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[57] ABSTRACT 
A memory device includes a nonlinear electric conduc 
tivity element, a charge accumulation element, and a 
switching element. The nonlinear electric conductivity 
element has an insulating layer having opposite sur 
faces, and ?rst and second conductive layers respec 
tively formed on the opposite surfaces of the insulating 
layer. The nonlinear electric conductivity element re 
ceives an external write signal applied to one of the ?rst 
and second conductive layers, and outputs a signal hav 
ing nonlinear electric conductivity characteristics from 
the other of the ?rst and second conductive layers. The 
charge accumulation element has charge accumulation 
characteristics and is connected to receive and store the 
signal output from the other of the ?rst and second 
conductive layers. The switching element is ON/OFF 
controlled upon reception of the signal charge stored in 
the charge accumulation element. The switching ele 
ment receives an external read voltage to read out the 
signal charge stored in the charge accumulation ele 
ment as storage data. A memory apparatus includes a 
plurality of memory devices each having the nonlinear 
electric conductivity element the charge accumulation 
element and the switching element. The plurality of 
memory devices are connected in a matrix form such 
that the switching elements in at least two memory 
devices can commonly receive the read voltage and can 
commonly read out the storage data. 

12 Claims, 9 Drawing Sheets 
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MEMORY DEVICE AND MEMORY APPARATUS 
USING THE SAME SUITABLE FOR NEURAL 

NETWORK 

BACKGROUND OF THE INVENTION 

1. Field of the Invention 
The present invention generally relates to a memory 

device and a memory apparatus using the same and, 
more particularly, to a memory device which functions 
as a neuron element and a memory apparatus using the 
same suitable for a neural network. 

2. Description of the Related Art 
In recent years, extensive studies have been made on 

data processing using neural networks, and neural net 
works are used in a variety of applications such as pat 
tern recognition for graphic and character patterns, 
speech recognition, mechanical control of a robot or the 
like, and recognition processing, data compression, and 
image reproduction in an expert system or the like. In 
particular, the ?eld of recognition is regarded as one of 
the ?elds to which a neural network can be easily ap 
plied. 
As opposed to a conventional Neuman computer 

suitable for serial data processing mainly using numeric 
values and symbols, neural networks are regarded to be 
suitable for parallel processing calculation models. 
More speci?cally, neural networks are suitable for real 
izing calculation models simulating functions and struc 
tures of a brain and neural network of a living body. A 
system having these functions and structures realized by 
electronic circuits, optical circuits, and the like is called 
a neuro-computer. 
FIG. 14 shows a structure of a nerve cell (neuron) of 

a living body. The nerve cell is divided into synapses 1, 
dendrites 2, axis cylinders 4, and a cell body 6 in accor 
dance with-data processing functions. One neuron is 
regarded as one logic operation circuit when each neu 
ron is exempli?ed as an electronic circuit. Each synapse 
1 serves as an interface for receiving signals from other 
neurons. A signal input to this synapse l is transmitted 
to the cell body 6 through the corresponding dendrite 2 
(input line). The cell body 6 adds inputs input from the 
plurality of dendrites 2. When the sum exceeds a prede 
termined value, this neuron outputs a signal to the next 
neuron through the corresponding axis cylinder 4 (out 
put line). Each synapse 1 takes an excitatory or inhibi 
tory action. A signal input from an excitatory synapse 
serves to increase a signal level of the cell body 6. A 
signal input from an inhibitory synapse serves to de 
crease the signal level of the cell body 6. When the 
synapse 1 is to transmit a signal to the cell body 6, the 
intensity of an output signal is changed in accordance 
with a source neuron of the input signal. The signal 
intensity is called a coupling weighting coefficient. A 
memory function and a processing capacity of a neural 
network in a living body are generally deemed to de 
pend on a way of connections between neurons and a 
pattern formed by weighting coef?cients of these neu 
rons. . 

A human brain is said to have ‘about 101° neutrons. 
Since a large number of data are subjected to parallel 
processing in the neural network, a very large amount 
of data can be processed per unit time although an oper 
ating frequency of one neuron is low. 
When a neural network model is formed on, e.g., an 

LSI chip on the basis of the data processing technique 
of a human brain, a high-speed practical system can be 
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2 
arranged at low cost. As a result, data processing with 
out using any program can be realized, and a software 
development load which is increasing year by year can 
be reduced. In addition, this system is expected to facili 
tate future developments in image recognition, pattern 
recognition, and speech recognition, which are difficult 
to handle in conventional serial processing computers. 
Taking the extensive studies on data processing tech 

niques into account, studies and developments for real 
izing neural network hardware (i.e., a neuro-chip) have 
been positively made. The types of signals to be pro 
cessed in such a neuro-chip are classi?ed into a current 
(or voltage) signal and an optical signal. Signals to be 
processed by an electrical neutron are classi?ed into 
analog and digital signals. 
A neuro-chip for processing an analog electrical sig 

nal will be described below. An arrangement of the 
simplest neuro-chip will be described below. That is, 
the arrangement is constituted by a plurality of opera 
tion elements each for outputting y given below in 
response to an input xi (i=1, 2, 3, . . . , n): 

- (l) 

y = 1(X e 0) 

y = 0(X 5 0) J 

for 

(Z) n 
X= 2 wixi- 6 

i=1 

The operating elements correspond in analogy to 
neurons in a neural network in a living body in opera 
tion and are generally called neuron elements. 
An equivalent circuit of such a neuron element is 

arranged by an electronic analog circuit, as shown in 
FIG. 15. 

