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(57) ABSTRACT 

A method of providing incentives to bidders on an auction 
item using a database and a system, the method including 
creating the consumer pro?le for at least one consumer, 
choosing at least one of the unsold items from the inventory 
based on the consumer information in the consumer pro?le, 
generating the incentive for the chosen unsold item based on 
the consumer ?le, the selection of consumer information of 
the incentive being substantially similar to the consumer 
information in the consumer pro?le, and offering the chosen 
unsold item and the incentive to the at least one consumer to 
induce purchasing of the chosen unsold item. The database 
has an inventory ?le having at least one of detailed descrip 
tions of an inventory, a list of similar items of the inventory, 
and a list of complementary items of the inventory, and a 
consumer pro?le having at least one of bidding history, start 
bid, bid frequency, bid increment, ?nal bid, Winning bid, 
target product, Internet service provider, Zip code, credit 
card type, and coupon redemption rate. The system has a 
?rst memory for storing consumer pro?les having consumer 
information, including at least information relating to bids 
on the auction items, a second memory for storing unsold 
items in an inventory, and a third memory for storing a 
plurality of incentives for each unsold item, each incentive 
having a value based on a selection of the consumer infor 
mation. 
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METHOD OF PROVIDING ONLINE INCENTIVES 

RELATED APPLICATION 

[0001] This patent application is a continuation of copend 
ing US. patent application Ser. No. 09/711,183, entitled 
“METHOD OF PROVIDING ONLINE INCENTIVES”, 
Which Was ?led on Nov. 13, 2000. The disclosure of the 
above application is incorporated by reference herein in its 
entirety. 

FIELD OF INVENTION 

[0002] The present invention relates to consumer incen 
tive systems, and in particular, relates to online incentives 
for auction bidders. 

BACKGROUND OF INVENTION 

[0003] One method of selling merchandise may be 
through online auctions. Consumers and retailers may sell 
merchandise over the Internet Where Winners may be deter 
mined by method of the auction, bid price, bid quantity and 
bid date. While many consumers may bid on goods at a Web 
site, those bidders Willing to purchase merchandise, but 
having unsuccessful bids, may not purchase any merchan 
dise. It is believed that this causes a loss of potential revenue 
for sellers having additional inventory available for sale at a 
price at or beloW the consumer’s reservation price. 

[0004] It is believed that online dynamic pricing tools are 
increasingly being used to help move sloW-moving or excess 
inventory faster and at a more attractive price than Was 
possible before the advent of the Internet. Applicants believe 
that today’s online auctions and buying groups, hoWever, do 
not alWays create an optimal selling environment. In the 
perfect World of pricing theory, Where buyers and sellers 
have an in?nite amount of time to Wait, Where product value 
does not decay over time, and Where there are no explicit 
inventory holding costs, Applicants believe that auctions 
may be the best inventory disposition option for the seller. 
In the real World of retail merchandising, hoWever, Appli 
cants believe that these perfect conditions crumble, demand 
ing a more creative approach to selling than simple auctions. 

[0005] Applicants believe that retailers currently have 
three principal options for dealing With excess inventory. 
First, they may accumulate bulk quantities to be sold to 
liquidators (often for pennies on the dollar) at the end of the 
product’s life cycle. Second, they may advertise a product 
clearance sale to the general population. Third, they may 
accumulate bulk quantities and ship the merchandise back to 
the manufacturer for credit. It is believed that all of these 
methods reduce the value that retailers are able to capture 
from these sales. Bulk sales to liquidators, as With any 
transaction involving a middleman, may result in a transfer 
of economic value from retailers to liquidators. General 
price reductions through clearance-style sales may transfer 
too much economic value from retailers to consumers, as 
many consumers Who may have bought merchandise at a 
price higher than the promotion sale price in the absence of 
a sale may instead divert to sloW-moving inventory at a 
loWer price point. 

