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[57] ABSTRACT 

A genetic algorithm method of scheduling the delivery of 
coal to a series of incoming coal trains is disclosed, where 
each of the coal trains corresponds to a coal recipient having 
diiferent premium and penalty rates for energy yield, and 
possibly also different contaminant speci?cations. The 
method is applied to a coal facility having a plurality of bins, 
where the coal is of varying quality at the various bins, and 
where the bins are grouped so that loading into trains must 

be done in succession. According to the disclosed method, a 
?tness function is generated, with adjustable weighting 
factors, to combine the premium or penalty revenue with any 
latency or delay time, as well as moves of the coal loading 

plow for the series of slots. A randomly selected ?rst 
generation of assignment sequences are evaluated according 
to the ?tness function, with succeeding generations pro 
duced according to genetic techniques, until convergence to 
the optimum assignment sequence is reached. The method 
may also be applied to other situations in which non~uniform 
inventory is to be delivered to recipients having different 
requirements. 

18 Claims, 5 Drawing Sheets 
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GENETIC METHOD OF SCHEDULING THE 
DELIVERY OF NON-UNIFORM INVENTORY 

This invention is in the ?eld of scheduling, and is more 
speci?cally directed to the scheduling of the delivery of 
non-uniform inventory from selected sites, as encountered in 
the coal mining industry. 

BACKGROUND OF THE INVENTION 

In the ?eld of distribution of materials or goods, one often 
encounters the situation where certain qualities of the mate 
rial or goods to be delivered vary from lot to lot, and where 
different parties receiving the materials or goods may have 
different requirements for these certain qualities. These 
qualities are often associated with the price that is charged, 
such that higher quality goods are generally priced higher 
than are lower quality goods. In order for a business to 
maximize its revenue, it must continually ensure that the 
materials or goods of varying quality are delivered to the 
right customers for those goods. 

The coal mining business is one business in which the 
problem of maximizing revenue by selection of the quality 
of coal to be delivered to various customers is especially 
complex and limited. Referring to FIG. 1, a coal delivery 
facility is illustrated as an example of this problem. In this 
exemplary facility, a railroad track 10i is an incoming track 
along which empty coal trains travel to the facility, and 
which serves two sets of “bins”, or locations at which coal 
may be loaded. Track 10i splits into a track 10a and a track 
10b corresponding to these two groups of bins. In this 
example, track 10a travels near a series of slots 40 through 
45 in a coal receiving facility 2; each of slots 40 through 45 
have a pile of coal located thereat, from which a train may 
be loaded through use of plow 6. Plow 6 is a conventional 
coal loading apparatus that moves coal from the associated 
pile through the slot 4 into the train. Track 10b, on the other 
hand travels near silos 80 and 81, each of which stores a load 
of coal that may be loaded into a coal train along track 1%. 
Each bin (i.e,. each of slots 4 and silos 8) stores a full 
trainload of coal, with a trainload corresponding to approxi 
mately 100 boxcars in volume. 

In this exemplary coal delivery facility, as is typical for 
coal delivery facilities, the quality of the coal located at each 
slot 4 or silo 8 differs from the quality of the coal located at 
the other bins. For purposes of this example, the quality of 
coal corresponds to its energy yield (e. g., in BTu/pound) and 
to the various levels of both contaminants (e.g., sulfur) and 
desirable chemicals (e.g., sodium). This variation in quality 
among bins (i.e, among slots 4 and silos 8 of FIG. 1) is due 
to the differing quality of coal located at different portions of 
a coal mine, such as an open pit coal mine. 

Also as is typical in the business, incoming empty coal 
trains are generally associated with a particular customer, so 
that the coal is picked up at the delivery facility of FIG. 1 for 
delivery at a customer's location. Each customer generally 
has speci?c requirements for the energy yield of the coal that 
it receives. It is typical in the business that a customer will 
pay premiums at a speci?ed rate if it receives coal having an 
energy yield above a particular baseline range, and pays at 
a reduced rate if it receives coal at an energy yield below the 
baseline range. The schedule of premiums and rebates may 
be considered as a function of energy yield in the manner 
illustrated, for three hypothetical examples, in FIG. 2. 

In a ?rst premium/penalty function illustrated by plot 12 
in FIG. 2, the customer pays at a baseline rate for coal having 
between 8450 and 8550 BTu/lb, and pays at a premium of 
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2 
0.04,/ton for each BTu/lb above 8550 BTu/lb, up to a 
maximum premium of S‘Iton (achieved at a yield of 8675 
BTu/lb); the customer also pays at a reduced rate of 0.02,! 
ton for each BTu/lb below 8450 BTu/lb, down to a minimum 
yield of 1250 BTu/lb below which the customer will not 
accept the coal (i.e., the price is zero). By way of example, 
a second premium/penalty function illustrated by plot 13 has 
a baseline range (8500 to 8650 BTu/lb) that is shifted from 
that of the function of plot 12, with different slopes of 
premium and penalty, and with no maximum premium or 
minimum yield threshold. A third premium/penalty function 
is illustrated by plot 14 of FIG. 2, in which the baseline range 
extends from 8400 to 8600 BTu/lb, and in which the 
premiums and penalties are 2, step functions over 100 
BTU/lb ranges on either side of the baseline range. 
The operator of the exemplary coal distribution facility of 

FIG. 1 of course wishes to maximize the premiums received 
and to minimize the penalties assessed. As such, the operator 
will sample the coal located at the various bins for laboratory 
analysis of its energy yield, as well as its contaminants and 
desired chemicals, and use this analysis in the assignment of 
a series of incoming trains to the various bins. 

