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Algorithm 1: Proposed SRF-GAN training

2
3
4
5
6
7

9
10

11

12
13
14
15

16

Input : Mini-batch of image set T = {I'", I!"} ¥,
and pre-trained [
Output: Trained SRF generator (¢ and detector T’
/I Sec IV-A : Learning G and D while freezing F
for by = 1. - By do
Extract P, Pff — G'{_F(Iff;)], F(I}i’l')]l
Train D by maximizing L,q,, (P, P,{_’;") in Eq. (1)
Train G by minimizing Lspr(F}7, Pg‘;‘) in Eq. (2)
end
// Sec IV-B: Learning M embedded GG and D while
freezing F'
for k2 =1, ..., K2 do

Extract Pir, Pt + M(G(I)). F(I)
Train D by maximizing Laav,, (PiT,1**(P{r)) by
Eq. (1)
Train M by minimizing Lynp (Pl **(Pgl)) by
Eq. (3)
end
// Sec 1V-C: Learning T with G

for rtﬂ;g = 1, g 1{3 do
Train 7" by minimizing Lper(T(G(1;)))) by Eq.
(4), Eq. (5), Eq. (6), or Eq. (7)
end
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