In a transient state, the following equation can be 
obtained by the Kirhihoffs law: 

n (3) 
Ci(dui/d1) = a‘ wixi - ("i/R1) + Ii 

1: 

In a steady state, dui/dt=0 is obtained, so that 

'1 . (4) 
ui/Ri = )1 wixi + Ii 

1: 

When 0 is substituted into -Ii in equation (4) and 
Ri= 1, equation (4) coincides with equation (2). In this 
case, ui corresponds to X. 
When a function g(ui) of an ampli?er is exempli?ed as 

follows: 

1 (5) 

WY) 
If 7\ is setto O, the function g(ui) coincides with equa 

tion (1). 
Attempts for realizing neural network chips having 

analog neurons as described above have been positively 
made. In this case, it is very important to determine the 
type of element to be used as each resistor wi in FIG. 
15. 
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The resistor wi serves as a weighting element for 
receiving each input signal xi, i.e., serves as a circuit 
element corresponding to the synapse 1 in a neuron. 
This resistor wi is constituted by a type using an ON 
resistance of a MOS transistor, a type using the number 
of ON transistors, a type for turning on/off a transistor 
using a RAM, a type using Amorphous SizH, and a type 
using MNOS as follows: 

In the types using the ON resistances of MOS transis 
tors or the number of ON transistors as the resistors wi, 
operations of all parts including a memory unit are 
performed by only transistors. Therefore, the number of 
transistors is very large, and the circuit arrangement is 
very complicated. 

In the types wherein a memory unit for storing the 
resistors wi serving as weighting elements is obtained 
by using a transistor circuit (i.e., an arrangement includ 
ing a RAM), or MNOS, a storage value is a unipolar 
value (i.e., either positive or negative). However, syn 
apses of neurons are generally classi?ed into excitatory 
and inhibitory synapses as described earlier. In order to 
perform identical actions to these synapses in an elec 
tronic circuit, the weighting element wi must have a 
bipolar value (both positive and negative). In a circuit 
wherein a value of a weighting element wi is set by 
using a memory having a unipolar value, a circuit must 
be constituted by two areas, i.e., an area in charge of 
positive (excitatory) coupling and an area in charge of 
negative (inhibitory) coupling. For this reason, the 
number of elements is increased, and the circuit ar 
rangement is further complicated. In addition, signal 
processing is also complicated. 
When amorphous Si:I-I is used for the resistor, the 

amorphous Si:H ?lm must perform both an operation 
for storing the resistor element wi and coupling (current 
control), thus advantageously reducing the number of 
elements. However, the wi value is a unipolar value as 
in the previous elements, and complication of the circuit 
and signal processing is not yet avoided. In addition, 
since an electrical resistance of amorphous Si:H is rela 
tively large, a signal processing speed is low, resulting 
in inconvenience. 

SUMMARY OF THE INVENTION 

It is, therefore, an object of the present invention to 
provide a new and improved memory device capable of 
functioning as a neuron element which has a small num 
ber of circuit elements and is useful to realize a neural 
network whose circuit arrangement and data processing 
are simple. 

It is another object of the present invention to pro 
vide a memory apparatus using the above memory de 
vice which has a small number of circuit elements and is 
useful to realize a neural network whose circuit ar 
rangement and data processing are simple. 
According to one aspect of the present invention, 

there is provided a memory device comprising: 
a nonlinear electric conductivity element, having an 

insulating layer with opposite surfaces, and ?rst and 
second conductive layers respectively formed on the 
opposite surfaces of the insulating layer, for receiving 
an external write signal applied to one of the ?rst and 
second conductive layers and outputting a signal having 
nonlinear electric conductivity characteristics from the 
another of the ?rst and second conductive layers; 

a charge accumulation element having charge accu 
mulation characteristics and coupled to receive and 

10 

5 

30 

35 

45 

55 

65 

4 
store the signal output from the other of the ?rst 
and second conductive layers; and 

switching means, ON/OFF-controlled upon recep 
tion of a signal charge stored in the charge accumu 
lation element, for receiving an external read volt 
age to read out the signal charge stored in the 
charge accumulation element as storage data. 

According to another aspect of the present invention, 
there is provided a memory apparatus comprising: 

a plurality of memory devices, each having 
(a) a nonlinear electric conductivity element, hav 

ing an insulating layer with opposite surfaces, 
and ?rst and second conductive layers respec 
tively formed on the opposite surfaces of the 
insulating layer, for receiving an external write 
signal applied to one of the first and second con 
ductive layers and outputting a signal having 
nonlinear electric conductivity characteristics 
from the another of the ?rst and second conduc 
tive layers; 

(b) a charge accumulation element having charge 
accumulation characteristics and coupled to re 
ceive and store the signal output from the other 
of the ?rst’ and second conductive layers; and 

(c) switching means, ON/OFF-controlled upon 
reception of a signal charge stored in the charge 
accumulation element, for receiving an external 
read voltage to read out the signal charge stored 
in the charge accumulation element as storage 
data; 

?rst connecting means connected to cause the switch 
ing elements of at least two of the plurality of mem 
ory devices to commonly receive the external read 
voltage; and 

second connecting means connected to cause the 
switching elements of the at least two memory 
devices to commonly read out the storage data, 

whereby the plurality of memory devices are con 
nected in a matrix form. 

