes a defect. In order to train the model, the user may
classify each of a plurality of training images as non-defect
or defect. Accordingly, any of the images shown in FIGS.
8A-8D may be classified as defect (e.g., for which the
workpiece surface in the image includes one or more
defects). Next, the user may mark pixels that correspond to
each defect in each defect image (e.g., marking pixels of a
transparent layer overlaid on the original image using paint-
like tools to create an image whose colored pixels corre-
spond to the matching defect pixels in the original image).
For example, as part of the image data, the user may set
values of pixels included in each of the defects 802, 804, and
806 in the image shown in FIG. 8E to a predetermined value
(e.g., 255) in order mark the pixels that correspond to each
defect.

After the defect detection portion 14045 has been trained
using image data from a set of training images (e.g., includ-
ing the image shown in FIG. 8E), the user may cause the
defect detection portion 140dp to operate in the run mode in
order to detect defects included in a set of run mode images
generated under similar conditions (e.g., same lighting con-
ditions and/or synthetic image generation process, etc.) as
the set of training mode images used to train the defect
detection portion 140dp. It is noted that in various imple-
mentations, defect masks such as those of FIGS. 7E and 8E
(which may be hand drawn by a user or otherwise generated
to help the defect detection portion 140dp learn the charac-
teristics of defects) may not be included as part of run mode
images, since during a run mode, the defect detection
portion 140dp detects the defects, without the user or
another process making a hand-drawn defect mask. More
specifically, in various implementations, such defect masks
may be primarily used for training and training images
rather than run mode images.

FIG. 8F is an example of a synthetic image (e.g., a
monochrome image) generated based on the images of
FIGS. 8A and 8C, as will be described in more detail below.
The image shown in FIG. 8F is another example of one of
aplurality of images that may be used as a training image for
which the image data may be used to train a model utilized
by the defect detection portion 140dp to determine whether
a workpiece includes a defect, or a run mode image to be
analyzed by the defect detection portion 140dp to determine
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whether a workpiece includes a defect. In order to train the
model, the user may classify the image shown in FIG. 8F as
a defect image. After the defect detection portion 140456 has
been trained using image data from a set of training images
(e.g., including the image shown in FIG. 8F), the user may
cause the defect detection portion 140dp to operate in the run
mode in order to detect defects included in a set of run mode
images generated under similar conditions (e.g., same light-
ing conditions and/or synthetic image generation process,
etc.) as the set of training mode images used to train the
defect detection portion 140dp.

The synthetic image shown in FIG. 8F is based on image
data including a plurality of pixel values, wherein each of
the pixel values is generated using a scaling factor and a
ratio of corresponding pixel values included in image data of
the images shown in FIGS. 8A and 8C, which are acquired
while a workpiece is illuminated with blue light and red
light, respectively, as described above. Examples are pro-
vided below of how pixel values included in image data
corresponding to the synthetic image shown in FIG. 8F (e.g.,
a monochrome image) may be calculated or otherwise
determined. For simplicity of the illustration of FIG. 8F, the
exposed aluminum defects 802, 804 and 806 are illustrated
as clearly distinguished from the surrounding copper surface
portions (e.g., somewhat similar to the defect mask of FIG.
8E), for which the process as described below for forming
FIG. 8F is intended to better distinguish the exposed alu-
minum defects relative to the copper surface portions (e.g.,
as compared to FIGS. 8A-8D), and for which the resulting
contrast between the features in corresponding formed syn-
thetic images may generally depend on various factors (e.g.,
including the characteristics of the workpiece surface fea-
tures in the images, etc.).

In one specific example, a first pixel of the image shown
in FIG. 8A (e.g., as illuminated by the blue light and as
corresponding to a copper surface portion and/or surface
point of the workpiece) may have a value (e.g., a brightness
value) of 100, and a corresponding first pixel of the image
shown in FIG. 8C (e.g., as illuminated by red light and as
corresponding to the same copper surface portion and/or
surface point of the workpiece) may have a value (e.g., a
brightness value) of 200. In various implementations and
under certain conditions, the 100/200 ratio may indicate that
the reflectivity of the copper under the blue light is approxi-
mately 0.5 times the reflectivity of the copper under the red
light (e.g., assuming the reflectivity and brightness as indi-
cated by the pixel values are approximately linearly related,
as will be described in more detail below). The defect
detection portion 140dp may be configured to calculate an
intermediate blue-to-red ratio value by dividing 100 by 200
(i.e., 100/200=0.5). The defect detection portion 140dp may
be configured to scale the intermediate blue-to-red ratio
using a scaling factor to obtain a value in a range of 0-255,
which corresponds to a range of values that may be included
in a byte brightness value (e.g., of a monochrome image, an
RGB image, or other image). Assuming that a maximum
ratio value is defined to have a value of 1.5 and a minimum
ratio value is defined to have a value of 0.1, the defect
detection portion 140dp may be configured to calculate a
ratio scale value by subtracting 0.1 from 1.5 (i.e., 1.5-
0.1=1.4). Also, the defect detection portion 140dp may be
configured to scale the intermediate blue-to-red ratio value
using the scaling factor by first subtracting the minimum
ratio value from the intermediate blue-to-red ratio value (i.e.,
0.5-0.1=0.4), then multiplying that value by a ratio of the
maximum byte value minus 1 divided by the ratio scale
value (i.e., 0.4%(255-1)/1.4=72), and then adding 1 to the
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result (72+1=73). Accordingly, the defect detection portion
140dp may be configured to determine that a corresponding
first pixel of the synthetic image has a value of 73 (i.e., as
part of the image data for the synthetic image).

