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FIG.2 

100. COMPUTER GRAPHICS SYSTEM 10 
IDENTIFIES POINT IN SCENE FOR WHICH PIXEL 
VALUE IS TO BE GENERATED. 

101. COMPUTER GRAPHICS SYSTEM 10 
GENERATES "N" ELEMENTS OF A TWO 
DIMENSIONAL HALTON SEQUENCE 
REPRESENTING POINTS ON THE LIGHT 
SOURCE WHICH ARE TO BE USED IN 
APPROXIMATION OF THE PIXEL VALUE TO 
PROVIDE FOR APPEARANCE OF SOFT 
SHADOWS IN IMAGE INCLUDING PIXEL WHOSE 
PIXEL VALUE IS BEING GENERATED. 

(02. FOR EACH OF THE "N" ELEMENTS OF THE 
TWO-DIMENSIONAL HALTON SEQUENCE 
GENERATED m STEP 101, COMPUTER 
GRAPHICS SYSTEM 10 GENERATES A VALUE 
FOR THE SOFT SHADOWS ILLUMINATION 
FUNCTION (EQUATION (7)), usme THE 
ELEMENT OF THE HALTON SEQUENCE AS THE 
COORDINATES OF THE POINT ON THE LIGHT 
SOURCE. 

103. COMPUTER GRAPHICS SYSTEM 10 
GENERATES PIXEL VALUE FOR POINT IN 
SCENE AS AVERAGE OF THE VALUES 
GENERATED IN STEP 102. 



U.S. Patent Mar. 4, 2003 Sheet 3 0f 9 US 6,529,193 B1 

FIG.3 

110. COMPUTER GRAPHICS SYSTEM 10 
IDENTIFIES POINT IN SCENE FOR WHICH PIXEL 
VALUE IS TO BE GENERATED. 

61. COMPUTER GRAPHICS SYSTEM 10 
GENERATES "N" ELEMENTS OF A TWO 
DIMENSIONAL HALTON SEQUENCE 
REPRESENTING POINTS (X',Y') ON LENS WHICH 
ARE TO BE USED IN APPROXIMATION OF THE 
PIXEL VALUE TO PROVIDE SIMULATION OF 
DEPTH OF FIELD FOR THE LENS IN IMAGE 
INCLUDING PIXEL WHOSE PIXEL VALUE IS 
BEING GENERATED. 

112. FOR EACH OF THE "N" ELEMENTS OF THE 
TWO-DIMENSIONAL HALTON SEQUENCE 
GENERATED IN STEP 111, COMPUTER 
GRAPHICS SYSTEM 10 GENERATES A VALUE 
FOR THE LUMINANCE FUNCTION L-(BAR) 
(X,Y,X',Y'), USING THE ELEMENT OF THE 
HALTON SEQUENCE AS THE COORDINATES OF 
THE POINT ON THE LENS (X',Y'). 

113. COMPUTER GRAPHICS SYSTEM 10 
GENERATES A PIXEL VALUE FOR POINT IN 
SCENE AS THE AVERAGE OF THE VALUES 
GENERATED IN STEP 112. 
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FIG.4 

120. COMPUTER GRAPHICS SYSTEM 10 
IDENTIFIES POINT IN SCENE FOR WHICH PIXEL 
VALUE IS TO BE GENERATED. 

121. COMPUTER GRAPHICS SYSTEM 10 
GENERATES "N" ELEMENTS OF A ONE 
DIMENSIONAL HALTON SEQUENCE 
REPRESENTING POINTS IN TIME "T" WHICH 
ARE TO BE USED IN APPROXIMATION OF THE 
PIXEL VALUE TO PROVIDE SIMULATION OF 
MOTION BLUR IN IMAGE INCLUDING PIXEL 
WHOSE PIXEL VALUE IS BEING GENERATED. 

122. FOR EACH OF THE "N" ELEMENTS OF THE 
ONE-DIMENSIONAL HALTON SEQUENCE 
GENERATED IN STEP 121, COMPUTER 
GRAPHICS SYSTEM 10 GENERATES A VALUE 
FOR THE LUMINANCE FUNCTION L(X,Y,T), 
USING THE ELEMENT OF THE HALTON 
SEQUENCE AS THE POINT IN TIME "T" OVER 
WHICH MOTION BLUR IS TO BE GENERATED. 

123. COMPUTER GRAPHICS SYSTEM 10 
GENERATES A PIXEL VALUE FOR POINT IN 
SCENE AS THE AVERAGE OF THE VALUES 
GENERATED IN STEP 122. 
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FIG.5 

130. COMPUTER GRAPHICS SYSTEM 10 
IDENTIFIES IMAGE REGION FOR WHICH PIXEL 
VALUES ARE TO BE GENERATED 

6 COMPUTER GRAPHICS SYSTEM 10 
GENERATES "N" ELEMENTS OF A TWO 
DIMENSIONAL HALTON SEQUENCE 
REPRESENTING POINTS "(X,Y)" ON IMAGE 
REGION FOR WHICH PIXEL VALUES ARE TO BE 
GENERATED, WHICH POINTS ARE TO BE USED 
IN APPROXIMATION OF PIXEL VALUES TO 
PROVIDE SIMULATION OF JITTERING FOR THE 
PIXELS IN THE IMAGE REGION IDENTIFIED IN 
STEP 130. 

132. FOR EACH OF THE PIXELS CONTAINED IN 
THE IMAGE REGION, IDENTIFY THE POINTS 
"(X,Y)" IDENTIFIED BY THE TWO-DIMENSIONAL 
HALTON SEQUENCE GENERATED IN STEP 131 
THAT ARE CONTAINED WITHIN THE AREA OF 
THE PIXEL. 
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FIG._5A 

133. FOR EACH OF THE POINTS IDENTIFIED IN 
STEP 132, COMPUTER GRAPHICS SYSTEM 10 
GENERATES A VALUE FOR THE COLOR 
FUNCTION L(X,Y) USING THE ELEMENT OF THE 
HALTON SEQUENCE AS THE POINT (X,Y) OVER 
WHICH JITTERING IS TO BE GENERATED. 

134. FOR EACH PIXEL IDENTIFIED IN STEP 132, 
COMPUTER GRAPHICS SYSTEM 10 
GENERATES PIXEL VALUE FOR THE PIXEL AS 
THE AVERAGE OF THE COLOR FUNCTION 
VALUES GENERATED IN STEP 133. 
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FIG.6 

140. COMPUTER GRAPHICS SYSTEM 10 
SPECIFIES KERNEL K(X,Y) FOR INTEGRAL FOR 
RENDERING EQUATION (EQUATION (15)) FOR 
POINT "X" AND DIRECTION "W" IN SCENE FOR 
WHICH RADIANCE VALUE L(X,W) IS TO BE 
GENERATED 

141. A VALUE FOR "N," THE NUMBER OF 
ESTIMATORS TO BE GENERATED, IS 
SELECTED AND LOADED INTO A COUNTER 

142. COMPUTER GRAPHICS SYSTEM 10 
ESTABLISHES AND INITIALIZES A RADIANCE 
VALUE ACCUMULATOR 

143. COMPUTER GRAPHICS SYSTEM 
ESTABLISHES AND INITIALIZES A CURRENT 
ESTIMATOR ACCUMULATOR 

144. COMPUTER GRAPHICS SYSTEM 10 
GENERATES A VALUE FOR THE EMITTED 
RADIANCE TERM Le(X,W) (EQUATION (15)) AND 
ADDS VALUE TO CURRENT ESTIMATOR 
ACCUMULATOR 
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FIG. 6A 