[0006] Applicants believe that to help solve the problem of 
lost revenue at auctions and reduce the cost of holding 
excess inventory, there are many different incentive and 
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aWard programs to in?uence consumers to purchase on-line. 
For example, it is believed that one incentive program 
alloWs users to earn points, Which are redeemable for 
products, by reading e-mail offers, shopping, completing 
surveys, accepting trial offers, referring other users, and 
revieWing Web sites. It is believed that another incentive 
program allocates monetary amounts available for expendi 
ture through credit instruments issued to program partici 
pants When the participants perform to a designated level of 
achievement. Applicants believe that these systems are gen 
erally offered by a single sponsor and are generally limited 
to offering consumers the ability to participate in incentive 
programs. It is also believed that the systems are typically 
not applicable for activity on auction sites. 

SUMMARY OF THE INVENTION 

[0007] The present invention provides a method of pro 
viding incentives to bidders on an auction item, including 
creating a consumer pro?le for at least one consumer, the 
consumer pro?le including at least information relating to a 
bid on the auction item, choosing at least one unsold item 
from an inventory based on the information in the consumer 
pro?le, generating an incentive for the at least one chosen 
unsold item based on the consumer pro?le, and offering the 
at least one chosen unsold item and the incentive to the at 
least one consumer to induce purchasing of the chosen 
unsold item. 

[0008] The present invention also provides a system for 
implementing an incentive program for bidders on auction 
items, including a consumer database storing consumer 
information, softWare for choosing unsold items from an 
inventory and generating incentives for the chosen unsold 
items based on the consumer information in the consumer 
database, and softWare for offering the chosen unsold items 
and the incentives to consumers to induce purchasing of the 
chosen unsold items. The consumer information has, at the 
least, information relating to bids on the auction items. 

[0009] The present invention also provides a system for an 
incentive program for bidders on auction items, including a 
?rst memory for storing consumer pro?les having consumer 
information, having at least information relating to bids on 
the auction items, a second memory for storing unsold items 
in an inventory, and a third memory for storing a plurality of 
incentives for each unsold item, each incentive having a 
value based on a selection of the consumer information. 

[0010] The present invention also provides a method of 
providing incentives to bidders on an auction item using a 
system having a ?rst memory for storing consumer pro?les 
that have consumer information including at least informa 
tion relating to bids on the auction items, a second memory 
for storing unsold items in an inventory, and a third memory 
for storing a plurality of incentives for each unsold item, 
Wherein each incentive has a value based on a selection of 
the consumer information. The method includes creating the 
consumer pro?le for at least one consumer, choosing at least 
one of the unsold items from the inventory based on the 
consumer information in the consumer pro?le, generating 
the incentive for the chosen unsold item based on the 
consumer pro?le, the selection of consumer information of 
the incentive being substantially similar to the consumer 
information in the consumer pro?le, and offering the chosen 
unsold item and the incentive to the at least one consumer to 
induce purchasing of the chosen unsold item. 
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[0011] The present invention further provides a database 
for an incentive program for bidders on auction items, 
including an inventory ?le having at least one of detailed 
descriptions of an inventory, a list of similar items of the 
inventory, and a list of complementary items of the inven 
tory, and a consumer pro?le having at least one of bidding 
history, start bid, bid frequency, bid increment, ?nal bid, 
Winning bid, target product, Internet service provider, Zip 
code, credit card type, and coupon redemption rate. 

BRIEF DESCRIPTION OF THE DRAWINGS 

[0012] The accompanying draWings, Which are incorpo 
rated herein and constitute part of this speci?cation, illus 
trate the presently preferred embodiment of the invention, 
and, together With the general description given above and 
the detailed description given beloW, serve to explain the 
features of the invention. 

[0013] FIG. 1 is a block diagram of the method of the 
preferred embodiment 

[0014] FIG. 2 is a block diagram of the preferred embodi 
ment of the method of FIG. 1 incorporated into an overall 
product sales system. 

[0015] FIG. 3 is a block diagram of the classify consumer 
step of the method of FIG. 2. 

[0016] FIG. 4 is a bar graph of incentive options of the 
method of FIG. 2. 