In another example, a second pixel of the image shown in
FIG. 8A (e.g., as illuminated by the blue light and as
corresponding to an exposed aluminum surface portion
and/or surface point of the workpiece, as may correspond to
a defect in accordance with the above examples) may have
a value of 190 and a corresponding second pixel of the
image shown in FIG. 8C (e.g., as illuminated by red light
and as corresponding to the same exposed aluminum surface
portion and/or surface point of the workpiece) may have a
value of 180. In various implementations and under certain
conditions, the 190/180 ratio may indicate that the reflec-
tivity of the aluminum under the blue light is about 1.055555
times the reflectivity of the aluminum under the red light
(e.g., assuming the reflectivity and brightness as indicated
by the pixel values are approximately linearly related, as will
be described in more detail below). The defect detection
portion 140dp may be configured to calculate an interme-
diate blue-to-red ratio value by dividing 190 by 180 (i.e.,
190/180=1.055555). The defect detection portion 140dp
may be configured to scale the intermediate blue-to-red ratio
using a scaling factor to obtain a value in a range of 0-255,
which corresponds to a range of values that may be included
in a byte brightness value (e.g., of a monochrome image, an
RGB image, or other image). Similar to the process
described above for the first pixel, assuming that a maximum
ratio value is defined to have a value of 1.5 and a minimum
ratio value is defined to have a value of 0.1, the defect
detection portion 140dp may be configured to calculate a
ratio scale value by subtracting 0.1 from 1.5 (i.e., 1.5-
0.1=1.4). Also, the defect detection portion 140dp may be
configured to scale the intermediate blue-to-red ratio value
using the scaling factor by first subtracting the minimum
ratio value from the intermediate blue-to-red ratio value (i.e.,
1.055555-0.1=0.9555555), then multiplying that value by a
ratio of the maximum byte value minus 1 divided by the
ratio scale value (i.e., 0.9555555%(255-1)/1.4=173), and
then adding 1 to the result (173+1=174). Accordingly, the
defect detection portion 140dp may be configured to deter-
mine that a corresponding second pixel of the synthetic
image has a value of 174 (i.e., as part of the image data for
the synthetic image).

In various implementations, similar calculations may be
performed for determining the remaining values for the
pixels as part of the image data for the synthetic image (e.g.,
such as the image of FIG. 8F). Similar processes may also
be utilized for determining the pixel values as part of the
image data for other types of synthetic images, such as the
synthetic images of the examples of Tables 2 and 3 above.
More specifically, for each of the ratios of Tables 2 and 3
(e.g., BI/R1, (B1+B2+B3+B4)/(4*R1), (B2+B4)/(R2+R1),
etc.) a scaling calculation (utilizing a scaling factor and/or
other calculations) may be applied to each of the respective
ratios to determine the values for the respective pixels of the
synthetic image.

As noted above, in some instances, the reflectivity and
brightness (e.g., as indicated by the pixel values) be may
approximately linearly related. More specifically, in various
implementations, to a first order, reflectivity and brightness
may be approximately linearly related (e.g., with a high level
of correlation). To a second order (e.g., if the workpiece
surface is optically rough), there may be a scattering of light,
for which the reflectivity and brightness relationship may
have some amount of variance. For an application such as
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described for the examples above (e.g., in which a defect is
defined as the presence of exposed aluminum on a work-
piece surface where copper is expected), it may be prefer-
able to use a blue-to-red ratio rather than a red-to-blue ratio
(e.g., for the generation of the synthetic image of FIG. 8F or
otherwise). Such may be preferable in that it may be
desirable for the divisor of the ratio to be a relatively larger
number (e.g., a 200 brightness value for copper for the
divisor) near a defect location, which minimizes the influ-
ence of camera noise on the ratio value (e.g., and on a
corresponding ratio synthetic image, such as that of FIG.
8F). For example, if a blue-to-red ratio is utilized and a red
channel copper pad has a brightness of 200, with noise of
+/-1, then a ratio of blue channel value to red channel value
might be (blue channel value/199) or (blue channel value/
200) or (blue channel value/201), for which the influence of
the noise is relatively small. Conversely, if a red-to-blue
ratio were utilized and a blue channel on copper averages a
brightness of 100, with noise of +/-1, then the ratio might be
(red channel value/99) or (red channel value/100) or (red
channel value/101), wherein the influence of noise would
undesirably be approximately two times as great.

