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Algorithm 1 Power iteration

Input: Normalized Affinity Matrix .
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until |o' - < ¢
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Algorithm 2 Deflation based Power Iteration Clustering (DPIC)

Input: Normalized Affinity Matrix W
Wo=W.
repeat
U= Powerlteration(W1-1). //Power iteration: find Ui from Wi

,
M.// Deflation: remove v, effect on Wi

W, =W_, -
v W,

Increase 1.
until /=%
Use K-Means on pseudo eigenvectors vy Uy, ... Uy,
Output: Clusters C1,C2, ..., Ck.
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