145. COMPUTER GRAPHICS SYSTEM 10 
GENERATES NEXT COMPONENTS OF ELEMENT 
OF MULTI- DIMENSIONAL HALTON SEQUENCE 

146. COMPUTER GRAPHICS SYSTEM 10 USES 
K(X,Y) AND COMPONENTS OF MULTI 
DIMENSIONAL HALTON SEQUENCE 
GENERATED IN STEP 145 TO GENERATE 
VALUE FOR TERM OF ESTIMATOR (EQUATION 

7\\ 

147. COMPUTER GRAPHICS SYSTEM 10 
DETERMINES WHETHER VALUE GENERATED IN 
STEP 146 IS ZERO 

148. COMPUTER GRAPHICS SYSTEM 10 ADDS 
VALUE GENERATED IN STEP 146 TO CURRENT 
ESTIMATOR ACCUMULATOR 
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149. COMPUTER GRAPHICS SYSTEM 10 ADDS 
CONTENTS OF CURRENT ESTIMATOR 
ACCUMULATOR TO RADIANCE VALUE 
ACCUMULATOR 

150. COMPUTER GRAPHICS SYSTEM 10 
DECREMENTS COUNTER 

151. COMPUTER GRAPHICS SYSTEM 10 
DETERMINES WHETHER CURRENT VALUE OF NO 
COUNTER IS ZERO 

YES 

152. COMPUTER GRAPHICS SYSTEM 10 
DIVIDES CONTENTS OF RADIANCE VALUE 
ACCUMULATOR BY "N" TO GENERATE 
RADIANCE VALUE |_(x,w) 

FIG.6B 
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SYSTEM AND METHOD FOR GENERATING 
PIXEL VALUES FOR PIXELS IN AN IMAGE 

USING STRICTLY DETERMINISTIC 
METHODOLOGIES FOR GENERATING 

SAMPLE POINTS 

This application claims the bene?t of Provisional appli 
cation Ser. No. 60/022,011 ?led Jun. 25, 1996. 

FIELD OF THE INVENTION 

The invention relates generally to the ?eld of computer 
graphics, and more particularly to systems and methods for 
generating pixel values for pixels in the image. 

BACKGROUND OF THE INVENTION 

In computer graphics, a computer is used to generate 
digital data that represents the projection of surfaces of 
objects in, for example, a three-dimensional scene, illumi 
nated by one or more light sources, onto a tWo-dimensional 
image plane, to simulate the recording of the scene by, for 
example, a camera. The camera may include a lens for 
projecting the image of the scene onto the image plane, or 
it may comprise a pinhole camera in Which case no lens is 
used. The tWo-dimensional image is in the form of an array 
of picture elements (Which are variable termed “pixels” or 
“pels”), and the digital data generated for each pixel repre 
sents the color and luminance of the scene as projected onto 
the image plane at the point of the respective pixel in the 
image plane. The surfaces of the objects may have any of a 
number of characteristics, including shape, color, 
specularity, texture, and so forth, Which are preferably 
rendered in the image as closely as possible, to provide a 
realistic-looking image. 

Generally, the contributions of the light re?ected from the 
various points in the scene to the pixel value representing the 
color and intensity of a particular pixel are expressed in the 
form of the one or more integrals of relatively complicated 
functions. Since the integrals used in computer graphics 
generally Will not have a closed-form solution, numerical 
methods must be used to evaluate them and thereby generate 
the pixel value. Typically, a conventional “Monte Carlo” 
method has been used in computer graphics to numerically 
evaluate the integrals. Generally, in the Monte Carlo 
method, to evaluate an integral 

1 l 

(f) = [0 mm. ( ) 

Where f(x) is a real function on the real numerical interval 
from Zero to 1, inclusive, ?rst a number “N” statistically 
independent random numbers xi, i=1, . . . , N, are generated 

over the interval. The random numbers xi are used as sample 
points for Which sample values f(xi) are generated for the 
function f(x), and an estimate f for the integral is generated 
as 

L 1 N (2) 

(f) =f = N2 m) 
[:1 

As the number of random numbers used in generating the 
sample points f(xi) increases, the value of the estimate f Will 
converge toWard the actual value of the integral <f>. 
Generally, the distribution of estimate values that Will be 
generated for various values of “N,” that is, for various 
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2 
numbers of samples, of being normal distributed around the 
actual value With a standard deviation 0 Which can be 
estimated by 

1 i (3) 

if the values xi used to generate the sample values f(xi) are 
statistically independent, that is, if the values xi are truly 
generated at random. 

Generally, it has been believed that random methodolo 
gies like the Monte Carlo method are necessary to ensure 
that undesirable artifacts, such as Moire patterns and aliasing 
and the like, Which are not in the scene, Will not be generated 
in the generated image. HoWever, several problems arise 
from use of the Monte Carlo method in computer graphics. 
First, since the sample points xi used in the Monte Carlo 
method are randomly distributed, they may not be generally 
evenly distributed across the interval, but instead may clump 
in various regions over the interval over Which the integral 
is to be evaluated. Accordingly, depending on the set of 
random numbers Which are generated, in the Monte Carlo 
method for signi?cant portions of the interval there may be 
no sample points xi for Which sample values f(xi) are 
generated. In that case, the error can become quite large. In 
the context of generating a pixel value in computer graphics, 
the pixel value that is actually generated using the Monte 
Carlo method may not re?ect some elements Which might 
otherWise be re?ected if the sample points xi Were guaran 
teed to be generally evenly distributed over the interval. This 
problem can be alleviated someWhat by dividing the interval 
into a plurality of sub-intervals, but it is generally dif?cult to 
determine a priori the number of sub-intervals into Which the 
interval should be divided, and, in addition, in a multi 
dimensional integration region (Which Would actually be 
used in computer graphics, instead of the one-dimensional 
interval described here) the partitioning of the region into 
sub-regions of equal siZe can be quite complicated. 

In addition, since the method makes use of random 
numbers, the error |f—<f>| (Where represents the absolute 
value of the value “x”) betWeen the estimate value f and 
actual value <f>is probabilistic, and, since the error values 
for various values of “N” are normal distributed around the 
actual value <f>, only sixty-eight percent of the estimate 
values f that might be generated are guaranteed to lie Within 
one standard deviation of the actual value <f>. 

Furthermore, as is clear from equation (3), the standard 
deviation a decreases With increasing numbers of samples N, 
proportional to the reciprocal of square root of “N” (that is, 
l/VN). Thus, if it is desired to reduce the statistical error by 
a factor of tWo, it Will be necessary to increase the number 
of samples N by a factor of four, Which, in turn, increases the 
computational load that is required to generate the pixel 
values, for each of the numerous pixels in the image. 

Additionally, since the Monte Carlo method requires 
random numbers, an ef?cient mechanism for generating 
random numbers is needed. Generally, digital computers are 
provided With so-called “random number” generators, Which 
are computer programs Which can be processed to generate 
a set of numbers that are approximately random. Since the 
random number generators use deterministic techniques, the 
numbers that are generated are not truly random. HoWever, 
the property that subsequent random numbers from a ran 
dom number generator are statistically independent should 
be maintained by deterministic implementations of pseudo 
random numbers on a computer. 
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SUMMARY OF THE INVENTION 

The invention provides a neW and improved computer 
graphics system and method for generating pixel values for 
pixels in the image using a strictly deterministic methodol 
ogy for generating sample points for use in evaluating 
integrals de?ning aspects of the image. 