More speci?cally, in order to solve the above prob 
lems described above, according to the present inven 
tion, there is provided a memory device comprising a 
nonlinear electric conductivity element having nonlin 
ear electric conductivity characteristics and consisting 
of an insulating layer and conductive layers formed on 
upper and lower surfaces of the insulating layer, a 
charge accumulating element having charge accumula 
tion characteristics and connected in series with the 
nonlinear electric conductivity element, and a switch 
ing element, ON/OFF-controlled by a voltage of the 
charge accumulation element, for reading out data 
stored in the charge accumulation element in response 
to a read voltage applied thereto. 

In order to solve the above problems, the switching 
element comprises a ?rst transistor applied with a posi 
tive read voltage and ON/OFF-controlled by the volt 
age of the charge accumulation element, and a second 
transistor applied‘ with .a negative read voltage and 
ON/OFF-controlled by the voltage of the charge accu 
mulation element. 

In order to solve the above problems, the plurality of 
memory devices are arranged, the input terminals of at 
least two memory elements which receive the read 
voltage are commonly connected, and read output ter 
minals of the switching elements of these memory de 
vices are commonly connected, thereby constituting a 
matrix wiring by the plurality of memory devices. 
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With the above means, when a write voltage based on 
input data is applied to the nonlinear electric conductiv 
ity element, the nonlinear electric conductivity element 
is ON/OFF-controlled to accumulate the input data as 
a charge in the charge accumulation element. When a 
read voltage is applied to the switching element, e.g., 
“l” or “0” data is read out on the basis of the charge 
accumulated in the charge accumulation element, i.e., 
the storage data. 

Since the switching element is constituted by the ?rst 
and second transistors applied with the positive and 
negative voltages, respectively, one memory device can 
realize the excitatory and inhibitory actions of a syn 
apse. 

Since the memory devices are connected in a matrix 
form and the output terminals of the switching elements 
are commonly connected between the plurality of mem 
ory devices, parallel processing can be performed in the 
plurality of memory devices in response to vector data 
upon storage of vector operation data in the charge 
accumulation elements, thereby obtaining neuron ele 
ments. 

Additional objects and advantages of the invention 
will be set forth in the description which follows, and in 
part will be obvious from the description, or may be 
learned by practice of the invention. The objects and 
advantages of the invention may be realized and ob 
tained by means of the instrumentalities and combina 
tions particularly pointed out in the appended claims. 

BRIEF DESCRIPTION OF THE DRAWINGS 

The accompanying drawings, which are incorpo 
rated in and constitute a part of the speci?cation, illus 
trate a part of the speci?cation, illustrate presently pre 
ferred embodiments of the invention and, together with 
the general description given above and the detailed 
description of the preferred embodiments given below, 
serve to explain the principles of the invention, in 
which: 
FIG. 1 is a diagram showing a memory device ac 

cording to the ?rst embodiment of the present inven 
tlOn; 
FIG. 2 is a view for explaining a memory function of 

an MIM device shown in FIG. 1; 
FIGS. 3 and 4 are graphs for explaining a hysteresis 

phenomenon of the memory circuit shown in FIG. 1; 
FIG. 5 is a diagram showing an arrangement of a 

memory apparatus according to the second embodi 
ment of the present invention; 
FIG. 6 is a view showing a synapse circuit shown in 

FIG. 5; 
FIG. 7 is a table showing a relationship between an 

accumulation charge and a read current in the memory 
apparatus shown in FIG. 5; 
FIG. 8 is a diagram showing an arrangement of a 

memory apparatus according to the third embodiment 
of the present invention; 
FIGS. 9 and 10 are tables showing a relationship 

between an accumulation charge and a read current in 
the memory apparatus in FIG. 8; 
FIGS. 11 and 12 are views for explaining matrix 

operations of the third embodiment; 
FIG. 13 is a view for explaining matrix operations of 

the fourth embodiment; 
FIG. 14 is a view showing a nerve system; and 
FIG. 15 is an equivalent circuit diagram of the nerve 

system in FIG. 14. 
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DETAILED DESCRIPTION OF THE 
PREFERRED EMBODIMENTS 

Reference will now be made in detail to the presently 
preferred embodiments of the invention as illustrated in 
the accompanying drawings, in which like reference 
characters designate like or corresponding parts 
throughout the several drawings. 
FIG. 1 is a diagram showing a memory device ac 

cording to the ?rst embodiment of the present inven 
tion. In this memory device, an MIM (metal-insulator 
metal) element 11 having nonlinear electric conductiv 
ity characteristics and a capacitor 12 serving as a charge 
accumulation element are connected in series between a 
write electrode 15 and ground. A connecting point 
between the capacitor 12 and the MIM element 11 is 
connected so that a voltage stored in the capacitor 12 is 
commonly applied to gate electrodes G of an n-channel 
metal-oxide-semiconductor (n-MOS) ?eld effect transis 
tor (FET) 13 and a p-channel metal-oxide-semiconduc 
tor (p-MOS) FET 14. A drain electrode D of the n 
MOSFET 13 is connected to a positive DC voltage 
source DCG) through a switch S1 and receives a posi 
tive voltage. A source electrode S of the p-MOSFET 14 
is connected to a negative DC voltage source DCG 
through a switch S2 and receives a negative voltage. 
The MIM element 11, the capacitor 12, the n-and p 
MOSFETs 13 and 14, and the switches S1 and S2, ar 
ranged as described above, constitute one neuron ele 
ment (synapse circuit) 10. In this embodiment, source 
electrodes S of the n-MOSFETs 13 and drain electrodes 
-D of the p-MOSFETs 14 of the neuron elements 10, 
that is, output terminals P1, P2, . . . of the neuron ele 
ments 10 are commonly connected to a read line L1. 
The MIM element 11 comprises an LB ?lm (a mono 

