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USER INTENTION MODELING FOR WEB 
NAVIGATION 

RELATED APPLICATIONS 

[0001] This patent application is a continuation of US. 
patent application Ser. No. 10/142,625, ?led on May 9, 
2002, titled “User Intention Modeling for Web Navigation”, 
commonly oWned hereby, and incorporated by reference. 

TECHNICAL FIELD 

[0002] The following description relates to navigating and 
accessing information on the World Wide Web (Web). 

BACKGROUND 

[0003] The Internet has been groWing at an incredible 
speed. Although not all Internet servers are part of the World 
Wide Web (WWW), in 1999 it Was reported that there Were 
at least 9 million Web servers and 1.5 billion Web pages on 
the Internet. Some individuals estimated that the number of 
Web pages on the Internet Would reach 7.7 billion by the end 
of the year 2001. Users surf the WWW by navigating along 
hyperlinks in electronic documents (e.g., a Web page) that 
connect various pieces of content. Unfortunately, user navi 
gation of the rapidly groWing database of information on the 
Internet to achieve a particular information goal can be 
substantially problematic. 

[0004] For instance, searching for speci?c information in 
such a huge “database” as the WWW is typically a time 
consuming hit or miss procedure, even With the help of one 
or more search engines. Additionally, even though high 
speed broadband netWorks have been deployed in many 
places, the time delay of information transportation on the 
Internet is still a serious problem. If We could predict a Web 
surfer’s information goals (e.g., What is being sought), We 
might be able to improve the user’s Web navigation expe 
rience by recommending related Web pages and reducing the 
amount of time that the user perceives as having been 
required to receive desired content (e.g., this is typically 
achieved by pre-fetching and caching Web pages that are 
predicted to be visited by the user). 

[0005] A number of traditional user intention prediction 
techniques attempt to achieve such goals. Unfortunately, 
these conventional navigation intention prediction tech 
niques do not typically adequately address the Web naviga 
tion problem. This is because such techniques typically only 
predict a single “next step” from the user’s current Web 
location. Yet, Web surfers generally have more substantial 
information requirements including information goals that 
simply cannot be met by predicting only a single “next step” 
of navigation. 

[0006] The folloWing disclosed subject matter addresses 
these and other problems of Web navigation. 

SUMMARY 

[0007] This Summary is provided to introduce a selection 
of concepts in a simpli?ed form that are further described 
beloW in the detailed description. This Summary is not 
intended to identify key features or essential features of the 
claimed subject matter, nor is it intended to be used as an aid 
in determining the scope of the claimed subject matter. 
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[0008] In vieW of the above, user intention modeling for 
Web navigation is described. In one aspect, a statistical 
multi-step n-gram probability model is used to predict a 
user’s optimal information goal. The optimal information 
goal is based on a sequence of previously visited netWork 
content pieces and a globally optimiZed navigation path 
through the sequence. 

BRIEF DESCRIPTION OF THE DRAWINGS 

[0009] The same numbers are used throughout the draW 
ings to reference like features and components. 

[0010] FIG. 1 is a block diagram to compare aspects of a 
novel exemplary globally optimiZed navigation prediction to 
a conventional locally maximiZed navigation prediction. 

[0011] FIG. 2 illustrates an exemplary system to utiliZe 
multi-step n-gram user navigation prediction model to pre 
dict a user’s optimal information goal, Wherein the goal is 
based on a globally optimiZed navigation path through a 
sequence of previously visited netWork content pieces. 

[0012] FIG. 3 shoWs an exemplary computing device that 
utiliZes a multi-step dynamic n-gram prediction model to 
predict a user’s optimal information goal, Wherein the goal 
is based on a globally optimiZed navigation path through a 
sequence of previously visited netWork content pieces. 

[0013] FIG. 4 shoWs an exemplary procedure 400 to 
utiliZe a multi-step dynamic n-gram prediction model to 
predict a user’s optimal information goal, Wherein the goal 
is based on a globally optimiZed navigation path through a 
sequence of previously visited netWork content pieces. 

[0014] FIG. 5 shoWs an example of a suitable computing 
environment on Which an exemplary system and procedure 
to utiliZe multi-step n-gram user navigation prediction 
model to predict a user’s optimal information goal based on 
probabilities and a “Web sur?ng history” may be imple 
mented. 

DETAILED DESCRIPTION 

[0015] The folloWing description sets forth exemplary 
subject matter to provide user intention modeling for Web 
navigation. The subject matter is described With speci?city 
to meet statutory requirements. HoWever, the description 
itself is not intended to limit the scope of this patent. Rather, 
the inventors have contemplated that the claimed subject 
matter might also be embodied in other Ways, to include 
different elements or combinations of elements similar to the 
ones described in this document, in conjunction With other 
present or future technologies. 