In brief summary, the computer graphics system in accor 
dance With the invention generates pixel values for pixels in 
an image of objects in a scene, using strictly-deterministic 
loW-discrepancy sequences, illustratively Halton sequences, 
as sample points for evaluating integrals Which are used to 
simulate a number of computer graphic techniques, includ 
ing 

(1) soft shadoWs generated for scenes illuminated by a 
light source having a ?nite extent, such as a disk, as 
opposed to a point light source; 

(2) Simulation of depth of ?eld; 
(3) motion blur; 
(4) jittering; and 
(5) global illumination. 

The computer graphics system uses the loW-discrepancy 
sequences: 

(1) in connection With soft shadoWs, to generate sample 
points over the ?nite extent of the light source illumi 
nating the scene; 

(2) in connection With simulation of depth of ?eld, to 
generate sample points over the area of the lens 
betWeen the scene and the image; 

(3) in connection With motion blur, to generate sample 
points over a time interval over Which motion blur is to 
be simulated for moving objects in the scene; 

(4) in connection With jittering, to generate jittered sample 
points over an image or a plurality of contiguous pixels; 
and 

(5) in connection With global illumination, to generate 
sample points for use in a strictly-deterministic Russian 
roulette methodology for generating estimators for use 
in simulating global illumination. 

Unlike the random numbers used in connection With the 
Monte Carlo technique, the loW discrepancy sequences 
ensure that the sample points are evenly distributed over a 
respective region or time interval, thereby reducing error in 
the image Which can result from clumping of such sample 
points Which can occur in the Monte Carlo technique. In 
particular, the invention facilitates the generation of images 
of improved quality When using the same number of sample 
points at the same computational cost as in the Monte Carlo 
technique. 

BRIEF DESCRIPTION OF THE DRAWINGS 

This invention is pointed out With particularity in the 
appended claims. The above and further advantages of this 
invention may be better understood by referring to the 
folloWing description taken in conjunction With the accom 
panying draWings, in Which: 

FIG. 1 depicts a computer graphics system constructed in 
accordance With the invention; and 

FIGS. 2 through 6 are ?oW-charts useful in understanding 
the operations of the computer graphics system depicted in 
FIG. 1, in accordance With the invention. 

DETAILED DESCRIPTION OF AN 
ILLUSTRATIVE EMBODIMENT 

The invention provides a computer graphic system and 
method for generating pixel values for pixels in an image of 
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4 
a scene, Which makes use of a strictly-deterministic meth 
odology for generating sample points for use in generating 
sample values for evaluating the integral or integrals Whose 
function(s) represent the contributions of the light re?ected 
from the various points in the scene to the respective pixel 
value, rather than the random or pseudo-random Monte 
Carlo methodology Which has been used in the past. The 
strictly-deterministic methodology ensures a priori that the 
sample points Will be generally evenly distributed over the 
interval or region over Which the integral(s) is (are) to be 
evaluated in a loW-discrepancy manner. 

FIG. 1 attached hereto depicts an illustrative computer 
system 10 that makes use of such a strictly deterministic 
methodology. With reference to FIG. 1, the computer system 
10 in one embodiment includes a processor module 11 and 
operator interface elements comprising operator input com 
ponents such as a keyboard 12A and/or a mouse 12B 
(generally identi?ed as operator input element(s) 12) and an 
operator output element such as a video display device 13. 
The illustrative computer system 10 is of the conventional 
stored-program computer architecture. The processor mod 
ule 11 includes, for example, one or more processor, 
memory and mass storage devices, such as disk and/or tape 
storage elements (not separately shoWn), Which perform 
processing and storage operations in connection With digital 
data provided thereto. The operator input element(s) 12 are 
provided to permit an operator to input information for 
processing. The video display device 13 is provided to 
display output information generated by the processor mod 
ule 11 on a screen 14 to the operator, including data that the 
operator may input for processing, information that the 
operator may input to control processing, as Well as infor 
mation generated during processing. The processor module 
11 generates information for display by the video display 
device 13 using a so-called “graphical user interface” 
(“GUI”), in Which information for various applications 
programs is displayed using various “Windows.” Although 
the computer system 10 is shoWn as comprising particular 
components, such as the keyboard 12A and mouse 12B for 
receiving input information from an operator, and a video 
display device 13 for displaying output information to the 
operator, it Will be appreciated that the computer system 10 
may include a variety of components in addition to or 
instead of those depicted in FIG. 1. 

In addition, the processor module 11 includes one or more 
netWork ports, generally identi?ed by reference numeral 14, 
Which are connected to communication links Which connect 
the computer system 10 in a computer netWork. The netWork 
ports enable the computer system 10 to transmit information 
to, and receive information from, other computer systems 
and other devices in the netWork. In a typical netWork 
organiZed according to, for example, the client-server 
paradigm, certain computer systems in the netWork are 
designated as servers, Which store data and programs 
(generally, “information”) for processing by the other, client 
computer systems, thereby to enable the client computer 
systems to conveniently share the information. A client 
computer system Which needs access to information main 
tained by a particular server Will enable the server to 
doWnload the information to it over the netWork. After 
processing the data, the client computer system may also 
return the processed data to the server for storage. In 
addition to computer systems (including the above 
described servers and clients), a netWork may also include, 
for example, printers and facsimile devices, digital audio or 
video storage and distribution devices, and the like, Which 
may be shared among the various computer systems con 
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nected in the network. The communication links intercon 
necting the computer systems in the network may, as is 
conventional, comprise any convenient information 
carrying medium, including wires, optical ?bers or other 
media for carrying signals among the computer systems. 
Computer systems transfer information over the network by 
means of messages transferred over the communication 
links, with each message including information and an 
identi?er identifying the device to receive the message. 
As noted above, the computer graphics system 10 gener 

ates piXel values for piXels in an image of a scene, which 
makes use of a strictly-deterministic methodology for select 
ing sample points used to generate sample values which are 
then used in evaluating the integral or integrals whose 
function(s) is represent the contributions of the light 
re?ected from the various points in the scene to the respec 
tive piXel value. In one particular embodiment, the strictly 
deterministic methodology used by the computer graphics 
system 10 provides a low-discrepancy sample point 
sequence which ensures, a priori, that the sample points are 
generally evenly distributed throughout the region over 
which the respective integrals are being evaluated. In one 
embodiment, the sample points that are used are based on a 
scalled Halton sequence. See, for example, J. H. Halton, 
Numerische Mathematik, Vol. 2, pp. 84—90 (1960) and W. H. 
Press, et al., Numerical Recipes in Fortran (2d Edition) page 
300 (Cambridge University Press, 1992). In a Halton 
sequence generated for number base “p,” where base “p” is 
a selected prime number, the “k-th” value of the sequence, 
represented by Hpk is generated by 

(1) writing the value “k” as a numerical representation of 
the value in the selected base “p,” thereby to provide a 
representation for the value as DMDM_1 . . . D2D1, 

where Dm (m=1, 2, . . . , M) are the digits of the 
representation, and 

(2) putting a radiX point (corresponding to a decimal point 
for numbers written in base ten) at the end of the 
representation DMDM_1 . . . D2D1 written in step (1) 
above, and re?ecting the digits around the radiX point 
to provide 0.D1D2 . . . DM_1DM, which corresponds to 
H . 