DETAILED DESCRIPTION OF THE 
PREFERRED EMBODIMENT 

[0017] As shoWn in FIG. 1, the method, or incentive 
system 20, includes creating a consumer pro?le 16 for at 
least one consumer, choosing at least one unsold item, or 
product to offer, 17 from an inventory based on the infor 
mation in the consumer pro?le, generating, or calculating, 
an incentive for the chosen unsold item 24 based on the 
consumer pro?le, and offering the chosen unsold item and 
the incentive to the consumer 25 to induce purchasing of the 
chosen unsold item. The consumer pro?le includes at least 
information relating to a bid on the auction item. 

[0018] In the preferred embodiment, as shoWn in FIG. 2, 
the incentive system 20 is incorporated to an overall product 
sales system With a data provider system 10 and a product 
supplier system 30. In the preferred embodiment, the data 
provider system 10 is an auction house and the product 
supplier 30 is a retailer and/or manufacturer. It should be 
understood that the data provider system 10 may be any 
system that supplies information about consumers, such as 
retailers, distributors, and manufacturers, and the product 
supplier system 30 may be any system that supplies goods 
or services, such as ?nancial services and real estate brokers. 

[0019] In the preferred embodiment, the consumer logs 
onto the Internet 1 and chooses an auction site that is entered 
and vieWed 2. It should be understood that the device for 
connection to the Internet 1 could be a personal computer 
implementing a Web broWser With a graphics user interface 
(GUI). HoWever, other connection devices, such as tele 
phones With a display to communicate information With or 
Without graphics, personal display devices, or any other 
device that alloWs communication links to and from the 
Internet, may be used. Moreover, although Internet commu 
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nication protocol, such as TCP/IP protocol is a preferred 
communication method for the preferred embodiment, other 
similar methods may be employed. In addition, in particular 
applications of the preferred embodiment, the process of 
vieWing may be conducted via a connection, such as a 
dial-up or direct connection link. For example, secured 
connections may be used to provide incentives on ?nancial 
instruments or other secured items. 

[0020] In the preferred embodiment, the consumer bids on 
items through the Internet. In an alternative embodiment, the 
consumer attends an auction house, in person, and bids on 
auction items, using a method required by the auction house. 
This method may include raising a bidding card With a 
number assigned to the consumer. In the preferred embodi 
ment, as the consumer explores the site and places bids on 
auction items, the auction house records the consumer’s 
broWsing behavior 3, bidding behavior 4, and other data 5. 
The broWsing behavior 3 may include the auction items the 
consumer has considered and the bidding behavior 4 may 
include start bids and bid frequency. The other data 5 may 
include information about the consumer’s personal com 
puter, such as Internet service provider and modem speed. 
The recorded information is stored in a data ?le 6 by the 
auction house. The auction house continuously monitors all 
bidders and records their behavior, While the auction is still 
open or there is still time remaining 7, speci?ed by yes 711. 
When there is no time remaining 7, speci?ed by no 8a, the 
auction is closed 8 and the data ?le 6 is then sent 9 to the 
incentive system 20. 

[0021] This incentive system 20 may use existing auction 
infrastructures to capture and analyZe relevant data in the 
data ?le 6. The system 20 enables retailers and manufac 
turers to minimize cash ?oW constraints, brand dilution 
concerns, inventory levels, fragmentation of the online 
dynamic pricing market, and impatient bidder populations, 
Which all conspire to create conditions that reduce the 
viability of simple dynamic pricing formulas. 

