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USING GRAPH. CUTS FOR EDITING 
PHOTOGRAPHS 

CROSS REFERENCE TO RELATED 
APPLICATIONS 

0001) This application claims the benefit of U.S. Provi 
sional Application Serial No. 60/393,163, filed on Jul. 2, 
2002, which is incorporated by reference herein in its 
entirety. 

FIELD OF THE INVENTION 

0002 The present invention relates to image processing 
Systems, and, more particularly to a technique for interactive 
Segmentation of images using graph cuts. 

BACKGROUND OF THE INVENTION 

0.003 Various types of software products for editing 
digital images exist in the marketplace. Although many of 
these products perform basic editing taskS Such as cutting, 
cropping, and touching-up reasonably well, it can be difficult 
to Segment images using these products. Segmentation 
involves isolating a desired portion of an image and Sepa 
rating that portion from the rest of the image. 
0004 Conventionally, some photo-editors provide seg 
mentation tools based on user-based Seeds that must be 
placed on desired Segmentation boundaries. However, this is 
often a tedious task Since the Seeds must be very carefully 
placed. For instance, it is usually necessary to place numer 
ous seeds directly on the boundary. Although Some conven 
tional photo-editors do provide for more relaxed Seed place 
ment, these Segmentation tools tend to produce inaccurate 
results. 

0005 Accordingly, it would be desirable and highly 
advantageous to provide improved Segmentation techniques 
for photo-editing that overcome the problems of conven 
tional approaches. 

SUMMARY OF THE INVENTION 

0006. In various embodiments of the present invention, 
an image editing System comprises an input device for 
inputting an image, a graphical user interface for Selecting 
background and object Seeds for the image, and an image 
processor for editing the image. The image processor has 
various editing routines, including a Segmentation routine 
that builds a graph associated with the image and uses a 
graph cut algorithm to cut the graph into Segments. The user 
marks certain pixels as “object' or “background” to provide 
hard constraints for Segmentation. Additional Soft con 
Straints incorporate both boundary and regional information. 
Graph cuts are used to find the globally optimal Segementa 
tion of the image. The obtained Solution gives the best 
balance of boundary and region properties Satisfying the 
constraints. 

0007 According to various embodiments of the present 
invention, the nodes of the graph represent portions of the 
image, Such as pixels (voxels). The edges of the graph 
represent neighborhood relationships among the nodes. The 
graph also includes a background terminal node and an 
object terminal node. Each of the non-terminal nodes of the 
graph is connected to both the background terminal node 
and the object terminal node. 
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0008. The edges of the graph are each assigned a cost 
value. The cost values are preferably determined according 
to a cost function that is defined in terms of boundary and 
region properties of Segments. In addition, the cost function 
uses the Seed positions to assign cost values. A graph cut is 
performed using a Suitable graph cut algorithm. Inexpensive 
edges are attractive choices for a minimum graph cut. 
0009. The image editing system can further be configured 
with an output device (e.g., computer monitor, printer) for 
outputting the Segmented image. The graphical user inter 
face allows additional background and object Seeds to be 
input. By reviewing the results of initial Segmentation, the 
user will See which areas of the image were incorrectly 
Segmented. Then the user can place additional Seeds to 
correct the problem. This interactive process of adding Seeds 
may be continued until the user obtains Satisfactory results. 
0010. These and other aspects, features and advantages of 
the present invention will become apparent from the fol 
lowing detailed description of preferred embodiments, 
which is to be read in connection with the accompanying 
drawings. 

BRIEF DESCRIPTION OF THE DRAWINGS 

0011) 
System; 

FIG. 1 is a block diagram of a typical photo-editing 

0012 FIG. 2 is a block diagram of various routines 
asSociated with an embodiment of the present invention; 
0013 FIG. 3 illustrates segmentation of a photograph 
using graph cuts, 
0014 FIG. 4 is a workflow diagram showing the use of 
graph cuts to perform Segmentation of a 2D image; 
0015 FIG. 5(a) illustrates segmentation of a photograph 
using graph cuts with the regional term included; 
0016 FIG. 5(b) illustrates segmentation of a photograph 
using graph cuts without the regional term; and 
0017 FIG. 6 illustrates segmentation of a video sequence 
using graph cuts. 