It will be appreciated that, regardless of the base “p” selected 
for the representation, for any series of values, one, two, . . 
. “k,” written in base “p,” the least signi?cant digits of the 
representation will change at a faster rate than the most 
signi?cant digits. As a result, in the Halton sequence Hpl, 
HPZ, . . . Hpk, the most signi?cant digits will change at the 
faster rate, so that the early values in the sequence will be 
generally widely distributed over the interval from Zero to 
one, and later values in the sequence will ?ll in interstices 
among the earlier values in the sequence. Unlike the random 
or pseudo-random numbers used in the Monte Carlo method 
as described above, the values of the Halton sequence are 
not statistically independent; on the contrary, the values of 
the Halton sequence are strictly deterministic, “maximally 
avoiding” each other over the interval, and so they will not 
clump, whereas the random or pseudo-random numbers 
used in the Monte Carlo method may clump. 

It will be appreciated that the Halton sequence as 
described above provides a sequence of values over the 
interval from Zero to one, inclusive along a single dimen 
sion. Amulti-dimensional Halton sequence can be generated 
in a similar manner, but using a different base for each 
dimension. 
A generaliZed Halton sequence, of which the Halton 

sequence described above is a special case, is generated as 
follows. For each starting point along the numerical interval 
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6 
from Zero to one, inclusive, a different Halton sequence is 
generated. De?ning the pseudo-sum XGBPy for any X and y 
over the interval from Zero to one, inclusive, for any integer 
“p” having a value greater than two, the pseudo-sum is 
formed by adding the digits representing “X” and “y” in 
reverse order, from the most-signi?cant digit to the least 
signi?cant digit, and for each addition also adding in the 
carry generated from the sum of neXt more signi?cant digits. 
Thus, if “X” in base “p” is represented by 0.X1X2 . . . 
XM_1XM, where each “Xm” is a digit in base “p,” and if “y” 
in base “p” is represented by 0.Y1Y2 . . . YN_1YN, where 
each “Yn” is a digit in base “p” (and where “M,” the number 
of digits in the representation of “X” in base “p”, and “N,” 
the number of digits in the representation of “y” in base “p”, 
may differ), then the pseudo-sum “Z” is represented by 
0.Z1Z2 . . . ZL_1ZL, where each “Z1” is a digit in base “p” 
given by Z,=(X,+Y,+C,) mod p, where “mod” represents the 
modulo function, and 

0 otherwise 

and C1 is set to Zero. 
Using the pseudo-sum function as described above, the 

generaliZed Halton sequence is generated as follows. If “p” 
is an integer, and X0 is an arbitrary value on the interval from 
Zero to one, inclusive, then the “p”-adic von Neumann 
Kakutani transformation TP(X) is given by 

and the generaliZed Halton sequence X0, X1, X2, . . . is de?ned 

recursively as 

(5) 

From equations (4) and (5), it is clear that, for any value for 
“p,” the generaliZed Halton sequence can provide a different 
sequence will be generated for each starting value of “X,” 
that is, for each X0. It will be appreciated that the Halton 
sequence Hpk as described above is a special case of the 
generaliZed Halton sequence (equations (4) and for 
XO=0. 
The use of the low-discrepancy sequence in evaluating 

integrals to generate piXel values for piXels in an image in 
computer graphics will be illustrated in connection several 
speci?c computer applications, in particular, the generation 
of piXel values for images representing 

(1) soft shadows generated for scenes illuminated by a 
light source having a ?nite eXtent, such as a disk, as 
opposed to a point light source; 

(2) Simulation of depth of ?eld; 
(3) motion blur; 
(4) jittering; and 
(5) global illumination. Operations performed by the 

computer graphics system 10 in connection with each 
of these will be described below. 

(1) Soft Shadows 
Soft shadows can occur in a scene when objects in the 

scene are illuminated by a light source having a ?nite eXtent 
or an identi?able area, such as a disk instead of a point light 
source. Illusatively, when a solar eclipse occurs, the pen 
umbra portion of the shadow cast by the moon on the earth 
is a soft shadow, and the umbra portion constitutes a full 
shadow. The umbra portion of the eclipse occurs in regions 
of the earth for which the moon completely obscures the sun, 
and the penumbra portion occurs in regions for which the 
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moon partially obscures the sun. The degree of shadow in 
the penumbra lessens as one proceeds outwardly from the 
umbra, and the penumbra constitutes the “soft shadoW” for 
the eclipse. For a particular shadoW in a scene, the soft 
shadoW represents a grading from the region (if any) of the 
scene that is in full shadoW to the region for Which there is 
no shadoW. 

In a scene, a portion of a piXel value for a point in a scene 
representing illumination by a light source having an area is 
generated by averaging the illumination of a particular point 
in a scene by a light source over the area of the light source. 

If the point in the scene is in a full shadoW region, Which 
may occur if the point is completely obscured by one or 
more objects in the scene, then the average Will represent a 
luminance level representative of full shadoW. Similarly, if 
the point is in a no-shadoW region, then the average Will 
represent a luminance level representative of no shadoW. On 
the other hand, if the point is partially obscured from the full 
area of the light source by objects in the scene, and thus is 
in a soft shadoW region, then the average Will represent an 
intermediate luminance level based on the amount of the 

light source that is obscured. In any case, the average is 
given illustratively by the tWo-dimensional integral 

W13’) (6) 

Where is a point in the scene for Which the illumination 

value is being generated, is a point on the area light 

source, represents the illumination at the point in 

the scene, LA?) denotes the level of light emission of the 

area light source, and V(?,;>‘) is a visibility function that 

equals one if the point on the light source is visible 

from the point in the scene and Zero if the if the point 

(;>‘) on the light source is not visible from the point in 
the scene. The integral is evaluated over the area A‘ of the 
light source. The formulation of the function 

LEG’) 

for a particular image is knoWn to one of skill in the art. 

At In accordance With the invention, the computer graph 
ics system 10 evaluates the integral (equation to gen 
erate a piXel value by selecting a number “N” of sample 

a 

points (X i‘) using a tWo-dimensional generaliZed Halton 

sequence. After the sample points (?i‘) are generated, the 
computer graphics system 10 evaluates the function 

VQJ’) (7) LEG?) 

for each of the generated sample points and approximates 
the value of the integral (equation as 
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(3) 

for each of the points in the scene for Which the 

illumination value is to be generated. The use of a 
loW-discrepancy sequence, illustratively the Halton 
sequence, Will ensure that the sample points Will not clump, 
but instead Will be evenly distributed over the area of the 
light source. 

In one embodiment, for each of the points in the 

scene for Which the illumination value is to be 
generated, the computer graphics system 10 uses a different 
Halton sequence, generated in accordance With the gener 
aliZed Halton sequence methodology described above 
(equation (5)), so as to avoid generating piXel values for 
Which the soft shadoWs might otherWise appear blocky. In 
that embodiment, the particular Halton sequence is gener 
ated using a base value XO Which is based on the coordinates 
of the point in the image for Which the piXel value is being 

generated that is associated With the point in the scene. 
Operations described above in connection With the gen 

eration of piXel values so as to provide soft shadoWs are 
depicted on the ?oW-chart in FIG. 2. Since the operations as 
depicted in that ?oW-chart Will be readily apparent to those 
skilled in the art from the above description, the ?oW-chart 
in that FIG. Will not be separately described in this speci 
?cation. 

