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[57] ABSTRACT 

A method for incorporating high quality geologic interpre 
tations onto computer generated contours. The method starts 
With a trend form grid on Which characteristics of geological 
formations are superimposed. Contours of such character 
istics With respect to the trend form grid are generated using 
a distance transformation. 
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TRENDFORM GRIDDING METHOD USING 
DISTANCE 

This application claims the bene?t of US. Provisional 
Application No. 60,007,508 ?ling date Nov. 22, 1995. 

BACKGROUND OF THE INVENTION 

1. Field of the Invention 

This invention relates generally to a neW method for 
incorporating high quality geologic interpretations into con 
touring programs. More speci?cally, this invention relates to 
a method of constructing digital, grid-based models of the 
earth covering tWo or three dimensional space. 

Other ?elds of use for this invention include any scienti?c 
?eld Which requires the generation of tWo dimensional or 
three dimensional grid-based computer models from data 
Which is not already gridded. Possible ?elds of application 
include Weather forecasting, atmospheric studies, 
oceanography, medical imaging and biomedical modeling. 
The principals of Trendform Gridding can be used directly 
in those ?elds as it is used in the embodiment described 
hereWith. 

2. Description of the Prior Art 
A. Distance Transformations 

Distance transformation methods have been used for over 
?fteen years in the computer science ?elds of image pro 
cessing and robotics. The prior art illustrates a 
2-dimensional raster image including pixels Which corre 
spond to features and pixels Which do not correspond. For 
convenience, the feature pixels are assigned a value of 0, and 
the non-feature pixels are assigned a very large number. A 
distance transformation converts this image into an image 
Where all non-feature pixels are assigned the distance to the 
closest feature pixel, according to some method or “metric”. 
Metrics vary betWeen applications. Standard metrics include 
the Manhattan metric, the Euclidean metric and approxima 
tions to the Euclidean metric. FIGS. 2a and 2b shoW a prior 
method Where an approximate Euclidean distance transfor 
mation is applied to a small image With tWo embedded 
feature pixels. FIG. 2a shoWs an image prior to transforma 
tion With tWo embedded feature pixels represented by 0’s. 
All non-feature pixels are initialiZed With the value 100. 
FIG. 2b shoWs all of the non-feature pixels having distance 
values rounded to the second decimal. 

Computing the exact Euclidean distance transformation at 
each non-feature pixel on a large image is computationally 
expensive. At each pixel a search for the closest feature pixel 
is required. Computationally less expensive distance trans 
formations approximate the Euclidean metric by passing a 
local pixel operator over an image tWice. The ?rst pass, the 
forWard pass, is from left to right and top to bottom. On the 
second pass, the backWard pass, a mirror image of the ?rst 
pass operator is moved over the image from right to left and 
from bottom to top. 

The accuracy of the distance transformation produced by 
local operations is dependent on the number of pixels in the 
operator mask and the complexity of the calculations per 
formed at each pixel. FIGS. 3a and 3b shoW a ?ve pixel 
distance transformation mask proposed by P. E. Danielsson 
in a publication, 1980, Euclidean Distance Mapping, Com 
puter Graphics and Image Processing, Vol. 14., pp. 227—248. 
In both ?gures the target pixel is labeled d (0,0), Which 
represents the current estimate of the distance transforma 
tion value for that pixel. Similarly, d(—1,1), d(0,1), d(1,1) 
and d(—1,0) represent current estimates of the distance 
transformation values for four neighboring pixels at the 
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2 
offset vectors indicated by the subscripts. On the forWard 
pass (FIG. 3a), Which moves from left to right and from top 
to bottom (indicated by the arroWs), When the operator is 
moved to a neW target pixel, the value stored at d(0,0) is 
replaced by: 

Where C(i,j) is an application speci?c approximation of the 
distance from d(i,j) to d(0,0). On the backWard pass a 
symmetric operator is applied and the value stored at d(0,0) 
is replaced by: 