It will be appreciated that generated synthetic image data
(e.g., a ratio synthetic image data) of an image such as that
of FIG. 8F (e.g., a ratio synthetic image) may enable the
defect detection portion 140dp to more accurately detect
defects. More specifically, in accordance with the above
examples, the difference in the example blue-to-red ratios
for the copper and aluminum (e.g., with the blue-to-red ratio
for the copper of 0.5 and for the aluminum of 1.055555), and
the example ratio pixel values of 73 for the copper and 174
for the aluminum (e.g., which are noted to have large value
differences as well as large percentage differences), may
assist the defect detection portion 140dp in being able to
better distinguish the aluminum from the copper (e.g., in a
corresponding training image and/or in a corresponding run
mode image). In an implementation where exposed alumi-
num corresponds to a defect, such processes and synthetic
images may correspondingly enable the defect detection
portion 140dp to better detect defects.

In various implementations, the synthetic image genera-
tion process described above may be used to generate both
training mode images that are used to train the defect
detection portion 140dp and run mode images that are
analyzed by the defect detection portion 140dp. More spe-
cifically, for each of a plurality of sets of training mode
workpiece image data including first color channel training
mode workpiece image data (e.g., similar to the image data
of the image shown in FIG. 8A) and second color channel
training mode workpiece image data (e.g., similar to the
image data of the image shown in FIG. 8C), the defect
detection portion 140dp determines, for each pixel value of
the first color channel training mode workpiece image data,
a ratio between that pixel value and a corresponding pixel
value of the corresponding second color channel training
mode workpiece image data. Additionally, for each of a
plurality of sets of run mode workpiece image data including
first color channel run mode workpiece image data (e.g.,
similar to the image data of the image shown in FIG. 8A)
and second color channel run mode workpiece image data
(e.g., similar to the image data of the image shown in FIG.
8C), the defect detection portion 140dp determines, for each
pixel value of the corresponding first color channel run
mode workpiece image data, a ratio between that pixel value
and a corresponding pixel value of the corresponding second
color channel run mode workpiece image data. Accordingly,
the defect detection portion 140dp utilizes, for each set of
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training mode workpiece image data, the ratios of the pixels
of the corresponding first and second color channel training
mode workpiece image data to determine corresponding
pixel values for corresponding training mode synthetic
image data that is utilized for training the defect detection
portion. Also, the defect detection portion 140dp utilizes, for
each set of run mode workpiece image data, the ratios of the
pixels of the corresponding first and second color channel
run mode workpiece image data to determine corresponding
pixel values for corresponding run mode synthetic image
data (e.g., which the trained defect detection portion ana-
lyzes to determine defect images that include workpieces
with defects).

In various implementations, utilizing ratio synthetic
monochrome image data of images such as the one shown in
FIG. 8F may be preferable to utilizing image data of images
such as the ones shown in FIGS. 8A-8D for detecting defects
in images. In some instances, taking the ratio of blue pixel
values to red pixel values to create image data for a synthetic
monochrome image (e.g., as described above in connection
with FIG. 8F) may be beneficial in that the resulting syn-
thetic monochrome image data may improve the ability of
the defect detection portion 140dp to distinguish different
materials, which may improve defect detection. For
example, the defects 802, 804, and 806 may be more
detectable in the synthetic monochrome image data of the
image shown in FIG. 8F than in the image data of the images
shown in FIGS. 8A-8D.

The workpiece in the example of FIG. 8F is described as
including at least two different materials (e.g. copper and
aluminum), and for which producing image data for a
synthetic monochrome image based on a ratio of pixel
values as described above may also aid in robustly distin-
guishing more than two materials. For example, producing
image data for a synthetic monochrome image based on a
ratio of pixel values may also aid in detecting black plastic
molding that may be included in a workpiece, or other
aspects such as areas that are bright or dark as a result of
other surface features (e.g., divots, etc.). In regard to such
additional materials and/or aspects, it may be desirable to
distinguish first and second materials (e.g., copper and
aluminum) from each other, and to also be able to distin-
guish those materials from the additional materials and/or
features (e.g., black plastic molding, divots, etc.) that may
also be included in an image. Similar to the copper and
aluminum, the additional materials may also have ratios
determined which have large value differences as well as
large percentage differences, as may assist the defect detec-
tion portion 140dp in being able to better distinguish the
additional materials from the aluminum and/or the copper
(e.g., due in part to the reflectance profiles of the additional
materials and the corresponding reflectance at the blue and
red wavelengths, etc.).