OvervieW 

[0016] Systems to help users navigate the WWW or Web 
are knoWn. For instance, traditional information retrieval 
methods (such as TF*IDF) have been used to help a user 
locate information by evaluating the similarity betWeen tWo 
documents, and applying a reinforcement learning method 
to a Website’s structure (e.g., hyperlinks on a page). Other 
conventional information retrieval methods pre-fetch docu 
ments based on the assumption that the previous page 
sequences that a user had visited represent a Markov chain 
With an applied time factor. Other systems utiliZe a Bayesian 
NetWork to predict a user’s next query using only query and 
trim information, assuming that a next query only depended 
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on the previous query and the time interval—independent on 
other factors. Yet, other conventional systems rely on deter 
mining the longest repeating page subsequence (a path) that 
all users have visited, or single step n-gram language models 
that consider a sequence of n Web pages as an n-gram, 
counting the times each n-gram appears to make a prediction 
based on the maximal count. 

[0017] The principal problem of these conventional tech 
niques is that they typically stop at a partial or local maximal 
state (i.e., a single “next step” of Web navigation). Yet, users 
typically have more substantial information requirements or 
goals, Which generally cannot be adequately represented by 
only a single next action of Web navigation from the user’s 
current navigation state on the Web. This is because the 
user’s ultimate information goal may involve many more 
actions or navigation steps to an ultimate information goal 
(e.g., a particular Web-based location or electronic docu 
ment). The folloWing disclosed subject matter addresses this 
signi?cant problem by utiliZing a multi-step n-gram predic 
tion model to predict a globally optimiZed navigation path 
(e.g., set of Universal Resource Locations (URLs)) to the 
user’s information intent. 

Globally OptimiZed Navigation Vs. Locally Maximized 
Navigation 

[0018] FIG. 1 is a block diagram shoWing a comparison of 
exemplary globally optimiZed navigation prediction to con 
ventional locally maximiZed navigation prediction. To illus 
trate this comparison, assume that the user is at location A 
and assume that the user’s ultimate information goal is at 
location B. Lines 102 through 110 represent the possible 
navigation paths that the user could take from location A to 
the ultimate information goal, B. 

[0019] The path 102 from Ato C represents a conventional 
one-step n-gram or “next step” prediction of navigation 
toWards B. If We choose one-step prediction, then C is the 
best choice. But after one reaches reach point C, one Will 
determine that goal B cannot be reached. So one-step 
prediction is not the global optimiZation method, but rather, 
only a local path. 

[0020] There are other local paths that could also have 
been selected (e.g., paths 104 to E or 106 to D) based on 
conventional techniques (e.g., one-step n-gram predictions, 
or predictions based on Web page content, previous queries, 
mining longest repeating sequences of Web site visits, 
classifying a sequence of n Web pages as an n-gram to count 
the times each n-gram appears to make a user intention 
prediction based on a maximal count, and so on), but as Will 
be described in greater detail beloW, merely selecting one of 
these locally maximiZed predictions from Ato C, D, or even 
E does not take into consideration any probability that once 
at a particular location (e.g., C, D, or E), that the user Will 
?nd it easy, natural, or even possible to continue on that 
particular predicted path to the ultimate information goal B. 

[0021] In contrast to conventional systems, Which do not 
take into account such probabilities, the disclosed multi-step 
n-gram prediction model is based on such probabilities. 
Speci?cally, a user’s previous navigation history is used to 
calculate the various probabilities of navigation (e.g., from 
A) toWards the user’s information goal (e. g., B). To illustrate 
this, consider that next to each path 102 through 110 is a 
“cost=value” distinction to represent a probability that the 

Jan. 12, 2006 

user Will visit a next location A through E from a different 
location A through E given the user’s previous navigation 
history. The higher the cost value, the loWer the probability 
that the user Will visit the next site from the different 
location. 

[0022] For the reasons already discussed, We knoW that 
path 102 from Ato C is not a good choice to arrive at B, yet 
noW We have additional information that tells us that the cost 
of visiting C from A has a cost of tWo (2), Which represents 
a local optima, but not the global optima. This means that if 
We use one-step prediction, then C is the best ansWer. 
HoWever, if We use multi-step prediction, C is not the best 
ansWer to reach the goal B for the reasons discussed above. 
Accordingly, A to C represents a locally optimal path to B, 
not a globally optimal path to B. 

[0023] This is especially true since there is no direct 
history of user navigation from C to B. Looking at paths 104 
and 108, or A to D to B, the relative costs three (3) and six 
(6) respectively add up to a cost of nine Taking paths 106 
and 110 into consideration, or A to E to B, the relative costs 
three-point-?ve (3.5) and tWo (2) respectively add up to a 
cost of ?ve-point-?ve (5.5), less that 9. Thus multiple step 
navigation from A to E to B, in this example, represents the 
globally optimal navigation path from A to B. 