Different values have been proposed for C(i,j) depending 
on the distance metric used and Whether distances can be 
approximated using integers. Borgefors in a publication, 
1986, Distance Transformation in Digital Images, Computer 
Vision, Graphics and Image Processing, Vol. 34, pp. 
344—378, shoWed that by using real numbers for distances, 
the maximum error in the ?nal image is minimiZed by using 
the folloWing values of C(i,j): 

With these values, the maximum deviation betWeen 
approximate distance transformation values and the true 
Euclidean distance is alWays less than 5%. In the remainder 
of this speci?cation all references to the use of distance 
transformations Will mean the use of the 5 pixel masks 
shoWn in FIGS. 3a and 3b and the Borgefors’ C(i,j) values, 
unless the use of other values are speci?cally discussed. 

Once a distance transformation has been performed, it is 
possible to determine the feature pixel nearest to any non 
feature pixel. The closest feature pixel is obtained by a 
recursive method. For example, starting With a pixel for 
Which the nearest feature is needed, values of i and j are 
picked Which minimiZe 

That neighbor pixel becomes the neW target pixel. This 
recursive process must terminate at a feature pixel, Which is 
the feature pixel closest to the non-feature pixel in 
question—give or take a 5% error tolerance. The back 
tracking method not only identi?es the nearest non-feature 
pixel, but also ?nds the pixel-based path to folloW to get to 
that feature. 
B. Distance Transformations in Terrain Navigation 

Distance transformations have been applied in ?elds 
outside image processing and robotics including pattern 
recognition and terrain navigation. K. L. Clarkson described 
such an application in 1987 in a paper Approximation 
Algorithms for Shortest Path Motion Planning, Proc. 19 
Ann. ACM Symp Theory Computers, pp. 56—65. Distance 
transformations have been adapted to select paths for 
vehicles, people, or robots around obstacles. They have also 
been used for navigation or path planning over terrain. In 
terrain navigation applications the terrain is divided in 
non-overlapping regions. Each region has a cost for move 
ment through it. J. S. B. Mitchell describes such technique 
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in a 1988 paper,AnAlgorithmicApproach to Solve Problems 
in Terrain Navigation, Arti?cial Intelligence, Vol. 37, pp. 
171—201. To apply distance transformations to the terrain 
navigation problem requires only a small amount of added 
complexity. First, the C(i,j)’s become general cost factors 
such as time, instead of distance. Second, the values of the 
C(i,j) are made a function of the terrain at the operator 
position. Pixels Which are dif?cult to travel through have 
large costs associated With them. In a simple navigation 
problem the pixel costs might be proportional to the slope of 
the terrain. In a military application, open terrain subject to 
enemy observation might have an additional cost factor 
associated With it. 
With spatially varying movement costs, more than one 

forWard and one backWard pass of a local distance trans 
formation operator is required to achieve convergence of 
values at all non-feature pixels. But once convergence is 
obtained it is still possible to trace optimal paths back to a 
starting feature using the recursive technique described 
above. HoWever, in this case the optimal paths may be 
convoluted, bending to avoid regions With, large C(i, j), or 
to pass through regions With particularly loW C(i, 
C. Distance Transformation in Raster-Based Geographical 
Information Systems 

Distance transformations have also been incorporated in 
raster-based Geographical Information Systems (GIS) 
Where they are used under the name of least cost or minimal 
cost path planning. TWo papers have been published Which 
describe such use. The ?rst by D. H. Douglas, 1994, 
Least-Cost Path in GIS UsingAnAccumulatea' Cost Surface 
and Slopelines, Cartographica, Vol. 31, No. 3, pp. 37—51. 
The second is by J. Xu and R. G. Lanthrop, 1994, Improving 
Cost-Path Tracing in a Roster Data Format, Computers and 
Geosciences, Vol. 20, No. 10, pp. 1455—1465. 
D. Moving Weighed Average Gridding Based on the Dis 
tance Transformation Paradigm 