As set forth above, in various implementations, a user
may produce a hand drawn defect mask based on viewing
and marking of a synthetic monochrome image, for
example, the synthetic monochrome image shown in FIG.
8F, which is generated based on a ratio of blue and red pixel
values of the image data of the images shown in FIGS. 8A
and 8C, respectively. Also, in various implementations, a
user may produce a hand drawn defect mask based on
viewing and marking of a synthetic RGB image, for
example, red, green, and blue pixel values of the synthetic
RGB image shown in FIG. 8D. In addition, a user may
produce a hand drawn defect mask based on viewing and
marking of other images, for example, the images shown in
FIG. 8A, 8B, or 8C.
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As noted above, in various implementations, the images
shown in FIGS. 8 A-8F may be regarded as examples of both
training mode and run mode images. In one example imple-
mentation, some or all of the image data of the images of
FIGS. 8A-8F may be examples of image data included as
part of a set of training mode workpiece image data for
training the defect detection portion 140dp (e.g., for which
a set of image data may comprise image data from images
corresponding to a same field of view, etc.). Also, the images
of FIGS. 8A-8D and/or FIG. 8F may be examples of run
mode images for which the image data may be analyzed by
the defect detection portion 140dp to determine if the
corresponding image should be classified as a defect image
or a non-defect image. While the images of FIGS. 7A-7E
and 8A-8F are described herein as being possible examples
of both training mode and run mode images, it will be
appreciated that the training mode and run mode may in
general utilize different images. More specifically, during a
training mode, training mode images (i.e., with correspond-
ing training mode image data) may be acquired for training
the defect detection portion 140dp, while at a later time,
during a run mode (e.g., during manufacturing operations
for producing workpieces), different run mode images (i.e.,
with corresponding run mode image data) may be acquired
to be analyzed and/or otherwise utilized as part of the
analysis by the defect detection portion 140dp to determine
defect images that include workpieces with defects. In
general, training mode images may be captured using speci-
fied imaging, lighting, and workpiece conditions, while the
run mode images may be acquired utilizing similar (e.g.,
approximately equivalent) specified imaging, lighting, and
workpiece conditions (e.g., and may be captured utilizing
the same or similar equipment and/or components, etc., such
as a same or similar light source configuration, lens con-
figuration and/or camera configuration, etc.).

In various implementations, a user interface may be
provided, in which a user may be provided with a selection
or option for utilizing different color images and/or ratios as
described herein for viewing different images and/or training
or otherwise utilizing the defect detection portion 140dp.
For example, a user may be provided with a user interface
with a selection or option for generating and/or viewing a
synthetic image (e.g., with blue/red image data such as the
synthetic image illustrated in FIG. 8F).

One advantage of only or primarily utilizing image data of
synthetic images (e.g., synthetic monochrome images) for
training the defect detection portion 140dp during a training
mode and/or for analysis during a run mode is that a smaller
data set may be included in comparison to utilizing full blue
and red image data sets (e.g., for which faster processing
may be achieved, etc.). In some implementations, the image
data of some or all of the images that are acquired/generated
may be provided to the defect detection portion 140dp for
training (e.g., the image data of the images of any of FIGS.
8A-8F), for which each image may include at least some
unique data for improving the training.

FIG. 9 is a diagram illustrating utilization of one or more
video tools for performing metrology operations on an
image of a workpiece that includes a defect (e.g., for
determining dimensions of the defect, etc.) As illustrated, for
an image 902 (e.g., which may be similar or the same as the
image of FIG. 8E or 8F) that includes a defect 904 (e.g.,
which may be similar or the same as the defect 806 shown
in FIG. 8E or 8F), a video box tool 906 includes scan lines
908 (e.g., which may also or alternatively be representative
of video point tools, etc.) which are utilized for determining
the edge locations, dimensions, and/or other aspects of the
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defect 904. In various exemplary implementations, the video
box tool 906 may be sized, positioned and rotated, until the
box tool 906 is indicative of, or defines, the region of interest
(e.g., the area within the box tool 906), and the arrows
shown in FIG. 9 (e.g., representative of scan lines, point
tools, etc.) may be utilized to determine the edge(s) of the
defect 904. In various exemplary embodiments, the video
box tool 906 may generally use one or more conventional
edge gradient(s) along the edge(s) of the defect 904 in the
region of interest, and the edge(s) of the defect 904 may be
determined based on the local magnitudes of the edge
gradient(s) along the various scan lines 908, etc.

In various exemplary implementations, such metrology
operations may also include performing certain morphologi-
cal filtering or other filtering (e.g., to distinguish the edges
of the defect from other features of the workpiece, for which
certain types of such filtering are described in U.S. Pat. No.
7,522,763, which is hereby incorporated herein by reference
in its entirety). Various other processes may also or alter-
natively be performed, such as thresholding and/or forming
a binary image (e.g., for forming a defect mask workpiece
image such as that of FIG. 8E, on which the metrology
operations may be performed). As shown in FIG. 9, in the
display area included in the image, the box tool 906 with the
scan lines 908 is utilized to determine the edge locations
(e.g., the outer edges or perimeter) of the defect 904. Based
on such determinations, the video tool and/or other metrol-
ogy operations may include determining a dimension D2 of
the defect (e.g., corresponding to a length or other dimension
of the defect 904). In various exemplary implementations,
the box tool 906, scan lines 908 and/or other video tools
and/or metrology operations may be utilized to determine
other dimensions of the defect 904 (e.g., width, depth, etc.)
For example, as described above, the video tool portion 143
may include a Z-height measurement tools portion 143z, for
which a corresponding video tool or operations may be
utilized for determining the Z-height dimensions of the
defect 904 (e.g., including determining the depth of the
defect relative to other portions or features of the workpiece
surface, etc.).