It Will be appreciated that the function 

LEG’) 

used in equation (6) is illustrative of the functions that can 
be used in connection With generation of piXel values to 
simulate soft shadoWs, and other functions Will be apparent 
to those skilled in the art, With corresponding changes in 
equations (7) and For example, although in the denomi 
nator of 

in equation (6), the term “|?—;>‘|” is indicated as being 
taken to the second poWer (that is, squared), it Will be 
appreciated that other poWers can be used, in Which case 
equations (7) and (8) Would be modi?ed accordingly, In 
addition, although the Halton sequence has been indicated as 
being used to provide the sample points for the evaluation, 
it Will be appreciated that other loW-discrepancy sequences, 
Which are knoWn in the art, could be used instead. 

In addition, it Will be appreciated that, although the 
computer graphics system 10 has been described as simu 
lating soft shadoWs in connection With area light sources, the 
computer graphics system 10 can also simulate soft shadoWs 
in connection With a linear light source in a manner similar 
to that described above. As With simulation of soft shadoWs 
for an area light source, the computer graphics system 10 

Will constrain the sample points (?i‘) to fall on the light 
source. In addition, if the light source is a linear light source, 
the computer graphics system 10 can generate the sample 

. a . ~ ~ . 

points (X i‘) using a one-dimensional generalized Halton 
sequence. 



US 6,529,193 B1 
9 

(2) Depth of Field Simulation 
As noted above, the computer graphics system 10 can 

generate pixel values de?ning a rendered image representing 
an image Which Would be recorded for a pinhole camera, or 
alternatively it can generate pixel values de?ning a rendered 
image representing an image Which Would be recorded for a 
camera With a lens. Typically, for a camera Without a lens, 
all of the objects are normally in focus. HoWever, for a 
conventional camera With a lens, the objects at a particular 
distance from the lens, as Well as objects Within a plane of 
predetermined distance thereof, knoWn as the “depth of 
?eld” Would be in focus. For objects Which are closer or 
more distant, the objects Would be increasingly blurred. 

To simulate generation of an image for a camera With a 
depth of ?eld, the computer graphics system 10 generates a 
pixel value for each pixel based on the evaluation of the 
integral 

A217 

Where f(x,y,x‘,y‘) denotes the luminance coming from the 
point (x‘,y‘) on the lens in the direction of the point (x,y) in 
the image plane. The computer graphics system 10 evaluates 
the integral over the area Ae? of the lens. The formulation of 

the function f(x,y,x‘,y‘) for a particular image is knoWn to 
one of skill in the art. 

In accordance With the invention, the computer graphics 
system 10 evaluates the integral (equation to generate a 
pixel value by selecting a number “N” of sample points for 
points (xi,yi) on the lens using the Halton sequence to 
provide the sample points. After the sample points are 
generated, the computer graphics system 10 evaluates the 

function f(x,y,x‘,y‘) for each of the “N” sample points 
(xi,yi) and approximates the integral (equation as 

l N i (10) 

L06. y) = W2 L(x, y. xi. y». 
[:1 

In one particular embodiment, for each point (xi,yi) on the 
image plane, the computer graphics system uses a different 
Halton sequence, generated in accordance With the gener 
aliZed Halton sequence methodology described above 
(equation (5)), so as to avoid generating pixel values for 
Which the rendered image might otherWise appear blocky. In 
that embodiment, the particular Halton sequence is gener 
ated using a base value xO Which is based on the coordinates 
of the point in the image for Which the pixel value is being 
generated that is associated With the point (xi,yi) in the 
image plane. The use of a loW-discrepancy sequence, illus 
tratively the Halton sequence, Will ensure that the sample 
points Will not clump, but instead Will be evenly distributed 
over the area of the lens. 

Operations described above in connection With the gen 
eration of pixel values so as to provide depth of ?eld are 
depicted on the ?oW-chart in FIG. 3. Since the operations as 
depicted in that ?oW-chart Will be readily apparent to those 
skilled in the art from the above description, the ?oW-chart 
in that FIG. 3 Will not be separately described in this 
speci?cation. 

The use of sample points selected as described above 
for the evaluation of the integral (equation is advanta 
geous in that the use of the loW-discrepancy set of sample 
points has a “self-avoiding” property that ensures that the 
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sample points Will not be clumped together, Which clumping 
is possible With prior methodologies such as the random 
number-based Monte Carlo method. A further advantage is 
that the number of sample points does not need to be 
selected a priori prior to the computation. 

It Will be appreciated that the function f(x,y,x‘,y‘) used in 
equation (9) is illustrative of the functions that can be used 
in connection With generation of pixel values to simulate 
depth of ?eld, and other functions Will be apparent to those 
skilled in the art, With corresponding changes in equation 
(10). In addition, although the Halton sequence has been 
indicated as being used to provide the sample points for the 
evaluation, it Will be appreciated that other loW-discrepancy 
sequences, Which are knoWn in the art, could be used 
instead. 
(3) Motion Blur 

Motion blur occurs When, for example, an object in a 
scene being recorded by a stationary camera is moving. The 
motion blur occurs because the camera’s shutter has a 
non-Zero time interval over Which it is open, and, if the 
camera is not moved to so as to maintain the moving object 
at precisely the same point in the image, the point at Which 
the moving object appears in the image moves over the time 
interval. Accordingly, edges of the object Which are trans 
verse to the direction of motion appears to be blurred over 
the image. 

To simulate generation of an image of a scene in Which an 
object is moving, by a camera Whose shutter has a non-Zero 
time interval over Which it is open, the computer graphics 
system 10 generates a pixel value for each pixel based on the 
evaluation of the integral 

Where L(x,y) is the luminance of point (x,y), L(x,y,t) is the 
luminance of point (x,y) in the image at time “t,” and “t5” is 
the time period over Which the shutter is open. It Will be 
appreciated that L(x, ) is essentially the average of L(x,y,t) 
over time t5. The formulation of the function L(x,y,t) for a 
particular image is knoWn to one of skill in the art. 

In accordance With the invention, the computer graphics 
system 10 evaluates the integral (equation (11)) to generate 
a pixel value by selecting a number “N” of sample points for 
points (ti) over the time interval from Zero to ts using the 
Halton sequence to provide the sample points. After the 
sample points are generated, the computer graphics system 
10 evaluates the function L(x,y,t) for each of the “N” sample 
points (ti) and approximates the integral (equation (11)) as 

l N (12) 
11mm 14x. y.) = W2 L(x, y. 1;) 

[:1 

In one particular embodiment, for each pixel in the image, 
the computer graphics system 10 uses a different generaliZed 
Halton sequence, generated in accordance With the gener 
aliZed Halton sequence methodology described above 
(equation (5)), so as to avoid generating pixel values for 
Which the rendered image might otherWise appear blocky. In 
that embodiment, the particular Halton sequence is gener 
ated using a base value xo Which is based on the coordinates 
of the point (x,y) in the image for Which the pixel value is 
being generated. The use of a loW-discrepancy sequence, 
illustratively the Halton sequence, Will ensure that the 
sample points Will not clump, but instead Will be evenly 
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distributed over the time period over Which the integral 
(equation (11) is to be evaluated). 