DESCRIPTION OF PREFERRED 
EMBODIMENTS 

0018 Referring to FIG. 1, a typical photo-editing system 
100 includes a scanner 110 (or other digital image source, 
Such as a digital camera), a personal computer 120 (or other 
digital image processor) with a keyboard 124 and mouse 126 
(or other input devices), a printer 130 (or other output 
devices). Except for certain aspects of the Software, to be 
discussed in detail hereinafter, the photo-editing System may 
comprise commercially available hardware and Software 
components, assembled in a manner that will be readily 
apparent to one skilled in the art. 
0019. In an exemplary embodiment of the present inven 
tion, as shown in simplified block diagram form in FIG. 2, 
the Software 200 that controls the personal computer 120 
includes an operating system (such as MICROSOFT WIN 
DOWSTM) having a graphical user interface 220 whereby a 
user may use a pointing device, Such as the mouse 126, Via 
a pointer driver 226 to Select and operate various controls 
(e.g., buttons, menus) appearing on the Screen of monitor 
122 under control of the display driver 222 thereby gener 
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ating control Signal inputs 125 to an application program 
Such as an image processor 240. The image processor 240 
can include various routines for performing various editing 
and other imaging functions. For instance, the image pro 
ceSSor 240 can interact with a cropping routine 242 for 
trimming an image, a touch-up routine 244 for making Small 
changes and corrections to an image, and a Segmentation 
routine 246 for Separating portions of an image. The Seg 
mentation routine 246 is described in greater detail herein 
after with respect to FIGS. 3-6. The image processor 240 
also includes an image memory 245 for Storing in known 
fashion the original image. The image processor 240 
receives image data from the Scanner 110 via a Scanner 
driver 228 and outputs image data not only to the monitor 
122 via graphics user interface 220, but also via printer 
driver 224 to the printer 130. 

0020 Referring to FIGS. 3(a) and 3(b) the process of 
using the segmentation routine 246 is illustrated. FIG.3(a) 
shows an original photograph that was inputted into the 
image processor 240. FIG.3(b) shows a bell and group of 
people Segmented from this photograph. A user can Start by 
entering a few “object” and “background” seeds loosely 
positioned inside and, correspondingly, outside the object(s) 
of interest (i.e., the bell and group of people). By reviewing 
the results of initial Segmentation the user will see which 
areas are Segmented incorrectly. Then the user can put 
additional seeds into the troubled places. This interactive 
process of adding Seeds may be continued until the user 
obtains Satisfactory results. 

0021. The present invention provides a general-purpose 
interactive Segmentation technique that divides an image 
into two Segments: “object' and “background'. A user 
imposes certain hard constraints for Segmentation by indi 
cating certain pixels (seeds) that have to be part of the object 
and certain pixels that have to be part of the background. 
Intuitively, these hard constraints provide clues on what the 
user intends to Segment. The rest of the image is Segmented 
automatically by computing a global optimum among all 
Segmentations Satisfying the hard constraints. A cost func 
tion is defined in terms of boundary and region properties of 
the Segments. These properties can be viewed as-Soft con 
Straints for Segmentation. A globally optimal Segmentation 
can be very efficiently recomputed when the user adds or 
removes any hard constraints (seeds). This allows the user to 
get any desired Segmentation results quickly via very intui 
tive interactions. This method applies to all N-D images 
(volumes). 
0022. One of the main advantages of the interactive 
Segmentation method employed herein is that it provides a 
globally optimal Solution for the N-dimensional Segmenta 
tion when the cost function is clearly defined. Some earlier 
techniques can do that only in 2D applications when a 
Segmentation boundary is a 1D curve. Other techniques 
either don’t have a clear cost function at all (e.g., region 
growing, split and merger) or compute only an approximate 
Solution (e.g., a local minimum) that can be arbitrarily far 
from the global optimum (region competition, level set 
methods, normalized cuts). Global properties of Such seg 
mentation may be difficult to analyze or predict. Imperfec 
tions in the result might come from deficiencies at the 
minimization Stage. In contrast, imperfections of a globally 
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optimal solution are directly related to the definition of the 
cost function. Thus, the Segmentation can be controlled 
more reliably. 
0023. It is also important that the cost function used as a 
Soft constraint for Segmentation is general enough to include 
both region and boundary properties of Segments. Consider 
an arbitrary Set of data elements P and Some neighborhood 
System represented by a set N of all unordered pairs {p,q} 
of neighboring elements in P. For example, P can contain 
pixels (or voxels) in a 2D (or 3D) grid and N can contain all 
unordered pairs of neighboring pixels (voxels) under a 
Standard 8- (or 26-) neighborhood System. Let A=(A, ..., 
A. . . . .A.) be a binary vector whose components A 
specify assignments to pixels p in P. Each A can be either 
“obj” or “bkg” (abbreviations of “object” and “back 
ground”). Vector A defines a segmentation. Then, the Soft 
constraints that we impose on boundary and region proper 
ties of A are described by the cost function E(A): 