molecular ?lm or a multilayered ?lm of such monomo 
lecular ?lms formed by the Langmuir-Blodgett method) 
and two metal electrodes formed on the upper and 
lower surfaces of the LB ?lm. One electrode is con 
nected to the write electrode 15, and the other electrode 
is connected to the capacitor 12. A series circuit of the 
MIM element 11 and the capacitor 12 exhibits a hystere 
sis phenomenon. 
A memory function utilizing this hysteresis phenome 

non will be described below. For example, as shown in 
FIG. 2, in an MIM structure wherein an insulating layer 
23 and two metal electrodes 21 and 22 sandwiching the 
insulating layer 23 therebetween are formed on a sub 
strate 20, when the insulating ?lm 23 comprises a thin 
film having a thickness on the order of 100 A, a tunnel 
current flows between the two metal electrodes 22 and 
23. This tunnel current exhibits nonlinear current volt 
age characteristics. 
For example, when polyimide as an organic polymer 

compound is used to form a thin ?lm as the insulating 
?lm 23 in accordance with the LB method, the current 
voltage characteristic curve corresponding to a thick 
ness of 120 A is shown in FIG. 3. This characteristic 
curve is almost an exponential curve. The MIM struc 
ture serves as a switching element which is set in an ON 
state in a high voltage region but is set in an OFF state 
in a low voltage region. When this MIM element is 
connected in series with a capacitor C1 and a rectangu 
lar wave symmetrical on the positive and negative sides 
is input to a write terminal Vin of the MIM element, a 
voltage at a terminal Vout for outputting an accumula 
tion voltage of the capacitor C1 in response to an input 
voltage at the write terminal Vin exhibits a hysteresis 
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shown in FIG. 4. More speci?cally, the rising voltage at 
the output terminal Vout has a different curve from the 
falling voltage at the output terminal Vout even if the 
same voltage pattern is applied to the write terminal 
Vin. For this reason, the MIM element serves as a 
charge memory for storing a positive voltage when a 
single positive pulse is applied to the element, and for 
storing a negative voltage when a single negative pulse 
is applied to the element. Detailed operations of the 
MIM element are described in U.S. Appln. Ser. No. 
500,773 ?led on Mar. 28, 1990 by one of the present 
applicants. 
An operation of the memory device having the above 

arrangement will be described below. 
A voltage based on data to be stored is applied to the 

write electrode 15 of the MIM element 11 and is stored 
in the capacitor 12. A positive voltage is applied to the 
drain electrode D of the n-MOSFET 13 through the 
switch S1, and a negative voltage is applied to the 
source electrode S of the p-MOSFET 14 through the 
switch S2. As a result, a positive or negative current is 
commonly read out to the common read line L1 in 
accordance with the polarity of the charge stored in an 
capacitor 12. This readout current is measured at an 
ammeter 16 having one terminal connected to the com 
mon read line L] and the other terminal grounded. 
For example, when a positive voltage is applied to the 

capacitor 12, only the n-MOSFET 13 is turned on, and 
a current ?ow from the source electrode S of the n 
MOSFET 13 to ground (to be referred to as a positive 
current hereinafter) is measured at the ammeter 16. On 
the other hand, when a negative voltage is applied to 
the capacitor 12, only the p-MOSFET 14 is turned on, 
a current flows from the drain electrode D of the p 
MOSFET 14 (to be referred to as a negative current 
hereinafter) and is measured at the ammeter 16. A cir 
cuit as a combination of a memory circuit consisting of 
the MIM element 11 and the capacitor 12 and a comple 
mentary connection of the n- and p-MOSFETs 13 and 
14 is called a “synapse circuit” in correspondence with 
a neuron of a living body. 
A memory element of this embodiment described 

above will be described in correspondence with a neu 
ron element whose equivalent circuit is shown in FIG. 
15. Referring to FIG. 15, each resistor wi (W1, W2, . . 
. , Wn) which connects the corresponding input termi 
nal xi and a load resistor Ri corresponds to a drain 
source resistance of the n- or p-MOSFET 13 or 14 in 
FIG. 1. The magnitude of the drain-source resistance is 
determined by causing a series circuit of the MIM ele 
ment 11 and the capacitor 12 to excite the gate electrode 
of the MOSFET 13 or 14 in accordance with control 
data stored in the capacitor 12. The n- or p-MOSFET 
13 or 14 is turned on in accordance with the polarity of 
the control data stored in the capacitor 12. Since the n 
or p~MOSFET 13 or 14 serves as a coupling resistance 
for a positive or negative current, the synapse circuit 
constituted by the memory device of the present inven 
tion has a coupling function of excitatory and inhibitory 
characteristics. A synchronous operation for opening/ 
closing the switches S1 and S2 has a function of apply 
ing bias voltages respectively to the n- and p-MOS 
FETs 13 and 14 and corresponds to an operation for 
applying an input signal to the input terminal xi in FIG. 
15. 