Operations described above in connection With the gen 
eration of pixel values so as to provide motion blur are 
depicted on the ?oW-chart in FIG. 4. Since the operations as 
depicted in that ?oW-chart Will be readily apparent to those 
skilled in the art from the above description, the ?oW-chart 
in that FIG. 4 Will not be separately described in this 
speci?cation. 

It Will be appreciated that the function L(x,y,t) used in 
equation (11) is illustrative of the functions that can be used 
in connection With generation of pixel values to simulate 
depth of ?eld, and other functions Will be apparent to those 
skilled in the art, With corresponding changes in equation 
(12). In addition, although the Halton sequence has been 
indicated as being used to provide the sample points for the 
evaluation, it Will be appreciated that other loW-discrepancy 
sequences, Which are knoWn in the art, could be used 
instead. 

In addition, it Will be appreciated that the computer 
graphics system 10 may use a one-dimensional Halton 
sequence to generate sample points (t) for use in equation 
(12) along a temporal dimension “t” for each sample point 
(x,y) in the image. In that case, during generation of the pixel 
value, the computer graphics system 10 Will generate the 
luminance value L(x,y) for the sample point (x,y) in accor 
dance With equation (12). Alternatively, the computer graph 
ics system 10 may use, for example, a three-dimensional 
Halton sequence to generate sample points (xi,yi,ti) along 
both the temporal dimension “t” and spatial dimensions “x” 
and “y” of the image plane, for use in equation (12), and can 
generate the luminance value for the pixel using equation 
(12) using the luminance values L(x,-,y,-,t,-), Where (xi,yi) are 
sample points Within the region of the pixel. 
(4) Jittering 

To generate a pixel value for a pixel Which represents the 
color of the pixel at the respective point in the image, the 
color represented by the pixel value is averaged over the area 
of the pixel. To simulate that, the computer graphics system 
10 generates the pixel value for pixel Pi to have an averaged 
color Li by evaluating the integral 

(13) 

Where L(x,y) represents the color at point (x,y) in the image, 
and |Pi| represents the area of the pixel Pi. The formulation 
of the function L(x,y) for a particular image is knoWn to one 
of skill in the art. 

The computer graphics system 10 can evaluate the inte 
gral (equation (13)) to generate a pixel value by selecting a 
number “N” of sample points (xi,yi) in the pixel Pi using the 
Halton sequence to provide the sample points. After the 
sample points are generated, the computer graphics system 
10 evaluates the function L(x,y) for each of the “N” sample 
points (xi,yi) and approximates the integral (equation (13)) 
as 

Several problems arise, hoWever, if the integral (equation 
(13)) is evaluated using a Halton sequence generated for 
each pixel. First, although the Halton sequence guarantees 
that no clumping occurs Within a single pixel, it Will not 
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guarantee that clumping Will not occur at boundaries of 
adjacent pixels. In addition, the Halton sequences generated 
for the pixels Would exhibit periodicity on the pixel level, in 
Which case artifacts may be generated in the image Which 
can be evident to the eye. 

Thus, to accommodate these problems, in accordance 
With the invention, the computer graphics system 10 gen 
erates the Halton sequence to generate the sample points 
either for the image as a Whole or for a predetermined 
number of contiguous pixels in the folloWing manner. 
Initially, the computer graphics system 10 divides the image 
or the predetermined number of contiguous pixels based on 
a grid of siZe “n” by “m,” Where n=2l is a positive poWer 
(“i”) of tWo and m=3i is a positive poWer (“j”) of three. (In 
this description, tWo and three are the number bases (that is, 
“p” in equations 4 and 5 describing the one-dimensional 
Halton sequence) selected for generation of the tWo 
dimensional Halton sequence; if the computer graphics 
system 10 uses other number bases for generation of the 
tWo-dimensional Halton sequence, then “n” and “m” Would 
be selected to be poWers of those number bases.) Then the 
computer graphics system 10 generates the set of sample 
points (xi,yi) to be used in evaluating equation (14) as (nHZk, 
mH3k) for k=1, . . , nm, Which constitutes a scaled tWo 
dimensional Halton sequence, With the scaling being in 
accordance With the values of “n” and “m”. The sample 
points so generated, precisely one sample point Will be 
provided in each of a plurality of sub-pixels in each pixel, if 
the left and loWer boundaries of each sub-pixel are deemed 
to form part of the sub-pixel and the right and upper 
boundaries of each sub-pixel are deemed not to form part of 
the sub-pixel. 

For example, if the computer graphics system 10 is to 
generate sample points on “N” by “N” sub-pixels for each 
pixel, and if the number of columns in the image or the 
selected sub-set of contiguous pixels is Resx, and if the 
number of roWs of pixels in the image or the selected sub-set 
of contiguous pixels is Resy, then the computer graphics 
system 10 can generate a number of N~Resx><N~Resy, of 
sample points to be used With the pixels in the image or 
selected subset of pixels by initially selecting integers “i” 
and“j” such that n=2i§N~Resx and m=3j§N~Resy. Note that 
the sub-pixel grid of “n” by “m” sub-pixels Will in general 
be larger than the siZe of the image or selected subset of 
contiguous pixels. 

According to the mechanism described above, the com 
puter graphics system 10 can evaluate the integral in equa 
tion (14) for each pixel using the sample points Which are 
provided Within the area of the respective pixel. 

Several bene?ts arise from generating sample points using 
the scaled tWo-dimensional Halton sequence (nHZk, mH3k) 
for the entire image or selected sub-set of contiguous pixels 
in evaluating the integral in equation (14), instead of using 
the unscaled Halton sequence (that is, illustratively, (Hzk, 
H3k)) Within one pixel as the sample points. First, by using 
a scaled tWo-dimensional Halton sequence, periodicity of 
the sample points on the level of a pixel, Which can occur in 
connection With the unscaled tWodimensional Halton 
sequence, Will be avoided. In addition, the use of a scaled 
tWo-dimensional Halton sequence (nHZk, mH3k) Will ensure 
that no clumping of sample points Will occur at the bound 
aries of adjacent pixels, Which can occur in connection With 
the unscaled tWo-dimensional Halton sequence. Therefore, 
the use of a scaled tWo-dimensional Halton sequence (nHZk, 
mH3k) Will ensure that the sample points Will be evenly 
distributed throughout the entire image or contiguous region 
of pixels. This Will also be the case if relatively feW sample 
points are used, and even if only one sample point per pixel 
is used. 
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Operations described above in connection With the gen 
eration of pixel values so as to provide jittering are depicted 
on the ?oW-chart in FIG. 5. Since the operations as depicted 
in that ?oW-chart Will be readily apparent to those skilled in 
the art from the above description, the ?oW-chart in that FIG. 
5 Will not be separately described in this speci?cation. 

It Will be appreciated that the function L(X,y) used in 
equation (13) is illustrative of the functions that can be used 
in connection With generation of piXel values to simulate 
jittering, and other functions Will be apparent to those skilled 
in the art, With corresponding changes in equation (14). In 
addition, although the Halton sequence has been indicated as 
being used to provide the sample points for the evaluation, 
it Will be appreciated that other loW-discrepancy sequences, 
Which are knoWn in the art, could be used instead. 