The optimization of income quickly becomes a complex 
problem, however, especially in the worst case where eight 
incoming trains are associated with eight different premium! 
penalty functions, and where the coal in the eight possible 
bins (slots 4 and silos 8) varies in yield. Consideration of 
these functions illustrated by plots 12, 13, 14 clearly indi 
cates the problem of maximizing the premiums paid from 
non-uniform inventory sources, such as the coal facility of 
FIG. 1, especially since the baseline ranges of the functions 
can dilfer from one another, not only in center point (BTU/ 
lb) but also in width, and since the premium and penalty 
slopes are not the same for each of the functions. Estimation 
of the optimum loading sequence is therefore not a trivial 
operation for a human operator. 
By way of further background, calculus-based optimiza 

tion techniques have been applied in the past to the coal 
mine scheduling problem of FIGS. 1 and 2. According to this 
technique, also referred to as the “hill-climbing” method, the 
gradient of a point on the function under analysis is evalu 
ated, and a next point of analysis is selected by moving an 
incremental distance in a direction indicated by the deriva 
tive (i.e., when seeking a maximum, the increment is taken 
in the direction with the positive gradient). As is well-known 
in the art, these methods are vulnerable to local extrema 
which can trap the optimization routine at a point that is not 
the true maximum for the function. In addition, this tech 
nique does not handle functions with in?nite derivatives 
(i.e., at steps in the function). As shown in FIG. 2, step 
function changes in the premium/penalty function can be 
quite common. As such, the application of the calculus 
based technique to the optimization of the coal delivery 
facility problem was not successful. 

Furthermore, as noted above, the decision process for 
assigning incoming coal trains to particular slots 4 or silos 
8 also involves other factors than the energy yield of the coal 
inventory. One such factor is the presence of contaminants, 
such as sulfur, moisture, and ash, for which the coal cus 
tomers will have maximum values, and will refuse accep 
tance of coal shipments that exceed these speci?cations for 
any of the speci?ed contaminants. Because of different uses 
and environmental constraints, however, it is common that 
different coal customers will have different contaminant 
speci?cations. The consideration of which incoming coal 
train is to be assigned to which bin of the coal delivery 
facility thus further complicates the optimization of revenue. 
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Another complicating factor in the example of the coal 
delivery facility of FIG. 1 is the sodium requirement that 
may be speci?ed by some customers. It is common for coal 
customers to require that a certain amount of sodium be 
present in the delivered coal, for purposes of minimizing the 
buildup of contaminants in their coal burning facilities; this 
requirement may also vary from customer to customer. If the 
laboratory analysis indicates that the sodium content of the 
coal in a particular bin is below the desired level, the coal 
facility can add a chemical to increase the sodium content; 
an example of this chemical is commonly referred to in the 
art as “Trona”. Trona is quite costly, however (e.g., on the 
order of $l30/ton), and as such any optimization of revenue 
should also consider minimizing the use of Trona by assign 
ing incoming trains having less stringent sodium speci?ca 
tions to the lowest sodium bins. 

Yet another complicating factor in the optimization rou 
tine is the timing of the loading of the incoming trains. Coal 
carriers typically specify a penalty if the train leaves the coal 
delivery facility late. In the example of FIG. 1, which is 
typical of a coal delivery facility, only one train can be 
loaded from slots 4 at a time, and only one train can be 
loaded from silos 8 at a time; furthermore, the loading from 
a slot may take longer (e.g., on the order of three hours) than 
loading from a silo (e.g., on the order of one hour). Further 
complicating the timing of this operation is the movement of 
plow 6 which is used to load coal from a bin 4 to a train, as 
plow 6 moves quite slowly among slots 4, and also disrupts 
the coal as it often drags some coal from one slot to another. 
Consideration of these timing issues in the revenue optimi 
zation also greatly complicates the problem. 

Indeed, calculus-based optimization techniques such as 
the hill-climbing technique are generally unable to handle 
optimization of a function having differing input types (e.g., 
energy yield vs. contaminant speci?cations vs. timing pen 
alties), at least without de?nition of a rigorous differentiable 
function relating these different input types. 
By way of further background, optimization methods 

known as “genetic algorithms” have been applied to sched 
uling problems. As is well known in the art, genetic algo~ 
rithms serve to select a string (referred to as a “chromo 
some”) of digits (“genes”) having values (“alleles”) that 
provides the optimum value of a “?tness function”. Accord 
ing to this technique, a group of chromosomes (“a genera 
tion”) is ?rst randomly generated, and the ?tness function is 
evaluated for each chromosome. A probability function is 
then produced to assign a probability value to each of the 
chromosomes according to its ?tness function value, so that 
a chromosome with a higher ?tness function value obtains a 
higher probability. A “reproduction pool" of chromosomes is 
then produced by random selection according to the prob 
ability function; the members of this reproduction pool are 
more likely to be selected from the higher ?tness function 
values. Each chromosome from the reproduction pool then 
“reproduces” with another, randomly selected, chromosome 
in the reproduction pool by exchanging genes at a randomly 
selected “crossover” point in the chromosome; this repro 
duction results in the second generation of chromosomes. 
Mutation may be introduced by randomly altering a small . 
fraction of the genes in the second generation (e.g., one in 
one thousand). The ?tness function is then evaluated for 
each of the chromosomes in the second generation, and the 
reproduction process is repeated until the desired conver 
gence is obtained. 

An example of the use of a genetic algorithm in a 
scheduling problem is described in US. Pat. No. 5,319,781, 
issued Jun. 7, 1994. 
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4 
It is therefore an object of the present invention to provide 

a method of optimizing the distribution of non-uniform 
inventory in an e?icient manner. 

It is a ?lrther object of the present invention to provide 
such a method in which the optimization considers functions 
having in?nite gradients. 

It is a further object of the present invention to provide 
such a method in which the optimization considers inputs 
and effects of inputs of di?°erent types. 

It is a ?rrther object of the present invention to provide 
such a method in which the distribution of the non-uniform 
inventory is made according to a sequence of varying 
requirements. 

Other objects and advantages of the present invention will 
be apparent to those of ordinary skill in the art having 
reference to the following speci?cation together with its 
drawings. 