FIG. 10 shows a flow diagram of a method 1000 for
operating a workpiece inspection and defect detection sys-
tem similar to that of FIG. 1. In operation, the workpiece
inspection and defect detection system inspects a plurality of
workpieces. At least some of the workpieces that are
inspected may include first and second materials for which
the first and second materials have first and second reflec-
tance profiles (e.g., such that a reflectance of the first
material is greater than a reflectance of the second material
for a first color light that corresponds to the first color
channel, and the reflectance of the second material is greater
than or equal to the reflectance of the first material for a
second color light that corresponds to the second color
channel). For example, at least some of the workpieces that
are inspected may include aluminum and copper, which
have reflectance profiles such that a reflectance of aluminum
may be greater than a reflectance of copper for blue light that
corresponds to a blue channel, and the reflectance of the
copper may be greater than or equal to the reflectance of
aluminum for red light that corresponds to a red color
channel.

The method 1000 begins at 1010. At 1010, a workpiece
inspection and defect detection system acquires training
mode workpiece images for acquiring a plurality of sets of
training mode workpiece image data, wherein each set of
training mode workpiece image data comprises first color
channel training mode workpiece image data corresponding
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to a first color channel, and second color channel training
mode workpiece image data corresponding to a second color
channel. For example, the light source 230, the objective
lens 250, and the camera configuration 260 of the workpiece
inspection and defect detection system 100 may be utilized
to acquire a first set of training mode workpiece images
including images that are similar to the images shown in
FIGS. 7A and 7C (e.g., with each of the images correspond-
ing to a same field of view, such as with the camera
configuration 260 and the workpiece in same positions
relative to one another), for acquiring a corresponding first
set of training mode workpiece image data. Similarly, the
light source 230, the objective lens 250, and the camera
configuration 260 of the workpiece inspection and defect
detection system 100 may be utilized to acquire a second set
of training mode workpiece images that are similar to the
images shown in FIGS. 8A and 8C (e.g., with each of the
images corresponding to a same field of view), for acquiring
a corresponding second set of training mode workpiece
image data. The method 1000 then proceeds to 1020.

At 1020, a defect detection portion is trained based at least
in part on the plurality of sets of training mode workpiece
image data acquired at 1010. For example, the defect
detection portion 140dp may input image data correspond-
ing to images that are similar to the images shown in FIGS.
7A, 7C, 8A, and 8C, and/or image data corresponding to
synthetic images that are generated based on such images
(e.g., the image of FIG. 8F), and uses that image data to train
a model implemented by the defect detection portion 140dp.
The method 1000 then proceeds to 1030.

In various implementations, at 1020, the training of the
defect detection portion based at least in part on the plurality
of sets of training mode workpiece image data comprises,
for each set of training mode workpiece image data, utilizing
the corresponding first and second color channel training
mode workpiece image data to generate corresponding train-
ing mode synthetic image data that is utilized to train the
defect detection portion. For example, for a set of training
mode workpiece image data corresponding to the images
shown in FIGS. 8A and 8C, the defect detection portion
140dp may generate training mode synthetic image data
corresponding to the synthetic image shown in FIG. 8F,
which is utilized to train the defect detection portion 140dp.

In various implementations, at 1020, for each set of
training mode workpiece image data, a plurality of ratios are
determined between the corresponding first and second color
channel training mode workpiece image data. In various
implementations, the determining of the plurality of ratios
between the corresponding first and second color channel
training mode workpiece image data comprises, for each
pixel value of the corresponding first color channel training
mode workpiece image data, determining a ratio between
that pixel value and a corresponding pixel value of the
corresponding second color channel training mode work-
piece image data. In various implementations, the training of
the defect detection portion based at least in part on the
plurality of sets of training mode workpiece image data
comprises, for each set of training mode workpiece image
data, utilizing the ratios of the pixel values of the corre-
sponding first and second color channel training mode
workpiece image data to determine corresponding pixel
values for corresponding training mode synthetic image data
that is utilized for training the defect detection portion. For
example, for a set of training mode workpiece image data
corresponding to the images shown in FIGS. 8A and 8C, the
defect detection portion 140dp may determine ratios of pixel
values between blue color channel image data corresponding
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to the image shown in FIG. 8A and red color channel image
data corresponding to the image shown in FIG. 8C, in order
to determine corresponding pixel values for training mode
synthetic image data (e.g., corresponding to the synthetic
image shown in FIG. 8F), which is utilized to train the defect
detection portion 140dp.