Since the load resistor Ri in FIG. 15 serves as an 
element for converting a current ?owing through the 
circuit into a voltage and for allowing observation of 
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8 
the converted voltage, the load resistor Ri functionally 
corresponds to the ammeter 16in FIG. 1. Although the 
ampli?er for amplifying the weighted input signal in 
FIG. 15 is not arranged in FIG. 1, it is easy to convert 
the current measured at the ammeter 16 into a voltage. 
As shown in FIG. 15, the plurality of coupling resistors 
wi are connected to one load resistor Ri, and the input 
terminals xi are respectively connected to the coupling 
resistors wi. A plurality of synapse circuits each having 
a function corresponding to the coupling resistor wi and 
the input terminal xi in FIG. 1 are connected to the 
common read line L1. Currents ?owing through the 
respective synapse circuits are added in consideration of 
the polarities of the currents, and the sum is measured at 
the ammeter 16, as in the equivalent circuit of FIG. 15. 
As described above, since the memory device of this 

embodiment functionally corresponds to the equivalent 
circuit of the neuron element shown in FIG. 15, the 
memory device can serve as the neuron element. In the 
memory device of this embodiment, since the synapse 
circuit is constituted by two MOSFETs 13 and 14, one 
MIM element 11, and one capacitor 12, the number of 
circuit parts is small, and the circuit arrangement can be 
simpli?ed. As a result, the integration density of a neu 
ron element chip can be increased, and power consump 
tion can be reduced (heat generation can be reduced). 
The parasitic capacitance of the synapse circuit can be 
reduced, and its operating frequency can be advanta 
geously increased to perform a high-speed operation. 
This simple circuit arrangement prevents interference 
between the constituting elements or wiring layers. A 
degree of propagation of variations in constituting ele 
ments can be reduced, thereby facilitating the manufac 
ture of stably operated memory devices with good re 
producibility. 

In the memory device of this embodiment, since the 
LB ?lm used as the I layer (insulating ?lm) of the MIM 
element 11 does not require a monocrystalline material 
for the substrate 20, the LB ?lm can be easily formed on 
a relatively ?at metal deposition surface. When synapse 
circuits are to be integrated into a chip, the MIM ele 
ments can be relatively easily formed on the capacitors 
12 to obtain a three-dimensional arrangement, thus fur 
ther increasing the integration density. Since the MIM 
element 11 can be manufactured without performing a 
pretreatment such as etching of an insulating ?lm be 
tween the wiring patterns and a passivation ?lm of a 
transistor, the chip formation process can be greatly 
simpli?ed. 

Since the two M layers (electrodes) of the MIM ele 
ment 11 can be formed by one material, their switching 
characteristics have symmetry with respect to the posi 
tive and negative bias voltages. Therefore, the memory 
circuit constituted by a series connection of the MIM 
element 11 and the capacitor 12 can be a bipolar mem 
ory capable of storing positive and negative voltages. 
This indicates that the memory circuit satis?es the most 
essential requirements of the neuron element which can 
perform excitatory and inhibitory actions. More speci? 
cally, a voltage from the capacitor 12 is supplied to the 
gates of the two complementarily connected MOS 
FETs 13 and 14 to provide excitatory and inhibitory 
actions to one synapse circuit. Since the semiconductor 
memory such as a RAM or ROM used in the conven 
tional neuron element has a unipolar characteristic, i.e., 
either the positive or negative polarity, the coupling 
resistors controlled by the unipolar value have only 
excitatory or inhibitory values. As a result, as compared 
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with a conventional arrangement having two indepen 
dent systems, i.e., excitatory and inhibitory synapse 
circuits in one neuron element, the same operation as in 
the conventional arrangement can be performed by this 
embodiment even if the number of synapse circuits is 
reduced into i. This indicates the advantages described 
above, i.e., that the number of circuit elements is small 
and the circuit is simple, thereby advantageously in 
creasing the integration density of the device. 
A voltage (memory voltage) charged in the capacitor 

12 in the memory device in this embodiment can be 
erased by applying a voltage having a polarity opposite 
to that in writing of the memory voltage, so that new 
data can be written in this memory device. This indi 
cates that the coupling state of synapses can be changed. 
Various characteristics can be provided to neuron ele 
ments manufactured in the same process, and their char 
acteristics can be changed during the manufacture, 
thereby increasing a variety of applications. 
The second embodiment will be described below. 
FIG. 5 is a diagram showing an arrangement of a 

memory apparatus according to the second embodi 
ment of the present invention. Reference numerals 31, 
32, and 33 denote synapse circuits. One terminal of each 
of the synapse circuits 31 to 33 is connected to a + 5-V 
DC voltage source through a corresponding one of 
switches Slla, 812a, and S130. The other terminal is 
connected to a —5-V DC voltage source through a 
corresponding one of switches S1112, S1219, and $1312. 
The output terminals of the synapse circuits 31 to 33 are 
connected to a common read line L11, one terminal of 
which is grounded. 
A detailed arrangement of each of the synapse cir-' 

cuits 31 to 33 is shown in FIG. 6. As shown in FIG. 6, 
each of the synapse circuits 31 to 33 has the same basic 
arrangement as that of the neuron element 10 shown in 
FIG. 1. A memory circuit comprises a series circuit of 
an MIM element 36 having a polyimide LB ?lm 35 as an 
I layer and a capacitor 37. In the MIM element 36, slide 
glass serves as a substrate 38, aluminum deposition ?lms 
respectively serve as upper and lower electrodes (M) 
39a and 39b, and the polyimide LB ?lm 35 of a 40 
molecular layer (thickness: 160 A) serves as an insulat 
ing layer. The aluminum electrodes 39a and 3% have a 
circular shape having a diameter of 3 mm. Gate elec 
trodes G of an n-channel ?eld effect transistor (FET) 41 
and a p-channel FET 42 are respectively connected to 
one electrode 39b of the MIM element 36 and one elec 
trode of the capacitor 37 the other electrode of which is 
grounded. A commercially available transistor (e.g., 
model 2SK2l6) was used as the n-channel FET 41, and 
a commercially available transistor (e.g., model 2SJ79) 
was used as the p-channel FET 42. When voltages of 
:9 V were applied to the write electrode 40, voltages 
of :2 V were recorded as memory voltages in the 
capacitor 37. Sources S of the n-channel FETs 41 and 
drain electrodes D of the p-channel FETs 42 in the 
synapse circuits 31 to 33 are connected to output termi 
nals 431'. The output terminals 43f of the synapse circuits 
31, 32, and 33 are commonly connected to an ammeter 
34. Terminals 44j+ serving as drain electrodes D of the 
n-channel FETs 41 are commonly connected to the 
+5-V DC voltage source respectively through the 
switches Slla, 812a, and S130. Similarly, terminals 
45j- serving as source electrodes S of the p-channel 
FETs 42 of the respective synapse circuits are con 
nected to the —5-V voltage source respectively 
through the switches Sllb, S12b, and S13b. The 
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10 
switches 5110 to S1317 connected to the terminals 44j+ 
and 45j- are interlocked in units of synapse circuits'31, 
32, and 33. ‘ 