[0024] To appreciate the global aspect of the foregoing 
example, consider that had only the next step of navigation 
from A to B (e.g., from A to D or from A to E) been 
considered, conventional user predictions techniques (at 
best) Would have selected either D or E—With one location 
not necessarily being preferable over the other. HoWever, 
according to the probability information provided in this 
disclosure, it is evident that there should be a preference 
over Which leg of the navigation to B to select. The cost of 
leg A to D (3) is less that the cost of Ato E (3.5). Thus, the 
globally best navigation solution involves taking leg A to 
E—a path that had a global multi-step n-gram solution not 
been considered, Would not have been apparent. 

[0025] Accordingly, and in contrast to conventional user 
navigation prediction techniques, the folloWing disclosed 
subject matter provides a multi-step dynamic n-gram pre 
diction model to predict an ultimate user information goal 
based on a globally optimiZed path through previous sites 
visited by the user. 

An Exemplary System 

[0026] FIG. 2 illustrates an exemplary system 200 to 
utiliZe multi-step n-gram user navigation model to predict a 
users an optimal information goal based on probabilities and 
a Web sur?ng history. In system 200 one or more clients 
202 are coupled to an information content store 204. The 
information content store 204 is any combination of local 
storage (e.g., local volatile or non-volatile memory), net 
Worked storage (e.g., a parallel connection, an organiZa 
tional intranet, the Internet, and so on), or other communi 
cation con?gurations. 

[0027] These communication con?gurations provide for 
electronic exchange of information using an appropriate 
protocol (e.g., TCP/IP, UDP, SOAP, etc.) betWeen the host 
device 202 and one or more information content sources or 

servers (not shoWn) that include multiple (v) pieces of 
information content 206. This electronic exchange provides 
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for client 202 communication With information content store 
204 to access (e.g., vieW, search, download, etc.) pieces of 
information content 206. 

[0028] The storage of information content pieces 206 
Within information content store 204 can be arranged in any 
of a Wide variety of manners and according to any of a Wide 
variety of data formats. For example, information content 
pieces 206 may be stored on multiple servers hosting Web 
pages accessible via a netWork using an appropriate protocol 
such as Hypertext Transfer Protocol (HTTP). Web pages are 
documents that a user can vieW or otherWise render and 

Which typically include links to one or more other pages that 
the user can access. Web pages are typically stored as one or 

more ?les at a remote location(s), being accessed by the user 
via a computer that is operatively coupled to a netWork 204. 
Web pages often include multiple pieces of information 
content 206 such still images, frames of motion video, audio, 
multimedia, and so on. 

[0029] A user of a client 202 navigates the information 
content store 204 for pieces of information content 206. As 
a user operates Within the computing environment of a client 
202, the client 202 monitors the user’s navigation session 
activities and detects the user’s current session and historical 
navigation paths to any number of pieces of information 
content 206. The client 202 analyZes this globally optimiZed 
information Within a statistical multi-step n-gram probabil 
ity model to predict a user’s optimal information goal. This 
multi-step n-gram prediction based on probabilities and 
navigation histories is dynamic, because it is performed in 
real-time While the user is sur?ng on the Web. Aspects of the 
statistical multi-step n-gram probability model are described 
in greater detail beloW in reference to program module 310 
of FIG. 3. 

A Client Computer 202 

[0030] FIG. 3 shoWs an exemplary computing device 202 
that utiliZes a multi-step n-gram user navigation model to 
predict a user’s optimal information goal based on prob 
abilities and the user’s “Web sur?ng history. The computer 
202 is operational as any one of a number of different 
computing devices such as a personal computer, an image 
server computer, a thin client, a thick client, a hand-held or 
laptop device, a multiprocessor system, a microprocessor 
based system, a set top box, programmable consumer elec 
tronics, a Wireless phone, an application speci?c integrated 
circuit (ASIC), a netWork PC, minicomputer, mainframe 
computer, and so on. 

[0031] The host computer includes a processor 302 that is 
coupled to a system memory 304. The system memory 304 
includes any combination of volatile and non-volatile com 
puter-readable media for reading and Writing. Volatile com 
puter-readable media includes, for example, random access 
memory Non-volatile computer-readable media 
includes, for example, read only memory (ROM), magnetic 
media such as a hard disk, an optical disk drive, a ?oppy 
diskette, a ?ash memory card, a CD-ROM, and so on. 

[0032] The processor 302 is con?gured to fetch and 
execute computer program instructions from program mod 
ules 306; and con?gured to fetch data 308 While executing 
the program modules 306. Program modules typically 
include routines, programs, objects, components, data struc 
tures, etc., for performing particular tasks or implementing 
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particular abstract data types. For instance, program mod 
ules 306 include the multi-step n-gram user navigation 
prediction module 310, a broWser module 312 such as a Web 
broWser provided by Microsoft Corporation of Redmond, 
Wash., and other application modules 314. Program data 
includes a Web log database 316 and other data 318. We noW 
describe exemplary aspects of these modules 306 and data 
308 With respect to the operation of the client 202. 