(5) Global Illumination 
“Global illumination” includes a class of optical effects, 

such as indirect illumination, diffuse and glossy inter 
re?ections, caustics and color bleeding, Which the computer 
graphics system 10 simulates in generating an image of 
objects in a scene. For the simulation of global illumination, 
a “rendering equation” is solved. For the general form of an 
illustrative rendering equation useful in global illumination 
simulation, namely: 

it is recogniZed that the light radiated at a particular point X 
in a scene is generally the sum of tWo components, namely, 
the amount of light (if any) that is emitted from the point and 
the amount of light (if any) Which originates from all other 
points and Which is re?ected or otherWise scattered from the 

- a - a a - 

point X . In equation (15), L( X ,W) represents the radiance 
a a 

at the point X in the direction w=(e,q>) (Where “6” repre 
a 

sents the angle of direction W relative to a direction orthogo 
nal of the surface of the object in the scene containing the 

point X), and “(1)” represents the angle of the component of 

direction W) in a plane tangential to the point Similarly, 

L(XQW‘) in the integral represents the radiance at the point 
a 

‘ in the direction W‘=(6‘,q)‘) (Where “6‘"” represents the 
a 

X 

a 

angle of direction W‘ relative to a direction orthogonal of the 
a 

surface of the object in the scene containing the point X ‘, 
and “(|)‘"” represents the angle of the component of direction 
a a 

W‘ in a plane tangential to the point X ‘), and represents the 
a 

light, if any, that is emitted from point X‘ Which may be 
a 

re?ected or otherWise scattered from point X . 

a a 

In equation (15), Le( X ,W) represents the ?rst component 
of the sum, namely, the radiance due to emission from the 

a a 

point X in the direction W, and the integral over the sphere 
S‘ represents the second component, namely, the radiance 

' ~ ~ % % % % ' 

due to scattering of light at point X. f(X ,W‘—>W) 1s a 
bidirectional scattering distribution function Which 

a 

describes hoW much of the light coming from direction W‘ 
is re?ected, refracted or otherWise scattered in the direction 

W, and is generally the sum of a diffuse component, a glossy 
component and a specular component. In equation (15), the 

- a a‘ - - 

function G( X , X ) 1s a geometric term 
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0050 c050’ (l6) 

Where 6 and 6‘ are angles relative to the normals of the 
a a 

respective surfaces at points X and X ‘, respectively. Further 
a a 

in equation (15), V( X , X ‘) is a visibility function Which 
a 

equals the value one if the point X ‘ is visible from the point 
a a a 

X and Zero if the point X ‘ is not visible from the point X . 
a a a 

The formulation ofthe various functions L(X ,W), L(X ‘, 
a a a a a a a a a a 

W‘), Le( X ,W), f( X ,W‘—>W), G( X , X ‘) and V( X , X ‘) for a 
particular image is knoWn to one of skill in the art. 

The computer graphics system 10 uses global illumina 
tion and the rendering equation, namely, equation (15), in 
connection With generation of an image to simulate a 
number of optical effects as noted above. In particular, in 
connection With one aspect of simulation using ray tracing, 
in Which the computer graphics system 10 simulates an 
image as vieWed by an observer by tracing rays, representing 
photons, from a light source to the eye of the observer, in 
accordance With the invention the computer graphics system 
10 uses a “strictly deterministic Russian roulette” method 
ology to determine Whether or not to terminate a simulated 
ray, using a strictly-deterministic method in that determina 
tion. 
By Way of background, an equation such as the equation 

(15) of the form 

Where f(X) (and similarly f(y)) is an unknoWn function, g(X) 
is a knoWn function (in the conteXt of the rendering equation 

(equation (15)) g(X)=Le(X>,W)) and K(X,y) is another 
knoWn function Which serves as a “kernel” of the integral 
operator (in the conteXt of the rendering equation (equation 

a a a a a a a 

15), K(X,W)=f( X ,W‘a W) G( X , X ‘)V( X , X ‘)), can be for 
mally solved by repeatedly substituting the function “f‘” in 
the integral, as folloWs: 

Which constitutes an in?nite Neumann series. Equation (17), 
in turn, can be approXimately numerically evaluated by 
performing a loW-discrepancy sampling of the ?rst “L” 
terms of the Neumann series in equation (18), Where “g(X)” 
is considered as a Zeroth term, using an “L”-dimensional 
loW-discrepancy sequence (Elm), . . . , (ELOO), Where “n” 

denotes a sequence indeX. In one embodiment, an “L” 
dimensional loW-discrepancy sequence is illustratively an 
L-dimensional Halton sequence, for Which, as described 
above, the elements of the sequence tend to maXimally avoid 
one another. For each element of the sequence, an estimator 
value f(”)(X) is generated as 
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and the approximation for f(x) is obtained using “N” esti 
mators f(”)(x) generated in accordance With equation (19) as 

The use of a loW-discrepancy sequence, illustratively the 
Halton sequence, Will ensure that the sample points Will not 
clump, but instead Will be evenly distributed over the 
L-dimensional space over Which the ?rst “L” terms of the 
Neumann series (equation (18)) are to be evaluated. 

One problem With using the methodology described 
above in connection With equations (17) through (20) to 
evaluate the rendering equation (equation (15)) is that, 
although the Neumann series (equation (18)) is an in?nite 
series, to evaluate the series at some point the series Will 
need to be truncated. In connection With evaluation of the 
rendering equation (equation (15)), truncation of the Neu 
mann series may result in loss of desirable features in the 
image. To alleviate this problem, in accordance With the 
invention, the computer graphics system 10 uses a method 
ology Which also generates an approximation for f(x) using 
“N” estimators, but Which ensures that, for each estimator, 
the number of terms in the series used to generate the 
estimator is not in?nite. Thus, in the methodology in accor 
dance With the invention, no truncation is necessary for 
generation of the estimators, thereby ensuring that features 
of the image Will not be lost. 

The methodology in accordance With the invention, Which 
is termed herein the “strictly deterministic Russian roulette” 
methodology, Will be described beloW. Preliminarily, recog 
niZing that ft the numerical value “one” can be represented 
as an integral as 

Where @(x) denotes the Heaviside function (otherWise 
knoWn as the “step function”) Which is de?ned as 

l for x z 0 
9(x) : 

O for x < O, 

(Z2) 

and Where “W” is a Weight factor from the interval Zero 

(exclusive) to one (inclusive). Using equations (21) and 
(22), a strictly deterministic estimator 1 for the numerical 
value “one” as 

est 

(23) (n) 
1"” _ for w 2 5 

and generating an estimate for the numerical value “one” as 

(24) 1 N 1 N 1 

la 1 = E2131): W2 wow-51"’). 
n:l n:l 

Using equation (21), assuming that K(x,y) takes values in 
the interval from Zero to one, it (that is, K(x,y)) can be 
Written as 

15 

25 

35 

45 

55 

65 

16 

Using equation (25), the Neumann series (equation (18)) is 
re-formulated as 

l l l l 

ffffemmwxo 0 0 0 0 

Comparing equation (26) With equation (18), it Will be 
appreciated that, for every n-dimensional integral in equa 
tion (18), a 2n-dimensional integral has been provided in 
equation (26), and that, for every integration over x, (index 
1=1,2, . . . ), an additional integration over x,‘ is provided in 

equation 26. 
As With equation (17) above, equation (26) is evaluated to 

provide a numerical approximation by performing a loW 
discrepancy sampling of the ?rst “L” terms of the Neumann 
series in equation (26), Where “g(x)” is considered as a 
Zeroth term, using a multi-dimensional loW-discrepancy 
sequence (Elm), E10‘), E20’), E20’), . . . , ELO’), E‘L(”)), Where 
“n” denotes a sequence index and “2L” is the largest number 
of components that are required in the course of the simu 
lation of length “N.” It Will be apparent from the folloWing 
that the value of “L” does not have to be knoWn or selected 
by the computer graphics system 10 a priori, and that the 
successive components if”) and E10‘) of the loW 
discrepancy sequence can be generated on demand. In one 
embodiment, each “2L-dimensional” loW-discrepancy 
sequence is illustratively an 2L-dimensional Halton 
sequence, for Which, as described above, the elements of the 
sequence tend to maximally avoid one another. For each 
element of the sequence, an estimator value fRR(”)(x) is 
generated as 

It Will be appreciated that, in equation (27), in the context of 
the rendering equation (equation (15)), the term “g(x)” in the 

a a 

sum corresponds to the emitted radiance term Le( x ,W) of 
the rendering equation, and the other terms provide an 
estimate for the integral 

in the rendering equation for the particular element of the 
multi-dimensional Halton sequence used in the generation of 
the estimator. 