The basic operation of the memory apparatus of this 
embodiment is the same as that in the ?rst embodiment. 
More speci?cally, in a synapse circuit whose capacitor 
37 is charged with +2 V, when the input switch is 
turned on, only the n-channel FET 41 is turned on, and 
a current of +200 mA flows from the terminal 44j+ to 
the ammeter 34 through the terminal 431'. Similarly, 
when the capacitor 37 is charged with —2 V, a current 
of —200 mA ?ows in the ammeter 34. When the capaci 
tor 37 is not charged at all, neither the FET 41 nor the 
FET 42 are turned on, and no current flows. The amme 
ter 34 measures a sum of currents flowing therethrough. 
As shown in FIG. 7, for example, the capacitors 37 in 

the synapse circuits 31, 32, and 33 are charged with 
various combinations of voltages of i2 V. That is, 
weighting of excitatory and inhibitory connections is 
stored in a various combinations. Note that results are 
obtained when all the input switches S11, S12, and S13 
are turned on (i.e., signals are input to all the synapse 
circuits) for illustrative convenience. 

In this case, the reading of the ammeter 34 indicates a 
sum of coupling currents controlled by the synapse 
circuits. 

It was con?rmed that the memory apparatus of the 
second embodiment could serve as a very simple elec 
tronic circuit which could perform the same operations 
as those of the neuron of the living body shown in FIG. 
15. 

This memory apparatus can be used as a unit neuron 
element to arrange a neural network chip. When the 
memory apparatus of this embodiment is used, the same 
effect as in the ?rst embodiment can be obtained. 
The third embodiment of the present invention will 

be described below. 
FIG. 8 is a diagram showing an arrangement of a 

memory apparatus according to the third embodiment 
of the present invention. This memory apparatus is 
obtained by arranging l6 synapse circuits 50(,- J) (5011 to 
5044) having the same arrangement as the synapse cir 
cuit in FIG. 6 in a 4X4 (=l6) matrix. The synapse 
circuits arranged in the i direction are connected to 
positive and negative voltage sources + 5 VDC and — 5 
VDC through identical switches S21 to S24. Each of 
the switches S21 to S24 comprises two interlocked 
switch elements. One switch element is connected to 
the voltage source +5 VDC and the other switch ele 
ment is connected to the voltage source —5 VDC. The 
output terminals of the synapse circuits arranged in the 
j direction are respectively connected to common read 
lines L21 to L24. One end of each of the common read 
lines L21 to L24 is grounded through a corresponding 
one of ammeters 51 to 54. This memory apparatus is a 
neural network having four neuron elements. 
An operation of this embodiment will be exempi?ed 

wherein matrix operations are parallelly performed in 
the memory apparatus having the above neural net 
work. ~ 

A 100-ms rectangular pulse of +5 V or —5 V is 
applied to the write electrodes of the synapse circuits 
50(i,j) through the switches S21 to S24 to store voltage 
ges of +2 V or —2 V in the capacitors. Note that no 
voltage is stored in the capacitors in the synapse circuits 
5011, 5022, 5033, and 5044, (i.e., synapse circuits 50W) 
(i = j)), so that the potentials of these capacitors are set 
to 0 V. 
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In this state, when the switches S21, S22, S23, and 
824 are respectively turned on, off, on, and off, values at 
the ammeters 51, 52, 53, and 54 are as shown in FIG. 9. 
When combinations of capacitor voltages of the syn 
apse circuits 5003,) are given, as shown in FIG. 9, values 
at the ammeters 51, 52, 53, and 54 are —200 mA, 0 mA, 
+200 mA, and —400 mA, respectively. 
Assume that ON and OFF states of the switches S21, 

S22, S23, and 524 are respectively given as “0” and “1"; 
that when the capacitor voltage of the synapse circuit 
50(,;,) is +2 V, a value in FIG. 9 is given as +1; that 
when the capacitor voltage of the synapse circuit 50W) 
is 0 V, a value in FIG. 9 is given as O; and that when the 
capacitor voltage of the synapse circuit 500;’) is -—2 V, a 
value in FIG. 9 is given as — 1. Values obtained by 
dividing values of the ammeters 51, 52, 53, and 54 by 
+200 rnA are shown in FIG. 10. 
As shown in FIG. 10, combinations of the capacitor 

voltages of the synapse circuits 50W) arranged in a ma 
trix form and the currents ?owing through the amme 
ters 51 to 54 are equivalent to matrix operations by the 
following matrix. That is, 