[0022] The sent data received by the incentive system 20, 
preferably, has price-sensitivity indicators for all bidders, 
including broWsing behavior 11, bidding and behavior val 
ues 12, personal computer information 13, such as an 
Internet service provider and modem speed, and transaction 
history 14. Preferably, the broWsing behavior 11 has click 
stream information, Which includes other components of the 
auction site that Were visited by the consumer, number of 
pages visited, time spent on each page during each visit per 
each auction, number of auctions visited/participated, and 
frequency of revisiting auctions. Preferably, the bidding and 
behavior values 12 includes bidding history, start bid, bid 
frequency, bid increment, ?nal bid, Winning bid, target 
product, coupon redemption rate, and keyWords used in 
auction searches. The personal computer information 13 
includes Internet service provider, referring URL link, Web 
broWser make and model, operating system, bookmarks, Zip 
code, access location (Work or home), and credit card type. 
Preferably, the bidding and behavior values 12 also contain 
Whether the consumer’s bid Was a successful bid, Which is 
the Winning bid, or an unsuccessful bid. Demographics, 
psychographics, market conditions, and any other relevant 
information from other databases 15 or any other relevant 
information identi?ed through contact With the consumer 
may also be recorded. From this information 11, 12, 13, 14 
and 15, the system 20 creates a consumer pro?le 16. 
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[0023] The information in the consumer pro?le is used and 
updated throughout the system 20. One such use is in 
classifying, or categorizing, the consumer into a consumer 
category 18. As shoWn in FIG. 3, an initial, or current, 
consumer pro?le, Which contains the information 11, 12, 13, 
14, and 15 that is unique to the consumer, is inputted 1611. 
In creating an updated consumer pro?le 16b, Which includes 
a classi?cation, the initial consumer pro?le is compared With 
existing consumer classi?cations 19, or index of consumer 
behavior indicators, in a database of the system 20. There are 
several different classi?cations, Which may be modi?ed or 
divided into more classi?cations, as required by the system. 
In the preferred embodiment, classi?cation categories 
include at least: 

Price Sensitive/Insensitive 

[0024] Based on recorded behavior, a consumer may be 
classi?ed as either being price sensitive or insensitive. For 
example, a consumer Who has been found to be bidding 
in three auctions, but consistently stops bidding once the 
price for the item reaches some set level is in the price 
sensitive category. 

Brand Sensitive/Insensitive 

[0025] Based on recorded behavior, a consumer may be 
classi?ed as either being brand sensitive or insensitive. 
For example, a consumer Who is bidding on a given item 
from brand X and has also looked at/bid on brands Y, Z, 
A, B, and C may be labeled as brand insensitive. 

Time Sensitive/Insensitive 

[0026] Based on recorded behavior, a consumer may be 
classi?ed as either being time sensitive or insensitive. For 
example, a consumer Who enters a nine day auction on the 
ninth day With 3 hours remaining to make his/her ?rst bid 
may be labeled as time sensitive. 

Feature Sensitive/Insensitive 

[0027] Based on recorded behavior, a consumer may be 
classi?ed as either being feature sensitive or insensitive. 
For example, a consumer vieWs/bids only on items With 
feature X Would be considered feature sensitive. 

Intersection(s) of Above Listed Classi?cations: 

[0028] Classi?cations may also be combined to form neW 
classi?cations, Which may be improved groupings. For 
example, if the price sensitive and brand insensitive 
categories intersect, then the resulting classi?cation is a 
consumer that vieWs/bids on items that focus on/around a 
given price point, but are from numerous different brands. 

[0029] The comparison determines if there is a match 21 
betWeen the consumer pro?le and a classi?cation in the 
database. If there is a match betWeen the consumer pro?le 
and a classi?cation, speci?ed by yes 2111, betWeen the 
consumer pro?le and the classi?cation, then the consumer 
pro?le 16b is categorized in that classi?cation. If there is not 
a match betWeen the consumer pro?le and the classi?cation, 
speci?ed by no 21b, then a neW classi?cation Will be created 
22 and the database Will be updated With the neW classi? 
cation. The consumer pro?le 1611 Will again be compared 19 
to the classi?cations in the database and a match Will be 
found, speci?ed by yes 21a, because the consumer pro?le 
1611 Will match the classi?cation created With the consumer 
pro?le. As the classi?cation is stored in the consumer 
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pro?le, any personal information unique to the consumer, 
such as names and credit card numbers, Will be deleted. The 
consumer pro?le 16 Will then have the consumer informa 
tion from 16a, less any personal information, and the 
classi?cation from 16b. 