E(A)=AR(A)+B(A) (1) 
0024 

where 

R(A) = XR (Ap) (2) 
peP 

B(A) = X. Bipal 0(Ap, A) (3) 
p,q}ew 

and 

1 if A + A Ö(Ap, A) = (Ap, Aa) { otherwise. 

0025 The coefficient 20 in (1) specifies the relative 
importance of the region properties term R(A) versus the 
boundary properties term B(A). The regional term R(A) 
assumes that the individual penalties for assigning pixel p to 
“object” and “background", correspondingly R() may 
reflect on how the intensity of pixel p fits into a known 
intensity model (e.g., histogram) of the object and back 
ground. 
0026. The term B(A) comprises the “boundary” proper 
ties of segmentation A. Coefficient Be0 should be 
interpreted as a penalty for discontinuity between p and q. 
Normally, B{qp} is large when pixels p and q are Similar 
(e.g., in their intensity) and B is close to Zero when the 
two are very different. The penalty B can also decrease 
as a function of distance between p and q. Costs B may 
be based on local intensity gradient, Laplacian Zero-croSS 
ing, gradient direction, and other criteria. 
0027 Hard constraints that indicate segmentation regions 
rather than the boundary are considered. It is assumed that 
Some pixels were marked as internal and Some as external 
for the given object of interest. The Subsets marked pixels 
will be referred to as “object” and “background” seeds. The 
Segmentation boundary can be anywhere but it has to 
Separate the object Seeds from the background Seeds. Note 
that the Seeds can be loosely positioned inside the object and 
background regions. The Segmentation technique described 
herein is quite Stable and normally produces the same results 
regardless of particular Seed positioning within the same 
image object. 
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0028. Obviously, the hard constraints by themselves are 
not enough to obtain a good Segmentation. A Segmentation 
method decides how to Segment unmarked pixels. Some 
conventional techniques use the Same type of hard con 
Straints as the present invention but they do not employ a 
clear cost function and Segment unmarked pixels based on 
variations of “region growing'. Since the properties of 
Segmentation boundary are not optimized, the results are 
prone to “leaking” where the boundary between objects is 
blurry. In contrast, the present invention combines the hard 
constraints as above with energy (1) that incorporates region 
and boundary properties of Segments. 
0029. The segmentation technique described herein is 
based on powerful graph cut algorithms from the field of 
combinational optimization. The implementation uses a new 
version of the “max-flow” algorithm. Next we provide some 
terminology for graph cuts and provide Some background 
information. 

0030 Graph Cuts First, we describe the basic terminol 
ogy that pertains to graph cuts in the context of our Seg 
mentation method. An undirected graph G=(V,E) is defined 
as a set of nodes (vertices V) and a set of undirected edges 
(E) that connect these nodes. An example of a graph that we 
use in this paper is shown in FIG. 4(a). Each edge eeE in the 
graph is assigned a nonnegative weight (cost) (). There are 
also two special nodes called terminals. A cut is a Subset of 
edges CCE Such that the terminals become Separated on the 
induced graph G(C)=(V,E\C). It is normal in combinatorial 
optimization to define the cost of a cut as the Sum of costs 
of the edges that it severs 