SUMMARY OF THE INVENTION 

The present invention may be implemented into an auto 
mated system for scheduling the sequential delivery of 
inventory from a plurality of locations to a plurality of 
recipients having di?’ering demand functions, where the 
inventory located at the various locations is of differing 
quality. Information regarding the recipients’ demand func 
tions and the quality of the inventory at the plurality of 
locations is stored in computer memory. The demand func 
tions, along with certain internal functions, are used to 
produce a ?tness function. A genetic algorithm is then used 
to maximize the ?tness function for the sequence in which 
the inventory is to be delivered to the recipients. 

BRIEF DESCRIPTION OF THE DRAWINGS 

FIG. 1 is a schematic diagram of a coal delivery facility 
relative to which the preferred embodiment of the invention 
may be implemented. 

FIG. 2 is a plot of various premium/penalty functions for 
the demand of coal from the facility of FIG. 1. 

FIG. 3 is a block diagram of an automated system for 
scheduling delivery according to the preferred embodiment 
of the invention. 

FIG. 4 is a ?ow chart illustrating the overall operation of 
the method according to the preferred embodiment of the 
invention. 

FIG. 5 is a ?ow chart illustrating the genetic portion of the 
method of vthe preferred embodiment of the invention. 

FIG. 6 is a ?ow chart illustrating the method of evaluating 
the ?tness function in the preferred embodiment of the 
invention. 

FIGS. 7, 8 and 9 are examples of input screens used in the 
control of the preferred embodiment of the invention. 

DETAILED DESCRIPTION OF THE 
PREFERRED EMBODIMENT 

Referring now to FIG. 3, an automated system for sched 
uling delivery of non-uniform inventory according to the 
preferred embodiment of the invention will now be 
described in detail. In this example, the preferred embodi 
ment of the invention is applied to the problem of FIG. 1 
regarding the delivery of coal to incoming coal trains that 
have diiferent speci?cation requirements, such as different 
premium/penalty functions as illustrated in FIG. 2. Of 
course, it is contemplated that the present invention may be 
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applied to different instances of the problem of sequential 
delivery of non-uniform inventory to recipients having dif 
fering criteria, within the scope of the present invention. 
As shown in FIG. 3, the system of the preferred embodi 

ment of the invention includes scheduling system computer 
20. System computer 20 may be implemented by any 
conventional personal computer or workstation, preferably 
an lBM®-compatible personal computer having least a 
286-class central processing unit; of course, higher perfor 
mance CPU-based computers will be preferable. According 
to the preferred embodiment of the invention, system com 
puter 20 is capable of presenting output onto graphics 
display 25 and printer 28. Keyboard 21, mouse 22, are also 
provided with system computer 20, for interactive operation 
in the manner described hereinbelow. System computer 20 
further includes bus 27, by way of which it is able to 
communicate with disk storage devices, including external 
hard disk storage on a network and ?oppy disk drives. In this 
embodiment of the invention, bus 27 communicates data to 
system computer 20 from coal analysis ?oppy disk storage 
24 and from contract speci?cation data hard disk storage 26. 
System computer 20 is also connected to a communications 
network link 29, to receive data from railroad schedule 
storage 27 at a remote computer. 

Referring now to FIG. 4 in combination with FIG. 3, the 
operation of system computer 20 in performing the preferred 
embodiment of the invention will now be described in detail. 
This description will use the exemplary problem described 
above in which incoming coal trains with di?erent speci? 
cation requirements and premium/penalty functions are to be 
routed to various coal bins in the coal delivery facility of 
FIG. 1 in such a manner as to maximize revenue. According 
to this embodiment of the invention, scheduling may be 
canied out on a daily basis, to de?ne the optimal sequence 
in which incoming trains are assigned to particular coal bins 
(slots 4 and silos 8). Of course, the process may also be 
performed for each shift within a day, or updated as neces 
sary (e. g., if the railroad schedule changes due to unforeseen 
delays). 

Scheduling according to this embodiment of the invention 
begins with processes 30, 32, in which information regard 
ing the recipients of the coal are identi?ed. In process 30, 
system computer 20 interrogates the remote computer con 
taining the current railroad schedule data 27, and receives 
the current schedule over communications network link 29. 
Process 30 thus loads system computer with the identi?ca 
tion of each of the trains due to arrive at the coal delivery 
facility in the next shift or day (i.e., the “subject time 
period”), and the estimated times of arrival for those trains. 
In process 32, system computer 20 loads data from contract 
speci?cation data hard disk storage 26 for those trains 
identi?ed as due to arrive in the subject time period, as 
identi?ed by the schedule data retrieved in process 30; this 
data includes the premium/penalty functions described here 
inabove relative to FIG. 2, as well as other speci?cation 
limits such as minimum sodium levels and maximum con 
taminant concentrations. In process 34, system computer 20 
then correlates the contract information from process 32 to 
each of the incoming trains identi?ed in process 30, so that 
the correct premium/penalty function and speci?cation lim 
its are associated with each of the incoming trains. 

Process 36 loads system computer 20 with the chemical 
and energy analysis data for the coal currently located at 
each of slots 4 and silos 8; this process is performed by 
system computer receiving and loading analysis data from 
coal analysis disk storage 24 of FIG. 3. As is known by those 
in the ?eld, the analysis data loaded in process 36 is obtained 
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6 
by sampling of the coal at the various bins, and by conven~ 
tional chemical analysis at an on-site laboratory. In addition, 
it is preferred that the current location of plow 6 also be 
communicated to system computer 20 by process 36. All of 
this data may be communicated to system computer 20 by 
way of a computer network, as suggested by FIG. 3; 
alternatively, ?oppy disks or other conventional communi 
cations techniques may be used. As suggested by FIG. 4, the 
relative time sequence of process 36 relative to processes 30, 
32, 34 is unimportant. 