The N-Gram Model 

[0033] The multi-step n-gram navigation prediction mod 
ule 310 predicts a user’s optimal information goal or content 
piece 106, Wherein the goal is based on a globally optimiZed 
navigation path through a sequence of previously visited 
netWork content pieces. In this manner, it can be said that the 
module 310 predicts at least a subset of all of the possible 
locations or URLs that lie on that optimiZed path—the 
possible locations being determined from a user’s prior 
WWW navigation history. 

[0034] The substantially optimiZed navigation path to the 
user’s information intention is global because it does con 
sider other possible paths to the user’s informational goal— 
although the module 310 may determine that certain paths 
are not appropriate for inclusion in the globally optimiZed 
path. The actual number of steps or paths from one location 
to another that comprise the globally optimiZed path is not 
only based on analysis of user navigation history to generate 
path probabilities, but also based on an entropy evaluation, 
Which is discussed in greater detail beloW. 

[0035] A user’s navigation path is represented as a 
sequence of visited content pieces 206 or Web pages W1, 
W2,A, Wi,A, WL, Where Wi is the ith visited Web page in the 
sequence. To estimate the probability of the navigation path, 
the folloWing Bayesian rule is applied to reWrite the prob 
ability estimation as equation 2. 

[0036] A statistical language model (SLM) is applied to 
estimate the probability PI‘(Wi|W1,/\,Wi_1) in equation 

[0037] The n-gram Markov model assumes that each Word 
in a sequence is only determined by its previous (n-l) 
Words. We assume that each Web page sequence With length 
n is called an n-gram Web page sequence. The next hyper 
link the user Will select is assumed dependant only on the 
previous (n-l) hyperlink the user has just clicked. Hence, 
the n-gram probability is re-Written in equation 
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Where, C(Wi_n+1, . . . ,Wi_2, Wi_1, Wi) denotes the count of the 

n-Gram (Wi_n+1, . . . , Wi_2,Wi_1,Wi) appearing in the training 

data. CD is the total number of the n-grams. Cn_1 is the total 
number of the (n—1)-grams. C equals to Cn/Cn_1. Cn, Cn_1, 
and C are constants. From equation (1) and (2) We knoW that 
if C(Wi_n+1, . . . , Wi_2, Wi_1) is knoWn, the probability of 

PI‘(Wi|W1, W2, . . . , Wi_1) is only in?uenced by the count 

C(Wi—n+1>A> Wi—1> 

The Global OptimiZation Model 

[0038] The objective is to predict a user’s real intention or 
information goal based on the user’s previous information 
navigation behavior. HoWever, unlike conventional tech 
niques, Which just predict one step ahead toWards a user’s 
predicted objective, the multi-step navigation prediction 
module 310 predicts one or more steps ahead such that the 
ultimate Web page after several steps is the user’s real 
intention. 

[0039] For instance, suppose the user has already visited 
k—1 Web pages W1, W2.A, Wi,A, Wk_1, and the user’s real 
intention is WL. The aim is to ?nd out the path Wk, Wk+1,/\, 
WL such that the probability of the overall navigation path 
Pr(W1,W2,A, Wk_1,Wk,/\ WL) is maximiZed. This is a global 
optimiZation method or technique. The conventional one 
step n-gram model assumes that the local optimiZation at the 
next step (e.g., see the local maximized path A to C 
discussed above in reference to FIG. 1) is the user’s real 
intention. Thus it only chooses a Wk to maximiZe the 

probability Pr(W1, W2, . . . , Wk_1, Wk) instead of the global 

probability—thus, it is likely to reach a local optimal point, 
especially When the data is not suf?cient. This is similar to 
the “hill-climbing” algorithm and other searching algo 
rithms often utiliZed in arti?cial intelligence algo 
rithms. 

[0040] For example, if a user likes to read neWs on a neWs 

Web-site but his/her favorite part of neWs is in alWays at a 
very deep level (e.g., the fourth level), each time the user 
must folloW three hyperlinks to reach it. The user is not 
interested in all of the hyperlinks that are included in this 
path excepting the last one. In this case, the hyperlinks at the 
beginning of this path may have very small probabilities. 
Thus, if conventional one-step n-gram prediction is utiliZed, 
the ?rst predicted hyperlink might take the user to a Wrong 
Way and the user may never arrive at the informational goal. 

[0041] To avoid reaching the local optimal of conventional 
one step prediction systems, the probability of the entire path 
is maximiZed. Speci?cally, the global optimiZation is shoWn 
in equation 

[0042] Next, it is shoWn that the global optimiZation 
re?ects the probability of the entire path, i.e. Pr(Wk+1Wk+2 . 
. . |W1 . . . Wk_1Wk). The proof is shoWn in equation 
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L 

: PAW/(+1 WLLIWLIWI wkilwk) 

[0043] Hence, if L goes to in?nite, the desired global 
optimiZation result is obtained. Furthermore, if the process 
of user navigation can be assumed to be a second-order 

Markov process, PI‘(Wi|W1 . . . Wi_2Wi_1)=PI‘(Wi|Wi_2Wi_1). 