C = X w.e. 
ee C 

0.031 Graph cut formalism is well Suited for segmenta 
tion of images. In fact, it is completely appropriate for 
N-dimensional Volumes. The nodes of the graph can repre 
sent pixels (or Voxels) and the edges can represent any 
neighborhood relationship between the pixels. A cut parti 
tions the node in the graph. As illustrated in FIGS. 4(c) and 
(d), this partitioning corresponds to a segmentation of the 
underlying image or Volume. A minimum cost cut generates 
a Segmentation that is optimal in terms of properties that are 
built into the edge weights. 
0.032 Segmentation Technique 
0033. In this section we provide algorithmic details about 
the Segmentation technique. ASSume that O and B denote the 
Subsets of pixels marked as “object' and “background” 
seeds. Naturally, the subsets OCP and B C P are such that 
O?h B=(p. Remember that our goal is to compute global 
minimum of (1) among all segmentations A Satisfying hard 
constraints 

WpeO, A="obj” (4) 
Wpe B, A="bkg (5) 

0034. The general work flow is described in conjunction 
with FIG. 4. Given an image 410 we create a graph 420 with 
two terminals 422,424. The edge weights reflect the param 
eters in the regional (2) and the boundary (3) terms of the 
const function, as well as the known positions of Seeds in the 
image. 
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0035. The next step is to compute the globally optimal 
minimum cut. This cut gives a segmentation 430 of the 
original image 410. In the simplistic examples of FIG. 3 the 
image is divided into exactly one “object' and one “back 
ground” region. In general, Our Segmentation method gen 
erates binary Segmentation with arbitrary topological prop 
erties. Other examples will illustrate that object and 
background Segments may comprise Several isolated con 
nected blobs in the image. 

0036 Below we describe the details of the graph and 
prove that the obtained Segmentation is optimal. To Segment 
a given image we create a graph G=(V,E) with nodes 
corresponding to pixels peP of the image. There are two 
additional nodes: an “object’ terminal (a Source S) and a 
“background” terminal (a sink T). Therefore, 

0037. The set of edges E consists of two types of undi 
rected edges: n-links (neighborhood links) and t-links (ter 
minal links). Each pixel p has two t-links {p,S) and {p,T} 
connecting it to each terminal. Each pair of neighboring 
pixels {p,q} in N is connected by an n-link. Without 
introducing any ambiguity, an n-link connecting a pair of 
neighbors p and q will be denoted {p,q}. Therefore, 

0038. The following table gives weights of edges in E 

edge weight (cost) for 

{p, q} B{p,q} {p, q} e N 
{p, S} W. R. (“bkg) pe P. p if OUB 

K p if O 
O p if B 

{p, T. W. R. (“obj') pe P. p if OUB 
O pe O 
K pe B 

0.039 where 

0040. The graph G is now completely defined. We draw 
the Segmentation boundary between the object and the 
backgroundby finding the minimum cost cut on the graph G. 
The minimum cost cut C on G can be computed exactly in 
polynomial time via algorithms for two terminal graph cuts 
assuming that the edge weights Specified in the table above 
are non-negative. 

0041) Below we state exactly how the minimum cut C 
defines a segmentation A and prove this segmentation is 
optimal. We need one technical lemma. Assume that F 
denotes a Set of all feasible cuts C on graph G Such that 
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0042 C severs exactly one t-link at each p 

0043 p,q}eC iff p, q are t-linked to different ter 
minals 

0044) if peo then {p,TeC 
0.045 if peB trhen {p,SeC. 

0.046 Lemma 1 The Minimum Cut on G is Feasible, i.e., 
CeF. 

0047 Proof: C severs at least one t-link at each pixel 
Since it is a cut that separates the terminals. On the other 
hand, it cannot Sever both t-links. In Such a case it would not 
be minimal Since one of the t-links could be returned. 
Similarly, a minimum cut should sever an n-link {p,q} if p 
and q are connected to the opposite terminals just because 
any cut must Separate the terminals. If p and q are connected 
to the same terminal, then C should not sever unnecessary 
n-link {p,q} due to its minimality. The last two properties are 
true for C because the constant K is larger than the Sun of all 
n-linkS costs for any given pixel p. For example, if peC) and 
C severs {p,S} (costs K) then we would construct a smaller 
cost cut by restoring {p,S) and severing all n-links from p 
(costs less than K) as well as the opposite t-link {p,T} (zero 
cost). 