The ON and OFF states of the switches S21, S22, 
S23, and S24 are vector data, the memory voltages of 
the capacitors of the synapse circuits 500;” are matrix 
data, and values of the amrneters 51, 52, 53, and 54 are 
vector data after matrix operations. 
The speed of the above matrix operations is equal to 

the switching speed of one transistor used in the synapse 
circuit regardless of the number of dimensions of the 
matrix if mounting factors such as delays caused by a 
circuit parasitic capacitance are not taken into consider 
ation. When the memory apparatus of the third embodi 
ment is used, a multidimensional matrix operation can 
be performed at high speed. 
The fourth embodiment of the present invention will 

be described below. 
Processing using a Hop?eld model is executed by 

using the memory apparatus described with reference 
to the third embodiment. 
A Hop?eld model is a mathematical model proposed 

by J. J. Hop?eld in l982 as a simple model for operating 
a neural network. This model basically simulates an 
“association function" as one of the brain functions. 
Since a general matrix operation method is used as a 
calculation method for this model, network hardware 
can be relatively easily obtained. 
The ?rst application of the Hop?eld model was an 

optical application made by N. H. Farhat et al. in 1985 
Applied Optics, Vol 24, No. 10, 1469. However, since 
negative information cannot be optically dealt, and a 
light-transmitting mask manufactured by a photo 
graphic method is used as a memory matrix, a memory 
cannot be updated in practice. 
The memory apparatus of the fourth embodiment can 

process negative data, and the memory can be updated. 
At the same time, the Hop?eld model is performed by 
parallel processing, and an association calculation can 
be performed. The outline of the Hop?eld model and a 
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12 
correspondence between the Hop?eld model and the 
memory device will be described below. 
An association function is a function for calling a 

storage content most similar to “vague” input data. 
Data processed in this model are vectors Vi("') having 
two values +1 and —l. 
The dimension of the vector is N, and the number of 

types of vector is M, so that 

These vector data are stored in the form of a Tij 
matrix de?ned by equation (7). 

m=l,2,3,... 

M 1 
n"= :1 WWW") ( ) 

m: 

for (i,j)=l, 2, . . . , N, and Tii=0 

When the Tij matrix is multiplied with Vj('"°) for 
m=mo to read-access the memory, the following equa 
tion is obtained: 

. N 8 
Wm") = 2_ Tat/Jim) ( ) 

1 

= Q’ 1:‘ mwwmvfmw j¢im 

Therefore, 

lat-"10> = (N - 1)Vl(m) + 2 ammomtm) (9) 
mqémo 

where 

N 
ammo = Z VfmoWfm) 

J 

The ?rst term of equation (9) is obtained by multiplying 
Vj<""’) with (N-l). The second term of equation (9) 
represents a so-called crosstalk (noise) component ob 
tained by randomly adding vector components. Since 
am and mo are obtained by randomly adding +1 and 
—l (N —1) times, their average value is zero and a 
standard deviation is V(N—l). The second term of 
equation (9) is a sum obtained by adding the standard 
deviation (M —l) times, and a standard deviation as 
V (N — l) (M— 1). If N is suf?ciently larger than M, the 
following condition is given: 

so that Vim) has a high probability of assuming a posi 
tive value when Vi('"°)=+1, and _vice versa when 
Vj('"°)= - 1. When all the values of WW0) are positive, 
all +ls are obtained. Otherwise, all —ls are obtained, 
thus converting the values in accordance with the 
threshold values. That is, sgn[Vi(""f_)] comes close to a 
value of Vim"). The value of sgn_[Vi('"°)] is given as a 
new Vi("“'), and the calculations are repeated to con 
verge the sgn[Vi(""’)] to Vi('"°). 
Even if some input vectors are different from the 

values of Vj('"°), and if the number of error bits is small 
with respect to N, sgn[Vi("w)] comes close to Vi("'°) 
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from the input vectors, thereby performing association 
processing. 
The outline of the association processing based on the 

Hop?eld model has been described above. This calcula 
tion technique is shown in FIGS. 11 and 12. 
FIG. 11 shows a method for writing Vi('") vectors in 

the Tij matrix. The illustrated values are stored in the 
respectiye matrix elements. FIG. 12 shows a method of 
calling Vi('"°) by multiplying the Tij matrix with Vj('"°). 

In order to the perform matrix operation of FIG. 12 
in the memory apparatus shown in FIG. 12, voltages 
corresponding to the values of the matrix Tij are 
charged in the capacitors of the synapse circuits (i,j), 
and the switches S21, S22, S23, and S24 are turned 
on/off in correspondence with the values of Vj('"°). 
Note that when the switch ON states are caused to 
correspond to the values of +1 of Vj('"°), the switch 
OFF state is set to correspond to zero. In order to pre 
vent this, the values of Vi('") are changed from +1 or 
—1 to a unipolar value of +1 or 0, and the vector is 
rewritten as bi('"). Even if (2bi('")— l) is substituted into 
Vi("') in equation (7) and Vj(mo) in equation (8) is re 
written by bj('"°), sgn[bi('"°)] can be converged to bilma). 
That is, the association function is maintained. 

In this case, the values of the respective elements in 
the matrix ‘Tij are the same as those in FIG. 11. In order 
to obtain bio“) from bi("'°), calculations in shown in 
FIG. 13 are performed. 