At 1030, a workpiece inspection and defect detection
system acquires run mode workpiece images for acquiring a
plurality of sets of run mode workpiece image data, wherein
each set of run mode workpiece image data comprises first
color channel run mode workpiece image data correspond-
ing to the first color channel, and second color channel run
mode workpiece image data corresponding to the second
color channel. For example, the light source 230, the objec-
tive lens 250, and the camera configuration 260 of the
workpiece inspection and defect detection system 100 (e.g.,
or similar components with similar operating procedures/
conditions as part of the system, such as part of the vision
inspection machine 12 and/or vision components portion
200, or a similar vision inspection machine and/or vision
components portion as part of the system) may be utilized to
acquire a first set of run mode workpiece images including
images that are similar to the images shown in FIGS. 7A and
7C (e.g., with each of the images corresponding to a same
field of view), for acquiring a corresponding first set of run
mode workpiece image data. Similarly, the light source 230,
the objective lens 250, and the camera configuration 260 of
the workpiece inspection and defect detection system 100
(e.g., or similar components with similar operating proce-
dures/conditions as part of the system) may be utilized to
acquire a second set of run mode workpiece images that are
similar to the images shown in FIGS. 8A and 8C (e.g., with
each of the images corresponding to a same field of view),
for acquiring a corresponding second set of run mode
workpiece image data. The method 1000 then proceeds to
1040.

At 1040, the defect detection portion trained at 1020 is
utilized to perform analysis that is based at least in part on
the plurality of sets of run mode workpiece image data
acquired at 1030 to determine defect images that include
workpieces with defects. For example, the defect detection
portion 140dp may determine that an image similar the
image shown in FIG. 8F is a defect image that includes a
workpiece with a defect. The method 1000 then ends.

In various implementations, at 1040, the utilizing of the
trained defect detection portion to perform analysis that is
based at least in part on the plurality of sets of run mode
workpiece image data to determine defect images that
include workpieces with defects comprises, for each set of
run mode workpiece image data, utilizing the corresponding
first and second color channel run mode workpiece image
data to generate corresponding run mode synthetic image
data that is analyzed by the trained defect detection portion.
For example, for a set of run mode workpiece image data
corresponding to the images shown in FIGS. 8A and 8C, the
defect detection portion 140dp may generate run mode
synthetic image data corresponding to the synthetic image
shown in FIG. 8F, which is analyzed by the defect detection
portion 140dp after it has been trained.

In various implementations, at 1040, for each set of run
mode workpiece image data, a plurality of ratios are deter-
mined between the corresponding first and second color
channel run mode workpiece image data. In various imple-
mentations, the determining of the plurality of ratios
between the corresponding first and second color channel
run mode workpiece image data comprises, for each pixel
value of the corresponding first color channel run mode
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workpiece image data, determining a ratio between that
pixel value and a corresponding pixel value of the corre-
sponding second color channel run mode workpiece image
data. In various implementations, the utilizing of the trained
defect detection portion to perform analysis that is based at
least in part on the plurality of sets of run mode workpiece
image data to determine defect images that include work-
pieces with defects comprises, for each set of run mode
workpiece image data, utilizing the ratios of the pixel values
of the corresponding first and second color channel run
mode workpiece image data to determine corresponding
pixel values for corresponding run mode synthetic image
data that is analyzed by the trained defect detection portion.
For example, for a set of run mode workpiece image data
corresponding to the images shown in FIGS. 8A and 8C, the
defect detection portion 140dp may determine ratios of pixel
values between blue color channel image data corresponding
to the image shown in FIG. 8A and red color channel image
data corresponding to the image shown in FIG. 8C, in order
to determine corresponding pixel values for run mode syn-
thetic image data (e.g., corresponding to the synthetic image
shown in FIG. 8F), which is analyzed by the defect detection
portion 140dp.

In wvarious implementations, the method 1000 also
includes selecting the components of the light source con-
figuration to provide the wavelengths of the first and second
color light based at least in part on the reflectance profiles of
the first and second materials. For example, by comparing
reflectance profiles of aluminum and copper, a first wave-
length (e.g., corresponding to a wavelength of blue light)
may be determined at which a difference between the
reflectance of aluminum and the reflectance copper is
approximately maximized and/or greater than a first thresh-
old value, etc. (e.g., within the practical limitations of the
system). A second wavelength (e.g., corresponding to a
wavelength of red light) may be determined at which a
difference between the reflectance of aluminum and the
reflectance copper is approximately minimized and/or less
than a second threshold value (e.g., within the practical
limitations of the system). A first LED (e.g., blue LED) may
be selected to be installed or otherwise utilized in the system
that outputs light having the first wavelength (e.g., as a
characterizing wavelength for a spectrum that is output by
the first LED), and a second LED (e.g., red LED) may be
selected to be installed or otherwise utilized in the system
that outputs light having the second wavelength (e.g., as a
characterizing wavelength for a spectrum that is output by
the second LED).

In wvarious implementations, the method 1000 also
includes performing one or more metrology operations using
one or more defect images (e.g., that include workpieces
with defects). For example, the defect detection portion
140dp may utilize run mode image data corresponding to the
images of FIGS. 8A and 8C to generate run mode synthetic
image data corresponding to the synthetic image 902 shown
in FIG. 9, and one or more video tools may be utilized to
perform a metrology operation in which a dimension D2 of
the defect 904 is determined, as described above in connec-
tion with FIG. 9.

While preferred implementations of the present disclosure
have been illustrated and described, numerous variations in
the illustrated and described arrangements of features and
sequences of operations will be apparent to one skilled in the
art based on this disclosure. Various alternative forms may
be used to implement the principles disclosed herein.