The most straightforWard use of distance transformations 
in computer contouring is an application to a standard 
gridding program for moving Weighted averaging. Such use 
is described by J. D. Davis in a book, Statistics and Data 
Analysis in Geology, 1986, John Wiley & Sons, NeW York. 
Such program interpolates Z-values at grid nodes by aver 
aging a local sample of the input data. Most moving 
Weighted averaging programs are “grid node-based”. At 
each node a search is limited to data values Within a user 
speci?ed search radius of the grid node. To obtain a good 
sample of data searches are often performed in “search 
octants” around the grid node, and an attempt is made to pick 
at least one nearby data point in each octant. FIG. 4 shoWs 
such prior art data search strategy, Which is discussed in 
more detail in a book by T. A. Jones, et al., Contouring 
Geologic Surface with the Computer; 1986, Van Nostrand 
Reinhold, NeW York. The current target grid node is at the 
center of the search circle. The radius of the circle is the user 
speci?ed distance to search for data. There are three octants 
With 2 data values in them and tWo octants With 1 data value. 
Three octants have 0 data in them. After data is collected, the 
node value is computed by the formula, 

2 Zi 
(my 
L 
(DW 

2: 

Where the summation is over nearby data values Within the 
search radius, Di is the distance from the grid node to the 
data value With index i, and the exponent r is a positive 
number greater than or equal to 1. In most applications r is 
set equal to 2, and that value is used in the examples below. 
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4 
Some moving Weighted average gridding implementa 

tions invert the grid-based implementation and produce a 
“data-based” method implemented in a computer program. 
The program is initialiZed With computer memory allocated 
to hold tWo copies of the grid. These grids are called G1 and 
G2. Both grids are initialiZed by setting all nodes to 0. For 
each data point the distance to all grid nodes is determined 
Within a user speci?ed search radius of the data point. At 
each such node, the sums Which make up the numerator in 
equation (1) are accumulated in G1 and the sums Which 
make up the denominator are accumulated in G2. This 
process is repeated until all the data is sampled. Then grid 
G1 is divided by grid G2 on a node by node basis. 

Data-based implementations of moving Weighted average 
gridding can be created easily using a distance transforma 
tion. For each data value a third grid G3 is initialiZed With 
a value of 0 at the node nearest the data point, and large 
numbers everyWhere else. A distance transformation is per 
formed on G3. The grid G3 noW has the necessary distances 
required to update the grids G1 and G2. This step is repeated 
until all data values have been processed. Again the grid G2 
is divided by the grid G1 on a node by node basis. 

FIG. 5 shoWs a contour map as a result of applying 
distance Weighted average gridding of Water saturation data 
using a distance transformation. The data used in this 
example is from a small arti?cial data set developed by a 
geologist to provide realistic tests for neW company 
products, such as neW gridding programs. The arti?cial data 
includes structure picks for the top of a unit, and Water 
saturation data for the unit. Water saturation contours are 
shoWn as color ?lled contours in shades of gray. Overlaid on 
the Water saturation results are structural contours from the 
horiZon above the unit to Which the Water saturation values 
apply. Arrows indicate parts of the map Which emphasize the 
tendency of moving Weighted average gridding to produce a 
rounded feature. Because the map of FIG. 5 is nothing more 
than a non-standard implementation of moving Weighted 
average gridding, Water saturation features shoWn on the 
map are rounded. 

3. Objects of the Invention 
Weighted least squares and moving Weighted gridding 

methods have been used in the computer science ?elds of 
GIS and earth modeling for at least 20 years to create 
mathematical models of a tWo dimensional surface or a three 
dimensional volume. Distance transformations under any 
name have not been used previously in gridding methods. 
Amajor unresolved de?ciency in GIS and earth modeling 

methods has been an inability to implement practical 2D or 
3D digital, surface or earth modeling methods Which honor 
local or continuously varying biases or anisotropy. Methods 
Which have previously been suggested for achieving this 
goal involve complex data partitioning, data or model 
editing, and/or multiple step methods. These methods are 
almost never used in practical applications, because they are 
so complex. 
A primary object of the invention is to provide practical 

2D or 3D digital, surface or earth modeling methods Which 
honor local or continuously varying biases in anisotropy. 
A more fundamental object is to provide a simple, 

intuitive, and practical method for GIS and earth modeling. 