FIG. 7 is an illustration of an exemplary display screen 
presented by system computer 20 upon completion of pro 
cess 36. As evident from the portion of the display of FIG. 
7 labeled “Incoming Trains” seven incoming trains have 
been identi?ed from process 30 (FIG. 7 shows the train 
number and the estimated time of arrival); since eight bins 
are available, this embodiment of the invention is able to 
handle the assignment of eight incoming trains. Of course, 
other information such as date of arrival may also be 
displayed for the incoming trains. Also as shown in FIG. 7, 
system computer 20 indicates the analysis data for the coal 
in each of the eight bins of the facility (i.e., slots 4 and silos 
8). In this example, the analysis data includes moisture (M), 
ash (A), sulfur (S), energy content in BTU/lb (B), and 
sodium (N). In addition, the display screen of FIG. 7 
indicates the current position of plow 6 (which, in this 
example, is slot 41). The human operator may also change 
the position of plow 6 among the bins, by manipulation of 
mouse 22. 

In process 38, the operator of system computer 20 may 
edit the ?tness function and also certain operating param 
eters to be used in the optimization process. By way of 
de?nition, a “sequence” is a possible assignment of incom 
ing trains to slots 4 and silos 8. An example of such a 
sequence is illustrated in the following Table, for a full 
complement of eight incoming trains: 

TABLE 

Incoming Train Number Slot or Silo Assignment 

1 43 
2 8r 
3 42 
4 45 
5 80 
6 40 
7 41 
8 44 

As will be evident hereinbelow, the ?tness function is the 
expression by way of which sequences of trains to bins will 
be evaluated. Operating parameters, on the other hand, are 
those parameters that re?ect certain assumptions in the 
evaluation process. 

According to this embodiment of the invention, the ?tness 
function is a weighted sum of various factors that are to be 
considered when evaluating train-to-slot assignment 
sequences. As discussed above relative to FIG. 2, evaluation 
of the premium/penalty function is, of course, one such 
factor. A second factor is the latency time of a particular 
sequence, which is the total time that incoming trains must 
wait upon arrival at the facility prior to being directed to a 
speci?c slot 4 or silo 8. Latency time arises in the situation 
of FIG. 1, since only a single train may reside on either of 
tracks 10a, 10b; if an incoming train arrives at the facility 
while a previous train is still being loaded, the incoming 
train must wait until the previous train leaves the particular 
one of tracks 10a, 101;. According to this example, a third 
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factor is the number and distance of moves of plow 6 in the 
sequence. As noted above, movement of plow 6 requires 
signi?cant time, and also can result in mixing and contami 
nation of coal at slots 4. 

According to this example, therefore, the ?tness function 
value FFV for a single assignment sequence for eight 
incoming trains is de?ned as follows: 

where W,, W2, W3 are unitless weighting factors. In equa 
tion (1), for a particular incoming train t, PP, is the value of 
the premium/penalty function if coal were loaded into train 
t from the assigned slot 4 or silo 8. As such, the sum of the 
PP, values for a particular sequence is the sum of the 
premiums and penalties that would accrue over the entire 
sequence of eight incoming trains if assigned according to 
the sequence. This would be calculated by applying the 
particular BTU/lb value from each of slots 4 and silos 8 to 
the premium/penalty function corresponding to the incom 
ing train assigned to that slot 4 or silo 8 in the sequence. 

Also in equation (1), LT, is the time that train t must wait 
(for completion of the loading of a prior train) for its 
assigned slot 4 or silo 8 upon its arrival at the coal facility, 
and PM, is the number of slots 4 that plow 6 must move in 
order to load train t at its assigned slot 4. The functions 
f(LT,) and g(PM,) are functions that may be de?ned in 
setting the ?tness function; for example, a function as simple 
as: 

may be used. Alternatively, more complex functions of 
latency time and plow moves may be used, for additional 
accuracy if appropriate to the particular facility. In any case, 
since high values of both latency time and plow moves are 
undesirable, the weighting factors W2, W3 will be negative 
constants. 

Referring to FIG. 8, a display screen by way of which an 
operator may control system computer 20 in process 38 to 
adjust the weighting factors W,, W2, W3 in ?tness function 
equation (1). The screen of FIG. 8 may be accessed by way 
of a pulldown “edit” menu or the like, from the display of 
FIG. 7. In this example, the user is able to adjust the position 
of the slide bar for each of the values labeled “Importance 
Weights”, such that each value may range from 0 to 100% 
importance. The Importance Weight labeled “Premium” 
corresponds to weighting factor W1 in the ?tness function, 
while the Importance Weights labeled “Latency Time" and 
“Plow Moves” correspond to weighting factors W2, W3, 
respectively. Higher importance ratings will cause weighting 
factors W2, W3 to become more negative, while a higher 
importance rating will make weighting factor W, more 
positive. 

Regarding the editing of operating parameters, process 38 
may be used to eliminate one or more of the incoming trains 
or one or more of the coal bins from consideration in the 
optimization process, or may assign a speci?c incoming 
train to a speci?c coal bin. In addition, the location of plow 
6 may be altered in process 38, for example to re?ect a move 
of the plow for maintenance or other reasons prior to the 
arrival of the ?rst incoming train. Referring to FIG. 9, 
additional examples of operating parameters that may be 
edited in process 38, for example by way of a pulldown edit 
menu from the display of FIG. 7, are shown. These operating 
parameters correspond to the cost per ton of the additive 
Trona, and to the loading times for slots 4 and silos 8. 
Process 38 thus allows the human operator to adjust these 
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8 
parameters as well, for accuracy relative to the particular 
construction of the coal deliver facility. 
The scheduling method then continues with process 40, in 

which the optimum assignment sequence is identi?ed. 
According to the preferred embodiment of the invention, 
process 40 incorporates the use of a “genetic algorithm” to 
identify the optimum sequence. As will become apparent 
from the following description, the genetic algorithm is 
useful in that it avoids the necessity of evaluating all 
possible assignment sequences which, in the case of eight 
incoming trains, would be 40,320 evaluations. Referring 
now to FIG. 5, the operation of process 40 will now be 
described in detail. 