Thus, equation (3) can be simpli?ed to equation (5): 

[0044] Although equation (5) is a simpli?ed model, its 
complexity is still very high. A dynamic multi-step predic 
tion method reduces this complexity such that i=k+1 to 
i=k+t, Where t is a parameter representing that hoW many 
steps should be predicted forWard. The parameter t is 
determined dynamically by employing the perplexity to 
measure the ef?cacy of the t-steps prediction. Such perplex 
ity is used in statistical speech recognition techniques. The 
perplexity re?ects the entropy of the path. The perplexity of 
t-steps prediction is de?ned in equation (6) 

[0045] Finally the user’s optimal information goal is 
expressed in the folloWing equation: 

An Exemplary Procedure 

[0046] FIG. 4 shoWs an exemplary procedure 400 that 
utiliZes a multi-step n-gram user navigation model to predict 
a user’s optimal information goal based on probabilities and 
the user’s “Web sur?ng history. At block 402, the procedure 
400 records a Web log 316 indicating a user’s Web naviga 
tion history. Such information can be collected by the 
broWser 312 to automatically monitor the user’s actions, for 
example, for the folloWing operations. 

[0047] Visits: When a user types in a URL in a broWser 
312 address box or choose a URL from a list (e.g., the 
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favorite list), the browser Will log the user name, start 
time, URL and elapse time into the log 316. 

[0048] Clicks: When a user click a hyperlink in a 
Web-page, the browser 312 Will log the user name, start 
time, from URL, click URL, text or image over the 
click URL and elapse time into the log 316. 

[0049] Querys: When a user submits a query to a search 
engine or type in a query in a text box, the broWser 312 
Will log the user name, start time, query site, query 
Words, returned results, clicked results, and elapse time 
into the log 316. 

[0050] Save As: When a user clicks a right mouse 
button and doWnloads a hyperlink or electronic image, 
the broWser 312 Will log the user name, start time and 
save object into the log 316. 

[0051] At block 404, after generating a user log 316 (i.e., 
at block 402), a number of heuristic rules (e. g., based on any 
combination of URL, a hyperlink, a user name, a start time, 
text corresponding to a URL, a query, elapsed time, and/or 
an object name) are utiliZed to segment the sur?ng logs 316 
into different sessions. Each session is represented by a list 
of URLs: u1,u2,A,un. 

[0052] At block 406, the procedure 400 uses the statistical 
n-gram model to calculate the probability that the user may 
visit an URL from another URL given list of URLs (i.e., 
represented in the user log 316). Speci?cally: 

Additionally, a smoothing and back-off method is applied to 
the calculation of Pr(ui|ui_2, ui_1) to deal With the data sparse 
problem. 

[0053] At block 408, the procedure 400 dynamically pre 
dicts a globally optimiZed navigation path based on the 
determined probabilities (block 406) for the user to reach an 
ultimate information goal. Speci?cally, given navigation 
patterns u1,u2,A,uk, the most possible next broWsing page 
uk+1 is determined, Wherein uk+1 represents the best path to 
meet the user’s real intention based on the following: 

00 

This search can be performed by a number of techniques 
such as a Viterbi Beam Search. (Note, the conventional 
solution is to determine a local optimiZation according to: 
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An Exemplary Computing Environment 

[0054] FIG. 5 shoWs an example of a suitable computing 
environment 500 on Which an exemplary system and pro 
cedure using a multi-step dynamic n-gram prediction model 
to predict a user’s optimal information goal, Wherein the 
goal is based on a globally optimiZed navigation path 
through a sequence of previously visited netWork content 
pieces may be implemented. Exemplary computing envi 
ronment 500 is only one example of a suitable computing 
environment and is not intended to suggest any limitation as 
to the scope of use or functionality of an exemplary system 
and procedure to cluster queries. The computing environ 
ment 500 should not be interpreted as having any depen 
dency or requirement relating to any one or combination of 
components illustrated in the exemplary computing envi 
ronment 500. 

[0055] An exemplary system and procedure to use a 
multi-step dynamic n-gram prediction model to predict a 
user’s optimal information goal based on a globally opti 
miZed navigation path through a sequence of previously 
visited netWork content pieces may be described in the 
general context of computer-executable instructions, such as 
program modules, being executed by a computer. Generally, 
program modules include routines, programs, objects, com 
ponents, data structures, etc., that perform particular tasks or 
implement particular abstract data types. 

[0056] An exemplary system and procedure to use a 
multi-step dynamic n-gram prediction model to predict a 
user’s optimal information goal based on a globally opti 
miZed navigation path through a sequence of previously 
visited netWork content pieces may also be practiced in 
distributed computing environments Where tasks are per 
formed by remote processing devices that are linked through 
a communications netWork. In a distributed computing 
environment, program modules may be located in both local 
and remote computer storage media including memory 
storage devices. 