SUMMARY OF THE INVENTION 

This invention presents a method, implemented in a 
contouring program, Which uses a neW paradigm to provide 
a robust solution to the problem of imposing geologic 
interpretations onto contour maps. The neW method depends 
on an image processing method called a “distance transfor 
mation”. 
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Computer contouring typically involves a tWo-step pro 
cess. In the ?rst step, a digital model is created by interpo 
lation from irregularly spaced data Which is provided in the 
form of (xi, yi, Zi) triples. Data Z-values are assumed to be 
a function of X and y. Usually the digital model is a tWo 
dimensional array of interpolated Z-values called a grid. In 
the second contouring step contours are traced through the 
grid-based model. The Words “computer contouring” can 
encompass both phases, or just the ?rst phase. The term 
“gridding” alWays means the ?rst phase. 
An operation repeated over and over in standard gridding 

programs is the calculation of Euclidean distance in the (x,y) 
plane betWeen data values and grid nodes. In those 
programs, the in?uence of the each data Z-value on the 
Z-value interpolated at a grid node is inversely proportional 
to the Euclidean distance betWeen that data point and the 
grid node. According to the invention, distance measure 
ments are distorted through the in?uence of a user selected 
“form grid” and a distance transformation method. When the 
straight line path betWeen a data point and a target grid node 
is aligned up or doWn dip in the form grid, distances are 
exaggerated so that the in?uence of the data Z-value on the 
grid node Z-value is reduced. When the straight line path 
folloWs the strike of the form grid, distances are not dis 
torted. In fact, as shoWn in FIG. 1, distortion of distance 
measurements is continuous With respect to the form grid, so 
that the calculated distance from a data point to a grid node 
may be shorter folloWing a sinuous contour of the form grid, 
than by using a straight line path. The contours in FIG. 1 
represent contours of a form grid. Using a distance 
transformation, it is possible to distort the calculations of 
distance up or doWn dip on the form grid so that the distance 
AC appears much larger than the distance AB, even through 
they are actually the same length measured in the x,y plan. 
Furthermore, distances can be distorted continuously, so that 
the arc DE is calculated to be shorter than the straight line 
connecting those tWo points. As a result, the gridding 
process is induced to honor the interpretation in the form 
grid. Modeling the continuous distortion of distances 
through the use of a distance transformation is an important 
aspect of the invention. 
More speci?cally the invention is for a method of impos 

ing an interpretation or general shape on a computer 
generated, rectangular grid-based digital model of a three 
dimensional object de?ned by data Which are samples of and 
characteriZe that object. 
Auser creates or de?nes a rectangular grid-based “form 

grid” With dimensions representative of the desired object 
model. The contours of the form grid represent the desired 
general shape for the ?nal object model. Next, the local 
gradient at each node of the form grid is determined. 

The “total distance” betWeen every data sample and every 
grid node of the ?nal object model is determined. Total 
distances are measured along “minimum Weighted length” 
paths created by connecting adjacent nodes of the form grid. 
The calculation of path distances is achieved through the use 
of a “Weighted distance transformation,” a computer algo 
rithm in general use in the ?elds of image processing and 
geographical information systems. According to the 
invention, the Weighted distance transformation is modi?ed 
such that the calculated “distance” betWeen any adjacent 
pair of grid nodes is increased by the product of 

(1) the absolute value of the cosine of the angle of a ray 
joining such grid pair and the local gradient of the form 
grid, 