Process 40 begins with the random generation of a 
number of initial sequences in process 46; in the example of 
FIG. 1, thirty such sequences are randomly selected, and 
become the “?rst generation” of the genetic algorithm. 
These sequences will each consist of a string of numbers that 
correspond to slot 4 and silo 8 positions, with each digit 
position corresponding to an incoming train number (see 
FIG. 7). For example, the sequences may correspond the 
digit positions to the eight incoming trains from left to right, 
such that the left-most digit position corresponds to incom 
ing train #1, and the right-most digit position corresponding 
to incoming train #8. Numeric values 1 through 8 are then 
assigned to slots 40 through 45 and silos 8o, 8,, respectively 
(i.e., 1=slot 40, 2=slot 4,, . . . 7=silo 80, and 8=silo 8,). In 
this arrangement, the string: 

48367125 

would correspond to the sequence example in the Table 
hereinabove. It should be noted that assignment of numeric 
values to bin positions rather than to incoming trains facili 
tates the scheduling method when fewer than eight incoming 
trains are to be scheduled for assignment to the eight bins. 

Following selection process 46, process 48 is next per 
formed, in which the ?tness function value FFV is deter 
mined for each of these randomly selected sequences using 
the weighting factors W,, W2, W3 as edited in process 38, 
which is illustrated in detail in FIG. 6 for a single sequence. 

Process 48 begins with process 62 in which, for each 
train-to-bin assignment in the sequence, the contract speci 
?cation data (including premium/penalty function) for the 
incoming train is correlated with the coal data for its 
assigned slot 4 or silo 8. Process 64 is then performed in 
which the premium/penalty function (PP,) for each assign 
ment is calculated and summed. According to this embodi 
ment of the invention, process 64 reads the BTU/lb value 
from the coal data for each particular bin, and applies it to 
the premium/penalty function (examples of which are shown 
in FIG. 2) for the incoming train assigned to that bin in the 
sequence; process 64 then performs a signed sum of all of 
the PP, values for the train-to-bin assignments in the 
sequence. In other words, process 64 determines the pre 
mium or penalty revenue that would be realized if the 
incoming trains were actually assigned to the bins as indi 
cated by the sequence. 

Following process 64, the number of plow moves is 
determined in process 66. As noted above, a plow move 
occurs when plow 6 of FIG. 1 moves a single location 
among slots 40 to 45. For example, movement of plow 6 
from slot 42 to slot 44 would be two plow moves (42 to 43, 
and 43 to 44). The value PM thus is determined in process 66 
by summing, over the sequence, the plow moves PM, 
necessary to load each train t. For example, in the sequence 
of the Table hereinabove, a total of thirteen plow moves 
would take place (i.e., PM=l3). Similarly, in process 68, the 
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total latency time LT is determined by summing, over the 
sequence, the time Lt, that each train t has to wait prior to 
being assigned to its slot 4 or bin 8 in the sequence, 
considering the arrival times of the trains and also consid 
ering the time required to load a train from a slot 4 or silo 
8 (as edited in process 38). 

Process 70 is then performed for the sequence to create 
the ?tness function value FFV by performing the weighted 
sum of equation (1) hereinabove, using the results of pro 
cesses 66, 68, 70 and the weighting factors W1, W2, W3 set 
in editing process 38. Since weighting factors W2, W3 are 
negative, process 70 may return either a positive or a 
negative value for the ?tness function value FFV for a 
sequence. 

Decision 71 then determines which of the tIain-to-bin 
assignments in the sequence would require the addition of 
the Trona additive to raise the sodium content of the coal to 
an acceptable level. Decision 71 is performed by comparing, 
for each of the train-to-bin assignments in the proposed 
sequence, whether the coal in the slot 4 or silo 8 meets the 
minimum speci?cation under the contract for the associated 
incoming train. If the sodium speci?cation is met in all 
cases, control passes to decision 73. If one or more of the 
train-to-bin assignments would violate the minimum speci~ 
?cation for the contract, the cost of Trona required to bring 
all of the assignments up to speci?cation would be calcu 
lated in process 72, and subtracted (after multiplication by a 
weighting factor, if desired) from the FFV for that sequence. 

In either case, decision 73 is next performed to determine, 
for each train-to-bin assignment in each of the sequences, 
whether any of the “hard” contract speci?cations would be 
violated by assigning its train to the slot 4 or silo 8 indicated 
in the assignment sequence. For purposes of this description, 
a “hard” speci?cation is a contract speci?cation that must be 
met in order for the coal to be at all accepted by the customer 
(as opposed to a premium/penalty function, in which sub 
standard coal is accepted, but at a lower price). For example, 
if one of the incoming trains were associated with a contract 
that speci?ed that the moisture content must not exceed 
26%, assignment of this incoming train to a slot 4 or silo 8 
having coal with greater than 26% moisture content would 
violate the speci?cation. For each sequence in which a 
speci?cation would be violated, a violation ?ag is set in 
process 74. Whether or not any speci?cations are so vio 
lated, process 48 is complete for the sequence. 

Process 48 is so performed for each of the sequences 
generated in process 46, with the results stored in the 
memory of system computer 20. 

After completion of process 48 for all of the proposed 
sequences, process 50 is then performed by interrogating the 
violation ?ag for each of the sequences. For each sequence 
having a violation ?ag indicating that a “hard” speci?cation 
has been violated, its ?tness function value FFV is down 
graded from its raw value (FFVmw) according to the number 
of speci?cation violations (VIOL) as follows: 

FFVmw 
“hm-T 

Accordingly, the ?tness function value FFV is signi?cantly 
downgraded for violations of one or more “hard” speci?ca 
trons. 