[0057] As shoWn in FIG. 5, the computing environment 
500 includes a general-purpose computing device in the 
form of a computer 202 of FIGS. 2 and 3. The components 
of computer 202 may include, for example, one or more 
processors or processing units 302, a system memory 304, 
and a bus 516 that couples various system components 
including the system memory 304 to the processor 302. 

[0058] Bus 516 represents one or more of any of several 
types of bus structures, including a memory bus or memory 
controller, a peripheral bus, an accelerated graphics port, and 
a processor or local bus using any of a variety of bus 
architectures. By Way of example, and not limitation, such 
architectures include Industry Standard Architecture (ISA) 
bus, Micro Channel Architecture (MCA) bus, Enhanced ISA 
(EISA) bus, Video Electronics Standards Association 
(VESA) local bus, and Peripheral Component Interconnects 
(PCI) bus also knoWn as MeZZanine bus. 

[0059] Computer 202 typically includes a variety of com 
puter-readable media. Such media may be any available 
media that is accessible by the computer 202, and it includes 
both volatile and non-volatile media, removable and non 
removable media. For example, the system memory 304 
includes computer readable media in the form of volatile 
memory, such as random access memory (RAM) 520, and/or 
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non-volatile memory, such as read only memory (ROM) 
518. Abasic input/output system (BIOS) 522, containing the 
basic routines that help to transfer information betWeen 
elements Within computer 202, such as during start-up, is 
stored in ROM 518. RAM 520 typically contains data 308 
and/or program modules 306 that are immediately accessible 
to and/or presently be operated on by processor 302. 

[0060] Computer 202 may further include other remov 
able/non-removable, volatile/non-volatile computer storage 
media. By Way of example only, FIG. 5 illustrates a hard 
disk drive 524 for reading from and Writing to a non 
removable, non-volatile magnetic media (not shoWn and 
typically called a “hard drive”), a magnetic disk drive 526 
for reading from and Writing to a removable, non-volatile 
magnetic disk 528 (e.g., a “?oppy disk”), and an optical disk 
drive 530 for reading from or Writing to a removable, 
non-volatile optical disk 532 such as a CD-ROM, DVD 
ROM or other optical media. The hard disk drive 524, 
magnetic disk drive 526, and optical disk drive 530 are each 
connected to bus 516 by one or more interfaces 534. 

[0061] The drives and their associated computer-readable 
media provide nonvolatile storage of computer readable 
instructions, data structures, program modules, and other 
data for computer 202. Although the exemplary environment 
described herein employs a hard disk, a removable magnetic 
disk 528 and a removable optical disk 532, it should be 
appreciated by those skilled in the art that other types of 
computer readable media Which can store data that is 
accessible by a computer, such as magnetic cassettes, ?ash 
memory cards, digital video disks, random access memories 
(RAMs), read only memories (ROM), and the like, may also 
be used in the exemplary operating environment. 

[0062] A number of program modules may be stored on 
the hard disk, magnetic disk 528, optical disk 532, ROM 
518, or RAM 520, including, by Way of example, and not 
limitation, an OS 538, one or more application programs 
306, other program modules 542, and program data 308. 
Each such OS 538, one or more application programs 306, 
other program modules 542, and program data 308 (or some 
combination thereof) may include an embodiment of an 
exemplary system and procedure to use a multi-step 
dynamic n-gram prediction model to predict a user’s optimal 
information goal based on a globally optimiZed navigation 
path through a sequence of previously visited netWork 
content pieces. 

[0063] A user may enter commands and information into 
computer 202 through input devices such as keyboard 546 
and pointing device 548 (such as a “mouse”). Other input 
devices (not shoWn) may include a microphone, joystick, 
game pad, satellite dish, serial port, scanner, or the like. 
These and other input devices are connected to the process 
ing unit 302 through a user input interface 550 that is 
coupled to bus 516, but may be connected by other interface 
and bus structures, such as a parallel port, game port, or a 
universal serial bus (USB). 

[0064] A monitor 552 (e.g., the monitor 330 of FIG. 3) or 
other type of display device is also connected to bus 516 via 
an interface, such as a video adapter 554. In addition to the 
monitor, personal computers typically include other periph 
eral output devices (not shoWn), such as speakers and 
printers, Which may be connected through output peripheral 
interface 555. 
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[0065] Computer 202 may operate in a netWorked envi 
ronment using logical connections to one or more remote 
computers, such as a remote computer 562. Logical con 
nections shoWn in FIG. 5 are a local area netWork (LAN) 
557 and a general Wide area netWork 559. Such 
netWorking environments are commonplace in offices, enter 
prise-Wide computer netWorks, intranets, and the Internet. 
Remote computer 562 may include many or all of the 
elements and features described herein relative to computer 
202. 