For example, although utilization of different color chan-
nels to enhance defect detection is described above in
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connection with the images shown in FIGS. 7A-7E and
8A-8F, in accordance with the present disclosure different
color channels may also be used to enhance defect detection
in connection with the images shown in FIGS. 3A-3F,
4A-4E, and 5A-5D. The defects shown in FIGS. 3A-3F,
4A-4E, and 5B-5D are scratches on a textured plate, which
in one specific illustrative example may be an aluminum
substrate that is covered by copper, wherein each of the
scratches may expose the aluminum substrate underneath
the copper, which would correspond to a defect, and which
would show up in the different color images, and in par-
ticular in synthetic images generated using a ratio of blue
pixels values to red pixels values, as described above. More
specifically, two images could be taken for each of the
example images shown in FIGS. 3A-3F, 4A-4E, and 5B-5D,
including a first monochrome image captured while the
workpiece is illuminated with blue light and a second
monochrome image captured while the workpiece is illumi-
nated with red light. The corresponding image data may be
used to generate synthetic monochrome image data for a
corresponding synthetic monochrome image with pixels
having values that are calculated based on ratios of values of
corresponding pixels included in the first monochrome
image and the second monochrome image, wherein such
synthetic monochrome image data is used for the training
and run modes of the defect detection portion 140dp, cor-
respondingly.

All of the U.S. patents and U.S. patent applications
referred to in this specification are incorporated herein by
reference, in their entirety. Aspects of the implementations
can be modified, if necessary to employ concepts of the
various patents and applications to provide yet further
implementations. These and other changes can be made to
the implementations in light of the above-detailed descrip-
tion. In general, in the following claims, the terms used
should not be construed to limit the claims to the specific
implementations disclosed in the specification and the
claims, but should be construed to include all possible
implementations along with the full scope of equivalents to
which such claims are entitled.

The invention claimed is:

1. A workpiece inspection and defect detection system,

comprising:

a light source configuration that is configured to provide
a plurality of color channels, with each color channel
corresponding to a different color;

a lens configuration that inputs image light arising from a
surface of a workpiece which is illuminated by the light
source configuration, and transmits the image light
along an imaging optical path;

a camera configuration that receives imaging light trans-
mitted along the imaging optical path for providing
workpiece images;

one or more processors; and

a memory coupled to the one or more processors and
storing program instructions that when executed by the
one or more processors cause the one or more proces-
sors to at least:
acquire training mode workpiece images for acquiring

a plurality of sets of training mode workpiece image
data, wherein each set of training mode workpiece
image data comprises first color channel training
mode workpiece image data corresponding to a first
color channel, and second color channel training
mode workpiece image data corresponding to a
second color channel;
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train a defect detection portion based at least in part on
the plurality of sets of training mode workpiece
image data;
acquire run mode workpiece images for acquiring a
plurality of sets of run mode workpiece image data,
wherein each set of run mode workpiece image data
comprises first color channel run mode workpiece
image data corresponding to the first color channel,
and second color channel run mode workpiece image
data corresponding to the second color channel; and
utilize the trained defect detection portion to perform
analysis that is based at least in part on the plurality
of sets of run mode workpiece image data to deter-
mine defect images that include workpieces with
defects.
2. The system of claim 1, wherein:
the training of the defect detection portion based at least
in part on the plurality of sets of training mode work-
piece image data comprises, for each set of training
mode workpiece image data, utilizing the correspond-
ing first and second color channel training mode work-
piece image data to generate corresponding training
mode synthetic image data that is utilized to train the
defect detection portion; and
the utilizing of the trained defect detection portion to
perform analysis that is based at least in part on the
plurality of sets of run mode workpiece image data to
determine defect images that include workpieces with
defects comprises, for each set of run mode workpiece
image data, utilizing the corresponding first and second
color channel run mode workpiece image data to gen-
erate corresponding run mode synthetic image data that
is analyzed by the trained defect detection portion.
3. The system of claim 1, wherein:
for each set of training mode workpiece image data, a
plurality of ratios are determined between the corre-
sponding first and second color channel training mode
workpiece image data; and
for each set of run mode workpiece image data, a plurality
of ratios are determined between the corresponding first
and second color channel run mode workpiece image
data.
4. The system of claim 3, wherein:
the determining of the plurality of ratios between the
corresponding first and second color channel training
mode workpiece image data comprises, for each pixel
value of the corresponding first color channel training
mode workpiece image data, determining a ratio
between that pixel value and a corresponding pixel
value of the corresponding second color channel train-
ing mode workpiece image data; and
the determining of the plurality of ratios between the
corresponding first and second color channel run mode
workpiece image data comprises, for each pixel value
of the corresponding first color channel run mode
workpiece image data, determining a ratio between that
pixel value and a corresponding pixel value of the
corresponding second color channel run mode work-
piece image data.
5. The system of claim 4, wherein:
the training of the defect detection portion based at least
in part on the plurality of sets of training mode work-
piece image data comprises, for each set of training
mode workpiece image data, utilizing the ratios of the
pixel values of the corresponding first and second color
channel training mode workpiece image data to deter-
mine corresponding pixel values for corresponding
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training mode synthetic image data that is utilized for
training the defect detection portion; and

the utilizing of the trained defect detection portion to

perform analysis that is based at least in part on the
plurality of sets of run mode workpiece image data to
determine defect images that include workpieces with
defects comprises, for each set of run mode workpiece
image data, utilizing the ratios of the pixel values of the
corresponding first and second color channel run mode
workpiece image data to determine corresponding pixel
values for corresponding run mode synthetic image
data that is analyzed by the trained defect detection
portion.