Process 52 is then performed to create a global sum of the 
FFVs to assist in the convergence determination, and also as 
useful in producing the next generation of sequences, if 
necessary. The global sum for this example is produced in 
process 52 by summing the ?tness function values FFV for 
all sequences, after processing by process 50. 
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Decision 53 is then performed to determine if process 40 

has converged to an optimum sequence. Convergence may 
be determined in one of several different ways according to 
the preferred embodiment of the invention. For example, the 
value of the global sum produced in process 52 may be 
compared against the global sum produced for the prior 
generation, with convergence indicated by an insubstantial 
difference therebetween. Alternatively, the highest ?tness 
function value FFV obtained in the generation, and the 
number of sequences that have this FFV, may also be 
considered in the convergence decision 53 (i.e., convergence 
will be present if many of the sequences are alike and have 
the highest FFV). Further in the alternative, the convergence 
decision 53 may merely compare the number of generations 
produced against a run limit (for example, a run limit that is 
determined by characterization), in which case convergence 
is merely assumed upon completion of the run limut number 
of generations. 

If convergence is reached, control passes to output pro 
cesses 42, 44, as will be described hereinbelow. On the other 
hand, if decision 53 determines that the optimization of 
process 40 has not adequately converged, another generation 
of sequences is to be generated, beginning with process 54. 
As indicated above, the global sum of FFVs produced in 

process 52 is useful in producing the next generation of 
sequences. According to genetic algorithm techniques, suc 
ceeding generations of sequences (or “chromosomes”) are 
randomly selected from the prior generation according to a 
probability function that affords greater likelihood of selec 
tion to sequences having higher ?tness function values FFV. 
Conversely, the likelihood of selecting a low ?tness function 
value sequence is to be relatively low. According to the 
preferred embodiment of the invention, the probabilities of 
selection are determined in process 54 by determining the 
percent contribution to the global sum of the ?tness function 
values from each of the sequences evaluated in process 48. 
By way of example, if the following arrangement of 

sequences and ?tness function values were the four highest 
ranked sequences in a generation, where ?ve incoming 
trains are to be assigned to the eight possible bin positions 
(i.e., the string lengths are ?ve, with digits ranging from 1 to 
8 for the eight possible bin positions): 

73842: FFV=3.45 
67851: FFV=2.80 
37124: FFV=2.21 
86321: FFV=1.70 

and if the global sum determined in process 52 was 12.54, 
the probabilities determined for these sequences in process 
54 would be as follows: 

7 3 8 4 2 : probability = 0.275 
6 7 8 5 l : probability = 0.223 
3 7 1 2 4 : probability = 0.176 
8 6 3 2 1 : probability = 0.136 

In this case, the cumulative probability for the remaining 
sequences would be approximately 0.190. 

Following assignment of the probabilities in process 54, 
reproduction candidate sequences, or “parents”, for the next 
generation of sequences to be produced are selected in 
process 56. According to this embodiment of the invention, 
the number of parents selected in process 56 equals the 
number of sequences originally generated in process 46; in 
this example, thirty such parent sequences will be selected. 
The parent sequences are selected from the set of valid 
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sequences for which probabilities are calculated in process 
54, preferably in a random manner but according to the 
probabilities calculated in process 54. This ensures that 
sequences with higher ?tness function values FFV are thus 
more likely to become parents for the succeeding genera 
tion; as such, the genetic algorithm models the theory of 
natural selection. 

After selection of the parent sequences in process 56, 
reproduction process 58 is performed to produce the next 
generation of sequences, by randomly selecting pairs of 
parent sequences and performing a “crossover” operation at 
a randomly selected position within the sequences, thus 
creating new sequences for evaluation. A rudimentary cross 
over operation of process 58 on a pair of sequences, or 
strings of digits, will now be explained by way of example. 
Consider the example where the following two sequences 
were selected in process 58 as one pair of parents of the next 
generation (from the population of parents determined by 
process 56): 

67851 
37124 

Process 58 would produce two “offspring” sequences for the 
next generation by randomly selecting a crossover point, and 
by then swapping the digits on one side of the crossover 
point with those digits from the other parent sequence. Using 
the above example, if the crossover point were at the 
position between the second and third digits, crossover 
would occur as follows: 

Before crossover After crossover 

67:851 
37:124 

67:124 
37:851 

It should be noted that it is likely for crossovers to result in 
invalid sequences, namely those in which a single slot 4 or 
silo 8 is assigned to two different incoming trains. In the 
above example, such invalid sequences would occur if the 
crossover points were between the third and fourth digits (as 
one of the sequences after crossover would have had two 
1's, corresponding to slot 40 loading two different incoming 
trains). Process 58 would discard such results, and randomly 
select another pair of parent sequences and crossover point, 
and perform the reproduction process again, until the desired 
number of sequences resulted. 

Other types of crossover techniques known in the art may 
alternatively be used. A preferred crossover technique is 
known as “PMX crossover”, and is described in Goldberg, 
Generic Algorithms in Search, Optimization and Machine 
Learning (Addison-Wesley, 1989), pp. 170 et seq. 

It is known in the genetic algorithm ?eld that “mutations” 
are useful to avoid trapping of the optimization at a local 
maximum, as such mutations encourage diversity in the 
offspring. Accordingly, in this embodiment of the invention, 
process 60 performs a mutation upon the sequences of 
process 58, by changing, to a different value, every n''‘ digit 
generated. For example, every 1000"‘ digit may be switched 
with another digit in the same sequence in process 58. In this 
example hereinabove, where thirty sequences of ?ve digits 
each constitute a generation and where every 1000"‘ digit is 
to undergo mutation, a mutation would occur once in every 
seven generations. 