[0066] When used in a LAN netWorking environment, the 
computer 202 is connected to LAN 557 via netWork inter 
face or adapter 566. When used in a WAN netWorking 
environment, the computer typically includes a modem 558 
or other means for establishing communications over the 
WAN 559. The modem 558, Which may be internal or 
external, may be connected to the system bus 516 via the 
user input interface 550 or other appropriate mechanism. 

[0067] Depicted in FIG. 5 is a speci?c implementation of 
a WAN via the Internet. Computer 202 typically includes a 
modem 558 or other means for establishing communications 
over the Internet 560. Modem 558, Which may be internal or 
external, is connected to bus 516 via interface 550. 

[0068] In a netWorked environment, program modules 
depicted relative to the personal computer 202, or portions 
thereof, may be stored in a remote memory storage device. 
By Way of example, and not limitation, FIG. 5 illustrates 
remote application programs 569 as residing on a memory 
device of remote computer 562. The netWork connections 
shoWn and described are exemplary and other means of 
establishing a communications link betWeen the computers 
may be used. 

Computer Readable Media 

[0069] An implementation of exemplary subject matter to 
system and procedure using a multi-step dynamic n-gram 
prediction model to predict a user’s optimal information 
goal based on a globally optimiZed navigation path through 
a sequence of previously visited netWork content pieces may 
be stored on or transmitted across some form of computer 
readable media. Computer-readable media can be any avail 
able media that can be accessed by a computer. By Way of 
example, and not limitation, computer readable media may 
comprise “computer storage media” and “communications 
media.” 

[0070] “Computer storage media” include volatile and 
non-volatile, removable and non-removable media imple 
mented in any method or technology for storage of infor 
mation such as computer readable instructions, data struc 
tures, program modules, or other data. Computer storage 
media includes, but is not limited to, RAM, ROM, 
EEPROM, ?ash memory or other memory technology, CD 
ROM, digital versatile disks (DVD) or other optical storage, 
magnetic cassettes, magnetic tape, magnetic disk storage or 
other magnetic storage devices, or any other medium Which 
can be used to store the desired information and Which can 
be accessed by a computer. 

[0071] “Communication media” typically embodies com 
puter readable instructions, data structures, program mod 
ules, or other data in a modulated data signal, such as carrier 
Wave or other transport mechanism. Communication media 
also includes any information delivery media. 
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[0072] The term “modulated data signal” means a signal 
that has one or more of its characteristics set or changed in 
such a manner as to encode information in the signal. By 
Way of example, and not limitation, communication media 
includes Wired media such as a Wired netWork or direct 
Wired connection, and Wireless media such as acoustic, RF, 
infrared, and other Wireless media. Combinations of any of 
the above are also included Within the scope of computer 
readable media. 

CONCLUSION 

[0073] The disclosed subject matter provides a novel 
multi-step n-gram user navigation prediction model to pre 
dict a user’s optimal information goal based on a globally 
optimiZed navigation path through a sequence of previously 
visited netWork content pieces. Although the described 
subject matter has been described in language speci?c to 
structural features and methodological operations, it is 
understood that the arrangements and procedures as de?ned 
the appended claims are not necessarily limited to the 
speci?c features or operations described. Rather, the speci?c 
features and operations disclosed are preferred forms of 
implementing the claimed subject matter. 

1. A computer-implemented method for modeling a user 
intention during netWork navigation, the method compris 
ing: 

predicting, based on a statistical multi-step n-gram prob 
ability model, an optimal information goal of the user; 
and 

Wherein the optimal information goal is based on a 
sequence of previously visited netWork content pieces 
and a globally optimiZed navigation path through the 
sequence. 

2. The method of claim 1, Wherein a content piece of the 
sequence comprises a Web page. 

3. The method of claim 1, Wherein predicting the globally 
optimiZed navigation path is dynamically performed respon 
sive to user Web navigation. 

4. The method of claim 1, Wherein predicting the optimal 
information goal further comprises: 

recording a history of user action, the history comprising 
information corresponding to user navigation to a plu 
rality of netWorked content pieces, the information 
further indicating at least the sequence of previously 
visited netWork content pieces; 

for at least a portion of the sequence data, calculating 
respective probabilities that a user Would visit a par 
ticular content piece n in the sequence from a content 
piece n-1 in the sequence; and 

Wherein predicting the optimal information goal is based 
on the respective probabilities. 

5. The method of claim 4, Wherein the history further 
comprises a URL, a hyperlink, a user name, a start time, teXt 
corresponding to a URL, a query, elapsed time, or an object 
name. 

6. The method of claim 4, Wherein calculating respective 
probabilities that the user Would visit a particular content 
piece n in the sequence from a content piece n-1 in the 
sequence is performed based on the folloWing: 

Jan. 12, 2006 

Wherein, Pr represents the probability; 

Wherein user navigation to the plurality of netWorked 
content pieces is represented as W1, W2,A, Wi,A, WL, 
Where Wi is the ith visited content piece in the sequence; 
and 

Wherein C(Wi_n+1, . . . ,Wi_2,Wi_1,Wi) denotes the count of 

an n-Gram (Wi_n+1, . . . , Wi_2,Wi_1,Wi) appearing in 

training data, CD is a total number of the n-grams, Cn_1 
is a total number of the (n—1)-grams, C equals to 
Cn/Cn_1, Cn, Cn_, and C are constants. 