0.048 For any feasible cut CeF we can define a unique 
corresponding segmentation A(C) Such that 

0049. The definition above is coherent since any feasible 
cut SeverS exactly one of the two t-links at each pixelp. The 
lemma showed that a minimum cut C is feasible. Thus, we 
can define a corresponding segmentation A=A(C). The next 
theorem completes the description of our algorithm. 

0050. Theorem 1 The Segmentation A=A(C) Defined by 
the Minimum Cut C as in (6) Minimizes (1) Among All 
Segmentations Satisfying Constraints (4, 5). 

0051 Proof: Using the table of edge weights, definition 
of feasible cuts F, and equation (6) one can show that a cost 
of any CeF is 

|C1 = X A. R.A. (C))+ X Bipal O(Ap(C), A (C) 
petOUB p.gew 

peo peB 

0052) Therefore, C=E(A(C))-const(C). Note that for 
any CeF assignment A(C) satisfies constraints (4, 6). In fact, 
equation (6) gives one-to-one correspondence between the 
set of all feasible cuts in F and the set H of all assignments 
A that satisfy hard constraints (4, 5). Then, 
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E(A) |C -- COilSt 

= minC+ const 
CeF 

= nin(EAC) 
= min E(A min E(A) 

0053) 
0054) To conclude this section we would like to show that 
the algorithm can efficiently adjust the Segmentation to 
incorporate any additional Seeds that the user might inter 
actively add. To be specific, assume that a max-flow algo 
rithm is used to determine the minimum cut G. The max 
flow algorithm gradually increases the flow Sent from the 
Source S to the Sink Talong the edges in G given their 
capacities (weights). Upon termination the maximum flow 
Saturates the graph. The Saturated edges correspond to the 
minimum cost cut on G giving us an optimal Segmentation. 

and the theorem is proved. 

0055 Assume now that an optimal segmentation is 
already computed for Some initial Set of Seeds. A user adds 
a new “object'. Seed to pixel p that was not previously 
assigned any Seed. We need to change the costs for two 
t-links at p 

t-link initial cost new COSt 

{p, S} WR (“bkg) K 
{p, T. WR (“obf) O 

0056 and then compute the maximum flow (minimum 
cut) on the new graph. In fact, we can start from the flow 
found at the end of initial computation. The only problem is 
that reassignment of edge weights as above reduces capaci 
ties of Some edges. If there is a flow through Such an edge 
then we may break the flow consistency. Increasing an edge 
capacity, on the other hand, is never a problem. Then, we can 
solve the problem as follows. 
0057 To accommodate the new “object' seed at pixel p 
we increase the t-links weights according to the table 

initial 
t-link cost add new cost 

{p, S} WR (“bkg) K+ AR (“obi") K+ c, 
{p, T} AR (“obj') WR (“bkg) Cp 

0058. These new costs are consistent with the edge 
weight table for pixels in O since the extra constant c, at 
both t-links of a pixel does not change the optimal cut. Then, 
a maximum flow (minimum cut) on a new graph can be 
efficiently obtained starting from the previous flow without 
re-computing the whole Solution from Scratch. 

0059) Note that the same trick can be done to adjust the 
Segmentation when a new "background' Seed is added or 
when a Seed is deleted. One has to figure the right amounts 
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that have to be added to the costs of two t-links at the 
corresponding pixel. The new costs should be consistent 
with the edge weight table plus or minus the same constant. 