Following the completion of process 58, a new generation 
of new sequences has been produced and is ready for 
evaluation via process 48. The evaluation of the ?tness 
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12 
function values FFV for this new generation is then per 
formed, and the process continued until decision 53 deter 
mines that convergence to an optimal sequence has 
occurred. Output process 42 then presents a visual display to 
advise the human operator of the optimal assignment of 
incoming trains to slots 40 through 45 and silos 8o, 81. Those 
slots 4 and silos 8 for which Trona additive is required will 
also be indicated, so that the appropriate action may be 
taken. Output process 44 may also be performed to produce 
a printed hard copy report of the assignment of incoming 
trains to the bins of the facilities. In addition, each of output 
processes 42, 44 may provide an economic analysis for the 
optimal assignment, including the amount of premiums 
obtained by the particular assignment, as well as the number 
of plow moves and the latency time involved in the assign 
ment. 

Following the optimization provided by the present 
invention, the coal facility then routes the incoming trains to 
the appropriate slots 4 and silos 8 in the order determined by 
the optimization process of the present invention. In addi 
tion, if the facility is noti?ed of changes in the railroad 
schedule, the process of this embodiment of the invention 
may be repeated for a new set of incoming train inputs to 
determine if the assignments must be changed to account for 
the schedule change. In addition, the operator may interac 
tively and repetitively perform the optimization process with 
different values for the weighting factors or operating fac 
tors, as discussed above, for example to determine the 
sensitivity of the optimization to one or more of the factors. 

It is to be understood that the optimization method 
described hereinabove may not ?nd the exact optimal 
arrangement of incoming trains to coal bins. However, this 
method is highly advantageous in that it can repeatably ?nd 
at least a very good solution, without being subject to such 
problems as local extrema and the like. 
The present invention thus provides many important 

advantages in solving the problem of scheduling the delivery 
of non-uniform inventory to customers with different speci 
?cation demands. Firstly, the present invention provides an 
automated scheduling function and system to replace the use 
of human estimation, and thus provides consistent maximi 
zation of revenue for the facility. Secondly, the present 
invention allows for the optimization of the scheduling using 
non-linear ?tness ?mctions, including functions having in? 
nite derivatives, thus avoiding being trapped at local 
extrema. In addition, the present invention optimizes the 
scheduling in a manner that can consider a ?tness function 
that depends upon factors and inputs of various types (in the 
above example, these factors include revenue, latency time, 
and plow moves), as well as a ?tness function that may be 
modi?ed under certain conditions (e.g, the cost of Trona 
additive). Furthermore, the present invention can account for 
threshold criteria in its optimization, such as whether the 
speci?cation limits are met for a particular assignment. 

It has been observed that the method described herein 
above can be performed quickly by data processing equip 
ment having modest performance by modern standards (e. g., 
on the order of a few seconds using a 486-based personal 
computer). Accordingly, the present invention may be 
readily and inexpensively implemented at remote locations, 
such as at a coal mine. 

Besides the application of the present invention to a coal 
delivery facility, it is further contemplated that the present 
invention may also be applied to other situations in which 
non-uniform inventory is to be delivered to recipients having 
di?fering requirements. An example of such a situation is the 
scheduling of natural gas ?ow in a pipeline network. 
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While the invention has been described herein relative to 
its preferred embodiment, it is of course contemplated that 
modi?cations of, and alternatives to, this embodiment, such 
modi?cations and alternatives obtaining the advantages and 
bene?ts of this invention, will be apparent to those of 
ordinary skill in the art having reference to this speci?cation 
and its drawings. It is contemplated that such modi?cations 
and alternatives are within the scope of this invention as 
subsequently claimed herein. 
We claim: 
1. A method of scheduling the delivery of product from a 

plurality of locations, wherein a ?rst measurement param 
eter of the product varies among the plurality of locations, 
comprising the steps of: 

identifying a plurality of recipients, each having a revenue 
function associated with the ?rst measurement param 
eter for the product; 

randomly generating a ?rst generation of assignment 
sequences, each assignment sequence in the generation 
assigning each of the plurality of recipients to one of 
the plurality of locations; 

determining a ?tness function value for each of the 
assignment sequences by evaluating a ?tness function, 
wherein the ?tness function comprises the sum of the 
revenue functions for each of the recipients in the 
assignment sequence, evaluated for each of the recipi 
ents according to the ?rst measurement parameter for 
the product at the location assigned in the assignment 
sequence; 

then producing a succeeding generation of assignment 
sequences according to a genetic algorithm; 

repeating the step of determining a ?tness function value, 
for each of the assignment sequences in the succeeding 
generation; and 

identifying the assignment sequence having the highest 
?tness function value. 

2. The method of claim 1, further comprising; 
after the step of repeating the step of determining a ?tness 

function value, determining whether a convergence 
limit has been satis?ed; 

wherein the step of identifying the assignment sequence 
having the highest ?tness function value is performed 
responsive to determining that the convergence limit 
was satis?ed; 

and further comprising: 
responsive to determining that the convergence limit 

was not satis?ed, repeating the steps of: 
producing a succeeding generation of assignment 

sequences; and 
determining a ?tness function value for each of the 

assignment sequences in the succeeding genera 
tion. 

3. The method of claim 1, wherein the step of producing 
a succeeding generation of assignment sequences com 
prises: 

creating a probability value for each of the assignment 
sequences in the ?rst generation by determining the 
fractional contribution of each assignment sequence in 
the generation to the sum of the ?tness function values 
for the assignment sequences in the generation; 

selecting parent sequences from the ?rst generation 
according to the probability values; 

randomly selecting pairs of parent sequences; and 
crossing over the selected pairs of parent sequences 

relative to one another at a selected digit position to 
produce the succeeding generation. 
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4. The method of claim 1, wherein a second measurement 

parameter of the product varies among the plurality of 
locations; 

wherein each of the plurality of recipients has a threshold 
value for the second measurement parameter; 

and wherein the step of determining the ?tness function 
value further comprises: 
for each recipient in each of the assignment sequences 

in the generation, comparing the threshold value for 
the second measurement parameter to the second 
measurement parameter of the product at the location 
assigned in the assignment sequence; and 

discarding any assignment sequence in which the sec 
ond measurement parameter of the product does not 
satisfy the threshold value for the second measure 
ment parameter for any of its recipients. 