(2) the magnitude of the local gradient, and 
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6 
(3) a user de?ned, non-negative real number. 
As a result of the use of an “increased” Weighted distance 

transformation and of the calculation of node-to-node dis 
tances in the Way de?ned above, the “minimum Weighted 
length” paths along Which total distances betWeen data 
samples and grid nodes are “measured” tend to folloW 
contours of the form grid. 
The ?nal calculation of the object value at every grid node 

using every data value by mathematical techniques Widely 
used in geoscience applications and in geographical infor 
mation systems. These techniques Weight the data values in 
inverse proportion to the “distance” betWeen the data value 
and the grid node, and include moving Weighted averaging 
and moving least squares surface ?tting. HoWever, unlike 
traditional applications, in the improved method according 
to the invention the inverse distances are calculated based on 
the total (path) distances Which folloW the form grid, rather 
than standard Euclidean distances. 

BRIEF DESCRIPTION OF THE DRAWINGS 

The objects, advantages and features of the invention Will 
become more apparent by reference to the draWings Which 
are appended hereto and Wherein like numerals indicate like 
elements and Wherein an illustrative embodiment of the 
invention is shoWn, of Which: 

FIG. 1 illustrates contours of a form grid and illustrates 
the use of a distance transformation, to distort calculations 
of distance up or doWn dip on the form grid so that the 
distance AC appears much larger than the distance AB, even 
through they actually represent the same length in the x,y 
plan, the ?gure further illustrating that distances can be 
distorted continuously, so that the arc DE is calculated to be 
shorter than the straight line connecting those tWo points; 

FIGS. 2a and 2b illustrate tWo prior art vieWs of an image 
With FIG. 2a shoWing the image before a distance transfor 
mation has been performed, Where tWo embedded features 
pixels are represented by 0’s and all non-feature pixels 
initialiZed With the value 100 and With FIG. 2b shoWing the 
image With all the non-feature pixels having distance values 
rounded to the second decimal; 

FIGS. 3a and 3b illustrate a prior art ?ve pixel distance 
transformation mask, With the mask of FIG. 3a provided for 
the ?rst pass, moving from left to right and from top to 
bottom of the image or grid, and the mask of FIG. 33b for the 
second pass, moving for right to left and from bottom to top 
With the arroWs indicating the directions in Which the tWo 
masks are moved over an image; 

FIG. 4 illustrates prior art octant based data searching 
Where the current target grid node is at the center of the 
search circle, and the radius of the circle is a user speci?ed 
distance to search for data; 

FIG. 5 shoWs a contour map resulting from a prior art 
method of moving Weighted average gridding of Water 
saturation data, Where the Water saturation contours are 
shoWn as shades of gray Which are overlaid by structural 
contours from the horiZon above the unit to Which the Water 
saturation values apply, and Where arroWs indicate parts of 
the map Which emphasiZe the tendency of moving Weighted 
average gridding to produce rounded features; 

FIG. 6 shoWs a contour map of the same Water saturation 
data shoWn in FIG. 5, but in using the methods of this 
invention the Water saturation has been gridded to honor the 
form of the overlaid structure contours, Where arroWs indi 
cate Where honoring the structure grid contours has elon 
gated Water saturation features; 

FIG. 7 illustrates stream channel sand thickness data 
shoWing digitiZed user interpretations of the channel cen 
terlines; 
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FIG. 8 illustrates contours of distance from digitized 
stream channel centerlines Where the underlying distance 
grid is used as a form grid for the data in FIG. 7; and 

FIG. 9 illustrates stream channel contours generated to 
conform to the distance contours in FIG. 8. 