EXAMPLES 

0060 We demonstrate the general-purpose segmentation 
method in Several examples including photo/video editing. 
We show original data and Segments generated by our 
technique for a given Set of Seeds. Our actual interface 
allows a user to enter Seeds via mouse operated brush of red 
(for object) or blue (for background) color. Due to limita 
tions of the B&W publication we show seeds as strokes of 
white (object) or black (background) brush. In addition, 
these strokes are marked by the letters “O'” and “B”. For the 
purpose of clarity, we employ different methods for the 
presentation of Segmentation results in our examples below. 
0061 Our current implementation actually makes a 
double use of the seeds entered by a user. First of all, they 
provide the hard constraints for the Segmentation proceSS as 
discussed above. In addition, we use intensities of pixels 
(voxels) marked as seeds to get histograms for “object” and 
“background” intensity distributions: Pr(IO) and Pr(IB). 
Then, we use these histograms to Set the regional penalties 
R() as negative log-liklihoods: 

0062) To set the boundary penalties we use an ad-hoc 
function 

(I. - 1) 1 
has est- 2-2 distip, a 

0.063. This function penalizes a lot for discontinuities 
between pixels of similar intensities when I-I-O. How 
ever, if pixels are very different, |I-IPO, then the penalty 
is Small. Intuitively, this function corresponds to the distri 
bution of noise among neighboring pixels of an image. Thus, 
O can be estimated as “camera noise'. 

0064. Note that we use an 8-neighborhood system in 2D 
examples and 26-neighborhood System in 3D examples. All 
running times are given for 333 MHZ Pentium III. Our 
implementation uses a new “max-flow” algorithm from 2. 
0065. Photo and Video Editing 
0066. In FIGS. 3(a)-(b) we illustrated the segmentation a 
bell with a group of people from a photograph. The user can 
start with a few “object” and “background” seeds loosely 
positioned inside and, correspondingly, outside the object(s) 
of interest. By reviewing the results of initial Segmentation 
the user will see what areas are Segmented incorrectly. Then 
(S)he can put additional Seeds into the troubled places and 
efficiently recomputed the optimal Segmentation. This pro 
ceSS of adding Seeds gives more clues to the algorithm and 
may be continued until the user likes the results. 
0067 Naturally, the hope is that the method can quickly 
identify the right object. The user would not like to keep 
adding new Seeds until the whole image is covered in Seeds. 
This is no better than manual Segmentation. The perfor 
mance of the algorithm can be judged by the efforts required 
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from the user. Thus, the results of our Segmentation are 
shown with Seeds that we entered to get this segmentation. 
0068. Our segmentation algorithm runs in less than a 
second for most 2D images (up to 512x512) with a fixed set 
of seeds. When additional seeds are entered the Solution is 
recomputed in the blink of an eye. Thus, the Speed evalua 
tion of our method in 2D is mainly concerned with the user 
efforts. The detailed segmentation in FIG. 3(b) is obtained 
in approximately a minute. Note that in this example the 
algorithm created Some isolated “background” segments. In 
fact, the algorithm automatically decided which "back 
ground' Seeds were grouped together and which were placed 
into isolated Segments. The same is equally true for the 
“object Seeds. The Segments can have any topology. 

0069. In many cases the regional term of energy (1) helps 
to get the right results faster. In FIGS. 5(a) and 5(b) we show 
Some details of Segmentation with and without the regional 
term (0=0) given the same sets of seeds. In FIG. 5(b) the 
user would spend more time by placing additional "back 
ground' Seeds to correct imperfections. 

0070 The globally minimum two-terminal cut can be 
computed on any graph. Thus, our technique is valid for 
segmentation of N-D data. In FIG. 6 we segmented moving 
cars in a video Sequence. The Sequence of 21 video frames 
(255x189) was treated as a single 3D volume. The necessary 
seeds were entered in a simple 3D interface where we could 
browse through individual 2D slices (frames) of the volume. 
Initial Seeds can be entered in just a few representative 
frames. Note that the boundary, region, and seed information 
is automatically propagated between the Slices since we 
compute a globally optimum Solution directly on the 3D data 
Set. Thus, the whole Sequence can be segmented based on 
Seeds placed in just a few frames. For example, entering 
correcting Seeds in one frame can fix imperfections in many 
adjacent frames. The results in FIG. 6 are obtained by 
placing Seeds in 3 out of 21 frames. Each car was Segmented 
in an independent experiment. We do not show Seeds to 
avoid confusion. 

0071. The computation of the minimum cut is slower in 
3D cases. The initial Segmentation might take from 2-3 
seconds on smaller volumes (200x200x10) to a few minutes 
on bigger ones (512x512x50). Thus, efficient re-computing 
of an optimal Solution when new Seeds are added is crucial. 
Most of the time the new seeds are incorporated in a few 
Seconds even for bigger Volumes. Therefore, we can Still 
consider our method as “interactive'. The results in FIG. 6 
can be obtained in approximately 30 Seconds including user 
interactions. 