[0030] The system 20 also includes choosing at least one 
unsold item from an inventory 17. In order to choose the 
unsold items from inventory 17, inventory positions of 
retailers and/or manufacturers are monitored 31. This entails 
collecting inventory data from the retailers and/or manufac 
turers 33. The inventory data 33 may include detailed 
descriptions, such as inventory type, inventory levels, quan 
tity and physical and virtual location of inventory, lists of 
similar items, and lists of complementary items. An inven 
tory database system 35 is created and updated from the 
inventory data 33 of both the retailers and manufacturers. A 
maximum alloWable discount from the full price for each 
unsold item in the inventory, or minimum price, is also 
determined and stored in the inventory database system 35. 
The maximum alloWable discount may be negotiated and is 
based on the seller’s, or retailer’s or manufacturer’s, inven 
tory pressure, Which is a measure of the desire to more 
quickly move the inventory out of their stores and to another 
retailer or distributor or a consumer. Pressure is driven by 
the explicit and opportunity costs of holding onto the 
inventory, as Well as space and any other constraints. 

[0031] Preferably, the system 20 uses the inventory data 
base system 35 to enable retailers struggling With the issue 
of excess inventory to effectively and pro?tably move 
excess inventory at prices that meet their margin objectives 
and on a schedule that meets their cash ?oW objectives. 
Preferably, the inventory database system 35 are received by 
the system 20, Where seller’s inventory positions 36 con 
taining the inventory data 33, and incentive options 37 are 
determined. The seller’s inventory positions 36, preferably, 
contain products in their sloW-moving or excess inventory 
and dead inventory and returned items to enable the sellers 
to effectively and pro?tably move excess inventory at prices 
that meet their margin objectives, and on a schedule that 
meets their cash ?oW objectives. The seller’s forecasting and 
point-of-sale inventory control systems may also be consid 
ered. The incentive options 37 include additional percentage 
or speci?ed amount discounts from manufacturers to help 
the seller or retailer move the inventory, such as Where the 
retailer gives an additional 5% incentive on all Model 1234 
goods or services moved out of inventory, and free add-ons, 
such as more Warranty or free or otherWise discounted 
additional goods or services. 

[0032] Based on the product attributes the consumer most 
prefers, Which are revealed in the broWsing behavior 11 in 
the consumer pro?le, and the seller’s inventory position 36, 
an attribute based product consideration set, Which enables 
the system 20 to choose unsold items from inventory 17, is 
created. For example, if the consumer is considered brand 
driven, Where the consumer looks for products across the 
price spectrum, but only focuses on a given manufacturer, 
the products in the product consideration set Will most likely 
be products by that given manufacturer. The products 
offered Will be determined by the seller’s inventory position 
36 because only certain products Will be available to offer 
from the seller’s inventory. Similarly, if the consumer is 
considered price-sensitive, Where the consumer looked for 
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products Within a certain price range, then only products 
Within that price range may be included in the product 
consideration set. 