DESCRIPTION OF THE INVENTION 
A. Trend Form Gridding Using Moving Weighed Averaging 
and Distance Transformations 

In terrain navigation Where distance transformations are 
used as described above, a reasonable cost factor Which may 
be assigned to a terrain pixel is a cost proportional to the 
local steepness of the terrain. If enough information is 
available, the cost Will vary depending on Whether the pixel 
is being crossed in the local direction of maximum dip, or 
along an isoline. In addition, the cost should be larger the 
steeper the slope being crossed. 
Assume that the ?rst derivatives dZ/dx and dZ/dy are 

available at each terrain pixel. The magnitude of the gradient 
at the pixel is 

Z Z 

Z ) *(d dy ) 
The normaliZed dot product of the vector (dZ/dx, dZ/dy) 

With the offset vectors (i,j) of each neighboring pixel de?ned 
by X 

z grad= (01? 

is the cosine of the angle betWeen those tWo vectors. The 
magnitude of the normaliZed dot product is 1 When (dZ/dx, 
dZ/dy) points in the same direction (1180 degrees) as an 
offset vector (i,j), and 0 When (dZ/dx, dZ/dy) points in a 
direction 90 degrees aWay from the offset vector. The closer 
the direction of the gradient vector to the offset vector, the 
closer the magnitude of the normaliZed dot product is to 1. 

To impose geologic constraints on moving Weighted 
average gridding, a form grid is provided by the user. The 
form grid is the source of the gradient and gradient vector 
information discussed above. The Z-values in the form grid 
are de?ned so that contouring the form grid produces 
contours Which indicate a generaliZed version of a geosci 
entist’s interpretation of the local biases Which should be 
applied to the data being gridded. Straightforward methods 
of providing form grids are discussed beloW. 

The ?nal step to change moving Weighted average grid 
ding based on a distance transformation to moving Weighted 
average gridding With geologic constraints is to change each 
C(i,j) to C*(i,j) by the formula: 

Where cosine and grad are derived directly form the form 
grid, and penalty is a non-negative number supplied by the 
user as the maximum cost for movements along dip in the 
form grid. With this de?nition, the C*(i,j) are alWays greater 
than or equal to the old C(i,j). 

Performing moving Weighted average gridding using dis 
tance transformation cost factors derived from a form grid 
produces results quite different from ordinary moving 
Weighted average gridding. Because of the Way C*(i,j) are 
de?ned as in equation (4), distances are distorted. Move 
ments up or doWn dip in the form grid are penaliZed, With 
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8 
the calculated distances being larger than they really are. 
HoWever, distances from a data point measured along a 
contour of the form grid approximate their true Euclidean 
distance measured along that contour. 

FIG. 6 is a map shoWing the use of a form grid to contour 
the same Water saturation data contouring in FIG. 5, but 
through the use of this invention the Water saturation has 
been gridded to honor the form of the overlaid structure 
contours. ArroWs indicate Where honoring the structure grid 
contours has elongated Water saturation features. Again the 
Water saturation results are shoWn by gray scale ?lled 
contours. The form grid is simply the structure grid Which is 
the source of the contour lines overlaid on the maps in both 
FIGS. 5 and 6. Comparing the tWo maps of FIGS. 5 and 6 
shoWs that the Water saturation contours have been biased in 
the map of FIG. 6 to folloW the local shape of the structure 
contours. 
An analysis of equation (4) used to create the problem 

speci?c C(i,j) is straight forWard. First, if the user sets the 
maximum penalty to 0, then the method reverts to an 
ordinary moving Weighted average gridding method inde 
pendent of the shape of the form grid. Second, if the form 
grid is generally ?at, then the gradient magnitude Will be 
close to Zero everyWhere, and again the method Will revert 
to moving Weighted average gridding. Finally, if the form 
grid has a constant slope in one direction, distances Will be 
exaggerated in the direction of slope and all the contours Will 
be biased in a perpendicular direction to the slope of the 
form grid. 
B. Generation Form Grids 

According to this method this invention, the user must 
de?ne a form grid to use the method as described above. An 
example is shoWn in FIG. 6, Where the form grid is simply 
a structure grid. In this case it is the structure of the horiZon 
on top of the unit in Which the Water saturation values are 
calculated. A form grid typically is readily available as part 
of normal mapping Work ?oWs. 