7. The method of claim 7, Wherein the globally optimiZed 
navigation path is based on the following: 

00 

argmaxn Pr (w; | wiigwiil); and, 
Wi i:l<+l 

Wherein k represents a number of netWorked content 
pieces that the user has already visited. 

8. The method of claim 7, Wherein the globally optimiZed 
navigation path is based on the folloWing: 

Wherein k represents a number of netWorked content 
pieces that the user has already visited; and 

Wherein t indicates hoW many steps are predicted. 
9. The method of claim 9 further comprising dynamically 

determining hoW many steps to the optimal information goal 
are to be predicted by employing a perpleXity that re?ects 
the entropy of the globally optimiZed navigation path. 

10. The method of claim 9, Wherein the optimal informa 
tion goal is determined according to the folloWing: 

11. A computer-readable medium for modeling a user 
intention during netWork navigation, the computer-readable 
medium comprising computer-program instructions execut 
able by a processor for: 

predicting, based on a statistical multi-step n-gram prob 
ability model, an optimal information goal of the user; 
and 
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wherein the optimal information goal is based on a 
sequence of previously visited netWork content pieces 
and a globally optimized navigation path through the 
sequence. 

12. The computer-readable medium of claim 12, Wherein 
predicting the globally optimiZed navigation path is dynami 
cally performed responsive to user Web navigation. 

13. The computer-readable medium of claim 12, Wherein 
the instructions for predicting the optimal information goal 
further comprise instructions for: 

recording a history of user action, the history comprising 
information corresponding to user navigation to a plu 
rality of networked content pieces, the information 
further indicating at least the sequence of previously 
visited netWork content pieces; 

for at least a portion of the sequence data, calculating 
respective probabilities that a user Would visit a par 
ticular content piece n in the sequence from a content 
piece n-1 in the sequence; and 

Wherein predicting the optimal information goal is based 
on the respective probabilities. 

14. The computer-readable medium of claim 15, Wherein 
calculating respective probabilities that the user Would visit 
a particular content piece n in the sequence from a content 
piece n-1 in the sequence is performed based on the 
folloWing: 

Wherein, Pr represents the probability; 

Wherein user navigation to the plurality of netWorked 
content pieces is represented as W1,W2,A,Wi,/\,WL, 
Where Wi is the ith visited content piece in the sequence; 
and 

Wherein C(Wi_n+1, . . . ,Wi_2,Wi_1,Wi) denotes the count of 

an n-Gram (Wi_n+1, . . . , Wi_2) Wi_1,Wi) appearing in 

training data, CD is a total number of the n-grams, Cn_1 
is a total number of the (n—1)-grams, C equals to 
Cn/Cn_1, Cn, Cn_, and C are constants. 

15. The computer-readable medium of claim 17, Wherein 
the globally optimiZed navigation path is based on the 
following: 

Wherein k represents a number of netWorked content 
pieces that the user has already visited. 
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16. The computer-readable medium of claim 17, Wherein 
the globally optimiZed navigation path is based on the 
folloWing: 

Wherein k represents a number of netWorked content 
pieces that the user has already visited; and 

Wherein t indicates hoW many steps are predicted. 
17. The computer-readable medium of claim 20 further 

comprising instructions for dynamically determining hoW 
many steps to the optimal information goal are to be 
predicted by employing a perpleXity that re?ects the entropy 
of the globally optimiZed navigation path. 

18. The computer-readable medium of claim 20, Wherein 
the optimal information goal is determined according to the 
folloWing: 

19. A computing device for modeling a user intention 
during netWork navigation, the computing device compris 
ing: 

a processor; and 

a memory coupled to the processor, the memory com 
prising computer-program instructions that are fetched 
and executed by the processor for: 

predicting, based on a statistical multi-step n-gram 
probability model, an optimal information goal of 
the user; and 

Wherein the optimal information goal is based on a 
sequence of previously visited netWork content 
pieces and a globally optimiZed navigation path 
through the sequence. 

20. The computing device of claim 23, Wherein the 
instructions for predicting the optimal information goal 
further comprise instructions for: 

recording a history of user action, the history comprising 
information corresponding to user navigation to a plu 
rality of netWorked content pieces, the information 
further indicating at least the sequence of previously 
visited netWork content pieces; 

for at least a portion of the sequence data, calculating 
respective probabilities that a user Would visit a par 
ticular content piece n in the sequence from a content 
piece n-1 in the sequence; and 

Wherein predicting the optimal information goal is based 
on the respective probabilities. 