[0033] When the consumer pro?le is classi?ed 18, the 
unsold item from inventory is chosen 17, and the seller’s 
inventory position 36 and incentive options 37 are deter 
mined, the system 20 Will generate incentives 24 using a 
learning model. The learning model calculates the incentives 
based on the information in the consumer pro?le, classi? 
cation, product consideration set, seller’s inventory position 
36, and incentive options 37. Preferably, the calculations 
performed by the learning model Will maximize the seller 
surplus 43. The learning model is constantly monitored and 
updated to improve accuracy. When the system 20 is turned 
on at Day 0, it has minimal information on Which to base 
incentive generation decisions. As time goes by and redemp 
tion data is accumulated, statistics Will be used in the 
learning model to determine What information, or attributes, 
add to the ability to accurately produce incentives and Which 
attributes do not add value. Once this is knoWn, attribute 
Weights Will be adjusted to re?ect this information. Over 
time, it is possible to more accurately understand hoW 
important each attribute is in computing the proper incen 
tive. In the preferred embodiment, the redemption rate is 
among the primary indicators monitored and updated in 
order to improve the accuracy of the attributes, of the data, 
and their Weightings in the learning model. Each pro?le/ 
incentive combination may be regularly monitored for accu 
racy by reviewing redemption statistics. For example, Con 
sumer Pro?le #A342l may suggest a given amount of 
incentive. If this incentive is given to the consumer Whose 
behavior matches the pro?le and the consumer chooses the 
incentive, then the score for the pro?le/incentive combina 
tion Will improve. Consumer pro?les exhibiting loW or split 
accuracies Will either be recomputed (if loW) or split into 
further pro?les (if split) to improve their accuracy. 
[0034] In regard to the information in the consumer pro 
?le, preferably, each piece of data is assigned a Weight, 
Which determines the amount of in?uence, or importance, 
each piece of data Will have in the calculation of the 
incentive. Preferred attributes include intensity (hoW often 
the consumer bid, checked on the current bid price, vieWed 
the Website in general), competitiveness (if the consumer 
responded each and every time he or she Was outbid), ?nal 
bid-price (as a percentage or full-retail price of an item, 
Where the higher the ?nal bid, the less of an incentive a 
consumer Will receive), and Zip code driven demographics 
(higher level annual income Zip-codes Will receive less of a 
discount than loWer annual income Zip codes). In one 
embodiment, the number of bids may be used by the 
learning model, Where if consumer 1 (C1) bid 5 times during 
the auction and consumer 2 (C2) bid 10 times during the 
auction, it may be determined that C2 is more interested in 
the auction item than C1. As a result, C1’s incentive Will be 
less than C2’s incentive because C2 is more interested and 
Will be Willing to pay more for a given item. In another 
embodiment, the referring URL link may be used by the 
learning model, Where C1 enters the auction from a pricing/ 
search bot, Which is a class of Internet search agents 
employed by consumers to scour the various retailers and 
auctions databases to look for an item With the criteria the 
consumer speci?es, such as price, make, model, etc., and C2 
enters from some generic link (start page of C2’s Internet 
Service Provider). C1 Will receive incentives greater than C2 
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because entering through a price-bot indicates that C1 is 
price sensitive. In yet another embodiment, the learning 
model may use current and past bid data and number of 
auctions visited and/or participated, Where C1 participated 
in three auctions from the start point of each auction, but 
consistently dropped out When the price of the auction item 
reached X% of full retail or some actual dollar amount and 
C2 participated in only one auction and joined With a feW 
hours remaining. C1 may be vieWed as more price sensitive 
than C2 because C1 has a clear price ceiling, so C1 Will 
receive an incentive greater than C2. 

[0035] In regard to the classi?cations, consumers deter 
mined to be price sensitive may receive incentives With 
larger values than those determined to be price insensitive, 
consumer’s determined to be brand sensitive may receive 
incentives targeted only for speci?c brands they are deter 
mined to be interested in While consumers determined to be 
brand insensitive may receive incentives for any number of 
brands available, and consumer’s determined to be time 
sensitive may receive incentives With loWer values than 
those consumers determined to be time insensitive. Addi 
tionally, consumers determined to be feature sensitive may 
only receive incentives for items containing the feature of 
interest, or in the case Where items containing the feature of 
interest are not available, the incentive for an alternate item 
Will be greater than if an item With the feature Was available. 

[0036] The learning model Will also determine the prod 
ucts that meet the criteria of both the product consideration 
set and the seller’s inventory position 36. The learning 
model calculates incentives for products determined to be 
part of an individual consumer’s product consideration set. 
The product consideration set may be constrained in tWo 
Ways. First, the set may be constrained by the available 
inventory from the seller’s or retailer’s shelves. Second, the 
set may be chosen based on the behavior of the individual 
consumers. The products offered may be comparable or 
different items in relation to the original auction item, and all 
of the products from the consideration set may be offered or 
a select feW may be offered. The products may also be from 
one or more sellers. For example, if consumer 1 (C1) had 
been vieWing goods A, B, C, D, and E, all from different 
manufacturers, but With retail prices falling betWeen $300 
$325, then C1 Would be offered (based on availability) 
goods from any manufacturers With similar average prices. 
In contrast, if consumer 2 (C2) had been vieWing goods V, 
W, X, Y, and Z, all from manufacturer J, but varying in price 
from $200-$500, C2 Would be offered (based on availability) 
goods from manufacturer J that varied in price. Preferably, 
each of these goods Will have a discount Zone 38, Where the 
effective price 41 Will be determined based on the consumer 
pro?le and matched classi?cation. 