In a matrix operation shown in FIG. 13, the ON/ 
OFF states of the switches S21, S22, S23, and S24 cor 
respond to values (+ 1,0) of bjVm’). Values measured by 
the ammeters 51, 52, 53, and 54 and obtained by input 
ting the values of bj('"°) with the switches correspond to 
the values of bj(m°) in FIG. 13. The values of the respec 
tive elements of the matrix Tij are converted into three 
values (+1, 0, -l) such that all positive values are 
clipped to be +1 and all negative values are clipped to 
be —I. The calculation method shown in FIG. 10 is 
employed using the converted values to obtain an ap 
proximate association function. 
According to this embodiment, therefore, by using 

the memory apparatus shown in FIG. 8, an electrical 
operation of the Hop?eld model can be performed. 
Since the vectors are subjected to parallel processing in 
units of vector elements, the operation speed can be 
largely increased. In addition, since the circuit is simple, 
a chip having a high integration density can be easily 
obtained. Therefore, a high-precision, large capacity 
association type neural network chip is expected to be 
obtained. 

Since the voltage of the capacitor for storing the 
value of Tij can be electrically erased or rewritten, 
arbitrary write or updating access of the memory con 
tent (Tij values) on a single chip can be facilitated. For 
this reason, the memory apparatus of this embodiment 
can be applied to a learning type neural network. 
According to the present invention, as has been de 

scribed above, there is provided a memory device and a 
memory apparatus suitable for realizing a neural net 
work by using a small number of circuit elements, a 
simple circuit arrangement, and simple data processing. 

Additional embodiments of the present invention will 
be apparent to those skilled in the art from consider 
ation of the speci?cation and practice of the present 
invention disclosed herein. It is intended that the speci 
?cation and examples be considered as exemplary only, 
with the true scope of the present invention being indi 
cated by the following claims. 
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What is claimed is: 
1. A memory device comprising: 
a nonlinear electric conductivity element, having an 

insulating layer with opposite surfaces, and ?rst 
and second conductive layers respectively formed 
on said opposite surfaces of said insulating layer, 
for receiving an external write signal applied to one 
of said ?rst and second conductive layers and out 
putting a signal having nonlinear electric conduc 
tivity characteristics from another of said ?rst and 
second conductive layers; 

a charge accumulation element having charge accu 
mulation characteristics and coupled to receive and 
store the signal output from said other of said ?rst 
and second conductive layers; and 

switching means, ON/OFF-controlled upon recep 
tion of a signal charge stored in said charge accu 
mulation element, for receiving an external read 
voltage to read out the signal charge stored in said 
charge accumulation element as storage data. 

2. A device according to claim 1, wherein said 
switching means includes a ?rst switching element ap 
plied with a positive read voltage and ON/OFF-con 
trolled by a signal charge stored in said charge accumu 
lation element, and a second switching element applied 
with a negative read voltage and ON/OFF-controlled 
by the signal charge stored in said charge accumulation 
element. 

3. A device according to claim 2, wherein said ?rst 
and second switching elements include n- and p-channel 
?eld effect transistors connected complementarily to 
each other. 

4. A device according to claim 1, wherein said insula 
tor includes a polyimide thin ?lm formed by a 
Langmuir-Blodgett method. 

5. A device according to claim 1, wherein said charge 
accumulation element includes a capacitor. 

6. A memory apparatus comprising: 
a plurality of memory devices, each having 

(a) a nonlinear electric conductivity element, hav 
ing an insulating layer with opposite surfaces, 
and ?rst and second conductive layers respec 
tively formed on said opposite surfaces of said 
insulating layer, for receiving an external write 
signal applied to one of said ?rst and second 
conductive layers and outputting a signal having 
nonlinear electric conductivity characteristics 
from the other of said ?rst and second conduc 
tive layers; 

(b) a charge accumulation element having charge 
accumulation characteristics and coupled to re 
ceive and store the signal output from said other 
of said ?rst and second conductive layers; and 

(c) switching means, ON/OFF-controlled upon 
reception of a signal charge stored in said charge 
accumulation element, for receiving an external 
read voltage to read out the signal charge stored 
in said charge accumulation element as storage 
data; 7 

?rst connecting means connected to cause ‘said 
switching elements of at least two of said plurality 
of memory devices to commonly receive the exter 
nal read voltage; and 

second connecting means connected to cause said 
switching elements of said at least two memory 
devices to commonly read out the storage data, 

whereby said plurality of memory devices are con 
nected in a matrix form. 
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7. An apparatus according to claim 6, wherein said 
switching means includes a ?rst switching element ap 
plied with a positive read voltage and ON/OFF-con 
trolled by a signal charge stored in said charge accumu 
lation element, and a second switching element applied 
with a negative read voltage and ON/OFF-controlled 
by the signal charge stored in said charge accumulation 
element. 

8. An apparatus according to claim 7, wherein said 
?rst and second switching elements include n- and p 
channel ?eld effect transistors connected complementa 
rily to each other. 

9. An apparatus according to claim 6, wherein said 
insulator includes a polyimide thin film formed by a 
Langmuir-Blodgett method. 

15 

20 

25 

30 

35 

45 

50 

55 

65 

16 
10. An apparatus according to claim 6, wherein said 

charge accumulation element includes a capacitor. 
11. An apparatus according to claim 6, wherein said 

plurality of memory devices connected in the matrix 
form perform parallel matrix processing based on com 
mon vector data externally supplied through said first 
connecting means, and at the same time output results of 
the parallel matrix processing through said second con 
necting means. 

12. An apparatus according to claim 11, wherein said 
memory apparatus has an association function of calling 
a storage content most similar to vague input data by 
performing a Hop?eld model by the parallel matrix 
processing when the vague data is input to said memory 
apparatus. 

l t i i i 