6. The system of claim 1, wherein the light source
configuration comprises a first light source for providing
first color light for the first color channel and a second light
source for providing second color light for the second color
channel, for which the first and second color light corre-
spond to different wavelengths of light.

7. The system of claim 6, wherein the first light source is
a first light emitting diode and the second light source is a
second light emitting diode.

8. The system of claim 1, wherein at least some work-
pieces that are inspected include first and second materials
for which a presence of exposed second material in an image
corresponds to a defect that is detectable by the trained
defect detection portion.

9. The system of claim 1, wherein at least some work-
pieces that are inspected include first and second materials
for which the first and second materials have first and second
reflectance profiles such that a reflectance of the first mate-
rial is greater than a reflectance of the second material for a
first color light that corresponds to the first color channel,
and the reflectance of the second material is greater than or
equal to the reflectance of the first material for a second
color light that corresponds to the second color channel.

10. The system of claim 9, wherein components of the
light source configuration are selected to provide the wave-
lengths of the first and second color light based at least in
part on the reflectance profiles of the first and second
materials.

11. The system of claim 9, wherein the light source
configuration is configured to provide the first and second
color light, and is also configured to provide a third color
light for a third color channel, for which:

the first and second color light is selected to be utilized

and the third color light is not selected to be utilized for
inspecting workpieces with the first and second mate-
rials based on the reflectance profiles of the first and
second materials.

12. The system of claim 11, wherein:

the third color light is selected to be utilized for inspecting

workpieces with a third material based on a reflectance
profile of the third material which is different than the
first and second reflectance profiles.

13. The system of claim 1, wherein:

for each set of training mode workpiece image data, the

corresponding first and second color channel training
mode workpiece image data are produced by respective
first and second camera image planes; and

for each set of run mode workpiece image data, the

corresponding first and second color channel run mode
workpiece image data are produced by respective first
and second camera image planes.

14. The system of claim 1, wherein the program instruc-
tions when executed by the one or more processors further
cause the one or more processors to:
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perform one or more metrology operations using one or
more defect images.
15. A method of operating a workpiece inspection and

defect detection system, the method comprising:

acquiring training mode workpiece images for acquiring
a plurality of sets of training mode workpiece image
data, wherein each set of training mode workpiece
image data comprises first color channel training mode
workpiece image data corresponding to a first color
channel, and second color channel training mode work-
piece image data corresponding to a second color
channel;

training a defect detection portion based at least in part on
the plurality of sets of training mode workpiece image
data;

acquiring run mode workpiece images for acquiring a
plurality of sets of run mode workpiece image data,
wherein each set of run mode workpiece image data
comprises first color channel run mode workpiece
image data corresponding to the first color channel, and
second color channel run mode workpiece image data
corresponding to the second color channel; and

utilizing the trained defect detection portion to perform
analysis that is based at least in part on the plurality of
sets of run mode workpiece image data to determine
defect images that include workpieces with defects.

16. The method of claim 15, wherein:

the training of the defect detection portion based at least
in part on the plurality of sets of training mode work-
piece image data comprises, for each set of training
mode workpiece image data, utilizing the correspond-
ing first and second color channel training mode work-
piece image data to generate corresponding training
mode synthetic image data that is utilized to train the
defect detection portion; and

the utilizing of the trained defect detection portion to
perform analysis that is based at least in part on the
plurality of sets of run mode workpiece image data to
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determine defect images that include workpieces with
defects comprises, for each set of run mode workpiece
image data, utilizing the corresponding first and second
color channel run mode workpiece image data to gen-
erate corresponding run mode synthetic image data that
is analyzed by the trained defect detection portion.

17. The method of claim 15, wherein:

for each set of training mode workpiece image data, a
plurality of ratios are determined between the corre-
sponding first and second color channel training mode
workpiece image data; and

for each set of run mode workpiece image data, a plurality
of ratios are determined between the corresponding first
and second color channel run mode workpiece image
data.

18. The method of claim 15, wherein:

at least some workpieces that are inspected include first
and second materials for which the first and second
materials have first and second reflectance profiles such
that a reflectance of the first material is greater than a
reflectance of the second material for a first color light
that corresponds to the first color channel, and the
reflectance of the second material is greater than or
equal to the reflectance of the first material for a second
color light that corresponds to the second color chan-
nel; and

the method further comprises selecting the components of
a light source configuration to provide the wavelengths
of the first and second color light based at least in part
on the reflectance profiles of the first and second
materials.

19. The method of claim 15, further comprising:

performing one or more metrology operations using one
or more defect images.
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