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A system is disclosed for compacting digital image data 

by means of predictive coding. The prediction decision 
rule is developed by a heuristic sequential learning proc 
ess from a sample image data set. 
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A large set of two dimensional image points rep 
resented in binary form is processed in order to gener 
ate a prediction decision tree structure. The decision tree 
is stored within the predictor memory, then, each image 
point taken from a set of data that is to be compressed, 
is predicted in accordance with the stored prediction tree 
structure. The predicted value is then added, modulo-two, 
to the actual binary value of the image point. The result 
ing output of the modulo-two addition is then compressed 
by conventional means into data that is transmitted to a 
receiving unit. The receiving unit contains both a decoder 
for expanding the data, and an inverse predictor for 
creating a data pattern representative of the image that 
was transmitted. 
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