It Will be appreciated that from the de?nition of the 
Heaviside function (equation (22) that, if, at a particular 
level “1,” the value of E11”) is larger than K(EI_1(”),E1(”)), the 
corresponding Heaviside function Will be Zero at that term, 
and for successively higher terms in equation (27). 
Accordingly, by formulating the estimator fRR(”)(x) as in 
equation 27, the in?nite Neumann series is self-truncating 
and therefore reduced to a ?nite series. Thus, the approxi 
mation for f(x) can be obtained as 
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i l N (28) 

m) z m) = fl’k’m 

Which, in the context of the rendering equation (equation 

(15)) provides the value for L(?,$), that is, the radiance at 
the point X) in the image in the direction $=(6,q)). 
As described above, the methodology described above in 

connection With equations (21) through (28) assumes that 
K(X,y) takes values in the numerical interval from Zero to 
one. If K(X,y) does not take values on that interval, then the 
methodology can be generaliZed by taking a function p(X,y) 
that does take values in the interval from Zero to one, and 
Writing K(X,y) as 

and replace the expression (reference equation (25)) by 

K (x, y) 1 

PM, y) 0 

In that case, the estimator value fRR(”) (equation (27)) 
Would be generated as: 

With this background, in accordance With the strictly 
deterministic Russian roulette methodology, after the inte 

% a a a a a a 

gral kernel K(X,X‘)=f( X ,W‘QW)G( X , X ‘)V( X , X ‘) and the 

emitted radiance term L€(?,$) have been developed for the 

rendering equation (equation (15)) for a point X) in the scene 
for Which an image is being simulated by the computer 
graphics system 10, the computer graphics system 10 gen 
erates a numerical approXimation of the solution of the 
rendering equation. In that operation, a value for “N,” the 
number of estimators f(”)RR(X) to be used in generating the 

approXimation for L(?,$) in the rendering equation 
(equation (28)) is selected, and the computer graphics sys 
tem 10 generates “N” elements of a multi-dimensional 
Halton sequence. For each such element, the computer 
graphics system 10 Will generate the estimator f(”)RR(X) in 
accordance With equation (27). In that operation, the com 
puter graphics system 10 generates values for each succes 
sive term of the sum in equation (27), and adds the generated 
value to the previously-generated value(s), until it deter 
mines that the term has the value Zero. When the computer 
graphics system 10 determines that a term of the sum in 
equation (27) is Zero, it can terminate operations for that 
particular estmator f(”)RR(X). After the computer graphics 
system 10 has generated estimators ?”)RR(X) for all of the 
“N” elements of the multidimensional Halton sequence that 
Were generated as described above, the computer graphics 
system 10 Will generate a numerical approXimation for the 
rendering equation as the average of the estimators, as 
indicated in connection With equation (28). 
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Operations described above in connection With the gen 

eration of piXel values so as to simulate global illumination 
are depicted on the ?oW-chart in FIG. 6. Since the operations 
as depicted in that ?oW-chart Will be readily apparent to 
those skilled in the art from the above description, the 
?oW-chart in that FIG. 6 Will not be separately described in 
this speci?cation. 

It Will be appreciated by those skilled in the art that the 
form of the rendering equation as set forth above in equation 
(15), and the various functions therein, are illustrative of the 
form and functions that can be used in connection With 
generation of piXel values to simulate global illumination, 
and other integral forms and functions Will be apparent to 
those skilled in the art, With corresponding changes particu 
larly in equation (27). For eXample, the speci?c form of the 
integral and various functions therein may differ from that 
described above if the computer graphics system 10 is to 
simulate global illumination for, for eXample, different num 
bers of dimensions than those contemplated in the formu 
lation above, or if the simulation is to be performed With 
multiple colors, or if surfaces in the scene are diffuse, glossy 
or specular (using a so-called “local illumination model”), or 
if a decision is to be made as to Whether to re?ect or refract 
a ray at a particular surface. Although the formulation of the 
rendering equation and various functions therein may differ 
in some speci?c aspects from that described herein, 
generally, hoWever, the speci?c rendering equation used 
therefor Will have a form corresponding to that set forth in 
equation (17) above, and so the computer graphics system 
10 can use the strictly deterministic Russian roulette meth 
odology as described above in connection With equations 
(27) and (28) to evaluate the equation. 
As described above in connection With equation (27), 

generation of an estimator f(”)RR(X) for each “X” makes use 
of a multi-dimensional loW-discrepancy sequence (igfmjg‘l 
(”),E2(”),§‘2(”), . . . EL(”),E‘L(”)). The “unprimed” components 
10’), . . . , ELO’) of the sequence are related (reference 

equation (26)) to the integration over the unprimed variables 
X1, X2, . . . , and the “primed” components EEO’), . . . , if”) 

of the sequence are related (reference equation (26)) to the 
integration over the primed variables X‘1,X‘2, . . . . It Will be 

appreciated by those skilled in the art that, in some 
circumstances, it may be desirable to use, instead of the 
“raW” unprimed components if”), . . . , ELO’) in generating 
the estimators ?”)RR(X), a selected function or transforma 
tion of the components of the sequence in generating the 
estimators f(”)RR(X), Which function can be selected to 
ensure that features in the function K(X,y) Will be ef?ciently 
captured in the evaluation. It is generally desirable, hoWever, 
to ensure that the “raW” primed components E10‘), . . . , if”) 
are used in generating the estimators ?”)RR(X) even if a 
function or transformation of the unprimed components 
10’), . . . , EL“) is used. 

In addition, although the Halton sequence has been indi 
cated as being used to provide the sample points for the 
evaluation, it Will be appreciated that other loW-discrepancy 
sequences, Which are knoWn in the art, could be used 
instead. 
The strictly deterministic Russian roulette methodology, 

using a strictly-deterministic loW-discrepancy sequence 
such as a multi-dimensional Halton sequence, as described 
above in connection With equations (21) through (28), 
provides a number of advantages over both a Monte Carlo 
Russian roulette methodology (that is, a Russian roulette 
methodology using random numbers), as Well as a non 
Russian roulette methodology as described above in con 
nection With equations (18) through (20). With respect to a 
Monte Carlo Russian roulette methodology, as With any 
other Monte Carlo methodology, such a methodology Would 
use random numbers, and thus Would have similar de?cien 
cies as described above. That is, unlike the strictly 