[0037] FIG. 4 displays a bar graph of the incentives that 
may be calculated for Goods A, B and C. The incentives are 
calculated by ?rst establishing a discount Zone 38 betWeen 
a full price 39 of the unsold item and the minimum price 40, 
Which is the full price 39 less the maximum alloWable 
discount. More speci?cally, an effective price 41 Within the 
discount Zone 38 deemed necessary to trigger a consumer 
purchase is calculated and offered to the consumer as the 
incentive. The effective price 41 Will vary Within the dis 
count Zone and a larger discount Zone 38 Will result in a 
greater variance. For example, the discount Zone 38 of Good 
C is greater than the discount Zone 38 of Goods A and B, so 
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there is more variance in the e?fective price 41 for Good C 
than Goods A and B. The discount Zone 38 may be divided 
into a consumer surplus 42 betWeen the full price 39 and the 
e?fective price 41 and a seller surplus 43 betWeen the 
e?fective price 41 and the full price 39 less the maximum 
allowable discount 38. An e?fective price 41 that is closer to 
the full price than the minimum price 40, as shoWn for Good 
C, Will result in a greater seller surplus 43. The effective 
price 41 Will be the incentive o?fered to the consumer. 

[0038] When an incentive is generated 24, or created, the 
system 20 Will then o?fer the incentive 25 to the consumer. 
In the preferred embodiment, an incentive noti?cation is 
created and sent to the consumer. The incentive noti?cation 
may be in the form of e-mail or any other type of delivery. 
The incentive may be a general incentive for any product or 
a speci?c incentive for a speci?c product. In addition, the 
noti?cation may contain one or more incentives o?fered at 
the same time to the same consumer. These incentives may 
be based on a retail price of the auction item or an unsuc 
cessful bid, Which is less than a loWest successful bid in the 
auction. The incentives may also be in the form of a coupon, 
discount, rebate, additional product, reWard, or any other 
type of olTer. For example, an e-mail entitled “Manager’s 
Special” may be sent to C1, a consumer, With noti?cation 
that C1 Was outbid on a S brand product. The e-mail may or 
may not give C1 a time limit to respond to the o?fers, or 
incentives. There may be several incentives for C1 to 
choose, such as a coupon for $91 olT a J brand productAWith 
a MSRP (manufacturer’s suggested retail price) of $299.95 
from Stereo Store, a coupon for $71 olT a P brand product A 
With a MSRP of $349.99 from Electronic Retailer, a coupon 
for $46 olT a S brand product A With a MSRP of $299.99 
from Ed’s Manufacturer, and a coupon for a S brand product 
B With a MSRP of $249.99 from Stereo Store. The J brand, 
P brand, and S brand products A are comparable items to the 
S brand product A in Which C1 Was outbid, Whereas the S 
brand product B is a di?ferent item, but is the same brand as 
the auction item. In addition, the products are from three 
di?ferent sellers, With tWo products from the same seller. The 
incentives are also all based on the retail price of the product. 

[0039] When the incentive is delivered to the consumer, 
the consumer has the option of selecting the incentive 27. If 
the consumer chooses not to select the incentive, speci?ed 
by no 28, the system 20 Will update 50 the consumer pro?le 
With information that the incentive Was not redeemed. The 
consumer may specify no 28 by not responding to the 
incentive Within a speci?ed period of time, terminating 
communications, or responding With a rejection. When no 
28 is speci?ed, the contact With the consumer Will end 51. 

[0040] If, hoWever, the consumer chooses to select the 
incentive, speci?ed by yes 29, the consumer pro?le Will be 
updated 50 With information that the incentive Was 
redeemed and the redemption Will be processed 52. The 
redemption information is then used to determine hoW 
accurate the learning model is performing. For example, if 
approximately 50% of the consumers in a classi?cation 
expected to act on an incentive do not, the learning model 
may then split the classi?cation into tWo other and/or neW 
classi?cations. The data elements that are familiar to those 
choosing the incentive Will form a ?rst split classi?cation 
and the data elements that are familiar to those not choosing 
the incentive Will form a second split classi?cation. If, on the 
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other hand, the redemption rate is statistically very loW, the 
learning model may recompute, or modify, the classi?cation 
altogether. 