0072 The process of placing seeds can be automated for 
certain applications. The Seeds should be positioned with a 
low probability of “false alarm' while the probability of 
“right detect' is not required to be high. Even very simple 
recognition techniques based on filters might be good 
enough if the corresponding threshold is Set high. Such 
filters would have difficulties near the boundaries of objects 
but they can confidently place many Seeds anywhere else. 
These Seeds give hard constraints. Based on additional Soft 
constraints (1) the minimum cut can complete the segmen 
tation where the recognition method failed. 
0073 Although illustrative embodiments of the present 
invention have been described herein with reference to the 
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accompanying drawings, it is to be understood that the 
invention is not limited to those precise embodiments, and 
that various other changes and modifications may be 
affected therein by one skilled in the art without departing 
from the Scope or Spirit of the invention. 
What is claimed is: 

1. An image editing System, comprising: 
an input device for inputting an image; 
a graphical user interface for Selecting background and 

object Seeds for the image; and 
an image processor for editing the image, the image 

processor including a Segmentation routine that builds 
a graph asSociated with the image and uses a graph cut 
algorithm to cut the graph into Segments. 

2. The image editing System of claim 1, wherein nodes of 
the graph represent portions of the image. 

3. The image editing System of claim 2, wherein the 
portions of the image are one of pixels and Voxels. 

4. The image editing System of claim 2, wherein the edges 
of the graph represents neighborhood relationships among 
the nodes. 

5. The image editing System of claim 2, wherein the graph 
includes a background terminal node and an object terminal 
node. 

6. The image editing System of claim 5, wherein each of 
the non-terminal nodes of the graph is connected to both the 
background terminal node and the object terminal node. 

7. The image editing System of claim 6, wherein the edges 
of the graph are each assigned a cost value. 

8. The image editing System of claim 7, wherein the cost 
values are determined according to a cost function that is 
defined in terms of boundary and region properties. 

9. The image editing System of claim 8, wherein the cost 
function uses the background and object Seed positions. 

10. The image editing system of claim 7, wherein the 
graph is cut Such that the total cost value of Severed edges 
is minimized. 

11. The image editing System of claim 1, further com 
prising an output device for displaying the Segmented 
image. 

12. The image editing System of claim 1, wherein the 
graphical user interface allows additional background and 
object Seeds to be input. 
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13. A method for editing an-image, comprising the Steps 
of: 

Selecting background and object Seeds for the image; and 
Segmenting the image by building a graph asSociated with 

the image and using a graph cut algorithm to cut the 
graph into Segments. 

14. The method of claim 13, wherein nodes of the graph 
represent portions of the image. 

15. The method of claim 14, wherein the portions of the 
image are one of pixels and Voxels. 

16. The method of claim 14, wherein the edges of the 
graph represents neighborhood relationships among the 
nodes. 

17. The method of claim 14, wherein the graph includes 
a background terminal node and an object terminal node. 

18. The method of claim 17 wherein each of the non 
terminal nodes of the graph is connected to both the back 
ground terminal node and the object terminal node. 

19. The method of claim 18, further including assigning 
a cost value to each of the edges of the graph. 

20. The method of claim 19, wherein the cost values are 
determined according to a cost function that is defined in 
terms of boundary and region properties. 

21. The-method of claim 20, wherein the cost function 
uses the background and object Seed positions. 

22. The method of claim 19, wherein the graph is cut such 
that the total cost value of Severed edges is minimized. 

23. The method of claim 13, further including the step of 
displaying the Segmented image. 

24. The method of claim 13, further including the step of 
Selecting additional background and object Seeds. 

25. A program Storage device readable by a machine, 
tangibly embodying a program of instructions executable on 
the machine to perform method Steps for editing an image, 
comprising the method steps of 

Selecting background and object Seeds for the image; and 

Segmenting the image by building a graph asSociated with 
the image and using a graph cut algorithm to cut the 
graph into Segments. 