FIG. 7 illustrates another Way to produce form grids. This 
data of FIG. 7 represents sand thickness in ?uvial deltaic 
stream channels in the Red Form Sandstone of Oklahoma. 
Positive data values are measured channel thicknesses, and 
0 values indicate Wells Where the channel sands Were not 
detected. This data is available in Appendix A of a book by 
Hamilton and Jones, 1992, Computer Modeling of Geologic 
Surfaces and Volcanoes, American Association of Petroleum 
Geologists, Tulsa. Overlaid on the data are three polylines 
representing a geoscientist’s interpretation of centerlines for 
the stream channels. These center lines are the ultimate 
source of the form grid for this data. 

Using a standard commercial mapping package a grid 
may be created Which models the distance from the three 
polylines. Contours of this grid are shoWn in FIG. 8. The 
contour lines parallel the polylines, While proper connection 
of the positive thickness values in the data should run along 
the digitiZed polylines or parallel to the contours in FIG. 8. 
The grid from Which FIG. 8 contours are generated may be 
used, for example, as the form grid to use in gridding the 
data in FIG. 7. Before gridding, the data points With 0 
thickness are assigned a negative value. This a common 
practice in computer contouring of thickness data to force 
the 0 contour level to lie betWeen Wells Where thickness Was 
recorded and Wells Where it Was missing. Avalue of —20 Was 
substituted for the 0 values. The resulting contours are 
shoWn in FIG. 9. 

Distance gridding, Whether done in a commercial map 
ping package or by a distance transformation, appears to be 
the most natural Way to quickly generate form grids, assum 
ing such a grid is not already available. The ?rst step is to 
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contour the available data Without use of a form grid. The 
resulting contours can be compared With the data at a 
terminal or on hardcopy to determine Where local biases are 
needed. Next the interpreter digitiZes on screen one or more 
polylines showing the directions of local bias. Once the 
polylines are available they are used to create a distance 
grid. That distance grid becomes the source of the form grid. 
If necessary, the Z-values in the form grid can be clipped to 
a maximum value. Then the clipped part of the form grid 
Will have no slope and gridding in those parts of the form 
grid Will be ordinary moving Weighted averaging. 
C. Performance 
As mentioned above, distance transformations imply a 

computational complexity of O(m*k) Where m is the number 
of grid nodes, and k is the number of data values. Therefore 
the cost measured in computer time of using the method of 
the invention increases as the siZe of the output grid 
increases, and as the number of data points increases. The 
grid contour of FIG. 6, Which has 121 roWs and 121 
columns, Was generated in 174 CPU seconds from 36 data 
values on a Sparc20. The grid contoured in FIG. 9, Which 
has only 77 roWs and 85 columns, Was generated in 709 CPU 
seconds form 309 data values on a Sparc20. 

The ?rst grid has 14641 nodes, the second grid has 6545 
nodes. The ratio of grid nodes times the number of data 
points for the tWo tests is, in fact, very close to the ratio of 
the tWo CPU times recorded: 

6545 X 309 _ 709 

14641 X 36 _ = 3'8 : 174 4.1 

That computation time increases rapidly as the siZe of the 
problem increases is disturbing, but it is impossible to avoid 
such computation time When using distance transformations 
on a standard Workstation. The complexity of any sequential 
distance transformation is inherently proportional to the siZe 
of the underlying grid. 

One conclusion to draW from an analysis of the compu 
tational complexity of the invention is that it is not an 
appropriate tool at the present state of Work station con?g 
uring poWer to add geologic interpretation to a data set made 
up of 100,000 seismic shot points. On the other hand, data 
sets for Which added interpretation are required usually do 
not have 100,000 shot points. Instead they have scores, or at 
most a feW hundred Wells. In these cases the human time 
saving is likely to be large, and to be Well Worth the 
computer time. 