[0041] To accept the incentive, preferably, the consumer 
may click on a hypertext link, Which may be in the form of 
an image, and proceed With purchasing the product. This 
alloWs for automated ful?llment of reWards. Processing 52 
includes collecting payment information, such as a credit 
card number, and shipping or pick-up information. The 
consumer or retailer may choose to arrange shipment of the 
product if the store is not located near the consumer or the 
consumer may choose to pick up the product at a local 
retailer. At this point, a commission for providing the 
incentive generated by the system 20 Will be received by the 
operator of the system 20. Preferably, the commission is a 
transaction fee or a percentage of the seller surplus 42 on the 
product olTered With the incentive. 

[0042] When the payment information is collected from 
the consumer, it is forWarded in the form of a pick and pack 
list and received 53, along With payment, by the seller. The 
seller Will pull the item and/or assemble shipment 54. If the 
consumer speci?ed an in store pick-up 55, speci?ed by yes 
5511 during processing 52, then the seller Will hold onto the 
o?fered product until the consumer goes to the store for 
pick-up 56. On the other hand, if the consumer did not Want 
in store pick-up 55, speci?ed by no 55b, then a carrier Will 
receive payment for shipping and the shipping information 
57. Preferably, the carrier, or courier, Will arrive at the 
retailer, or seller, to pick up the o?fered product and apply a 
shipping label 58. The o?fered product, or item, Will be 
picked up 59 and delivered 60 to the consumer. The o?fered 
product, in the form of a package, Will then be received by 
the consumer via the courier 61. 

[0043] The system 20 also includes a consumer database 
storing consumer information, softWare for choosing the 
unsold items from the inventory and generating the incen 
tives for the chosen unsold items based on the consumer 
information in the consumer database, and softWare for 
o?fering the chosen unsold items and the incentives to 
consumers to induce purchasing of the chosen unsold items. 
The consumer information has, at the least, information 
relating to bids on the auction items. 

[0044] The system 20 also includes a ?rst memory for 
storing the consumer pro?les having consumer information, 
having at least information relating to bids on the auction 
items, a second memory for storing the unsold items in the 
inventory, and a third memory for storing the incentives for 
each unsold item, each incentive having a value based on a 
selection of the consumer information. The ?rst memory 
stores computed historical, current, and projected aggre 
gated consumer information as consumer pro?les. 

[0045] While the invention has been disclosed With refer 
ence to certain preferred embodiments, numerous modi? 
cations, alterations, and changes to the described embodi 
ments are possible Without departing from the sphere and 
scope of the invention, as de?ned in the appended claims 
and their equivalents thereof. Accordingly, it is intended that 
the invention not be limited to the described embodiments, 
but that it have the full scope de?ned by the language of the 
folloWing claims. 
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What we claim is: 
1. A system for an incentive program for bidders on 

auction items offered via a computer network, the system 
comprising: 

a ?rst electronic memory for storing via a computer 
network consumer pro?les having consumer informa 
tion, including at least information relating to bids on 
the auction items offered via a computer network; 

a second electronic memory for storing unsold items in an 
inventory; 

a learning model that calculates an incentive having a 
value based upon information relating to the bid on the 
auction item; and 

a third electronic memory for storing a plurality of 
incentives for each unsold item, each incentive having 
a value based on a selection of the consumer informa 
tion. 
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2. A database stored in an electronic memory for an 
incentive program for bidders on auction items offered via a 

computer network comprising: 

an inventory ?le having at least one of detailed descrip 
tions of an inventory of auction items offered via a 
computer network, a list of similar items of the inven 
tory, and a list of complementary items of the inven 
tory; and 

a consumer pro?le having at least one of bidding history, 
start bid, bid frequency, bid increment, ?nal bid, win 
ning bid, target product, lntemet service provider, Zip 
code, credit card type, and coupon redemption rate 
acquired through knowledge of previous bids made on 
auction items offered via a computer network. 