5. The method of claim 1, wherein the plurality of 
locations are arranged in ?rst and second groups; 

wherein the recipients are to be scheduled to receive 
product in a sequential manner; and 

wherein only a single recipient can receive product from 
any of the locations in the ?rst group at a time. 

6. The method of claim 5, wherein the recipients are to 
arrive at the plurality of locations at various times. 

7. The method of claim 5, wherein the ?tness function 
comprises a weighted sum of the sum of the revenue 
functions for each of the recipients in the assignment 
sequence, with a time value corresponding to delay of 
recipients in the assignment sequence resulting from assign 
ment to one of the plurality of locations in the ?rst group 
while a prior recipient is receiving product from another of 
the plurality of locations in the ?rst group. 

8. The method of claim 7, further comprising: 
assigning a ?rst weighting factor to the sum of the revenue 

functions for each of the recipients in the assignment 
sequence; and 

assigning a second weighting factor to the time value. 
9. A method of delivering coal to a sequence of coal 

recipients, wherein the coal is stored in a plurality of bins, 
wherein the coal at the plurality of bins has a different energy 
yield, and wherein each of the coal recipients corresponds to 
a different revenue function based upon the energy yield of 
the coal delivered, comprising the steps of: 

randomly generating a ?rst generation of assignment 
sequences, each assignment sequence in the generation 
assigning each of the plurality of coal recipients to one 
of the plurality of bins; 

determining a ?tness function value for each of the 
assignment sequences by evaluating a ?tness function, 
wherein the ?tness function comprises the sum of the 
revenue functions for each of the coal recipients in the 
assignment sequence, evaluated for the energy yield of 
the coal at the bin assigned in the assignment sequence; 

then producing a succeeding generation of assignment 
sequences according to a genetic algorithm; 

repeating the step of determining a ?tness function value, 
for each of the assignment sequences in the succeeding 
generation; 

1 identifying the assignment sequence having the highest 
?mess function value; and 

delivering coal to the coal recipients according to the 
assignment sequence having the highest ?tness func 
tion value. 

10. The method of claim 9, wherein the plurality of bins 
are arranged in ?rst and second groups; 
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wherein only a single coal recipient at a time may receive 
coal from any of the bins in the ?rst group; 

and wherein the ?tness function comprises a weighted 
sum of the sum of the revenue functions for each of the 
coal recipients in the assignment sequence, with a time 
value corresponding to delay of coal recipients in the 
assignment sequence resulting from assignment to one 
of the bins in the ?rst group while a prior coal recipient 
is receiving product from another of the bins in the ?rst 
group. 

11. The method of claim 9, further comprising: 
assigning a ?rst weighting factor to the sum of the revenue 

functions for each of the coal recipients in the assign 
ment sequence; and 

assigning a second weighting factor to the time value. 
12. The method of claim 9, wherein each of the coal 

recipients is a coal train. 
13. The method of claim 9, wherein a contaminant param 

eter of the coal varies among the plurality of bins; 
wherein each of the plurality of coal recipients has a 
maximum contaminant threshold; 

and wherein the step of determining the ?tness function 
value further comprises: 
for each coal recipient in each of the assignment 

sequences in the generation, comparing the maxi 
mum contaminant threshold to the contaminant 
parameter of the coal at the bin assigned in the 
assignment sequence; and 

discarding any assignment sequence in which the con 
taminant parameter of the coal exceeds the maxi 
mum contaminant threshold for any of its coal recipi 
cuts. 

14. The method of claim 9, further comprising: 
after the step of repeating the step of determining a ?tness 

function value, determining whether a convergence 
limit has been satis?ed; 

wherein the step of identifying the assignment sequence 
having the highest ?tness function value is performed 
responsive to determining that the convergence limit 
was satis?ed; 

and further comprising: 
responsive to determining that the convergence limit 

was not satis?ed, repeating the steps of: 
producing a succeeding generation of assignment 

sequences; and 
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determining a ?tness function value for each of the 

assignment sequences in the succeeding genera 
tion. 

15. The method of claim 9, wherein the step of producing 
a succeeding generation of assignment sequences com 
prises: . 

creating a probability value for each of the assignment 
sequences in the ?rst generation by determining the 
fractional contribution of each assignment sequence in 
the generation to the sum of the ?tness function values 
for the assignment sequences in the generation; 

selecting parent sequences from the ?rst generation 
according to the probability values; 

randomly selecting pairs of parent sequences; and 
crossing over the selected pairs of parent sequences 

relative to one another at a selected digit position to 
produce the succeeding generation. 

16. The method of claim 9, wherein the sodium concen 
tration of the coal varies among the plurality of bins; 

wherein each of the plurality of coal recipients has a 
minimum sodium concentration; 

and wherein the step of determining the ?tness function 
value further comprises: 
for each coal recipient in each of the assignment 

sequences in the generation, comparing the mini 
mum sodium concentration to the sodium concen 
tration of the coal at the bin assigned in the assign 
ment sequence; 

for each assignment sequence having a recipient for 
which the minimum sodium concentration is not met 
by the sodium concentration of the coal at the bin 
assigned in the assignment sequence, modifying the 
?tness function value by an amount corresponding to 
the cost of sodium additive necessary to be applied 
to the coal at the assigned bin. 

17. The method of claim 9, further comprising: 
prior to the randomly generating step, assigning one of the 

plurality of coal recipients to one of the plurality of 
bins. 

18. The method of claim 9, further comprising: 
prior to the randomly generating step, eliminating one of 

the plurality of bins from consideration. 

* * * * * 