Various modi?cations and alterations in the described 
methods of manufacture and apparatus Will be apparent to 
those skilled in the art of the foregoing description Which 
does not depart from the spirit of the invention. For this 
reason, such changes are desired to be included Within the 
scope of the appended claims. The appended claims recite 
the only limitations to a de?nition of the present invention. 
The descriptive manner Which is employed for setting forth 
the embodiments should be interpreted as illustrative but not 
limitative. 
What is claimed is: 
1. A method for imposing an interpretation onto a rect 

angular grid-based model of a three dimensional object 
comprising the steps of, 

providing a rectangular form grid having contours repre 
sentative of the general shape of a model of said object, 
said grid having nodes, 

de?ning at each of said nodes of said form grid a local 
gradient, 

de?ning geologic data samples on said form grid Which 
are representative of said object, 
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10 
determining a total distance measurement betWeen each 

geologic data sample and each grid node of said form 
grid, Where each said total distance measurement is 
measured along a minimum Weighted length path 
de?ned by connecting adjacent nodes of said form grid, 
Where said minimum Weighted length path betWeen any 
adjacent pair of grid nodes is increased to de?ne an 
increased minimum Weighted length path by, 
the absolute value of the cosine of the angle of a ray 

joining said adjacent pair of grid nodes and a local 
gradient of said form grid, 

a magnitude of said local gradient, and 
a predetermined non-negative real number, 

determining an object value at each node of said grid by 
Weighting each data sample in inverse proportion to 
said increased minimum Weighted length betWeen each 
data sample and said grid node, and 

plotting said object value for each node on an x-y map. 
2. The method of claim 1 Wherein 
said step of determining an object value at each node 

includes steps of moving Weighted averaging and mov 
ing least squares surface ?tting. 

3. Amethod for imposing a geologic interpretation onto a 
contour map comprising the steps of: 

providing a form grid of terrain pixels representative of 
the topography of a geologic formation With ?rst 
derivatives dE/dx and dE/dy de?ned at each terrian 
pixel; 

determining the magnitude of the gradient (|grad|i,j) at 
each of said terrian pixel, 

determining the cosine (cosine(i,j)) of the angle betWeen 
the normaliZed dot product of the vectors dE/dy With 
offset vectors i, at each terrian pixel for each neigh 
boring pixel, 

de?ning feature pixels on said form grid Where said 
feature pixels represent a characteristic of said geologic 
formation, 

de?ning an approximation of the distance from d(i,j) to 
d(0,0), C*(i,j), in a distance transformation of each of 
said feature pixels to said form grid 

as a function of a penalty factor and said cosine(i,j) and 
said |grad|i,j 

Where penalty is a non-negative number representative of 
the maximum cost for movements along dip in said 
form grid, and 

plotting said feature pixels Which have been distance 
transformed on a contour map. 

4. The method of claim 3 Wherein 
said feature pixels represent Water saturation of said 

geologic formation. 
5. Amethod for imposing a geologic interpretation onto a 

contour map comprising the steps of: 
providing a three dimensional form grid of terrain pixels 

representative of the topography of a geologic forma 
tion With ?rst derivatives dE/dx and dE/dy de?ned at 
each terrian pixel; 

determining the magnitude of the gradient at each of said 
terrian pixel, as 

+ 0122 
d , 

determining the cosine of the angl_e betWeen the normal 
iZed dot product of the vectors dZ/dy With offset vectors 
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i, at each terrian pixel for each neighboring pixel as 

d2 -? d2 J 
+ 

cosine (i,j) = M 
(|grad|)(\| i2+f2 ) 

de?ning feature pixels on said form grid Where said 
feature pixels represent a characteristic of said geologic 
formation, 

de?ning an approximation of the distance from d(i,j) to 
d(o,o), C*(i,j), in a distance transformation of each of 
said feature pixels to said form grid Where 

12 
Where penalty is a non-negative number representative of 

the maximum cost for movements along dip in said 
form grid, and 

Where distance transformation means ?ve pixel forWard 
and backward masks and 

plotting said feature pixels Which have been distance 
transformed on a contour map. 

* * * * * 


